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Abstract

Aims Determining the ecological consequences of interactions between slow changes in long-term climate means and amplified variability
in climate is an important research frontier in plant ecology. We combined the recent approach of climate sensitivity functions with a revised
hydrological ‘bucket model’ to improve predictions on how plant species will respond to changes in the mean and variance of groundwater
resources.

Methods We leveraged spatiotemporal variation in long-term datasets of riparian vegetation cover and groundwater levels to build the first
groundwater sensitivity functions for common plant species of dryland riparian corridors. Our results demonstrate the value of this approach
to identifying which plant species will thrive (or fail) in an increasingly variable climate layered with declining groundwater stores.

Important Findings Riparian plant species differed in sensitivity to both the mean and variance in groundwater levels. Rio Grande
cottonwood (Populus deltoides ssp. wislizenii) cover was predicted to decline with greater inter-annual groundwater variance, while

coyote willow (Salix exigua) and other native wetland species were predicted to benefit from greater year-to-year variance. No non-native
species were sensitive to groundwater variance, but patterns for Russian olive (Elaeagnus angustifolia) predict declines under deeper mean
groundwater tables. Warm air temperatures modulated groundwater sensitivity for cottonwood, which was more sensitive to variability in
groundwater in years/sites with warmer maximum temperatures than in cool sites/periods. Cottonwood cover declined most with greater
intra-annual coefficients of variation (CV) in groundwater, but was not significantly correlated with inter-annual CV, perhaps due to the short
time series (16 years) relative to cottonwood lifespan. In contrast, non-native tamarisk (Tamarix chinensis) cover increased with both intra-
and inter-annual CV in groundwater. Altogether, our results predict that changes in groundwater variability and mean will affect riparian plant
communities through the differential sensitivities of individual plant species to mean versus variance in groundwater stores.
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INTRODUCTION

Understanding the environmental factors that constrain plant growth
is a major goal in plant ecology and has become especially important
for predicting how species will respond to climate change. While many
studies have investigated how changes in mean climate variables, such
as temperature or precipitation, affect ecological responses, the impacts
of environmental variance around the mean are poorly understood
(reviewed by Vazquez et al. 2017). Many climate models predict
increases in year-to-year variability in climate (Fischer et al. 2013;
Gutzler and Robbins 2011), and increasing seasonal variability has been
documented even where the mean climate has not changed (Petrie
et al. 2014). Determining the ecological consequences of interactions
between slow changes in long-term climate means and amplified
intra- or inter-annual variance in climate is thus an important research
frontier (Lawson et al. 2015b; Vazquez et al. 2017). For example, the
interaction between increasingly variable precipitation and warmer
temperatures may increase evapotranspiration rates and dry soils
(Seager et al. 2013). The effects of climate variability, and inter-
annual variability in particular, are difficult to predict in part because
experimentation would require long-term manipulations. However,
observational data over spatiotemporally variable climates can be
leveraged to predict the potential for interactions between the mean
and variability in abiotic drivers of vegetation, such as precipitation.

Climate sensitivity functions have been proposed as a tool for
understanding the relationship between environmental variance
and ecological responses (Rudgers et al. 2018). A sensitivity function
depicts the complex relationship between an ecological response
(e.g. plant species cover) and its climatic driver (e.g. precipitation or
groundwater availability; Fig. 1). The function captures nonlinear
ecological responses to climate variables (Huxman et al. 2004) because
sensitivity is characterized by the shape of the curve, rather than by
the conventionally used slope of a linear relationship (e.g. Munson
2013, Fig. 1a). When a sensitivity function is linear, increases in the
variance of the climate driver alone should not change the ecological
outcome (Fig. 1b). However, when a sensitivity function is nonlinear,
increased variance of the driver can alter the long-term ecological
outcome, even if mean climate does not change (Lawson et al.
2015b)—the mathematical principle of Jensen’s Inequality. A concave
function (Fig. 1c) yields net negative effects of increasing variance,
because low values of the climate variable (e.g. low precipitation)
cause large decreases in the ecological response (e.g. plant cover),
while high values of the climate variable (e.g. high precipitation) cause
only small increases. In contrast, a convex function results in a net
positive influence of increasing variance (Fig. 1d), because increases
in the ecological response during wet conditions are greater than the
losses during dry conditions. If the function changes concavity over the
full range of the climatic driver (Fig. le), then variance in the driver
could have positive or negative effects depending on the mean, because
the mean and variance interact. The magnitude of a species’ sensitivity to
variance in climate is thus predicted by the shape of the nonlinearity in
the sensitivity function (Rudgers ef al. 2018).

Identifying nonlinear climate sensitivities requires long time
series over naturally or experimentally variable climates (Vazquez
et al. 2017), which are difficult to achieve in field experiments.
Careful laboratory experiments that expose species to a wide range of
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environmental conditions can be valuable for characterizing sensitivity
(Lawson et al. 2015b), but are impractical for large, long-lived species.
Direct field manipulations of climate variance are possible (Gherardi
and Sala 2015) but require long-term investment, are very expensive
for large plants like trees (Pangle ef al. 2015) and are exceedingly rare.
Using observational data to construct climate sensitivity functions can
generate initial predictions on future ecological responses to changes
in both the mean and variance in the environment (Rudgers et al.
2018). Insight from climate sensitivity functions could be useful in
conservation and management to identify species that will thrive (or
fail) in an increasingly variable climate.

In addition to the mathematics of climate sensitivity functions, the
ecohydrological bucket model also predicts sensitivities of plant species
to increasing variability in water resources (Fig. 2). The bucket model
hypothesizes that a species’ response to climate variance depends
not only upon mean climate (as also occurs with climate sensitivity
functions) but also on species” individual stress tolerance thresholds
(Knapp et al. 2008; Thomey et al. 2011). Where mean water levels
are within the optimal thresholds for a plant species, increasing the
variability in water resources can push a plant species outside of
its optimal range. Thus, increasing variability around the mean is
predicted to be costly. In contrast, where mean water levels fall outside
of a species’ stress threshold (too dry or too wet), increasing variability
can push water availability into the optimal range. Therefore, an
increase in the variability of water stores benefits the plant by creating
favorable conditions more often.

Within an ecosystem, plant species may differ in their stress
tolerance thresholds, dependent on their life history, root structure
or provenance (Silvertown et al. 2015; Stromberg 2013). Therefore,
each species may respond differently to increasing variance in water
resources. For example, tree species diverge in rooting depth, thereby
experiencing different stress thresholds for groundwater availability
(Fan et al. 2017). Similarly, non-native plant species that differ in
provenance because they evolved in different locations can diverge in
their traits and stress tolerance thresholds from the native community
(Drenovsky et al. 2012; Glenn and Nagler 2005; van Kleunen et al.
2010). Understanding how differences among plant species interact
with mean climate has improved predictions on the impacts of species
invasions on ecosystem processes (Martin et al. 2017). Although
differences among plant species in resource acquisition traits are
common knowledge, the influence of these species differences
on sensitivity to variance in water resources has received much less
attention (Xi et al. 2018). We propose that combining the approach
of climate sensitivity functions (Fig. 1) with the bucket model (Fig. 2)
can improve predictions on how plant species will respond to future
changes in both the mean and variance of water resources.

