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Abstract

We present the first event-horizon-scale images and spatiotemporal analysis of SgrA® taken with the Event
Horizon Telescope in 20017 Aprl at a wavelength of 1.3 mm. Imaging of SgrA” has been conducted through
surveys over a wide range of imaging assumptions using the classical CLEAN algorithm, regulanzed maximum
likelihood methods, and a Bayesian posterior sampling method. Different prescriptions have been used to account
for scattering effects by the interstellar medium toward the Galactic center. Mitigation of the rapid intraday
variability that characterizes Sgr A" has been carried out through the addition of a “variability noise budget” in the
observed visibilities, facilitating the reconstruction of static full-rack images. Our static reconstructions of Sgr A”
can be clustered into four representative morphologies that correspond to ring images with three different
azimuthal brightness distributions and a small cluster that contains diverse nonring morphologies. Based on our
extensive analysis of the effects of sparse (i, v)-coverage, source varisbility, and interstellar scattering, as well as
studies of simulated visibility data, we conclude that the Event Horizon Telescope Sgr A" data show compelling
evidence for an image that is dominated by a bright ring of emission with a ring diameter of ~50 pas, consistent
with the expected “shadow” of a 4 x 10" M, black hole in the Galactic center located at a distance of 8 kpe.

Unified Astronomy Thesaurus concepis: Synthesis imaging (53); Black Holes (162); Galactic center (565); Radio

astronomy (1338); Very long baseline interferometry (1769); High angular resolution (2167)

1. Introduction

At the center of our Galaxy is the nearest candidate
supermassive black hole (SMBH), Sagittarins A" (SgrA).
We present here the first horizon-scale images of it. Compared
with MB7", Sgr A" is more challenging to image, mainly due to
its rapid vanability and the distortions of the intervening
scattering mediom. We develop methods to characterize and
mitigate these two factors in order to reconstruct images that
take us a step closer to establishing that Sgr A is a black hole.
This paper is the third in the Event Horizon Telescope’™s (EHT)
series of six SgrA” articles (Event Horizon Telescope
Collaboration et al. 2022a, 2022b, 2022c, 2022d, and 2022e,
hereafter Papers I, 11, IV, V, and VI).

Since the first discovery of Sgr A’ as a compact radio source
with interferometric observations at centimeter (cm) wavelengths
(Balick & Brown 1974), there have been many studies of this
closest SMBH to Earth. Of particular importance is the study of
stellar dynamics showing that the position of SgrA” in the
Galactic center coincides with the center of gravity of a dense
cluster of young and old stars (Eckant & Genzel 1997, Menten
etal. 1997; Ghez et al. 1998; Reid & Brunthaler 2004; Reid 2009},
Moreover, the gravitational potential is dominated by a compact
object of mass of 4 x 10* M_ contained within 120 au of SgrA’,
at a distance of 8 kpc from Earth (Ghez et al. 2008; Gillessen et al.
2009, 2007; Gravity Collaboration et al. 20018a; Do et al. 2019
Gravity Collaboration et al. 2019). Based on these facts, together
with the continuous variability on characteristic timescales from
minutes to hours, especially at near-infrared (NIR) wavelengths on
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angular scales of typically 150 pas (Gravity Collaboration et al.
201 8b, 2020), the likely scenario of Ser A is that this compact
object is an SMBH. The combination of mass and proximity
makes SgrA® the black hole subtending the largest angle on the
sky with a Schwarzschild radivs of 0.08an ~ 10 pas and an
expected “shadow™ angular size of ~50 pas. SgrA’ was thus
identified early on as a primary target for imaging a black hole
“shadow™ (Falcke et al. 2000)), predicted by Einstein’s theory of
general relativity (Hilbert 1917; von Laue 1921; Bardeen 1973;
Luminet 1979). Similar calculations put the shadow angular size
of MET at ~40puas (6.5 = 10? M., 164Mpe from Earth),
confirned by the EHT through imaging and analysis (Event
Horzon Telescope Collaboration et al. 201%a, 2009, 2019,
2019d, 2009e, 2019¢f, hereafter M&T" Papers I-VI).

In very long baseline interferometry (VLBI) observations at cm
wavelengths, the structure of SgrA” is unresolved and dominated
by scatter broadening caused by the ionized interstellar medium
(ISM: see, e.g., Rickett 1990; Narayan 1992). As a result, the
measured sizes are proportonal o A7, where A is the observing
wavelength (Davies et al. 1976), with an asymmetric Gaussian
shape elongated toward the east-west direction (ie. stronger
angular broadening; Lo et al 1985; Alberdi et al 1993;
Krichbaum et al. 1993; Frail et al. 1994; Bower & Backer 1998;
Lo et al. 1998). For several decades, many VLBI observations
have attempted to reach smaller angular (and spatial) scales. These
studies found that the observed size at mullimeter (mm)
wavelengths deviates from the M -relation, indicating a larger
intrinsic  size than expected from scatter broadening of an
intrinsically unresolved source {(e.g., Krichbaum et al. 1998; Lo
et al. 1998; Doeleman et al. 2008; Falcke et al. 2009,

After constraining the scattering effects (see Section 3.1), the
intrinsic structure of SgrA° at long radio wavelengths can be
modeled with a single, nearly isotropic Gaussian source
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(Bower et al. 2004; Shen et al. 2005; Lu et al. 2011; Bower
et al. 2014; Johnson et al. 2018; Issaoun et al. 2021; Cho et al.
2022). Its size and orientation on the sky have remained fairly
constant over timescales of days to years (e.z.. Alberdi et al
1993; Marcaide et al. 1999; Lu et al. 2011), but a marginal
variation has also been suggested (Bower et al. 2004; Akivama
et al. 20013). At observing wavelengths =1 mm, some evidence
for structure beyond a single Gaussian model has also been
reported. While this is likely attributed to refractive scattering
substructure (i.e., not intrinsic) at cm wavelengths {e.g.. Gwinn
et al. 2014), its cause 15 still unclear at mm wavelengths. For
instance, at 7 mm, Rauch et al. (2016) reported a short-lived
secondary component that could possibly be related to a
preceding NIR flare. However, the detection of nonzero closure
phases was only marginal and does not exclude a realization of
thermal or other systematic errors. At 3.5 mm, several studies
have found slight nonzero closure phases (Brinkerink et al
2016; Ortiz-Ledn et al. 2006) and asymmetric non-Gaussian
structure along the minor axis (Issaoun et al. 2009, 2021, but
its physical origin remained nonconclusive: it could be due to
either scattering or an intrinsic asymmetry of Sgr A*

Multiwavelength observations of SgrA® show an inverted
spectral energy distribution rising with frequency in the radio
owing to synchrotron emission, with spectral break at THz
frequencies (submillimeter wavelengths), where the accretion
flow becomes optically thin (Falcke et al. 1998; Bower et al.
2015, 21]!'5'1?‘i Its I:rlulnmrin‘:} luminosity was measured to
be ~ 5 10 ergs™ ', or 107 "Ly, (Genzel et al. 2010; Bower
et al. 2019). A more detailed description of the spectral
properties of SgrA° is presented in Paper II. At an observing
frequency of 230 GHz (1.3 mm wavelength), the accretion flow
15 expected to be sufficiently optically thin to detect the hlack
hole shadow in SgrA” with an Earth-sized interferometric
array, such as the EHT (Falcke et al. 2000); Doeleman et al.
2009 Broderick et al. 2016; M&7* Paper II).

Sgr A’ additionally exhibits variability across the entire
electromagnetic spectrum (Genzel et al. 2003; Ghez et al. 2004;
Neilsen et al. 2013; Bower et al. 2015; Neilsen et al. 2015;
Boyee et al. 2019), with frequent flaring in the radio, infrared,
and X-ray regimes. Variability and motion can be observed
within a single observing night, with variability timescales of
the order of seconds to hours, characteristic dynamic timescales
for a 4 x 10° M, black hole (Baganoff et al. 2003; Marrone
et al. 2006; Meyer et al. 2008; Dexter et al. 2014; Hora et al.
201 4; Bower et al. 2018; Witzel et al. 2018; Bower et al. 2019).
In the radio and submillimeter, Sgr A" is constantly varying,
with a variability level of < 10% during quiescence (Macquart
& Bower 2006; Paper II; Wielgus et al. 2022). A detailed
description of the multiwavelength properties of SgrA’ is
presented in Paper 11

At 1.3 mm, Sgr A’ was detected for the first time with VLBI
on a single baseline with the IRAM 30 m telescope and the
Flatean de Bure Interferometer in 1995 (Krichbaum et al
1998). In 2007, the first successful observations with the early
EHT array, consisting of the Arizona Radio Observatory
Submillimeter Telescope (SMT) in Arizona, the James Clerk
Maxwell Telescope (JCMT) in Hawai'i, and the Combined
Array for Research in Millimeter-wave Astronomy (CARMA)
in California. offered the first line of evidence that the source
size at 1.3 mm is comparable to the expected size of the shadow
of an SMBH with the mass and position of Sgr A™ (Doeleman
et al. 2008; Fish et al. 2011). In 2013, 1.3 mm observations
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were carried out with an early subset of the present EHT array:
five stations at four geographical sites (Arizona, Califormia,
Hawai'i, and Chile). An early processing of the US-only data
resulted in a first measurement of relatively high linear
polarization on the 50-1(0 gas scale by Johnson et al. (2015)
and the detection of nonzero closure phases by Fish et al.
(2016), indicative of asymmetric source structure on the
Arizona-California-Hawai'i triangle. A final processing of
the data with the addition of the Atacama Pathfinder
Experiment telescope (APEX) in Chile by Lu et al. (2018),
which provides a resolution of ~30 pas (3 Schwarzschild radii
for the estimated black hole mass) in the north—-south direction,
revealed the presence of compact structure residing within the
scale of 50 pas and confirmed the previously reported
asymmetry (nonzero closure phase) by Fish et al. (2016). A
subsequent expansion effort of the EHT to increase array
sensitivity and imaging ability culminated in the 2017 April
EHT observing campaign (MS87™ Paper [I).

The 2017 EHT observing campaign was scheduled over a
12-day time window i 2017 Apnl, to minimize weather
impact. The two primary targets, M8T" (at the center of the
oiant elliptical galaxy M&7) and Sgr A*, were observed for four
and five nights, respectively. With a similar mass-to-distance
ratio, the two targets are expected to exhibit similar angular
sizes on the sky. Because MS7" is about three orders of
magnitude more massive compared to SgrA”, its dynamical
timescale is much longer, allowing for the straightforward use
of standard aperture synthesis VLBI technigques over each
observing night. The effects of scattering toward the MR7
galaxy are also minimal. These factors render MET" the optimal
first imaging target for the EHT. Based on the observations of
M87°, the EHT Collaboration presented first direct images of
an SMBH, showing a bright ring-like structure surrounding a
central dark circular area (ME7* Papers [-V1). Under the stellar
dynamics mass measurement prior (Gebhardt et al. 2001) and
with a scaling based on numerical simulations of the accretion
flow (MET" Paper V), these images confirm the predictions of
general relativity about the diameter of a black hole shadow
(MBT" Paper VI). Following these results, the analysis of the
linear polarization observations of MB7" produced the first
polarized images of the ME7" black hole and inferred a
magnetic field strength and geometry in the immediate vicinity
of the SMBH (Event Horizon Telescope Collaboration et al.
2021a, 2021b, hereafter M&7" Papers VII and VII). The
technique and workflow developments for the analysis of M27*
data serve as the basis for SgrA™ analysis, although new
significant developments were introduced to address the
challenges of interstellar scattering and  short-timescale
variability.

In this paper, we present the first imaging results of SgraA®
with the EHT for the 2017 Aprl 6 and 7 observations. In
Section 2, we describe the EHT observations of Sgr A" in 2017
and their properties. In Section 3, we estimate additional
properties of two major effects anticipated for Sgr A,
interstellar scattering and intrinsic intraday brightness varia-
tions, from nonimaging analysis to aid the imaging process. In
Section 4, we provide a brief review of the employed imaging
techniques. In Section 5, we describe the process for synthetic
data generation for the imaging parameter surveys outlined in
Section 6. These surveys provide a set of imaging parameters
that are used to produce SgrA” images. In Section 7, we
describe the resulting Sgr A* images for four different imaging
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pipelines and assess their properties and uncertainties. In
Section 8, we extract source parameters from Sgr A” images via
ring parameter fitting. In Section 9, we utilize dynamical
imaging and geometric modeling techniques to explore and
characterize potential azimuthal time variations in the data. We
summarize our results in Section [0

2. Observations and Data Processing

In this section we describe the EHT observations of SgrA®
performed in 2007 April (Section 2.1), the data reduction
(Section 2.2), and overall data properties (Section 2.3). A
description of interferometric measurements and associated
data products is provided in M87" Paper IV for reference.

2.1, EHT bservations

The EHT observed SgrA” with eight stations at six
geographic sites on 2007 Apnl 5, 6, 7, 10, and 11. The
participating radio observatories are the phased Atacama Large
Millimeter /submillimeter Array (ALMA) and APEX in the
Atacama Desert in Chile, the JCMT and the phased
Submillimeter Armay (SMA) on Maunakea in Hawai'i, the
SMT on Mt Graham in Arizona. the IRAM 30 m (PV)
telescope on Pico WVeleta in Spain, the Large Millimeter
Telescope Alfonso Serrano (LMT) on the Sierra Negra in
Mexico, and the South Pole Telescope (SPT) in Antarctica. The
ohservations of SgrA" were interleaved with two AGN
calibrator sources, the quasars NRAOS530 and J1924-2014.
Scientific analysis of the observations of calibrators will
be presented in future publications (Issaoun et al. 2022
5. Jorstad er al. 2022, in preparation). The geocentric
coordinates for each of the telescopes are presented in Table
2 of ME7" Paper IL

The 2017 VLBI data were recorded in two polarizations and
twor frequency bands at a total data rate of 32 Gbps (for 2-bit
sampling). All sites recorded two 2GHz wide frequency
windows centered at 227.1 and 229.1 GHz (low and high band,
respectively). An extensive description of the EHT array setup,
equipment, and station upgrades leading up to the 2017
observations is provided in M87" Paper II. All sites except
ALMA and JCMT recorded dual circular polarization (RCP
and LCP). ALMA recorded dual linear polarization, subse-
quently converted to a circular basis via the CASA-based
software package PolConwvert (Marti-Vidal et al. 2016
Matthews et al. 2018; Goddi et al. 2019), and JCMT recorded a
single circular polanzation (the recorded polarization comp-
onent varied from day to day). Since JCMT recorded a single
circular polarization, baselines to JCMT use the available
parallel-hand component (RR or LL) visibilities to approximate
Stokes T (“pseudn I." T = RR = LL). This is consistent with
the Stokes V' = 0 assumption taken for the data calibration,
justified by the expected ] Z |V relation (Mufioz et al. 2012;
Goddi et al. 2021). A small but detectable amount of intrinsic
circular source polarization is present in our observations,
which we account for in the systematic error analysis {Paper IT).

2.2, Data Reduciion

Following the correlation of the data recorded at different
sites, instrumental bandpass effects and phase turbulence
introduced by Earth's  atmosphere were comected using
established fringe-fitting algorithms (M87" Paper III). We use
two independent software packages, the CASA-based
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(McMullin et al. 2007) PICARD pipeline (Janssen et al.
2019) and the HOPS-based (Whitney et al. 2004) EHT-HOPS
pipeline (Blackburn et al. 2019). The mitigation of the
atmospheric phase varation allows for coherent averaging of
the data in order to build up signal-to-noise ratio (5 /N) without
substantial losses from decoherence. Instrumental RCP/LCP
phase and delay offsets were corrected by referencing fringe
solutions to ALMA, calibrated with PolConvert (Marti-
Widal et al. 2016). The assumption of Stokes V' = 0 on VLBI
baselines is taken for the RCP/LCP gain calibration. Following
the band averaging in frequency, data were amplitude-
calibrated using station-specific measurements of the system
equivalent flux density and time-averaged in 105 segments.
Stations with an intrasite partner {i.e., ALMA, APEX, SMA,
and JCMT) were subsequently “network-calibrated” (M87"
Paper III; Blackburm et al. 2019} w further improve the
amplitude calibration accuracy and stability via constraints
among redundant baselines. Polarimetric  leakage is not
comrected for this Stokes I analysis, but rather included as a
source of systematic uncertainty in the parallel-hand visibilities
(Paper II).

The data processing pipeline has been slightly updated with
respect to the one described in M8T™ Paper [II. Some notable
changes include a recorrelation of the data following setting
changes at ALMA and more accurate sky coordinates of Sgr A°;
updated amplitude calibration {most notably for LMT and SMA)
using more accurate measurements of the telescope aperture
efficiency, found to be variable across the campaign; stronger
polarimetric calibraion assumptions (V= (); time-variable net-
work calibration of SgrA” using ALMA and SMA connected-
element light curves (Wielgus et al. 2022); and a time-dependent
transfer of the antenna gains to the visibility amplitudes,
following the analysis of the data from the calibrators.

After the calibration using data reduction pipelines described
by MET" Paper [l and Paper I1, additional steps were taken to
mitigate specific data issues related to poorly constrained LMT
gains and JCMT coherence losses. Following the source size
constraints derived in Section 5.1.5 of Paper I, LMT amplitude
gains have been pre-comected assuming the 60 jas source size
seen by the baselines shorter than 2 GA (only SMT-LMT).
Visihility phases on JCMT baselines were stabilized by
calibrating phase on an intrasite JCMT=SMA baseline to zero
degrees, in agreement with the unresolved point-source
visibility phases seen. for similar baseline lengths, in the
intra-ALMA  observations. A detailed descripion of the
theoretical background from visibilities to images is presented
in Thompson et al. (2017), M87" Paper IV, and Blackburn
et al. (20200, as well as in the Appendix of Paper IV.

2.3, Darta Properties
2.3, General Aspects of SprA” Data

The highly sensitive phased-ALMA array participated in
three of the five observing days, 2017 April 6, 7, and 11. April
7 is the only day that additionally includes PV observations of
SgrA” and is therefore the day with the longest observation
duration, the largest number of detections, and the best overall
(u, vp-coverage, as shown in Figure 1. On April 11 an X-ray
flare was reported shortly before the start of the EHT
observations  (Paper II). Strongly enhanced fux density
variability is seen in the light curves on that day (Wielgus
et al. 2022), possibly posing difficulties for the static imaging
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Figure L. (u, vi-coverage of the EHT observations of Sar A™ on 2017 April & and 7, from the HOPS data set. Each point represents scan-averaged data; both bands are
shown, “Chile” represents the stations ALMA and APEX. "Hawai'i” represents the stations SMA and JCMT. Dashed circles indicate the fringe spacing of 50 and

25 J4AA.

Tahle 1
Metrics of EHT Angular Resolution for the 2007 Observations of Sgr A” for
the 2291 GHx Band

FWHM,,,,; FWHM,,,. P.A.
{as) [juas) {degh
Minimum Fringe Spacing 1/, (All Basclines)
Apr. 6 241
Apr. 7 n7i
Minimum Fringe Spacing (ALMA Basclines)
Apr. 6-7 256
CLEAN Beam (Uniform Weighting)
Apr. 6 4.8 15.3 G7.0
Apr. 7 230 15.3 0.6
CLEAN Restoring Beam {Used in This Paper)
Apr. 67 0 LY

Mote. In order to avoid asymmetries introduced by restoring beams, and o
homogenize the images among epochs, we adopt a circular Gavssian resioring
beam with 20 pas FWHM for all CLEAN reconstructions.

of the April 11 data set. These constraints motivate utilizing the
less variable 2017 April 7 data as the primary data set for static
image reconstruction, with the Aprl 6 observations as a
secondary validation data set. Analysis of the remaining 2017
EHT observations of Sgr A" will be presented elsewhere.

In Figure 1, the {u, v)-coverage on 2007 Apnl 7 is shown to
be asymmetric, with the longest baselines along the north-
south direction. The shortest baselines in the EHT are intrasite
and sensitive to arcsecond-scale structure (ie., the SMA and
JCMT are separated by (L16 km; ALMA and APEX are
separated by 2.6km). In contrast, the longest baselines are
sensitive to microarcsecond-scale structure (see Table 1). The
~8.7GA detections on PV-5PT and SMT-5PT baselines are
among  the longest published projected baseline lengths
obtained with ground-based VLBI, alongside the recent EHT
3C 279 results of Kim et al. (2020, slightly longer than the
longest baselines in the EHT observations of M87" (8.3 G
MET* Paper IV). Sgr A* was detected on all baselines between

stations with mutual visibility, leading to the Aprl 7 (u, v)-
coverage approaching the best one theoretically possible with
the EHT 2017 aray. Table | shows the angular resclutions
derived from (u, vj-coverage on both April 6 and 7 data.

In the top panel of Figure 2 we show the 5/N of the Sgr A’
observations as a function of projected baseline length, for the
coherent averaging time of 1205, The split in 5 /N disributions at
various projected baseline lengths is due to the difference in
sensitivity for the colocated Chile sites ALMA and APEX, with
ALMA baselines yielding detections stronger by about an order of
magnitude. In the bottom panel, we show the visibility amplitude
(correlated Aux density in units of Jy) for Ser A as a function of
projected baseline length after applying full data calibration.

The fully calibrated visibility amplitudes exhibit a prominent
secondary peak between two local minima. The first minimum
is located at ~3.0GA and is probed by the Chile-LMT north-
south baselines on 2007 April 7. On April 6 recording started
about 2 hr later, thus missing the relevant detections, as shown
in Figure 3. The second minimum appears at ~6.5GA, probed
by the Chile-Hawai'i baselines on both 20107 April & and 7.
Owerall amplitude structure of the source appears to be
consistent across both days, which is particularly well visible
in the fully calibrated, light-curve-normalized data  sets
shown in Figure 3, as the light-curve normalization procedure
strongly suppresses the large-scale source intrinsic variability
{Broderick et al., 2022). The observed local visibility amplitude
minima can be associated with the nulls of the Bessel function
Jy, corresponding to the Fourier transform of an infinitely thin
ring. For a ring that is 54 pas in diameter we would obtain local
amplitude minima at 2.92 and 6.71 GA. This is illustrated in the
bottom panel of Figure 2, where an analytic Fourier transform
of an infinitely thin ring blurred with a 23 pras FWHM Gaussian
kemel is shown with dashed lines."*" While a blurred ring

" We note that plotting the visibilities from a thin ring over the measured

visibility amplitudes is meant only to guide the eye in ohserving the double-
null structure. (iher geometries, such as a disk model, can also align with the
double-pull structure scen in visibility amplitudes (sce Figure 7). Detailed
ftting of different simple geometries to the visibilities is performed in
Paper 1V.
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Figure 2. Top: /N as a function of the (&, vi-distance (projected baseling
length). Low-band HOPS data recorded on 2017 April 7, averaged in 120 s
segrments, are shown, The data points are color-coded with the baseline.
following Figure 1. Bottom: fully calibrated visibility amplitude data. A model
comesponding to a thin ring with a 54 pas diameter, blurred with a 23 s
FWHM circular Gaussian, is overplotted for a reference (dashed curve).

modde] roughly captures the dependence of visibility amplitudes
on projected baseline length, there is also a clear indication of
the source asymmetry, manifesting as amplitude differences
between the Chile-LMT and SMT-Hawai'i baselines at the
first minimum, probing the same range in projected baseline
length (~2.5-3.5GA) in orthogonal directions. There is also a
deficit of flux density with respect to the simple ring model at
projected baseline lengths of ~5-6 GA.

Finally, we detect very clear and unambiguous nonzero
closure phases, which are indicative of source asymmetry.
With multiple independent triangles and high 5/N, these data
sets offer insight into the source phase structure greatly
surpassing that of any previous mm-wavelength observations
(Fish et al. 2016; Lu et al. 20018). In Figure 4, we show
examples of closure phases on several triangles exhibiting
various degrees of probed asymmetry and inter /intraday time
variability. Closure phases on ALMA-SMT-5MA and
ALMA-LMT-5MA triangles immediately show interday
variability of the source structure. In the case of SgrA’,
intrinsic source variability is expected also on timescales as
short as minutes, adding to the closure phase intraday
variability caused by the nontrivial average structure of the
source (see Section 3.2). Very long baselines, such as LMT-
SPT in the ALMA-LMT-SPT triangle, are additionally
affected by the presence of refractive scattering structure (see
Section 3.1).
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Figure 3 Comparison of the light-curve-normalized Aux density measurements
on 2017 Aprl 6 and 7 in the fully calibrated HOPS data, averaged in 120 s
segments and between low and high bands.

2.3.2. Staniewn Gain Uncertaimties and Nemclosing Evrors

Typically, the antenna gains and sensitivities as a function of
elevation are derived using polynomial fits to opacity-corrected
antenna temperature measurements from quasars and solar
system objects, tracked over a wide range of elevations.
Residual errors in the characterization of these antenna gains
lead to corruptions in the flux calibration of the visibilities.
Quantifying these effects enables us to disentangle astrophy-
sical variability of Sgr A" from apparent flux variations caused
by the imperfect calibration. In this work, we mitigate the
systemiatic gain errors in the Sgr A’ data sets based on the
analysis of the calibrator sources (J1924-2914  and
NRAOQS530), which remained stationary in their source
structure and Aux density on relevant timescales. The detailed
procedure to estimate the antenna gains from the two
calibrators is described in Section 5.1.3 in Paper I In
particular, it is shown that the a priori gains are 5%-15% for
all baselines, except intrasite baselines (~1%) and those
including the LMT (~35%).

In addition to the thermal noise and the antenna gain
uncertainties, we also estimate the nonclosing errors in the data,
based on deviations of the trivial closure quantities from zero,
as well as from the observed inconsistencies in the distributions
of closure quantities between bands and polanzations (MET*
Paper III; Paper II). These nonclosing errors are expected to
arise from the presence of a small circular polarization
component, as well as from uncorrected polarimetric leakages,
and other systematic errors, such as residual bandpass effects.
For SgrA®, the nonclosing errors are estimated o be 2%in
closure phase and 8% in log closure amplitude {Paper II).
Assuming that the emors are baseline independent, these
translate to 1% systematic nonclosing uncertainties in visibility
phases and 4% systematic nonclosing uncertainties in visibility
amplitudes, on the top of the uncertainties related to the
amplitude gain calibration. We found that the RR—-LL
discrepancies in closure quantities are more significant for
SgrA° than in the case of the calibrators. This hints at an
intrinsic source property, possibly a contribution from a small
circular polarization component. This is consistent with Goddi
et al. {2021), reporting ~ 1% circular polanzation in the
simultaneous ALMA-only data.
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Figure 4. Examples of closure phases of Sgr A", observed on 2017 Apnl & and 7. Semitransparent points correspond fo measurements on redundant APEX/JCMT
triangles. Data reduced with the HOPS pipeline, integrated in 120 5 segments, averaged between both bands, are shown. Mo significant differences are seen with

respect to the CASA-based calibration.

