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ABSTRACT

As misinformation, disinformation, and conspiracy theories in-
crease online, so does journalism coverage of these topics. This
reporting is challenging, and journalists fill gaps in their exper-
tise by utilizing external resources, including academic researchers.
This paper discusses how journalists work with researchers to re-
port on online misinformation. Through an ethnographic study of
thirty collaborations, including participant-observation and inter-
views with journalists and researchers, we identify five types of
collaborations and describe what motivates journalists to reach out
to researchers — from a lack of access to data to support for under-
standing misinformation context. We highlight challenges within
these collaborations, including misalignment in professional work
practices, ethical guidelines, and reward structures. We end with
a call to action for CHI researchers to attend to this intersection,
develop ethical guidelines around supporting journalists with data
at speed, and offer practical approaches for researchers filling a
“data mediator” role between social media and journalists.
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1 INTRODUCTION

In the United States, the year 2020 saw increased levels of misinfor-
mation, disinformation, and conspiracy theories — especially online
[31, 42, 65]. The Covid-19 pandemic sparked what some referred
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to as an “infodemic” [4, 66]; a time of widespread medical misin-
formation leading to adverse health impacts. With more people at
home due to the pandemic, Americans spent more time on social
media [69], allowing for more encounters with misinformation and
disinformation. For example, following the murder of George Floyd,
Black Lives Matter protests broke out across the country, spurring
disinformation aimed at labeling the organization as deceptive and
trying to align it with other movements that provide vectors for
right-wing criticism, including Antifa [54]. Later, the U.S. election
process was also plagued with disinformation surrounding mail-
in-ballots and later wider voter fraud narratives, including false
assertions that the voting machine company, Dominion, was chang-
ing votes — which played a role in motivating some of those who
participated in the January 6th Capitol insurrection attempt [47, 55].
Other debunked conspiracy theories gained traction throughout
the year as well, like the QAnon canon [67] and Wayfair conspiracy
theory [58, 68].

As public interest in the topic grew, so did the news coverage
from those on the so-called “misinformation beat” [60, 70] — an
area of journalistic coverage (a ‘beat’) [37] focusing on ‘fake news’,
misinformation, disinformation, conspiracy theories and harass-
ment [70]. Journalists who work on the ‘misinformation beat’ aim
to inform readers about online activity, investigate and debunk false
claims, and hold social media companies accountable for problem-
atic information on their platforms [70]. Those who were already
covering the topic grew in popularity (e.g. Donie at CNN — who
has been on this beat for years — went viral while reporting on
misinformation at the post-election Trump rally that spiraled into
the U.S. Capitol Insurrection [40, 63]), and many more, including
local journalists (e.g.[43, 45]), ventured onto the beat for the first
time.

The rapid increase of this beat came with more journalists facing
known challenges of doing this work. Previous work has established
that the misinformation beat — which relies heavily on digital trace
data due to the outsized role of online platforms — is uniquely
challenging due to constantly changing tools, lack of data access,
and risks of providing public access to harmful content [11, 71].
Researchers noticed an opportunity to help these journalists get up
to speed by bridging gaps in their contextual understanding (of mis-
and disinformation) and methodological expertise (for using digital
trace data as a “source”). Organizations like First Draft news, the
Harvard Shorenstein Center, Poynter, and others offered training
and tip sheets for journalists throughout this period, especially fo-
cusing on COVID-19 coverage, combatting vaccine misinformation,
and election coverage [61, 72-75].


https://doi.org/10.1145/3491102.3517503
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1145/3491102.3517503
https://doi.org/10.1145/3491102.3517503
https://doi.org/10.1145/3491102.3517503

CHI ’22, April 29-May 05, 2022, New Orleans, LA, USA

Even before this period, the co-production of journalism by jour-
nalists and researchers had been increasing, according to a scoping
review by MacGregor et al. [36]. This trend continued in 2020. For
reasons that are discussed in this paper, journalists new and old
to the misinformation beat leaned heavily on researchers for sup-
port (e.g. [5, 8, 46, 76]. Researchers took up roles beyond those of
a traditional interview source (for background information or an
expert quote), increasingly taking on the labor of education, ad-hoc
analysis, and helping journalists ethically approach stories. Jour-
nalists who regularly turned to misinformation researchers for a
quote now turned to these researchers to collaborate.

University researchers, too, were eager to get their early mis-
information analyses to journalists. They learned during the 2016
presidential election and other elections around the world how
viral misinformation can emerge before, during, and after an elec-
tion; and responding on a typical peer-review timeline can miss
the mark on having a timely, positive, and broad impact on the
public. A conglomerate of misinformation research teams even set
up a rapid-response framework for academic researchers to quickly
share analyses of misinformation with journalists leading up to
and during the 2020 presidential election [77]. Starting in 2021,
these informal collaborations have begun to formalize, as the Har-
vard Shorenstein center has hired some of the most knowledgeable
journalists on this beat [78, 79] and U.S. national newsrooms have
started hiring researchers and data scientists to help with misinfor-
mation related investigations!. All provide evidence of the current
journalist-researcher codependence in tackling the challenges of
misinformation journalism.

Stepping back — in 2019, we began planning journalist-
researcher collaborations to learn how to better serve and support
journalists covering this challenging beat. As the unprecedented ac-
tivities of 2020 and early 2021 unfolded, our research team received
more data requests than they could have ever imagined. Our cross-
disciplinary team spanned multiple departments at the University
of Washington. We both participated in and studied these collab-
orations simultaneously, taking an ethnographic approach. This
piece outlines the findings from thirty researcher-journalist col-
laborations on misinformation topics and semi-structured debrief
interviews with both journalists and researchers.

The findings begin with a typology of five motivations for col-
laboration on this beat. The frequency of these needs and findings
from interviews suggest that researchers fill a necessary gap for
journalists on this beat. From education to data access to ‘gut-
checking’, researchers have become an essential part of the ability
to do misinformation journalism well, especially for those new
to the beat. Yet both journalists and researchers highlight ethical
and professional challenges in this newfound closeness, which will
be discussed in both the findings and the discussion. Finally, the
process of translating journalism questions (like “what impact does
misinformation have on the voters?”) to ones that can begin to be
answered using data inquiry was laborious, and researchers said
that the education work required to get newer journalists ‘up to
speed’ was unsustainable.

! This information came from the interviews conducted for this paper. Two journalists
said their teams were actively hiring for these roles.
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These findings help us see these collaborations with more sensi-
tivity and examine some of the socio-technical challenges involved
in this work. Our discussion: 1) highlights the value of this situated
perspective on the role of academic researchers as data mediators;
2) calls for digital social data researchers to develop ethical guide-
lines on data sharing and privacy with journalists; and 3) provides
practical guidance for researchers managing these relationships.

2 BACKGROUND AND RELATED WORK

In this literature review, we first discuss the process of special-
ization journalism which — with ubiquitous technology in the
profession — requires both technical and contextual expertise. We
will discuss this process of specialization, and touch on ways that
the Human-Computer Interaction (CHI) community has tended to
the technical learning and needs of journalists. Next, we introduce
the need — necessitated by the events of 2020 — for journalists to
rapidly specialize on misinformation, and the tools, stop-gaps, and
collaborations put in place to meet this need. Finally, we introduce
collaboration on this beat as a site of learning about the socio-
technical challenges that exist between journalists and researchers
working to meet evolving public interest needs at speed.