Variability can occur at different time scales, including intra-annual
variability caused by seasonal changes and inter-annual variability
caused by climate phenomena such as the El Nifio Southern Oscillation
or Pacific Decadal Oscillation as well as by anthropogenic climate
change. Both time scales have been predicted to increase in variability
under recent climate models (Fischer et al. 2013; Gutzler and Robbins
2011; IPCC 2014). Some experiments have manipulated variability
at one scale and detected plant responses. For example, Knapp et al.
(2002) altered intra-annual precipitation in a tallgrass prairie and
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Figure 1: Hypothesized types of GSFs. The relationship between an
environmental driver (e.g. groundwater availability) and an ecological
response (e.g. plant cover) may appear linear under ‘normal’ conditions
that have low variability in groundwater (a). If the function remains linear
over a wide range of groundwater levels (b), then increased variability
will not affect plant cover. If the function is concave over a wide range
of groundwater levels (c), then gains in plant cover during wet conditions
are smaller than losses during dry conditions; the net effect is a decline in
plant cover. If the function is convex (d), then gains in plant cover during
wet conditions are larger than losses during dry conditions; there is a net
gain in plant cover. If the function changes concavity across the range of
groundwater levels (e), the effect of variability in groundwater interacts
with the mean (mean x variance interaction).
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found that increased intra-annual variance reduced aboveground net
primary production. Gherardi and Sala (2015) altered inter-annual
variance in rainfall, which also decreased total primary production.
However, dominant plant species responded divergently: the dominant
shrub benefitted from increased inter-annual variance, whereas the
dominant grass declined (Gherardi and Sala 2015). Investigating both
temporal scales of variability is valuable because the sensitivity of
plants could depend on the scale at which variability occurs. While
experiments have thus far focused on a single time scale, observational
data provide opportunities to explore both inter- and intra-annual
variation.

Here, we leveraged spatial and temporal variation in a long-term
dataset of riparian vegetation cover and groundwater levels to explore
the relationships between mean and variance of groundwater and
both inter- and intra-annual variability. In dryland riparian forests,
water resources are primarily driven by the shallow water table, which
varies with changes in stream flow at both seasonal and annual scales.
Riparian plant communities have been shown to be sensitive to seasonal
variance in water availability in a few studies (Katz et al. 2012; Lawson
et al. 2015a). By building the first groundwater sensitivity functions (GSFs)
for common plant species of dryland riparian corridors, our goals were
to investigate how much plant species differ in sensitivities and predict
which plant species will be winner or losers under future increases in
environmental variability. Our case study was the Middle Rio Grande
riparian corridor in central New Mexico. Arid rivers experience
large variability in both local climate and the climate of their upper
watersheds, and these ecosystems are expected to become increasingly
more variable in the future (Gurnell ef al. 2012; Osterkamp and Hupp
2010). We combined information on variability across time with
spatial variability along a 110 km stretch of the Rio Grande to generate
predictions on plant species sensitivity to groundwater across a wide
range of possible groundwater conditions. We used this spatiotemporal
approach to address the following questions. (i) Do riparian plant
species differ in sensitivity to the mean or variance in groundwater
levels? (ii) At what temporal scale (intra- vs. inter-annual) is variance
in groundwater most important to riparian plant species?

MATERIALS AND METHODS

Study sites

Groundwater, precipitation and vegetation cover data were collected
as part of the Bosque Ecosystem Monitoring Program (BEMP) in the
Middle Rio Grande Valley of New Mexico (bemp.org). BEMP monitors
county, state, federal and tribal land along 420 km of the Rio Grande;
we used data from 22 sites spanning 110 km (Supplementary Table
S1 and Fig. S1). Sites had to have at least 2 years of plant cover and
groundwater data to be included in analysis.

Study design

Each BEMP site (Supplementary Fig. S2) is 100 m x 200 m, with
the 200 m side running north-south in parallel to the Rio Grande.
Each site is divided into ten equal 20 m x 100 m sections and a 30 m
vegetation transect is randomly placed within each section, running
east to west. Each BEMP site has two rain gauges and five groundwater
wells (Supplementary Fig. S2, described below).

Vegetation monitoring

Vegetation monitoring began in 2000 at seven sites and continued to
the present; new sites were included in annual monitoring as they
were established (Supplementary Table S1). This analysis used data
from 2000 through 2015. We monitored ten vegetation transects
per site (Supplementary Fig. S2) once annually during peak biomass
production (August-September). Plants were monitored using
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Figure 2: A revised bucket model for predicting plant responses to groundwater variability from species-specific stress tolerance thresholds. Here, we illustrate
how two codominant species (cottonwood vs. willow) can diverge in responses to environmental variability. At low groundwater variability (blue line), the
water table remains within optimal levels for both cottonwood and willow, and variability in water availability should have little impact on plant growth.
At high groundwater variability (orange line), groundwater levels frequently fall outside the tolerance threshold for cottonwood, reducing plant growth;
however, groundwater levels fall more frequently within the optimal threshold for willow, thereby increasing plant growth.

line-intercept sampling. For each plant species that crossed a transect,
we recorded species identity and the length of the transect covered in
cm. When individual plants of the same species overlapped, cover was
recorded as continuous; therefore, total cover for a single species never
exceeded 3000 cm per transect. For plants <1 m tall (predominantly
grasses and forbs), we excluded gaps <1 cm between individuals of the
same species, and recorded plant cover as continuous. For plants 1-3
m tall, we excluded gaps of <10 cm between individuals of the same
species. For plants taller than 3 m (predominantly canopy trees), we
excluded gaps of <1 m. We then summed the transect length covered
by each individual plant species over the 30 m transect and divided
by 30 to obtain plant cover per meter for each plant species. Transect
identity was our smallest unit of observation; thus, we had 10 samples
per site per year.

Groundwater

Each BEMP site included five groundwater wells: one located in the
center of the site and the other four installed 40 m from the center
in each of the four cardinal directions (Supplementary Fig. S2). We
measured depth to groundwater (cm) at each well monthly using a
Solinst water level meter (Georgetown, Ontario, Canada), subtracting
the aboveground height of the well from the total measurement. Wells
were constructed and installed using published methods (Martinet et al.
2009). We averaged the five wells within each BEMP site to obtain the
arithmetic mean depth to groundwater for each month of observation.
Monthly groundwater levels were then averaged to estimate mean
annual groundwater level for each site.

Climate

Temperature data came from the PRISM database (PRISM Climate
Group 2019). We obtained annual and monthly temperature and
precipitation data at the 4 km spatial resolution. Annual values were
used for minimum, maximum and average daily temperatures and
cumulative precipitation at each BEMP site.