3. Mitigation of Scattering and Time Variability

The imaging of Sgr A" at 230 GHr with the EHT is
challenged by two important effects: interstellar scattering and
short-timescale  variability. In this section, we introduce
strategies for mitigating the effects of scattering {Section 3.1)
and intrinsic variability (Section 3.2) adopted in this work.

3.1 Effects of Interstellar Scattering

Fluctuations in the tenuous plasma’s electron density along
the line of sight cause scattering of the radio waves from
SerA'. The scattering properties of SgrA’ can be well
described by a single, thin, phase-changing screen ¢dr), where
ris a two-dimensional vector transverse to the line of sight. The
electron density fluctuation on the phase screen is typically
characterized by a single power-law spectral '-;haps between the
outer (r,,,) and inner (r,,) scale as Qig) x |g| ", where q is the
wavevector of the propagating radio wave dnd a Kolmogorov
spectrum of density Auctuations gives 3= 11/3 (Goldreich &
Sridhar 1995). The statistical effects of the scattering can
then be related to a spatial structure function 0,(r) =
(lavir + m) — rj(n:.]]z'},.c_ x A, where {-}r, denotes the ensem-
ble average over ry.

The interstellar scattering of radio waves from SgrA” is in
the regime of strong scattering, where scintillation is dominated
by two distinct effects, diffraction and refraction. attributed to
widely separated scales (see WNarayan 1992; Johnson &
Gwinn 2015). Diffractive scintillation arises from fluctuations
on the scale of the phase coherence (or diffractive scale) given
by I3 ir) ~ 1. It causes rapid temporal variations on a timescale
much shorter than | s for Sgr A’, which is also much shorter
than the integration time of radio observations. As a result,
radio observations measure ensemble averages of the diffrac-
tively scattered structure, appearing as the intrinsic structure
blurred with the scattering kernel (see Section 3.1.1).

Refractive scintillation arises from fluctuations on the scale
of the scattering kernel much larger than the phase coherence
length in the strong scattering regime. For Sgr A, the refractive
scintillation causes temporal variations of the source images
over a timescale of ~1 day at 1.3 mm (e.g., Johnson et al
201 #8)—longer than the typical length of radio observations
imcluding our EHT observations. Consequently, a single

realization of refractive scintillation will be observed by the
EHT over an observing run; this will appear as an angular-
broadened (i.e., diffractively scattered) source structure with
compact substructure caused by refractive scintillation (MNara-
yan & Goodman 1989; Goodman & Narayan 1989; Johnson &
Gwinn 2015; Johnson & Narayan 2016).

A brief introduction of the expected scattering properties in
the EHT 2017 data is described in Section 5.1 of Paper I1. Here
we describe the scattering mitigation strategy for the effects of
angular broadening by diffractive scattering (Section 3.1.1) and
substructure induced by refractive scattering (Section 3.1.2). To
describe scattering effects on SgrA’, we use a theoretical
framework of these scattering effects developed by Psaltis et al.
(2018}, whose model parameters have been observationally
studied by Johnson et al. (2018), Issaoun et al. (2019), Issaoun
et al. (2021), and Cho et al. (2022). For general background
and reviews on interstellar scattering, see Rickett (1990),
Marayan (1992), or Thompson et al. (2017

A0 Muigation of Angular Broadening

Angular broadening is described by a convolution of an
unscattered image with a scattering kemel, or equivalently by a
multiplication of unscattering interferometric visibilities by the
Appropriate Fnuricr-:m'fugate kemnel. The Fourier-conjugate

j[l_,{b/fl + A ] where b 15 the

baseline vector of the interferometer and A is the magnifica-
tion of the scattering screen given by the ratio of the observer-
to-screen distance to the screen-to-source distance. Interfero-
metric measurements of SgrA” with the EHT at the observing
wavelength of 1.3 mm are primarily obtained on long baselines
of |b| = (1l + Miry, or equivalently on angular scales of
# < A1 + Ayr,., where ry, is the inner scale of the
fluctuations. In this regime, the angular broadening is affected
by the power-law dﬂmir.y fluctuations on scales between the
mm:r and outer scales, giving the phase structure function of

D (ryoc M , where o — a-2

In Figure 5, we show the scattering kernel in the visibility
domains based on the scattering parameters in Johnson et al.
(201 8). Johnson et al. (2018) imply a near-Kolmogorov power-
law spectral index &~ 3.38 {or o ~ 1.38), providing a non-
Gaussian kernel more compact than the conventional Gaussian

kernel is given by exp
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Figure 3. Projection of the diffractive scattering kemel {solid lines) and Aux-
normalized refractive noise amplitudes (dashed lines) at 1.3 mm based on the
scattering model of Fohnson et al. (2018}, overlaid on light-curve-nomualized
Ser A” data (low band on April 7). The red and blue lines correspond to the
major and minor axes of the scablering. respectively. The associated shaded
area indicates the 3o uncertainty of the scattering model in Johnson et al
(20018, Segr A" data are colored by their PA difference from the major axis of
the scattering kemnel—as the points change from red to blue, the (k. v)
coordinates move from being closer to the major to minor scattering axis.
Regardless of the PA, Sgr A™ amplitudes appear to more rapidly decrease than
the =scattering kemel, indicating that the intrinsic structure is well resolved
against the diffractive angular broadening effects. Additionally, most Sgr A°
amplitedes are above the refractive fioor. Thus, refractive effects should only
dominate for a small amount of data above ~& GA.

kernel. Consequently, the angular broadening effect, i.e.
multiplication of the intrinsic visibiliies with the Fourier-
conjugate kernel of scattering. causes a slight decrease in
visibility amplitudes and therefore also the § /N by a factor of a
few at maximum.

Angular broadening provides deterministic and multiplica-
tive effects on the observed visibility. Therefore, it is invertible
—they can be mitigated by dividing the observed visibility and
associated uncertainties by the diffractive kernel visibility
(often called deblurring; Fish et al. 2014). However, the actual
interferometric measurements of SgrA° with the EHT have
contributions from substructure that arises from the refractive
scattering, often referred to as the “refractive noise.” The
refractive noise is stochastic and additive and therefore not
invertible (Johnson & Narayvan 2016). In fact, since refractive
effects are included in the diffractively blurred image, the
refractive noise will be amplified by simply deblurring with the
scattering kermel and will likely create amifacts in the
reconstructions if not accounted for (Johnson 2006). To avoid
effects from refractive noise. we expand the noise budgets of
the wisibility data prior to deblumring, as described in
Section 3.1.2.

J.0.2. Mingation of Refractive Scaitering

The contribution of the refractive noise to the observed
visibility is anticipated to be not dominant, except for a small
fraction of data beyond ~6 GA (Figure 5)."*" Signature of the
refractive noise, namely, the long, flat tail of the wvisibility
amplitude at long baselines found in recent longer-wavelength
observations of Sgr A" (Johnson & Gwinn 2015; Johnson et al.
2018, Issaoun et al. 2019, 2021; Cho et al. 2022}, is not clearly

[ET) ; e e ; i ; " ;
The refructive noise in Figure 5 is estimated for a circular Gaussian source

with an intrinsic FWHM of 45 jas under the same condition of interstellar
scattering as constrained for SgrA’. The size of the Gaussian is broadly
consistent with the equivalent second moments of the geometric models in
Section 5 that share similar visihility amplitude profiles with Sgr A® data.
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seen in the EHT data. In this EHT regime, where the refractive
substructure is not unambiguously constrained from data, it is
challenging to apply complex strategies that account for the
stochastic properties or explicitly recover the refractive screen
ie.g., Johnson 2016; Johnson et al. 2018; Issaoun et al. 2019;
Broderick et al. 2020a).

We instead mitigate the effect of refractive substructure by
introducing error budget models that approximate the antici-
pated refractive noise. The visibility error budget is increased
based on these models prior to the mitigation of angular
broadening via deblurrng (Section 3.1.1). In this work, we
consider four base models that approximate the refractive noise
budgets: (i) Conat: a constant noise floor (e.g., 10 mly) for all
baselines motivated by the fact that the refractive noise has a
mostly flat profile as a function of the baseline length (see
Figure 5). (it} J18modell: {u, v)-dependent noise floor based
on the scattering model and parameters described in Psaltis
et al. (2018) and Johnson et al. (2018). Since the scattered
image is not unigue, we have simulated hundreds of scattering
realizations and generated corresponding synthetic data that
match the (i, vi-coverage of the actual April 7 observation of
SgrA’. The refractive noise values are then computed by
taking the standard deviation of the complex visibilities across
different realizations. Since the refractive noise is also
dependent on the intrinsic source structure, in this case we
consider a circular Gaussian model with the second moment
that matches the pre-imaging size constraints (see Paper [I). (iii)
J18model?: Same as J1Bmodell, but using the average
refractive noise value of seven geometric models as possible
intrinsic source structures (see Section 5). {iv) Considering not
only the standard deviation of the refractive effects but also
their correlations via a covariance matrix.

Mote that using all the information encoded in the covariance
matrix (not only in the variance of the refractive noise
variables) will provide a better approximation of the refractive
noise. However, the short time cadence and the redundant
baselines in our data make this covariance matrix noninvertible
and thus difficult to use in imaging. For the remaining three
refractive noise models, we compute the complex visibility v~
for a suite of synthetic data (corrupted only by thermal noise
along with scattering effects) based on seven geometric models
of the intrinsic source structure (Section 5),

= IV~ Vel

’ (L)
szix i=1 l:",-‘Ij-l.'l.l' T ':.'F%EI'.J

Y Orer) =

where V; are the data visibilities for each scattering realization,
V., are the ensemble-averaged visibilities (Le.. corresponding
to the image experiencing only diffractive scattering), @y, 15
the thermal noise, and &, s the comesponding refractive
noise budget for each strategy. The _sll metric provides us with
a statistic on how well the ensemble average image represents
the synthetic data after taking into account the different
modeled refractive noise budgets. Figure 6 shows a comparison
of the different y” distributions for 400 realizations of synthetic
data for every scattering mitigation strategy. For J18modell
we have derived a scaling factor to make the median of }‘2 of
all models equal to | in order to overcome the dependence of
the refractive noise level on the intrinsic source structure (see
Appendix B).

Figure 6 demonstrates that the (Const, J1Bmodell, and
J18model?) refractive noise models result in reasonable =
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Figure 6. Reduced 11 distributions and their density function (in solid lines)
for all geometric models of intrinsic source structure using the three different
refractive noise models (Conat, Jl8madell, and J1Emodel2). For all
nivise models, the majorty of the '.,l values falls in the range between 0.5 and
2.0 (ideally '.,1 = 141}, which indicates that the ensemble average images
provide reasonable fits to the simulated data afier taking into account one of the
proposed refractive nodse budgets.

values for the simulated scattering realizations we tested, with a
majority of the v values below 3.0 {ideally v = 1). For this
reason, in the rest of the paper we focus on the simpler Const
and J18modell strategies.

3.2 Effects of Time Variabilizy

With a gravitational timescale of only GM/ " = 20s, SgrA*
is expected to be able to exhibit substantial changes in its
emission structure on timescales of a few minutes or less. A
single multthour observing track 15 thus sufficiently long for
SerA’ w significantly alter its appearance, potentially
hundreds of times. Such structural variability violates a core
assumption of Earth-rotation aperture synthesis—namely, that
the source structure must remain static  throughout the
observation—and necessitates modifications to standard ima-
ging practices.

Ewvent Horizon Telescope Collaboration et al.

3.2.1 Evidence for Source Variability in the Data

The EHT Sgr A" data contain unambiguous signatures of an
evolving emission structure. On the largest spatial scales, the
light curve varies at the ~10% level on timescales of ~hours
{Wielgus et al. 2022). Vanations in excess of those expected
from thermal noise are seen on tmescales as short as ~1
minute. Over timescales typical of observation scans,
~ | minutes, the degree of variation is on the order of 5%
{Wielgus et al. 2022).

Direct evidence for short-timescale structural variations may
be found in the evolution of closure quantities. Closure phases
measured on certain triangles of baselines (e.g., ALMA-SMT-
SMA) exhibit significant differences between April 6 and 7
(see Figure 4). The wvariations seen in the closure phases
measured on multiple triangles show significant excesses,
relative to thermal noise levels, as captured using the (-metric
statistic (Roelofs et al. 2017; Paper II).

MNonparametric estimates of the degree of varnability as a
function of baseline length may be generated by inspecting the
visibility amplitudes directly. This is made possible by two
fortuitous facts: first, the existence of crossing tracks., and
second, that Sgr A* was observed on multiple days. As a result,
many presumably independent realizations of the source
structure may be compared. Practically, this is obtained by
collecting  wvisibility amplitudes in {w, v} bins, linearly
detrending to remove the contribution from the static comp-
onent of the image, and computing the mean and variance of
the residuals. We average these estimates azimuthally to
improve the significance of varability detection. For details on
the procedure and validation examples, we direct the reader to
Georgiev et al. (2022) and Paper IV.

In the case of Sgr A, this nonparametric estimate produces a
clear detection of variability that is significantly in excess of the
expected thermal noise (Paper IV). Within the range of baseline
lengths over which meaningful estimates can be produced,
roughly 2GA < |u| < 6 GA, the observed excess variability is
broadly consistent with that anticipated by GRMHD simula-
tions, both in magnitude and in dependence on baseline length
{Papers IV and V).

3.2.2 Strategies for Imaging Vanable Data

Strategies for imaging in the face of source variability can be
classified into one of three general categories:

I. Variability reconstruction. or “dynamic imaging.” in
which the evolution of the source emission structure is
explicitly recovered during the imaging process. The
output of this strategy is a movie of the source emission
structure. We refer the reader to Section 4.4 for more
discussion on methods for dynamic imaging.

2. Variability circumvention, or “smapshot imaging.” in
which standard image reconstruction is performed on
segments of data (“snapshots™) that are sufficiently short
that the source may be approximated as static across
them. The output of this strategy is a time series of static
nmages.

3. Variability mitigation, or “variability noise modeling,” in
which the impact of structural changes in the visibilities is
absorbed into an appropriately inflated error budget. The
output of this strategy is a single static image of the
source, indicative of the time-averaged image over this
observation period.
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In practice, for segments of data short enough that SgrA®
may be reasonably approximated as static, the (i, v)-coverage
of the EHT is insufficient to support reliable snapshot image
reconstruction {though more restrictive parameterizations of the
source structure, such as permitted using geometric modeling,
can still be applied; see Section 9 and Paper IV). However,
because dynamic imaging enforces a degree of temporal
continuity, it is able to leverage the information provided by
densely covered intervals of time to augment the lack of
information available during intervals of sparser coverage.
Dynamic imaging can thus be thought of as a generalization of
both standard (static) imaging and snapshot imaging, with the
former being equivalent to dynamic imaging with maximal
temporal continuity enforcement and the latter being equivalent
to dynamic imaging with no temporal continuity enforcement
at all. Because dynamic imaging falls in between these two
extremes, it can potentially recover reliable source structure in
regions where the data are both too variable for standard
imaging and too sparse for snapshot imaging. Our efforts to
perform dynamic imaging in the most densely {(n, vj-covered
regions of data are described in Section 9.

The third swrategy listed above—the vanability noise
modeling approach—permits static images to be reconstructed
even from time-variable data. Depending on the specifics of the
implementation, the recovered image captures some represen-
tation of “typical” source structure. Imaging with variability
noise modeling requires that the error budget of the data be first
inflated in a way to capture the statistics—or “noise”—of the
source variability. The specific form of the noise model we use
in this work is a broken power law, for which the variance 77,
as a function of baseline length |u|, takes the form

(2)

L R . +&
ngllul}=ﬂ2{ Jul ) L3 (G fu) ;

4G I+ (o] ) tE

Here |u| = u” + v is the dimensionless length of the
baseline located at (w, v), 1y is the baseline length corresp-
onding to the break in the power law, a is the variability noise
amplitude at a baseline length of 4 GA, and & and ¢ are the
long- and short-baseline power-law  indices, respectively.
Equation (2) represents the varance that is associated with
structural variability after removing the mean and normalizing
by the light curve; see Paper IV for details.

By adding the variability noise given by Equation (2) in
quadrature to the uncertainty of every visibility data point, the
image becomes constrained to fit each data point to only within
the tolerance permitted by the expected source variability. This
parameterized variability noise model s gemeric and can
explain well a wide range of source evolution, including
complicated physical GRMHD  simulations of SgrA’
(Georgiev et al. 2022).

Paper IV presents a nonparametric analysis of SgrA®'s
variability, which is further inspected to provide ranges of
broken power-law model parameters that fit Ser A" data (see
Georgiev et al. 2022). As explained in Paper IV, given the
baseline coverage of the 20017 Sgr A” campaign, little traction is
found on the location of the break, ;. and the short-haseline
power law, c. However, the amplitude a is well constrained
with an interguartile range from 1.9% to 2.1%. Similarly, the
long-baseline power law, b, is modestly constrained, with
interquartile range 2.2-3.2. These interquartile ranges are used
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Tahle 2
Variability Noise Model Ranges Used for Static Imaging

Source’ a (%) u" wa® (GA)
Sgr A’ [1.9.2.1] [2:2,3.2] [0L37,1.45]
Ring [0.7.0.8] [1.9.3.0] [0L18,1.06]
Ring+hs [06,0.7] [3.0.4.1] [0L33,00.50]
Crescent o911 [2.4.3.4] [0.29,1.15]
Simple disk [0.6,0.7] [2.3.3.3] [OL18,0.82]
Elliptical disk [06,0.7] [2.1.3. [0 16,0.77]
Paint [0.E0.49] [1.8.3.1] [(L32,2.67]
Diouble 08 0.4 [1.9.2.49] [ 1%, 1.0
GRMHD [2.4.2.7] |2.6.3.8] [0L56,1.7T4]
Motes,

“ All sources include high and low bands on observation days April 5, 6, 7, and
L0k

b Interquartile (25th—75th percentile) ranges based on nonparametric analysis
of suprathermal fuctuations in the visibility amplitudes on a per-scan basis.

to provide approximate priors on the wvariability noise that
should be considered during static imaging reconstruction;
values employed are listed in Table 2 for Sgr A®, as well as for
a number of synthetic data sets described in Section 5. In the
case of the latter, theoretical considerations imply that under
very general conditions ¢=2 2, and thus we adopt a general
prior of [1.5, 2.5]. For the CLEAN ({Section 4.1} and
regularized maximum likelthood (RML; Section 4.2) imaging
surveys described in Section &, variability noise models in the
identified Sgr A" range are added to the visibility noise budget
before static imaging (for both synthetic and real SgrA° data).
For the THEMIS imaging method (Section 4.3), the parameters
of the noise model are fit simultaneously with the image
structure, subject to the data-set-specific values in Table 2
being used to define a uniform prior over each data set.

4. Imaging Methods for Sgr A®

Recovering an image of SgrA* from interferometric
measurements amounts to solving an inverse problem. This
inverse problem is challenging because of four primary
reasons: (1) the interferometer incompletely samples the
visibility domain, (2} there is significant structured noise
included in the visibility measurements, {3) the source structure
is evolving over the duration of the observation, and (4) the
source is both diffractively and refractively scattered. The
methods used in MB7" Paper IV to recover an image of M87*
from interferometric measurements had to address challenges 1
and 2 above; challenges 3 and 4are unigue to the rapidly
evolving Sgr A" source, which we observe through the ISM.
Strategies to mitigate the effects of scattering and time
variability are discussed in detail in Section 3. In this section
we assume that the data have already been modified by the
appropriate descattering strategy and variability noise budget
prior to imaging. o

To choose among the possible SgrA” images, additional
information, assumptions, or constraints must be included
when solving the inverse problem. We broadly categorize
imaging algorithms into three methodologies: CLEAN, RML,
and Bavesian posterior sampling. We summarize these

131 R i T 2 T Sy
In THEMIS static imaging and dynamic imaging the variability noise is not

included before imaging. In THEMIS the vanability nodse budget is estimated

along with the image. In dynamic imaging variahility noise is not included.
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approaches here, but we refer the reader to ME7" Paper IV for a
more complete discussion of static imaging methods for EHT
data. Additionally, we introduce the idea of dynamic imaging,
which aims to reconstruct a movie rather than a single static
image over an observation.

4.1, CLEAN Static Imaging

Traditionally, radio interferometric images have been made
using nonlinear deconvolution algorithms of the CLEAN
family (e.g., Hioghom [1974; Schwarz 1978; Clark 1980;
Schwab 1984; Comwell et al. 1999; Comwell 2(08). These
algorithms iteratively deconvolve the effects of the limited
sampling of the (1, v)}-plane, ie., the interferometer’s point-
source response (also known as dirty beam), from the inverse
Fourter transform of the visibilities (dirty image).

The classical CLEAN algorithm assumes that the sky
brightness distribution can be represented as a collection of
point sources. The imaging process consists of rounds of
locating the brightness peak in the dirty image, generating a
point source (CLEAN component) at this location with an
intensity of some fraction of the map peak, and either
convolving the CLEAN component with the dirty beam and
subtracting it from the dirty image (Hogbom 1974; Clark 1980)
or subtracting the CLEAN components directly from the
ungridded visibilities (Schwab 1984). This is continued until
some specified cleaning stopping criterion is reached. One can
supplement the process by restricting the area in which the
peaks are searched (so-called CLEAN windows). This limits
the parameter space in fitting and is especially important for
data with sparse (u. v) sampling. The final image is made by
convolving the obtained set of CLEAN components with a
Gaussian restoring beam to smooth out the higher spatial
frequencies and adding the last residual image to represent the
remaining noise.

After image deconvolution, further improving of the image
quality can be achieved using self-calibration, which uses the
current image estimate to apply a correction to amplitude and
phase information. Self-calibration is usually applied as pant of
an iterative process following each CLEAN iteration.

In this work we implement the CLEAN method using the
DIFMAP (Shepherd et al. 1995; Shepherd 1997, 2011) pipeline
described in Section 6 and Appendix D.1.

4.2, RML Static Imaging

The general approach in RML static imaging methods is to
find an image. /. that minimizes a specified objective function.
As described further in MR7” Paper IV, hy using v2(, V) as a
measure of the inconsistency of the image, /. with the
measurements, V, we can specify the ohjective function:

= % apxh(LVI— % GeSil).

dula ferms regulanzers

(3)

In this expression, the ka_-, values are goodness-of-fit functions
corresponding to the data product I, and the §; values are
regularization terms corresponding to the regularizer R
Maximum entropy (Narayan & Nityananda [986; Chael et al
2016), total varation, and sparsity priors (Wiaux et al
2009, 2009b; Honma et al. 2014; Akivama et al. 2017b)
have all been used to define Sgify and have been demonstrated
in the interferometic imaging of M87" (M87" Paper IV). The
'q_-i}{.i', V) and S0 terms often have different preferences for

1
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the “best™ image and compete against each other in minimizing
Ji. Their relative impact in this minimization process is
specified with the hyperparameters o and g

This cxprcj:-;xiun can be interpreted probabilistically when
exp{—Yopy g, V) oo p(V|I} and exp (O Se () oo pd).
In this case, minimizing the cost function J{f) is equivalent to
maximizing the log-posterior logp(f|V). Mot all regularizer
cost functions S correspond to a formal probability distribu-
tion. MNonetheless, while not all EML methods have a
probabilistic interpretation, their formulation leads to a similar
optimization setup.

For the EHT, RML methods have an advantage of being able
to naturally constrain closure data products that are insensitive
to atmospheric noise that corrupts EHT visibilities (Bouman
et al. 2016; Chael et al. 2016; Akiyama et al. 2017b; Chael
et al. 20018). In this work we implement RML methods using
the eht-imaging (Chael et al. 2016, 2018, 2022) and SMILI
{Akiyama et al. 2017a, 2017b; Moriyama et al. 2022) pipelines
described in Section 6 and Appendices 1.2 and D.3.

4.3, Bavesian Full Posterior Static Imaging

A fully Bayesian approach to imaging is a natural extension
of the RML approach to image reconstruction. The primary
output of Bayesian methods is an image posterior, 1.e., not only
a single “best-Ait” image but also the family of images that are
consistent with the underlying visibility data. In this way, the
Bayesian image posterior encapsulates both the typical image
reconstruction and its aleatoric {e.g.. statistical) uncertainty,
permitting quantitative analyses of the robustness of image
features, array calibration gquantities, and the relationships
between each (see, e.g., Armas et al. 2019; Broderick et al.
2020b; Pesce 2021; Sun & Bouman 2021; M87" Paper VII).

We employ the general modeling framework THEMIS,
developed specifically to compare parameterized models with
the VLEBI data produced by the EHT (Broderick et al. 2020a).
The image model consists of three conceptually distinet
components: a description of the brightness distribution on
the sky, the variable complex gains at each station, and the
additional “noise” associated with intraday structural variability
in the source. Scan-specific complex station gains and
variability “noise” parameters are recovered and marginalized
over simultancously with image exploration. Details on the
mode]l construction, adopted priors, sampling methods, and
fidelity criteria are collected in Appendix A and are only briefly
summarized here.

We make use of the adaptive splined raster models within
THEMIS, consisting of a set of brightness control points that
may vary in brightness on an adjustable rectilinear grid. In
practice, only a handful of resolution elements are required (see
Section 6.3 and Appendix D.4), and full images are produced
via an approximate cubic spline (Broderick et al. 2020b). The
dimensions of the raster, N, and N, are selected based on the
Bayesian evidence as discussed further in Section 6.3,

The combined parameter space, composed of the brightness
control points, raster size and orientation, complex station
gains, and noise model parameters, is sampled via a parallelly
tempered. Hamiltonian Monte Carlo scheme. producing a chain
of candidate images and ancillary quantities that are distributed
according to their posterior probability, p(f|V). In practice, the
sampler must explore the parameter space sufficiently to
produce an accurate reproduction of the posterior, often
referred to as “convergence,” which we assess via standard
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convergence criteria. A fully converged Markov chain will
have identified all available image modes that can be captured
by the specified image representation and assessed their relative
likelihoods.