2.1 Beat Specialization in the Online
Environment

Online journalism has changed the role of all modern journalists,
especially specialists— or beat journalists [38]. A “beat” refers to a
thematic specialization in journalism [38]. Reporters cover one or a
few beats, allowing them to use their expertise to reliably report on
relevant news to the beat. As more information has become avail-
able to the masses (the ‘new media environment’ [44]), expectations
from the audience of beat journalists have moved beyond those
of a disseminator or storyteller to roles that involve even deeper
expertise like analyst, detective, and educator [17, 22]. These beat
reporters are expected to not only have access to the information
but to be able to curate and contextualize it for the public in a
responsible and meaningful way.

The journalism workforce, according to Marchetti, is structured
around the poles of generalists and specialists [39]. The process of
specialization — or developing this subject matter knowledge — for
technology-heavy beats involves both methodological and contex-
tual learning. To the former, researchers have studied the ways that
computational tools and algorithms have impacted and shaped the
production and dissemination of the news [14, 29, 80]. For exam-
ple, one well-established development is through the emergence
of Computer-Assisted Reporting (CAR) [13, 26], which requires
helpful, reliable tools.

Specifically, within the CHI community, scholars have been eager
to prototype and learn from tools that help journalists more quickly
understand computational activity and the use of computation-
enabled resources like crowdsourcing and big data [56, 81]. CHI
researchers have also explored how practitioners support (or im-
pede) journalists through conference workshops [82], exploring
innovative news processes [15, 83] and centering needs of journal-
ists in the digital age [19, 53].

Yet tools and data are hardly enough to do this kind of work.
CAR and data journalism practices are still in service to professional
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journalistic norms and expertise [13, 35]. The second element of
the specialization process — contextual, cultural learning — comes
through time-consuming news gathering, analysis, and verifica-
tion related to the area of specialization [34, 38]. Especially for
specialization in the online space, journalists must learn over time
what kind of information to trust (often posted anonymously or by
people who are difficult to interact with) and what meaning should
be ascribed to it. One way to do this is by cultivating a network of
expertise across disciples that helps them assess — and sometimes
outsource [32]— credibility [39, 59]. Doing this specialization at
speed, necessitated by the temporal challenges of news-making
[9, 84], is challenging and risky. In a recent op-ed, Ivan Oransky dis-
cussed the challenges of moving onto the health beat as COVID-19
grew globally [85].

2.2 Rise and Challenges of the Misinformation
Beat

The norms and practices of beat reporting vary wildly between me-
dia organizations and specializations [50], necessitating analysis of
various beats and associated needs individually. Reporters working
on the “misinformation beat” must navigate the complexity of the
technical infrastructure underpinning misinformation, in addition
to the cultural and ethical challenges, this kind of problematic con-
tent creates. Research conducted before 2020 highlights a dearth of
resources to meet these needs, in particular a struggle to access ap-
propriate, well-maintained technical tools to track and understand
their subject matter [71]. Reporting on big data involves techni-
cal, methodological, and ethical challenges [7]. There’s also deep
contextual knowledge needed to understand how and why misin-
formation spread online and the role of social media platforms —
and their algorithmic recommendation systems — in shaping those
flows.

To grow this knowledge, journalists have embedded themselves
in online spaces and reached out to experts, like industry and uni-
versity researchers, for assistance [71]. When health, policy, and
election misinformation flourished throughout 2020, researchers
and tools, like Crowdtangle, became an essential piece of doing this
work [86, 87]. Those who were new to the beat — or transferred
from peripheral beats — had to get up to speed quickly to serve as
trusted knowledge brokers [21] on a beat with such high stakes.
Getting it wrong could mean falling victim to ‘source hacking’ [16],
accidentally amplifying harmful information [49], and other forms
of media manipulation [74, 88].

Starting in 2016 and increasing in 2020, online tip-sheets and
training emerged during this period in an attempt to meet these
needs [61, 72-75]. These resources were made publicly available
as journalists did work to self-educate both themselves and their
newsrooms on how to cover topics like medical misinformation,
anti-mask rallies, and claims of voter fraud. However, these stop-
gap resources alone may not provide the individualized or in-depth
contextual knowledge, or the technical expertise needed to report
on misinformation as breaking news. Accordingly, reporters look
to build relationships with academic and industry experts to build
sustainable reporting habits. The relationships themselves contain
complexities because of differing publication timelines and working
pace, differing incentives, and public orientations [36].
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2.3 How Collaborations and Ethnography Set
the Stage for Design

This highlights the need to examine the driving forces behind the
motivations to initiate and maintain journalist-researcher relation-
ships on this challenging beat. The growing prevalence of these
kinds of technical, contextual collaborations around misinforma-
tion suggests the existence of socio-technical challenges that hinder
journalists from meeting the analysis needs of this beat individually
or internally within their newsroom.

Ethnographic approaches help center members’ perspectives
and needs in collaborations [89] and developing of empathy [90].
Studies using participant observation — an approach to ethnogra-
phy derived from cultural anthropology [2]— have been used by
CHI researchers to understand the socio-technical challenges (e.g.
[10, 28, 30]). Ethnographic approaches, like participant observation,
are essential first steps in deepening understanding [89]. This kind
of work can serve as a foundation for future design provocations
and implications.

Collaborations, too, serve a unique role in the Computer Sup-
ported Cooperative Work (CSCW) space informing the design of
useful systems and solutions [51]. CSCW scholars have recently
studied collaborations between fact-checkers and journalists in
Bangladesh, highlighting communication challenges between the
professions that lead to misaligned understanding toward profes-
sional roles in the media ecosystem and urging the further study
of these dynamics in developing contexts [23]. Our ethnographic
approach to collaborations and subsequent analysis surfaces a bet-
ter understanding of journalists’ and researchers’ both computer-
supported and collaborative work together to fulfill growing public
interest and concerns about misinformation.

3 METHOD

Adopting an interpretive and inductive approach informed by Char-
maz [12] and Strauss [20], the authors analyzed 30 collaborations
between (the largely U.S. centric) journalists and members of the au-
thors’ research team (described in the appendix) on misinformation-
related investigations, including 14 interviews with researchers and
journalists who participated in these collaborations. There were
three parts to the method: 1) the collaboration activities, where the
first author took an ethnographic approach to data collection as a
participant-observer, 2) semi-structured qualitative interviews of
both researchers and journalists who participated in these collabo-
rations, and 3) integrated data analysis of the collaborations and
interviews.

