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Device-to-Device Coded-Caching
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Abstract— This paper considers a cache-aided device-to-device
(D2D) system where the users are equipped with cache memories
of different size. During low traffic hours, a server places content
in the users’ cache memories, knowing that the files requested
by the users during peak traffic hours will have to be delivered
by D2D transmissions only. The worst-case D2D delivery load
is minimized by jointly designing the uncoded cache placement
and linear coded D2D delivery. Next, a novel lower bound on
the D2D delivery load with uncoded placement is proposed and
used in explicitly characterizing the minimum D2D delivery
load (MD2DDL) with uncoded placement for several cases of
interest. In particular, having characterized the MD2DDL for
equal cache sizes, it is shown that the same delivery load can
be achieved in the network with users of unequal cache sizes,
provided that the smallest cache size is greater than a certain
threshold. The MD2DDL is also characterized in the small cache
size regime, the large cache size regime, and the three-user case.
Comparisons of the server-based delivery load with the D2D
delivery load are provided. Finally, connections and mathematical
parallels between cache-aided D2D systems and coded distributed
computing (CDC) systems are discussed.

Index Terms— Coded caching, uncoded placement, device-to-
device communication, unequal cache sizes.

I. INTRODUCTION

DEVELOPMENT of novel techniques that fully utilize
network resources is imperative to meet the objectives

of 5G systems and beyond with increasing demand for wire-
less data traffic, e.g., video-on-demand services [1]. Device-
to-device (D2D) communications [2] and caching [3] are
two prominent techniques for alleviating network congestion.
D2D communications utilize the radio interface enabling the
nodes to directly communicate with each other to reduce the
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delivery load on servers/base stations/access points. Caching
schemes utilize the nodes’ cache memories to shift some
of the network traffic to low congestion periods. In coded
caching [4], the server jointlydesigns the content placement
during off-peak hours and the content delivery during peak
hours, to create multicast coding opportunities. That is, coded
caching not only shifts the network traffic to off-peak hours
but also creates multicast opportunities that reduce the delivery
load on the server [4]. In particular, in the placement phase,
the server first partitions the files into pieces. Then, the server
either places uncoded or coded pieces of the files at the
users’ cache memories. Most of the work on coded caching
considers uncoded placement [4]–[15], for its practicality and
near optimality [7]–[9]. References [8], [9] have illustrated
that the server-based delivery problem in [4] is equivalent
to an index-coding problem and the delivery load in [4]
is lower bounded by the acyclic index-coding bound [16,
Corollary 1]. Reference [7] has proposed an alternative proof
for the uncoded placement bound [8], [9] using a genie-aided
approach.
Coded caching in device-to-device networks has been inves-
tigated in [6], [17]–[24]. In particular, D2D coded caching
was first considered in [6], where centralized and decentralized
caching schemes have been proposed for when the users have
equal cache sizes. References [6], [17]–[19] have studied the
impact of coded caching on throughput scaling laws of D2D
networks under the protocol model in [25]. Reference [20]
has considered a D2D system where only a subset of the
users participate in delivering the missing subfiles to all users.
Reference [21] has proposed using random linear network
coding to reduce the delay experienced by the users in lossy
networks. Reference [22] has proposed a secure D2D delivery
scheme that protects the D2D transmissions in the presence of
an eavesdropper. Reference [23] has considered secure D2D
coded caching when each user can recover its requested file
and is simultaneously prevented from accessing any other file.
More realistic caching models that reflect the heterogeneity
in content delivery networks consider systems with distinct
cache sizes [10]–[15], [26]–[28], unequal file sizes [27], [29],
[30], distinct distortion requirements [26], [31], [32], and
non-uniform popularity distributions [33]–[38]. In this work,
we focus on the distinct cache sizes, i.e., the varying storage
capabilities of the users. This setup has been considered
in [10]–[15], [26]–[28] for the server-based delivery problem
of [4]. In particular, in [13], [15], we have shown that the
delivery load is minimized by solving a linear program over
the parameters of the uncoded placement and linear delivery
schemes.
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Different from [13], [15] and all references with distinct
cache sizes, in this paper, we investigate coded caching with
end-users of unequal cache sizes when the delivery phase must
be carried out by D2D transmissions. That is, the placement
and delivery design must be such that the server does not
participate in delivery at all, thus saving its resources to serve
those outside the D2D network. This distinction calls for new
placement and delivery schemes as compared to serve-based
delivery architectures [10]–[15], [26]–[28]. In the same spirit
as [15], we show that a linear program minimizes the D2D
delivery load by optimizing over the partitioning of the files
in the placement phase and the size and structure of the D2D
transmissions, and find the optimal design. We remark that
even though the proposed optimization framework is inspired
by our work in [15], finding device-to-device delivery schemes
with optimization constraints is a non-trivial extension of [15]
due to the inherent design flexibility and unique delivery
challenges in D2D systems. In the D2D setting, the trans-
missions from all users are jointly optimized in order to
minimize the total D2D delivery load. In addition, we show
that the trade-off between the delivery load and the cache
sizes has characteristics that are unique to the D2D setting that
could not have been addressed by the centralized formulation.
For example, in the D2D setting the heterogeneity in users
cache sizes does not lead to an increase in the achievable
D2D delivery load as long as the smallest cache is large
enough. This work also explains the relationship between the
server-based and D2D delivery problems, which has not been
addressed in previous works.
Building on the techniques in [7]–[9], we derive a lower

bound on the worst-case D2D delivery load with uncoded
placement and one-shot delivery [24], which is also defined
by a linear program. Using the proposed lower bound, we first
prove the optimality of the caching scheme in [6] assuming
uncoded placement and one-shot delivery for systems with
equal cache sizes. Next, we explicitly characterize the D2D
delivery load memory trade-off assuming uncoded placement
and one-shot delivery for several cases of interest. In particular,
we show that the D2D delivery load depends only on the total
cache size in the network whenever the smallest cache size
is greater than a certain threshold. For a small system with
three users, we identify the precise trade-off for any library
size. For larger systems, we characterize the trade-off in two
regimes, i.e., the small total cache size regime and in the
large total cache size regime, which are defined in the sequel.
For remaining sizes of the total network cache, we observe
numerically that the proposedcaching scheme achieves the
minimum D2D delivery load assuming uncoded placement.
Finally, we establish the relationship between the server-based
and D2D delivery loads assuming uncoded placement. We also
discuss the parallels between the recent coded distributed
computing (CDC) framework [39] and demonstrate how it
relates to D2D caching systems.
The remainder of this paper is organized as follows.

In Section II, we describe the system model and the main
assumptions. The optimization problems characterizing the
upper and lower bounds on the minimum D2D delivery load
are formulated in Section III-A. Section III-B summarizes

Fig. 1.  D2D caching with unequal cache sizes at the end-users.

our results on the minimum D2D delivery load with uncoded
placement. The general caching scheme is developed in
Section IV. Section V explains the caching schemes that
achieve the D2D delivery loads presented in Section III-B. The
optimality of uncoded placement is investigated in Section VI.
In Section VII, we discuss the trade-off in the general case,
the connection to server-based systems, and connections to
distributed computing. Section VIII provides the conclusions.

II. SYSTEMMODEL

Notation: Vectors are represented by boldface letters,
⊕ refers to bitwise XOR operation,|W|denotes size of
W,A\Bdenotes the set of elements inAand not inB,
[K] {1,...,K},φdenotes the empty set, φ[K]denotes
non-empty subsets of[K],andPAis the set of all permutations
of the elements in the setA, e.g.,P{1,2}={[1,2],[2,1]}.
Consider a server connected to K users via a shared
error-free link, and the users are connected to each other
via error-free device-to-device (D2D) communication links,
as illustrated in Fig. 1. The server has a library ofN files,
W1,..., WN, each with sizeFbits. End-users are equipped
with cache memories that have different sizes, the size of the
cache memory at userkis equal toMkFbits. Without loss
of generality, letM1≤ M2≤ ··· ≤ MK. Definemkto
denote the memory size of userknormalized by the library
sizeNF, i.e.,mk=Mk/N.LetM =[M1,..., MK]and
m =[m1,...,mK]. We focus on the more practical case
where the number of users is less than the number of files,
i.e.,K≤N, e.g., a movie database serving cooperative users
in a 5G hybrid cloud-fog access network [40].
D2D caching systems operate similarly to server-based
systems in the placement phase, but differ in the delivery
phase. Namely, in the placement phase, the server designs
the users’ cache contents without knowing their demands and
knowing that it will not participate in the delivery phase. The
content of the cache at userkis denoted byZkand satisfies
the size constraint|Zk|≤MkFbits. Formally,Zkis defined
as follows.
Definition 1 (Cache Placement): A cache placement
functionφk:[2

F]N →[2F]Mk maps the files in the library to
the cache memory of userk, i.e.,Zk=φk(W1, W2, .., WN).