4.4 Dyvnamic Imaging

As discussed in Section 3.2.2, the quickly evolving structure
of SgrA" poses significant challenges in reconstructing an
image. Imaging technigues traditionally rely on Earth-rotation
aperture  synthesis, which is based on the fundamental
assumption that the target being imaged remains stationary
during the whole duration of the observation. This is no longer
valid when the target source is expected to exhibit significant
structural changes in timescales smaller than the observing run:
thus, for static imaging we must incorporate an inflated
“variability noise budget” to capture the “typical” source
structure (refer to Section 3.2.2). If we instead wish to capture
the evolving structure of Sgr A, we can attempt to recover a
full movie from the data, rather than just a single image.

Extensions of the CLEAN approach have been proposed to
address time-variahle sources (Stewart et al. 2011; Ran 2012;
Farah et al. 2022). In Miller-Jones et al. (2019) evolution of the
microquasar V404 Cygni was reconstructed using model fitting
in DIFMAP. Arras et al. (2019) developed a wvariational
inference approach for dynamic imaging that was used to
simultaneously reconstruct images of MB7" over four nights
from EHT 2017 data. In this work we focus on methods that
explicitly incorporate temporal regularization to allow for
recovery of evolving sources with complex spatial structure in
the presence of especially sparse (i, v)-coverage.

440 RME Dynamic fmaging

Extending the RML approach from static o dynamic
imaging is simple conceptually. Rather than solving for a
single image, [, our new goal is to solve for a series of K
images {[;}. Each of these images comesponds with small
segments of data, which have been divided to have a time
duration similar to the expected time variability of the target
itypically tens of minutes for Ser A"). Since the (i, v)-coverage
of each data segment is severely limited, we must include an
additional term that regularizes the images {{;} in time rather
than just space. A general prescription in terms of the temporal
regularizer Sg can be written mathematically as

JUED= % apxiikhL W)
dala ferms
— Y BSUED — 3 SpSelikh.
spatial reg. tempiral reg.
(4

The additional temporal regularization terms, S5, encourage
smooth evolution of the target over the full observation.
Descriptions of temporal regularizers and their application to
EHT data are described in Johnson et al. (2017).

In Appendix G the EML dynamic imaging method is used to
explore the structure of Sgr A’ over the course of a night

independent of the variability noise model introduced in
Section 3.2.2.

Ewvent Horizon Telescope Collaboration et al.

442 StarWarps Dvnamic Imaging

StarWarps is a dynamic imaging method based on a
probabilistic graphical model (Bouman et al. 2018). Similar to
RML dynamic imaging, StarWarps makes use of temporal
regularization to solve for the frames of a movie [ £} over an
observation rather than a static image. In contrast to EML,
StarWarps independently solves for the marginal posterior
of each frame conditioned on all measurements in time: the
reconstructed  movie {f;} is the mean of each marginal
distribution. The advantage of StarWargps with respect to
RML is that, when using a linearized measurement model,
StarWarps can solve for the frames of a video {fgl with exact
inference—resulting in a better-behaved optimization problem
that is less likely to get stuck in local minima when compared
to EML dynamic imaging.

StarWarps defines a dynamic imaging model for ohserved
data using the following potential functions:

Yvgn = Nl (), oD (5)
v = NL(pe. A) (6)
Vi = Nulho1, 3g'D, 0]

for a normal distribution ATm, C) with mean m and matrix
covariance or scalar standard deviation C. Each set of observed
data V, taken at time k is related to the underlying image, I,
through the measurement model, (/) (e.g., visibility model,
closure phase model). Spatial regularization is imposed through
the second potential; J; is encouraged to be a sample from a
multivariate Gaussian distribution with mean g and covariance
Al In this work, we define A to encourage spatial smoothness
with a spectral distribution profile (u® + v2 22 controlled by
hyperparameter a, as described in detail in Bouman et al.
(2018). The third potential describes how images evolve over
time; as (fy increases, the temporal regularization increases, and
vice versa. Although more complex evolution models are
described in Bouman et al. (2018), in this paper we restrict
ourselves to a simplified evolution model that encourages only

small changes between adjacent frames f,_; and [,
The joint probability distribution of this dynamic model can
be written as

K K
Pl AV = pth) T] pOVidlo) T pUdd-n. (%)
k=2

k=1

where p(h) = ¥, p(Vill) = Y. and p(Vill) o iy gy,
In the case of a linear measurement model, f{7) (e.g., complex
visibility model), the expected value of every {; conditioned on
all data V= {V¥.} can be solved in closed form efficient]ly using
the elimination algorithm. However, in the case of complex
gain errors the measurement model is no longer linear. By
linearizing the model, we can solve in closed form for a
linearized solution, {f,}. We then iterate between linearizing the
measurement model around our current solution and solving
the linearized solution in closed form until convergence.

The StarWarps method is used in Section 9 alongside
snapshot geometric modeling methods to help analyze the
short-timescale variations of Sgr A" over a ~ [ 00-minute region
of time on Aprl & and 7.
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Figure 7. Eight synthetic models and corresponding visibility amplitudes. From left to right, we show the seven geometric models and the single GRMHD model. Top
panels: a single frame of the eight synthetic movies highlighting the effect of temporal variability. Middle panels: time-averaged images illustrating the static
component of the source structure. Bottom panels: a comparison of the simulated visibility amplitudes (red) and real Sgr A™ measurements (black) as a function of

projected haseline length.

5. Synthetic Data

While imaging is a powerful tool to identify the source
morphology without a specific source model, reconstructed
images obtained with the techniques described in Section 4 are
sensitive to hyperparameter and optimization choices (in this
paper, often referred to simply as parameter choices). For
instance, in RML imaging methods, a common design choice is
the type of regularizers and how much weight to assign the
regularization terms relative to data-fitting terms. In CLEAN,
common design choices include the location of CLEAN
windows and the initial model used for self-calibration.
Reconstructed images can be sensitive to these choices,
especially when the data constraints are severely limited, as
is the case in the sparse EHT measurements of Sgr A

In the second half of 2019, images of SgrA” were initially
reconstructed by five teams that worked independently of each
other to identify the morphology of SgrA® through imaging.
As summarized in Appendix C, the five independent teams
identified a ~50 pas feature, but with a significant uncertainty
in the detailed morphology. While many of the images
contained a ring structure, some of the teams obtained nonring
images that also reasonably fit the data. Furthermore, the flux
distribution around the recovered rings showed large variation
across different reconstructions. These initial images motivated
a series of tests presented in this paper to systematically study
the possible underlying source structure of SgrA”,

To systematically explore and evaluate the imaging algo-
rithms" design choices and their effects on the resulting image
reconstructions, we generated a series of synthetic data sets.
The synthetic data were carefully constructed to match
properties of Sgr A" EHT measurements. The use of synthetic
data enables guantitative evaluation of image reconstruction by
comparison to the known ground truth. This in turn enables
evaluation of the design choices and imaging algorithms’
performance (Section 4). As summarized in Figure 7, two sets
of time-variable synthetic data were generated for slightly
different purposes. The first set are the geometric models
i(Section 5.1), which were used to both assess the capability of

identifying and distinguishing different morphelogies and
select optimal design choices and parameters (for RML and
CLEAN) that perform well across the entire data set. The
second data set is the GRMHD model. which was used to
evaluate imaging performance on physically motivated models
of Sgr A’ (see Section 6).

Data sets were generated using eht-imaging's simulation
library with a (i, v)-coverage identical to Sgr A" measurements.
Prior to the synthetic observations, all movies were scattered
based on the best-fit model of Johnson et al. (2018) (see
Section 3.1 for details). The observed visibilities were further
corrupted by thermal noise, amplitude gains, and polarization
leakage. consistent with SgrA® data (Paper II). Atmosphernc
phase Huctuations were simulated by randomizing the visibility
phase gains on a scan-by-scan basis.

5.1 Geometric Models

To assess the capability of identifying source morphology,
seven geometric models were used to generate synthetic data
(Figure 7). As described in Section 5.1.1, the time-averaged
morphology of these models was motivated by the first imaging
results (Appendix C). Furthermore, the geometric model
parameters were adjusted and selected to be qualitatively
consistent with SgrA* measurements. To assess the effects of
temporal varability on the reconstructed images, a dynamic
component is added to the time-averaged models. The static
geometric models are modulated by an evolution-generated
statistical model with parameters optimized to match metrics
seen in SgrA” data

300 Time-averaged Morphology

We use the following three ring models motivated by the
morphology identified in many “first images” presented in
Appendix C: symmetric and asymmetric ring models (hence-
forth Ring and Crescent, respectively), and a symmetric
ring model with a bright hot spot that rotates in the
counterclockwise direction with a period of 30 minutes
(henceforth Ring+hs) The first two models are designed to
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frame(t)

Figure §. A sequence of three frames of statistical evolution exp | pif. x. ¥))
that was sampled using inoiay. The random field was gencrated with
comelations that mimic a disk rotating clockwise. Here the image sequence
comesponds to ~ 10 minutes of observation time.

test whether our imaging methods can identify a symmetric
versus asymmetric ring, while the latter hot spot model tests the
effects of a fast-moving localized emission on the reconstructed
images. Besides the ring models, we use four nonring images.
To assess the robustmess of the central depression seen in ring
reconstructions, we adopt a uniform circular and an elliptical
disk model (henceforth Simple Disk and Elliptical
Disk, respectively). Finally, motivated by the nonring images
recovered in Appendix C, we adopt a point-source and double-
point-source  model  (henceforth Point and Doukle,
respectively).

The parameters {e.g.. diameter, width}) of each geometric
model are selected to be broadly consistent with representative
properties of SzrA™s deblurred visibility amplitudes. We use
the following four criteria: (1) the first null traced by Chile-
LMT baselines is located at the baseline length of 3.25-3.65
GA and position angle (PA) of ~50°, with an amplitude of
~0.1 Jy: (2} the peak of the visibility amplimdes between the
first two nulls has ~0.3 Jy; (3} the second null traced by Chile-
Hawai'i and/or Chile-PV baselines is located at the (u, v)-
distance of 6 GA, with an amplitude less than 0.1 Iy; and (4) for
asymmetric models, visibility amplitudes on  Chile-LMT
baselines are ~1.5 times larger than on SMT-Hawai'i base-
lines. Figure 7 shows the comparison of visibility amplitudes
between SgrA” data on April 7 and cormesponding synthetic
data {after adding temporal variability—see Section 5.1.2),
demonstrating qualitative agreement between the synthetic data
and Sgr A" visibility amplitudes.

3.1.2. Chavacterization of the Time Variabilivy

To mimic the temporal varability of Ser A, the geometric
models, denoted by [...(r. v}, are modulated by a temporal
evolution sampled from a statistical model: incisy (Lee &
Gammie 2021). This model enables sampling random spatio-
temporal fields, p(r, x, v), according to specified local
correlations. Lee & Gammie (2021) and Levis et al. (2021)
showed that inoisy is able to generate random fields that
capture the statistical properties of accretion disks (see
Figure 8). Using this model, we modulate the static geometric
models according to

I, x, ¥) = Leolx, yiexp {plt, x, ¥)}. (5
Figure 7 shows both the time average and a single snapshot of
each model highlighting the effect of temporal evolution.

The inoisy model parameters were selected to generate a
similar degree of time variability to that of SgrA° measure-
ments. We impose the following conditions to match metrics of
temporal variations: (1) the mean of each movie's total flux is
2.3 Iy, consistent with the ALMA light curve on April 7
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(Section 2; Wielgus et al. 2022); (2) the standard deviation of
the total flux is in the range of 0.09-0.28 Iy, as seen in the
ALMA and SMA light curves and intrasite baselines:; (3) the
Q-metric (Roelofs et al. 2017) of the intrinsic closure phase
variability 1s comparable to SgrA” data on all mangles.

Figure 9 shows temporal variations in the total flux density
and closure phases with comparison to SgrA’ data. The
synthetic data variability is able to capture the real data light-
curve wvariablity. Moreover, the power spectrum density
distributions of the light curves from synthetic models are
broadly consistent with SgrA® data. For closure phases,
incisy produces data with visible time wvariability seen in
high-8 /N triangles, such as the ALMA-SMT-LMT triangle.
These synthetic movies also roughly match the Sgra’
variability amplitudes, averaged over all triangles, as evaluated
using the J-metric. We note that while these synthetic data are
in good agreement with the above aspects of the EHT data,
their variability amplitudes in Fourier domain are slightly less
than SgrA”* data {see Table 2 in Section 3.2).

5.2, GRMHD Model

In addition to the geometric models, we also generated
synthetic data from GRMHD simulations to evaluate the
performance of our imaging procedures on more complicated
physically motivated models of SgrA®. These GEMHD
maodels are selected from the simulation library presented in
Paper V and are in general agreement with SgrA* data
(Paper V., Section3.1.2). Section 6.4.2 shows the result of
applying our imaging procedure to a weakly magnetized
“standard and normal evolution™ (SANE) model, with
dimensionless spin a, = —0.94, electron temperature ratio
Byign = 160, and viewing inclination | = 507, Although it failed
in other constraints (see Paper V, Appendix A), this model
satisfies the same criteria used for selection of the geometric
models as seen by the resulting visibility amplitudes
(Section 5.1.1) and temporal varability (see Section 5.1.2),
as shown in Figure 9. Figure 7 shows a single snapshot frame
of the GRMHD movie, along with a time-averaged structure.
The GEMHD movie frames contain a sharp photon ring with a
faint emission broadly extended over ~ 100 yas. Some of the
frames contain notable spiral arm features surrounding the
photon ring and extending beyond the compact structure (refer
to the SANE frames shown in Figure 25). This spiral arm
feature i1s smoothed out by averaging over the observa-
tional time.

In addition, Appendix H shows the result of applying the
same imaging procedure on a strongly magnetized “magneti-
cally arrested disk”™ (MAD) model with positive spin, which
passes more observational constraints and is in the “best-bet
region” considered by Paper V. By using these two GRMHD
maodels, generated with different physical parameters, we
demonstrate that our imaging procedure and the resulting
performance are robust against the details of GRMHD models.

6. Imaging Surveys with Synthetic Data

We conducted surveys over a wide range of imaging
assumptions with four scripted imaging pipelines using RML,
CLEAN, and a Bayesian posterior sampling method. The
surveys were performed on the synthetic data sets presented in
Section 5, as well as on the real Sgr A" data. Reconstructing
synthetic data with exactly the same procedure used on Sgr A*
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Figure %. Temporal variability in Sgr A" and synthetic data. Top left: light curves of ALMA SgrA” data {gray points), the crescent model (red points), and the
GRMHD model (blue points). Top right: power spectrum density distnibutions of the light curves in the same color conventions. Bottom left: closure phases on
ALMA-SMT-SMA triangle from the Aprl 7 Ser A” data (gray), the crescent model {red), its time-averaged static image (green), and movie of the GRMHD mosdel
{blue). Bottom right: O-metrics of closure phases from Sgr A7 and synthetic data. We show the mean and standard deviation of Q-metrics over all independent
triangles for cach data set, overlaid by two shaded arcas indicating the corresponding ranges for Sgr A” data on April & and 7.

allows us to assess our ability to identify the true underlying
time-averaged morphology. Both synthetic and real Sgr A” data
sets were preprocessed with a common pipeline described in
Section 6.1. We describe the RML and CLEAN imaging
parameter surveys in Section 6.2 and imaging with a Bayesian
posterior sampling method in Section 6.3, Images of synthetic
data from imaging surveys are described in Section 6.4. We
present images of the actual Sgr A" data in Section 7.

6. 1. Common Pre-imaging Processing

To reconstruct a time-averaged image of SgrA°, each
pipeline used the original calibrated data sets described in
Section 2 and/or data sets further normalized by the time-
dependent total flux density of Sgr A, Within each imaging
pipeline, data sets were first time-averaged to enhance the 5/N
of visibilities; each pipeline adopted a single integration time or

explored multiple choices of the inmtegration time (see
Tables 3-5). After time averaging, fractional errors of 0%,
2%, or 5% were added to the visibility emor budget in
quadrature to account for the nonclosing systematic errors
{refer to Paper II).

As described in Sections 3.1 and 3.2, we employ additional
strategies to mitigate extrinsic scattering and intraday varia-
tions. To assess these proposed strategies, and our ability to
account for these two effects in the imaging process, we
incorporate  parameterized error budgets and systematically
explore the various assumptions on these two effects in the
RML and CLEAN surveys discussed in Section 6.2. In total,
we potentially include up to three additional noise budgets that
account for (1) systematic error, (2) interstellar scattering, and
{3) time variability.

The second budget accounts for the substructure arising
from refractive scattering. We added the anticipated refractive



THE AsTROPHYSICAL JoursaL LeTters, 930:L14 (6dpp), 2022 May 10

Tahle 3
Parameters in the DIFMAP Pipeline Top Set
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noise level for the observed (ie., interstellar-scattered)
visibilities using two base models described in Section 3.1.
The first model we explore is the Const model, which adds a
constant noise budget across all visibilities prior to deblurring:
we examined two noise levels: 0.4% and 0.9% of the total flux
density at each time segment (i.e., Const and 2xConst).
The second model explored is the J18modell (J1EB)
model, which is no longer constant in the (4, v)-space; we
adopt two scaling factors of 1.0 and 2.0 for this noise floor (
ie., J1Bmodell (J1E8) and 2xJ18modell (Z2xJ1E)
The two noise levels adopted in each model reasonably cover
differences in the noise levels caused by different potential
intrinsic structures (see Section 3.1). After including one of
the above budgets for the refractive noise, visibilities were
divided by the diffractive scattering kernel based on the J18
model to mitigate diffractive scattering. In addition to the
above four sets of the scattering mitigation schemes, we
attempted imaging without any form of scattering mitigation
to probe the interstellar-scattered source structure of SgrA’
(referred to as on-sky images).

The third noise budget explored accounts for the structural
deviations from the time-averaged morphelogy due to the
intraday variations. We further inflated the visibility error
budget using the wvariability noise model described by
Equation (2) in Section 3.2, This budget was added in
quadrature to the visibility noise budget, after being normal-
ized by the time-dependent total flux density. We system-
atically explored various sets of parameters in Equation (2,
including the wvariability rms level at 4 GA (a), the break
location (ug), and the variability power-law spectra index at
long baselines (b). Similar to scattering, we also attempted

=3

Mote. Same as Table 3.

reconstructions without this error budget (i.e., assuming no
intraday variation in data).

6.2, RML and CLEAN Imaging Parameter Survevs

In a manner similar to previous EHT imaging of M&7*
(MET" Papers IV and VII), we explore how recovered images
are influenced by different imaging and optimization choices.
In particular, we objectively evaluate each set of imaging
parameters in scripted RML and CLEAN imaging pipelines
using synthetic data with known ground-truth images. Each
parameter survey leads to a Top Ser of parameters: parameter
combinations that each produce acceptable images on our
entire suite of synthetic data. The dispibution of Sgr A" images
recovered with the Top Set parameter combinations reflects our
uncertainty due to modeling and optimization choices made in
imaging; thus, it is different from a Bayesian posterior and
instead attempts to characterize what 1s sometimes referred to
as epistemic uncertainty.

6.2.1. Imaging Pipelines

Similar to previous EHT work (ME7" Papers IV and VII), we
designed three scripted imaging pipelines utilizing the
DIFMAP, eht-imaging, and SMILI software packages.
After completing the common pre-imaging processing of data
{Section 6.1}, each pipeline reconstructs images using a broad
parameter space (weights for the regularization functions, mask
sizes, station  gain  constraints, variability noise budget
parameters, etc.). We describe each pipeline in detail in
Appendices D1, D2, and D.3.

Each pipeline explored on the order of 10°-10° parameter
combinations, as summanzed in Tables 3, 4. and 5 for
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DIFMAP, eht-imaging, and SMILI, respectively. Each
pipeline has some unique choices that are fixed (e.z., the pixel
size, or the convergence criterion) and surveyed (e.g., the
regularizer weights), while some parameters are commonly
explored (e.g., parameters for the scattering and intraday
variations in Section 6.1}

While all imaging pipelines adopt the common preproces-
sing of data described in Section 6.1, there are some differences
in data processing. For instance, the noise budgets for refractive
scattering and intraday wvariability are updated during self-
calibration rounds in SMILI. RML imaging pipelines (eht-
imaging and SMILI) adopt the same prior and initial images
across all synthetic and real data sets. The DIFMAP pipeline
uniformly explores a library of initial models for a first-phase
self-calibration, selecting the one that provides the best fit to the
closure phases after a first run of cleaning (see Appendix D.1).
All three pipelines use combined low- and high-band data for
imaging without any data flagging (including the intrasite
baselines).

6.2.2. Top Sets of Imaging Parameters via Swrvevs on Svathetic Data

Large imaging surveys on synthetic data facilitate the
evaluation of different potential parameter combinations.
Following M&7" Paper IV, the principal output from each
parameter survey is a Top Set: a set of parameter combinations
that produce acceptable images on the suite of synthetic data
presented in Section 5.

The fidelity of synthetic image reproduction is measured
using the normalized cross-correlation between the recon-
structed images and ground-truth images. We define the
normalized cross-correlation of two images X and ¥ made of
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N pixels as

1y

Pux =

L'Z“: (X; — (X% — (V)
N5 Ty Ty '
Here X; and ¥, denote the image intensity at the ith pixel, {X}
and (¥} denote the mean pixel values of the images, and o, and
ay are the standard deviations of pixel values. The position
offset between the frames is corrected by shifting one frame
relative to the other along R.A. and decl. and identifying the
shift coordinate that commesponds with the largest gy

In order to recover a Top Set, a threshold for pny 1s defined
for each synthetic data set. Imaging parameter combinations
that recover images that score above that threshold for all
synthetic data sets are selected as Top Sets. The threshold
values of gy are determined in a manner similar to M87*
Paper IV. For each “ground-truth” image (obtained by time-
averaging the synthetic movie), we evaluate pyy between the
ground-truth image and the same image blurred with a
Gaussian beam of FWHM equivalent to the maximum fringe
spacing of the Sgr A" observations, 24 pas. This value of
quantifies the potential loss of the image fidelity due to the
limited angular resolution. Figure 10 shows examples of the
ity curves between unblurred and blurred ground-truth images
as a function of the blurring size; the critical value corresponds
to those at v = 24 pas. Note that this value depends on the true
spurce structure. Unlike in MBT® Paper IV, we find that a
relaxation of the gy threshold is required to account for the
fact that we reconstruct static images from time-variable data
sets. Hence, the crtical gy values for all training data sets are
multiplied by the relaxation factor of (.95, In other words, the
threshold for each synthetic data set is set to 0,95 x pyy for
gy evaluated at o = 24 gas. This relaxed threshold allows for
a large enough number of Top Set parameters to be identified
for all epochs and imaging pipelines. We ensure that the
relaxed threshold still reconstructs all representative ground-
truth morphologies; in Appendix E, the worst g, images are
shown for Top Set reconstructions of each model with each
imaging pipeline to demonstrate that the representative features
are recoverzd even in the worst-fidelity Top Set images.

In Tables 3, 4, and 5, we summarize the parameters and
surveyed values in each pipeline’s survey. These tables indicate
the fraction of images comesponding to that parameter in each
pipeline’s Top Set for April 7 data. The results on April & data
are summarized in Appendix E. The tables also provide the
total number of surveyed parameter combinations, as well as
the number of combinations selected for each Top Set. As seen
in each table, there are more than 000 parameter combinations
in each pipeline’s Top Set for April 7, which we find is sizahle
enough for downstream analysis. In contrast, we find that the
April & Top Set sizes are much smaller, likely due to the poorer
{u, vl-coverage.

6. 3. fmage Posteriors with THEMIS

The Bayesian imaging method employed in THEMIS differs
from those described above in a number of respects. Most
significantly, apart from sampler tuning—which affects only
the efficiency with which the posterior is explored—the splined
raster model has only two free parameters. Image resolution,
raster orientation, the brightness at each contol point, and
noise model parameters are determined self-consistently by the
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Bayesian Imaging Priors
Parameier Units Prior"
Control points Ty pas 2 S0~ 0
FOW, fis Ligsn, s00)
FOWV, funs Li{50, 5000
Raster rotation racl L —0.25r, 0.25m)
Shift in fuis L — 100, 100
Shift in v fus L — 100, 100)
I MNi—5.5, 1.0y
Ini 1 N{—46, 1.0y
a Liazss, ava)’
m Lo zsm, s
h Libzen, brsz)"
¢ £i1.5, 2.5

* Linear priors from o to b are represented by e, B),
logarithmic priors from a to b are represented by Sqa, b). and
normal priors with mean p and standard deviation & are
represented by A, o

h.l‘;_q.-,. and iy5 are the bottom and top quartile values of the
quantity x given in Table 2.

fitting process (see Appendix A). This is achieved by replacing
the hyperparameters associated with field of view (FOV),
scattering threshold in the Const prescription, systematic error
budget, and those that define the variability mitigation noise
with fit parameters, precluding the need to survey over them.
Priors for each quantity are listed in Table 6 and make use of
the pre-imaging constraints described in Section 3 and listed
explicitly in Table 2.

Importantly, eliminating the hyperparameters associated with
the additional contributions to the visibility uncertainties
eliminates the noise-related data preparation steps described in
Section 6.1: we do not add any additional uncertainty prior to
the THEMIS analysis. However, to reduce the data volume (and
thus computational expense of the posterior sampling), we
incoherently average the flux-normalized data over scans. To
prevent significant coherence losses, prior to averaging we
calibrate the phase gains of the JCMT wsing the intrasite
baseline, JCMT-5MA. and assume that the source is
unresolved at the comresponding spatial scales probed by that
baseline.

The remaining two unspecified hyperparameters are the
raster dimensions, N, and N, Initial guesses for these are
provided by the diffraction limit; for a typical source size of
B0 pas. N, = N, =5 is sufficient to marginally superresolve the
source. This may then be refined via a modest survey over
potential values, with the final values selected by maximizing
the Bayesian evidence, computed in THEMIS via thermody-
namic integration (Lartillot & Philippe 2006). In practice, due
to the expense of such a survey, we restrict ourselves to
N, =N, =15 for the validation with synthetic data sets with a
sole exception. We performed a raster dimension survey for the
GRMHD data set presemted in Section 6.4.2, finding that
Ny=N, =6 is preferred.