Data analysis: the changing groundwater context

We investigated temporal trends in groundwater depth and intra-
annual variability across the monitoring period at the four sites with
groundwater records that spanned the full time series from 2000 to
2015. We averaged groundwater depth and intra-annual variability
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across the four sites and used a linear model to determine the temporal
trends for each variable. We also investigated the relationship between
groundwater and stream flow using a linear model (Supplementary
Fig. S3). BEMP reports stream flow data from United States Geological
Survey stream flow gauges nearest the site for the day of each
groundwater data collection.

Do riparian plant species differ in sensitivity to the mean or
variance in groundwater levels?

We examined the nine most common plant species within our study
sites to avoid zero-inflated data (Fig. 3). This set included both native
and non-native species as well as non-wetland, obligate wetland and
facultative wetland species. We used model selection procedures to
determine the best GSF for each species based on the relationship
between groundwater depth and plant cover (Burnham and Anderson
2002). We compared linear, non-linear models and models including
only random intercepts against models including both random slopes
and random intercepts for the individual sites. Mixed effects models
were fit via maximum likelihood using the /me4 package in R (Bates
etal. 2015). We included the random effects of site and year to account
for non-independence of observations. We selected the best model
using the second-order Akaike information criterion (AICc) and
determined marginal R? values with piecewiseSEM (Lefcheck 2016).
We also considered an alternative approach to nonlinearity suggested
by Pearse et al. (2018) that uses log-linear models, but found equal or
better model fits via AICc for the quadratic model approach suggested
by Rudgers et al. (2018). Where variability in temperature interacted
with groundwater levels, we split the dataset by median maximum
temperature, binning data into hot versus cold years/sites. Then, we
examined the relationship between mean groundwater depth and
plant cover for each temperature bin. Plant and groundwater datasets
are available at bemp.org. R code and processed data are accessible
through the Environmental Data Initiative. Data can be found at the
Environmental Data Initiative (Eichhorst 2020).

At what temporal scale (intra- vs. inter-annual) is variance in
groundwater most important to riparian plant species?

We compared the importance of inter-annual versus intra-annual
variance in groundwater within long-term BEMP sites using mixed
effects models in the /me4 package in R (Bates et al. 2015). Models
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Figure 3: Mean plant cover across all sites and years for the 12 most abundant species across BEMP sites in the Middle Rio Grande Valley of New Mexico.
Native species are cottonwood (Populus deltoides ssp. wislizenii), yerba mansa (Anemopsis californica), coyote willow (Salix exigua), scratchgrass (Muhlenbergia
asperifolia), New Mexico olive (Forestiera pubescens), saltgrass (Distichlis spicata) and sedges (Carex spp.). Non-native species are Siberian elm (Ulmus pumila),

Russian olive (Elaeagnus angustifolia), tamarisk (Tamarix chinensis), kochia (Bassia scoparia) and Russian thistle (Salsola tragus).
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Figure 4: Trends in groundwater mean and variability in the Middle Rio Grande Valley. Depth to groundwater and groundwater variability over time
averaged from the four BEMP sites with complete groundwater data from 2000 to 2015 (sites 1-4, see Table 1). (a) Average annual groundwater depth
increased from 2000 to 2015 (slope = 1.39, R = 0.37, P = 0.01). (b) Intra-annual variability in groundwater depth did not change significantly in that time

(slope = 0.0002, R = 0.006, P = 0.7).

predicted plant cover as a function of either the intra- or inter-annual
coefficient of variation (CV) in groundwater depth for each BEMP site.
Because inter-annual variability could be calculated for every site except
site 30, which had only 2 years of groundwater data (Supplementary
Table S1), we used the same subset of 21 sites for all analyses. Inter-
annual variation at each site was calculated for sites with >5 years of
data using mean annual groundwater levels. Intra-annual variation
was calculated at each site for every year of data using mean monthly
groundwater levels. We fit linear models of plant cover separately at
each temporal scale with maximum likelihood, and again, models
included the random effects of site and year to account for the non-
independence of observations. Then, we compared model fits for each
temporal scale using model selection based on the second-order AICc.

RESULTS

The changing groundwater context

Groundwater depth varied both seasonally and annually, and the
annual changes in groundwater depth correlated positively with
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changes in stream flow (Supplementary Fig. S3). Between 2000 and
2015, mean average depth to groundwater across the four longest
running sites significantly decreased (Fig. 4a; R = 0.37, P = 0.01). In
contrast, intra-annual variability in groundwater depth did not change
significantly during this time period (Fig. 4b; R* = 0.006, P = 0.70).

Do riparian plant species differ in sensitivity to the mean or
variance in groundwater levels?

The bucket model predicts that plant species have divergent responses to
increases in environmental variability, and our observations supported
this prediction. The predicted ecological impact of changes in the
mean and variance of a climatic driver is derived from the linear slope
(predicts response to mean) and the nonlinear shape (predicts response
to variance) of the GSF (Fig. 1). Of the nine riparian plant species we
investigated, four had significantly nonlinear relationships between
cover and groundwater, one had a linear relationship and four were
insensitive (n.s.) to the observed range of groundwater levels (Fig. 5).
The three native, woody species [Rio Grande cottonwood (Populus
deltoides ssp. wislizenii), coyote willow (Salix exigua) and New Mexico
olive (Forestiera pubescens)] diverged the most in their GSF (Fig. 5).
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Figure 5: GSFs for the nine most abundant plant species across the Middle Rio Grande Valley of New Mexico. Concave functions predict a negative response
to groundwater variability, whereas convex functions predict a positive response to variability (see Fig. 1). Linear functions indicate sensitivity to mean
groundwater levels, but not to groundwater variability. Native species are cottonwood (Populus deltoides ssp. wislizenii), coyote willow (Salix exigua), New
Mexico olive (Forestiera pubescens), yerba mansa (Anemopsis californica) and scratchgrass (Muhlenbergia asperifolia). Non-native species are Siberian elm (Ulmus
pumila), Russian olive (Elaeagnus angustifolia), tamarisk (Tamarix chinensis) and kochia (Bassia scoparia).

Cottonwood had a concave GSF that indicated increasingly variable
groundwater levels could be costly (marginal R* = 0.07, conditional
R?>=0.92, P<0.0001; Fig. 5a, Table 1). The previous year’s groundwater
level was a better predictor of cottonwood cover than the current year
(AAICc= 25, Table 1), and cottonwood was the only species for which
the best GSF used groundwater lagged 1 year behind plant cover. In
addition, including average maximum temperature improved the
model fit for cottonwood (AAICc= 11, marginal R* = 0.11, conditional
R?> = 0.93, X°>=11.88, P = 0.0005) and revealed that the relationship
between groundwater and cottonwood cover was non-significant in
years/sites with cooler temperatures (Fig. 6a, P = 0.14), but strong in
years/sites with warmer temperatures (Fig. 6b, P = 0.0006).

