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A B S T R A C T

Although northern temperate forests account for a substantial portion of global soil carbon stocks, the re-
lationship between soil carbon and management remains unclear. As the active management of forests and
associated forest product industries is often cited as a tactic to offset global greenhouse gas emissions, quanti-
fying the effect of management activities on soil carbon pools is paramount to mitigating future climate change.
Hence, our goal was to identify commonalities among the spatial variability, potential drivers, and total soil
carbon stocks and concentrations at two locations with different management histories in an actively managed
northern U.S. mixed wood forest. We measured the carbon pools of two soil profiles, separated into three layers,
within 98 0.04-hectare plots in each of the two management areas. We scaled soil and aboveground carbon to
estimate total carbon stocks in each area and examined plot-level soil carbon data in relation to landscape and
vegetation factors to evaluate potential drivers of soil carbon. Soil carbon represented approximately 40% of the
total carbon in both areas. Total soil carbon was similar between the two areas, but the vertical distribution of
carbon differed, with more mineral soil carbon in the area with greater coniferous basal area and fewer harvests
in the last 80 years. Soil carbon was moderately variable at small spatial scales (< 10m) and showed little or no
spatial structure at the scale of hundreds of meters. Aboveground basal area and the proportion of coniferous
vegetation were positively related to soil carbon, matching our expectations. Our best models to predict var-
iation in soil carbon among plots also included elevation, composite topographic index, and pH, but not all
relationships matched theoretical expectations. Topography and elevation influenced soil horizon depths and
bulk density, and therefore had greater importance for total soil carbon than for carbon concentrations. Although
many questions remain, the management activities in northern temperate forests appear to be a slow-moving
driver of the relatively large but stable soil carbon pool – especially through management influences on site
productivity and tree species composition.

1. Introduction

1.1. Forest soil carbon and global change

Globally, there is twice as much carbon stored in soil than in ve-
getation (Scharlemann et al., 2014). Approximately two thirds of soil
carbon is soil organic carbon (SOC), which is the carbon in soils that
ultimately originated from vegetation (Scharlemann et al., 2014). As

70% of global SOC is found in forests (Jobbagy and Jackson, 2000),
forest systems in particular have the potential to help mitigate climate
change by storing carbon dioxide fixed by plants in biomass and soil
(Canadell and Raupach, 2008; Mckinley et al., 2011; Pan et al., 2011).
Indeed forests often store more than half of their total carbon in soils
rather than vegetation, although these estimates contain large un-
certainty due to difficulties in standardizing the methods for quanti-
fying SOC and in some cases from poor data resolution (Domke et al.,
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2017). Additionally, quantifying SOC stocks and detecting temporal
change can be challenging due to spatial variability created by dis-
turbance and land-use legacies, microtopography, and differences in
microbial metabolic rates and community composition (Conen et al.,
2004). These drivers of SOC spatial variability can impact processes
that influence rates of carbon flux into and out of soils, including het-
erotrophic respiration, decomposition, leaching and overland transport,
so forests with high soil carbon content often exhibit large spatial
variability at the landscape scale (Conen et al., 2004; Domke et al.,
2017). Increasingly, forest management practices in the United States
include carbon storage or sequestration objectives (Mckinley et al.,
2011). Therefore, it is important that we improve our understanding of
the drivers of stocks of SOC and the influence of forest composition and
demographics and the associated management regimes on SOC stocks
and concentrations in actively managed forests.

1.2. Drivers of variation in soil carbon

Stocks of SOC are the net result of carbon inputs to and losses from
the soil pool. Inputs of organic carbon to soil are dominated by auto-
trophic vegetation, which contribute aboveground and belowground
litter as well as root exudates to the soil pool. The primary pathway by
which SOC is lost from soil is the respiration of CO2 by soil fungi, mi-
croorganisms and fauna, often as they decompose the litter inputs
(Kuzyakov, 2006). Soil heterotroph biomass and necromass represents a
major internal recycling pathway of SOC, but represents well under 5%
of the total SOC pool (Piao et al., 2001). Relative to these dominant
pathways, inputs and losses of SOC due to overland transport of organic
carbon (Seibert et al., 2007) and losses due to leaching of dissolved
organic carbon (Neff and Asner, 2001) both tend to be small.

Microorganisms can influence carbon input rates through the pro-
duction of microbial products, including the hyphae of mycorrhizal
fungi (Godbold et al., 2006), which are a major component of SOC and
can vary at both the landscape and sub-meter scale (Paul, 2016). More
importantly, soil decomposers represent the primary pathway by which
carbon leaves the soil (i.e. during the respiration of CO2). Metabolic
rates of heterotrophs are sensitive to soil temperature, moisture, and
nutrient conditions, which can vary at the microtopographic scale of
meters (e.g., hummocks and hollows), causing differences in decom-
position rates (Gessler et al., 2000). Differences in decomposition rates
can also be driven by differences in soil microbial communities and
community dynamics (Schimel and Schaeffer, 2012), mycorrhizal fungi
(Leifheit et al., 2015), and invertebrate communities (Ulyshen, 2016),
which all can vary on the scale of meters.

Vegetation controls on SOC can influence input and output rates,
both directly and indirectly through interactions with the heterotrophic
soil community. Evidence that trees can directly influence carbon
stocks – versus the alternative that carbon stocks influence trees –
comes from common garden experiments (Hansson et al., 2011;
Vesterdal et al., 2012) and mesocosm studies (Wurzburger and
Brookshire, 2017). Higher total tree basal area and biomass (Li et al.,
2010) and productivity (Lal, 2005) result in greater above- and below-
ground litter, both of which directly increase the carbon inputs to the
SOC pool (Paul, 2016). Root production can contribute both directly to
SOC as an input (e.g. belowground litter and exudation) and to the
stabilization of that carbon in the soil, such that roots can contribute at
least half of the plant-derived carbon to soil (Rasse et al., 2005).

Indirect effects of vegetation may also influence SOC. For example,
recent evidence suggests that litter quality feedbacks are complex, and
that while chemically recalcitrant litter may accumulate in upper soil,
labile litter containing higher proportions of carbohydrates, proteins
and lipids may also contribute significantly to SOC (Cotrufo et al., 2013;
Laganière et al., 2017; Schmidt et al., 2011). The rate at which mi-
crobial stabilization occurs may differ depending upon litter quality
(Cotrufo et al., 2013) and the type of mycorrhizal fungi associated with
the dominant vegetation (Craig et al., 2018). Additionally the soil

microbial communities themselves may covary with the dominant ve-
getation (Burns et al., 2015; Myers et al., 2001).

Effects of tree species on SOC are generally greatest in the forest
floor and upper soil horizons, as above- and below-ground litter inputs
dominate this SOC pool (Kurth et al., 2014; Vesterdal et al., 2013) and
fine root biomass tends to be concentrated in the upper soil (Yanai
et al., 2008). Coniferous trees tend to be associated with more SOC than
deciduous trees (Boča et al., 2014; Finzi et al., 1998b; Laganière et al.,
2015; Schulp et al., 2008; Vesterdal et al., 2013; Waring et al., 2015).
This may be explained by differences in foliar chemistry: conifer litter
typically has higher lignin:nitrogen ratios and more complex carbon
molecules, and decomposes more slowly (Hobbie et al., 2006; Laganière
et al., 2015). In addition, conifers typically decrease soil pH (Berthrong
et al., 2009; Finzi et al., 1998a). The resulting acidification tends to
slow decomposition (Averill and Waring, 2017), as increasing acidity
increases how strongly organic material is bound to clay particles
(Newcomb et al., 2017). Additionally, soil pH affects microbial com-
munity composition, resulting in differences in mineralization and
immobilization rates (Rousk et al., 2009). Therefore, regardless of
whether soil pH is a consequence of the vegetative community, it can be
an important control on SOC dynamics.

Soil organic carbon also varies with topography (Domke et al.,
2017; Thompson and Kolka, 2005). Elevation may indirectly influence
inputs to SOC via the effects on vegetation productivity, which tends to
be lower at higher elevation (Stephenson and Van Mantgem, 2005).
Elevation also influences rates of decomposition, which happens faster
at higher temperatures, although this effect is highly context dependent
(Bradford et al., 2017; Kirschbaum, 2006; Oldfield et al., 2018). To-
pography may also influence soil moisture, which can similarly influ-
ences SOC indirectly through effects on productivity or by influencing
decomposition rates; at low or very high soil moisture, decomposition is
slowed, which can lead to a buildup of SOC (Garten et al., 2009).

Clay content has often been used as a predictor of SOC (Rasmussen
et al., 2018), as carbon sorbed to clay particles are chemically stabilized
in the soil and protected from further mineralization (Six et al., 2002).
Mineralogy also interacts with the microbial community to influence
the rate at which microbial products (i.e. microbial biomass and ne-
cromass) become physico-chemically protected (Cotrufo et al., 2013).
These stabilization processes decreases the rate of loss of carbon from
the soil, as the SOC will turn over more slowly when chemically bound
to clay particles (von Lützow et al., 2007). Therefore parent material
and mineralogy are also considered important predictors of SOC (Angst
et al., 2018; Six et al., 2000; Torn et al., 1997).

Each of the drivers discussed above can cause changes in either the
rate of inputs or outputs of SOC. The spatial scale at which each driver
operates may range from less than millimeters (e.g. microbial com-
munity composition) to kilometers (e.g. elevation). This results in high
levels of heterogeneity at both large (Domke et al., 2017) and small
(Conen et al., 2004; Muukkonen et al., 2009; Schöning et al., 2006)
spatial scales. To better understand landscape scale controls on SOC at a
scale relevant to actively managed mixed forests, we considered con-
trols that operate at that spatial scale, namely elevation, soil moisture,
soil pH and vegetation.