For application to SgrA®, we perform raster dimension
surveys independently for April & and 7 as described in
Appendix D4, finding preferred dimensions of N, =N, =6
and N, = N, =7, respectively.
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Figure 10. Nommalized cross-correlation, gy, between time-averaged ground-
truth images and their comesponding blurred images, as a function of the
blurring kemel size. These curves are shown for both the infrinsic images {top
pancls) and the scattered (e on-sky) images (bottom pancls). The dashed
black line indicates the angular resolution equivalent to the maximum fringe
spacing of Sgr A observations, 24 pas; the corresponding value of oy ot
24 pas 18 used to define a threshold that selects which DIFMAP, =ht-
imaging, and SMILI imaging parameter combination is applied o
Ser A data.

G.4. Svathetic Data Images

We first present Top Set and posterior images recovered
from geometric model data sets in Section 6.4.1, followed by
images recovered from the GEMHD data set in Section 6.4.2.

6.4 1. Geometric Model Imapes

In Figure 11, we show the time-averaged ground-truth
images and cormresponding image reconstructions for each of
the synthetic data sets with April 7 (&, v)-coverage. Images
from all pipelines are obtained with and without scattering
mitigation (henceforth descattered and on-sky reconstructions).
These descattered and on-sky reconstructions are compared to
the time-averaged ground-truth images of the intrinsic and
scattered structure, respectively.

DIFMAP, eht-imaging, and SHMILI images for each
geometric model in Figure |1 are obtained using cross-
validation: the parameter combination that provides the best
medn gwy across other geometric models (ie., except for the
mode] being tested) is selected. The cross-validation images in
Figure Il {which are contained in each pipeline’s Top Set)
successfully recover the representative morphology of each
geometric model, demonstrating the capability of a single
imaging parameter combination to identify various source
structures. The manifestation of structure significantly different
from the ground-truth morphology is only seen in a small
fraction of the cross-validated Top Set parameters. For
instance, using the rng classification method described in
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Figure 11. The distribution of images obtained from synthetic data provided using a GRMHD movie with April 7 (x, vi-coverage. From left to right (separated by vertical

lines), we show the distributions of Top Set images from the DIFMAP, eht=imaging, and SMILI pipelines and posterior samples from the THEMIS pipeline; each
vertical panel is further subdivided into clusters identifying common morphologies recovered by each pipeline. The figure is composed of three horzontal panels
separated by horizontal lines. The top panel shows individual images randomly sampled from different clusters. The middle and bottom panels visualize the distnbutions
of reconstructed descattered and on-sky images for each cluster, respectively. In each pamel, from top (o botiom, we show the average of each cluster. the distributions of
the radial profles, and the distributions of azimuthal intensity profiles. In the radial profiles, each horizontal slice corresponds to the arimuthally averaged intensity prohile
of an image. normalized by its peak value. Similarly, the azimuthal profiles show the ammuthal distribution of the radial peak intensity within a radius of 10—H) pas, also
nivmalized by its peak value. The dotted lines in the profiles indicate the peak radius or PA of the ground-truth GRMHD movie. The vertical order of images in both
profles is independently sorted by the peak radius or PAs; therefore, the images are ordered differently in each profle distribution image. These results on synthetic data
show that the Top Set and posterior samples from the imaging pipelines are able to recover ring images that resemble the truee time-averaged structure of a GRMHD movie
{sme Figure 7). However, the imaging methods sometimes produce nonring images that saill fit the data well.

Appendix F, only 2%, < 1%, and < 1% of the cross-validated
Top Set reconstructions for the Bing model are identified as
not having a ring feature for DIFMAP, eht-imaging, and
SMILI, respectively; the reconstruction of a nonring morph-
ology is also found to be limited to small fractions of 3%, 5%,
and 1% for the Crescent model. Similarly, only a small
fraction of the reconstructions from nonring models are
reconstructed with a ring morphology—in particular, for the
DIFMAP, eht-imaging, and SMILI pipelines, 7%, 11%,
and 3% and < 1%, < 1%, and <1% of the cross-validated Top
Sets reconstructed a ring feature from the Point and Double
source models, respectively.

For THEMIS reconstructions, the mean posterior image is
shown for each model. Figure 11 shows that the posterior
images from THEMIS reconstructions identify the general
morphology of each geometric model. Most of the THEMIS
posterior images satisfy the criteria based on a minimum
threshold of gy used in Top Set selections for DIFMAP, eht-
imaging, and SMILI pipelines (see Section 6.2.2), with the
exception of a few models discussed below. For Apnl 7
images, all posterior images show higher pny than the
threshold except for 1% and 7% of descattered reconstructions
for Double source and Ring+hs models, respectively. For
April 6, the images below the threshold are limited to 1% and
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22% of descattered reconstructions for the Point and
Double source models, respectively. However, 95% of on-
sky reconstructions of the Point source model are above the
pr threshold on April 6 for THEMIS. The high fractions of
images bevond the ppy threshold for all models on Aprl 7
demonstrate the capability of the THEMIS pipeline to recover
various representative morphologies at an acceptable fidelity.

Figure 11 also shows the resiliency of the reconstructed
morphology to the scattering prescriptions. While the on-sky
reconstructions without scattering mitigation tend to be slightly
blurrier than those with descattering, there are not many other
notable differences in their appearance. In particular, the
refractive substructure, which adds spatial distortion of images
on scales finer than the angular resolution of the EHT, is not
well constrained in our EHT data and therefore does not
stromgly appear in any reconstructions. We further discuss the
effects of scattering prescriptions for SgrA’ images in
Section 7.5.2.

6.4.2. GRMHD Reconsiruciions

We show example GRMHD reconstructions on April 7 in
the rightmost panels in Figure [1. This GRMHD simulation
contains a ring with a diameter of ~51 pas. GRMHD images
from DIFMAP, eht-imaging, and SMILI pipelines are
reconstructed with the Top Set parameter combinations that
correspond with the largest average gr value across all seven
geometric models. For THEMIS reconstructions, on the other
hand, the expected (i.e., mean) posterior image is shown.'*

Unlike with the simple geometric synthetic data sets, the
distribution of GRMHD reconstructions shows wide variations
in the image appearance.'” Although GRMHD reconstructions
in Figure 11 commonly show a rng-like morphology with a
diameter of ~50 pas, the azimuthal intensity distribution is not
consistent across the Top Sets. In the top panels of Figure 12,
we show images from GEMHD April 7 data from each
pipeline, which are randomly selected from DIFMAE, eht-
imaging, and SMILI Top Sets and posterior images from
THEMIS. Most of the images have clear asymmetric ring
features, but a few images show nonring structures. The
diameters of ring features are broadly consistent across
different reconstructions, comparable to the ground-truth
image. On the other hand, the azimuthal distributions are not
uniguely constrained by the Top Set images—different PAs are
seen in the randomly sampled images from each Top Set.

To visualize the distribution of images with different
morphology, we categorize all images into three major groups:
ring images peaked at PAs within (a) the range of
—180° < PA < 0°, where the ground-truth value of —124% is
located; (b) the range of (1° < PA < 1807 and (c) the remaining
images comprising nonring or other ring-like images with
much less consistency. The definition of a ring wsed in this
paper to classify ring versus nonring images is described in
Appendix F. Note that the particular definition of a ring will
influence the quoted percentages of ring and nonring images
recovered. We find that the particular definition chosen in this
paper results in classification that largely aligns with human
perception. However, the classification of images that are

%2 Unlike for Sgr A", for this particular GRMHI data sct the THEMIS pipeline
used a large-scale Gaussian to account for extended emission in the underlying
source model.
*3 Mote that this resembles the varied Seor A” reconsiructions in Section 7 and
Appendix C.
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borderline between ring and nonring classification is sensitive
to the exact criteria used. Therefore, ring definitions that make
use of different criteria can lead to classification that still
largely aligns with human perception but varies somewhat in
the ring classification percentages quoted in this paper.

In the middle and bottom panels of Figure 12, we summarize
the distribution of images from each pipeline with and without
scattering mitigation, respectively. The GRMHD images within
cach pipeling’s Top Set are clustered into image modes. The
upper subpanel shows the mean image of each cluster,
indicating a common or representative morphology recovered.
The middle subpanel shows the distributions of the azimuthally
averaged radial intensity profiles, where the vertical order of
images is sorted by the peak radii of the profiles. The lower
subpanel shows the azimuthal distribution of the radial peak
intensity within a radions of 10-40 pas.

Figure 12 demonstrates that most of the Top Set or posterior
images reconstruct ring images from the GRMHD data set. In
particular, the radial profiles of the first two ring modes show a
broad consistency of the peak radivs around ~25 pas, which
implies a diameter of ~50 jas consistent with that of ~50 jas
for the ground-truth model. The capability of identifying a ring
with the consistent diameter does not appear to depend on the
scattering mitigation. Similarly to geometric synthetic data (see
Section 6.4.1), the scattering mitigation does not significantly
affect the resulting source morphology in the reconstructed
images, except that the images without scattering mitigation
tend to be slightly broader. Refractive substructure does not
appear in the reconstructed on-sky images, again indicating that
the appearance of the refractive substructure is not strongly
constrained with EHT 2017 data.

As seen in the azimuthal profiles, each pipeline provides at
least one asymmetric ring mode with the peak PA roughly
consistent with that of the mean ground-truth image of — 124"
For this particular GRMHD example, this mode is found to be
the most popular mode in most pipelines. However, Figure 12
indicates that the ring mode with the correct orientation is not
always identified as the most popular mode among image
samples—for instance, the correct orientation is not identified
as the most popular ring mode for the eht-imaging on-sky
pipeline. Therefore, caution should be taken, as the popularity
of a mode in an RML or the CLEAN pipeline’s Top Set does
not necessarily always correspond with the true underlying
structure.

We find that key takeaways from the GRMHD example are
consistent with the “best-bet” GEMHD models presented in
Paper V, identified based on various criteria using both EHT
and non-EHT data. In Appendix H, we show example
reconstructions of a “best-bet” GRMHD model. We find the
identification of a ring morphology for the vast majority of the
Top Set reconstructions; however, multiple ring modes and
nonring images are still reconstructed. Note also that the peak
PA of the ground-truth “best-bet” GREMHD model is not
necessarly identified as the most popular mode reconstructed
in each Top Set. These results indicate that the same trends are
seen  across multiple GRMHD models that are  broadly
consistent with EHT data.

7. Horizon-scale Images of SgrA®

Having determined Top Set imaging parameters for RML
and CLEAN and validated posterior estimation for THEMIS via
tests on synthetic data (Section 6), we now show the result of
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these methods applied to Sgr A data from the 2017 EHT
observations. Unlike in the previous EHT imaging of MET'
(MB7" Papers IV and WII), SgrA™'s recovered structure
depends somewhat on the imaging strategy and parameter
choices. Thus, this section presents our main imaging results
and analyzes how the image structure is affected by different
imaging choices.

We begin in Section 7.1 by giving an overview of the results,
followed by a more detailed discussion of the image structures
recovered in each pipeline’s Top Set or posterior in Section 7.2,
Average images across pipelines, calibrated data sets. and
observing days are discussed in Section 7.3, In Section 7.4 we
present Sgr A" imaging obtained by combining the data sets for
April 6 and 7. In Section 7.5 we address the gquestion of
whether Sgr A” is a ring and explore how the recovered images
are affected by the scattering and temporal variation mitigation
strategy.

7.4 Overview of Recovered SprA” Structure

Figure 13 summarizes the common morphologies recovered
from Sgr A" data by the four imaging pipelines for April 7. We
find that the vast majority are rings that can be classified into
three different clusters with varying azimuthal structures
(Section 7.2), shown in the three bottom left panels of
Figure 13, and a small fraction of nonring images that also fit
the Sgr A" data well (bottom right panel of Figure 13). Since
these nonring images are not as consistent in structure, they
largely blur out when averaged together and primarily
emphasize a double structure that is sometimes present. The
representative Sgr A" image obtained by averaging reconstruc-
tions from all four clusters is shown in the large top panel of
Figure 13, cormresponding to that of a ring with a diameter of
~50) pas (Section ).

7.2, Clustering of Recovered SprA” Images

To effectively visualize the distributions of SgrA™ images,
we cluster all reconstructed Top Set and posterior images using
a similar criterion to that used in Section 6.4.2 and Figure 12
(see Appendix F for details). Images with a ring feature are
grouped by the peak PAs in  the soothwest
(—180° = PA < —707), northwest (—70° £ PA < 40", and
east (407 < PA < 1807 directions. The Sgr A” image clustering
results for each pipeline are summarized in Figure [4; here we
focus on the observed date of April 7 with the HOPS data
reduction pipeline (see Section 7.3 for Aprl 6 and CASA-
based reconstructions). The results of the DIFMAF, eht-
imaging, SMILI, and THEMIS pipelines are displaved from
left to right. Images are separately clustered within each
pipeline.

The middle and bottom panels of Figure 14 show each
cluster's average image for the descattered and on-sky images,
respectively. To better visualize the properties of individual
Ser A' images, we present three randomly selected descattered
images from each cluster in the columns of the top panel of
Figure 14; within each cluster images appear to have largely
consistent morphologies.

The percentages in each panel of Figure 14 show the fraction
of Top Set or posterior images contained in that particular
cluster. These percentages indicate that most of the Top Set and
posterior images have ring structures. For instance, the fraction
of nonring cluster images is 5% of the Top Set descattered
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Figure 13 In the top main panel we show the representative image of Sgr A°
obtained with the EHT from observations on 20017 April 7. This top image is
obiained by averaging the bottom four images. On the bottom from left o right,
we show the average images of three prominent ring clusters with different
azimuthal stroctures and a noaring cluster. The height of the colored bar (lower
lefit comer in cach panel) represents the relative fraction of images in the Top
Sets for each cluster. We note that the THEMIS posterior sample only inclodes
ring images. In each cluster, the image is computed through a weighted average
over the descattered reconstructions, including all Top Set images from the
three imaging methods (DIFMAF, eht=imaging, and SMILI) and 1024
images randomly selected from descatiered posteriors from THEMIS. Images ane
weighted by the inverse of the total number of Top Set or posterior images used
from each pipeline, so that pipelines are represented equally in cach image.
Mote that DIFMAF model images are convolved with a 20 pas beam
{represented by the inset circle), while no blurring is applied to the rest of
the images.

images from DIFMAP, eht-imaging, and SMILI imaging
pipelines. Although this is significant, we note that in the case
of the Top Sets this does not constitute a likelthood, and
therefore the reported fractions should not be considered as an
exact measure of our degree of certainty. In addition, only ring
images appear in THEMIS posterior estimation of descattered
images.

The bottom row of both the middle and bottom panels of
Figure 14 shows the azimuthal distribution of the radial peak
intensity within a radius of [0-40 pgas. These profiles are sorted
within each cluster by the location of peak brightness to best
accentuate variations within a cluster. By inspecting the profiles
in each cluster, it can be seen that three primary brightness
distributions, with a peak brightness at ~— 1407, —40°, or 70°,
appear across the pipelines. Thus, even when we restrict our
attention to ring-like morphology reconstructions, it is difficult
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Figure 14. The distribution of reconstructed Sgr A° images on April 7. We show the distribution of images from each pipeline for each cluster with the same
convention as Figure 12, From left to right {separated by vertical lines), we show the distributions of Top Sct images from the DIFMAP, eht=1imaging, and SMILI
pipelines and posterior samples from the THEMIS pipeline; each vertical panel is further subdivided into clusters identifying common morphologies recovered by each
pipeline. The figure is composed of three honzontal panels separated by horizontal lines. The top panel shows individual images randomly sampled from different
clusters. The middle and bottom panels visvalize the distributions of reconstructed descattered and on-sky Sgr A” images for each cluster, respectively. In each panel,
from top to bottom. we show the average of each cluster, the distributions of the radial profiles, and the distributions of azimuthal intensity profles. Note that THEMIS
images have only three clusters for each of the descattered and on-sky reconstructions—their descattered posterior does not contain a nonring closter, and their on-sky

posterions do not contain an east PA ning cluster.

to constrain the azimuthal profile around the ring via imaging.
This azimuthal uncertainty could be due to data properties (e.g.,
sparsity or low-S /N data) or variation in the intrinsic azimuthal
structure of Sgr A" due to intraday evolution.

To visualize the image-domain differences among each
cluster, we compare in Figure 15 the relationship between the
fractional central brightness (f., radial wvalues) and the
azimuthal peak brightness (PA. azimuthal values). The polar
distribution of Top Sets and posterior images among all
imaging pipelines and with and without scattering mitigation
ileft panel in Figure 15} shows that most of the ring images
within each different cluster (indicated by the red, blue, and
green points) have a smaller fractional central brightness
(f.20.5) than that for the images in the nonring cluster (f,
= 0.5}

The histogram of the azimuthal peak brightness distributions
shown in the left panel in Figure |5 provides a clear
visualization of the clustering of ring images around PAs of
mo— 1407, —40, or 707, which comrespond to the locations of
the three knots that commonly appear in ring images. Changes

in PA mostly reflect variations in the relative brightness of
these knots. For the case of nonring images the PAs are, as
expected, more randomly distributed. Figure 15 also confirms
that the fractional central brightnesses are systematically larger
for the on-sky images owing to the angular broadening
produced by the interstellar scattering.

Both the ring and nonring morphologies identified in Top
Set and posterior images show reasonable fits to Sgr A" data. In
Appendix E, we show y? distributions of Top Set images to
SgrA° data. After adding the budgets of nonclosing systematic
errors, representative refractive noise, and time variability, all
Top Set images result in a y* < 2 for both closure phases and
log closure amplitudes—we refer the reader to Paper IV and
M&T* Paper IV for a discussion of these data products and 1:
distributions. In Figure 16 we compare closure phases of
SgrA” to those of individual images from each cluster and
pipeline for four selected closure triangles. As indicated by the
v~ metrics, multiple ring and nonring images fit the observed
closure phases within the range of deviations anticipated owing
to temporal varigbility and refractive scattering effects.
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Figure 15. Comparisen of image characteristics betwoeen cach cluster. The radial and azimuthal values are the fractional central brightness and azimuthal peak
brightness PA, respectively. The left punel shows the distribution of all Top Set and posterior images with all imaging pipelines (DIFMAP, eht -imaging, SMILI,
and THEMIS) and scattering mitigation (descattercd and on-sky), including the three ring clusters with different peak azimuthal brightness (red: — 1380° = PA = —707;
blue: —70° = PA < 40°; green: 407 < PA = 180°) and a nonring cluster {white). The right eight panels show distributions within a single imaging pipeline and
scattering mitigation. The majority of azimuthal peak brightness among cach ring cluster 15 shown in the outer gray histogram in each panel.
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Figure 16. Closure phases plotted as a function of GMST on four selected triangles from April 7 observations. Each line indicates the corresponding closure phase
curves from a single Top Set and posterior image randomly selected from each cluster. The eror bars of SgrA” data include the fractional 1% noise budget for
systematic error and a representative budget for scattering and temporal variability—in particular, the T18mode 11 refractive nodse model and a variability model with
parameters @ = 02, wyp = 2. 6= 2.5, and ¢ = 2. These additional noise budgets are all added 10 the &0 5 complex visibility noise budget prior to forming closure
quantities. All images show reasonable fits to Sgr A” data, as they all are within two standard deviations of the observed data.

Therefore, none of the identified clusters can be excluded from instead show the mean of each posterior obtained by averaging
possible Sgr A” morphologies in terms of the goodness of fit to all the posterior samples. Figure 17 shows that the majority of
Ser A data (or through synthetic data tests presented in images contain a ring-like stucture. This Ang morphology is
Section 6). common among all imaging pipelines and is resilient to the

scattering mitigation  strategy employed (as discussed in
Section 7.5.2). Additionally, we recover largely consistent

7.3 Average Sgr A" Images across Pipelines : !
images between data calibrated by the HOPS and CASA

Figure [7 shows the average of S.grﬁ_\' images reconstructed calibration pipelines. Although we recover images with a ring
by each of the four imaging pipelines (DIFMRE. eht- morphology in the majority for all pipelines on April 7, these
imaging, SMILI, and THEMIS) from each calibrated data average images also highlight that the azimuthal brightness

set (CASA and HOFS) on each observing day (April 6 and 7). distribution is sensitive to small changes in the data and
Only images from the HOPS data product have been imaging strategy.

reconstructed using the THEMIS pipeline. The images from
DIFMAP, eht-imaging, and SMILI are obtained by

sveraging-their respeciive. Top. Set images;: these. averigs 74 Imaging Combining April 6 and 7 Data Sets

images show the dominant features identified across different In Figure 17 we show results from Apnl 6 data,
combinations of the selected imaging parameters in the Top reconstructed using the same imaging procedure as April 7.
Sets (refer to Section 6). For the THEMIS reconstructions we We note that although a ring feature appears in most of these
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Figure 17. The dominant recovered morphology in Sgr A descattered and on-sky reconstructions identified from two VLBI data products (CASA and HOPS data)

with all four imaging pipelines (DIFMAF, eh
comesponding Top Set images for DIFHAP, &
have heen imaged using the THEMIS pipeline.

reconstructions, it is less prominent. The images also contain a
diagonal rail-like feature going from northeast to southwest that
corrupts the ring. This feature is especially prominent in the
THEMIS April 6 descattered reconstruction. This cormipted or
nonring mode 15 likely emphasized in THEMIS imaging
compared to RML and CLEAN pipelines owing to the goal
of THEMIS image samples to characterize the probability of an
image rather than represent the variety of possible images that
can fit the data.

Through an in-depth inspection of the April 6 data,
documented in Paper IV, the Chile-LMT baselines (ie.,
ALMA-LMT and APEX-LMT baselines) were identified as
having large coherent visibility swings that are not effectively
mitigated by the noise model on a single day, causing this
particular feature to arise. Figure |8 shows the reconstructions
using the DIFMAP, eht-imaging, and SMILI imaging
pipelines when these particular baselines have been flagged,
resulting in a cleaner ring structure.

The large visibility swings on the Chile-LMT baselines
could be the cause of varability around SgrA® that exceeds
expectations set by the incorporated stationary noise model
presented in Section 3.2. In particular, we believe that the
variability noise model should capture SgrA''s stochastic
evolution in expectation, but a single night may contain
nonstochastic short-lived variahility that can bias a single day’s
reconstruction. Correlated variability may be mitigated via
multiday fits, which combine statistically independent struc-
tural fluctuations; this better matches the assumption within our
variability mitigation scheme of an underlying stochastic
process, though it does carry with it the additional assumption
that SgrA” is statistically stationary over the multiple days
combined. Therefore, in addition to the single-day analyses
performed by all imaging methods, the THEMIS image model
was also fit to the combined April 6 and 7 scan-averaged data
from high and low bands for the HOPS data product. The

resulting static image shown in Figure 19 represents an image
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imaging, SMILI, and THEMIS) for two observing days (April 6 and 7). Each panel shows the average image of the
at=imaging, and SMILI pipelines and the average posterior image for the THEMIS pipeline. Omly the HOPS data
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Figure 18. The cficct of removing the Chile—-LMT baseline from April 6 data
reconstructions. Each panel shows the average image of the Top Set images for
the DIFMAF, eht=imaging, and SMILI pipelines from April 6 and the
HOPS data product for the descattered and on-sky reconstructions. For
comparison we show the average images obtained from full data sets, as well as
images obtained from data without the Chile-LMT baselines. This Chile-LMT
baseline appears near the visibility null and appears to exhibit significant
intraday variations on April 6 that are likely not captured by the variability
noise model presented in Section 3.2,

recovered from the combined data sets. All images within the
multiday THEMIS posterior exhibit a clear ring-like structure.

7.5 Is SgrA" a Ring?

Our primary imaging goal is to answer the guestion, “Is
SgrA° a ring™" Although our reconstructions are overwhel-
mingly dominated by ring images, there are a small number of
nonring images that fit the data well and cannot easily be
excluded through additional tests. There are at least three
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Figure 19. Mitigation of the apparent strong intraday variations seen in April &
through THEMIS imaging of the combined April & and 7 data. For companison
we show the average posterior images from April 6 and 7 independently and
that obtained by combining the data sets for April 6 and 7, exhibiting a clear
ring for the descattered and on-sky reconstructions.

possible reasons for the recovery of nonring reconstructions of
Ser A (1) Sgr A™'s intrinsic structure is not ring shaped, (2)
scattering causes a distortion of a ring morphology, resulting in
a nonring image, and (3) imaging algorithms recover an
incorrect source structure, aggravated by challenges of sparse
{u, vi-coverage and SgrA™s intraday variation. In this section
we will explore these three possible origins of nonring
structure. Based on this exploration, we conclude that there is
evidence that the nonring reconstructions are caused by our
imaging algorithms resulting from the limited (u, v)-coverage
and rapid variability, rather than being intrinsic to Sgr A"

754 Manijestation of Rings from Intrinsic Nonrings

The first possible explanation for the small percentage of
nonring reconstructions of Spr A’ is simply that SgrA° does
not possess a ring morphology. Although this possibility
cannot be ruled out completely, we explore the possibility of a
potential bias in our imaging approach toward recovering ring
images from underlying nonring sources.

There is always a possibility that the parameters initially
explored by the RML and CLEAN parameter surveys were
inadvertently biased to produce mostly ring images. This would
result in an artificially high percentage of rng reconstructions
that could give overconfidence in an incorrect ring solution. To
explore this hypothesis, we inspect the percentage of ring and
nonring images of SgrA’ that are in the inital parameter
survey versus the restricted Top Set on April 7. We find that
although ring images make up a large percentage of the initial
parameter surveys, 91%, 84%, and 60% for DIFMAE, eht-
imaging, and SMILI, respectively, for the descattered
reconstructions, this number becomes significantly larger after
Top Set selection. In particular, the percentage of ring images
rises to values of 95%, 97%, and 98%, respectively. Therefore,
when we restrict to those parameters that can best disambiguate
between the different ring and nonring source morphologies
contained in our synthetic data sets (Section 5.1}, the number of
ring images increases. We also note that THEMIS posterior
samples for April 7 only contain ring images.