In contrast to cottonwood, coyote willow had a convex GSF
(Fig. 5b), with more cover at either the highest or lowest water table
depths and reduced cover in the middle depths (marginal R* = 0.11,
conditional R? = 0.88, P < 0.0001), where cottonwood had the greatest
cover. Maximum temperature did not improve the predictive power
of the model for willow (AAICc = -8, Table 1), and the interaction
between groundwater depth and temperature was not statistically
significant (Fig. 6¢ and d, P = 0.15).
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New Mexico olive was insensitive to the observed range of
groundwater depths (Fig. 5c¢, marginal R* = 0.003, conditional
R?> = 0.98, Table 1). This plant species, while common in our sites,
is not a riparian specialist and may simply be less dependent on
groundwater than other taxa. The inclusion of maximum temperature
did not improve the model (AAICc = -5), and there was no significant
interaction between groundwater depth and maximum temperature
(X*=1.3, P=0.24, Table 1).

We analyzed three common, non-native, woody species: Siberian
elm (Ulmus pumila), Russian olive (Elaeagnus angustifolia) and tamarisk
(Tamarix chinensis). Neither elm (marginal R* = 0.016, conditional
R?> = 0.87, P = 0.76) nor tamarisk (marginal R* = 0.008, conditional
R?> = 0.55, P = 0.60) was sensitive to groundwater depth (Fig. 5d-f,
Table 1). Russian olive did not significantly increase with average
groundwater stores (Fig. 5e, Table 1; slope = 0.0006, R*=0.13, conditional
R*=081, P =0.4), and a nonlinear model was not a substantially better
fit than a linear model (AAICc = 2). Temperature was not a significant
predictor for any of the non-native species as indicated by declines in
model fit when temperature was included (Siberian elm AAICc = -1.2,
Russian olive AAICc = -5, tamarisk AAICc = -5).
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Table 1: Model parameters for groundwater sensitivity for nine riparian plant species from linear mixed effect regression models of species cover ~ groundwater depth including parameter estimates for the linear and quadratic (groundwater depth?)
terms from the best model, ~nonlinear groundwater depth x maximum air temperature, showing log-likelihood X? statistics for the interaction terms, and finally ~ inter-annual groundwater variability (CV), ~intra-annual groundwater variability (CV)
Marginal R? values are shown for both nonlinear models

Populus deltoides Salix exigua Forestiera pubescens Anemopsis californica Muhlenbergia asperifolia
Estimate s.e. P Marginal R* Estimate s.e. P Marginal R*> Estimate s.e. P Marginal R*> Estimate s.e. P Marginal R*> Estimate s.e. P Marginal R*
Intercept 0.101 0.084 0.07 0.359 0.058 0.10 0.070 0.029 0.003 0.185 0.044 0.02 0.245 0.054 0.17
Groundwater depth 0.004 0.001 <0.001 0.003 0.001 <0.001 -0.001 0.000  0.011 0.001  <0.001 0.008 -0.002 0.001  0.001
Groundwater depth? <0.001 <0.001 <0.001 <0.001 <0.001 <0.001 <0.001 <0.001 0.010 <0.001 <0.001 0.120 <0.001 <0.001 0.011
X2 X2 X2 X2 X2
Groundwater x temperature 11.880 — 0.001 0.11 1.980 — 0.150 0.10 1.360 — 0.241 0.005 1.720 — 0.180 0.02 1.940 — 0.160 0.21
Groundwater? x temperature 8.950 —_ 0.003 1.560 —_ 0.210 0.871 —_ 0.351 1.090 —_ 0.290 1.170 —_ 0.270
Slope AIC Slope AIC Slope AIC Slope AIC Slope AIC
Inter-annual CV —-0.482 0.297  0.106 -120 0.970 0.168 <0.001 —445 —0.960 0.180 <0.001 -383 1.440 0.210 <0.001 -314 0.540 0.092 <0.001 -759
Intra-annual CV -1.366 0.384 0.000 -136 1.250 0.220 <0.001 —445 -0.874 0.250  0.001 =370 0.960 0.290 0.001 -301 0.680 0.120 <0.001 -758
Ulmus pumila Elaeagnus angustifolia Tamarix chinensis Bassia scopria
Estimate s.e. P Marginal > Estimate s.e. P Marginal R* Estimate s.e. P Marginal R* Estimate s.e. P Marginal R*
Intercept 0.036 0.036 0.02 0.186 0.072 0.13 0.017 0.085 0.01 0.091 0.100 0.02
Groundwater depth <0.001 <0.001 0.760 0.001 0.001 0.460 0.000 0.001 0.630 0.000 0.001 0.760
Groundwater depth?* <0.001 <0.001  0.530 <0.001 <0.001  0.830 <0.001  <0.001 0.760 <0.001  <0.001  0.930
X X X X
Groundwater x temperature 0.450 — 0.500 0.01 1.710 — 0.190 0.17 0.002 — 0.959 0.03 0.011 — 0.910 0.02
Groundwater? x temperature 1.250 — 0.260 1.650 — 0.200 0.002 — 0.961 0.016 — 0.890
Slope AIC Slope AIC Slope AIC Slope AIC
Inter-annual CV -0.420 0.100 <0.001 =714 1.200 0.150 <0.001 -467 0.480 0.130 <0.001 -552 -0.180 0.150 0.220 -469
Intra-annual CV —-0.510 0.130  0.000 -714 1.510 0.210 <0.001 —-461 0.440 0.180 0.014 —548 0.250 0.210  0.220 —468

P values <0.05 are shown in bold.
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Figure 6: Interaction between air temperature and the GSF for Rio Grande cottonwood (Populus deltoides ssp. wislizenii) and coyote willow (Salix exigua). In
years/sites with low average maximum air temperature (<22.5°C), (a) the cottonwood GSF was flat, indicating little sensitivity to inter-annual variability in
groundwater. In years/sites with high average maximum air temperature (222.5°C), (b) the cottonwood GSF was concave, signaling negative consequences
of increasing groundwater variability. The willow GSF did not differ significantly between low average maximum air temperature (c) and high average
maximum air temperature (d); both GSF were convex, signaling positive consequences of increasing variability.

We evaluated the three most abundant herbaceous plants: yerba
mansa (Anemopsis californica), an herbaceous perennial and obligate
wetland species; kochia (Bassia scoparia), a non-native annual; and
scratchgrass (Muhlenbergia asperifolia), a perennial, facultative wetland
species. Of these three species, scratchgrass and yerba mansa both had
convex GSF (Fig. 5g—i, Table 1), with the most plant cover where the
water table was shallow and very low cover at deep water tables, as
expected for wetland species. The GSF for scratchgrass (marginal
R? =0.17, conditional R? = 0.64, P = 0.001) explained more variation in
plant cover than the GSF for yerba mansa (marginal R? = 0.02, conditional
R?> =0.96, P = 0.008). Kochia had a flat GSF (Fig. 5h, Table 1) and was
not sensitive to the observed range of groundwater depths (marginal
R? = 0.017, conditional R* = 0.41, P = 0.76). Temperature was not a
significant predictor for any of these herbaceous species (yerba mansa
AAICc = —1.6, kochia AAICc = -7, scratchgrass AAICc = 0.3, Table 1).