Authorized licensed use limited to: Penn State University. Downloaded on May 26,2020 at 20:28:15 UTC from IEEE Xplore.  Restrictions apply. 



2750 IEEE TRANSACTIONS ON COMMUNICATIONS, VOL. 68, NO. 5, MAY 2020

Just before the delivery phase, users announce their file
demands. The demand vector is denoted byd=[d1,...,dK]
such thatWdk is the file requested by userk. The requested
files must be delivered by utilizing D2D communications only
[6], which requires that the sum of the users’ cache sizes is
at least equal to the library size, i.e., K

k=1mk≥1. More
specifically, userjtransmits the sequence of unicast/multicast
signals,Xj→T ,d, to the users in the setT φ [K]\{j}.
Let|Xj→T ,d|=vj→T Fbits, i.e., thetransmission variable
vj→T ∈[0,1]represents the amount of data delivered to the
users inTby userjas a fraction of the file sizeF.
Definition 2 (Encoding): Given demandd, an encoding

ψj→T :[2
F]Mj×[N]K →[2F]vj→T maps the content cached

by userjto a signal sent to the users inT φ[K]\{j}, i.e., the
signalXj→T ,d=ψj→T (Zj,d)and|Xj→T ,d|=vj→T F.
At the end of the delivery phase, userkmust be able

to reconstructWdk reliably using the received D2D sig-
nals{Xj→T ,d}j=k,T and its cache contentZk.LetRj

T φ[K]\{j}

vj→T be the amount of data transmitted by userj,

normalized by the file sizeF.
Definition 3 (Decoding): Given the demandd, a decoding
functionμk:[2

F]j=kRj×[2F]Mk ×[N]K → [2F], maps
the D2D signalsXj→T ,d,∀j∈[K]\{k},T φ[K]\{j}
and the content cached by userktoŴdk,i.e.,Ŵdk =

μk {Xj→T ,d}j=k,T,Zk,d.

The achievable D2D delivery load is defined as follows.
Definition 4: For a given m, the D2D delivery load
R(m)

K
j=1Rj(m)is said to be achievable if for every

>0and large enoughF, there exists(φk(.),ψj→T (.),μk(.))
such that max

d,k∈[K]
Pr(̂Wdk = Wdk)≤ , andR∗(m)

inf{R:R(m)is achievable}.
In general, an achievable D2D delivery scheme satisfies the

decodability constraints

H Wdk {Xj→T ,d}j=k,T,Zk =0,∀k. (1)

In this work, we focus on one-shot delivery schemes [24]

whereWdk is partitioned intoW
(1)
dk
,..., W

(K)
dk
, such that

W
(k)
dk
is cached by userkandW

(j)
dk
is decoded using the

transmissions from userjonly. That is, we have the following
decodability constraints

H W
(j)
dk
{Xj→T ,d}T,Zk =0, ∀j=k,∀k. (2)

Similar to much of the coded caching literature [4]–
[15], [27], we will consider placement schemes where the
users cache only pieces of the files, i.e., uncoded placement.
We denote the set of such schemes with A. In the delivery
phase, we consider the class of delivery policiesD,whichis
based on interference cancellation. In particular, we consider
clique-covering schemes [8] where users generate the multicast
signals with XORed pieces of files such that each userk∈T
cancels the interference fromXj→T ,din order to decode its
desired piece. For a caching scheme in(A,D),wedefinethe
following.
Definition 5: For an uncoded placement scheme inA, and a
delivery policy inD, the achievable worst-case D2D delivery

load is defined as

RA,D max
d∈[N]K

K

j=1

Rj,d,A,D =

K

j=1T φ[K]\{j}

vj→T ,(3)

andR∗A,D denotes the minimum delivery load achievable with
a caching scheme in(A,D).
Definition 6: For an uncoded placement scheme inAand
any one-shot delivery scheme,

R∗A(m) inf{RA:RA(m)is achievable}, (4)

is the minimum D2D delivery load achievable with uncoded
placement and one-shot delivery.

III. MAINRESULTS

In this work, we propose a caching scheme where the
cache placement is paramterized by the allocation vectora,
such that the allocation variableaS determines the size of
the subfile stored exclusively at the users inS. The proposed
delivery procedure is parameterized by the vectorsvandu,
where the former determines the size of the transmitted signals
Xj→T and the latter specifies the structure of the transmitted
signals. In Theorem 1, we optimize over the parameters of
the proposed caching scheme in order to minimize the D2D
delivery load.
Next, we illustrate the proposed caching scheme with an

example. We consider a case where the heterogeneity in cache
sizes does not increase the delivery load, i.e., we achieve
the same delivery load in a homogeneous system with the
same aggregate cache size. More sepcifically, the delivery
scheme in [6] can be generalized for unequal cache sizes,
by considering D2D transmissions with different sizes.
Example 1: ForK=N=3andm =[0.6,0.7,0.8],
the proposed caching scheme is as follows:
Placement Phase:Each fileWn is divided into subfiles

W̃n,{1,2},W̃n,{1,3},W̃n,{2,3},W̃n,{1,2,3}, whereW̃n,S is

stored exclusively at the users inS, e.g.,̃Wn,{1,2}is stored at

users{1,2}. We assume|̃Wn,S|=aSF,∀n. More specifically,
a{1,2}=0.2,a{1,3}=0.3,a{2,3}=0.4, anda{1,2,3}=0.1.

Delivery Phase:User1sendsX1→{2,3}=W
1→{2,3}
d2,{1,3}

⊕

W
1→{2,3}
d3,{1,2}

, whereW
1→{2,3}
d2,{1,3}

⊂ W̃d2,{1,3},W
1→{2,3}
d3,{1,2}

⊂

W̃d3,{1,2}. Similarly, we haveX2→{1,3} = W
2→{1,3}
d1,{2,3}

⊕

W
2→{1,3}
d3,{1,2}

and X3→{1,2} = W
3→{1,2}
d1,{2,3}

⊕ W
3→{1,2}
d2,{1,3}

.

We assume|Wj→Tdk,S|=u
j→T
S F. More specifically, we have

• |X1→{2,3}|/F=v1→{2,3}=u
1→{2,3}
{1,2} =u

1→{2,3}
{1,3} =0.05.

• |X2→{1,3}|/F=v2→{1,3}=u
2→{1,3}
{1,2} =u

2→{1,3}
{2,3} =0.15.

• |X3→{1,2}|/F=v3→{1,2}=u
3→{1,2}
{1,3} =u

3→{1,2}
{2,3} =0.25.

The placement and delivery phases are illustrated in Fig. 2.
Note that the same delivery load is achieved by the caching
scheme in [6] form =[0.7,0.7,0.7]. In Theorem 7, we show
that the proposed scheme achievesR∗A(m) =3/2− m1+
m2+m3/2=0.45.

A. Performance Bounds

First, we have the following parameterization for the
optimum of the class of caching schemes under consideration.
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Fig. 2.  ExampleK=N=3,andm =[0.6,0.7,0.8].

Theorem 1: GivenN ≥ K, andm, the minimum
worst-case D2D delivery load assuming uncoded placement
and a delivery policy inD,R∗A,D(m), is characterized by the
following linear program

O1:R∗A,D(m)= mina,u,v

K

j=1T φ[K]\{j}

vj→T (5a)

subject toa∈A(m), (5b)

(u,v)∈D(a), (5c)

whereA(m)is set of uncoded placement schemes defined as

A(m)= a∈[0,1]2
K

S φ[K]

aS=1,

S⊂[K]:k∈S

aS≤mk,∀k∈[K],(6)

andD(a)is the set of feasible delivery schemes defined by

vj→{i}=a{j}+
S⊂[K]\{i}:j∈S,|S|≥2

u
j→{i}
S ,∀j∈[K],∀i∈T,

(7)

vj→T =

S∈Bj→Ti

uj→TS ,∀j∈[K],∀T φ[K]\{j},∀i∈T,

(8)

j∈ST ⊂{i}∪(S\{j}):i∈T

uj→TS =aS,∀i∈S,

∀S ⊂[K]s.t.2≤|S|≤K−1, (9)

0≤uj→TS ≤aS,∀j∈[K],∀T φ[K]\{j},∀S ∈
i∈T

Bj→Ti ,

(10)

whereBj→Ti S ⊂[K]\{i}:{j}∪(T\{i})⊂S .