Tor further test the possibility that we are biased to recover
primarily rings from underlying nonring sources, we have
explored the performance of our imaging methods on nonring
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synthetic data sets to see how they compare to Sgr A® results.
In particular, we performed a Top Set analysis on the Point
and Double source models. Two “cross-validation™ Top Sets
were identified by excluding the performance of either the
Foint or Double source model and only using the remaining
six geometric models in selection of the imaging parameters.
These two cross-validation Top Set parameter sets were then
applied to the Point and Double synthetic data sets.
Although each cross-validation Top Set does incorrectly
reconstruct some ring images, each image set primarily
contains reconstructions that look similar to the ground-truth
Foint and Double source structure. In particular, for
descattered reconstructions, only 9% and < 1% of the cross-
validation Top Set reconstructions possess a ring morphology,
compared to 97% in SgrA’ reconstructions of April 7. The
THEMIS pipeline produces no ring images in the posterior
samples for both the Point and Double data sets. Thus, in
the nonring synthetic data sets we have explored we find that
the number of incorrect ring reconstructions 18 much less than
the number that we recover for Sgr A’ In summary, our
imaging pipelines do not appear prone to artificially create a
majority of ring structures in sources that do not possess an
intrinsic ring morphology.

752 Scatterinp's Effect on fmage Reconstruction

The second possible explanation for the nonring reconstruc-
tions of SgrA” is that interstellar scattering causes a nonring
morphology. This could take one of two forms: (a) SgrA™'s
ring morphology has been distorted to a nonrng morphology
by an interstellar scattering screen, or (b) our imaging
algorithms have incorporated an incorrect scattering model
that reconstructs a corrupted nonring morphology.

To address the possibility that interstellar scattering is
causing Sgr A"'s intrinsic structure to be distorted to a nonring,
we inspect differences in the descattered wersus on-sky
reconstructions.  As  outlined in Section 3.1, descattered
reconstructions attempt o mitigate two primary  effects of
interstellar scattering: diffractive scattering that causes angular
broadening, and refractive scattering that introduces small-scale
structure to the on-sky image. SgrA’ reconstructions in
Figure 14 show that on-sky images are systematically blurrier
than descattered images, as expected owing to deblurring that is
performed before recovering a descattered image (refer to
Section 3.1.1). This systematic difference between on-sky and
descattered images is also seen in synthetic data reconstructions
presented in Section 6.4. This angular broadening cauvses the
central dip of a ring to be less prominent. Nonetheless, we note
that the vast majority of the on-sky (i.e., without any scattering
mitigation prescription) images are still rings, with percentages
of 93%, 985, 90%, and 98% for CLEAN, eht-imaging,
SEMILI, and THEMIS, respectively. We note that it is highly
unlikely that a nonring morphology was distorted into an on-
sky ring morphology by interstellar scattering.

To address the possibility that our assumed model of the
interstellar scattering is reconstructing a cormupted image of the
descattered source, we explore the use of multiple refractive
noise models to mitigate effects of refractive substructure
before deblurring (Section 6.2). The contribution of the
included refractive nolse budget wsed to mitigate scattering
(for descattered reconstructions) is nonnegligible for long-

baseline data (see Section 3.1.2 and Figure 5). Nontheless, the
RML and CLEAN imaging surveys show that the choice of the
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Figure 20. The range of descattered Sgr A” images recovered using different
refractive scattering noise models. From left to right, images are shown
clustered in the same order as Figure 15. Each panel shows an average of all
descattered Top Set images of Sgr A on April 7 from the DIFMAF, eht
imaging. and SMILI pipelines that were generated using the specified
refractive noise model (from top to bottom: Const. 2xConst, J18modell,
and 2 J1Bmodall). The number on each panel shows the percentage of
descattered Top Set images that were reconstructed using the specified
refractive noise model. These percentages indicate that there is not a clear
preference for a particular refractive noise model in Top Set selection.
Additionally. the recovered image structure does not appear to correlate with
the refractive noise model used.

refractive noise model does not significantly affect the resulting
distributions of image structures. Figure 20 shows the average
descattered Sgr A" images (clustered into the same four
morphologies as are presented in Figure 13) for each refractive
noise prescription explored. The comparable fractions of
images in each cluster across the different descattering
strategies  indicate the resiliency of the recovered image
structures to different refractive noise models. Another piece
of evidence suggesting that the scattering prescription does not
strongly affect results can be seen in the THEMIS results; in
THEMIS a constant refractive noise floor is able to vary in
posterior sampling of descattered images. Although an
essentially unlimited refractive noise component is permitted
by the THEMIS model, the posterior estimation instead typically
chooses a noise level of <25 mly, only 1% of the total flux of
the source.

In summary, results indicate that for EHT measurements of
Ser A", interstellar scattering does not significantly affect the
recovered morphology. Both on-sky and descattered images
contain a majority of ring morphologies. In addition, we find
that the particular choice of scattering mitigation strategy only
minimally affects the recovered image structures.

P53 Variabilie's Effect on Imape Reconsiruction

The third possible origin for nonring Sgr A* images is poor
reconstruction guality of the imaging methods. Imaging is
solving an ill-posed inverse problem due to sparse (w, v)-
coverage, which always will have the possibility of recovering
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an incorrect image. This is further exasperated in imaging
Sgr A” by the challenges that come with recovering an evolving
source. In this section we explore this possibility and find that
our imaging methods often reconstruct nonring sources for
variable ring sources with a comparable small percentage as
found for Sgr A®.

The first natural guestion is how our imaging methods
perform on reconstructing ring sources with similar data
properties to SgrA’. We find that our methods produce
nonring images, even when the underlying source structure is
ring-like. As an example, recall that for the variable GRMHD
ring-like sources analyzed in Section 6 and Appendix H our
imaging methods produced mostly rings, but also a very small
fraction of nonring images. Therefore, we expect that for a
variable ring source we would recover some nonrings that fit
the data well. However, note that the number of nonrings was
still fairly small in the case of the GEMHDs: 5% for the
GREMHD presented in Figure 12, and 4% for the “best-bet”
GEMHD presented in Figure 37. These values are comparable
to the 3% of nonrings reconstructed for SgrA® descattered
images across all pipelines. We also find that cross-validated
Top Set images reconstructed of the Crescent and Ring
geometric sources produce a small fraction of nonring images.
MNote that these nonring percentages for the GRMHD,
Crescent, and Ring sources are much less than the
percentage of nonrings reconstructed for the variable Point
and Double sources, as discussed in Section 7.5.1.

Due to SgrA™'s intraday evolution, mitigation of temporal
variability in the data is important for reconstructing a single
static image of SgrA°. We next explore how the variability
mitigation approach affects the proportion of ring versus
nonring images reconstructed. Section 3.2 introduced an
approach to model the temporal variability as an additional
noise budget that could be added in quadrature to the visibility
thermal noise budget. The dependence of the temporal
variability noise model parameters on resulting SgrA’
reconstructions for the RML and CLEAN pipelines was
investigated. Although a variability noise budget generally
helps with imaging (as evidenced by a higher percentage of
Top Set parameters selected—89%-95% of the Top Set
parameter combinations include a variability noise model on
April 7), similar to scattering, we find that there are no
significant differences between the images recovered under
different variability noise parameters. We suspect that this is
partly caused by the complex interplay between regularizers
and different noise model parameters (e.g., variability. scatter-
ing, and systematic), although no significant trends were
identified.

In Appendix G, we demonstrate how our results are
insensitive to a different method of variability mitigation. In
particular, we show time-averaged morphologies identified by a
large survey over full-track RML dynamical imaging para-
meters (refer to Section 4.4 1) that do not rely on the variability
noise model presented in Section 3.2.2. We again find the ring
modes to be dominantly reconstructed, while a small fraction of
nonring structures are also identified. The broad consistency
indicates that our results are resilient to at least two different
methods to recover time-averaged morphology.

In summary, we find that owr imaging methods do
reconstruct a small percentage of nonring images from ring
sources with comparable variability to that seen in Sgr A" data.
Similar behavior is observed across a vanety of different
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imaging approaches to mitigate wvariability. Therefore, we
conclude that we would expect our methods to produce a small
fraction of nonring images from an underlying variable ring

morphology.
8. Image Analysis
&.1. Ring Parameter Fitting

To analyze the SgrA’ images, we use two tools, REx
(Chael 2019) and VID&'" (Tiede et al. 2022), both of which
are able to extract quantitative and pertinent information from
the Top Set images. Here we briefly review the two image
extraction technigues.

EEx attempts to extract ring-like features by  directly
characterizing the features of the Top Set images. This is the
same tool used in 2017 M87" analysis (M87" Paper IV). The
detailed definitions of REx ring parameters follow those of the
ME7" analysis (M87" Paper [V).

In REx, the ring center (¥, vy} is determined so that the
dispersion of intensity peak radii is minimized. Around the
center, a polar intensity map fr, #xg vg) is constructed.
The ring radius ry (or diameter o = 2ry) is defined as the
radius where azimuthally averaged radial intensity peaks.
The ring width w is {(FWHMII (¢, #|xa, »,) — Teac])s, where
Tose = s = 60 paas, 6|xq, ¥y, To characterize the azi-
muthal structure, we define the normalized first circular
moment at radius r as

7 10, 1z, yp)cos(B)db
myr) = g ;
J; I(r, #)xq, vg)dt

(i

The ring PA » and asymmetry A are given by the radially
averaged (from ry — w/2 to ry + w,/2) argument and amplitude
of my(¥), respectively. Finally, a central fractional brightness f.
is defined as a ratio of the mean brightness within 5 pas from
the center to the azimuthally averaged brightness along the ring
r=ro).

VIDA takes a forward-modeling or template-matching
approach for image analysis (Tiede et al. 2022). That is, we
approximate the images with parametric families or templates
fia. such as rings, crescents, or Gaussians. The template used
depends on both the observed image structure and the features
of interest. VIDA's approach is therefore similar to geometric
modeling presented in Paper [V, except that it is applied to the
image reconstructions rather than in the visibility domain. The
image features, such as diameter, are then given by the
parameters of the optimal template. This differs from RE:x,
which defines its quantities directly on the image.

To find the optimal template, we first renormalize the Top
Set image to form a unit flux image fix, vh We then take the
L2 norm as our objective function:

1©) = LS(lID = [Ifate. ) — Fox p)Pdsay.  (12)

where & denotes the template parameters.

For analyzing SgrA® Top Set images, we use VIDR's
SymCosineRingwFloor template. This template is character-
ized by a ring center (xp, vo), diameter d, FHWM width w, and

%3 hitps: / {github.com /pticde /W IDAjL
3 We set r,, = B0 oy instead of the S0 as used in ME7" Paper IV owing
to the larger ring size.
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a cosine expansion to describe azimuthal brightness distribu-
ton 5

o
S =1-2% A,cos[m(d —n,)]

o= I

(13)

For this paper we take m=4. Note that we also restrict
A, < (05 to restrict negative intensity in the template.'™® The
PA of the image is taken as the phase of the first-order cosine
expansion, ie. 7, = . Similarly, we define the asymmetry
A=A, to match REx’s definiion above. Note that this
azimuthal structure is very similar to the me-ring model
described in Section 9.

In addition. we add a central disk to constrain the central
brightness depression of the ring. This disk is forced to have
the same radius as the ring, and a Gaussian taper is included
that matches the width of the ring. We then compute the central
fractional brightness, f_, of the optimal template, following the
definition above.

In the next subsection, we provide the results of both REx
and VIDA for five ring parameters, namely, ring diameter &, PA
i, ring width w, fractional central brightness -, and asymmetry
A. Note that while each method's parameter definitions are
similar to each other, REx produces estimates on the image
directly, while VIDE parameter values are defined from the
optimal template. If the template provides a “good™ approx-
imation to the on-sky image, these estimates should be similar.
Mote that the negative pixels of THEMIS images are treated as
zero in the REx and VIDA analyses.

8.2, Ring Fitting Resulrs

In this subsection. we present ring parameter results only for
images from ring morphology clusters (Figure 13). In
Figure 21, we show the diameters measured for on-sky and
descattered ring images for each pipeline. We find that the ring
images are consistent with a diameter of ~30 pas, as shown for
each ring morphology cluster separately in Section 7.2 and
Figure 14.

For more detailed distributions of ring parameters, in
Figure 22 we show the ring parameter fiting results of Sgr A*
descattered Top Set or posterior images for April 7. From top to
bottom, distributions of ring radivs, PA, ring width, fractional
central brightness, and asymmetry are presented for four
pipelines. Results from both REx and VIDA are shown, and for
comparison  azimuthally or radially averaged brightness
distributions are shown in the background of diameter d and
PA » plots.

Radius distributions are clearly peaked at ~25 pas and
mostly concentrated between 25 and 30 pas, being consistent
across the three pipelines. Note that on some occasions REx
and VIDA show discrepancy in the radius (and some other
parameters), which is mostly due to the difference of the
responses o an image with a salient feature. However, as seen
in the kernel density distributions of the radius, contributions of
such outliers are negligible for determinations of the mean ring
radius. Meanwhile, the PA value is by far less consistent across
the pipelines or even within a single pipeline. Multiple modes
clearly appear in the Top Set images with various PA values, as
already seen in Section 7. Note that the scatter of PAs tends to

198 1t is sdll possible for negative intensity with this restriction. To prevent
negative intensity, we further take max(0, (%)) when computing the template.
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Figure 21. The ring diameters measured from April 7 images. shown separately for cach cluster with a ring morphology. cach pipeline, and descattered or on-sky
reconstructions. Circles and triangles and associated ervor bars indicate the means and standard deviations of diameters measured with REEx and WVIDA, respectively.
MNote that THEMIS cror bars appear significantly smaller than the error bars on DIFHAP. eht-1imaging, and SMILI. This is partly due to the fact that THEMIS is
primarily quantifying aleatoric (e.g., statistical) uncertainty. whereas the goal of the other imaging surveys is to also characterize epistemic {e.g., systermnatic)
uncertainty.
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Figure 22. Ring fit results for Sgr A" Top Set descattered images in the ring clusters reconstructed from April 7 data. Each panel shows the distibution of ring
parameters comesponding o the images resulting from a single pipeline. In each panel, the scatter plot on the lefi shows a ring parameter extracted from cach image
using REx (orange) and VIDA (green); the vertical histogram on the right shows the resulting kemmel density estimation from the collection of extracted image
parameters. Images are ordered by clusters deseribed in Section 7.2, whose boundaries are shown with verical solid lines. From left to right, the panels show the
results for DIFMAP, eht=imaging, SMILI, and THEMIS. For the radius and PA, we also show the radial Jazimuthal brightness distribution of each image in the
background.

be larger when the ring has multiple bright spots that affect the may come from the angular resolution of the observation.
resulting PA, or when the azimuthal profile is close to uniform Fractional central brightness is mostly ~0-0.3 for EML and
without a clear peak. Ring width values are ~30 uas, and this THEMIS, while minor nonring modes tend to show somewhat
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Figure 13. Ring fit results for Sgr A" Top Sct on-sky images reconstructed from April 7 data. Refer to the caption of Figure 22 for more details.

higher values. These values confirm that a majority of the
images show ring-like structures with clear central depression.
CLEAN images tend to have a slightly larger value of width
and central brightness than RML and THEMIS, as expected
owing to the beam-convolution effect for CLEAN imaging.
Asymmetry values are ~{.1, indicating that most of the Sgr A*
images have a nearly symmetric azimuthal intensity distribu-
ton on the ring. Apart from time variability, Sgr A™'s apparent
symmetry could be one of the possible reasons for difficulty in
constraining the PA.

Figure 23 shows the ring parameter fitting results of the on-
sky Top Set or posterior images. Comparing the ring
parameters with and without scattering mitigation, PA values
are slightly different and FWHM and fractional central
brightness values are larger for the on-sky images. These
differences are reasonable when one considers the angular
broadening effect due to scattering that remains in on-sky
images. On the other hand, radius and asymmetry show similar
distributions  between descattered and on-sky images—we
obtain a ring diameter of ~50 pas for on-sky images, indicating
that the ring size is robust with little dependence on the
scattering correction.

In Tahle 7. we summarize the mean diameters and their
standard deviations over the ring images reconstructed by each
pipeline for both descattered and on-sky images and on both
April 6 and 7. As seen in the table, the mean ring radii for on-
sky images are slightly smaller than those of the descattered
cases by a few microarcseconds. This small reduction of ring
radii is mainly due to the difference of effective resolutions
with /without scattering mitigation. Nevertheless, the ring radii
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are within their standard deviations and thus broadly consistent
regardless of scattering mitigation.

Comparing the results of April 6 and 7 in Table 7, diameters
derived from ring reconstructions are consistent within the
computed standard deviations, regardless of the pipelines. The
other parameters (except for PA) also give consistent values for
both days. Again, PA values have a large scatter in April 6
images; the existence of large scatter in PA indicates that it 15
difficult to constrain the azimuthal brightness distributions
along the ring. In general, most of the Top Set images show a
ring morphology with a consistent diameter around ~50 pas.

In Appendix I we list the fitted diameter, width, PA,
asymmetry, and fractional central brightness measured for each
one of the identified imaging clusters and different pipelines
shown in Figures 22 and 23.

9. Short-timescale Dynamic Properties on Select
Observation Window

The dynamical timescale at the location of the Iinnermost
stable circular orbit for SgrA’, f, = IZN\II'EGM‘.';CE for zero
spin, is approximately 30 minutes and can be smaller by a
factor of ~ 10 if the black hole is spinning rapidly. Variability
at these timescales across the electromagnetic spectrum,
including at 230 GHz, is one of Sgr A™'s salient features (see
Wielgus et al. 2022 and references therein). As discussed in
Section 3.2 and Paper II, a few EHT closure phase triangles
show measurable variability across the 2017 observing
campaign that can be atributed to intrinsic source variability.
In this section, we explore the level and characteristics of
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Tahle 7
Mean and Standard Deviation of Diameter J and Width w Measured
from Top Set or Posterior Sgr A" Images for Each Pipeline

Drescattered
o (jias) w (jeas)
DIFMAF
Apr. 6 ring REx 46 £ 4.1 I3+315
WIDR 51 3.1 I3+31
Apr. T ring 49+ 11 32+29
51215 I3+17
eht=imaging
Apr. B ring 5645 24
59 +11.3 30+ 10.4
Apr. T ring 54 2.0 26+ 26
54 £+ 4.6 7T +35
SMILI
Apr. & ring 5T+34 4+19
46 + 12.0 S0+ 1
Apr. T ring 5247 6 +21
52140 2747
THEMIS
Apr. & ring 51 +39 B+ 12
3409 24 09
Apr. T ring 53207 2+05
56+12 7 +07
Om-sky
of {jeag) Wl jias)
DIFMAP
Apr. 6 ring REx 46 £+ 3.0 34 +43
VIDA 47+ 19 +34
Apr. T ring 48 £ 2.7 W17
49+ 2.1 T ]
eht=-imaging
Apr. & ring 49 + 349 W36
500+ 5.6 41 £ 6.7
Apr. T ring 5025 3227
50+ 4.1 I5+338
SMILI
Apr. & ring 43 0.4 28+3.1
39+39 ah+ HE
Apr. T ring 47 £ 4.7 [T
47 + 3.8 35+52
THEMIS
Apr. & ring 46 £ 2.1 ELES WY
47 £ 3.1 33+10
Apr. T ring 50+ 1.5 26+ 1.1
56+ 2.6 2+09

structural changes in the SgrA° image that are consistent with
the ohserved variability.

Recovering time-resolved structures on these short time-
scales is especially challenging owing to the sparse snapshot (1,
vj-coverage for the EHT array. Indeed, without additional
constraints, any observed change in the visibility domain can
be interpreted as caused either by intrinsic variability or simply
by the rotation of the baselines with Earth and their probing of
different spatial structures—though fitting fast fluctuations in
the visibilities with static emission requires larger fields of
view. This is especially true for baselines that probe regions of
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the (u, v)-space in which the visibility amplitudes show deep
minima {(or nulls), across which the complex visibilities change
by order unity over infinitesimal changes in baseline length.

In attempts to describe the EHT observations with a static
image, we assign any observed wvariation to spatial structures
and mitigate potential effects of vanability by inflating the error
budget. In this section, we instead attempt to fit the time-
evolving data directly to produce spatially and temporally
resolved images of Sgr A”® on minute timescales. Our analysis
of dynamic properties presupposes that the 230 GHz emission
from Sgr A" is compact (see Section 2.3) and ring-like, such
that the short-timescale varability we see can be atiributed to
changes in the image with time. We combine two independent
analysis methods—dynamic imaging with temporal regulariza-
tion between frames and snapshot geometric modeling—to
identify trends in the spatial evolution of Sgr A”,

Our analysis shows that significant uncertainty exists in any
attempt to characterize the spatially resolved dynamics of
Sgr A using EHT 2017 data. We expect that future observa-
tions with an expanded EHT array will yield significantly
improved time-resolved  and  spatially  resolved movies
of Sgr A’

Q1. Selecting an Observation Window

The rotation of Earth causes the EHT's snapshot (u, 1)-
coverage to change over time. Static imaging and modeling
approaches assume that the source is unchanging in time,
which allows these approaches to combine data from a full
night of observations. However, recovery of short-timescale
evolution requires that we only consider coverage synthesized
on the wvariability timescale. This “snapshot™ coverage is
extremely sparse and introduces artifacts into image recon-
structions. To minimize these artifacts, we constructed and
evaluated metrics to assess the performance of the snapshot
coverage and identify the most promising time windows for
dynamic analysis. These metrics rely purely on the (w, v)-
coverage rather than the properties of the underlying SgrA’
visibilities. The construction and validation of a suite of these
metrics are reviewed in Farah et al. (2022).

We consider metrics that assess several attributes of the (u,
v)-coverage, including the largest gap in coverage (Wielgus
et al. 2024}, the fraction of the (i, vj-plane covered (Palumbo
et al. 2019), and the geometric properties of the coverage
(Farah et al. 2022). We summarize the application of these
metrics to the 2017 April 7 EHT Ser A" data set in Appendix J.
These three metrics identify a period from approximately 1.5 to
3.2 GMST on Aprl 6 and 7 that maximally mitigates the
EHT's snapshot coverage limitations. During this time
window, all sites participate in observing Sgr A" except PV,
though there is & notable dropout of the LMT between
approximately 2.4 and 2.9 GMST on both days. All dynamic
analyses discussed in the remainder of Section 9 are performed
aonly in this selected time window.

Figure 24 shows the (i, v}-coverage for April 7 during the
~10(-minute observation window selected for dynamic
analysis, along with the coverage for a single 60 s “snapshot™
integration. Closure phases from two informative triangles are
overlaid for April & and 7 during this time window. These
closure phases show distinet evelution in the resolved structure
of SgrA" during the same 100-minute window on Aprl 6
and 7.
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Figure 24, Lefit: (x, v)-coverage for the selecied time window for dynamic
imaging and modeling. The light-blug points show the coverage of the full
night of ohservation, while the dark-blue points and the red points represent the
coverage for the selected dynamic imaging region and a single 60 5 snapshot
from that region, respectively. Right: closure phases for Sgr A (green and
vellow) on two representative triangles during the selected time region.

9.2, Dyvnamic Imaging and Modeling Methods

To analyze Sgr A"s spatially resolved dynamics during the
[00-minute selected region of time on April 6 and 7, we use
two methods: dynamic imaging and snapshot geometric
modeling (also simply referred to as dynamic modeling). Both
methods fit EHT 2017 data on 60 s snapshot integrations within
the selected observation window but make different prior
assumptions about the structure of the source in space and time.
Note that, unlike in static imaging, we do not flus-normalize
the data before dynamic analysis. Because the (u, v)-coverage
is sparse even in the best available time window, both methods
need to make strong prior assumptions about the spatial and /or
temporal structure of the source to constrain the fits to the data.
Note that when performing dynamic imaging /modeling fits we
do ot include a variability noise budget as is done in static
imaging (Section 3.2.2).

Dvnamic Imaging —Dynamic imaging methods reconstruct
a time-evolving image that best fits the observed evolution of
Ser A’ Our dynamic imaging approach is based on Star-
Warps (Bouman et al. 2018), which enforces continuity across
an image and in time by means of spatial and temporal
regularization {'ﬁ:ctinn 4.4.2). Temporal regularization is set by
a parameter | ig which corresponds to the allowed vun.mu:
between pixels in ﬂnap\hnu that are typically 60s apart;”
smaller values of '.f; cﬂm:upnm:l to stronger continuity in time.
Spatial rcguldnmtmn is imposed by a multivariate Gaossian
prior on snapshots with a mean g and covariance A that
encourages spatial smoothness (see Equation (7) and Bouman
et al. 20018). We examine the sensitivity of ime-variable image
features (e.g., PA) to different settings in the StarWarps
imaging d]gnnﬂ'ﬁm by mnning surveys over different values of
the spatial regularization covariance A and data weights of the
visibility ﬂmpl]tudc and ]r:g closure amplitude; we L\"plCd"}’
keep .‘.l'; and the mean image p fixed and examine the
sensitivity of our results to these parameters separately across
dlfﬁzrent SUrVeys. Unleﬁ \pec:lﬁed otherwise, in this paper we
set J'{g to 5% 10°° (Jy pixel ')* and the prior mean y and
initialization image to an image of a uniform ring blurred by a
25 jeas beam. Thcsr: surveys result in distributions of the image
features at each snapshot in time. For each of the measurements
obtained from 54 parameter combinations, we draw 100
random samples from a normal distribution characterized by

7 Frames are sometimes separated by more than 60 s owing to the interval
between scans.
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the image feature measurement and its associated error. These
survey results are not posterior probability distributions, but
they do provide a sense of the robustness of the sensitivity of
maovie reconstructions to changes in the algorithm parameters.

Greametric Modeling.—In our geometric modeling approach,
a simple geometric model is fit o each 60s mapkhnt
rndepu}:dfmh' with no enforced correlations in time."™” We
consider several different m-ring models (Johnson et al. 2020),
described by infinitesimally thin rings with azimuthal bright-
ness varations decomposed into Fourler modes, which are
subsequently blurred with a circular Gaussian kernel. The
complexity of an m-ring model depends on the maximum
number of Fourer modes, m, that are added (eg.. m=1
corresponds to a simple crescent). To model a central floor, we
include a Gaussian that is located at the center of the ring; the
size and brightness of the Gaussian are additional model
parameters.