The shape of the GSFs derived more from spatial variation rather
than temporal variation. Spatial variation in groundwater between
sites was greater than temporal variation within a site, and no
individual sites spanned the entire observed range of groundwater
depths. When random slopes were included in the model, results
were qualitatively similar for seven out of the nine species, although
marginal R? values were smaller than in the random intercepts models.
For both New Mexico olive and yerba mansa, relationships with
groundwater were not significant in models with random slopes (New
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Mexico olive marginal P = 0.2, yerba mansa P = 0.78). Because we set
out to leverage both spatial and temporal variation to find a general
pattern between plant cover and groundwater depth, rather than
characterizing unique slopes at each site, we focused presentation on
the results from random intercepts models. To provide a case study to
illustrate the relative importance of spatial versus temporal variability,
we explored the sensitivity of cottonwood cover to groundwater depth
over time at each individual site. This analysis demonstrated that the
relationship between groundwater and cottonwood cover depended
largely on spatial, rather than temporal, variation in groundwater
depth (Supplementary Fig. S4).

At what temporal scale (intra- vs. inter-annual) is variance in
groundwater most important to riparian plant species?

Plant species differed in their sensitivity to the time scale of groundwater
variance, specifically whether variance matter more at inter- or
intra-annual time scales (Table 1). As predicted by climate sensitivity
function theory, species identified as sensitive to groundwater depths
using GSFs (Fig. 5) had the strongest relationships with measured
groundwater variability on at least one time scale. In addition, plant
species” relationships to groundwater variance supported predictions
that a concave GSF signaled a cost of increased variability, while a
convex GSF signaled a benefit from variability. Specifically, cottonwood
cover was negatively related to intra-annual variability (slope = —1.36,
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P = 0.004) and negatively, but not significantly, correlated to inter-
annual variability (slope = —0.48, P = 0.106). Coyote willow correlated
positively with variability at both the inter-annual time scale
(slope =0.97, P<0.0001) and the intra-annual time scale (slope = 1.25,
P < 0.0001; intra vs. inter AAICc= 0.2). Positive relationships between
plant cover and groundwater variability at both time scales also
occurred for yerba mansa (inter-annual slope = 1.44, P < 0.0001; intra-
annual slope = 0.96, P = 0.0008; AAICc = 13) and scratchgrass (inter-
annual slope = 0.54, P < 0.0001; intra-annual slope = 0.68, P < 0.0001;
AAICc = 1). Inter-annual variability was a better fit than intra-annual
for yerba mansa, but the two time scales did not significantly differ in
their ability to predict the cover of scratchgrass.

For some species, cover was not strongly correlated with
groundwater depth in the GSFs, but did correlate with the CV in
groundwater on at least one time scale. For instance, Siberian elm
had no significant nonlinear relationship with groundwater depth in
our GSF analysis (Fig. 5), but declined with greater inter- or intra-
annual variability in groundwater, with a similar degree of sensitivity
to each time scale (AAICc = 0.02). New Mexico olive also declined with
increases at both time scales of variability in groundwater; however,
inter-annual variability was a better fit (AAICc = 13). Both exotic
shrub species (Russian olive and tamarisk) correlated positively with
groundwater variability on both scales. Inter-annual variability was a
somewhat better fit in explaining cover for both exotic shrub species
than was the intra-annual CV (Russian olive AAICc = 6, tamarisk
AAICc = 4). The only species not significantly related to groundwater
variability on either time scale was the non-native herb, kochia (inter-
annual slope = —-0.18, P < 0.15; intra-annual slope = 0.25, P < 0.22).

DISCUSSION

Using 16 years of observational data spanning 110 km of a dryland
riparian corridor, we detected important influences of both inter- and
intra-annual variability in groundwater on dominant riparian plant
species. GSFs revealed that riparian plant species differed substantially
in their sensitivity to environmental variability. These results
from riparian forest ecosystems support recent evidence that both
ecosystems (Rudgers ef al. 2018) and plant species (Angert et al. 2009)
differ strongly in their responsiveness to environmental variance. Our
results raise the question, what factors explain differences among plant
species in their sensitivity to the mean and variance in groundwater?
Differences among plant species in their sensitivity to variance
in groundwater may depend on many factors including plant traits,
provenance and wetland indicator status. Plants can have water-use
strategies that avoid dehydration (e.g. deep roots or fast growing roots)
or strategies that tolerate dehydration (e.g. low tissue water content
or summer dormancy) (Bristiel ef al. 2019). Genetic differences as well
as phenotypic plasticity in water-use efficiency under stress influence
how plants respond to groundwater variability (Silvertown et al. 2015).
For example, when groundwater tables are >3 m, cottonwood can
invest up to 50% more root biomass in the top 1 m of soil (Lines 1999),
indicating large capacity for phenotypic plasticity. In riparian systems
specifically, changes in plant traits across water gradients aligned with
wetland status, where wetland indicator plants were more likely to
be sensitive to average groundwater than upland species (McCoy-
Sulentic ef al. 2017). Our results align with this prior finding, since
the four species we identified as sensitive to groundwater variability
were either wetland indicators (coyote willow, yerba mansa and
scratchgrass) or phreatophytes (cottonwood). Lastly, provenance was
a key factor associated with differences among species in sensitivity to
groundwater mean and variance. None of the four non-native species
in our study had cover that significantly correlated to groundwater
depth, although Russian olive had a trend of increasing with shallower
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water tables, and groundwater depth explained 13% of its variation in
cover. These non-native dominants are often targeted for removal by
land managers, and most of our sites experienced at least one clearing
event since monitoring began. Thus, management interventions may
explain why we found no significant trends, although management
could alternatively amplify sensitivity to groundwater due to stress
during recovery from clearing. Alternatively, the lack of sensitivity
could arise if invasive species have traits that increase performance
over native plants across a range of environments, including higher
tolerance of water stress (i.e. wider thresholds in the bucket model)
than native wetland and riparian species (van Kleunen ef al. 2010).

The bucket model (Knapp et al. 2008) provides an additional
explanation for plant species-specific differences in sensitivity to
groundwater. Riparian plants are known to differ in their optimal
range of depth to groundwater, which is constrained in part by
rooting depth (Lite and Stromberg 2005; Stromberg 2013). Thus, a
given average water table depth may be within the optimal range for
some plant species, but not for others (e.g. Fig. 2). The two native,
foundational species of the Rio Grande riparian ecosystem differed
substantially in their GSFs, suggestive of differences in their optimal
groundwater range (or of interspecific competition, see next). Rio
Grande cottonwood had a concave GSF, while coyote willow had a
convex GSE predicting differing responses to variability in groundwater
levels, despite their growth in close proximity. Cottonwood and willow
differ in rooting depth. Whereas Rio Grande cottonwood’s maximum
root depth is ~300 cm (Lite and Stromberg 2005; Stromberg 2013),
the wetland shrub, coyote willow, has a maximum rooting depth
of ~150 cm (Caplan et al. 2013). If cottonwoods, with their deeper
roots, were growing where the water table was already near optimal
conditions (average depths to groundwater at our sites ranged from 80
to 290 cm), then the bucket model predicts that a highly variable water
table will be costly for cottonwood. In contrast, if willow growing in
the same locations as cottonwood experienced average groundwater
depths that were outside of their optimal threshold, then the bucket
model predicts a highly variable water table would cause a greater
frequency of occurrences of shallow water that benefit willow. Thus,
the bucket model (Fig. 2) predicts increased variability would be net
beneficial for willows, but net costly for cottonwood, based on these
species’ differences in average rooting depth. This application of the
bucket model could help explain why prior research has reported that
deeply rooted plants were more sensitive to changes in groundwater
than their shallow-rooted neighbors (Maguas et al. 2011). Identifying
these stress thresholds may similarly explain differences in sensitivity
among other groundwater-dependent plant species (McCoy-Sulentic
et al. 2017). The symmetry in the GSF of wetland species may indicate
these species have a physiological optimum for water depth, decline
both with drought on the dry end and anoxic water logging at the wet
end. However in a global synthesis, Aradjo ef al. (2013) found that
thermal tolerance of plants and animals was strongly asymmetrical
around the thermal optimum, with much steeper declines in fitness
with high heat than cold. More data will be required to understand
the question of symmetry in divergence from optimum groundwater
or soil moisture levels.