1.3. Forest management and soil carbon

Human management of forest systems can influence SOC (Davis
et al., 2009; Jandl et al., 2007; Mckinley et al., 2011; Noormets et al.,
2014). Direct effects of management, such as physical soil scarification
from harvesting equipment (Picchio et al., 2012), can decrease SOC,
and harvesting method and intensity can alter the response of SOC to
management (Achat et al., 2015; Thiffault et al., 2011). Harvesting also
reduces or removes carbon inputs from aboveground pools such as
downed dead wood (Woodall et al., 2015), slowing the potential ac-
cumulation of SOC. Harvesting can increase nutrient availability, which
causes higher decomposition rates of leaf litter (Bird and Chatarpaul,
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1988) and therefore lower carbon inputs to SOC pools. SOC loss with
management tends to be nonlinear, with moderate harvests resulting in
minimal SOC losses (Strukelj et al., 2015; Thornley and Cannell, 2000),
and in some cases, particularly in conifer forests, harvesting may result
in increases in SOC (Johnson and Curtis, 2001). Forest management
may also influence SOC indirectly, primarily through effects on vege-
tation. Management tends to alter productivity, biomass, and species
composition of the forest, all of which can cascade to effects on SOC
(see discussion of vegetation effects on SOC above).

Forest floor carbon pools typically decline following harvest (Yanai
et al., 2000). Spodosols, which contain relatively large forest floor
carbon pools, seem particularly vulnerable to forest floor carbon loss
following harvest (Nave et al., 2010). However, changes to the forest
floor carbon pool are also very difficult to detect (Yanai et al., 2000). In
the forest floor, the direct effects of management via soil scarification
and mixing into the mineral layer can result in apparent SOC loss, as
well as the decrease in inputs from vegetation (Yanai et al., 2003).
Indirect effects can also influence forest floor carbon, as forest man-
agement frequently influences tree species composition through re-
generation harvests and intermediate treatments. This manipulation
may influence subsequent SOC accumulation via the quantity and
quality of organic inputs to soil (Poirier et al., 2016) and resulting ef-
fects on soil biota (Schulp et al., 2008). The increased water and nu-
trient availability in managed forests may decrease allocation to fine
roots, exudation and rhizosymbionts, such that increasing productivity
in managed forests may be associated with lower belowground carbon
pools (Noormets et al., 2014).

Effects of forest management on SOC have been most evident in the

upper horizons, but deeper soil pools are less studied. Petrenko and
Friedland (2015), working across New England and including at our
study site, found a signal of reduced SOC in mineral layers more than a
century after the last harvest. The inputs of carbon to the mineral soil
pool come from the upper soil layers, and therefore the mechanisms
that influence the forest floor are likely to cascade down to mineral soil.
Additionally, management can cause increased weathering, releasing
nutrients that can have consequences for SOC stocks in the mineral soil
(Vadeboncoeur et al., 2014). Mineral soil in different soil orders seem to
respond differently to harvests, suggesting that minerology and soil
texture influence the stabilization of those inputs and play a role in how
mineral soil responds to management. However, the specific mechan-
isms (i.e., direct vs indirect) that drive differences in both the forest
floor and mineral SOC pools following harvest remain poorly in-
vestigated, and considerable uncertainty remains regarding the mag-
nitude of the effects of forest management on SOC stocks (Nave et al.,
2010).

1.4. Objective

The goal of this project was to assess local drivers of SOC stocks and
concentrations in two areas with different management histories in an
actively managed forest in the northeastern U.S. We tested whether the
management area with a more intensive harvesting history had less
SOC. We went on to evaluate relationships with the drivers of SOC stock
dynamics by testing the following hypotheses: SOC is spatially variable
at the scale of meters but with patterns that emerge at larger spatial
scales; total SOC and SOC concentrations are positively related to

Alder  
Brook

Fig. 1. Relative location of Alder Brook and Merrill Brook within Dartmouth’s Second College Grant in Carroll County, NH. Gray points represent 11.4 m radius
sampling plots.
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elevation, soil moisture, and total tree basal area, and negatively re-
lated to soil pH. Furthermore, we tested whether the local abundance of
conifers was positively associated with carbon concentrations in the
upper soil but negatively related to concentrations in the mineral soil.

2. Methods

2.1. Site description

We conducted our studies within the Second College Grant, which is
a township of 10,800 ha in northern New Hampshire, USA, and a
property of Dartmouth College (Fig. 1). The mean annual temperature
is 3.2 °C, the mean annual precipitation is 1179mm (30-year clima-
tology 1981–2010) and the soils are spodosols (Petrenko and Friedland,
2015). The forest is in the temperate-boreal transition zone, and is
approximately 50% northern hardwood forests, dominated by Acer
saccharum, Fagus grandifolia, and Betula alleghaniensis, 20% softwood
forests dominated primarily Picea rubens, Abies balsamea, and Pinus
strobus, and 30% mixed hardwood-softwood stands (Evans, 2011).

2.2. Site history

The Second College Grant has been actively managed for timber
production since the New Hampshire State legislature granted it to
Dartmouth College in 1808. Until the 1940s, conifers were harvested
almost exclusively, shifting species composition towards deciduous
hardwood trees in areas historically dominated by mixed hardwood-
softwood stands. Hardwoods began to be included in the harvests after
road infrastructure was improved in the mid 1900s (Daniell and Noon,
2007). Our study was conducted in two areas, Alder Brook and Merrill
Brook (Fig. 1). We were able to characterize the history of these man-
agement areas from a combination of harvesting records and cover
maps, as Dartmouth College has archived maps of all harvests since
1947. We used a combination of a forest type and stand-size map that
was part of a project of the Charles Lathrop Pack Forestry Foundation in
1947, a forest type and land use map prepared by Cooperative Exten-
sion Service, University of New Hampshire in cooperation with the New
Hampshire Division of Resources and Economic Development, United
States Forest Service, and the North Country RC&D Project in 1972, and
more records of more recent harvests recorded in (Evans, 2011).

2.2.1. Alder Brook
A 1947 cover type map shows Alder Brook as northern hardwood

light sawtimber. During 1955–1967 there were saw log cuts that were
probably aimed at the removal of Betula alleghaniensis. Typical of the
time, it was likely cut in winter on snow over frozen ground using
horses, which would tend to produce relatively little soil disturbance. A
1972 cover map shows it as H2B type, meaning that it was dominated
by hardwoods 13–25 cm in diameter with crown closure of 30–60%. A
cut map shows a harvest in 1975 that would have removed larger
diameter hardwoods and softwoods. This was a summer harvest with
skidders, which presumably resulted in some soil scarification. Records
from other cuttings by similar prescription around the same time re-
sulted in stands with remaining basal area of 9–18m2/ha. The most
recent harvest was an improvement cut in 1996 that aimed to reduce
basal area to 17–19.5m2/ha by thinning across diameter size classes.
This was a summer/fall harvest using a Feller Buncher and cable
skidders, which resulted in soil scarification.

2.2.2. Merrill Brook
The management history of Merrill Brook was similar to Alder

Brook but differs in that there was no harvest in the 1970s. The 1947
cover map shows Merrill Brook as heavy sawtimber of mostly hard-
woods, suggesting slightly higher stocking in Merrill Brook than Alder
Brook at that time. As with Alder Brook, there was likely a winter
harvest with horses between 1955 and 67, which would have resulted

in minimal direct soil disturbance. The 1955–67 harvest of Merrill
Brook may have been more intensive than Alder Brook, given that both
sites are categorized as forest type H2B in the 1972 cover map. The
most recent cut was in 2000, with similar in goals and methods to that
conducted in 1996 in Alder Brook. The result of this harvest was an
average basal area of 18.5m2/ha with a heterogeneous diameter dis-
tribution including, and it was accomplished in the summer using a
Feller Buncher and cable skidders resulting in soil scarification.

2.3. Field sampling

During the summer of 2017, field crews sampled within 98 plots
with 11.4-meter radii (plot area of 0.04 ha) in both Alder Brook and
Merrill Brook. Plots were established as part of the Adaptive
Silviculture for Climate Change experiment (Nagel et al., 2017) with
sampling intensity designed to capture anticipated variability in
overstory canopy within eight 10-ha study blocks in each study area.
Between 10 and 16 plots were randomly located within each block,
with the restriction that there be at least one plot per hectare, and they
be at least 30m apart. Subsequent to our study, two blocks each, within
both Alder and Merrill Brook, were assigned to one of four silvicultural
treatments representing a gradient of adaptation options: control (no
management), resistance, resilience, and transition (Nagel et al., 2017).
Treatments were not applied until the autumn after we conducted our
sampling and so our analyses here did not incorporate blocks, but our
data are well suited by design to provide baseline measurements for
studies of treatment effects in subsequent years. Within each of our 196
0.04-ha study plots, we recorded the species and diameter of all trees
with DBH>10 cm, and estimated the corresponding biomass following
Woodall et al. (2011).

Within each plot we collected two soil samples (5 m east and west of
the plot center). At both locations, we placed a 15×15 cm template,
recorded the depth of the Oi/Oe layer in each corner, and collected the
Oi/Oe material for analyses. Within the same template, we similarly
measured and collected the remainder of the organic layer and the A
layer of the mineral soil, if present, as an Oa/A sample (Yanai et al.,
2000). Finally, we extracted two cores per template (2.54 cm in dia-
meter) of the mineral soil to 30 cm or to a lesser measured depth that
went as deep as possible given the presence of large rocks or bedrock
outcroppings. The cores of mineral soil usually included an E and a B
horizon, and occasionally a C horizon.

2.4. Lab processing

Oi/Oe samples were immediately air-dried. Woody and non-woody
portions were separated and weighed. The non-woody portion was
ground to a powder in a coffee grinder and analyzed for carbon content
on Thermo Flash EA 1112 Series CN Soil Analyzer. Oa/A and mineral
layer samples were stored at 4 °C until processing when they were
sieved to 2mm; rocks (> 2 mm diameter) and roots were separated,
weighed, and their volume measured by displacement. The soil portion
of each sample was homogenized before extracting a 5-g subsample that
was dried at 60 °C for at least 48 h before being ground in a mortar and
pestle and analyzed for carbon content on Thermo Flash EA 1112 Series
CN Soil Analyzer. An additional 5-g subsample was mixed with 10mL
of deionized water before measurement of pH (Orion model 410 pH
meter with an Orion Sureflow electrode).