Proof: Proof is provided in Section IV.
Motivated by the lower bounds on server-based delivery in

[7]–[9], we next establish that the minimum D2D delivery load
memory trade-off with uncoded placement,R∗A(m),islower
bounded by the linear program defined in Theorem 2.

Theorem 2: GivenN ≥ K, andm, the minimum
worst-case D2D delivery load with uncoded placement and
one-shot delivery,R∗A(m), is lower bounded by

O2: max
λ0∈R,λk≥0,αq≥0

−λ0−

K

k=1

mkλk (11a)

subject toλ0+
k∈S

λk+γS≥0,∀S φ[K],(11b)

q∈P[K]\{j}

αq=1,∀j∈[K], (11c)

whereP[K]\{j}is the set of all permutations of the users in
[K]\{j},αqare the coefficients of the convex combination
over allq∈P[K]\{j}, and

γS

⎧
⎪⎪⎪⎪⎪⎪⎨

⎪⎪⎪⎪⎪⎪⎩

K−1,for|S|=1,

min
j∈S

K−|S|

i=1 q∈P[K]\{j}:qi+1∈S,

{q1,...,qi}∩S=φ

iαq ,for2≤|S|≤K−1

0,forS=[K].

(12)

Proof: The proof is detailed in Section VI-A.

B. Explicit Characterization Results

Next, using Theorems 1 and 2, we characterize the trade-off
explicitly for several cases, which are illustrated in Table I.
In particular, for these cases we show thatR∗A(m) =
R∗A,D(m). First, using Theorem 2, we show the optimality of
the D2D caching scheme proposed in [6] for systems where
the users have equal cache sizes.
Theorem 3: ForN ≥K, andmk=m=t/K, t∈[K],

∀k∈[K], the minimum worst-case D2D delivery load with
uncoded placement and one-shot delivery,R∗A(m) =(1−
m)/m. In general, we have

R∗A(m)=
K−t

t
t+1−Km +

K−t−1

t+1
Km−t,

(13)

wheret∈[K−1]andt≤Km≤t+1.
Proof:Achievability: The D2D caching scheme proposed

in [6] achieves (13), which is also the optimal solution of (5).
Converse: The proof is detailed in Section VI-B.
Next theorem shows that the heterogeneity in users cache
sizes does not increase the achievable D2D delivery load as
long as the smallest cachem1is large enough.
Theorem 4: ForN ≥K,m1≤ ··· ≤mK, andm1≥
K
k=2mk−1/(K−2), the minimum worst-case D2D delivery

load with uncoded placement and one-shot delivery,

R∗A(m)=
K−t

t
t+1−

K

k=1

mk

+
K−t−1

t+1

K

k=1

mk−t, (14)

wheret≤
K
k=1mk≤t+1, andt∈[K−1].
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TABLE I

SUMMARY OF THEANALYTICALRESULTS ONR∗A(m)

Proof: Achievability: In Section V-A, we generalize the
caching scheme in [6] to accommodate the heterogeneity in
cache sizes.Converse: The proof is detailed in Section VI-C.

The next theorem characterizes the trade-off in the small
memory regime defined as the total network cache memory is
less than twice the library size.
Theorem 5: ForN ≥ K,m1 ≤ ··· ≤ mK,1≤
K
k=1mk≤2, the minimum worst-case D2D delivery load

with uncoded placement and one-shot delivery,

R∗A(m)=
3K−l−2

2
−

l

i=1

(K−i)mi

−
K−l

2

K

i=l+1

mi, (15)

wherelis an integer in[K−2]such thatml<

K
i=l+1mi−1

K−l−1

andml+1≥

K
i=l+2mi−1

K−l−2
.

Proof: Achievability: The caching scheme is pro-
vided in Section V-B.Converse: The proof is detailed in
Section VI-D.
From (15), we observe that the trade-off in thelth hetero-

geneity level depends on the individual cache sizes of users
{1,...,l}and the total cache sizes of the remaining users.
Remark 1: The trade-off in the region where

K
k=1mk≤2

and(K−2)m1 ≥
K
i=2mi−1, which is included in

Theorem 4, can also be obtained by substitutingl=0in
Theorem 5.
The next theorem characterizes the trade-off in the large

memory regime defined as one where the total network
memory satisfies K

k=1mk≥K−1. In particular, we show
the optimality of uncoded placement and one-shot delivery,
i.e.,R∗A(m)=R

∗(m).
Theorem 6: ForN ≥ K,m1 ≤ ··· ≤ mK, and
K
k=1mk≥K−1, the minimum worst-case D2D delivery

load with uncoded placement and one-shot delivery,

R∗A(m)=R
∗(m)=1−m1, (16)

wherem1<
K
i=2mi−1

K−2
.

Proof:Achievability: The caching scheme is provided in
Section V-C.Converse: The proof follows from the cut-set
bound in [6].
Finally, forK=3, we have the complete characterization
below.
Theorem 7: ForK =3,N ≥3, andm1≤m2≤m3,
the minimum worst-case D2D delivery load with uncoded
placement and one-shot delivery,

R∗A(m)= max
7

2
−
3

2
m1+m2+m3,3−2m1−m2−m3,

3

2
−
1

2
m1+m2+m3,1−m1 . (17)

Proof: Achievability: The proof is in Appendix A.
Converse: The proof is in Appendix B.

IV. GENERALCACHINGSCHEME

In the placement phase, we consider all feasible uncoded
placement schemes in which the whole library can be
retrieved utilizing the users’ cache memories via D2D delivery,
i.e., there must be no subfile stored at the server that is not
placed in the end nodes in pieces. The delivery phase consists
ofKtransmission stages, in each of which one of theKusers
acts as a “server”. In particular, in thejth transmission stage,
userjtransmits the signalsXj→T to the users in the sets
T φ[K]\{j}.

1

A. Placement Phase

The server partitions each fileWn into2
K−1subfiles,

W̃n,S,S φ [K], such thatW̃n,S denotes a subset of

1For convenience, we omit the subscriptdfromXj→T ,d whenever the
context is clear.
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Wn which is stored exclusively at the users in the setS.
The partitioning is symmetric over the files, i.e.,|̃Wn,S|=
aSFbits,∀n∈[N],wheretheallocation variableaS∈[0,1]
defines the size ofW̃n,S as a fraction of the file sizeF.
Therefore, the set of feasible uncoded placement schemes,
A(m),isdefinedby

A(m)= a∈[0,1]2
K

S φ[K]

aS=1,

S⊂[K]:k∈S

aS≤mk,∀k∈[K], (18)

where the allocation vectoraconsists of the allocation vari-
ablesaS,S φ[K], the first constraint follows from the fact
the whole library can be reconstructed from the users’ cache
memories, and the second represents the cache size constraint
at userk. More specifically, userkcache content is defined
as

Zk=
n∈[N]S⊂[K]:k∈S

W̃n,S. (19)

Next, we explain the delivery scheme for a three-user system
for clarity of exposition, then we generalize toK >3.