Cottonwood-willow riparian forests are common along rivers of
western North America, and an alternative hypothesis for why the
codominant species strongly diverged in sensitivity to groundwater
variability is interspecific competition. As Rorison (1969) showed in
a classic study on soil pH, strong interspecific competition may force a
plant to grow outside of its fundamental niche. This could be the case for
willow, which had greatest cover outside of the groundwater optimum
window for cottonwood. To explore this possibility, we examined
time-lagged relationships between cottonwood and willow cover to
evaluate their potential as possible competitors. Convergent cross
mapping (CCM) statistically tests for a cause-and-effect relationships
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between two time series variables to identify the most parsimonious
direction of causation in correlated relationships (Clark et al. 2015).
Time series provide statistical power for decoupling cause and effect
because the direction of causality can be inferred from observational
data when one variable is lagged in time behind the other variable.
We used multispatial CCM (R package multispatial CCM, Clark et al.
2015) to evaluate cottonwood and willow time series, but found
no evidence that a change in cover of one species caused a change
in the other species when it was lagged in time (P = 0.5). This result
indicated that the inverse GSFs for these codominants likely does not
result from their interspecific interactions, although experimental tests
of the competition hypothesis, such as species removal or addition
experiments, would be required to confirm our CCM analysis.

Sensitivity functions can be driven by interactions among multiple
environmental factors. We found that air temperature played a role
in cottonwood sensitivity to groundwater variance. Under warm
temperatures, cottonwoods were more sensitive to groundwater than
under cooler conditions (Fig. 6). The strong nonlinear GSF under warm
temperatures may occur because some trees use evapotranspiration
as a method of leaf thermoregulation (Fauset et al. 2018). During
hot years, trees at optimal groundwater depths may be better able to
regulate temperature, and thus grow better than trees that are water-
stressed. During cooler periods, when groundwater is not required to
regulate leaf temperature, trees may be less sensitive to groundwater
depth. The interaction between water use and temperature is not
unique to groundwater-dependent plants. For example, Rudgers et al.
(2018) found that increased variance in summer precipitation was only
beneficial to primary production of a grassland ecosystem under cool
temperatures; during hotter periods, more variable precipitation had
a concave climate sensitivity function indicative of a cost of variance
in precipitation. In dryland ecosystems, which cover >40% of Earth'’s
land area (Pravalie 2016), interactions between water availability and
temperature are predicted to become increasingly important as both
aridity and warming increase (Seager ef al. 2007).

Including temporal and spatial variation provided a better picture
of groundwater sensitivity across dominant plant species. The shapes
of our GSFs were primarily driven by spatial rather than temporal
variation, because the possible range of groundwater depths across
sites was much larger than the range over time within a single site.
Across sites, the slope of the relationship with groundwater tracked
mean groundwater depth (Supplementary Fig. S4), but since our data
were observational, not experimental, the diversity of GSF shapes
among sites may also reflect other factors, such as management or
successional history. The results for individual sites (Supplementary
Fig. S4) also highlight why statistical models with random slopes fit the
data well. Using the spatial variation combined with temporal variation
within each site provided a regional picture of the interaction between
plant cover and groundwater, using space to infer larger future changes
in groundwater depths than have been observed over time at a single
site. If the water table for the Middle Rio Grande valley drops further,
as has happened globally due to river regulation and groundwater use
(Margat and Van Der Gun 2013), our sites may shift from one side
of the GSF curves to the other. Our analyses predict this shift would
dramatically affect the composition of the plant community, by causing
greater dominance by invasive species and willows and declines in
cottonwood.

In our analyses, inter-annual variation in groundwater largely
trumped intra-annual variation in explaining plant cover. Prior work
in other systems supports our findings. Large seasonal variability was
associated with greater species richness in plant communities across
three rivers of the desert Southwestern USA (Katz et al. 2012), and
high inter-annual variability was associated with large changes in
the plant community from year-to-year on the Matawin River in
Quebec, Canada, a mesic ecosystem (Dubeau et al. 2017). In North
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America, Fremont cottonwood trees (P. fremontii) can tolerate inter-
annual groundwater changes of up to 0.8 m, but they also show
plasticity, whereby trees at more variable sites appeared to be more
tolerant of changes in depth to groundwater than trees at sites with
a relatively stable water table (Lite and Stromberg 2005). The three
species that we expected to respond positively to variability based on
their GSFs were all positively correlated with both inter- and intra-
annual variation in groundwater. Of the six plant species in which
cover positively correlated with variability, inter-annual variation was
more important to cover than intra-annual variation for all but coyote
willow, for which inter- and intra-annual variability were equally
important. We expected cottonwood to be negatively correlated to
variability based on its GSE and indeed, both canopy tree species in
our study (cottonwood and Siberian elm) were negatively related to
variability in groundwater. Kochia (B. scorpia) was the only species
not significantly correlated with groundwater variability, which is an
unsurprising result for a shallow-rooted, annual plant that likely relies
on precipitation rather than groundwater (Steinberg ef al., unpublished
work). Overall, our results support the use of GSF to make predictions
on future changes in plant communities in response to environmental
variability, with the caveat that spatial variation may not always be
substitutable for future changes in temporal variation.

As observational data only allow us to identify correlations,
it is possible that some of the relationships we observed between
groundwater and plant cover are caused by changes in plant cover
rather than water availability. There has been at least one study to
suggest phreatophytes caused diurnal and intra-annual groundwater
variability (Butler et al. 2007), rather than the reverse as we evaluated
here. Potential for feedbacks between groundwater and vegetation
in riparian ecosystems has also been investigated through modeling
efforts (Rodriguez-Iturbe et al. 2007). In our dataset, differences in
plant cover, groundwater levels and intra- and inter-annual variability
in groundwater were much larger between sites than within a site over
time. Because spatial variation was driving most of the relationships we
documented, we used spatial variation as a proxy for understanding
how potential future climate scenarios could influence riparian plant
species across our region.