3.1 Step 1: Collaboration Initiation and
Advertising

The collaborations were positioned as a way of meeting the needs
of the journalists working on misinformation and disinformation-
related stories. Recruitment started with members of the research
team who advertised their availability for collaborations through
tweets and blogs. Adjacent team efforts included rapid response
research — e.g., publishing blogs and social media posts highlighting
election and vaccine misinformation — that also helped make public
our willingness to engage with journalists for their investigations.
To be considered a collaboration, the request needed to have a data
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Table 1: List of Collaborations

Collaboration = News Organization Type Media Or-
Number ganization
Number
C101 Academic News Organization M1
C102 Digital First Outlet M2
C103 International Newspaper M3
C104 International TV M4
C105 International News Agency M5
C106 Niche Newspaper M6
C107 Niche Newspaper M7
C108 Niche, Non-Profit Newsroom Ms
C109 Niche, Non-Profit Newsroom M9
C110 U.S. Local Newspaper M10
C111 U.S. Local Newspaper M10
C112 U.S. Local Newspaper M11
C113 U.S. Local Newspaper M11
C114 U.S. Local Radio Mi2
C115 U.S. Local Radio M13
C116 U.S. National Newspaper Mi14
C117 U.S. National Newspaper Mi4
C118 U.S. National Newspaper M14
C119 U.S. National Newspaper M14
C120 U.S. National Newspaper Mi4
C121 U.S. National Newspaper Mi5
C122 U.S. National Newspaper Mi5
C123 U.S. National Newspaper M15
C124 U.S. National Newspaper M16
C125 U.S. National Newspaper M17
C126 U.S. National Newspaper M17
C127 U.S. National Radio M18
C128 U.S. National Radio M19
C129 U.S. National TV M20
C130 U.S. National TV M20

Journalist Research Team Collaboration
Number Member Outcome
J1 R2,R3 Article
J2 R5 None
J3 R1 Article
J4 R1 TV Segment
J5A,J5B R4 In Progress
J6 R4 Article
J7 R6 Article
J8 R4, R2 Podcast
J9 R4 None
J10A S2, R4 Article
J10B R2 Article
J11A R4, R1 Article
J11B R1 Article
J12 R3 None
J13 R6 Radio Segment
J14A R3, R4, S1 Article
J14A R6 Article
J14A R3 Article
J14A R4 Article
J14B R3 Article
J15A R4, R1 Article
J15B R2 Article
J15C R1 Article
J16 R7 Article
J17A R4 None
J17B R2,R6 None
J18 R5 Radio Segment
J19 R3,R4 Radio Segment
J20A R4, R7 Article
J20B R2,R4 None

element — quantitative or qualitative — or hint to the need for data
or analysis to further develop their story.

The collaborations began when journalists reached out to the
team (usually via email) with misinformation beat questions that
fell into one or more of the following categories:

- Investigative story about a case, narrative, or spreader of mis-
information, disinformation, or conspiracy theories.

- Story covering breaking news events with a misinformation,
disinformation, or conspiracy theory element.

- Voting or election-related investigation.

- COVID-19 related investigation.

These requests were sparse at the beginning of 2020 but picked up
heavily starting in August 2020 (leading up to the U.S. presidential
election), extended through November 2020, and surged again in
January 2021 (following the U.S. Capitol Siege). These requests typi-
cally went to the inbox of a PI or the team communications director.
The request would then be forwarded to an appropriate researcher
on the team and the first author would coordinate the start of the
ethnographic research component (studying the collaboration).

3.2 Step 2: Participant-Observation and
Ethnography of Collaborations

Once a researcher had volunteered to help with the journalist’s
request, the journalists and researcher(s) would then go back and
forth for anywhere from two days to a month exchanging questions
and data. These communications and data exchanges happened
virtually due to the ongoing COVID-19 pandemic.

The first author performed as both a researcher and ethnographer
for most of these collaborations. They took ethnographic notes
throughout the collaborations; paying close attention to (1) the
communications between the journalists and the researchers, (2)
data, and artifacts (like Google Docs) that were exchanged, (3)
challenges to data access and sharing, and (4) outcomes of these
collaborations. Within the role as a participant-observer — as has
been described by Konstan, Chi, and Ho6k [90] — the first author
was able to grow close to the participants’ (journalists’) experiences
to better understand and empathize with their needs. This resulted
in rich data about the context from which the journalists were
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Table 2: List of researchers and journalists interviewed post-collaboration

Interview Participant

Short Participant Description

Number

R1 Researcher is a PhD candidate

R2 Researcher is a PhD student

R3 Researcher is an associate professor

R4 Researcher is a PhD candidate

R5 Researcher is a postdoctoral fellow

R6 Researcher is a postdoctoral fellow

R7 Researcher is a postdoctoral researcher

R8 Research team member is a data engineerb

R9 Research team member is a communications director”
J10A Journalist covers misinformation for an international news agency
J14A Journalist covers business and misinformation for a digital first outlet
J15A Journalist covers technology for an international TV outlet

J18 Journalist produces general content with a focus on disinformation for a radio show
J20A Journalist covers misinformation for a U.S. national TV outlet

b Two staff members who were involved with the research team were interviewed for this piece

coming and the tensions that they experienced both within their
newsrooms and working with collaborators and data along the way.
Table 1 summarizes the 30 collaborations analyzed for these find-
ings. They involved 20 different media organizations, 28 different
journalists, and 9 participating research team members.

3.3 Step 3: Semi-Structured Qualitative
Interviews

After the collaborations ended, the first author reached out to both
the journalist and the researcher team members to set up individ-
ual, semi-structured interviews to debrief. The interviews were
conducted over video conference. Table 2 lists the journalists and
researchers who participated in the interviews.

During the semi-structured interviews, the first author first
asked the participants about their experiences working with the
researchers or journalists (whichever was appropriate) before 2020.
They then asked the participant to walk through — start to finish
— the experiences of the collaborations that they participated in.
The interviewer asked probing questions about the participants’
expectations of the collaborations and their opinions on the out-
comes, among other things. The interview protocol and consent
practices were reviewed and approved by the authors’ University
Institutional Review Board.

The participant interviews added color to the ethnographic find-
ings and filled important information gaps about collaborations
where the first author was not about to closely observe. These in-
terviews were unique in that they allowed the researchers to learn
about a few, in-depth collaborations from both the journalist and
source perspective — empirical studies that consider both of these
perspectives are rare, according to Magin and Maurer 2020 [38].

3.4 Step 4: Qualitative Analysis

The first, and most significant step of the qualitative analysis was
reviewing the ethnographic notes, memos, and artifacts from step

Figure 1: Screenshot of Collaborative Miro Board

one of the collaborations. The first author regularly discussed notes
and findings throughout the collaborations with the other authors
during weekly 1:1 meetings. The second author, too, reviewed notes
and memos before doing collaborative analysis.

Once the final collaboration was complete, the authors gathered
and placed the most salient ethnographic notes and memos onto a
collaborative Miro board. They talked through the observational
notes for each collaboration and the authors were able to identify
five key collaboration types and associated motivations.

Next, the interviews were transcribed, atomized, and placed on
the same collaborative Miro board (see Figure 1). The first author
led an exercise of sorting the 500 atomized quotes and notes from
the 14 interviews into themes. As mentioned, the themes from
ethnographic notes and memos were also displayed on the board,
providing an initial, yet flexible structure for card categories. Many
of the interview cards did align to existing ethnographic themes,
but other, new findings emerged from the card sort as well. After
discussing and refining the groupings, the authors identified the
most salient findings to discuss in this paper.



CHI ’22, April 29-May 05, 2022, New Orleans, LA, USA

Melinda Haughey et al.