B. Delivery Phase: Three-User System

1) Structure ofXj→T :In the first transmission stage,
i.e.,j = 1, user1 transmits the unicast signals
X1→{2},X1→{3}, and the multicast signalX1→{2,3}to users
{2,3}. In particular, the unicast signalX1→{2}delivers the
subset ofWd2 which is stored exclusively at user1, i.e., sub-
fileW̃d2,{1}, in addition to a fraction of the subfile stored

exclusively at users{1,3}, which we denote byW
1→{2}
d2,{1,3}

.
In turn,X1→{2}is given by

X1→{2}=W̃d2,{1} W
1→{2}
d2,{1,3}

, (20)

whereW
1→{2}
d2,{1,3}

⊂W̃d2,{1,3}, such that|W
1→{2}
d2,{1,3}

|=u
1→{2}
{1,3} F

bits. That is, theassignment variableuj→TS ∈[0,aS]rep-
resents the fraction of the subfileW̃S which is involved in
the transmission from userjto the users inT. Similarly,
the unicast signalX1→{3}is given by

X1→{3}=W̃d3,{1} W
1→{3}
d3,{1,2}

, (21)

whereW
1→{3}
d3,{1,2}

⊂W̃d3,{1,2}, such that|W
1→{3}
d3,{1,2}

|=u
1→{3}
{1,2} F

bits.
The multicast signalX1→{2,3}is created by XORing the

piecesW
1→{2,3}
d2,{1,3}

,andW
1→{2,3}
d3,{1,2}

, which are assumed to have
equal size. That is,X1→{2,3}is defined by

X1→{2,3}=W
1→{2,3}
d2,{1,3}

⊕W
1→{2,3}
d3,{1,2}

, (22)

whereW
1→{2,3}
d2,{1,3}

⊂W̃d2,{1,3}andW
1→{2,3}
d3,{1,2}

⊂W̃d3,{1,2}.

From (20)-(22), we observe that subfileW̃d2,{1,3} con-
tributes to bothX1→{2},andX1→{2,3}. Additionally, in the

third transmission stage subfileW̃d2,{1,3}contributes to both

X3→{2},andX3→{1,2}. Therefore, in order to ensure that

W̃d2,{1,3}is delivered to user2,wehave

W
1→{2}
d2,{1,3}

W
1→{2,3}
d2,{1,3}

W
3→{2}
d2,{1,3}

W
3→{1,2}
d2,{1,3}

=W̃d2,{1,3},

(23)

W
1→{2}
d2,{1,3}

W
1→{2,3}
d2,{1,3}

W
3→{2}
d2,{1,3}

W
3→{1,2}
d2,{1,3}

=φ. (24)

2) Delivery Phase Constraints:Next, we describe the deliv-
ery phase in terms of linear constraints on the transmission
variablesvj→T and the assignment variablesuj→TS , which

represent|Xj→T |/Fand|W
j→T
di,S
|/F, respectively.

First, the structure of the unicast signals in (20) and (21) is
represented by

v1→{2}=a{1}+u
1→{2}
{1,3} , v1→{3}=a{1}+u

1→{3}
{1,2} .(25)

Similarly, for the second and third transmission stage, we have

v2→{1}=a{2}+u
2→{1}
{2,3} , v2→{3}=a{2}+u

2→{3}
{1,2} ,(26)

v3→{1}=a{3}+u
3→{1}
{2,3} , v3→{2}=a{3}+u

3→{2}
{1,3} .(27)

The structure of the multicast signal in (22) is represented by

v1→{2,3}=u
1→{2,3}
{1,3} =u

1→{2,3}
{1,2} . (28)

Similarly, for the second and third transmission stage, we have

v2→{1,3}=u
1→{2,3}
{2,3} =u

1→{2,3}
{1,2} , (29)

v3→{1,2}=u
3→{1,2}
{2,3} =u

3→{1,2}
{1,3} . (30)

Additionally, (23) and (24) ensure the delivery ofW̃d2,{1,3}to
user2. Hence, we have

u
1→{2}
{1,3} +u

1→{2,3}
{1,3} +u

3→{2}
{1,3} +u

3→{1,2}
{1,3} =a{1,3}. (31)

Similarly, for subfilesW̃d3,{1,2}andW̃d1,{2,3},wehave

u
1→{3}
{1,2} +u

1→{2,3}
{1,2} +u

2→{3}
{1,2} +u

2→{1,3}
{1,2} =a{1,2}, (32)

u
2→{1}
{2,3} +u

2→{1,3}
{2,3} +u

3→{1}
{2,3} +u

3→{1,2}
{2,3} =a{2,3}. (33)

Therefore, the set of feasible linear delivery schemes for a
three-user system is defined by (25)-(33), anduj→TS ∈[0,aS].

C. Delivery Phase:K-User System

In general, the unicast signal transmitted by userjto user
iis defined by

Xj→{i}=W̃di,{j}
S⊂[K]\{i}:j∈S,|S|≥2

W
j→{i}
di,S

, (34)

whereW
j→{i}
di,S

⊂W̃di,Ssuch that|W
j→{i}
di,S

|=u
j→{i}
S Fbits.

While, userjconstructs the multicast signalXj→T , such that
the piece intended for useri∈T, which we denote byWj→Tdi ,
is stored at users{j}∪(T\{i}).Thatis,Xj→T is constructed
using the side information at the sets

Bj→Ti S ⊂[K]\{i}:{j}∪(T\{i})⊂S ,(35)

which represents the subfiles stored at users{j}∪(T\{i})
and not available at useri∈T. In turn, we have

Xj→T =⊕i∈TW
j→T
di

=⊕i∈T

S∈Bj→Ti

Wj→Tdi,S . (36)
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Algorithm 1D2D Delivery Procedure

Input:d,a,u,v,andW̃n,S
Output:Xj→T ,∀j∈[K],∀T φ[K]\{j}
#Partitioning

1:for{S ⊂[K]:2≤|S|≤K−1}do
2: for{i∈[K]:i∈S}do
3: DivideW̃di,S intoW

j→T
di,S
,∀j∈S,∀T ⊂ {i}∪(S\

{j})s.t.i∈T, such that|Wj→Tdi,S |=u
j→T
S Fbits.

4: end for
5:end for
#Transmission stagej

6:forj∈[K]do
7: forT φ[K]\{j}do
8: ifT={i}then

9: Xj→{i}← W̃di,{j}
S⊂[K]\{i}j∈S,|S|≥2

W
j→{i}
di,S

10: else

11: Xj→T ←⊕i∈T
S∈Bj→Ti

Wj→Tdi,S

12: end if
13: end for
14:end for

Remark 2: The definition of the multicast signals in (36)
allows flexible utilization of the side-information, i.e.,Xj→T
is not defined only in terms of the side-information stored
exclusively at users{j}∪(T \{i})as in [6]. Further-
more, a delivery scheme with the multicast signalsXj→T =

⊕i∈TW
j→T
di,{j}∪(T\{i})

is suboptimal in general.

The set of feasible linear delivery schemes,D(a),isdefined
by

vj→{i}=a{j}+
S⊂[K]\{i}:j∈S,|S|≥2

u
j→{i}
S ,∀j∈[K],∀i∈T,

(37)

vj→T =

S∈Bj→Ti

uj→TS ,∀j∈[K],∀T φ[K]\{j},∀i∈T,

(38)

j∈ST ⊂{i}∪(S\{j}):i∈T

uj→TS =aS,∀i∈S,

∀S ⊂[K] s.t.2≤|S|≤K−1, (39)

0≤uj→TS ≤aS,∀j∈[K],∀T φ[K]\{j},∀S∈B
j→T ,

(40)

whereBj→T i∈TB
j→T
i . Note that (37) follows from

the structure of the unicast signals in (34), (38) follows
from the structure of the multicast signals in (36), (39)
generalizes the constraints in (31)-(33). The delivery procedure
is summarized in Algorithm 1.
Next example shows the suboptimality of delivery schemes

that do not allow flexible utilization of the side-information,
as pointed out in Remark 2. By contrast, our delivery scheme
achieves the delivery load memory trade-off with uncoded
placement,R∗A(m).

Fig. 3.  ExampleK=N=4,andm =[0.2,0.7,0.7,0.7].

Example 2: ForK=N=4andm =[0.2,0.7,0.7,0.7],
we haveR∗A,D(m)=R

∗
A(m)=1.05, and the optimal caching

scheme is as follows:
Placement Phase: Each fileWn is divided into seven
subfiles, such thata{1,2}=a{1,3}=a{1,4}=0.2/3,a{2,3}=
a{2,4}=a{3,4}=0.5/3, anda{2,3,4}=0.3.
Delivery  Phase:  We  have the  D2D transmissions
X2→{1}, X2→{1,3}, X2→{1,4}, X2→{3,4}, X3→{1},
X3→{1,2}, X3→{1,4}, X3→{2,4}, X4→{1}, X4→{1,2},
X4→{1,3},  and X4→{2,3}.  In  particular,  we  have
v2→{1}=v3→{1}=v4→{1}=0.4/3,v2→{1,3}=v2→{1,4}=
v3→{1,2}=v3→{1,4}=v4→{1,2}=v4→{1,3}=0.2/3, and
v2→{3,4}=v3→{2,4}=v4→{2,3}=0.25/3. More specifically,
the signals transmitted by user2are defined as follows

• |X2→{1}|/F=v2→{1}=u
2→{1}
{2,3} +u

2→{1}
{2,4} +u

2→{1}
{2,3,4}

=(0.05 + 0.05 + 0.3)/3.