Riparian forests have been a focus for restoration and conservation
because of the many ecosystem services they provide, such as
promoting biodiversity (Selwood et al. 2015), flood and erosion
control (Brauman et al. 2007) and carbon storage (Matzek et al. 2018).
Understanding how these ecosystems respond to climate change
is important to ensure that they continue to provide these services.
Groundwater depth is understood to be the major driver of riparian
plant communities (Sommer and Froend 2014; Yin et al. 2015), but
water tables are dropping world-wide (Margat and Van Der Gun
2013) and increased variation in rainfall will increase the correlated
variation in groundwater stores. We demonstrated that GSFs can be
useful tools to identify plant species that are most resilient (or most
sensitive) to future increases in environmental variability. GSFs
confirmed that riparian species were sensitive to average groundwater
depth, and newly showed that for eight of nine focal plant species,
cover changed in concert with groundwater variability on at least one
temporal scale. We predict that shallow-rooted, wetland species will
benefit from increased variability in groundwater depth, but cover
of deep-rooted cottonwood trees will decrease, especially as climate
warms. In contrast, non-native plant species were mostly insensitive
to changes in both groundwater mean and its variance. Our approach
of GSFs indicated that, within an ecosystem, plant species will respond
to environmental mean and variance in divergent ways that may
reassemble plant communities under a more variable climate.

Supplementary Material
Supplementary material is available at Journal of Plant Ecology online.
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Table S1: Study sites.

Figure S1: Study sites map.

Figure S2: BEMP site layout.

Figure S3: Annual average depth to groundwater correlates positively
with annual average stream flow, log-transformed (R* = 0.18).
Groundwater = 532 — 56.3 x stream flow.

Figure S4: Spatial variation in cottonwood groundwater sensitivity
across six BEMP sites (A-F) with the longest temporal record.

Funding

This work was supported by grants from the National Science
Foundation to the University of New Mexico (UNM) for Long-term
Ecological Research, most recently DEB#1655499 and by the UNM
Department of Biology. BEMP sites and data in this publication were
most recently funded by US Army Corps of Engineers, US Bureau of
Reclamation, Bernalillo County, Valencia Soil and Water Conservation
District, Gary Goodman, Middle Rio Grande Conservancy District,
Davidson Foundation, Greater Rio Grande Water Shed Alliance,
Crawford McKee Foundation and the Black Institute.

Authors’ Contribution

All authors contributed to developing research questions, K.E. oversaw
data collection, K.S. and J.R. analyzed the data, K.S. led the writing
of the manuscript and all authors contributed to drafts and final
manuscript.

Acknowledgements

The authors thank the many students, teachers and community
members who have collected groundwater and precipitation data for
BEMP, Phil Tonne and his colleagues who have conducted vegetation
surveys, BEMP staff who have collected data and conducted quality
assurance checks and Scott Collins for valuable comments on the
manuscript.

Conflict of interest statement. No conflict of interest to delcare.

REFERENCES

Angert AL, Huxman TE, Chesson P, et al. (2009) Functional tradeoffs determine
species coexistence via the storage effect. Proc Natl Acad Sci U S A 106:11641-5.

Aratjo MB, Ferri-Yanez F, Bozinovic F, ef al. (2013) Heat freezes niche evolution.
Ecol Lett 16:1206-19.

Bates D, Maechler M, Bolker B, ef al. (2015) Fitting linear mixed-effects models
using Ime4. J Stat Softw 67:1-48.

Brauman KA, Daily GC, Duarte TK, et al. (2007) The nature and value of
ecosystem services: an overview highlighting hydrologic services. Annu Rev
Environ Resour 32:67-98.

Bristiel P, Roumet C, Violle C, et al. (2019) Coping with drought: root trait
variability within the perennial grass Dactylis glomerata captures a trade-
oft between dehydration avoidance and dehydration tolerance. Plant Soil
434:327-42.

Burnham KP, Anderson DR (2002) Model Selection and Multimodel Inference:
A Practical Information-Theoretic Approach, 2nd edn. New York, NY: Springer.
Butler JJ, Kluitenberg GJ, Whittemore DO, ef al. (2007) A field investigation
of phreatophyte-induced fluctuations in the water table. Water Resour Res

43:W02404.

Caplan TR, Cothern K, Landers C, et al. (2013) Growth response of coyote willow
(Salix exigua) cuttings in relation to alluvial soil texture and water availability.
Restor Ecol 21:627-38.

Clark T, Ye H, Isbell F, et al. (2015) Spatial convergent cross mapping to detect
causal relationships from short time series. Ecology 96:1174-81.

Drenovsky RE, Grewell BJ, D’Antonio CM, et al. (2012) A functional trait
perspective on plant invasion. Ann Bot 110:141-53.

Dubeau S, Assani AA, Ibrahim G, et al. (2017) Temporal variability of streamflow
and plant species abundance on islets as they relate to ENSO events
downstream from an inversion-type reservoir. River Res Appl 33:1411-9.

Eichhorst KD (2020) Middle Rio Grande riparian plant cover sensitivity to
variability in groundwater depth collected by the Bosque Ecosystem

JOURNAL OF PLANT ECOLOGY | VOL 13 | October 2020 | 621-632

OF PLANT ECOLOGY

Monitoring Program ver 1. Environmental Data Initiative. https://doi.
org/10.6073/pasta/b0bb59fd39e327b2452be059¢cc6a8440 (6 January 2020,
date last accessed).

Fan Y, Miguez-Macho G, Jobbagy EG, et al. (2017) Hydrologic regulation of plant
rooting depth. Proc Natl Acad Sci U S A 114:10572-7.

Fauset S, Freitas HC, Galbraith DR, et al. (2018) Differences in leaf thermoregulation
and water use strategies between three co-occurring Atlantic forest tree species:
leaf energy balance of Atlantic forest trees. Plant Cell Environ 41:1618-31.

Fischer EM, Beyerle U, Knutti R (2013) Robust spatially aggregated projections of
climate extremes. Nat Clim Change 3:1033-8.

Gherardi LA, Sala OE (2015) Enhanced interannual precipitation variability
increases plant functional diversity that in turn ameliorates negative impact
on productivity. Ecol Lett 18:1293-300.

Glenn EP, Nagler PL (2005) Comparative ecophysiology of Tamarix ramosissima
and native trees in western US riparian zones. J Arid Environ 61:419-46.

Gurnell AM, Bertoldi W, Corenblit D (2012) Changing river channels: the roles
of hydrological processes, plants and pioneer fluvial landforms in humid
temperate, mixed load, gravel bed rivers. Earth-Sci Rev 111:129-41.

Gutzler DS, Robbins TO (2011) Climate variability and projected change in the
western United States: regional downscaling and drought statistics. Clim Dyn
37:835-49.

Huxman TE, Smith MD, Fay PA, et al. (2004) Convergence across biomes to a
common rain-use etficiency. Nature 429:651-4.