Table 3: Typology of Collaboration Types

Type Name Short Description Associated Details
Num- Collabora-
ber tions
1 Follow Up Journalists follow up on a C102 C113  In these cases, public scholarship (e.g., a blog or tweet about a
Piece piece of public scholarship =~ C122 C124  finding from the rapid analysis work) drove interest in the
(like a tweet or blog post) team’s research and the establishment of collaborations. These
and want to write a story collaborations were typically initiated on Twitter or via email
featuring the research and involved follow-up conversations describing the underlying
team’s analysis. data of what the researchers had reported and providing
additional context (and sometimes data) for the story.
2 Specific Data  Journalists have a specific C103 C105 In these cases, journalists typically had a story in progress and
Question data question for a story C106 C108  wanted primarily quantitative data (though occasionally
they are already working on. C112 C114  qualitative artifacts were enough) to advance their piece.
C120 C121  Answering these questions was possible due to the team’s data
C128 C129  collection capabilities, access to tools, and robust data storage.
Some of the collaborations that began as 2s, also evolved into 3s.
3 Research Journalists have a story they C104 C107  Many of these calls included “gut checking” - a need described
“Take” are working on, and they C110 C111  in the findings. Journalists would either share data, a story, or
want to talk about the C115 findings from an interview and get the researchers’ take on it.
research team’s analysis or Put simply, asking “am I approaching this right?”. Often these
“take” on the topic. ended with quotes from the researcher to help put this finding
in perspective for the readers.
4 Education  Journalists have a story they C102 C117  These were important for journalists new to the beat or
are working on, and they C127 covering topics that were new to them. Researchers would
want contextual provide background knowledge about a topic and guide the
(background) information, journalist in how to approach the topic. Sometimes they would
data, and misinformation provide direction of where to look for specific pieces of
education to help tell the information online or help with the framing and approach to
story. the story. These were especially prevalent with stories about
vaccine misinformation, especially as many journalists were
writing about online anti-vaccination groups online for the first
time.
5 Open Ended  Journalists have an C109 C116  These collaborations started, often, with an open-ended
Collabora-  open-ended question or a C118 C123  question. The researcher and journalist worked together to
tions general topic for an C125 C126  refine the questions and went back and forth with the data
investigative story and want C130 many times. These collaborations were the most challenging
to work with researchers to and time-consuming, yet some of the most rewarding for
shape and gather data for researchers.
the piece.
4 FINDINGS 4.1 Typology of Journalist-Researcher

The findings offer four primary insights: First (1), we offer a typol-
ogy of motivations for journalist-researcher data and information
sharing. Next, we expand on the ethnographic findings with inter-
view insights to (2) discuss why journalists are relying more on
researchers (compared to other beats) for help getting up to speed,
accessing data, and ‘gut checking’ stories on misinformation; and
(3) discuss challenges and professional tensions that emerged from
these collaborations. Finally (4), we lean back into the ethnographic
findings to describe the challenge of “getting on the same page” —
the translational work of turning journalistic questions into data
inquiry questions, and the shared understandings needed to get to
a productive starting point for the collaborations.

Collaborations

Drawing on ethnographic notes and memos from thirty different
collaborations throughout one year, the authors identified five cat-
egories of motivations for journalists relying on researchers as
they developed misinformation journalism. These collaborations
involved journalists from a range of organizations: including many
well-known, national U.S. outlets, a few international journalists,
as well as local print and radio reporters. Because the journalist
collaborators were in various cities, all communications were done
virtually through e-mail, Slack, phone calls, and video calls.
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Some of these collaborations were short — e.g., just one or two
emails exchanged to answer a quick question or a few days to in-
vestigate the origins of a viral misinformation meme. Some went
much longer, spanning dozens of interactions including email ex-
changes, phone conversations, and the use of collaborative artifacts
like Google Docs or data visualizations. These extended collabo-
rations tended to involve the co-creation of journalism between
the journalist and the researcher, where the data questions and
conversations guided the reporting. Some collaboration structures
were innovative and experimental for both the researcher and the
journalists. For example, some were done “live”, where researchers
and journalists co-worked (virtually, in a chat and video environ-
ment) during high visibility events like election debates and on
election day — giving tips, journalists asking questions, researchers
sharing quick analyses.

Many, though not all, of these collaborative efforts, contributed
to published pieces. In some cases, the collaboration informed and
guided the final piece. In others, the findings — even though they
took ample research and journalistic effort — simply did not turn
out to be newsworthy enough for publication. In these cases, either
a piece wasn’t published at all, or the journalists included a piece
of the analyses as supporting data for an adjacent story.

Through an ethnographic analysis of these interactions, we iden-
tified five distinct types of collaborations — each revealing a dif-
ferent aspect of journalists’ needs (generally) or goals for working
with researchers on the “misinformation beat”. Table 3 enumerates
these different collaboration types, providing some details on how
they were initiated and unfolded, and serving as a reference point
throughout the remaining findings and discussion section.

4.2 Researchers fill an essential — but possibly
temporary — expertise gap for journalists
working on the misinformation stories

Our interviews revealed that these collaborations were part of a
larger trend: journalists are leaning on external researchers for their
contextual and methodological expertise in helping develop report-
ing on the misinformation beat. Journalists, themselves, discussed
this dynamic:

"Academics are such a large part of what I do. without
that, I could not do this job" - J20A

“On this misinformation beat you’re heavily depen-
dent on relationships with researchers, I think proba-
bly more than most beats" - J14A

This section provides color on why journalists are more reliant on
the researchers for this beat and why researchers struggle to keep
up with those needs.

4.2.1 Journalists lean into researchers to fill three main newsroom
gaps. J18 said explicitly, “since misinfo is a new topic for news-
rooms, there is a lot less internal expertise and infrastructure” on
this beat. This statement was confirmed through the ethnographic
findings and interviews. The lack of contextual and methodological
expertise with social trace data pushes journalists to look exter-
nally for needs that are typically met with internal experts — like
gut checking and data access and/or analysis. Each of these is ex-
plored in this section. Meeting these needs requires that journalists
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build closer, and more collaborative, relationships with researchers.
These close relationships also exist in a grey area where researchers
sit somewhere between a source and a collaborator — leading to
relationship and independence challenges that will be discussed in
future sections.

Gut Checking. Each journalist and researcher interviewed for
this piece mentioned the concept of reaching out to researchers
to “gut check” their stories, data, or framing; something that — ac-
cording to J18 — is more accessible internally for other beats. The
concept of ‘gut checking’ isn’t new to journalists. Schultz writes
that the journalistic gut feeling associated with determining news-
worthiness is something that accrues with experience [52]. Though
journalists were doing newsworthiness gut-checking throughout
the collaborations (in some cases they walked us through this pro-
cess), they were primarily turning to researchers for a different
kind of gut checking; one more aligned with the process of beat
specialization and ensuring that they were properly discussing the
complexities of the online environment. For example, J18 went on to
give an example: when covering a story about armed conflict, they
can go to a coworker with experience on that beat and talk through
their story, approach, framing, and information with them. But on
the topic of misinformation, this doesn’t yet exist. Researchers, too,
noticed this need adding that journalists would reach out “want[ing]
validation that they weren’t crazy in the way that they were thinking
about this” (R1) and to “confirm their suspicion or the hypothesis
that they’re putting forward or because there’s so much uncertainty
around like the aspects of the beat" (R9).

The ethnographic findings revealed that throughout these collab-
orations, researchers helped check journalists’ findings and guide
them on approaching challenging stories. After discussing the pro-
cess of asking a researcher on our team for help with story framing,
J18 was quick to add, ‘T would be careful to asterisk that we don’t
ever really run scripts by researchers”. This practice of looking ex-
ternally for “gut checks” can contribute to an environment where
researchers are contributing to the presentation of the story, mov-
ing beyond the traditional role of a source — and creating tension
for journalists for whom this may violate professional standards.

Data Access and Analysis. As was shown in the typology, many
of the collaborations also involved a specific data or data analysis
request from the journalists. Journalists discussed two reasons why
existing internal newsroom approaches to data don’t currently meet
the needs of misinformation journalists: the data is private and the
existing data journalists lack experience analyzing social media
trace data.