• |X2→{1,3}|/F=v2→{1,3}=u
2→{1,3}
{1,2} =u

2→{1,3}
{2,3} =

0.2/3.

• |X2→{1,4}|/F=v2→{1,4}=u
2→{1,4}
{1,2} =u

2→{1,4}
{2,4} =

0.2/3.

• |X2→{3,4}|/F=v2→{3,4}=u
2→{3,4}
{2,3} =u

2→{3,4}
{2,4} =

0.25/3.

Note that the signals transmitted by users3and4have
similar structure to the signals transmitted by user2,which
are illustrated in Fig. 3. If we restrict the design of the D2D
signals to be in the form ofXj→T =⊕i∈TW

j→T
di,{j}∪(T\{i})

,
i.e., without the flexibility in utilizing the side information,
we achieve a delivery load equal to1.6compared with the
optimal loadR∗A(m)=1.05.

V. CACHINGSCHEME:ACHIEVABILITY

Next, we explicitly define the caching schemes that achieve
the delivery loads defined in Theorems 4, 5, and 6.
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A. Achievability Proof of Theorem 4

Next, we explain how the caching scheme in [6] can be
tailored to systems with unequal cache sizes. Recall that for
a homogeneous system wheremk=m,∀k, in the placement
phase,Wnis divided into subfiles̃Wn,S,S ⊂[K],where|S| ∈

{t, t+1}fort≤
K
k=1mk≤t+1andt∈[K−1][6]. More

specifically, subfiles stored at the same number of users have
equal size, i.e.,|̃Wn,S|=|̃Wn,S|if|S|=|S|.Inorderto
accommodate the heterogeneity incache sizes, we generalize
the placement scheme in [6], by allowing subfiles stored at
the same number of users to have different sizes. The delivery
procedure in [6] is generalized as follows. First, we further

divideW̃di,Sinto|S|pieces,W
j→S\{j}∪{i}
di,S

,j∈S, such that

W
j→S\{j}∪{i}
di,S

=
ηjF, if|S|=t.

θjF, if|S|=t+1.
(41)

The multicast signalXj→T is constructed such that the
piece requested by useriis cached by the remainingT\
{i}users. That is, userjtransmits the signalsXj→T =
⊕i∈TW

j→T
di,{j}∪T \{i}

,∀T ⊂[K]\{j}and|T | ∈ {t, t+1}.
For example, forK=4andt=2,wehave

Xj→{i1,i2}=W
j→{i1,i2}
di1,{j,i2}

⊕W
j→{i1,i2}
di2,{j,i1}

, (42)

Xj→{i1,i2,i3}=W
j→{i1,i2,i3}
di1,{j,i2,i3}

⊕W
j→{i1,i2,i3}
di2,{j,i1,i3}

⊕W
j→{i1,i2,i3}
di3,{j,i1,i2}

.

(43)

In turn, the D2D delivery load is given as

R∗A,D(m)=
K−1

t

K

j=1

ηj+
K−1

t+1

K

j=1

θj. (44)

Next, we need to chooseηjandθjtaking into account the
feasibility of the placement phase. To do so, we need to choose
a non-negative solution to the following equations

K−1

t−1
ηk+

K−2

t−2
i∈[K]\{k}

ηi+
K−1

t
θk

+
K−2

t−1
i∈[K]\{k}

θi=mk,∀k∈[K],(45)

K−1

t−1
i∈[K]

ηi+
K−1

t
i∈[K]

θi=1, (46)

which can be simplified to

K

i=1

ηi=
t+1−

K
i=1mk

K−1
t−1

, (47)

ηk+
K−t−1

t
θk=

1+(K−2)mk−
i∈[K]\{k}

mi

(K−t)K−1t−1
,∀k, (48)

By combining (44), (47), and (48), one can show that the D2D
delivery load is given as

R∗A,D(m)=
K−t

t
t+1−

K

k=1

mk

+
K−t−1

t+1

K

k=1

mk−t .(49)

Observe that there always exists a non-negative solu-
tion to (47) and (48), since we have(K−2)m1 ≥
K
k=2mk−1. For instance, one can assume that

K−1
t−1 ηk=

ρkt+1−
K
i=1mi, where

K
k=1ρk = 1 and0 ≤

ρk≤
1+(K−2)mk− i∈[K]\{k}mi

(K−t)(t+1−
K
i=1mk)

, which guarantee that

ηk,θk≥0.
Remark 3: For nodes with equal cache sizes, the proposed
scheme reduces to the scheme proposed in [6]. In particular,
formk=t/K,∀k,wegetθj=0,∀jandηj=1/t

K
t ,∀j.

B. Achievability Proof of Theorem 5

For(K−l−1)ml<
K
i=l+1mi−1and(K−l−2)ml+1≥

K
i=l+2mi−1,wherel∈[K−2], in the placement phase, each

fileWnis partitioned into subfilesW̃n,{i},i∈{l+1,...,K},

W̃n,{j,i},j∈[l],i∈{l+1,...,K},andW̃n,S,S ⊂{l+
1,...,K},|S|=2, which satisfy

K

j=l+1

a{j}=2−

K

k=1

mk, (50a)

S⊂{l+1,...,K}:|S|=2

aS=

K

i=l+1

mi−1, (50b)

K

j=l+1

a{i,j}=mj, i∈[l], (50c)

a{j}+
S⊂[K]:|S|=2,j∈S

aS=mj, j=l+1,...,K.(50d)

In particular, we choose any non-negative solution to (50) that
satisfies

1) Forj∈{l+1,...,K},a{i1,j}≤a{i2,j}ifi1<i2,
which is feasible becausemi1≤mi2.

2) For{i, j} ⊂{l+1,...,K},a{l,i}+a{l,j} ≤a{i,j},
which is also feasible because (K−l−1)ml <
K
i=l+1mi−1.

In the delivery phase, we have the following multicast
transmissions:

• Multicast to user 1:Forj∈{l+1,...,K}andi∈
[K]\{1,j}, we choosevj→{1,i}=a{1,j}.

K

j=l+1i∈[K]\{1,j}

vj→{1,i}=

K

j=l+1i∈[K]\{1,j}

a{1,j}

=(K−2)m1. (51)
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• Multicast to user 2:Forj∈{l+1,...,K}andi∈
[K]\{1,2,j}, we choosevj→{2,i}=a{2,j}.

K

j=l+1

vj→{1,2}+

K

j=l+1i∈[K]\{1,2,j}

vj→{2,i}

=

K

j=l+1

a{1,j}+

K

j=l+1i∈[K]\{1,2,j}

a{2,j}

=m1+(K−3)m2. (52)

• Multicast to userk∈{3,...,l}: Similarly, we have

K

j=l+1

vj→{1,l}+···+
K

j=l+1

vj→{k−1,l}

+

K

j=l+1i∈[K]\{1,...,k,j}

vj→{l,i}=

K

j=l+1

a{1,j}+...

+

K

j=l+1

a{k−1,j}+

K

j=l+1i∈[K]\{1,...,k,j}

a{l,j}

=
k−1

i=1

mi+(K−k−1)ml. (53)

• Multicast to users {l+1,...,K}:For{i1,i2} ⊂{l+
1,...,K}, wehavea{i1,i2}=vi1→{i2,j}+vi2→{i1,j},

∀j∈{l+1,...,K}\{i1,i2},i.e.,wehave(K−l−2)
K−l
2

equations in(K−l−2)K−l2 unknowns. In turn, we have

K

j=l+1S⊂{l+1,...,K}\{j}:|S|=2

vj→S

=
K−l−2

2
S⊂{l+1,...,K}:|S|=2

aS

=
K−l−2

2

K

i=l+1

mi−1. (54)

Therefore, the delivery load due to multicast transmissions is
given by

K

j=l+1S⊂[K]\{j}:|S|=2

vj→S

=

K

j=l+1 i∈[K]\{1,j}

vj→{1,i}+···+
i∈[K]\{1,...,l,j}

vj→{l,i}

+
S⊂{l+1,...,K}\{j}:|S|=2

vj→S

=

l

i=1

(K−i−1)mi+
K−l−2

2

K

i=l+1

mi−1.(55)

We also need the following unicast transmissions.

