




the scene. Once such changes are detected, the CNN models

verify the presence of key construction-related elements,

such as workers, trucks, excavators, or other tools. If these

elements are identi�ed, irrelevant parts of the image, such

as the background, are cropped out. A video segment with

optimized resolution and frame rate is then sent to the cloud

for further veri�cation. Users are then noti�ed accordingly.

3 DEMONSTRATION

We deployed EdgeCloudAI on the COSMOS testbed using

its tra�c cameras in NYC along with one of its edge servers

equipped with an Nvidia A100 GPU. We used gpt-4o [7] as

the large VLM in the cloud. EdgeCloudAI consumes between

5-7% of the edge GPU capacity. The average weekly cost

of cloud querying does not exceed 10$ per camera when

running 24/7. In this demonstration, we will showcase the

real-time performance of EdgeCloudAI to detect user-de�ned

incidents and notify the user accordingly.
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