For subsequent analyses, percent carbon of each soil layer was
multiplied by the total dry mass of soil (excluding the mass of roots and
rocks> 2mm) and scaled to estimate total carbon mass per square
meter in each layer. The sum of the three layers was taken as total SOC
per square meter. Because not all samples reached the same 30-cm
depth (due to rocks and bedrock), we analyzed both total carbon pools
(which account for different soil depths) and carbon concentrations
(which were not directly affected by soil depth).
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2.5. Landscape topography and soils

We used geographic information systems (GIS) analysis to extract
topographic data that corresponded to our plot locations (ArcMap
version 10.2.1, Redlands, CA). The elevation of each plot was estimated
from 7.5-minute digital elevation models (DEMs) of the Second College
Grant produced by USGS and acquired through NH GRANIT (Complex
Systems Research Center, University of New Hampshire. Digital
Elevation Model - Quad 14. 1999; Complex Systems Research Center,
University of New Hampshire. Digital Elevation Model - Quad 15.
1999). We used the Geomorphometry & Gradient Metrics Toolbox to
estimate slope, aspect, and compound topographic index (CTI) for each
plot. CTI, which was derived to approximate a steady-state wetness
index, was calculated as:

⎜ ⎟= ⎛
⎝

⎞
⎠

α
θ

CTI ln
tan( )

where α=Catchment area ∙ [(flow accumulation+ 1) ∙ (pixel area in
m2)] and θ=slope angle in radians.

To facilitate comparison of SOC between the two areas based on
management, rather than underlaying soil properties, we used the Soil
Survey Geographic (SSURGO), a soil mapping database for New
Hampshire (acquired through GRANIT, produced by USGS) to identify
the putative soil series present at each of our plot locations. Using these
we identified the dominant soil series at each management area, which
provides us information about the soil texture and depth of each hor-
izon.

2.6. Comparison of SOC between management areas

We used t-tests to compare the three soil strata (Oi/Oe, Oa/A, and
mineral) in the two study areas with respect to: C concentration, layer
depth, and total SOC per layer per m2. We also scaled the carbon pools
to Mg C per hectare in order to facilitate comparisons between the two
study areas with respect to the total amount of C in above-ground tree
biomass relative to total C in each of the three soil layers; this was done
by taking plot-level averages of soil carbon in each sampled layer, then
scaling these values to Mg C per hectare.

2.7. Spatial analyses

We evaluated spatial autocorrelation patterns within our two study
areas by calculating Moran’s I using the R package ape, (Paradis et al.,
2004) and testing for departures from spatial randomness that would
indicate either positive or negative autocorrelations. We also fit semi-
variograms models to the total carbon pool and carbon concentration
for each layer in both study areas using the R package gstat; (Gräler
et al., 2016; Pebesma, 2004).

2.8. Predictors of soil carbon pools and concentrations

We used linear regression analyses to evaluate the contributions of
five putative drivers of plot-to-plot variation in SOC: elevation, CTI (an
approximation of steady-state soil moisture), soil pH, total basal area of
trees, and the proportion of basal area from conifers. We used total
basal area as a representation of productivity, as we do not have pro-
ductivity measurements at the plot level, although we will in the future.
As only 4 species contributed>90% of the tree biomass, we used
proportion conifers as our vegetative community metric. All 4 species
are correlated with one or both aggregated vegetation metrics
(Supplementary materials, Table S1).

We evaluated all 32 possible models that included 1, 2, 3, 4 or 5 of
these independent variables, employed multimodel inference to iden-
tify the inclusion set of top models (ΔAIC < 2 relative to top model),
and then used model averaging of regression coefficients to estimate the

contributions from each independent variable toward explaining SOC
(Burnham and Anderson, 2002). We also allowed for the possibility of
non-additive effects between proportion conifers and basal area by in-
cluding their interaction in the candidate set of models. We initially
tested the theoretical possibility of a nonlinear relationship between
soil moisture and SOC by including both CTI and CTI2 in candidate
models but found no evidence of nonlinearity (no support for models
that included CTI2) and therefore only included CTI in our final set of
models. Analyses were performed using each plot in both study areas as
an observation and we included study area (Alder Brook or Merrill
Brook) as a categorical effect in all models. Estimates of individual
regression coefficients were standardized based on partial standard
deviations for each coefficient (Cade, 2015). Models were fit and
averaged using the R package MuMIn (Bartoń, 2018). We used gra-
phical analyses based on the averaged model coefficients to evaluate
the relative strength and direction of contributions from each variable
that was represented in the set of top models. This process was repeated
for each of four response variables: total SOC (kg C/m2) and %C in each
of the Oi/Oe, Oa/A, and mineral layers.

3. Results and discussion

3.1. Physiography and vegetation of management areas

The two areas of varying management histories were dominated by
different soil groups, with Alder Brook dominated by 1A soils, while
Merrill Brook was split nearly evenly between 1B and 2A soils, which
are considered somewhat less fertile (Table 1). The soils in both areas
are considered coarse-loamy, isotic, frigid haplorthods. Approximately
70% of Alder Brook is dominated by Peru complexes, which typically
have an organic horizon of 0–2.5 cm followed by an A horizon of
2.5–13 cm and an E horizon. The mineral soils beneath are fine sandy
loams. The remaining 30% of Alder Brook is Tunbridge complexes,
which typically have an organic horizon of 0–13 cm including an Oa
horizon followed by an E horizon. The mineral soils beneath are also
fine sandy loams. Merrill Brook is dominated entirely by Tunbridge
complexes. Alder Brook was about 40m higher in elevation on average
and includes some steeper areas than Merrill Brook, but had generally

Table 1
Physiography and vegetation attributes of each of the two management areas.
Standard deviations in parentheses.

Attributes Alder Brook Merrill Brook
Soil attributes
Dominant soil group(s)a 1A 1B, IIA
Soil seriesb 73% Peru, 27%

Tunbridge
97% Tunbridge, 3%
other

Physiography
Elevation (m) 563 (45.1) 524 (42.3)

Slope (%) 13.7 (7.9) 11.0 (3.7)
CTI 6.6 (1.5) 6.3 (1.3)
pH 4.5 (0.4) 4.3 (0.4)

Vegetation
Acer saccharum (m2/ha) 15.2 (6.5) 12.2 (6.6)
Fagus grandifolia (m2/ha) 4.5 (4.4) 7.7 (6.4)
Betula alleghaniensis (m2/ha) 4.1 (3.6) 2.7 (3.3)
Picea rubens (m2/ha) 0.5 (1.2) 1.4 (2.6)
Total basal area (m2/ha) 27.0 (7.5) 25.7 (5.6)
% basal area conifers 2.1 (4.3) 5.4 (10.2)

a Group IA. Deeper, loamy textured, moderately well, and well-drained soils.
Group IB. Sandy or loamy over sandy textures and slightly less fertile than those
in Group IA. Group IIA. Similar to groups IA and IB, except physically limited
due to steep slopes, bedrock outcrops, etc. Definitions from New Hampshire Soil
Attribute Data Dictionary (Natural Resources Conservation Service and USDA,
2013).

b See Section 3.1 for descriptions of soil series attributes.
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similar CTI values. Average basal area was similar between areas
(26–27m2/ha), but Alder Brook contained more Acer saccharum and
Betula alleghaniensis and less Fagus grandifolia and Picea rubens (Table 1).
The percentage of basal area from coniferous trees was about twice as
high in Merrill Brook vs. Alder Brook (5.4 vs. 2.1%).

The landscape factors were similar between the two management
areas in this study, including the soil types. The current basal area of
the two management areas is also very similar, which is unsurprising
since similar management methods and goals were enacted in the two
management areas during the most recent harvests in 1996 and 2000
respectively (Section 2.2). However, the composition of the tree com-
munity was different between the two places, which is likely due to a
combination of habitat suitability of the different tree species and the
somewhat different past management that has occurred on the two
areas. Alder Brook, which has the more fertile soil, had fewer conifers
and more Acer saccharum, as well as some Fraxinus americana (which
was absent at Merrill Brook). The pH at Alder Brook was slightly higher,
which is compatible with the dominant soil group and the lower con-
iferous basal area.

3.2. Soil carbon across management areas

Percent C was significantly lower in all three soil layers at Alder
Brook (Fig. 2 left; Oi/Oe: p= 0.02; Oa/A: p < 0.01; Mineral:
p < 0.01). The depths of the soil horizons were similar in the two
study areas, although the sampled mineral layer was deeper in Alder
Brook than in Merrill Brook (Fig. 2 middle; p= 0.02). Note that this
does not necessarily indicate deeper soil, as our maximum sampling
depth was 30 cm. Rather, this indicated a greater frequency of samples
in Merrill Brook that were less than the 30-cm maximum. Despite this,
total SOC in the mineral layer was higher in Merrill Brook (Fig. 2 right;
p= 0.014), but in the Oa/A layer was higher in Alder Brook
(p=0.015). Total carbon summed across the three horizons was very
similar between the two areas (Fig. 2 right; p= 0.98). These patterns
remained when scaled up to the entire management areas, with similar
carbon pools in vegetation and Oi/Oe but higher total carbon in Alder
Brook Oa/A and Merrill Brook mineral soil (Table 2). In both study
areas, soil carbon comprised about 40% of the total carbon in soil plus
aboveground biomass. This fraction is similar to the 48% of carbon
stored in soils at the reference watershed in the Hubbard Brook Ex-
perimental Forest in New Hampshire (Fahey et al., 2005) for SOM to
20 cm, which was our average sampling depth, and is somewhat lower
than estimates from a range of North American forests that include SOC

to depths up to 1m (Marty et al., 2015). Carbon pools in tree biomass
and soil at Merrill Brook and Alder Brook were 34–35% lower than that
estimated for forest stands of similar tree species and climate in Wa-
tershed 6 of Hubbard Brook (Fahey et al., 2005) that have not been cut
since some salvage logging following the 1938 hurricane (Campbell
et al., 2007). Watershed 6 at Hubbard Brook provides a reasonable
point of comparison for our site given the similar climate (the difference
in latitude compensated by elevation) and correspondingly similar tree
species.