For each m-ring model considered, we produce a multi-
dimensional posterior using two modeling approaches. First,
we consider a variational-inference-based approach, DFI, that
fits to the log closure amplitudes and closure phases (Sun &
Bouman 2021; Sun et al. 2022). Second, we consider a
»umpl]nE h.j_md method, Comrade (P. Tiede 2022, in prep-
arut]u:m] " which fits to visibility amplitudes and closure
phases. Comrade uses the nested sampling package dynesty
(Speagle 20200 and the probabilistic programming Id.nguagn
Sozs (Scherrer & Zhao 2020). The different data products
used by OFPT and Comrade imply different assumptions made
about the telescope amplitude gains—they are unconstrained in
CPI, while in Comrade the gain amplitudes are more
constrained and are included as model parameters during
fitting (see Paper IV). As a result of these different data
products, CPFI and Comrade produce slightly different
posteriors. Details of the geometric modeling approaches are
further explained in Paper IV.'"*"

Comparing  Dynamic  Imaging  and  Modeling —Both
dynamic imaging and modeling share a common goal of
extracting time-resolved and spatially resolved structure in
Sgr A, but there are key differences between the methods in
how  prior assumptions about the spatial and  temporal
variability are incorporated. StarWarps imaging allows for
more freedom in the recovered spatial structure but assumes
strong temporal regularization between frames. In contrast,
snapshot geometric modeling is restricted to a parameterized
set of spatial structures but makes no assumptions on image
correlations in time. Although snapshot geometric modeling
cannot recover spatial structures outside of the m-ring model
specifications, it allows for gquantifying the uncertainty in rm-
ring model festures (and their temporal variability), as it
estimates full posterior distributions for the particular geometric
model used.

Diagnostics —To characterize our dynamic reconstructions,
we mostly investigate trends of the brightness PA (see Equation
(21} in M87" Paper IV) with time. The PA is a simple and
easily characterizable feature of the brighmess distribution
around an asymmetric ring. For Starwarps reconstructed
movies, we extract the ring PA on the different snapshots using

" In the language of the temporal regulanization parameter defined above, for
geomeiric modeling .'ﬁ'b;.l — 00,

e https: / / github.com /ptiede /Comrade._jl

') Note that model fits in Paper IV use 1M s spnapshots, whereas in this
section we use 6 = snapshots.
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REx; in m-ring model fitting results, the PA is obtained directly
from the fitted model as the argument of the first azimuthal
Fourler mode.

Ring Assumprion.—Many of the results in this section apply
strong prior assumptions that Sgr A™'s underlying structure is
ring-like, motivated by the ring morphology recovered in static
image reconstructions using the full (u, vl-coverage (Section 7).
StarWarps reconstructions enforce a ring constraint by
setting the mean prior image @ to a ring with =350 pas diameter
and a width set by a circular Gaussian blurring kernel. In
geometric modeling, the rng assumption is intrinsically
imposed by the structure of the m-ring model. In
Section 9.4.1 and Appendix | we explore the sensitivity of
our results to the choice of mean image pin StarWarps.

9.3, Svnrhetic Data Tests

Sparse snapshot (u, v)-coverage can lead to artifacts in both
imaging and geometric modeling results. These artifacts appear
in static imaging but are further amplified in dynamic imaging
owing to the far-sparser coverage (Farah et al. 2022). Thus, it is
important to assess how the sparse (u, vj-coverage during the
selected time window may affect the recovered results and
whether it may introduce biases in recovered image features,
particularly the PA of ring-like images.

9 3.1, Btatic Crescents

In Appendix 1.3 we present synthetic data tests conducted to
characterize the effect of the sparse snapshot EHT2017 (u, v)-
coverage on PA recovery from static crescent images. These
tests show that there are significant biases in the recovered PA
from 60s snapshots when the brightness asymmetry of the
ground-truth ring image is low. When there is a strong
asymmetry in the brightness distribution around the ring,
however, the PA is accurately recovered even with 60s
snapshot (. v)-coverage.

932 GRMHD Simulations

We explored how our methods perform in recovering time-
varying PAs from three selected GRMHD simulation movies.
We used three representative GEMHD movies from the
GRMHD library presented in Paper V (see Section 5.2).""'
We generated visibility data from the three movies over the
[00-minute dynamic analysis window on April 7 using the
same procedure described in Section 5. including atmospheric
noise, telescope gain errors, and polarimetric leakage.

Figure 25 presents results obtained from both dynamic
imaging and modeling reconstructions of these three synthetic
data sets. The ground-truth simulation PA  evelution is
recovered {with ~307%) for the first two models (Simulations
| and 2). However, there are several localized deviations in the
recovered PA distributions from the ground truth in these
models, especially when the instantaneous (u, vj-coverage
worsens {(e.g.. during the LMT dropout time region). For the
third model (Simulation 3} both the dynamic imaging and
modeling methods recover significant offset from the true PA.
One potential cause of this offset is the prominent extended jet
structure to the northwest of the ring in the SANE simulation.

19! imulations 1 and 2 arc using a MAD GEMHD model with parameters

a, =0, 0= 10, By = 10 Simulation 3 is wsing a SANE GRMHD model with
a,=—09, i= ﬁ‘ﬁ L

Ewvent Horizon Telescope Collaboration et al.

This extended structure cannot be captured in either the
dynamic imaging or modeling methods owing to their strong
prior assumptions of a ring-like morphology.

In the bottom row of Figure 25, we investigate the complex
variance of the Fourier transform of the reconstructed images
across the selected time window for both the ground-truth
{scattered) movies and the reconstructions. We find that in all
three cases the reconstructions tend to introduce more
variability than is present in the ground truth. In Simulations
1 and 2 this excess variability does not prevent the
reconstructions from qualitatively recovering the correct PA
trend, but the PA results are not commectly recovered in
Simulation 3.

These results indicate that although we often recover the PA
accurately from some realistic synthetic GRMHD data sets, we
should remain cautious when interpreting SgrA” dynamic
results. Our methods sometimes incorrectly recover the PA,
especially if extended structure is present that is not captured
by the prior assumptions on the source structure made by the
dynamic imaging and modeling methods. In addition to effects
from extended structure, there may be additional uncharacter-
ized systematic uncertainty from prior assumptions in the
reconstructions in these results derived from extremely sparse
snapshot Sgr A" coverage.

94, Ser A" Spatiotemporal Chavacterization and Uncertainty

Here we present results of our analysis on Sgr A"'s spatially
resolved temporal variability on minute timescales on April 6
and 7, using both dynamic imaging and snapshot geometric
modeling methods. In Figure 26, we show detailed results for
the SgrA’ PA evolution and data fits reconstructed using a
restricted range of dynamic imaging and modeling parameters.
In Figure 27 we show PA results obtained under a broader
range of parameter settings.

In general, we find that snapshot geometric modeling results
performed under different m-ring orders, scattering mitigation
strategies, and modeling codes produce fairly consistent results.
The modeling results show broad posteriors of PA at each 60 5
snapshot but still indicate significant differences between April
6 and 7 and between the first and second halves of the 100-
minute window on April 7. In rough terms, the PA on April 6 s
centered around ~—350°, with some scatter around this value
over the time window. In contrast, on April 7 the modeling
results show PA posteriors that are initially centered around
~90” and then shift to values centered around ~-—50° in the
second half of the time window.

Compared to  spapshot  geometric modeling,  dynamic
imaging allows for more freedom in spatial and temporal
regularization and, as a result, is more sensitive to parameter
choices. Dynamic imaging results can produce movies that
reproduce the PA trends on April & and 7 recovered by
snapshot modeling. These PA trends—a stable PA on Aprl 6
and a shifting PA on Aprl 7—are predominantly seen in
dynamic imaging reconstructions with low temporal regular-
ization and ring-like spatial priors. Geometric modeling makes
similar assumptions, imposing no temporal regularization and
enforcing ring structure in the form of the model. In Figure 26,
we directly compare dynamic modeling and imaging results
under these strong assumptions.

Even in the limited space of dynamic imaging reconstruc-
tions conducted with weak temporal regularization and ring-
like mean prior images, the imaging results are sensitive to
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Figure 215, PA recovered from synthetic data from three different GRMHD simulations on April 7 EHT coverage during the dynamic analysis window using both
StarWarps dynamic imaging and DPI snapshot geometric modeling techniques. Top row: ground-truth GRMHD movie snapshots (including interstellar scattering )
from each of the three simulations at 1.7, 2.3, and 1.2 GMST. Middle row: plots of PA vs. time for the reconstructions compared with the simulation ground truth {in
red). The shaded red region indicates the circular standard deviation of the ground-truth PA computed using REEx (refer to Section 8 and Chael 20019). Modeling
histograms (blue) correspond to actual marginal posterior distnbutions, whereas for StarWarps imaging the histograms represent the distnbution of PAs and their
associated uncertainties for a collection of movies reconstructed under different parameter settings. The gray band at roughly 2.6 GMST indicates the time period
where the LMT dropped out of the observation. Bottom row: vistbility vanance in the (n. vi-plane over the selected time window for the ground-truth simulation
movies (left. red) and the reconstruction (right, green). In Simulations 1 and 2, both dynamic imaging and snapshot geometric modeling methods are often able o
correctly identify the PA of evolving GRMHD movies during this time window, but they show significant offsets from the correct PA in Simulation 3. From left to
right, the maximum variance of the ground-truth (reconstructed) movie is U85 (2.62) = 1077 Jy™, 445 (12.07) = 10 2 ]3'1. and 3.94 (779 = 1072 J}':. Contours start
at 0% of the peak vanance and decrease by successive factors of 2 until they reach (.7%.

other hyperparameters. In particular, Figure 26 indicates that
we recover two modes of PA evolution on April 7 even with
the mean prior image and temporal regularization level fixed.
We present representative snapshots and fit to the closure phase
data from these two modes in the right panels of Figure 26.

When the rng-like mean image prior is changed or the weak
temporal regularization is increased in StarWarps dynamic
imaging, significantly different PA variations can be recovered
from the same data. In Figure 27, we show that when the ring
assumption is relaxed and a disk prior is used in reconstruction,
StarWarps results show drastically different PA trends over
time. In particular, in reconstructions initialized with a disk
prior, the PA curves on April 6 and 7 appear to be flipped by
LBO® (i.e., on April 7 the PA transitions from ~%) to ~—50").
We further show in Figure 28 that when using stronger
temporal regularization in the StarWarps dynamic imaging
the PA stays constant, eliminating the shift from positive to
negative PA trend on April 7. We discuss these tests further in
Section 9.4.1 and Appendix 1.5.

MNote that April 6 and 7 have nearly identical (u, v)-coverage
during the selected [00-minute region of time. We can thus
compare the results obtained over these 2 days to help

33

disentangle effects of (i, vl-coverage from any effects due to
intrinsic evolution. If the PA trends that we recover are due
primarily to biases from the (u, v)-coverage, we would expect
to recover the same PA trends on both days. However, we
consistently see different PA trends with time using the same
parameter settings in both dynamic imaging and modeling
methods. This implies that differences in the visibilities, not the
(u, v)-coverage, drive differences in the PA evolution we see on
the two nights in some reconstructions, but it does not help
select among any of the different reconstruction modes on
either day.

G4 I Effect of Model and Imaping Choices

The PA evolution recovered with dynamic imaging and
modeling methods is sensitive to choices made in the imaging
and modeling procedures that enforce constraints on the spatial
and temporal structure of the reconstructions. Enforcing strong
spatial or temporal priors will suppress any structural
variability, while adding too much flexibility in a model with
sparse data constraints will lead to overfitting or uninformative
posteriors. In Appendix 1.5 we present in detail several tests of
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Figure 26. Left: mean azimuthal brighitness profiles from the StarWarps movie reconstructions, unwrapped around the ring as a function of time, and PA
distributions obained from dynamic imaging and snapshot geometric modeling reconstructions of EHT Sgr A™ data on April 6 (top) and 7 (bottom) in the sclected
time window. Ceometric modeling distributions are marginal PA posicniors from DI, Imaging histograms represent the distnbution of PAs and their associated
uncertainties from a collection of StarWarps movies reconstrected under different parameter settings with the spatial prior mean @ and temporal regulanzation i.._,"
held fixed {refer to Equation (7)), Blank spaces indicate time regions without any data. The gray band at roughly 2.6 GMST indicates the region where the LMT
dropped out and data coverage is poor. Both dynamic imaging and modeling appear to identify a nearly constant PA on April 6 but a variable PA over the same time
window on April 7. In the reconstructions in this figure, both dynamic imaging and modeling make a prior assumption that the source morphology is ring-like;
StarWarps imaging uscs a prior/initinlization image of a uniform ring, while geometric modeling uses a second-order m-ring (m = 2) model. Both dynamic
imaging and modeling recover “descattered” movies using the J18model]l refractive noise model. Right: focus on the two modes reconstructed by Star¥Warps on
Apnl 7. For each mode, the top panels show three reconstructed snapshots at different times, and bottom panels compare the fitting of the corresponding reconstructed
movie (magenta or yellow] and a representative static reconstruction from the eht=imaging static imaging pipeline (white) to the closure phase data measured by
three key trniangles. The dynamic reconstruction on the top (magenta) shows an evolving PA shift over the observation window. In contrast, the reconstruction on the
bottom has a nearly constant PA of ~100° (vellow). In the selected closure phase plots (bottom rows), the measured data are averaged in 6 5 snapshots and the error
bars do not include a variability noise model. The static image visibilities (white) capture the general trend of the data, but they do not well fit variability in the closure
phases. In contrast. both selected StarWarps dynamic reconstructions better fit the data on minute timescales. We find that the fit’s behavior on the SMT-LMT-
SMA triangle has a large influcnce on the resulting PA of the movie on April 7. A positive SMT-LMT-5MA closure value tends to result in a southeast PA {~ 1007,
whereas o negative value results in a more nonhwest PA {~.—80%).

discuss the details of these prior choices in Appendix 1.5.1. For
geometric modeling, we tested ring-like models of increasing
complexity in their azimuthal brightness distribution, from
crescent models (m = 1) to higher-order m-rings. When fitting
mi=rings to Sgr A snapshot data, we explored m from 1 to 4 and
selected the order to use based on the Bayesian evidence across
all data sets—settling on m = 2 (see Appendix J.5.2).

Figure 27 shows histograms of the dynamic imaging PA

these choices for both imaging and modeling methods; here we
highlight the most important results.

Spatial Priors —Constraints on the spatial structure are
enforced via the m-ring order in geometric model] fitting and via
the choice of mean image prior in dynamic imaging. To test the
effects of different mean prior images in StarWarps, we
produced reconstructions using uniform ring priors  with
increasing widths (from convolution of the ring described in

Section 5 with circular beams of 11, 15, 20, and 25 pas
FWHM; henceforth ring” 1l as, ring’15pas, ring"20pas, and
ring 25pas priors, respectively). We also used a tapered disk
with diameter ~74 pas (see Figure 7) as a prior that does not
feature any central dip after convolution of the disk with a
circular beam of 15 pas (henceforth, disk"15pas prior). We

34

results made using different mean prior images and PA
posterior distributions from geometric modeling results from
different m-ring orders. We also compare modeling results
from two different modeling codes in Figure 27. The
reconstructed PA trends are fairly consistent on both days
among the different m-ring orders in geometric model fitting. In
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Figure 27. The PA for the 2007 Sgr A data recovered using dynamic imaging and geometric modeling technigues under different assumptions. Starkarps imaging
results were obtained using a spatial prior image set to cither a uniform ring convolved with a circular Gaussian kemel with FWHM of 200 or 25 pas (see Figure Tyora
uniform disk blurred with a kernel with FWHM of 15 pas. Descatiered modeling results were obtained from geometric models with increasing complexity (m-ring 2
vi. me-ring 3) and different fitting software packages {DPI vs. Comrade). All results were obtained from low-band data on April & and 7 that have been descattered
with & Jl8model ] refractive noise floor. The gray band at roughly 2.6 GMST indicates the region where the LMT has dropped out and data coverage is poor.
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Figure I8. Comparing the effect of temporal regulanzation on the reconstructed StarWarps movies for April & and 7. The temporal regolarization strength is
increased from left to right [:iﬁl =5 x 10 Iy pixel” W s« ® {1y pixel W and 5 = 107" {Jy paxel '}1]. For each value nf,ffc;l. we show the mean unwrapped
movie arcund the ring {tog). the mean closure phase values on the mangle SMT-LMT-SMA {middle}, and the variance of the complex visibilities across the (i, v)-
plane (bottom). As temporal regularization is increased, the recovered movies bocome more static and the degree of (&, vi-plane variability decreases. From weak o
strong regularization, the maximum variance of the reconstructed mavie is 5.37 x 107 Iy LU0 s 1077 Iy*. and 0.73 1077 Iy® on April 6 and 33.81 x 1070 Iyv%,
13.24 = 10 Jy™, and 050 = 1077 By on April 7. Contours sgart at ‘.H]‘E:_\nf 1;hc peak variance and decrease by successive factors of 2 until they reach 0.7%. For
comparisen, the varance in the light curve over this interval is ~ 0.5 = 1077 Iv™. Thus, the lefinvost reconstruction waih the weakest temporal regulanzation produces
a movie with visibility variance substantially exceeding the light-curve variance due to overhitting to the thermal noise.
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StarWarps imaging, reconstructions using ring-like mean
prior images of several different thicknesses produce similar
trends, with a stable PA on April & and a PA transition from
positive to negative values on April 7. However, when a disk
prior is used in StarWarps, the PA trends of both April 6 and
7 change drastically and appear to be flipped by 1807
Figure 44 in Appendix J shows image snapshots and data fits
for StarWarps reconstructions with both disk and ring mean
prior images. Note that although the PA evolution is different
from the movie reconstructed using a ring prior, the movie
reconstructed with a disk pror stll results in a nng-like
structure, though with a less prominent central brightness
depression.

Temporal Regularization —Geometric modeling  enforces
no correlations in between temporal snapshots, while dynamic
imaging can enforce correlations via temporal regularization.
Figure 28 shows that when using stronger temporal regulariza-
tion in StarWarps (lower values of .':I‘E,I} the PA becomes
constant in time on both April 6 and 7—a result of the method
enforcing strong continuity between frames. Note that in the
case of high temporal regularization the SMT-LMT-SMA
closure triangle fits in the second half of the time window on
April 7 appear offset with respect to the data, although still
within two standard deviations of most data points.

We also show that reconstructions with low levels of
temporal regularization produce prominent variance in the
model visibilities plane at (u. v) points that are not sampled by
our coverage during this time window.™ In contrast,
reconstructions with more temporal regulanzation lower the
owverall variance of model visibilities everywhere in the Fourier
plane and place the peaks in the variance maps at (1, v) points
sampled by the EHT. We discuss the imcr&:rrctntinn of the
different temporal regularization values 3, used here in
Appendix J.2 and further tests of the StarWarps temporal
regularization in Appendix 1.5.1.

Scantering —Another cholce made in both dynamic imaging
and modeling procedures common to both static and dynamic
reconstruction methods is the strategy for mitigating the effects
of interstellar scattering in SgrA" data. We investigate the
effects of the same five prescriptions for scattering mitigation
we use in static imaging on the dynamic reconstructions in
Appendix J4. In general, we find that choices made in the
scattering mitigation procedure contribute less to our overall
uncertainty than choices related to the spatial prior or temporal
regularization.

9.5 SgrA” Dhvnamic Property Conclusions
Our aim in this section has been to use the 2017 EHT data 1o

explore spatially resolved dynamics of SgrA” on minute
timescales. First, we identified the time windows with the best
(u, vi-coverage during the observation run—a roughly 100-
minute window on April 6 and 7. We identify a significant
difference between the closure phases on April & and 7,
signifying that the underlying structure is different on the 2
days. We reconstruct movies from this small slice of the EHT
data using dynamic imaging and geometric snapshot modeling
methods. We track the average PA in our dynamic imaging and
modeling results as a way of following a specific, dynamic, and

1" As shown in the GRMHD synthetic data tests, it is not necessary that the
peaks in the (4, vi}-plane variability map align with measured data points o
comectly identify PA evolution.
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measurable aspect of the source over time. We find that we are
able to recover the PA in synthetic EHT data from some
GEMHD simulation movies; however, there are prominent
cases when this is not the case and both geometric modeling
and dynamic imaging methods recover biased results.

On Aprl 6, most dynamic imaging and modeling results
show a stable PA in the SgrA* images over the selected
window. In contrast, the recovered PA evolution on April 7 s
more dependent on prior assumptions on the spatial structure
and temporal regularization. On April 7. when using a ring
image as a spatial prior and weak temporal regularization,
dynamic imaging results largely align with geometric modeling
results and show an evolution in the PA of ~140° over the
~ [ 00-minute window. However, we also see several other PA
trends in the dynamic imaging results, including a PA evolution
in the opposite direction and modes where the PA is static on
both days.

These results, along with our synthetic data tests, show that
while the 2300 GHz image of Sgr A" may exhibit interesting and
measurable dynamies, our current methods cannot conclusively
determine the PA evolution of SgrA*. Dynamic reconstruc-
tions of SgrA” with EHT2017 coverage should thus be
interpreted with caution. This analysis provides a promising
starting point for further studies of future evolution seen in
SgrA® EHT observations with denser (i, vj-coverage.

10. Summary and Conclusions

We present Sgr A" static and dynamic imaging results for
data taken with the EHT in 2017 Aprl. Sgr A" was observed
with eight EHT stations at six geographic sites over five
observing days, out of which the highly sensitive phased-
ALMA array participated in April 6, 7, and 11. April 7 is the
only day in which the easternmost station PV participated,
providing the best (i, v)-coverage that probes a null at ~3.0
GA. On April 11 Sgr A” exhibits the highest variability in the
light curve during the 2017 campaign (Wielgus et al. 2022},
possibly related to an X-ray flare observed shortly before the
start of the EHT observations (Paper II), rendering static
imaging for this day particularly challenging. For these reasons,
April 7 has been used as the primary data set, while April 6 s
considered as a secondary data set. Results from the remaining
2017 EHT observations of Sgr A" will be presented in future
publications.

Similar to the 2017 EHT observations of MS7* (M27"
Papers I—-VI), the data sets analyzed in this paper are the first
with sufficient sensitivity and (i, v)-coverage to reconstruct
images of SgrA’ on event horizon scales with an angular
resolution of ~20 uyas. Imaging SgrA” with the EHT is,
however, significantly more challenging than ME7" owing to
the interstellar scattering toward the Galactic center. and most
importantly the rapid intraday wvariability that characterizes
Sgr A%, with timescales much shorter than the duration of our
typical EHT ohserving runs.

To mitigate the scattering effects in our Sgr A" reconstruc-
tions, we have developed a strategy based on Fish et al. (2014),
Psaltis et al. (2018), and Johnson et al. (201 8) to account for the
angular broadening and substructure induced by diffractive
{Section 3.1.1} and refractive (Section 3.1.2) scattering,
respectively. Images of SgrA” have been obtained with and
without these scattering mitigation prescriptions to assess their
impact in our reconstructions.
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It is, however, the rapid intraday intrinsic variability of
Ser A’ coupled with the sparse (u, v)-coverage as compared
with regular VLBI observations, that poses the strongest
challenge for reconstructing horizon-scale images of SgrA’
with the EHT. With a typical variability timescale of a few
minutes, the horizon-scale brightness distribution can change
significantly during our typical multihour observing runs,
which violates the fundamental assumption for Earth-rotation
VLBl aperture synthesis. To overcome this extraordinary
challenge, we have included a “variability noise budget” in
the observed wvisibilities (Section 3.2.2) that facilitates the
reconstruction of static full-track images capturing the time-
averaged structure.

Static full-track imaging of SgrA’ has been conducted
through surveys over a wide range of imaging assumptions
using the classical CLEAN algorithm (implemented in
DIFMAP), RML methods (eht-imaging and SMILI), and
a Bayesian posterior sampling method (THEMIS), as described
in Section 4. Imaging surveys, exploring ~10°-10" parameter
combinations, were first performed on synthetic data sets
designed to be gualitatively consistent with SgrA° measure-
ments, including its  characteristic  temporal  variability
(Section 5). The use of synthetic data sets allows us to assess
the capability to accurately reproduce different morphologies
with our imaging methods and to select the “Top Sets™
imaging parameter combinations for RML and CLEAN
methods that successfully reproduce the known ground-truth
movies (Section 6.2.2).

Unlike for MB7', where a persistent ring structure is
observed across imaging pipelines (M&7" Paper [V), our static
reconstructions of Sgr A" show structural changes within and
across the different imaging methods used. The variety of
images can be classified into four main clusters of images
corresponding to ring images with three different azimuthal
brightness distributions and a cluster that contains a small
number of nonring images with multiple morphologies. This
classification is resilient to the scattering mitigation prescrip-
tion wsed, including no mitigation.

Although the relative fraction of nonring images in the Top
Set reconstructions from RML and CLEAN is very small (5%
in the April 7 descattered images), we note that the Top Sets do
not sample from the Bayesian posterior likelihood and are
instead meant to characterize the range of possible images due
to epistemic uncertainty. On the other hand, the full Bayesian
imaging approach implemented in the THEMIS pipeline does
provide a Bayesian posterior exploration that characterizes
aleatoric uncertainty, Scattering-mitigated SgrA” reconstruc-
tions from THEMIS for April 7 only contain ring images with a
very similar structure to that found for BML and CLEAN
methods, although it also identifies a small number (29%) of on-
sky nonring images (Section 7).

The Aprl & data set suffers from poorer (v, vi-coverage and
likely more unusual intrinsic variability. This results in April 6
reconstructions that contain a less prominent ring structure in
the RML and CLEAN pipelines. Nonetheless, the diameters of
the ring structures recovered for April 6are consistent with
those of the April 7 ring images. In addition, although
descattered THEMIS samples of April 6 primarly show a
corrupted ring or nonring structure, THEMIS posterior samples
for the combined April 6 and 7 data sets exhibit only clear ring-
like images for both the on-sky and scattering-mitigated
reconstructions.
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Imaging of a synthetic GRMHD data set with data properties
similar to those of Sgr A” and characterized by a ring image of
~50 pas (Section 6.4.2) shows similar imaging results to those
found in SgrA’: RML and CLEAN methods recover ring
images with different azimuthal orientations and a small (<35%)
Top Set fraction of nonring images, while the THEMIS posterior
sample only recovers ring images.