To the former challenge, J14A mentioned the fact that accessing
social media data — held exclusively by private companies — is
unlike the data access process for other beats they had worked on.

“In other beats, you rely a lot on public information,
like things you can [FOIA request]. In this beat, ev-
erything comes from those private companies” - J14A

Data access, then, is mediated by the social platforms themselves
who are hesitant — and in many cases entirely unwilling — to
share data with journalists looking into misinformation concerns
on their platform. These social media organizations cite privacy
concerns in this kind of data sharing, while journalists tended to
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suggest that these decisions were more about these organizations’
self-preservation interests.

Researchers, though, have unique infrastructure that enables
data collection and analysis of social media data. In some cases, this
includes privileged access to data from social platforms through
partnerships. In other cases, researchers don’t have “special” access,
per se, but they do have the funding and infrastructure to enable
data collection at a meaningful scale. This valuable data was avail-
able for the journalists who participated in these collaborations.
Specific Data Requests (Table 3, Type 2) collaborations, the research
team’s data collection capabilities filled the newsroom data needs
gap.

When it comes to the second need, data analysis, many news-
rooms lack resources for internal expertise and tools. Though data
journalism is an increasingly important part of newsroom activity,
formal data journalism training is largely introductory, often fo-
cusing on older, traditional data types [25]. The social media trace
data collected in these collaborations is known for having unique
challenges requiring both methodological and contextual expertise
to properly analyze [27]. The ethnographic notes from these collab-
orations — and the authors’ previous relationships with journalists
— suggest that many newsrooms’ data journalists do not have the
training or experience to collect, maintain, and analyze this kind of
data.

4.2.2 Researchers are eager to help journalists on this time-sensitive
and impactful beat, but these collaborations feel unwieldy and unsus-
tainable. Universities and funders (including the National Science
Foundation) have been encouraging researchers to attend to the
broader impacts of their work — including through public scholar-
ship. By working with journalists, university researchers, too, feel
like their work can have more of an impact on the public discourse;
possibly slowing the spread of misinformation, impacting national
and platform policy, and bringing the danger of misinformation
more into the public conscience at the right time. Collaborations
with journalists on this beat fulfill this public scholarship goal.

«

So, I kind of see journalists as a potential conduit
for our research to the broader public” - R3

“And I feel incredible whenever I get a [journalist]
request. [...] I can help not only inform their story but
hopefully better inform the public generally” - R6

Yet these collaborations take a lot of researcher time — not just to
answer the questions or do the data queries — but to play a role in
educating journalists who are new to the beat about this work. In
some cases, the education calls lasted over two hours.

J10A spoke fondly of these education calls: "every
time I talked to [a researcher], I would learn more
about this topic. And then I would form a much more
nuanced, like vision of it"

R6 spoke about this process as being a part of the
broader impacts of being a researcher: “I want every-
one to be really good — at covering this beat. And to
do that, it does require a little bit of education. And
then that’s like one of the responsibilities I guess, be-
ing an academic."

Melinda Haughey et al.

Though these efforts feel worthwhile to researchers amid mass
online misinformation — educating journalists about the field im-
proves coverage and mitigates amplification risk overall — it also
takes away from time that the researcher could have been spending
on tasks that are more traditionally rewarded by academia, like
writing peer-reviewed papers. This setup felt unsustainable to many
of the researchers interviewed. There are also ethical questions sur-
rounding this practice for the long term — e.g., about collaborating
too closely with a small number of journalists, feeling pressure to
publicize findings before they are peer-reviewed, and taking op-
portunities from other researchers to receive visibility. Researchers
are currently pondering how to maintain the rigor traditionally
required of the field while also moving at a pace that can have
an impact on this fast-moving phenomenon. Collaborating with
journalists brings these tensions to the surface.

4.3 Navigating ethical and professional
differences in these collaborations:
perspectives on data sharing,
newsworthiness, and innovation.

Researchers and journalists both conceptualize themselves as
knowledge brokers and in service to the public. Yet the way that
these roles are enacted differ — like the speed of publication, sourc-
ing practices, and epistemologies. This section discusses a few of
the salient tensions: (1) researchers’ concerns about the speed and
nature of data sharing and (2) journalists’ professional commitment
to newsworthiness and meeting the public with stories of interest.

4.3.1 Sharing data at speed: researchers’ hesitations. Researchers
are keenly aware of how incomplete and unofficial the social media
data they collect, and share, are; the data are often grabbed from
public APIs, based on certain keywords, or provided directly by
platforms and subject to scrutiny. Researchers are still grappling
with ethical quandaries around reporting on these public social data.
Sharing the data with reporters is even trickier. Researchers cited
two primary hesitations to data sharing: (1) not knowing where
the journalists’ piece was heading and (2) feeling like the speed did
not allow for enough “double-checking”.

Story Direction. Researchers expressed hesitation in sharing data
especially when the researcher didn’t know the aim of the piece
or what argument the data would be used to support. R2 put this
explicitly, stating T felt weird about sharing data so openly with
[this journalist], on this topic. Especially without knowing what "the
person’s angle is”. In one case, this concern developed through
experience: a researcher reflected on sharing since-deleted tweet
data from an inauthentic account with a journalist without much
thought to how it would be used:

"When I was giving him information on these peo-
ple, I didn’t know what the story was about, which
is, in hindsight, probably not the best thing. I prob-
ably should have been like, why do you need this
data?’ But I was just like, ‘you’re [a big national news
organization], you're fine." - R4

In the interview, this researcher reflected that they felt uneasy
about how they handled the data sharing. Though the published



Bridging Contextual and Methodological Gaps on the “Misinformation Beat”: Insights from Journalist-Researcher

Collaborations at Speed

story accurately covered the data, the researcher wasn’t aware that
the data would be used to confront the account owner — whom
the journalist had identified through an external tip — in person.
Moving forward, the researcher was set on understanding the aims
of the story and the use case for the data before sharing.

Yet some journalists are still developing the direction of the piece
before contacting researchers for help (Table 3, Type 5). In a few
cases, this created a stalemate, where the researcher wanted to
know more about the story before sharing data, but the journalist
wanted to see data analysis to help determine the direction of their
story.

Data Sharing at Speed. The speed of publication in the newsroom
is much faster than that of academia. Though the researchers we
interviewed suggested that peer review, too, is a flawed process,
they said it does require them to validate their methods in a much
more rigorous manner before publication. Researchers spoke about
occasionally feeling uncomfortable moving at the journalists’ pace
during these collaborations.

"Moving at a rapid scale (esp. <24 hrs.) is challenging
and vulnerable for us because we want to make sure
things are exactly right. And a lot of things can go
wrong, there might be an error in your data you didn’t
see, or you miscoded something in the script." - R3

Another researcher said if the same work was for
academia: "I would need to do a lot more work than I
did to validate my measures” - R1

Multiple researchers spoke to the fact that sharing data outside
of peer-review — where methods are scrutinized — felt uncomfort-
able and risky, especially on a topic of great public interest. The risk
of putting out an incomplete data set or having a journalist misrep-
resent information to the public is a fear that brought tensions to
some collaborations. One researcher, R2, didn’t even think of the
fact they had shared an analysis outside of peer review until people
started asking for their paper on it when the article came out. R2
felt uncomfortable saying that no paper had yet been written on
the topic.