IPCC (2014) Chapter 2. Future climate changes, risk and impacts. In Core Writing
Team, Pachauri RK, Meyer LA (eds). Climate Change 2014: Synthesis Report.
Contribution of Working Groups 1, 11, and 111 to the Fifth Assessment Report of the
Intergovernmental Panel on Climate Change. Geneva, Switzerland: IPCC, 151.

Katz GL, Denslow MW, Stromberg JC (2012) The Goldilocks effect: intermittent
streams sustain more plant species than those with perennial or ephemeral
flow. Freshw Biol 57:467-80.

Knapp AK, Beier C, Briske DD, et al. (2008) Consequences of more extreme
precipitation regimes for terrestrial ecosystems. BioScience 58:811-21.

Knapp AK, Fay PA, Blair JM, et al. (2002) Rainfall variability, carbon cycling, and
plant species diversity in a mesic grassland. Science 298:2202-5.

LawsonJR, Fryirs KA, Lenz T, etal. (2015a) Heterogeneous flows foster heterogeneous
assemblages: relationships between functional diversity and hydrological
heterogeneity in riparian plant communities. Freshw Biol 60:2208-25.

Lawson CR, Vindenes Y, Bailey L, et al. (2015b) Environmental variation and
population responses to global change. Ecol Lett 18:724-36.

Lefcheck JS (2016) PIECEWISESEM: piecewise structural equation modelling in
R for ecology, evolution, and systematics. Methods Ecol Evol 7:573-9.

Lines G (1999) Health of Native Riparian Vegetation and Its Relation to Hydrologic
Conditions Along the Mojave River, Southern California. Sacremento, CA: United
States Geological Survey.

Lite SJ, Stromberg JC (2005) Surface water and ground-water thresholds for
maintaining Populus—Salix forests, San Pedro River, Arizona. Biol Conserv
125:153-67.

Madguas C, Rascher KG, Martins-Loucao A, et al. (2011) Responses of woody
species to spatial and temporal ground water changes in coastal sand dune
systems. Biogeosciences 8:3823-32.

Margat J, Van Der Gun J (2013) Groundwater Around the World: A Geographic
Synopsis. London, UK: CRC Press.

Martin PA, Newton AC, Bullock JM (2017) Impacts of invasive plants on carbon
pools depend on both species’ traits and local climate. Ecology 98:1026-35.
Martinet MC, Vivoni ER, Cleverly JR, et al. (2009) On groundwater fluctuations,
evapotranspiration, and understory removal in riparian corridors. Water

Resour Res 45:1-19.

Matzek V, Stella J, Ropion P (2018) Development of a carbon calculator tool for
riparian forest restoration. Appl Veg Sci 21:584-94.

McCoy-Sulentic ME, Kolb TE, Merritt DM, et al. (2017) Variation in species-
level plant functional traits over wetland indicator status categories. Ecol Evol
7:3732-44.

Munson SM (2013) Plant responses, climate pivot points, and trade-offs in water-
limited ecosystems. Ecosphere 4:109.

Osterkamp WR, Hupp CR (2010) Fluvial processes and vegetation—glimpses of
the past, the present, and perhaps the future. Geomorphology 116:274-85.
Pangle RE, Limousin JM, Plaut JA, et al. (2015) Prolonged experimental drought
reduces plant hydraulic conductance and transpiration and increases mortality

in a pinon-juniper woodland. Eco/ Evol 5:1618-38.

Pearse IS, Paul R, Ode PJ (2018) Variation in plant defense suppresses herbivore

performance. Curr Biol 28:1-6.

631

120 BuNp OE UO Jasn 02IXal\l MaN JO Alsiomun Aq 662068S/129/G/E L/a1o1E/adl/wod dno olwspeoe)/:sdny wous papeojumoq



Jou

L OF PLANT ECOLOGY

Petrie MD, Collins SL, Gutzler DS, et al. (2014) Regional trends and local variability
in monsoon precipitation in the northern Chihuahuan Desert, USA. J Arid
Environ 103:63-70.

Pravalie R (2016) Drylands extent and environmental issues: a global approach.
Earth-Sci Rev 161:259-78.

PRISM Climate Group (2019) PRISM Climate Group, Oregon State University.
http://prism.oregonstate.edu.

Rodriguez-Iturbe I, D’Odorico P, Laio F, et al. (2007) Challenges in humid land
ecohydrology: interactions of water table and unsaturated zone with climate,
soil, and vegetation. Water Resour Res 43:W09301.

Rorison IH, Symposium BES, Society BE (1969) Ecological inferences from
laboratory experiments on mineral nutrition. In Rorison IH (eds). Ecological
Aspects of the Mineral Nutrition of Plants: A Symposium of The British Ecological
Society, Sheffield. Oxford, England: Blackwell Scientific Publications.

Rudgers JA, Chung YA, Maurer GE, et al. (2018) Climate sensitivity functions
and net primary production: a framework for incorporating climate mean and
variability. Ecology 99:576-82.

Seager R, Ting M, Held I, et al. (2007) Model projections of an imminent
transition to a more arid climate in southwestern North America. Science
316:1181-4.

Seager R, Ting M, Li C, et al. (2013) Projections of declining surface-water
availability for the southwestern United States. Nat Clim Change 3:482—6.

632

RESEARCH ARTICLE

Selwood KE, Thomson JR, Clarke RH, et al. (2015) Resistance and resilience of
terrestrial birds in drying climates: do floodplains provide drought refugia?
Glob Ecol Biogeogr 24:838-48.

Silvertown J, Araya Y, Gowing D (2015) Hydrological niches in terrestrial plant
communities: a review. J Ecol 103:93-108.

Sommer B, Froend R (2014) Phreatophytic vegetation responses to groundwater
depth in a drying Mediterranean-type landscape. J Veg Sci 25:1045-55.

Stromberg JC (2013) Root patterns and hydrogeomorphic niches of riparian
plants in the American Southwest. J Arid Environ 94:1-9.

Thomey ML, Collins SL, Vargas R, et al. (2011) Effect of precipitation variability on
net primary production and soil respiration in a Chihuahuan Desert grassland.
Glob Change Biol 17:1505-15.

van Kleunen M, Weber E, Fischer M (2010) A meta-analysis of trait differences
between invasive and non-invasive plant species. Ecol Lett 13:235-45.

Vazquez DP, Gianoli E, Morris WE et al. (2017) Ecological and evolutionary
impacts of changing climatic variability. Bio/ Rev Camb Philos Soc 92:22—42.

Xi B, Di N, Liu J, et al. (2018) Hydrologic regulation of plant rooting depth: pay
attention to the widespread scenario with intense seasonal groundwater table
fluctuation. Proc Natl Acad Sci U S A 115:E3863—4.

Yin L, Zhou Y, Huang J, et al. (2015) Interaction between groundwater and
trees in an arid site: potential impacts of climate variation and groundwater
abstraction on trees. J Hydrol 528:435-48.

JOURNAL OF PLANT ECOLOGY | VOL 13 | October 2020 | 621-632

120 BuNp OE UO Jasn 02IXal\l MaN JO Alsiomun Aq 662068S/129/G/E L/a1o1E/adl/wod dno olwspeoe)/:sdny wous papeojumoq