Although the two management areas had similar SOC pools when
considering the entire sampled soil profile, the relative amounts of
carbon within soil layers was different. In Alder Brook, which has his-
torically been a productive hardwood forest (Kevin Evans, personal
communication), a larger proportion of the total soil C is in the Oa/A
layer. This may be important for long term dynamics of soil carbon
because SOC in mineral soil tends to form organomineral complexes
that are relatively protected from loss, compared to the more labile SOC
in the forest floor (Garten et al., 1999; Kaiser et al., 2002). Merrill
Brook, which has a higher proportion of conifers and one fewer harvest
in the last 80 years, contains relatively more carbon in the mineral
layer; this was because of higher carbon concentrations, as the average
depth of the sampled mineral soil was less in Merrill Brook than in
Alder Brook (Table 1). Increasing abundance of conifers is often asso-
ciated with increased carbon belowground, particularly in the upper,
organic layers (Dawud et al., 2016; Finzi et al., 1998b; Laganière et al.,
2013; Marty et al., 2015). However, conifers were relatively rare
overall in our study sites (5% of basal area at Merrill Brook vs. 2% at
Alder Brook). Additionally, our study areas have been managed such
that species composition now does not reflect the distribution of con-
ifers prior to their selective removal during the 1900s. As conifers likely
composed a broader distribution in this forest in the past (Daniell and
Noon, 2007), the patterns of SOC in the mineral soil could reflect a
history of conifer abundance at this site, and the resultant legacy of low
pH and nutrient availability. Finally, there is a possibility that the dif-
ference in mineral SOC between the two site may be due to some dif-
ference mineralogy or texture which can influence SOC (Six et al., 2000;
Torn et al., 1997). However, given that both sites are dominated by
coarse-loamy, isotic, frigid haplorthods this possibility seems unlikely.

3.3. Spatial patterns in soil carbon pools

There was no evidence for positive spatial correlations with SOC
within the two study areas. Moran’s I was indistinguishable from the
null model of random spatial variation in 7 of 8 comparisons, with the
only exception being in the mineral soil at Alder Brook, where the
tendency was for a negative rather than a positive autocorrelation
(Supplementary materials, Table S2). Similarly, semivariograms for
SOC (Fig. 3) showed that most of the variation was captured by the
nugget, again indicating a general lack of spatial structure to total SOC
at the scale of tens of hectares. In only one case did the nugget account
for< 50% of the semivariance (%C in Oa/A layer and in mineral soil at
Merrill Brook), and even there the suggested range of the spatial cor-
relation was<200m (Table 3). Apart from elevation, there was a

Fig. 2. Mean carbon concentration, layer depth, and total SOC for each sampled
soil layer in the two management areas (black bars: Alder Brook, gray bars:
Merrill Brook). Statistical differences between the study areas, where they exist,
are indicated: *P < 0.05, ***P < 0.001.

Table 2
Estimated carbon by pool in each of the two management areas.a

Carbon pool Mg C/hectare ± SE

Alder Brook Merrill Brook

Tree biomass 73.5 (2.0) 69.7 (1.6)
Oi/Oe 4.7 (0.2) 4.5 (0.2)
Oa/A 21.1 (1.5) 17.0 (0.9)
Mineral 22.9 (1.2) 27.0 (1.4)

a The average sampling depth of the mineral layer was 19.4 cm in Alder
Brook and 16.8 cm in Merrill Brook.
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similar lack of spatial patterns in the independent variables that were
evaluated as potential predictors of soil carbon (Supplementary mate-
rials, Fig. S1).

Our results refute the hypothesis that soil carbon in this managed
forest is patchy at the scale of tens to hundreds of meters. Lack of spatial
correlation in soil carbon could arise if SOC is quite uniform across the
studied landscape. Indeed, the coefficients of variation in total SOC
(SD/mean) were on the low side of what has been reported in com-
parable studies of forest soils: 41 and 54% at Alder Brook and Merrill
Brook, respectively, (Table 3) vs. 10–132% (Conen et al., 2004), 64%
(Jobbagy and Jackson, 2000) and 27–49% (Schöning et al., 2006). Still,

there was substantial variation in our system, but the patchiness is
apparently at the scale of< 10m. This is consistent with studies re-
porting that the range of spatial continuity of SOC may be as small as
2m (Muukkonen et al., 2009) or 6m (Schöning et al., 2006). Possible
sources for patchiness at this scale include microtopography (Chaplot
et al., 2001), preferential flow paths caused by roots (Bundt et al.,
2001), and heterogeneity in soil microbial communities on the scale
of< 10m (Saetre and Baath, 2000; Štursova et al., 2016). Finally, it is
possible that some of this variation in our systems is due to soil scar-
ification from previous summer harvests (Picchio et al., 2012). Im-
portantly, this study tested the spatial patterning in SOC from 10 to

Fig. 3. Semivariograms of total SOC (panel A), Oi/Oe %C (panel B), Oa/A %C (panel C), Mineral %C (panel D) in each of the two study areas.

Table 3
Geostatistical parameters of soil carbon pool and concentrations in each layer in the two study areas. [CV= coefficient of variation= (SD/mean) ∙ 100. Models: No
fit, exponential, or spherical. Nugget variance=Co/(Co+C). Sill= Co+C. Range is in meters.]).

Measurement Alder Brook Merrill Brook

Mean CV Model Nugget Sill Range Mean CV Model Nugget Sill Range

Total SOC (kg/m2) 4.9 54 No fit 4.9 41 Exp 0.69 4 431
Oi/Oe SOC (%C) 44.8 13 Exp 0.75 37 473 45.9 7 Exp 0.77 10 197
Oa/A SOC (%C) 18.8 53 Sph 0.63 106 619 23.0 42 Sph 0.62 96 261
Mineral SOC (%C) 4.2 44 Exp 0.67 4 1200 6.4 36 Sph 0.46 5 193
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1500m, a scale that is currently underrepresented in the literature,
which mostly includes cases of smaller (Conen et al., 2004; Muukkonen
et al., 2009; Schöning et al., 2006) or broader (Domke et al., 2017;
Köchy et al., 2015) spatial scales.

3.4. Predictors of soil carbon pools and concentrations

Regression modeling indicated contributions from all five putative
drivers of soil carbon: elevation, CTI (an approximation for steady-state
soil moisture), pH, total basal area of trees, and the proportion of total
basal area from conifers (Table 4). The number of candidate models in
the inclusion set ranged from 4 to 9 depending on the response variable,
but never included the null model (intercept only, or intercept and area
only). Correlations among individual drivers were low (Supplementary
material, Table S2).

The strongest predictors of total SOC (kg/m2, Fig. 4A) were basal
area and CTI. Total SOC increased by more than 20% across the range
of observed basal areas and by more than 10% across the range of
observed CTI scores. The positive relationship between SOC and basal
area was consistent with theoretical expectations, but still somewhat
surprising due to the regular harvests at this site. The weak positive
relationship with CTI was contrary to theoretical expectations that
greater soil moisture would increase decomposition and therefore be
associated with lower SOC. It seems unlikely that soils in our system are
regularly so wet that decomposition is suppressed by low oxygen. It
seems more likely that the positive association between CTI and total
SOC is because landscape positions with high CTI values tend to be
more productive areas for tree growth, and therefore have higher
carbon inputs and greater total SOC. A weakness of this explanation is
that our modeling included direct measurements of basal area, but a
static measurement of basal area might not readily capture local var-
iation in productivity – especially in a managed forest. Another possible
explanation for the positive relationship is that the CTI index was re-
flecting other factors in addition to steady-state soil moisture as we
intended. The CTI index uses landscape characteristics to predict water
flows and pools. However, organic matter may also be subject to
transport on the landscape and therefore CTI can be positively corre-
lated with the depth of the organic layer (Seibert et al., 2007). This was
true in our case: a weak but positive correlation between CTI and depth
of the Oa/A layer (Supplementary materials, Fig. S2). Thus, the positive
relationship between CTI total SOC may in part be because the CTI
index reflects increased organic input more strongly than increased
steady state moisture. This is consistent with the result that CTI was a
relatively strong positive predictor of total SOC, but a very weak pre-
dictor of C concentrations (more below). As it is, we have a limited
understanding of how soil moisture influences soil carbon in our study
system. There would be value in further studies that employ more direct
measurements of soil moisture than CTI.

The negative relationship between total SOC and elevation was
opposite to expectations based on the model of cooler soils having
lower decomposition rates. However, lower productivity at higher
elevations may help to explain this pattern; a hypothesis that we do not
yet have the data to explore. Additionally, while the measured soil was

shallower at higher elevations (Supplementary materials, Fig. S3); the
percent C in soil, especially mineral soil, increased with elevation as
predicted if soils at cooler, higher elevations have lower carbon mi-
neralization rates (Chaplot et al., 2001; Domke et al., 2017; Wiesmeier
et al., 2013). Both pH and the proportion of conifers also entered into
the model for total SOC (Table 4), and both were in the hypothesized
direction, but neither made more than a minor contribution to pre-
dictions of total soil C/m2 (Fig. 4, upper panel).

The predictive model for percent C in the Oi/Oe layer (Fig. 4B) was
dominated by a negative relationship with pH and a positive relation-
ship with basal area. The relationship with pH matched theoretical and
empirical expectations of lower C mineralization rates at lower pH
(Finzi et al., 1998b). Higher input of low pH litter from conifers is a
candidate cause for low pH (Hornung, 1985), but empirically the pro-
portion of conifers was only weakly related to percent C in the Oi/Oe
layer (Fig. 4B). One possibility is that soil pH in our system is a rela-
tively slow-moving variable that reflects the integrated effects of tree
species composition over a longer time than is reflected by the current
tree species. In this case, plots having relatively low pH soil – with high
percent C – may be legacies of historical patterns in conifer abundance.
This may be reflected in the fact that the strength of the contribution of
conifer abundance to percent C increased with soil depth (Fig. 4: right-
hand column). However, without more specific information about the
historic vegetation composition we cannot be sure what legacy effects
be influencing the patterns we see today.

The predictive model for percent C in the Oa/A layer (Fig. 4C) in-
cluded a negative relationship with pH and a positive relationship with
basal area, as in the Oi/Oe layer. In contrast to the model for the Oi/Oa,
there was a relatively strong effect of increasing percent C with in-
creasing percent conifers. This is consistent with many previous reports
of higher SOC in coniferous stands than in deciduous stands (Boča et al.,
2014; Finzi et al., 1998b; Gartzia-Bengoetxea et al., 2009; Laganière
et al., 2013; Schulp et al., 2008). There was a modest positive re-
lationship of percent C in the Oa/A layer with CTI, which is consistent
with the stronger positive association of CTI with total SOC.

The predictive model for percent C in the mineral soil (Fig. 4D) was
dominated by a positive relationship with elevation. This was consistent
with the expectation of reduced C mineralization rates in cooler soils at
higher elevations. There was also a positive relationship with percent
conifers. This matched the pattern in the Oa/A layer and is consistent
with the hypothesis of lasting effects from the input of recalcitrant
conifer litter.