• Unicast to user1:

K

j=l+1

vj→{1}

=

K

j=l+1

a{j}+

l

i=2

K

j=l+1

(a{i,j}−a{1,j})

+
{i,j}⊂{l+1,...,K}

(a{i,j}−a{1,i}−a{1,j})= 2−

K

k=1

mk

+

l

i=2

mi+

K

i=l+1

mi−1−(K−2)m1=1−(K−1)m1.

(56)

• Unicast to user2:

K

j=l+1

vj→{2}=

K

j=l+1

a{j}+

l

i=3

K

j=l+1

(a{i,j}−a{2,j})

+
{i,j}⊂{l+1,...,K}

(a{i,j}−a{2,i}−a{2,j})

=1−(K−2)m2−m1. (57)

• Unicast to userk∈{3,...,l}: Similarly, we have

K

j=l+1

vj→{l}=1−(K−k)mk−mk−1−...−m1. (58)

• Unicast to users{l+1,...,K}:

K

j=l+1

K

i=l+1,i=j

vj→{i}=(K−l−1)

K

j=l+1

a{j}

=(K−l−1)2−

K

k=1

mk .(59)

Therefore, the delivery load due to unicast transmissions is
given by

K

j=l+1

K

i=1,i=j

vj→{i}=l−

l

i=1

(K+l−2i)mi

+(K−l−1)2−

K

k=1

mk . (60)

By adding (55) and (60), we get the total D2D delivery load
given by (15).

C. Achievability Proof of Theorem 6

For
K
i=1mi≥K−1, in the placement phase, each fileWn

is partitioned into subfilesW̃n,[K]\{i},i∈[K]andW̃n,[K],
such that

a[K]=

K

i=1

mi−(K−1), a[K]\{k}=1−mk, k∈[K].(61a)
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In the delivery phase, for(K−l−1)ml<
K
i=l+1mi−1

and(K−l−2)ml+1 ≥
K
i=l+2mi−1, wherel∈[K−2],

we have the following transmissions

XK→[i]=⊕k∈[i]W
K→[i]
dk,[K]\{k}

, i∈[l], (62)

Xj→[K]\{j}=⊕k∈[K]\{j}W
j→[K]\{j}
dk,[K]\{k}

, j∈{l+1,...,K}.

(63)

In particular, we have

vK→[i]=u
K→[i]
[K]\{k}=mi+1−mi,i∈[l−1],k∈[i],(64)

vK→[l]=u
K→[l]
[K]\{k}=

K
j=l+1mj−1−(K−l−1)ml

K−l−1
,

k∈[l], (65)

vj→[K]\{j}=u
j→[K]\{j}
[K]\{k} =

(K−l−1)mj+1−
K

i=l+1

mi

K−l−1
,

j∈{l+1,...,K}, k∈[K]\{j}. (66)

Therefore, the D2D delivery load is given by

R∗A,D(m) =vK→[l]+

l

i=1

vK→[i]+

K

j=l+1

vj→[K]\{j}, (67)

=1−m1. (68)

VI. OPTIMALITYWITHUNCODEDPLACEMENT AND
ONE-SHOTDELIVERY

In this section, we first prove the lower bound in Theorem 2.
Then, we  present the converse proofs for Theorems 3, 4,
and 5.

A. Proof of Theorem 2

First, we show that the D2D-based delivery assuming
uncoded placement and one-shot delivery can be represented
byK index-coding problems, i.e., each D2D transmission
stage is equivalent to an index-coding problem. In particular,
for any allocationa∈A(m), we assume that each subfile

W̃di,S consists of|S|disjoint piecesW̃
(j)
di,S
,j∈S, where

|̃W
(j)
di,S
|= a

(j)
S Fbits, i.e.,aS = j∈Sa

(j)
S . Additionally,

the file pieces with superscript(j)represent the messages in
thejth index-coding problem.
For instance, consider the first index-coding problem in

a three-user system, in which user1acts as a server, see

Fig. 4(a). User1needs to deliverW̃
(1)
d2,{1}

,̃W
(1)
d2,{1,3}

to user

2,andW̃
(1)
d3,{1}

,̃W
(1)
d3,{1,2}

to user3. User2has access to

W̃
(1)
d3,{1,2}

, and user3has access toW̃
(1)
d2,{1,3}

. The index
coding problem depicted in Fig. 4(a) can be represented by the
directed graph shown in Fig. 4(b), where the nodes represent

the messages and a directed edge from̃W
(1)
∗,StõW

(1)
di,∗
exists if

i∈S[8]. Furthermore, by applying the acyclic index-coding
bound [16, Corollary 1] on Fig. 4(b), we get

R(1)F≥

K−1

i=1 S⊂[K]:1∈S,{q1,...,qi}∩S=φ

|̃W
(1)
dqi,S
|, (69)

Fig. 4.  Index-coding problem forK=3,andj=1.

whereq∈P{2,3}[8], [9]. In particular, forK=3,wehave

R(1)F≥|W̃
(1)
d2,{1}

|+|̃W
(1)
d3,{1}

|+|̃W
(1)
d2,{1,3}

|,q=[2,3],(70)

R(1)F≥|W̃
(1)
d2,{1}

|+|̃W
(1)
d3,{1}

|+|̃W
(1)
d3,{1,2}

|,q=[3,2].(71)

Hence, for a given partitioninga
(j)
S , by taking the convex

combination of (70), and (71), we get

R(1)(a
(1)
S ,αq)≥2a

(1)
{1}+α[2,3]a

(1)
{1,3}+α[3,2]a

(1)
{1,2}, (72)

whereαq≥0,andα[2,3]+α[3,2]=1. Similarly, we have

R(2)(a
(2)
S ,αq)≥2a

(2)
{2}+α[1,3]a

(2)
{2,3}+α[3,1]a

(2)
{1,2}, (73)

R(3)(a
(3)
S ,αq)≥2a

(3)
{3}+α[1,2]a

(3)
{2,3}+α[2,1]a

(3)
{1,3}. (74)

Hence, for given a
(j)
S andαq, the D2D delivery load

3
j=1R

(j)(a
(j)
S ,αq)is lower bounded by the sum of the

right-hand side of (72)-(74). Furthermore, forK-user systems,

R(j)(a
(j)
S ,αq)is lower bounded by

R̃(j)(a
(j)
S ,αq) (K−1)a

(j)
{j}

+
S⊂[K]:j∈S,
2≤|S|≤K−1

K−|S|

i=1q∈P[K]\{j}:qi+1∈S,

{q1,...,qi}∩S=φ

iαqa
(j)
S .(75)

By taking the minimum over all feasible allocations and
partitions, we get

R∗A(αq)≥ min
a
(j)
S ≥0

K

j=1

R̃(j)(a
(j)
S ,αq) (76a)

subject to
S φ[K]j∈S

a
(j)
S =1, (76b)

S⊂[K]:k∈Sj∈S

a
(j)
S ≤mk,∀k∈[K].

(76c)
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The dual of the linear program in (76) is given by

max
λ0∈R,λk≥0

−λ0−

K

k=1

mkλk (77a)

subject toλ0+
k∈S

λk+γS≥0,∀S φ[K],(77b)

whereγS is defined in (12),λ0,andλkare the dual vari-
ables associated with (76b), and (76c), respectively. Finally,
by taking the maximum over all possible convex combinations
αq,∀q∈ P[K]\{j},∀j∈[K], we get the lower bound in
Theorem 2.

B. Converse Proof of Theorem 3

Next, we simplify the bound in Theorem 2 by averaging
over all permutationsq∈P[K]\{j}. In particular, by substi-
tutingαq=1/(K−1)!in Theorem 2, for2≤|S|≤K−1we
get

γS= min
j∈S

K−|S|

i=1 q∈P[K]\{j}:qi+1∈S,

{q1,...,qi}∩S=φ

i/(K−1)!, (78)

=

K−|S|

i=1

i

(K−1)!

