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ABSTRACT

The field of machine learning fairness has developed metrics, method-
ologies, and data sets for experimenting with classification algo-
rithms. However, equivalent research is lacking in the area of per-
sonalized recommender systems. This 180-minute hands-on tutorial
will introduce participants to concepts in fairness-aware recom-
mendation, and metrics and methodologies in evaluating recom-
mendation fairness. Participants will also gain hands-on experience
with conducting fairness-aware recommendation experiments with
the LibRec recommendation system using the 1ibrec-auto script-
ing platform, and learn the steps required to configure their own
experiments, incorporate their own data sets, and design their own
algorithms and metrics.

CCS CONCEPTS

« Information systems — Recommender systems; Relevance
assessment; - Human-centered computing — Collaborative
filtering; « Social and professional topics — User character-
istics; « Software and its engineering — Software libraries and
repositories.
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1 INTRODUCTION

Research on fairness in machine learning systems has recently
been extended to fairness in learning-based personalized systems,
in particular recommender systems [2, 7]. However, in contrast
to the recent explosion of interest in fairness in machine learning
systems generally, research in fairness-aware recommendation has

lagged.
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One of the challenges in conducting this research is that fairness
in recommender systems is strictly more complex than in classi-
fication systems. Recommender systems are often embedded in
multisided platforms [3, 6] and may have fairness concerns for mul-
tiple parties. Research distinguishes between C-fairness (fairness
towards individuals consuming recommendations) and P-fairnesss
(fairness towards those whose items are being recommended) [1].
Depending on the application context, other parties may also need
to be considered. In addition, because of their personalized nature,
recommender systems are designed to provide unique experiences
to all users and standard measures of impact and harm are not
always appropriate.

The aim of this workshop is to support researchers who have an
interest in fairness and recommendation by offering

e An introduction to the unique and complex aspects of fair-
ness in the recommender systems context,

e An introduction to methodologies for off-line recommender
systems evaluation using the LibRec 3.0 platform [4],

e Experience designing and configuring fairness-aware rec-
ommendation experiments using the librec-auto tool [5].

Participants will leave the workshop with the ability to conduct
fairness-aware recommendation experiments on their own data sets,
and for the more technically-inclined, with the foundations nec-
essary to conduct experimental research in fairness-aware recom-
mendation including implementing and evaluating fairness-aware
recommendation algorithms and creating new fairness metrics for
such experiments.
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