The comfort levels can also vary by the kinds of data or methods
required to answer the data query. R2 said they felt comfortable
sharing some kinds of data publicly and with journalists because
they were confident in it and, in other cases where there was more
uncertainty (or were using a new method), they would want it to
be reviewed. This was sometimes hard for the team to convey to
journalists: why, in one collaboration, the journalists received a
straightforward data response and in another, they received a long
email explaining the challenges of collecting and sharing a kind of
data or analysis.

As researchers have adapted to collaborating, so have journalists.
The first author noted in their memos that journalists recognized
researchers’ discomfort around data sharing at speed. Because it
is often in journalists’ best interest to establish trust and make
researchers feel comfortable sharing data, seasoned journalists on
this beat tried to add appropriate context to build up this trust,
either by running the text back by the researcher or taking the time
to fully understand and contextualize the data themselves.

CHI ’22, April 29-May 05, 2022, New Orleans, LA, USA

"I think we reporters have all been in a sort of situ-
ation where [a researcher] has rightly been mad [at
us] getting something wrong. We want it to be right.
But sometimes there’s something lost in translation.
I always try, especially with academics, to say, ‘this
is what I think I hear you saying’. Sometimes they
reply with ‘not quite’, then we’ll like to massage it to
a place that’s true" -J20A

The journalists that help researchers feel comfortable sharing data
— by working together to frame findings and provide ample context
— are the ones that benefited more frequently from the knowledge
of the research team in these collaborations. These trust-building
practices brought certain, privileged journalists and researchers
even closer together.

4.3.2  Newsworthiness and what is interesting. When collaborating
with researchers, the journalist participants also had their profes-
sional intentions and priorities to consider. Among other things,
journalists are eager to write engaging content that will attract read-
ers, educate them, and that subscribers would find valuable. The
journalists interviewed talked about how they would break down
the dense misinformation research and make it more digestible and
relatable for the public.

“I have to balance the vegetables [info about misin-
formation] with what they’re interested in. If I can’t
get them to like, read it, then it feels a little bit less
impactful” - J1I0A

J20A, too, talked about doing this by putting more data substance
in the middle of the article and making the piece interesting by
having the beginning and ends be more engaging. This skill, of
course, is what makes sharing research with journalists beneficial
to the public — there’s little value if nobody reads the piece.

In some of the collaborations, however, journalists and re-
searchers had a hard time finding harmony between meeting the
needs of the business of journalism and using the data output from
the collaboration. Sometimes, the analysis findings just simply
weren’t that interesting or newsworthy to the journalists (though
the researcher sometimes disagreed). Choosing not to run a story
or include a quote or finding from the researcher who worked on
gathering the data was common (e.g., C103, C109, C114, C118).

"The stuff that we ended up finding ended up being
not that newsworthy. And at the end of the day, I have
to use my news judgment.” - J14A

Sometimes this led researchers to feel like they had wasted time.

“So, I did all this work. And I did data, I even roped in
another researcher to do all of this. And then I gave
[the journalist] feedback. Like, why I think this is
happening. Here’s a deeper analysis of my expertise
in the space. and nothing happened” - R6

This highlights an interesting tension for the journalist — balancing
the need to meet the public with interesting, informative content
with the need to maintain a positive relationship with researchers
— especially as the misinformation beat continues to change and
comes with ample journalistic capital [38].
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4.3.3 Despite challenges, these collaborations can lead to innovative
research and journalism practices. For the reasons described above,
not all collaboration efforts resulted in publications — despite many
of them consuming researchers’ and journalists’ time. However, in
the post-collaboration interviews, researchers and journalists re-
flected on ways that even unpublished efforts ended up contributing
to their work, though many of them didn’t realize the contributions
until later. In their interviews, researchers noted that these collab-
orations led to innovative methods development (R1, R2, R8) and
powerful case studies for presentations and forthcoming papers
(R2, R4). Journalists who participated in Open-Ended Collabora-
tions (3, Type 5), noted how working closely with researchers on
co-production activities furthered their understanding of how data
analysis works and the difficulty of gathering, cleaning, and making
sense of social media information. Even when these collaborations
were seemingly unsuccessful (i.e., no story was published) they had
the potential to inspire thoughtful conversations and new ways of
thinking about misinformation online.

4.4 Getting on the same page: translational
work from journalism questions to data
questions

So far, we’'ve discussed the necessity of these kinds of work on rapid
timelines and the ethical and normative roles of both reporting and
academia’s role in this beat. This section centers the practical; the
how. How do these challenges manifest and what design provo-
cations might this open for researchers and designers in the CHI
community?

One major procedural challenge to the ‘how’ of academic-
journalist collaborations on this beat was persistent: getting on
the same page. Specifically, aligning journalism questions with data
questions that were actionable with the infrastructure and expertise
that the research organization had. Two elements of this “getting
on the same page” process are discussed: 1) scoping the journalism
question to one that could be answered using the data and capa-
bilities at hand (i.e., addressing the challenge of broad questions)
and 2) having the right contextual expertise to accurately guide
and understand the implications of those findings (the challenge of
making sense of the data).

4.4.1 Question translation: from journalism question to data inquiry.
One of the most salient and challenging issues the researchers
discussed was the process of tackling big, bold questions from jour-
nalists. An example might be: “how much misinformation is on
Twitter now compared to before the 2020 election?”. From the per-
spective of the researchers, properly answering this question would
require a minimum: a definition of what constitutes misinformation,
access to all tweets in a period before and after the election, and
the ability to process and find tweets that meet the misinformation
criteria.

Receiving questions like this, over time, became burdensome for
researchers for a few reasons: These kinds of questions elicited con-
versations about data access, data analysis, and data assumptions —
as well as education on why these kinds of questions can’t easily
be answered.
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RO reflected that, “[Some journalists have] a miscon-
ception that we have this big thing of data, [and] we
can just press a couple of buttons and have all your
answers like, ‘here’s your disinformation campaigns’.
It was hard to explain to those journalists that’s not
necessarily how it works”

These kinds of questions also prompted educational conversations
about the definition of misinformation, the role that public accounts
play in the ecosystem of mis/disinformation, and more. In short,
these broad questions often necessitated a great deal of method-
ological and contextual “onboarding”.

As we’ve discussed in previous findings, researchers were eager
to help with this, but over time the education work started feeling
unsustainable.

“It felt a little bit like helping to educate [them] on a
bunch of different fronts, which you know, has value,
I guess, if [they’re] gonna go on and write about these,
about these things, but it did feel a little bit scattered”
-R3

The researcher and journalist would then enter a scoping phase,
where those broad questions were refined into ones that could be
answered using our data infrastructure and expertise. For example,
the “how much misinformation is on Twitter now compared to be-
fore the 2020 election?” question might become “how much voting
misinformation did these specific accounts share in the months
leading up to the 2016 election vs the 2020 election?” In this case,
scoping to a topic, accounts of interest and a time frame helped
shape a data question that was answerable to our researchers. They
could then use qualitative and/or quantitative methods to begin an
analysis.

Over time, some journalists improved the way they asked ques-
tions, making them more actionable for the research team. Re-
searchers, then, were more eager to tend to these well-scoped ques-
tions and prioritize these requests — hinting at challenges of equity
in doing this work. Through this back and forth, both researchers
and journalists learned how to translate these bold journalistic
questions into actionable data queries.