We conclude that the Event Horizon Telescope Sgr A’ data
show compelling evidence for an image that is dominated by a
bright ring of emission. This conclusion is based on our
extensive analysis of the effects of sparse (w, v)-coverage,
source variability, and interstellar scattering, as well as studies
of simulated visibility data, which find that nonring images are
recovered in the minority by our imaging pipelines for variable
sources with an intrinsic ring morphology (Section 7.5).
Representative first event-horizon-scale images of SgrA° are
shown in Figure 13, obtained from the April 7 data set by
averaging similar Top Set and posterior images together.
Despite  the different azimuthal brightness  distributions
observed, all ing images have a ring diameter of ~50 uas on
both A[Pril 6 and 7. consistent with the expected “shadow™ of a
4 10" M. black hole in the Galactic center located at a
distance of 8 kpe.

We also present preliminary dynamic imaging and modeling
analysis of SgrA” on horizon scales in an  attempt to
characterize the azimuthal variations on minute timescales
and their uncertainties. We applied dynamical analysis methods
to a [00-minute interval of the 2007 SgrA° data with the best
coverage on April 6 and 7. On April &, most dynamic imaging
and modeling methods recover a stable PA. In contrast, on
April 7 the recovered PA evolution is more dependent on
spatial and temporal regularization; April 7 frequently shows
an evolving PA over the 100-minute window when we impose
strong priors on the spatial structure but weak temporal
regularization. However, when expanding the parameter space
available to the imaging and modeling methods, we recover
disparate modes in the PA behavior, including some recon-
structions that are nearly static. Our initial results show that
significant uncertainty exists in any attempt to characterize the
spatially resolved dynamics of Sgr A" using sparse EHT 2017
data, but this analysis provides a promising starting point for
further dynamical studies of SgrA" with future EHT
ohservations.
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Appendix A
Estimating Static Image Posteriors with THEMIS

AL, The THEMIS Image Model

THEMIS is a general sampling-based parameter estimation
framework developed for comparing parameterized models
with the VLBI data produced by the EHT (Broderick et al.
2020a). Implemented within THEMIS are a wide wariety of
image models, ranging from phenomenological geometric
models (Gaussians, rings, etc)) to physically motivated ray-
traced radiative transfer models (e.g., semianalytic accretion
flow models). Of relevance here is a set of splined raster
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models, described in detail in Broderick et al. (2020bh) and
applied to polarized reconstructions in M87" Paper VIL In
these. the image reconstruction process is replaced with a
model reconstruction problem in which the intensities at
control points on a rectilinear raster grid are varied, with the
final image produced at arbitrary locations via a cubic spline.

The image model presented in Broderick et al. (2020b) has a
fixed FOV in the two cardinal directions. As described in M&7*
Paper VI, this restriction has been subsequently relaxed, with a
more general set of models, adaptive splined rasters, that permit
a rotation of the raster and a resizing of the FOV among its
principal axes. In this way, not only can the brightness at each
control point vary, but the locations of the control points
themselves can also evolve. This results in a very flexible
image model even when the dimension of the raster is small.
The splined raster and adaptive splined raster models may be
combined with any other THEMIS models, and typically large-
scale features will be absorbed by a large-scale Gaunssian
component. The dimension of the underlving image model is,
then, the sum of the number of control points, N, =« N,, two
fields of view and the orientation of the raster, and the number
of parameters associated with a potential geometric addition.

The THEMIS model has been fit to a variety of EHT data
types. The bulk of the THEMIS-based analyses presented here
employed the light-curve-normalized, LMT-calibrated complex
visibilities directly. The residual complex station gains are
reconstructed during each model evaluation and marginalized
over via the Laplace approximation (see Section 6.8 of
Broderick et al. 2020a). Lognormal priors are imposed on the
station gain amplitudes with uncertainties that depend on the
a priorl calibration estimates (see Section 2.2). Network-
calibrated sites (ALMA, APEX., JCMT. SMA) are assumed to
have a lognormal 1o uncertainty of 19%; following the LMT
gain amplitude comection, it is assumed to have a residual
lognormal 1o uncertainty of 20%:; and the remaining sites (PV,
SMT, SPT) are assigned a lognormal s uncertainty of [0%. In
this way THEMIS fully explores the potential station gain space
during its exploration of the underlying image space. Some
early analyses made use of visibility amplitudes and closure
phases. For these the station gain amplitudes were recon-
structed in a similar fashion to that described above, though
with a larger lognormal prior on LMT gain of 100% and 20%
on all other stations.

A2, Scarering and Variability Mirigation

Application of THEMIS-based imaging methods to Sgr A" is
complicated by the presence of the confounding factors
described in Section 3. Unless otherwise stated, diffractive
scattering 1s mitigated via the scattering model from Johnson
et al. (2018) directly to the model visibilities, i.e.. instead of
deblurring the data, the model is blurred. Refractive scattering
and wvariability are mitigated via 8 scheme similar to that
described in Section 3.1.2. Unlike the description there, for the
THEMIS analyses, the additional noise terms are treated as
parameterized contributions to the visibility uncertainties as
described in detail in Georgiev et al. (2022).

Explicitly, the THEMIS analyses assume that the wvisibility
uncertainties are described by

T3, f. a. b, €, ug)

=oln+ okt + FPIVE + olula, bocoug), (A
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where @, is the intrinsic thermal uncertainty, |V| is the
measured visibility amplitude, and &, is given in Equation (2).
Within this prescription, the &, is conceptually identical to the
Const approach to refractive scattering mitigation described
in Section 3.1.2, with the exception that it is not fixed.
Similarly, the fractional contribution fV] is conceptually
identical to the systematic noise term, again with the sole
distinction being to treat f as a free parameter.

A3 Likelthood and Parameter Priors

For analyses that fit the visibility amplitudes and closure
phases, the THEMIS log-likelihood is given by the appropriate
combination of log-likelihoods from Sections 6.3 and 6.8 of
Broderick et al. {2020a). For analyses that fit the full complex
visibilities with the noise modeling, the log-likelihood is

Lip. q)

[ VapP 1
Lafala EfT:IT{q} 2

In [zm‘}{q)]}. (A2)

where I'I?r-] are the light-curve-normalized visibility data, p are
the imng;:-mndcl parameters, and § = {# .. f. a4, b, ¢, 1y} are
the noise model parameters. The novel terms on the right-hand
side are simply the m-dependent normalization; while normally
constant, in this instance they induce a penalty term that
constrains the g. When descattered, the diffractive scattering
kernel is applied ro the model, as opposed to deblurring the
data, which maintains a consistent treatment of the “noise”
mode]l among the descattered and on-sky analyses.

Priors on each of the image-model parameters are listed in
Table & In summary, uninformative logarithmic priors are
assumed on the brightness at the control points, the raster size
and orientation, and a potential shift from the correlation phase
center. Similarly uninformative priors are imposed on the
refractive  scattering mitigation and systematic uncertainty
terms of the noise model. In contrast, informed priors are
imposed on the remaining parameters of the noise model, set by
the pre-modeling considerations from Georgiev et al. (2022}
and applied to SgrA° in Paper IV. The relevant interquartile
ranges are data set specific and are listed for the THEMIS
analyses reported here in Table 2 for SgrA® and the various
synthetic data sets in Section 5.

Ad. Reconstructing the Posterior with THEMIS

THEMIS provides a number of sampling schemes with which
to explore the likelihood surface. The bulk of the THEMIS-
based analyses presented here employ a set of Markov Chain
Monte Carlo (MCMC) samplers to explore the large-dimen-
sional parameter space, {p. g}. To efficiently traverse the prior,
identify multiple modes, and rapidly locate the global
maximum, THEMIS makes use of parallel tempering, in which
multiple, tempered copies of the likelihood, £; = 5L, are
simultaneously explored; higher-“temperature” copies (3 — 0)
become the reference distribution, which we take to be uniform
in the prior bounds, while the bottom “temperature™ {7 = 1) is
the posterior to bhe sampled. These are coupled via the
deterministic even-odd swap tempering scheme (Sved et al.
20109}, which efficiently moves information through the
multiple, tempered levels. Periodically, the 7 are optimized to
efficiently move information from the prior to the posterior
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following the scheme from Syed et al. (2019). Each individual
tempering level is sampled via the Hamiltonian Monte Carlo
sampling kernel from the Stan package (Carpenter et al. 2017).

Convergence is assessed via chain statistics, such as
integrated autocorrelation time, approximate split-R  tests,
parameter rank distributions, and visual inspection. Recon-
struction quality is determined by inspection of the best-fit
sample's residuals and “reasonableness” of the associated
image and gain reconstructions. Pathological solutions are
uncommon and are typically indicative of poor sampler
initialization and/or errors in the input. The number of
tempering levels is chosen to exceed the global communication
barrier A (Syed et al. 2019), typically near 20, and is run for
5 x 10°-10° MCMC steps per tempering level.

Appendix B
Refractive Noise Levels Anticipated for EHT Data

To assess the effects of refractive scattering on our EHT
measurements, we use the stochastic optics module
implemented in the eht-imaging library (Chael et al. 2016;
Johnson 2016). The stochastic optics allows the
simulation of scattering realizations for a given intrinsic image
and generation of the comresponding synthetic data sets. Here,
we focus only on the refractive noise that would affect our
imaging, i.e.. the substructures on the scattered image. The
other effects—centroid shift due to the position wander or total
flux modulation—do not affect the image reconstruction of data
calibrated by self-calibration and obtained from a single on-sky
realization of scattering (Johnson et al. 2018).

The refractive noise level at each (u. v)-coordinate is
determined by the standard deviation of the flux-normalized
visibilities for all realizations, where the centroid of each
realization is shifted to the phase center to mitigate the effects
of position wander. We adopt a dipole model for the magnetic
field wandering in the scattering screen (Johnson et al. 2018).
Note that the refractive noise does not depend strongly on the
choice of the model for field wander (Psaltis et al. 2018) for the

source size anticipated from EHT data and scattering
parameters constrained by Johnson et al. {2018).
We first compare the refractive effects for different

combinations of the power-law spectral index o of the density
fluctuation of the ionized plasma (see Section 3.1.1)} and the
inner scale of turbulence ry,. Our refractive noise prescriptions
J18modell and J1EBmodel? are derived with o = 1.38 and
Fip = 800 km, which are the best-fit values in Johnson et al
(2018). These measurements have the uncertainties of
. 3<a< 1.5 and 600 km < ryy < 1500 km (Johnson et al
2018). Figure 29 shows an example gallery of scattered images
and corresponding noise levels in the visibility domain for each
combination of o and ry, in these ranges. The level of refractive
substructure and the kemel size of diffractive angular broad

ening increase with o and r,, (Psaltis et al. 2018). Based on the
results shown in Figure 29, we adopt a scaling factor of up to 2
to cover the cases of highest refractive noise level in the
possible ranges of these two parameters.

Refractive noise is expected to also be dependent on the
intrinsic source structure (e.g., Johnson & MNarayan 2016). To
assess this dependence, we estimate the refractive noise levels
based on a circular Gaussian and the time-averaged images of
the seven geometric models introduced in Section 5.1, for
oo = 1.38 and ryp = 800 km. As described in Section 5.1, these
geometric models provide a broad consistency with the
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(b} Refractive noise levels

Figure 1%, Dependence of refractive substructures on the power-law index o
and inner scale of the torbulence Fy,. (a) Example realizations of the on-sky
{Le., scattered) images of the crescent model in Section 5. Each row shows a
realization for a different power-law index o (1.3, 1.4, and 1.5), while each
column shows a different &, (600, 800, and 1200 km}). (b) The corresponding
levels of the flux-normalized refractive noise anticipated for {u, vj-coverage of
April 7 Sgr A data. The comesponding normalized visibility amplitudes ane

shown in Figure 3.

visibility amplitude profile of SgrA” data. The size of the
circular Gaunssian is adjusted to have an FWHM of 45 pas,
consistent with the effective FWHMSs of the other seven
geometric models estimated from their second moments. In
Figure 30, we show the refractive noise levels for the different
intrinsic source models. The refractive noise level is only a few
percent of the total flux density regardless of the intrinsic
source structures. The standard deviations across different
geometric models are typically =0.4% of the total flux density.

Jl8model? was derived by taking the mean of the
refractive  noise  levels of seven geometric models.
J18modell, on the other hand, is based on the refractive
noise level of the circular Gaussian model. However, the
circular Gaussian model has the lowest refractive noise level in
maost of the (i, v)-coverage of Sgr A* data, indicating that the
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Figure 3. The levels of the Qux-normalized refractive noises as a function of

{u, vi-distance for different intrinsic structures. The refractive noise level is
computed on (w, vicoverage of April 7 Sgr A data. The corresponding
normalized visibility amplitudes are shown in Figure 3.

refractive noise level from the circular Gaussian model, if not
scaled properly, may underestimate that of S3grA” data. We
derived a scaling factor to make the median of the = of all
seven geometric models unity to minimize the effects of its
systematically low refractive noise level.

Appendix C
First Sgr A" Images from Blind Imaging

Independently performed comparison between synthetic and
real observational data can help to identify which image
features are likely intrinsic and which are most likely spurions
(see this approach in Bouman 2017 for synthetic data and in
ME7* Paper IV for observed EHT data of M&7").

To initiate the exploration of possible Sgr A" images while
minimizing influence from collective bias. in our first stage of
analysis we reconstructed images of Sgr A" in five independent
teams. The teams were blind to each others” work and
prohibited from discussing their imaging results. This proce-
dure was similar to that done in M87" Paper IV for first images
of M87', with two notable differences. First, since the
participants in all teams were already aware of problematic
data from previous EHT imaging work, the team activities were
not blind to previously identified problems in the data that
could be affecting results. Second, as teams approached the
date to submit results, it was made known to the organizers that
teams would not be comfortable submitting only a single image
or movie, and the instructions were changed to submit three
representative Images or movies per team.

No restrictions were imposed on the data preprocessing or
imaging procedures used by each team. Teams | and 2 focused
primarily on RML methods. Teams 3 and 4 focused primarily
on CLEAN methods. Team 5 used a Bayesian method. All
teams used an early-release engineering data set. While the
reduction procedures and metadata corresponded to a pre-
liminary version of the calibration pipeline, the data products
were deemed mature enough for the blind imaging consistency
test. The April 7 data set was selected for the first comparison,
as it had the best (u, vi-coverage and a very stable light curve
over the full observation (Wielgus et al. 2022).

Figure 31 shows images of the three representative
submissions made by each team for Sgr A°. In cases where
dynamic movie reconstructions of Sgr A™ were submitted, we
show the time-averaged image and indicate that the original
submission was a movie. Although most submissions contain
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Figure 31. The first EHT images of Sgr A%, blindly reconstructed by five
independent imaging teams using an early, engineering release of Stokes [ data
from the April 7 ohservations. Images from Teams [ and 2 used RML methods
{no restoring beam); images from Teams 3 and 4 wsed CLEAN {restored with a
circular 20 peas beam, shown in the lower right comer}); images from Team 5
used THEMIS. Each team shows three representative images from  their
reconstructions. Some images with the label “Movie™ are time-averaged images
of movie reconstructions. Many images show ring-like morphology with the
diameter of  ~50 pas, while some  reconstructions show  non-ring-like
morphology. The significant differences in brightness temperature between
images are cawsed primarily by different assumptions regarding the total
compact flux density (see Table 8) and also restoring beams applied only (o
CLEAN and THEMIS images.

flux with a ~50 pas separation, not all submissions contain a
clear ring feature. Additionally, of the submissions that do
contain a ring feature, the azimuthal Aux distribution varies
drastically. For example, Team | submitted three movies: one
containing a ring with a PA of ~-307, another containing a
ring with a PA of ~—70° and the third containing no ring
at all.

This initial imaging stage indicated that a ~50 pas feature
was likely to exist in the image, but there is significant
uncertainty in the presence of a ring structure, as well as the
flux distribution around a possible ring structure. In Table 8, we
show 7 values to closure phases U‘{]_,I,} and log closure
amplitudes HI:-.-E{_‘,-.,'J for both engineering data used for imaging
and science release data described in Section 2, as well as the
compact total flux densities (F_). There are no significant
differences seen in y” values of images regardless of the
presence of a ring structure and between different azimuthal
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Tahle §
Image Properties and Data Consistency Metrics for the First Sgr A Images
Team | Team 2 Team 3 Team 4 Team 5
Image Propertics
Method Image ID EML RML CLEAN CLEAM THEMIS
Foaper 1I¥) | 237 .07 1450 1.64 1.59
2 238 124 1.29 1.18 161
3 238 1.99 1.25 .69 1.73
Engineering Dhata (10 5 avg., Stokes [, P sys. ermor)
\ép 1 .27 (L.83) 235 (1.73) 4.532 (4.20) 2121 T.78
2 2,30 (1.81) 208 2.51 331 6T
3 281 (1.8 208 230 1360 13.58
_ﬁm_,_..\ | 3444077 4.67 (2.19) 276 (2.98) 2.0 5.90
2 2.44 (207 2.6 2.49 284 ER .1
3 4.73 (2.08) 644 253 1.91 4495
Science Release (60 5 avg., Stokes [, 0% sys. error)
"ip 1 5.55{2.53) 6.09 (1.96) 2505 (21.77) 458 54.11
2 .08 (2.32) 389 127 1211 45.09
3 B.TE (231 4.11 573 10838 1091
1ﬁ,5” 1 1.12{1.32) 10,75 {1.69) £.31 (5.92) 279 2422
2 4002 (1.46) 281 5.43 .66 19.94
3 GAT (1.79) 16.95 §.21 745 10
Science Release (60 5 avg., Stokes [, 10% sys. error)
129 1 242 (1.33) 262 (1.18) T.8D (6.92) 2.52 10.24
2 241 (1.25) 209 2.85 5.593 sz
3 424 (11T .07 256 13.59 1669
_ﬁm_,_..\ 1 3536 (0.74) 4.73 (0.89) 198 (2.86) 1.32 1070
2 189 {0.76) 1.26 2.49 ERE) 7.55
3 38T (0EE) .88 372 359 4,66

Note, ' Fipens \1,_-,,. and \Izq-{'.\. mean the compact total flux density of the YLBI scale images, 13 to closure phases, and log closure amplitudes, respectively. For

movies, the values in the parentheses show 11 to the original movies, while the values outside of them show '.,1 to the time-averaged images.

intensity distributions of the ring structure. These ambiguouns
results motivated a series of systematic tests to identify whether
source evolution (similar to that expected to be present in
Ser A"} could explain the multiple solutions recovered.

Appendix Iy
Imaging Pipelines
D 1. DIFMAF Pipeline

For this second stage of the imaging process we developed a
scripted version of CLEAN in DIFMAP (version higher than
2. 5k), together with a Python wrapper used over the seript, for
carrying out an extensive parameter search. The initial manual
CLEAN analysis (see Appendix C), together with the pre-
imaging considerations (see Section 3), provided the set and
range of parameters to be explored on both the synthetic data
sets (described in Section 5) and the actual April 6 and 7 Sgr A*
data, processed with both fringe-fitting pipelines HOPS and
CASA, with high and low bands combined.

Prior to CLEAN imaging, the EHT data was preprocessed
using the pre-imaging pipeline discussed previously. This
includes intrasite normalization to the SgrA” light curve;
coherent averaging of the visibilities using 10 and 60 s; the
inclusion of an additional systematic error by a factor
of 0%, 2%, and 5%; and the scattering and noise mitigation
prescriptions with the common parameters listed in Section 6.1
(see also Table 3).

The first step in the DIFMAP imaging process is the gridding
of the visibilities in the (u, vi-plane, which was done by using

43

two different approaches: uniform and natural weighting. The
next step is to down-weight the data on all baselines to phased
ALMA in the self-calibration process. As found for the case of
MET (MET" Paper [V), this prevents the ALMA baselines from
dominating the phase and amplitude self-calibration process
due to their significantly higher 5/N. We have tested scaling
factors for ALMA baseline weights during self-calibration of
(1.1 and 0.5,

Atmospheric fluctuations at the short wavelength of 1.3 mm
severely limit the §/N and the capability to reliably measure
the visibility phases. We therefore rely on the closure phase
measurements and the reconstruction of station phases using
the Cornwell Wilkinson hybrid phase self-calibration approach.
However, the self-calibration with the CLEAN model solely
relies on the visibility phases and amplitudes, which forces an
initial self-calibration of the phases (visibility amplitudes are
much better constrained; Paper II}, a process that is anchored
on the more robustly measured closure phases.

To mitigate any possible bias in our choice for the initial
maode] to self-calibrate the phases, and therefore to minimize
the chances of reaching a local minimum in our manifold of
image models, we have explored different initial models for the
first phase self-calibration. The “fiducial™ initial model has
been chosen, based on the reduced-y” of closure phases with
the first reconstructed CLEAN model after the phase self-
calibration with the initial model among three different types: a
Gaunssian with an FWHM of 15 pas (i.e., unresolved symmetric
maodel), a uniform disk with a size ranging between 56 and 84
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pas (in steps of 4 pas), and a uniform ring with sizes ranging
between 36 and 68 pras (also in steps of 4 pgas, no width).

A distinctive feature of CLEAN imaging is the use of masks
(also known as cleaning windows) to define the area of the
image to be cleaned. For this purpose we used a set of centered
circular-disk-shaped CLEAN windows (i.e., with no hole in the
middle to avoid any biasing).

The size of the cleaning windows should match the expected
emission extent of the imaged source. To avoid introducing any
prior bias, we have surveyed for a relatively large range of
mask sizes, from 80 to 110 pas, which covers our prior Sgr A’
image size constraing (Paper II). We note that, due to the
limited (1, v)-coverage, larger masks (=100 pas) may pick up
some emission from the main sidelobe of the interferometer,
which may be particularly problematic for the point-source
maodel] given its diffuse emission, more difficult to recover with
the CLEAN algorithm.

Contrary to the case of MET (MET™ Paper IV), we do not
expect a large extended missing flux in SgrA° (Paper II);
hence, our CLEAN stopping criterion is based on setting a
minimum threshold for the relative decrease in the rms of the
residual image over the image noise estimated from the
visibilities.

As a result, the total number of surveyed parameters has
been 1630 for the on-sky data set and 6720 for descattered data.
Note that the descattered results are based on a 4 times larger
number of parameters owing to the scattering mitigation (i.e.,
refractive noise floor).

D.2. eht-imaging Pipeline

The eht-imaging software library implements the RML
imaging technique described in Section 4.2, As an RML
method, a successful image reconstruction i1s achieved when
the proper hyperparameters balance the contribution of the
selected data products and regularizers to the minimization of
Equation (4). Thus, we designed a framework around our
imaging pipeline to explore an extensive range of imaging and
data pre-calibration parameters.

The pipeline preprocesses the input data following the
procedure described in Section 6.1 as a first step. Only low- and
high-band light-curve-normalized data sets were used for static
imaging to minimize the effects of the source variability. We
opted for an integration time of 60 5 and explored all the
nonclosing systematic error, scattering, and intraday variability
noise budgets tabulated in Table 4. The algorithm is then
initialized using a symmetric flat-disk image contained in a
square-shaped grid of 80 x 80 pixels, which comesponds to an
FOV of 150 pas. The disk diameter is surveyed as a parameter
with values of 70, 80, and 90 pas. Note that, among the
different imaging regulanzers used in the pipeline, the
maximum entropy regularizer (MEM) rewards similarity to a
prior image, which in this case is assumed to be equal to the
initialization image.

Full closure quantities and visibility amplitudes are used as
data products. Contrary to M87", the relative weighting of the
visibility amplitudes adopted ranges from a smaller to an
equally important contribution as closure quantities, since
complex station gains were derived from calibrator sources
beforehand (see Section 5.1.3 of Paper II). Several imaging
regularizers and their relative weighting are employed to
constrain the image properties, such as MEM, total variation
(TV), and total squared variation (TSV). which enforce
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similarity to a prior image and/or smoothness over neighboring
pixels, respectively.

Convergence to an  optimal  image that minimizes
Equation (4) is then carried out in an iterative process in
which the reconstructed image is blurred using a Gaussian
kemnel with the FWHM of the array nominal resolution
(~24 pas), and then used as initialization for the next one to
prevent the algorithm from being caught in local minima. In
contrast to the MB8T pipeline, no  self-calibration was
performed on the data, since the y” statistics obtained for the
output images of just one cycle of this iterative procedure were
already good enough.

D.3. SMILI Pipeline

The SMILI imaging pipeline was designed to reconstruct
images with RML imaging techniques utilizing three imaging
regularizers: weighted-#, (7)., TV, and TSV, similar to M&7"
Paper IV. Before the imaging process. both low- and high-band
EHT data are preprocessed as described in Section 6.1. First,
data are normalized by the time-dependent intrasite flux density
and coherently time-averaged at an integration time of 120s.
The intrascan fluctuations in LMT baselines are corrected by
self-calibrating the shortest VLBI baseline between SMT and
LMT to a circular Gaussian with a total flux density of 1 Jy and
an FWHM size of 60 pas. Finally, the pipeline applies the
parameterized mitigation schemes for the nonclosing errors,
scattering  effects, and intraday variations as described in
Section 6.1,

The pipeline reconstructs an image from preprocessed data at
both low and high bands jointly with the FOV of 150 pas
discretized by 2 pas pixels. Throughout the imaging, the
pipeline adopts a prior image of a circular Gaussian with an
FWHM size of 140, 160, or 180 uas for the £ prior. The
imaging process consists of a total of nine imaging cycles,
including a single self-calibration of complex visibilities. Each
imaging cycle performs 5000 iterations of the L-BFGS-B
algorithm uwsed for the gradient-descent optimization in the
SMILI's image solver.

In the first eight cycles of imaging, the images are
reconstructed from visibility amplitudes, closure phases, and
log closure amplitudes. To account for residual errors in the
amplitude calibration, the fractional 5% and 30% uncertainties
are added in quadrature to the errors of visibility amplitudes on
non-LMT and LMT baselines, respectively. The first cycle
starts with a circular disk image with a 70 pas diameter and a
total flux of 1 Iy, while the later cycles subsequently adopt the
image from the previous cycle as the initial image after
recentering its center of mass and blurring with a 5 pas circular
Gaussian.
self-calibrated with its output image. Since the budgets of
scattering and intraday variations are not fractional to visibility
amplitudes, these two budgets will not be properly scaled with
gains solved with a self-calibration. Therefore, to reflect these
two budgets accurately on self-calibrated data, the SMILI
pipeline updates these two budgets added o complex
visibilities and closure quantities after self-calibration. Finally,
the final image is reconstructed by a single imaging cycle using
visibility amplitudes and closure quantities.
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Figure 32, Mean images from the THEMIS posteriors for (8, Ny = (4. 41, (5, 5], 06, 6), (T, 7), and {8, &) from left to right. In each panel the difference in the logarthm
of the Bayesian evidence, A log Z, relative to the (7,71 model is listed in the lower left comer.