K−|S|

i
i!(|S| −1) (K−i−2)!,(79)

=
(K−|S|)! (|S| −1)!

(K−1)!

K−|S|

i=1

i
K−i−2

|S| −2
, (80)

=
(K−|S|)! (|S| −1)!

(K−1)!

K−1

|S|
=
K−|S|

|S|
, (81)

where (79) follows from the number of vectorsq∈P[K]\{j}
such thatqi+1∈S,and{q1,...,qi}∩S=φ. In particular, for
givenj∈[K],S⊂[K]such thatj∈S,andi∈{1,...,K−
|S|},thereareK−|S|i i!choices for{q1,...,qi},(|S| −1)
choices forqi+1,and(K−i−2)!choices for the remaining
elements in[K]\{j}∪{q1,...,qi+1}. In turn, formk=
m, ∀k∈[K]and|S|=l,the lower bound in Theorem 2
simplifies to

R∗A(m)≥ max
λ0∈R,λ≥0

−λ0−Kmλ (82a)

subject toλ0+lλ+
K−l

l
≥0,∀l∈[K],(82b)

which implies

R∗A(m)≥max
λ≥0

min
l∈[K]

(K−l)/l+λl-Km , (83)

In particular, form=t/Kandt∈[K],wehave

R∗A(m)≥max
λ≥0

min (K−1)−(t−1)λ,...,

(K−t)/t,...,λK(1−m) =(K−t)/t, (84)

since this piecewise linear function is maximized by choosing
K

t(t+1) ≤λ
∗≤ K

t(t−1). In general, form =(t+θ)/Kand

0≤θ≤1,weget

R∗A(m)≥max
λ≥0

min ...,
K−t

t
−θλ,

K−t−1

t+1
−(1−θ)λ,... , (85)

=
K−t

t
−
θK

t(t+1)
=
K−t

t
−
(Km−t)K

t(t+1)
, (86)

which is equal to (13).

C. Converse Proof of Theorem 4

Similarly, fort≤
K
j=1mj≤t+1andαq=1/(K−1)!,

the lower bound simplifies to

R∗A(m)≥ max
λ0∈R,λj≥0

−λ0−

K

j=1

λjmj (87a)

subject toλ0+
i∈S

λi+
K−l

l
≥0,∀l∈[K],

(87b)

In turn, by choosingλj=λ,∀j,weget

R∗A(m)≥max
λ≥0

min
l∈[K]

(K−l)/l+λl−

K

j=1

mj .(88)

In particular, for
K
j=1mj=(t+θ)and0≤θ≤1,weget

R∗A(m)≥max
λ≥0

min ...,
K−t

t
−θλ,

K−t−1

t+1
−(1−θ)λ,... , (89)

=
K−t

t
−

θK

t(t+1)
, (90)

=
tK+(t+1)(K−t)

t(t+1)
−
K

K
j=1mj

t(t+1)
. (91)

D. Converse Proof of Theorem 5

By substituting,αq=1forj∈[l],q=[1,2,...,j−1,j+
1,...,K],andαq=1/(K−l−1)!forj∈{l+1,...,K},
q=[1,...,l,x],∀x∈P{l+1,...,K}\{j}, in Theorem 2, we get

γS

⎧
⎪⎪⎪⎪⎪⎪⎪⎪⎨

⎪⎪⎪⎪⎪⎪⎪⎪⎩

K−1,for|S|=1,
K+l(|S|−1) +|S|

|S|
, forS⊂{l+1,...,K}

and2≤|S|≤K−1,

min
i∈S
i−1, forS∩[l]=φand2≤|S|≤K−1,

0, forS=[K].

(92)

In particular, forS ⊂{l+1,...,K}and2≤|S|≤K−1,
we have

γS=

K−|S|

i=l

i(i−l)! (|S| −1)

(K−l−1)!

K−l−|S|

i−l
(K−i−2)!,(93)

=
K+l(|S|−1) +|S|

|S|
, (94)
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Fig. 5.  ComparingR∗A,D(m), lower bound onR
∗
A(m), and cut-set bound

in (95), forK=N=4,andmk=α mk+1.

where (93) follows from the number of vectorsq∈P[K]\{j}
such thatqk=k,∀k∈[l],qi+1∈S,and{ql+1,...,qi}∩S=
φ. More specifically, there areK−l−|S|

i−l (i−l)!choices for
{ql+1,...,qi},(|S| −1)choices forqi+1,and(K−i−2)!
choices for elements in[K]\{j}∪{q1,...,qi+1}.
In turn, based on (92), we can verify thatλ0=−(3K−

l−2)/2,λj=K−jforj∈[l],andλj=(K−l)/2for
j∈{l+1,...,K}, is a feasible solution to (11).
Remark 4: In this region, we achieve the tightest lower

bound by choosingαq, taking into consideration that the
delivery load depends on the individual cache sizes of the
users in[l]and the aggregate cache size of the users in
{l+1,...,K}.

VII. DISCUSSION

A. The D2D Delivery Load Memory Trade-Off

In Section III-B, we have characterized the D2D delivery
load memory trade-off with uncoded placement and one-shot
delivery,R∗A(m), for several special cases.
For general systems, we observe numerically that the pro-

posed caching scheme coincides with the lower bound in
Theorem 2. For example, in Fig. 5, we compare the D2D
delivery loadR∗A,D(m)achievable with our proposed caching
scheme with the lower bound onR∗A(m)in Theorem 2, for
K=N=4andmk=α mk+1, and observe they coincide.
We also compare the achievable delivery load with a straight
forward generalization of the cut-set bound in [6] for unequal
caches, which given by

R∗(m,N)≥max
s∈[K]

s−N
s
i=1mi
N/s

. (95)

From Fig. 5, we observe that in general a gap exists between
the cut-set bound in (95) andR∗A(m), except for the case in
Theorem 6.

B. Comparison Between Server-Based and D2D-Based
Delivery Loads

By comparing the server-based system [4], [15] delivery
load and D2D-based system delivery load, we observe the
following:

• The  D2D-based  delivery load  memory trade-off
with  uncoded  placement  and  one-shot  delivery,
R∗A,D2D(K,

mtot
K ), for a system withK users and equal

cache sizem = mtot/K, is equal to the server-based
delivery load  memory trade-off assuming uncoded
placement for a system withK−1users and cache
sizem = (mtot−1)/(K−1), which we denote by
R∗A,Ser(K−1,

mtot−1
K−1)[4]. In particular, formtot∈[K],

we have

R∗A,Ser K−1,
mtot−1

K−1
=
(K−1)(1−mtot−1K−1)

1+(K−1)(mtot−1K−1)
=
1−mtotK
mtot
K

=R∗A,D2D K,
mtot
K

. (96)

• From Theorem 4, we conclude that ifmtot
K
k=1mk

andm1≥(mtot−1)/(K−1), then the D2D delivery load
memory trade-off with uncoded placement and one-shot
delivery,R∗A,D2D(K,m), for a system withK users
and distinct cache sizesm, is equal toR∗A,D2D(K,

mtot
K ).

In turn, ifm1≥(mtot−1)/(K−1),thenR
∗
A,D2D(K,m)=

R∗A,Ser(K−1,
mtot−1
K−1).

• For aK-user D2D system withmK =1,userK has
access to the whole library and is able to deliver all
the missing pieces to the other users. In turn, the D2D
delivery loadR∗A,D2D(K,[m1,...,mK−1,1])is equal to
R∗A,Ser(K−1,[m1,...,mK−1]). For example, forK=3,
we have

R∗A,D2D(3,[m1,m2,1]) =R
∗
A,Ser(2,[m1,m2])

=max{2−2m1−m2,1−m1}.(97)

C. Non-Uniform File Popularity

Previous works on non-uniform file popularity [33]–[37]
have considered minimizing the average delivery load over all
possible demands in the shared-bottleneck model [4]. Different
strategies for grouping the files according to their popularity
have been proposed in [33]–[37]. In particular, reference
[35] has shown that dividing the files into two groups and
caching only the group of popular files is order-optimal. The
scheme in [35] and our proposed scheme can be combined,
where we only consider the most popular files. However,
the server may need to participate in the delivery phase in
order to deliver the file pieces that are not cached by any user.
Analyzing this trade-off between the D2D delivery load and
the delivery load on the server is an interesting future research
direction.