4.4.2 Contextual, cultural expertise is necessary. The activities of
2020 reveal that the “misinformation beat”, in addition to a beat
of its own, spans across numerous other beats. And expertise on
those intersecting beats — like health, armed conflict, vaccine sci-
ence, politics, and elections — was essential for success in analyzing
and covering the misinformation emerging from those topics. In
many cases, researchers — unfamiliar with the context in question
— probed the journalists for example artifacts, hashtags, or other
evidence of misinformation that could serve as a starting point for a
data-led investigation (as suggested in investigative digital ethnog-
raphy [62]). It became clear, in a two difficult cases, that journalists
knew very little about the communities they were investigating,
which made data analysis harder, less valuable, and put them at
risk of manipulation [88].

"We were hoping that we could work together to get
better questions. And if they don’t understand the
context well enough, then that that doesn’t really
work."- R3
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Even when questions were scoped to actionable data requests,
we found that without contextual, cultural expertise — either from
the journalist or the researcher — it was challenging to make sense
of the data. For example, when a journalist who formerly covered
education began asking questions about voter fraud narratives, the
researcher team encountered two challenges: 1) There were hours
of contextual and methodological onboarding work to get them up
to speed on misinformation and data collection capabilities; and 2)
the researcher working with this journalist felt like the journalist
couldn’t assess the value of the data to a potential story. After
going through a long scoping phase and then doing an in-depth
data analysis, the researcher — who did have contextual expertise
in the topic — felt like their insights had produced meaningful
content for the journalist. The researcher later reflected that other
journalists with contextual expertise would have considered these
findings be interesting and newsworthy. Yet, P4 said, “They kept
wanting more and more. And from our perspective, we were like ‘the
story is right here!’" - R4

Working with researchers without deep specialization also made
some researchers feel ‘cagey’ — or reluctant to share information —
especially when a historically marginalized group was involved. In
reflecting on one collaboration, researchers spoke about hesitations
working on a data collaboration with a journalist investigating
possible inauthentic activity on discourse about a minoritized com-
munity in the US. Both the researchers and the journalists had
very little knowledge about the community and didn’t consider
themselves to be part of it.

"The stakes are high, you’re dealing with the marginal-
ized community, I didn’t have background in it. All
those things, I think made me cagey early on and just
make me cagey re-reading [the conversation with the
journalist]" - R2

When dealing with marginalized communities, there are added
stakes to the conversation — getting it wrong can mean further
marginalization or discounting authentic community organizing.

In contrast, the researchers felt that successful collaborations
were ones where journalists did understand the context and did
come with specific data questions. For example, a reporter on war
and government asked about a piece of misinformation spread-
ing about President Biden related to international conflict. The
journalist provided a few online artifacts as a starting point. The
researcher was able to use internal and external data tools to trace
the provenance of that data and then share the findings with the
journalist. Because the journalist was well versed in reporting on
armed conflict, they were able to find value in the shared data and
incorporate it into their story.

5 DISCUSSION

In our role as participant-observer researchers in these collabora-
tions, we assist the broader research community in seeing these
types of collaborations on the ‘misinformation beat’ with more
sensitivity, taking a “this is what happens” (Dourish 2006, 547) [89]
approach. We share insights and a situated perspective on a unique
type of collaboration happening at the intersection of social me-
dia data and journalism. This all serves to highlight issues at this
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boundary and give a rich sense of this site of phenomenological
interaction [24].

In this discussion, we (1) highlight the most salient tensions in
these collaborations and provide practical guidance for social data
researchers engaging with journalists; (2) discuss the growing role
of researchers as data mediators; and finally, (3) call for digital social
data researchers to develop ethical guidelines on data sharing and
privacy with journalists.

5.1 A Situated Perspective on the Role of
Academic Researchers as Data Mediators

As discussed in the background, the HCI community has explored
tactical ways to equip journalists with tools, data skills, and online
crowds to support their work [15, 56, 57, 82]. In this paper, we build
upon those insights to offer a situated, ethnographic perspective
on the collaboration needs of journalists who are reporting on the
“misinformation beat” — a role uniquely challenging due to the
accessibility of data, analysis, and the possibility of amplifying the
very information that they are trying to mitigate.

Drawing attention to this intersection is important as the role
of academic researchers as data mediators increases. This role is
becoming more prominent, both as it is enacted through these col-
laborations, but also as it becomes institutionalized through data
transparency initiatives. For example, in November 2021, the Aspen
Commission on Information Disorder [64] called for (1) legal pro-
tections for both journalists and researchers who violate platforms
terms of service in efforts to write about matters of public con-
cern; and (2) platforms to disclose public interest data to qualified
researchers, creating a “safe harbor” to analyze how information
spreads on social media. Similarly, Senators Coons, Portman, and
Klobuchar recently announced legislation that would grant quali-
fied researchers access to social media data if/when their proposals
were approved by the U.S. National Science Foundation [48, 91].
Each of these recommendations positions academic researchers in
positions of specialized access to social media data for the public
interest — reifying their role as data mediators. However, as we
demonstrate here, for researchers of online mis- and disinformation,
that role is unstable and often fraught, due to pressure to move at
the pace of these unfolding phenomena.

5.2 Call to Action: Developing Ethical
Guidelines for Data Sharing with
Journalists

As requests for collaborations around these data will persist, re-
searchers (and the research community at large) will continually
be put in the position of making rapid ethical judgments on what
data and insights to share with journalists. We know from boyd
and Crawford’s work that researchers have a role in the culture of
big data — what it means, who gets access, how it is shared, and to
what ends [7]. The researchers participating in these collaborations
were faced with these culture decisions largely alone and at speed:
e.g. churning out analysis; determining which journalists to partner
with; making quick user data privacy decisions; and worrying if
their work would be properly contextualized in the final piece. The
interviews revealed that the weight of this work and the need for
quick decision-making was heavy — especially since many of these
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researchers were keenly aware of the harm that can come from
revealing personal data or from getting a misinformation analysis
wrong in the public eye.

Our work finds that the researcher’s role as data mediator on
misinformation work comes without guidance, like tactical and
ethical frameworks for data sharing, which can lead to uncertainty,
vulnerability, and potentially high-profile mistakes at speed. The
most common gray areas that our researchers faced centered on the
speed of publishing, the robustness of analysis, and user anonymiza-
tion. We call for social computing researchers, within the
CHI community and beyond, to develop ethical frameworks
that consider these grey areas of misinformation work, in-
cluding the need to work at speed and nuances around user
privacy.

5.2.1 Ensuring methodological soundness. We know that moving
too fast and making methodological or analysis mistakes can hurt
the public too. Disinformation purveyors actively look for these
cases to undermine trust in trusted knowledge brokers [49]. Thus,
working on a framework to help researchers decide what kinds
of questions can be done at speed and what kind of analysis they
should feel comfortable publishing without traditional peer review
is important.

These determinations will likely involve several interacting di-
mensions, including complexity, researcher expertise, and the po-
tential damage of being wrong. For example, simply sharing recent
tweets from a public figure or a list of the most-engaged-with Face-
book pages may be straightforward and uncomplicated, assuming
the methods for calculating or finding the data is clear. More compli-
cated analyses — for example, network graphs that can both reveal
and mislead — may need to be treated with more care. A central
question could be: Has this research team previously published a
peer-reviewed paper featuring a similar type of analysis? And even
in those cases, we likely want to develop other practices to ensure
validity.