4. Conclusions

Understanding whether and how management influences SOC is of
critical importance as forests continue to be central to strategies to
offset global CO2 emissions. Not only do we see lower SOC in our
study’s managed forest than in other, less disturbed forests, but we also
find evidence of a legacy of previous management decisions in the
vertical distribution of SOC. Some of the strongest drivers of SOC stocks
and concentrations, namely the type and amount of vegetation, are also
those that are manipulated by management. The spatial variability of

Table 4
Standardized coefficient estimates from models predicting four measures of soil carbon. Coefficients are the weighted averages from 4 to 9 models with dAIC<2
relative to the model with the lowest AIC. Independent variables were study area (Merrill Brook or Alder Brook, elevation (m asl), compound topographic index
(CTI), pH, total basal area (m2/ha), and the proportion of total basal made up by conifers.

Response variable Number of models Averaged standardized regression coefficients

Study area Elevation CTI pH Total BA Prop. conif.

Total SOC (kg/m2) 6 −0.06 −0.26 0.27 −0.18 0.30 −0.11
Oi/Oe SOC (%C) 4 0.27 0.06 0.03 −1.16 0.67 0.06
Oa/A SOC (%C) 9 1.36 0.22 0.37 −1.04 0.29 1.80
Mineral SOC (%C) 7 1.11 0.38 0.23 −0.19 0.12 0.32
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SOC stocks and concentrations remains a challenge for studying the
short- and long-term effects of forest management. Our study con-
tributes by providing a spatially explicit baseline of SOC within the
experimental units of the Adaptive Silviculture for Climate Change
project. This will allow assessment of subsequent changes in SOC and
permit tests of the interpretations developed here that SOC change will
differ across the four experimental treatments, with changes initially
mirroring the direct effects of harvest intensity, but eventually being
driven by subsequent changes in vegetation composition.

Acknowledgements

We could not have completed this project without the tireless work
of many people, who we would like to thank here: those who collected

soil samples and vegetation data, including Dana Weiland, Peter Clark,
Matthias Nevins, Emily Feng, Matthew Hamor, Josh Kragthorpe, Doug
Kastendick, Tom Heffernan, Jack Goldman, and Süki Wilder; Jen
Santoro, who created the maps of the sites in Fig. 1; and Itzel Casteneda
(Dartmouth) and Jeff Merriam (USDA Forest Service, Durham, NH)
who provided priceless assistance in the laboratory. We also would like
to thank Riley Patry for her work supporting the ASCC project at the
Second College Grant, as well as Todd Ontl, Luke Nave and Katherine
Heckman for their input regarding field sampling methods. Finally, we
would like to thank David Lutz for many useful conversations and
helping us to forge this collaboration.

0

2

4

6

8

10

450 550 650 2 6 10 4.0 4.5 5.0 5.5 20 40 60 0.00 0.25 0.50

30

40

50

60

450 550 650 2 6 10 4.0 4.5 5.0 5.5 20 40 60 0.00 0.25 0.50

0

10

20

30

40

450 550 650 2 6 10 4.0 4.5 5.0 5.5 20 40 60 0.00 0.25 0.50

0

2

4

6

8

10

450 550 650 2 6 10 4.0 4.5 5.0 5.5 20 40 60 0.00 0.25 0.50

To
ta

l S
O

C
 

(k
g/

m
2 ) 

O
i/O

e 
%

C
 

O
a/

A
 %

C
 

M
in

er
al

 %
C

 

Elevation (m) CTI pH Basal area 
(m2/ha) 

Proportion 
conifers 

A

B 

C 

D 

Fig. 4. Carbon pools (panel A) and concentrations (panels B-D) as a function of five independent predictors. Each point represents one plot. Y-values in each panel are
adjusted for the effects of the other independent variables (Table 4). Alder Brook (circles) and Merrill Brook (triangles).

F.V. Jevon, et al. Forest Ecology and Management 451 (2019) 117534

9



Funding

This project was funded by Dartmouth College, USDA Forest Service
Northern Research Station, USDA McIntire-Stennis Cooperative
Forestry Program, Department of Interior Northeast Climate Adaptation
Science Center, and the NSF LTER program at Hubbard Brook.

Appendix A. Supplementary material

Supplementary data to this article can be found online at https://
doi.org/10.1016/j.foreco.2019.117534.

References

Achat, D.L., Fortin, M., Landmann, G., Ringeval, B., Augusto, L., 2015. Forest soil carbon
is threatened by intensive biomass harvesting. Sci. Rep. 5, 1–10. https://doi.org/10.
1038/srep15991.

Angst, G., Messinger, J., Greiner, M., Häusler, W., Hertel, D., Kirfel, K., Kögel-Knabner, I.,
Leuschner, C., Rethemeyer, J., Mueller, C.W., 2018. Soil organic carbon stocks in
topsoil and subsoil controlled by parent material, carbon input in the rhizosphere,
and microbial-derived compounds. Soil Biol. Biochem. 122, 19–30. https://doi.org/
10.1016/j.soilbio.2018.03.026.

Averill, C., Waring, B., 2017. Nitrogen limitation of decomposition and decay: how can it
occur? Glob. Chang. Biol. 1–11. https://doi.org/10.1111/gcb.13980.

Bartoń, K. 2018. MuMIn: Multi-Model Inference. R package version 1.42.1.
Berthrong, S.T., Jobbagy, E.G., Jackson, R.B., 2009. A global meta-analysis of soil ex-

changeable cations, pH, carbon, and nitrogen with afforestation. Ecol. Appl. 19,
2228–2241.

Bird, G.A., Chatarpaul, L., 1988. Effect of forest harvest on decomposition and coloni-
zation of maple leaf litter By soil microarthropods. Can. J. Soil Sci. 68, 29–40.
https://doi.org/10.4141/cjss88-003.

Boča, A., Van Miegroet, H., Gruselle, M.-C., 2014. Forest overstory effect on soil organic
carbon storage: a meta-analysis. Soil Sci. Soc. Am. J. 78, S35. https://doi.org/10.
2136/sssaj2013.08.0332nafsc.

Bradford, M.A., Ciska, G.F., Bonis, A., Bradford, E.M., Classen, A.T., Cornelissen, J.H.C.,
Crowther, T.W., De Long, J.R., Freschet, G.T., Kardol, P., Manrubia-Freixa, M.,
Maynard, D.S., Newman, G.S., Logtestijn, R.S.P., Viketoft, M., Wardle, D.A., Wieder,
W.R., Wood, S.A., Van Der Putten, W.H., 2017. A test of the hierarchical model of
litter decomposition. Nat. Ecol. Evol. 1, 1836–1845. https://doi.org/10.1038/
s41559-017-0367-4.

Bundt, M., Widmer, F., Pesaro, M., Zeyer, J., Blaser, P., 2001. Preferential flow paths:
biological “hot spots” in soils. Soil Biol. Biochem. 33, 729–738. https://doi.org/10.
1016/S0038-0717(00)00218-2.

Burnham, K., Anderson, D., 2002. Formal Inference From More Than One Model:
Multimodel Inference (MMI). Model Selection and Multimodel Inference, second ed.
Springer.

Burns, J.H., Anacker, B.L., Strauss, S.Y., Burke, D.J., 2015. Soil microbial community
variation correlates most strongly with plant species identity, followed by soil
chemistry, spatial location and plant genus. AoB Plants 7, 1–33. https://doi.org/10.
1093/aobpla/plv030.

Cade, B.S., 2015. Model averaging and muddled multimodel inferences. Ecology 96,
2370–2382.

Campbell, J.L., Driscoll, C.T., Eagar, C., Likens, G.E., Siccama, T.G., Johnson, C.E., Fahey,
T.J., Hamburg, S.P., Holmes, R.T., Bailey, A.S., Buso, D.C. 2007. Long-term trends
from ecosystem research at the Hubbard Brook Experimental Forest, USDA General
Technical Report NRS-17.

Canadell, J.G., Raupach, M.R., 2008. Managing forests for climate change mitigation.
Science (80-.) 320, 1456–1458. https://doi.org/10.1126/science.1155458.

Chaplot, V., Bernoux, M., Walter, C., Curmi, P., Herpin, U., 2001. Soil carbon storage
prediction in temperate hydromorphic soils using a morphologic index and digital
elevation model. Soil Sci. 166, 48–60. https://doi.org/10.1097/00010694-
200101000-00008.

Conen, F., Zerva, A., Arrouays, D., Jolivet, C., Jarvis, P.G., Grace, J., Mencuccini, M.,
2004. The carbon balance of forest soils: detectability of changes in soil carbon stocks
in temperate and boreal forests. SEB Exp. Biol. Ser. 235–249.

Cotrufo, M.F., Wallenstein, M.D., Boot, C.M., Denef, K., Paul, E., 2013. The Microbial
Efficiency-Matrix Stabilization (MEMS) framework integrates plant litter decom-
position with soil organic matter stabilization: Do labile plant inputs form stable soil
organic matter? Glob. Chang. Biol. 19, 988–995. https://doi.org/10.1111/gcb.
12113.

Craig, M.E., Turner, B.L., Liang, C., Clay, K., Johnson, D.J., Phillips, R.P., 2018. Tree
mycorrhizal type predicts within-site variability in the storage and distribution of soil
organic matter. Glob. Chang. Biol. 24, 3317–3330. https://doi.org/10.1111/gcb.
14132.

Daniell, J., Noon, J., 2007. Dartmouth’s Second College Grant: A History. Trustees of
Dartmouth College, Hanover, NH.

Davis, S.C., Hessl, A.E., Scott, C.J., Adams, M.B., Thomas, R.B., 2009. Forest carbon se-
questration changes in response to timber harvest. For. Ecol. Manage. 258,
2101–2109. https://doi.org/10.1016/j.foreco.2009.08.009.

Dawud, S.M., Raulund-Rasmussen, K., Domisch, T., Finér, L., Jaroszewicz, B., Vesterdal,
L., 2016. Is tree species diversity or species identity the more important driver of soil

carbon stocks, C/N ratio, and pH? Ecosystems 19, 645–660. https://doi.org/10.
1007/s10021-016-9958-1.

Domke, G.M., Perry, C.H., Walters, B.F., Nave, L.E., Woodall, C.W., Swanston, C.W.,
2017. Toward inventory-based estimates of soil organic carbon in forests of the
United States. Ecol. Appl. 27, 1223–1235. https://doi.org/10.1002/eap.1516.