D. Connection Between Coded Distributed Computing and
D2D Coded Caching Systems

In coded distributed computing (CDC) systems, the com-
putation of a function over the distributed computing nodes is
executed in two stages, namedMapandReduce[39]. In the
former, each computing node maps its local inputs to a set of
intermediate values. In order to deliver the intermediate values
required for computing the final output at each node, the nodes
create multicast transmissionsby exploiting the redundancy in
computations at the nodes. In the latter, each node reduces the

Authorized licensed use limited to: Penn State University. Downloaded on May 26,2020 at 20:28:15 UTC from IEEE Xplore.  Restrictions apply. 



2760 IEEE TRANSACTIONS ON COMMUNICATIONS, VOL. 68, NO. 5, MAY 2020

intermediate values retrieved from the multicast signals and
the local intermediate values to the desired final outputs.
For CDC systems where the nodes are required to compute

different final outputs and eachof the final outputs is computed
by one node only, the CDC problem can be mapped to a D2D
coded caching problem, wherethe cache placement scheme
is uncoded and symmetric over the files [39], [41]. Therefore,
the D2D caching scheme proposed in this work can be utilized
in heterogeneous CDC systems where the nodes have varying
computational/storage capabilities [42]. The mapping between
the two problems is described in the following remark.
Remark 5: A D2D caching system withK users,N files,
each with sizeFsymbols, wheremkis the normalized cache
size at userk, corresponds to a CDC system withKnodes,F
files,Nfinal outputs, whereM̃k=mkFis the number of files
stored at nodek. More specifically, in the map stage, nodek
computesN intermediate values for each cached file. In the
reduce stage, nodekcomputesN/Kfinal outputs from the
local intermediate values combined with those retrieved from
the multicast signals.
Remark 6: Reference [42] derived the optimal communica-

tion load in a heterogeneous CDC system consisting of three
nodes with different computational/storage capabilities. As a
consequence of Remark 5, the optimal communication load
found in [42] is the same as the minimum worst-case D2D
delivery load with uncoded placement in Theorem 7.

VIII. CONCLUSION

In this paper, we have proposed a coded caching scheme that
minimizes the worst-case delivery load for D2D-based content
delivery to users with unequal cache sizes. We have derived
a lower bound on the delivery load with uncoded placement
and one-shot delivery. We have proved the optimality of
our delivery scheme for several cases of interest. In par-
ticular, we explicitly characterizeR∗A(m)for the following

cases: (i) mk=m,∀k, (ii)(K−2)m1≥
K
k=2mk−1,

(iii)
K
k=1mk≤2,(iv)

K
k=1mk≥K−1,and(v)K=3. More

specifically, formk=m,∀k, we have shown the optimality
of the caching scheme in [6]. We have also shown that the
minimum delivery load depends on the sum of the cache sizes
and not the individual cache sizes if the smallest cache size
satisfies(K−2)m1≥

K
k=2mk−1.

In the small total memory regime where
K
k=1mk≤2,

we have shown that there existK−1levels of heterogeneity
and in thelth heterogeneity levelR∗A(m)depends on the
individual cache sizes of users{1,...,l}and the sum of the
cache sizes of remaining users. In the large total memory
regime where

K
k=1mk≥K−1and(K−2)m1<

K
k=2mk−1,

we have shown that our caching scheme achieves the minimum
delivery load assuming general placement and delivery. That
is, it coincides with the cut-set bound [6]. We have articulated
the relationship between the server-based and D2D delivery
problems. Finally, we have discussed the coded distributed
computing (CDC) problem [39] and how our proposed D2D
caching scheme can be tailored for heterogeneous CDC sys-
tems where the nodes have unequal storage.

Future directions include considering multi-shot schemes
that utilize previous transmitted signals in delivery, hetero-
geneity in cache sizes and nodecapabilities for hierarchical
cache-enabled networks, and general network topologies.

APPENDIXA
ACHIEVABILITYPROOF OFTHEOREM7

RegionI:1≤m1+m2+m3≤2andm1≥m2+m3−1

In this region, we show that there exists a feasible solution
to (5) that achievesR∗A,D(m) =

7
2−

3
2 m1+m2+m3.

In particular, we consider the caching schemes described by
v1→{2} = v1→{3} = a{1},v2→{1} = v2→{3} = a{2},
v3→{1} = v3→{2} = a{3},v1→{2,3}+v2→{1,3} = a{1,2},
v1→{2,3}+v3→{1,2}=a{1,3},v2→{1,3}+v3→{1,2}=a{2,3},
anda{1,2,3}=0. In turn, the placement feasibility conditions
in (18) reduce to

v1→{2,3}+v2→{1,3}+v3→{1,2}=
m1+m2+m3−1

2
,(98a)

a{1}+v1→{2,3}=
m1+1−m2−m3

2
,(98b)

a{2}+v2→{1,3}=
m2+1−m1−m3

2
,(98c)

a{3}+v3→{1,2}=
m3+1−m1−m2

2
.(98d)

Note that any caching scheme satisfying (98), achieves the
D2D delivery load

R∗A,D(m)=2a{1}+a{2}+a{3} +v1→{2,3}+v2→{1,3}

+v3→{1,2}=
7

2
−
3

2
m1+m2+m3. (99)

In turn, we only need to choose a non-negative solution to (98),
for instance we can choosea{j}=ρj2−m1−m2−m3,

such that 3
j=1ρj=1,and0≤ρj≤

2mj+1−
3
i=1mi

22−
3
i=1mi

.

RegionII:1≤m1+m2+m3≤2andm1< m2+m3−1

In this region, we achieve the  D2D delivery load
R∗A,D(m)=3−2m1−m2−m3, by considering the caching
schemes described byv1→{2} = v1→{3} = a{1} = 0,
v2→{1}=v2→{3}=a{2},v3→{2}=a{3},v3→{1}=a{3}+
a{2,3}−a{1,2}−a{1,3},v1→{2,3}=0,v2→{1,3}=a{1,2},
v3→{1,2}=a{1,3},a{2,3}=m2+m3−1anda{1,2,3}=0.
Hence, we only need to choose a non-negative solution to the
following equations

a{2}+a{1,2}=1−m3, (100)

a{3}+a{1,3}=1−m2, (101)

a{1,2}+a{1,3}=m1, (102)

which follows from (18). Note that any non-negative solution
to (100), achievesR∗A,D(m) =3−2m1−m2−m3.For
instance, we can choosea{1,3}=0whenm1+m3≤1and
a{2}=0whenm1+m3>1.
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RegionIII:m1+m2+m3>2andm2+m3≤1+m1

In order to achieveR∗A,D(m) =
3
2−

1
2 m1+m2+m3,

we consider the caching scheme described byv1→{2,3}=
(m1+1−m2−m3)/2,v2→{1,3}=(m2+1−m1−m3)/2,
v3→{1,2}=(m3+1−m1−m2)/2,a{1,2}=1−m3,a{1,3}=1−m2,
a{2,3}=1−m1,anda{1,2,3}=m1+m2+m3−2.

RegionIV:m1+m2+m3>2andm2+m3>1+m1

Finally,R∗A,D(m)=1−m1is achieved bya{1,2}=1−m3,
a{1,3}=1−m2,a{2,3}=1−m1,a{1,2,3}=m1+m2+m3−2,
v3→{1}=m2+m3−m1−1,v2→{1,3}=1−m3,andv3→{1,2}=
1−m2.

APPENDIXB
CONVERSEPROOF OFTHEOREM7

By substitutingαq =1/2,∀q∈ P[3]\{j},∀j∈ [3] in
Theorem 2, we get

R∗A(m)≥ max
λ0∈R,λk≥0

−λ0−λ1m1−λ2m2−λ3m3 (103a)

subject toλ0+λj+2≥0,∀j∈[3],(103b)

λ0+λi+λj+1/2≥0,

∀i∈[3], j=i, (103c)

λ0+λ1+λ2+λ3≥0. (103d)

By choosing two feasible solutions to (103), we get

R∗A(m)≥max
7

2
−
3

2
m1+m2+m3,

3

2
−
1

2
m1+m2+m3 . (104)

Similarly, by substitutingα[2,3] = α[1,3] = α[1,2] =1 in
Theorem 2, we can show that

R∗A(m)≥max{3−2m1−m2−m3,1−m1}. (105)
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