5.2.2  Alternatives to peer review at speed. When it comes to report-
ing on misinformation, researchers and journalists feel pressure to
move quickly — moving too slow to analyze and report on a viral
misinformation campaign can allow it to thrive and harm the public.
The peer-review process plays an important role in gatekeeping
and validating researchers before it goes public, yet the pace is too
slow to keep up with evolving threats.

One potential route is to build up a network of trusted researchers
and to encourage parallel analysis of specific data or online phenom-
ena that warrant a fast-paced response. In the aftermath of the 2020
U.S. Election, the Center for an Informed Public (CIP) researchers
were able to point to similar findings from the Social Technolo-
gies Lab at Cornell Tech, who were also publishing not-yet-peer
reviewed data and findings on election misinformation [1]. The CIP
researchers used the work of the Social Technologies Lab to sup-
port a decision to publish a list of “repeat spreaders” of misleading
claims. Though redundancy can feel like a waste of resources and
may reduce the rewards (of seeing one’s research featured in an
article), the benefits of independent research teams converging on
similar conclusions are likely worth the trade-off. Some journalists
from the cohort discussed in this paper pursued this kind of tri-
angulation in their data collaborations — reaching out to multiple
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research teams to confirm findings. Aligning our recommendations
with that practice, we encourage journalists, researchers, and even
funders to support this kind of triangulation.

5.2.3 Developing nuanced guidelines around anonymization. Exist-
ing research provides some ethical guidance on using social media
user data in research and protecting user privacy. Fiesler and Pro-
feres [92], for example, present considerations in using social data
in published research, focusing on considering users’ preferences in
the absence of traditional academic processes of consent. They make
recommendations such as anonymizing tweets and avoiding using
deleted content, among others. Yet in the context of online misin-
formation, the operators of accounts that play a large — and even
intentional role — in the spread of harmful misinformation may
not want their activities analyzed and made public, even though it
may serve the public interest to do so. Determining if/when it is
ethical or not to anonymize their data can be challenging.

Academic researchers make careful commitments to mitigate
potential harms to participants (and social media users become
participants in our work, often without consenting). Journalists
have a different set of commitments, often working — ostensibly in
the public interest — to expose ‘bad actors’. The tensions between
these two sets of competing commitments are especially salient in
the domain of online misinformation, where there are recognized
harms to public health, democracy, and vulnerable groups [64],
but also where, even for intentional disinformation campaigns,
the majority of participating accounts are “unwitting agents” [6].
Unfortunately, it is often difficult to distinguish between a “bad
actor” and a “sincere believer”.

Our research community will need to come together to surface
and navigate through these tensions, building off existing privacy re-
search (e.g. [3, 18, 41]) to develop nuanced guidelines for how/when
to protect the identities of accounts and account owners — and
how/when to specifically call out bad actors. Relatedly, as we build
tools for exporting data (including network visualizations), we may
want to develop (and enact as default display options) criteria for
anonymizing accounts — for example, that are private, unverified,
or under a certain threshold of friends or followers.

5.3 Practical Guidance for Researchers
Working with Journalists on Social Data

Finally, this work reveals some of the reasons why journalists are
increasingly seeking support from academic researchers, describ-
ing how researchers are creating a (perhaps temporary) bridge for
those journalists, helping to fill institutional gaps in contextual and
methodological know-how for investigations into an online phe-
nomenon. Our collaborations and subsequent analysis also surface
some of the professional challenges that journalists and researchers
face in working together to fulfill public interest goals at speed.

Collaborations with the most tension usually exhibited one or
more of the following: (1) ample back-and-forth time spent molding
journalism questions into actionable entries for data investigations;
(2) lack of contextual expertise; and (3) lack of clarity around how
the work would be credited. These were discussed in findings 4.2.2,
4.3.1,and 4.4.

Drawing inspiration from the process of Investigative Digital
Ethnography [62], we suggest a light framework for researchers
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to keep in mind during the initiation of these kinds of collabora-
tions. These can help to save time, set expectations, and mitigate
professional tensions.

Establish a Focus: Upon receiving a data request, the researcher
would benefit from asking the journalists to clarify the focus of the
inquiry, which can be done by asking for 1-2 explicit research ques-
tions. This task can help researchers ideate the possible methods
available to answer the questions at hand and establish a focus for
the investigation. The questions will likely be tweaked through the
life of the collaboration, yet clarity upfront can help with getting
on the same page quicker.

Probe for Prior Knowledge: Finding 4.4.2 highlighted tensions
where journalists or researchers lacked contextual expertise about
the topic being researched, making data analysis time-consuming
and challenging. Asking questions of both the requesting journalist
and the research team can help researchers assess if this inves-
tigation has the potential to be fruitful and ethical — e.g. doing
data research without knowing about the community can lead to
marginalization and put both parties at risk of manipulation [33].
Questions may include: What do you already know about the im-
pacted parties? Where are you in your current story/research?

Roles and Credit: Finally asking explicitly: ‘How do you envi-
sion us helping with this investigation?’ can force articulation of
expectations and help researchers identify the collaboration type.
Researchers may also probe for what kind of credit the journalist
usually gives for this kind of contribution and provide journalists
with a sense of how much time this work takes.

6 CONCLUSION AND LIMITATIONS

In this paper, we have framed the intersection of social data re-
searchers and journalism as a site of interest. We have discussed
tensions, mismatches in expectations, and ethical challenges that
can occur during collaborations between these professionals. Bet-
ter understanding this work will help construct frameworks for
more productive collaborations as researchers increasingly serve
as data mediators between social platforms and journalists. There
is a pressing need for the development of an ethical framework to
guide this work. This research is limited by the fact that most of the
journalist collaborations were U.S.-centric and took place during a
time of civil and political unrest. We acknowledge that journalism
is contextual and cultural. More research is needed to understand
how collaborations may differ in non-U.S.-centric contexts.
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A APPENDICES
A A NOTE ON COLLABORATIVE
INFRASTRUCTURE OF THE

PARTICIPATING RESEARCH TEAM

This research took place within an interdisciplinary team primarily
based within the University of Washington. The team has robust,
reliable, and flexible infrastructure — including social media data
collection infrastructure, team members with methodological and
contextual expertise, communications staff, and funding resources
— that enabled these kinds of collaborations with journalists. While
this study was taking place, the team had (1) nearly a dozen part-
time student researchers (including R1-R7), (2) a dedicated PI and
three faculty researchers volunteering effort, and (3) three staff
members —including a full-time data engineer who maintained
servers, social media data collections, and the technical infrastruc-
ture for distributed analysis.

During the study period, the team also had key partnerships
and chat channels with other organizations doing misinformation
research on social media, which helped them stay up to date on
emerging misinformation narratives and provided analysis support.
In Autumn 2020, during the most active period of this research, the
team was partnering with other research teams to do rapid analysis
of misinformation related to the 2020 Election. These partnerships
continued from December 2021 — June 2022 with a focus on vac-
cine misinformation. This rapid response work involved rapidly
identifying, analyzing, and communicating about emergent mis-
and disinformation online, and led to the publication of dozens of
blogs and social media posts which became a route for journalists
to become aware of our team and its research (and the potential
for collaboration). Through this work, the team was also able to
obtain financial assistance in hiring several student researchers
dedicated to “rapid analysis” for the fall and winter of 2020, which
enhanced their ability to engage in these collaborations. The first
and third authors of this paper are members of this team and were
participants in these collaborations.
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