Evans, K., 2011. Forest Management Plan for Property known as The Second College
Grant owned by Dartmouth College. Dartmouth Coll, Woodlands.

Fahey, T.J., Siccama, T.G., Driscoll, C.T., Likens, G.E., Campbell, J., Johnson, C.E.,
Battles, J.J., Aber, J.D., Cole, J.J., Fisk, M.C., Groffman, P.M., Hamburg, S.P., Holmes,
R.T., Schwarz, P.A., Yanai, R.D., 2005. The biogeochemistry of carbon at Hubbard
Brook. Biogeochemistry 75, 109–176. https://doi.org/10.1007/s10533-004-6321-y.

Finzi, A.C., Canham, C.D., van Breemen, N., 1998a. Canopy tree-soil interactions within
temperate forests: Species effects on pH and cations. Ecol. Appl. 8, 447–454.

Finzi, A.C., van Breemen, N., Canham, C.D., 1998b. Canopy tree-soil interactions within
temperate forests: Species effects on soil carbon and nitrogen. Ecol. Appl. 8, 440–446.

Garten, C.T., Classen, A.T., Norby, R.J., 2009. Soil moisture surpasses elevated CO2 and
temperature as a control on soil carbon dynamics in a multi-factor climate change
experiment. Plant Soil 319, 85–94. https://doi.org/10.1007/s11104-008-9851-6.

Garten, C.T., Post, W.M., Hanson, P.J., Cooper, L.W., 1999. Forest soil carbon inventories
and dynamics along an elevation gradient in the southern Appalachian Mountains.
Biogeochemistry 45, 115–145. https://doi.org/10.1023/A:1006121511680.

Gartzia-Bengoetxea, N., González-Arias, A., Martínez de Arano, I., 2009. Effects of tree
species and clear-cut forestry on forest-floor characteristics in adjacent temperate
forests in northern Spain. Can. J. For. Res. 39, 1302–1312. https://doi.org/10.1139/
X09-053.

Gessler, P.E., Chadwick, O.A., Chamran, F., Althouse, L., Holmes, K., 2000. Modeling soil-
landscape and ecosystem properties using terrain attributes. Soil Sci. Soc. Am. J. 64.

Godbold, D.L., Hoosbeek, M.R., Lukac, M., Cotrufo, M.F., Janssens, I.A., Ceulemans, R.,
Polle, A., Velthorst, E.J., Scarascia-Mugnozza, G., De Angelis, P., Miglietta, F.,
Peressotti, A., 2006. Mycorrhizal hyphal turnover as a dominant process for carbon
input into soil organic matter. Plant Soil 281, 15–24. https://doi.org/10.1007/
s11104-005-3701-6.

Gräler, B., Pebesma, E., Heuvelink, G., 2016. Spatio-temporal interpolation using gstat.
RFID J. 8, 204–218.

Hansson, K., Olsson, B.A., Olsson, M., Johansson, U., Kleja, D.B., 2011. Differences in soil
properties in adjacent stands of Scots pine, Norway spruce and silver birch in SW
Sweden. For. Ecol. Manage. 262, 522–530. https://doi.org/10.1016/j.foreco.2011.
04.021.

Hobbie, S.E., Reich, P.B., Oleksyn, J., Ogdahl, M., Zytkowiak, R., Hale, C., Karolewski, P.,
2006. Tree species effects on decomposition and forest floor dynamics in a common
garden. Ecology 87, 2288–2297. https://doi.org/10.1890/0012-9658(2006)
87[2288:TSEODA]2.0.CO;2.

Hornung, M., 1985. Acidification of soils by trees and forests. Soil Use Manag. 1.
Jandl, R., Lindner, M., Vesterdal, L., Bauwens, B., Baritz, R., Hagedorn, F., Johnson, D.W.,

Minkkinen, K., Byrne, K.A., 2007. How strongly can forest management influence soil
carbon sequestration? Geoderma 137, 253–268. https://doi.org/10.1016/j.
geoderma.2006.09.003.

Jobbagy, E.G., Jackson, R.B., 2000. The vertical distribution of soil organic carbon and its
relation to climate and vegetation. Ecol. Appl. 10, 423–436.

Johnson, D.W., Curtis, P.S., 2001. Effects of forest management on soil C and N storage:
meta analysis. For. Ecol. Manage. 140, 227–238. https://doi.org/10.1016/S0378-
1127(00)00282-6.

Kaiser, K., Eusterhues, K., Rumpel, C., Guggenberger, G., Kögel-Knabner, I., 2002.
Stabilization of organic matter by soil minerals - Investigations of density and par-
ticle-size fractions from two acid forest soils. J. Plant Nutr. Soil Sci. 165, 451–459.
https://doi.org/10.1002/1522-2624(200208)165:4<451::AID-JPLN451>3.0.
CO;2-B.

Kirschbaum, M.U.F., 2006. The temperature dependence of organic-matter decomposi-
tion - still a topic of debate. Soil Biol. Biochem. 38, 2510–2518. https://doi.org/10.
1016/j.soilbio.2006.01.030.

Köchy, M., Hiederer, R., Freibauer, A., 2015. Global distribution of soil organic carbon –
part 1: Masses and frequency distributions of SOC stocks for the tropics, permafrost
regions, wetlands, and the world. Soil 1, 351–365. https://doi.org/10.5194/soil-1-
351-2015.

Kurth, V.J., D’Amato, A.W., Palik, B.J., Bradford, J.B., 2014. Fifteen-year patterns of soil
carbon and nitrogen following biomass harvesting. Soil Sci. Soc. Am. J. 78, 624.
https://doi.org/10.2136/sssaj2013.08.0360.

Kuzyakov, Y., 2006. Sources of CO2 efflux from soil and review of partitioning methods.
Soil Biol. Biochem. 38, 425–448. https://doi.org/10.1016/j.soilbio.2005.08.020.

Laganière, J., Boča, A., Van Miegroet, H., Paré, D., 2017. A tree species effect on soil that
is consistent across the species’ range: the case of aspen and soil carbon in North
America. Forests 8, 1–15. https://doi.org/10.3390/f8040113.

Laganière, J., Cavard, X., Brassard, B.W., Paré, D., Bergeron, Y., Chen, H.Y.H., 2015. The
influence of boreal tree species mixtures on ecosystem carbon storage and fluxes. For.
Ecol. Manage. 354, 119–129. https://doi.org/10.1016/j.foreco.2015.06.029.

Laganière, J., Paré, D., Bergeron, Y., Chen, H.Y.H., Brassard, B.W., Cavard, X., 2013.
Stability of soil carbon stocks varies with forest composition in the Canadian boreal
biome. Ecosystems 16, 852–865. https://doi.org/10.1007/s10021-013-9658-z.

Lal, R., 2005. Forest soils and carbon sequestration. For. Ecol. Manage. 220, 242–258.
https://doi.org/10.1016/j.foreco.2005.08.015.

Leifheit, E.F., Verbruggen, E., Rillig, M.C., 2015. Arbuscular mycorrhizal fungi reduce
decomposition of woody plant litter while increasing soil aggregation. Soil Biol.
Biochem. 81, 323–328. https://doi.org/10.1016/j.soilbio.2014.12.003.

Li, P., Wang, Q., Endo, T., Zhao, X., Kakubari, Y., 2010. Soil organic carbon stock is
closely related to aboveground vegetation properties in cold-temperate mountainous
forests. Geoderma 154, 407–415. https://doi.org/10.1016/j.geoderma.2009.11.023.

F.V. Jevon, et al. Forest Ecology and Management 451 (2019) 117534

10

https://doi.org/10.1016/j.foreco.2019.117534
https://doi.org/10.1016/j.foreco.2019.117534
https://doi.org/10.1038/srep15991
https://doi.org/10.1038/srep15991
https://doi.org/10.1016/j.soilbio.2018.03.026
https://doi.org/10.1016/j.soilbio.2018.03.026
https://doi.org/10.1111/gcb.13980
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0025
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0025
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0025
https://doi.org/10.4141/cjss88-003
https://doi.org/10.2136/sssaj2013.08.0332nafsc
https://doi.org/10.2136/sssaj2013.08.0332nafsc
https://doi.org/10.1038/s41559-017-0367-4
https://doi.org/10.1038/s41559-017-0367-4
https://doi.org/10.1016/S0038-0717(00)00218-2
https://doi.org/10.1016/S0038-0717(00)00218-2
http://refhub.elsevier.com/S0378-1127(19)30390-1/optNcU8924r4e
http://refhub.elsevier.com/S0378-1127(19)30390-1/optNcU8924r4e
http://refhub.elsevier.com/S0378-1127(19)30390-1/optNcU8924r4e
https://doi.org/10.1093/aobpla/plv030
https://doi.org/10.1093/aobpla/plv030
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0055
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0055
https://doi.org/10.1126/science.1155458
https://doi.org/10.1097/00010694-200101000-00008
https://doi.org/10.1097/00010694-200101000-00008
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0075
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0075
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0075
https://doi.org/10.1111/gcb.12113
https://doi.org/10.1111/gcb.12113
https://doi.org/10.1111/gcb.14132
https://doi.org/10.1111/gcb.14132
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0090
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0090
https://doi.org/10.1016/j.foreco.2009.08.009
https://doi.org/10.1007/s10021-016-9958-1
https://doi.org/10.1007/s10021-016-9958-1
https://doi.org/10.1002/eap.1516
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0110
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0110
https://doi.org/10.1007/s10533-004-6321-y
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0120
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0120
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0125
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0125
https://doi.org/10.1007/s11104-008-9851-6
https://doi.org/10.1023/A:1006121511680
https://doi.org/10.1139/X09-053
https://doi.org/10.1139/X09-053
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0145
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0145
https://doi.org/10.1007/s11104-005-3701-6
https://doi.org/10.1007/s11104-005-3701-6
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0155
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0155
https://doi.org/10.1016/j.foreco.2011.04.021
https://doi.org/10.1016/j.foreco.2011.04.021
https://doi.org/10.1890/0012-9658(2006) 87[2288:TSEODA]2.0.CO;2
https://doi.org/10.1890/0012-9658(2006) 87[2288:TSEODA]2.0.CO;2
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0170
https://doi.org/10.1016/j.geoderma.2006.09.003
https://doi.org/10.1016/j.geoderma.2006.09.003
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0180
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0180
https://doi.org/10.1016/S0378-1127(00)00282-6
https://doi.org/10.1016/S0378-1127(00)00282-6
https://doi.org/10.1002/1522-2624(200208)165:4<451::AID-JPLN451>3.0.CO;2-B
https://doi.org/10.1002/1522-2624(200208)165:4<451::AID-JPLN451>3.0.CO;2-B
https://doi.org/10.1016/j.soilbio.2006.01.030
https://doi.org/10.1016/j.soilbio.2006.01.030
https://doi.org/10.5194/soil-1-351-2015
https://doi.org/10.5194/soil-1-351-2015
https://doi.org/10.2136/sssaj2013.08.0360
https://doi.org/10.1016/j.soilbio.2005.08.020
https://doi.org/10.3390/f8040113
https://doi.org/10.1016/j.foreco.2015.06.029
https://doi.org/10.1007/s10021-013-9658-z
https://doi.org/10.1016/j.foreco.2005.08.015
https://doi.org/10.1016/j.soilbio.2014.12.003
https://doi.org/10.1016/j.geoderma.2009.11.023


Marty, C., Houle, D., Gagnon, C., 2015. Variation in stocks and distribution of organic C in
soils across 21 eastern Canadian temperate and boreal forests. For. Ecol. Manage.
345, 29–38. https://doi.org/10.1016/j.foreco.2015.02.024.

Mckinley, D.C., Ryan, M.G., Birdsey, R.A., Giardina, C.P., Harmon, M.E., Heath, L.S.,
Houghton, R.A., Jackson, R.B., Morrison, J.F., Murray, B.C., Pataki, D.E., Skog, K.E.,
2011. A synthesis of current knowledge on forests and carbon storage in the United
States. Ecol. Appl. 21, 1902–1924.

Muukkonen, P., Häkkinen, M., Mäkipää, R., 2009. Spatial variation in soil carbon in the
organic layer of managed boreal forest soil-implications for sampling design. Environ.
Monit. Assess. 158, 67–76. https://doi.org/10.1007/s10661-008-0565-2.

Myers, R.T., Zak, D.R., White, D.C., Peay, K.G., 2001. Landscape-level patterns of mi-
crobial community composition and substrate use in upland forest ecosystems. Soil
Sci. Soc. Am. J. 65, 359. https://doi.org/10.2136/sssaj2001.652359x.

Nagel, L.M., Palik, B.J., Battaglia, M.A., D’Amato, A.W., Guldin, J.M., Swanston, C.W.,
Janowiak, M.K., Powers, M.P., Joyce, L.A., Millar, C.I., Peterson, D.L., Ganio, L.M.,
Kirschbaum, C., Roske, M.R., 2017. Adaptive silviculture for climate change: a na-
tional experiment in manager-scientist partnerships to apply an adaptation frame-
work. J. For. 115, 167–178. https://doi.org/10.5849/jof.16-039.

Nave, L.E., Vance, E.D., Swanston, C.W., Curtis, P.S., 2010. Harvest impacts on soil
carbon storage in temperate forests. For. Ecol. Manage. 259, 857–866. https://doi.
org/10.1016/j.foreco.2009.12.009.

Neff, J.C., Asner, G.P., 2001. Dissolved organic carbon in terrestrial ecosystems: synthesis
and a model. Ecosystems 4, 29–48. https://doi.org/10.1007/s100210000058.

Newcomb, C.J., Qafoku, N.P., Grate, J.W., Bailey, V.L., De Yoreo, J.J., 2017. Developing a
molecular picture of soil organic matter-mineral interactions by quantifying organo-
mineral binding. Nat. Commun. 8. https://doi.org/10.1038/s41467-017-00407-9.

Noormets, A., Epron, D., Domec, J.C., McNulty, S.G., Fox, T., Sun, G., King, J.S., 2014.
Effects of forest management on productivity and carbon sequestration: a review and
hypothesis. For. Ecol. Manage. 355, 124–140. https://doi.org/10.1016/j.foreco.
2015.05.019.

Oldfield, E.E., Crowther, T.W., Bradford, M.A., 2018. Substrate identity and amount
overwhelm temperature effects on soil carbon formation. Soil Biol. Biochem. 124,
218–226. https://doi.org/10.1016/j.soilbio.2018.06.014.

Pan, Y., Birdsey, R.A., Fang, J., Houghton, R., Kauppi, P.E., Kurz, W.A., Phillips, O.L.,
Shvidenko, A., Lewis, S.L., Canadell, J.G., Ciais, P., Jackson, R.B., Pacala, S.W.,
McGuire, A.D., Piao, S., Rautiainen, A., Sitch, S., Hayes, D., 2011. A large and per-
sistent carbon sink in the world’s forests. Science (80-.) 333, 988–993. https://doi.
org/10.1126/science.1201609.

Paradis, E., Claude, J., Strimmer, K., 2004. APE: analyses of phylogenetics and evolution
in R language. Bioinformatics 20, 289–290.

Paul, E.A., 2016. The nature and dynamics of soil organic matter: Plant inputs, microbial
transformations, and organic matter stabilization. Soil Biol. Biochem. 98, 109–126.
https://doi.org/10.1016/j.soilbio.2016.04.001.

Pebesma, E., 2004. Multivariable geostatistics in R: The gstat package. Comput. Geosci.
30, 683–691.

Petrenko, C.L., Friedland, A.J., 2015. Mineral soil carbon pool responses to forest clearing
in Northeastern hardwood forests. GCB Bioenergy 7, 1283–1293. https://doi.org/10.
1111/gcbb.12221.

Piao, H.C., Liu, G.S., Wu, Y.Y., Xu, W.B., 2001. Relationships of soil microbial biomass
carbon and organic carbon with environmental parameters in mountainous soils of
southwest China. Biol. Fertil. Soils 33, 347–350. https://doi.org/10.1007/
s003740000328.

Picchio, R., Neri, F., Petrini, E., Verani, S., Marchi, E., Certini, G., 2012. Machinery-in-
duced soil compaction in thinning two pine stands in central Italy. For. Ecol. Manage.
285, 38–43. https://doi.org/10.1016/j.foreco.2012.08.008.

Poirier, V., Coyea, M.R., Angers, D.A., Munson, A.D., 2016. Silvicultural treatments and
subsequent vegetation impact long-term mineral soil biogeochemistry in mixedwood
plantations. For. Ecol. Manage. 368, 140–150. https://doi.org/10.1016/j.foreco.
2016.03.016.

Rasmussen, C., Heckman, K., Wieder, W.R., Keiluweit, M., Lawrence, C.R., Berhe, A.A.,
Blankinship, J.C., Crow, S.E., Druhan, J.L., Hicks Pries, C.E., Marin-Spiotta, E.,
Plante, A.F., Schädel, C., Schimel, J.P., Sierra, C.A., Thompson, A., Wagai, R., 2018.
Beyond clay: towards an improved set of variables for predicting soil organic matter
content. Biogeochemistry 297–306. https://doi.org/10.1007/s10533-018-0424-3.

Rasse, D.P., Rumpel, C., Dignac, M.-F., 2005. Is soil carbon mostly root carbon?
Mechanisms for a specific stabilization. Plant Soil 269, 341–356. https://doi.org/10.
1007/S.

Rousk, J., Brookes, P.C., Bååth, E., 2009. Contrasting soil pH effects on fungal and bac-
terial growth suggest functional redundancy in carbon mineralization. Appl. Environ.
Microbiol. 75, 1589–1596. https://doi.org/10.1128/AEM.02775-08.

Saetre, P., Baath, E., 2000. Spatial variation and patterns of soil microbial community
structure in a mixed spruce-birch stand. Soil Biol. Biochem. 32, 909–917. https://doi.
org/10.1016/S0038-0717(99)00215-1.

Scharlemann, J.P., Tanner, E.V.J., Hiederer, R., Kapos, V., 2014. Global soil carbon:
Understanding and managing the largest terrestrial crbon pool. Carbon Manag. 5,
81–91. https://doi.org/10.4155/cmt.13.77.

Schimel, J.P., Schaeffer, S.M., 2012. Microbial control over carbon cycling in soil. Front.
Microbiol. 3, 1–11. https://doi.org/10.3389/fmicb.2012.00348.

Schmidt, M., Torn, M.S., Abiven, S., Dittmar, T., Guggenberger, G., Janssens, I.A., Kleber,
M., Kögel-Knabner, I., Lehmann, J., Manning, D.A.C., Nannipieri, P., Rasse, D.P.,
Weiner, S., Trumbore, S.E., 2011. Persistence of soil organic matter as an ecosystem
property. Nature 478, 49–56. https://doi.org/10.1038/nature10386.

Schöning, I., Totsche, K.U., Kögel-Knabner, I., 2006. Small scale spatial variability of

organic carbon stocks in litter and solum of a forested Luvisol. Geoderma 136,
631–642. https://doi.org/10.1016/j.geoderma.2006.04.023.

Schulp, C.J.E., Nabuurs, G.J., Verburg, P.H., de Waal, R.W., 2008. Effect of tree species on
carbon stocks in forest floor and mineral soil and implications for soil carbon in-
ventories. For. Ecol. Manage. 256, 482–490. https://doi.org/10.1016/j.foreco.2008.
05.007.

Seibert, J., Stendahl, J., Sørensen, R., 2007. Topographical influences on soil properties in
boreal forests. Geoderma 141, 139–148. https://doi.org/10.1016/j.geoderma.2007.
05.013.

Six, J., Conant, R., Paul, E.A., Paustian, K., 2002. Stabilization mechanisms of protected
versus unprotected soil organic matter: Implications for C-saturation of soils. Plant
Soil 241, 155–176.

Six, J., Elliott, E.T., Paustian, K., 2000. Soil structure and soil organic matter II. A nor-
malized stability index and the effect of mineralogy. Soil Sci. Soc. Am. J. 64,
1042–1049. https://doi.org/10.2136/sssaj2000.6431042x.

Stephenson, N.L., Van Mantgem, P.J., 2005. Forest turnover rates follow global and re-
gional patterns of productivity. Ecol. Lett. 8, 524–531. https://doi.org/10.1111/j.
1461-0248.2005.00746.x.

Strukelj, M., Brais, S., Paré, D., 2015. Nine-year changes in carbon dynamics following
different intensities of harvesting in boreal aspen stands. Eur. J. For. Res. 134,
737–754. https://doi.org/10.1007/s10342-015-0880-4.

Štursova, M., Bárta, J., Šantručková, H., Baldrian, P., 2016. Small-scale spatial hetero-
geneity of ecosystem properties, microbial community composition and microbial
activities in a temperate mountain forest soil. FEMS Microbiol. Ecol. 92, 1–10.
https://doi.org/10.1093/femsec-fiw185.

Thiffault, E., Hannam, K.D., Paré, D., Titus, B.D., Hazlett, P.W., Maynard, D.G., Brais, S.,
2011. Effects of forest biomass harvesting on soil productivity in boreal and tempe-
rate forests — a review. Environ. Rev. 19, 278–309. https://doi.org/10.1139/a11-
009.

Thompson, J.A., Kolka, R.K., 2005. Soil carbon storage estimation in a forested watershed
using quantitative soil-landscape modeling. Soil Sci. Soc. Am. J. 69, 1086. https://
doi.org/10.2136/sssaj2004.0322.

Thornley, J., Cannell, M., 2000. Managing forests for wood yield and carbon storage: a
theoretical study. Tree Physiol. 20, 477–484.

Torn, M.S., Trumbore, S.E., Chadwick, O.A., Vitousek, P.M., Hendricks, D.M., 1997.
Mineral control of soil organic carbon storage and turnover. Nature 389, 170–173.
https://doi.org/10.1038/38260.

Ulyshen, M.D., 2016. Wood decomposition as influenced by invertebrates. Biol. Rev. 91,
70–85. https://doi.org/10.1111/brv.12158.

Vadeboncoeur, M.A., Hamburg, S.P., Yanai, R.D., Blum, J.D., 2014. Rates of sustainable
forest harvest depend on rotation length and weathering of soil minerals. For. Ecol.
Manage. 318, 194–205. https://doi.org/10.1016/j.foreco.2014.01.012.

Vesterdal, L., Clarke, N., Sigurdsson, B.D., Gundersen, P., 2013. Do tree species influence
soil carbon stocks in temperate and boreal forests? For. Ecol. Manage. 309, 4–18.
https://doi.org/10.1016/j.foreco.2013.01.017.

Vesterdal, L., Elberling, B., Christiansen, J.R., Callesen, I., Schmidt, I.K., 2012. Soil re-
spiration and rates of soil carbon turnover differ among six common European tree
species. For. Ecol. Manage. 264, 185–196. https://doi.org/10.1016/j.foreco.2011.10.
009.

von Lützow, M., Kögel-Knabner, I., Ekschmitt, K., Flessa, H., Guggenberger, G., Matzner,
E., Marschner, B., 2007. SOM fractionation methods: Relevance to functional pools
and to stabilization mechanisms. Soil Biol. Biochem. 39, 2183–2207. https://doi.org/
10.1016/j.soilbio.2007.03.007.

Waring, B.G., Álvarez-Cansino, L., Barry, K.E., Becklund, K.K., Dale, S., Gei, M.G., Keller,
A.B., Lopez, O.R., Markesteijn, L., Mangan, S., Riggs, C.E., Rodríguez-Ronderos, M.E.,
Segnitz, R.M., Schnitzer, S.A., Powers, J.S., 2015. Pervasive and strong effects of
plants on soil chemistry: a meta-analysis of individual plant ‘Zinke’ effects. Proc. R.
Soc. B Biol. Sci. 282, 20151001. https://doi.org/10.1098/rspb.2015.1001.

Wiesmeier, M., Prietzel, J., Barthold, F., Spörlein, P., Geuß, U., Hangen, E., Reischl, A.,
Schilling, B., von Lützow, M., Kögel-Knabner, I., 2013. Storage and drivers of organic
carbon in forest soils of southeast Germany (Bavaria) - implications for carbon se-
questration. For. Ecol. Manage. 295, 162–172. https://doi.org/10.1016/j.foreco.
2013.01.025.

Woodall, C.W., Heath, L.S., Domke, G.M., Nichols, M.C., 2011. Methods and equations for
estimating aboveground volume, biomass, and carbon for trees in the U.S. forest
inventory. Gen. Tec. Rep. NRS-88, pp. 1–30. https://doi.org/10.1016/j.bmcl.2009.
11.046.

Woodall, C., Russell, M., Walters, B., D’Amato, A., Fraver, S., Domke, G., 2015. Net
carbon flux of dead wood in forests of the Eastern US. Oecologia 177, 861–874.
https://doi.org/10.1007/s00442-014-3171-8.

Wurzburger, N., Brookshire, E.N.J., 2017. Experimental evidence that mycorrhizal ni-
trogen strategies affect soil carbon. Ecology 98, 1491–1497. https://doi.org/10.
1002/ecy.1827.

Yanai, R.D., Arthur, M.A., Siccama, T.G., Federer, C.A., 2000. Challenges of measuring
forest floor organic matter dynamics. For. Ecol. Manage. 138, 273–283. https://doi.
org/10.1016/s0378-1127(00)00402-3.

Yanai, R.D., Currie, W.S., Goodale, C.L., 2003. Soil carbon dynamics after forest harvest:
an ecosystem paradigm reconsidered. Ecosystems 6, 197–212. https://doi.org/10.
1007/s10021-002-0206-5.

Yanai, R.D., Fisk, M.C., Fahey, T.J., Cleavitt, N.L., Park, B.B., 2008. Identifying roots of
northern hardwood species: patterns with diameter and depth. Can. J. For. Res. 38,
2862–2869. https://doi.org/10.1139/x08-125.

F.V. Jevon, et al. Forest Ecology and Management 451 (2019) 117534

11

https://doi.org/10.1016/j.foreco.2015.02.024
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0250
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0250
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0250
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0250
https://doi.org/10.1007/s10661-008-0565-2
https://doi.org/10.2136/sssaj2001.652359x
https://doi.org/10.5849/jof.16-039
https://doi.org/10.1016/j.foreco.2009.12.009
https://doi.org/10.1016/j.foreco.2009.12.009
https://doi.org/10.1007/s100210000058
https://doi.org/10.1038/s41467-017-00407-9
https://doi.org/10.1016/j.foreco.2015.05.019
https://doi.org/10.1016/j.foreco.2015.05.019
https://doi.org/10.1016/j.soilbio.2018.06.014
https://doi.org/10.1126/science.1201609
https://doi.org/10.1126/science.1201609
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0300
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0300
https://doi.org/10.1016/j.soilbio.2016.04.001
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0310
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0310
https://doi.org/10.1111/gcbb.12221
https://doi.org/10.1111/gcbb.12221
https://doi.org/10.1007/s003740000328
https://doi.org/10.1007/s003740000328
https://doi.org/10.1016/j.foreco.2012.08.008
https://doi.org/10.1016/j.foreco.2016.03.016
https://doi.org/10.1016/j.foreco.2016.03.016
https://doi.org/10.1007/s10533-018-0424-3
https://doi.org/10.1007/S
https://doi.org/10.1007/S
https://doi.org/10.1128/AEM.02775-08
https://doi.org/10.1016/S0038-0717(99)00215-1
https://doi.org/10.1016/S0038-0717(99)00215-1
https://doi.org/10.4155/cmt.13.77
https://doi.org/10.3389/fmicb.2012.00348
https://doi.org/10.1038/nature10386
https://doi.org/10.1016/j.geoderma.2006.04.023
https://doi.org/10.1016/j.foreco.2008.05.007
https://doi.org/10.1016/j.foreco.2008.05.007
https://doi.org/10.1016/j.geoderma.2007.05.013
https://doi.org/10.1016/j.geoderma.2007.05.013
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0385
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0385
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0385
https://doi.org/10.2136/sssaj2000.6431042x
https://doi.org/10.1111/j.1461-0248.2005.00746.x
https://doi.org/10.1111/j.1461-0248.2005.00746.x
https://doi.org/10.1007/s10342-015-0880-4
https://doi.org/10.1093/femsec-fiw185
https://doi.org/10.1139/a11-009
https://doi.org/10.1139/a11-009
https://doi.org/10.2136/sssaj2004.0322
https://doi.org/10.2136/sssaj2004.0322
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0420
http://refhub.elsevier.com/S0378-1127(19)30390-1/h0420
https://doi.org/10.1038/38260
https://doi.org/10.1111/brv.12158
https://doi.org/10.1016/j.foreco.2014.01.012
https://doi.org/10.1016/j.foreco.2013.01.017
https://doi.org/10.1016/j.foreco.2011.10.009
https://doi.org/10.1016/j.foreco.2011.10.009
https://doi.org/10.1016/j.soilbio.2007.03.007
https://doi.org/10.1016/j.soilbio.2007.03.007
https://doi.org/10.1098/rspb.2015.1001
https://doi.org/10.1016/j.foreco.2013.01.025
https://doi.org/10.1016/j.foreco.2013.01.025
https://doi.org/10.1016/j.bmcl.2009.11.046
https://doi.org/10.1016/j.bmcl.2009.11.046
https://doi.org/10.1007/s00442-014-3171-8
https://doi.org/10.1002/ecy.1827
https://doi.org/10.1002/ecy.1827
https://doi.org/10.1016/s0378-1127(00)00402-3
https://doi.org/10.1016/s0378-1127(00)00402-3
https://doi.org/10.1007/s10021-002-0206-5
https://doi.org/10.1007/s10021-002-0206-5
https://doi.org/10.1139/x08-125

	Tree basal area and conifer abundance predict soil carbon stocks and concentrations in an actively managed forest of northern New Hampshire, USA
	Introduction
	Forest soil carbon and global change
	Drivers of variation in soil carbon
	Forest management and soil carbon
	Objective

	Methods
	Site description
	Site history
	Alder Brook
	Merrill Brook

	Field sampling
	Lab processing
	Landscape topography and soils
	Comparison of SOC between management areas
	Spatial analyses
	Predictors of soil carbon pools and concentrations

	Results and discussion
	Physiography and vegetation of management areas
	Soil carbon across management areas
	Spatial patterns in soil carbon pools
	Predictors of soil carbon pools and concentrations

	Conclusions
	Acknowledgements
	mk:H1_25
	Funding
	mk:H1_27
	Supplementary material
	References