D4, THEMIS Raster Dimension Survey

The sole hyperparameters in the THEMIS analyses not self-
consistently explored during the construction of the posterior
are the raster dimensions, N, and V,. While reasonable initial
guesses may be made based on the diffraction limit, in practice
we employ a data-driven method: comparing the Bayesian
evidence (or appropriate proxies) of different dimensions
(Broderick et al. 2020b).

Due to the computational expense of performing THEMIS
posterior reconstructions, we limit the number of raster surveys
performed to three: for the Sgr A° April 6 data, the Sgr A" April
7 data, and the GEMHD synthetic data set presented in
Section 6.4.2. Of these, we present only that on the Sgr A’
April 7 data here for brevity; surveys on the other data sets
were conducted similarly. Furthermore, while we did expen-
ment with ¥, = N,, given the apparent symmetry of the Sgr A’
image, and not wishing to introduce any potential biases away
from symmetry in the model specification, we restrict ourselves
here to square rasters, i.e., N, =N,.

Five individual analyses were performed on the Aprl 7,
combined high- and low-band complex visibility data'® as
described in Appendix A, differing in the raster dimensions:
(N Ny =14, 40, (5, 5), (6, 6), (7, 7), and (8, 8). For each, after
convergence, the Bayesian evidence, Z, was computed via
thermodynamic integration across tempering levels (Lartillot &
Philippe 2006). Mean images from each analysis and the
relative Bayesian evidence are shown in Figure 32.

For raster resolutions that are too small, the fit quality is
poor. For raster resolutions that are too large, the added model
complexity is not justified by the fit improvement. Importantly,
by selecting on logZ, we avold potential complications
associated with the modifications of the likelihood due to
noise modeling, correlations between the high- and low-band
zains, and non-Gaussianity of the posterior.

As roughly anticipated by the diffraction limit, the preferred
raster size is (7, 7)., which we adopt henceforth. This is
accompanied by a convergence of the image structure for raster
dimensions of (5, 5) and larger. Smaller and larger raster
dimensions are overwhelmingly disfavored. Nevertheless, by
(4, 4) the locations of the knots are identified. though the model
misspecification prevents a faithful recovery of their relative
brightness.

An identical procedure applied to the SgrA® April 6 data
finds that a smaller (6, 6) raster is preferred, ostensibly due to
the smaller data volume. Similarly, when applied w the
GEMHD synthetic data set in Section 6.4.2, a raster dimension

1% A similar study was performed wsing only the low-band data with similar
results.

of (6, 6) is again preferred, possibly due to the competition
between the simplicity of the ring structure.

Appendix E
Top Set Selection

E 1. The Effect of Relaxation in pyy, Criteria

As discussed in Section 6.2, we relaxed the normalized
cross-correlation criteria for each image by multiplying the
value of gy, obtained for o = 24 pas beam by a relaxation
factor of (0.95. This relaxation factor allows us to recover a
large enough number of Top Set parameters for evolving
synthetic data with Sgr A" (u, v)-coverage. This contrasts with
the Top Set selection for M&T (ME7" Paper IV), where no
relaxation factor was considered. The necessity of the
relaxation factor originates from the fact that temporal
variations of the source structure cause a loss in the image
fidelity of the reconstructions.

To ensure that this relaxed criterion is still able to distinguish
different morphologies, we show the Top Set images with the
worst (Le., lowest) gy for each geometric model in Figure 33.
Each descattered or on-sky reconstruction in Figure 33 shows
the image that has the worst g, among the Top Set images for
April 7. These images still retain resemblance to the ground-
truth morphology, demonstrating that Top Set selection with a
relaxation factor of 0.95 is still capable of reconstructing the
basic structures of synthetic images with varied morphologies.

E2 \;3 Dviseriburion of SgrA” Images

Although the Top Set selection described in Section 6.4.1 15
sorely based on the image fidelity of the reconstructions from
the synthetic data sets, Top Set images of SgrA” provide
reasonable fits to EHT measurements. In Figure 34, we show
vy~ distributions of all the SgrA” images passing the pwx
criterion using synthetic data reconstructions. 13 values were
computed for closure phases and log closure amplitudes formed
from data after being averaged at | minute, based on the same
definition as in M&7" Paper IV. To account for nonclosing
effects, refractive scattering, and time variability, we include
1% of the fractional errors and the representative budgets for
scattering and temporal variability (see Sections 3.1 and 3.2),
respectively—in particular, the J18modell refractive noise
mode] and a varability model with parameters a=0.02, u, = 2,
H=25 and ¢ = 2 are used. As shown in Figure 34, most of the
images have y* less than unity, and all the images provide
1.,: < 2, demonstrating that all Top Set images provide
reasonable fits to the SgrA’ data within the anticipated
deviations of time-variable on-sky images from its intrinsic
time-averaged structure. Therefore, we adopt all the parameter
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sels satisfying the pny criteria as the Top Sets without any cut
by x~.

E.3. Top Sets of Imaging Parameters for April 6

In Section 6.2.2, we show the results of the Top Set selection
for April 7 data. Here, we show the summary of Top Set
parameters of each pipeline for April & data in Tables 9, 1), and

11, which are selected based on a method identical to that of
April 7 data. Although the number of Top Set parameters for
April 6 exceeds 100, this number 15 significantly smaller than
the Top Set size identified for April 7 data. In particular, the
number of Top Set parameters is reduced o 22% (DIFMAE),
25% (eht-imaging), and 11% (SMILI) of the April 7 Top
Set size, as shown in Tables 3, 4, and 5. This significant
reduction is most likely due to poor (u, vj-coverage on April 6.
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April G Aqril G April G Table 10
e ahe qp Parameters in the eht-imaging Pipeline Top Sct on April &
aos | B 1N 1
& -EG - Apr. 6 (112,320 Param. Combinations: 1,415 in Top Set)
[ -
E p 5 = Systematic 002 005
- error 39.7% 41.3%
K b I._ | Ref type Mo Cionst 2= Const 11 2xJ18
MY g oo B e D SR e W TH% 29.2% 26.4% 17.0% 19.6%
i iy W . Mo 0015 (il 0025
Ales | Al e 13.0% 2% 29.4% 13.4%
& B 2
£ | - = B No ! 2 3 5
e ] o & 13.0% 16,35 25.4% 22.1% 23.1%
¥
]I"lL I |L aehg Mo 2
[LTTRT LAY T R TR TR A X S I T TR T S T T 4 13.0% B0
Figure 34. '.,1 distributions of the images from each pipeline and epoch that
i PEERE 3 151 ; : i ™ 0 i .1 |
passed the gy criteria. y” of closure phases and log closure amplitedes are 12.4% 27 4 51 5% 8.0%
shown in blue and orange, respectively. We assumed 1% systemiatic noise and ! o il ik
e T S b e e n o
: £ X ages 29.0% 38T 358% 0.4%
Prior size 30 M)
[jias) 15.3% 27.1% 57.6%
MEM 0 i 0.1 I
34% 15.3% T79% 15%
Amplitude i 0.1 1
weight % 42% D5 4%
Tahle 9
Parameters in the DIFMAF Pipeline Top Set on April 6
Mote. Sume as Tahle 9.
Apr. 6 (B 400 Param. Combinations; 365 in Top Set)
Systematic 0 (.02 (.05
CITOr 15.6% 17.3% 67.1% Table 11
- B Parameters in the SMILI Pipeline Top Set on April 6
Ref type No Comst 1xConst J1% 2xJ18
18.1% 23.0% 14.2% 24.1% 5% April 6 (34000 Param. Combinations; 292 in Top Set)
B No nn1s on? (025 Systematic 0 iz (.05
21.9% 26.8% 15 8% 2555 errr 2% 318% 33.9%
L No 1 i 5 Ref type Mo Cionst 2= Const g 2xJ18
21.9% 17.3% 244% 645 T9% 14.0% 18.8% 243% 0%
[stlq Mo 2 Lo Mo 0015 o2 0.025
21.9% 8. 1% 0.3% 233% 46.2% Nw
Time average 1m0 i) B Mo 1 2 3 3
(5} 45 0 S0 1% 0.3% WAE 3705 28.1% 5H%
ALMA 0.1 0.5 [l No 1 2
weight [L3% 44.5% 53.1%
ialaais 2k ™ 0 1 1 ¥
UW weight 0 2 Ti1% 92.5% 0.3% (L0
i 2T TSV 10 10 10t 10
Mask 0 #5 ) a5 100 105 110 41 4% 58.6% (.05 (.05
diameter . .
Prior size 1440 1600 180
L gl Lacd
[ jias) 10.7%  192% 36.2% 170% 60% 7T79% 30% (1as) 11 5% 411% 37 4%
Mote. In cach row. the upper linc shows the surveyed parameter value 4 0.1 1 10
90.7% 0.3% 0%

comesponding to the parameter of the left column, while the lower line shows
the number fraction of exch value in the Top Set. The total number of surveyed
parameter combinations and Top St are shown in the first row.

Mote. Same as Table 9.

47



THE AsTROPHYSICAL JoursaL LeTters, 930:L14 (6dpp), 2022 May 10

Appendix F
Classification of Ring Images

As described in Sections 52 and 7.2, we categorize
GEMHD and SgrA” images into clusters of images that share
similar morphologies. Clustering of images 1s performed
separately for on-sky and descattered reconstructions from
each pipeline.

Prior to clustering, the images are aligned with an iterative
method described below. We first derive the averaged image of
all images. Each image is then aligned to maximize the cross-
correlation with the averaged image. After aligning all images,
the averaged image is recomputed with the aligned ones and
used to align each image again. We repeat this procedure to
align each image for a total of three times, providing the
convergence of the alignment. After the above relative
alignments between images, all images are centered using the
average image; the images are uniformly shifted with the same
amount of positional offset to maximize the cross-correlation
between the average image and the time-averaged image of
Simple Disk model.

The clustering of images has two major steps: the
identification of ring images and nonring images, and the
clustering of the ring images by the peak PAs. The ranges of
the peak PAs are described in Section 5.2 for the GRMHD
model and in Section 7.2 for the Sgr A® reconstructions. The
separation of ring and nonring images is based on two
morphological criteria as described below.

First, we identify nonring images by the degree of the central
depression seen in the image. We measure a typical brightness
of the central region by taking the median of the intensity
within a radius of 10 gas, defined by

median  [(r, &),
re s |—x,m)

(F1)

I =

where lr, &) denotes the intensity at the radius of r in pas and
the PA of # in radians. To measure the degree of the central
depression, we compare the measured central brightness I, with
the maximum of the azimuthally averaged intensity at the outer
area within a radius of 10=40 pas, given by

(Lf Itr, H}dﬁ']_
re[I0 40\ 27 5

f,= max (F2)

We define the degree of the central depression by
fea=1—1/1, and classify as nonring images those with
fea = 0.2 and £ < 0.15 for descattered and on-sky reconstrue-
tions, respectively. The slightly lower threshold for on-sky
images takes account of the angular broadening effects due to
scattering., causing a systematic decrease in the central
depression of a ring emission. This criterion can effectively
distinguish point-like images from ring images.

The second criterion identifies nonring images by the
smoothness of the azimuthal intensity distributions. To extract
the azimuthal profile of the rdge intensity for the outer
emission, we take the maximum intensity of the outer area
within the radius of 10-40 gas for each PA, given by

max {(r, &). (F3)

It =
re[10,40]

For each PA &, we evaluate the difference between the ndge
brightness I(#) and the central brightness /. normalized by the
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maximum intensity of the outer area defined by

Lt — I
f) = ——n. F4
S () rlmm 00 (F4)
el|—w.m)

Here f.(#) allows us to assess whether the azimuthal
distribution of the outer area has a dark gap area comparable
to or lower than the central depression. We identify a
continuous dark area with f.(#) < 0.2 and f,(#) < (.15 over a
range of PAs broader than 707 as a gap in the arimuthal
intensity distribution of descattered and on-sky reconstructions,
respectively. If an image has more than two distinet gaps
separated by =70°, we classify it as a nonring image with two
or more distinet blobs not smoothly connected with each other.
We also classify an image as a nonring one with an incomplete
ring if it does not have a continuous bright area without any
gaps over the range of PAs less than 1807 {i.e., not completing
more than a half circle). The above criteria effectively exclude
multiple blob or highly cormupted ring-like images.

The morphological crteria discussed above provide a classi-
fication of ring and nonring images that is broadly consistent with
human perception. However, as noted in Section 6.4.2, the
classification of images that are borderline between ring and
nonfng classification is sensitive to the exact critena used.
Therefore, ring definitions that make use of slightly different
criteria can lead to classification that still largely aligns with
human perception but varies in the ring classification percentages
quoted in this paper. In this work, motivated by method
interpretability, we chose to make use of the simplest classification
criteria that still largely aligned with human perception.

Appendix G
Validation of Static Imaging Results with Full-track
Dynamic Imaging

As described in Section 3.2, the temporal variation of Sgr A*
is anticipated to cause significant deviations of visibilities from
those of the ime-averaged morphology, of which levels can be
well characterized by a broken power-law model. As described
in Section 7.5.3, the variability noise model allows us to
enhance the overall fidelity of synthetic data reconstructions
and enable more sets of the imaging parameter combinations to
be selected as Top Sets. However, the prescription for the
temporal variability in Section 3.2 includes some simplifica-
tions of its characteristic properties: for instance, the circular
symmetry assumed for the levels of the varahility amplitudes
in Fourier space and no inclusion of the correlated variations
considered in data metrics as covariant components. Here, to
assess the dependence of the mitigation scheme for temporal
variability, we show the time-averaged images identified by
full-track dynamic imaging not relying on the variability noise
model. We emphasize that the goal of this section is not to
characterize the dynamic evolution of SgrA® on short
timescales, which is the primary focus of Section 9.

As shown in Figure 35, we find the primary three ring
morphologies identified in Section 7 with similar azimuthal
variations in most of the Top Set images, while nonring
structures are also reconstructed in a small fraction of Top Sets.
The results are broadly consistent with those from the imaging
survey presented in Section 7 and strongly indicate that our
results described in Section 7 are resilient to the methods to
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recover the time-averaged morphology. We briefly describe the
imaging process in Appendix G.1 and the results in Appendix G.2.

G 1. SMILT Dvnamic Imaging Pipeline and Top Set Selections

Similar to the BML and CLEAN parameter surveys
described in Section 6.2, we conducted a large imaging survey
with RML dynamic imaging methods (see Section 4.4)
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Table 12
Parameters in the SMILI Dynamic Pipeline Top Set on April 7

Apr. T {7.776 Param. Combinations; 345 in Top Set)

Systematic 0 0.2 .05
error 12.8% 35.4% ILO%
Ref type Mo Il 8modell
15_8% 81.2%
TV i3 10 10t 10°
.05 220K 6% 05 0%
TSV 1 1 [in lig
12.2% 44.6% 23.2% 0%
A 0.1 1 10
11.9% &1 0%
Prior size 140 L) E)
i j1a5) .65 36.5% 3106
R, 1ort 10® g
19.7% 24.1% 3I6.2%
R 10t 10® 10"
14.2% 40,95 24,97

Mote. In cach row, the upper line shows the swrveyed parameter value
comesponding to the parameter of the left column. while the lower line shows
the number fraction of each value in the Top Set. The total number of surveyed
parameter combinations and Top Set are shown in the Arst row.

implemented in a scripted pipeline using SMILTI. The survey
was performed on all seven geometric models and Sgr A” data.

After completing the common pre-imaging process of data
(Section 6.1), the pipeline reconstructs the time-averaged
images on ~8000 sets of the imaging parameter combinations
across a broad parameter space. as outlined in Table [2. With
the exactly same criteria as described in Section 6.2, Top Sets
of the imaging parameters are then selected based on the
fidelity of the synthetic data reconstructions.

The EMILI dynamic imaging pipeline shares the same
procedures with the SMILT static imaging pipeline described in
Appendix D3, except for a major difference. Instead of the
variability noise model used in Section 6.2, we allow temporal
variations on tmescales of typical scan intervals—for each set of
parameters, the pipeline reconstructs a movie with the frame
interval of 1 hour and then time-averages the movie to obtain the
resultant reconstruction of the time-averaged morphology. We
utilize two temporal regularizers, denoted by £, and R, enforcing
the continuity of the frame-to-frame intensity varations and the
continuity between each frame and tme-averaged intensity
distributions, respectively, based on the Euclidean distance betwezn
images (see Johnson et al. 2017, for details). We note that here we
only explore J18modell for the scattering mitigation, given
consistency among  the different scattering mitigation schemes
(Section 7.5.2).

(r.2. Resulis

As shown in Figure 35, Top Set images from the SMILI
dynamic imaging pipeline can be categorized into four clusters
shown in Section 7.2, Similar to the RML, CLEAN, and THEMIS
static imaging pipelines, the ing morphology with the diameter of
~50 pias was found as the dominant feature, while the nonring
images were found in a small (~5%) fraction of Top Sets. The
differences in the image appearance between on-sky and
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descattered reconstructions are also consistent with Section 7.5.2;
the on-sky reconstructions are blurmer than the descattered ones.
We note that similar to Top Sets presented in Sections 5 and 7,
here Top Set images from the SMILT dynamic imaging pipeline
do not constitute a likelihood, and therefore the fractions should
not represent our degree of certainty.

Appendix H
Reconstructions of a Best-bet GRMHD Model in Paper V
In Section 6, we utilize synthetic data based on a GRMHD
maodel selected from a library of time-dependent GRMHD miodels
presented in Paper V (see Section 5.2) to assess the performance
OTIFMAP

Ewvent Horizon Telescope Collaboration et al.

(i) distanee {GA)

Figure 36, Image and visibility charactenistics of the best-bet GRMHD models
in Paper ¥V (MAD, g, = (0.5, § = 30F, Ry = 160). The left two panels are the
snapshot and averaged images of the ground-truth movie. The right panel
shows the simulated visibility amplitudes {red) and real Sgr A® measuremenis
{black) as a function of projected baseline length.
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of our imaging procedures on a physically motivated evolving
source. While this GRMHD model is broadly consistent with our
criteria in Section 5 based on 1.3 mm EHT data and light curves,
it is not identified as a “best-bet” model in Paper V; “best-bet”
models satisfy heterogeneous constraints derived from 1.3 mm
EHT data, 86 GHz VLBI observations with the GMVA, 2.2 um
flux density, and X-ray luminosity. Paper V identifies three
GREMHD models that lay in a “best-bet” region of stongly
magnetized (MAD) models at low inclination with prograde spin.

Here we present example reconstructions of synthetic data
derived from the “best-bet” model shown in Figure 16 of Paper V,
with positive spin of @, =05 and electron temperature of
Ry, = 160 viewed at i = 30°. In Figure 36, we show a snapshot
and time-averaged images of this GREMHD model, as well as the
amplitude versus (r, vi-distance comesponding to synthetic data
generated with April 7 coverage (generated in the same manner as
in Section 5). As shown in Figure 36, visibility amplitudes are
broadly consistent with EHT SgrA® data. Figure 37 shows
descattered and on-sky images, which are reconstructed with
DIFMAP, eht-imaging, and SMILI pipelines using their Top
Set parameters and then further categorized by the same clustering
method presented in Appendix F.

As shown in Figure 37, the distributions of the Top Set

Ewvent Horizon Telescope Collaboration et al.

Figure 12). The vast majority of the reconstructions identify
a ring morphology with a diameter of ~50 pas, consistent with
the ground-truth model. However, a small fraction of images
have a nonring morphology. Furthermore, ring reconstructions
have multiple azimuthal intensity modes. In particular, ring
images that have a peak PA of ~—154" consistent with the
ground-truth image do not appear as the most popular modes in
eht-imaging and SMILI reconstructions. The broad
consistency with the results in Section 6.4.2 suggests that our
main results (e.g., that for the RML and CLEAN pipelines our
methods produce a small fraction of nonring modes for an
underlying ring model, and that the most popular mode
reconstructed is not always that true mode) likely generalize
across GRMHD models that are in a broad agreement with
1.3 mm EHT data.

Appendix 1
Ring Fitting Parameters
In Tables 13 and [4 we list the diameter J, width w, PA o,

asymmetry A, and fractional central brightness f. measured
from Top Set SgrA" images for each identified cluster (see

images share key results from those of the GRMHD Section &) corresponding to the descattered and on-sky images,
reconstructions  described in Section 642  (see also respectively.
Tahle 13

Mean and Standard Deviation of Ring Parameters, Diameter o, width w, PA 5. Asymmetry A, and Fractional Central Brightness § Measured from Top Set or Posterior
Descattered Sgr A° Images for Each Cluster

o {puash W geash i [degh A i
DIEMAPR
Apr. 6 Ring REx 46 4.1 REIS =006 £ 734 (15 + 0O.08 (47 £ 0.14
VIDR 51 + 3.1 B3] —108.3 £ 70.2 026 £ 0.02 (hd6 £ 0,11
Apr. 7 Ring 1 50 4+ 1.9 N =27 —910 + 420 (LM £ 0.04 (h40 & 0.08
51 £ 1.3 B+14 —BLT £+ 4§ (0T £ 0.07 (L37 o 0.08
Apr. 7 Ring 2 49 += 3.2 Z2+t2% —215 % 544 (LK £ 0.06 (45 £ 0.12
L1k Z2+14 —270 + 474 (h12 4 0.1 (42 £ 0.11
Apr. 7 Ring 3 49 = LK 229 M5+ 47.2 (LK £ 0.05 (hdd £ O.0R
51 + 1.6 By 53 4 389 (L12 4 0.0 (41 £ 0.1
cht-imaging
Apr. & Ring REx 56 + 4.5 M +24 323 4 Eed (17 £ 0.05 (16 0.14
VIDR 59+ 11.3 3+ 14 TO.0 + HE.3 (h24 + 0.14 (23 £ 0.1%
Apr. 7 Rang 1 55+ 19 26 =213 —140.6 + 629 11 + 0.04 (k18 - 0.08
56 4+ 5.4 2125 —156.0 £ 6.6 (L15 £ 0.13 (18 & 0.0
Apr. 7 Ring 2 53+ 18 27+27 —al.1 + 35.8 (12 + 0.05 (k23 4 0.1
53+ 36 27 £ 4.0 —TLT % 3311 (L15 £ 001 (k22 4 0.1
Apr. 7 Ring 3 55+ 15 27 =310 170.4 4+ 101.4 (12 4 0.07 31+ 017
57 + 6.4 26 =45 1747 & 671 (L18 £ 0.21 (L27 £ 0.11
SMILI
Apr. & Ring REx 57 £ 34 HEl19 —27.7 £ 43.8 (h23 & 0.0 (O3 £ 0.1
VIDR 46+ 120 50 + 166 —T16 % 1238 (L18 £ 002 (50 &+ 0.33
Apr. 7 Ring 1 52 &£ 5.0 26 £ 2.0 151.%9 £ 75.% (h12 & 004 (h22 4 0.1
52+ 38 7+39 1759 + T1.6 (h10 £ 0.08 (22 4+ 0.0%
Apr. 7 Ring 2 53 & 400 529 -39.3 & 51.2 (L13 £ 0.06 (h23 &£ 0.11
52 + 52 28 +84 —50.7 + 649 (15 £+ 002 (27 & 0O.18
Apr. 7 Ring 3 51 & 410 619 1041 & 55.2 (h13 £ 004 (k19 00
51 = 3.5 17 +3% 116.2 = 65.06 (h10 £ 0.08 (k19 & 0.08
THEMLS
April & Bing REx 51 =39 ME12 —128.6 = 100 (L20 + 0.04 (L27 + 0.1
VIDA 54+ (09 4 09 —121.0 = 21.7 (.27 + 0.06 (k34 o 008
Apr. 7 Rang 1 53 = (05 A+x14 -375+ 113 (k14 £ 0.01 (09 = 0.07
56 4+ 1.4 27 =09 376+ 74 (L30 £ 0.05 (19 o 0.07
Apr. 7 Rang 2 53 0.7 2 =05 -125+83 0.21 £+ 0.02 (L05 = 0.05
56 +12 27 £ 07 —20.6 + 6.1 (36 £ 0.04 (15 o+ 0.03
Apr. 7 Rang 3
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Tahle 14
Mean and Standard Deviation of Ring Parameters, Diameter J, width w, PA &, Asymmetry A. and Fractional Central Brightness f. Measured from Top Set and
Posterior On-sky Sgr A" Images for Each Cluster

o (peas) Wl aas) mpideg) A P
OIFMAE
Apr. & Ring REx 46 + 3.0 3443 979+ BEY 011 + 005 0.50 £ 015
VIDA 47 £ 1Y 934 LR 870 .14 = 007 0.56 £ 0.10
Apr. T Ring 1 47 £ 3.0 M7 —111.6+ 397 .06 + 003 0.59 + 0.07
49+ 22 T+ 19 —99.49 + 402 009 £ (6 0.58 + 0.08
Apr. T Ring 2 48 £ 2.4 M+ 26 313 812 .06 £ LM 0.58 £ 0.07
49 + 2.0 T+ 2] 160 + 75.7 010 £ (s 0.56 + 0.07
Apr. T Ring 3 48 £ 2.7 T+219 404 + 635 0.05 + 003 0.57 + 0.08
M x2.1 A 19 276 x 609 0L08 £ (i 0.55 £ 0.08
eht=imaging
Apr. & Ring REx 49+ 39 W+ 36 138 + 1238 015 + 005 0.33 £ 015
VIDA 5 £ 5.6 41 £ 6.7 1108 £ 1332 020 + 010 0.55 £ 013
Apr. T Ring 1 5124 32+27 —165.9 £ 45.0 0L08 + 003 0.42 £ 010
52+ 45 IB+35 —170.7 £ 41.1 011 &+ o 0.41 + 0.08
Apr. 7 Ring 2 M+23 227 =304 £ 6E.1 0.07 + 003 044 + 0.07
49 4+ 26 35+ 4.0 —Tl6 £ 535 0.06 + .08 042 + 0.08
Apr. T Ring 3 49 + 2.4 33+33 1616+ 67.3 010 &+ 02 0.50 + 0.08
53 £ 6.6 3 ETSH 1733708 019 £ 014 052 £ 010
SMILI
Apr. & Ring REx 43 + 0.4 W3] 163.1 = 1.1 010 £+ O 0.57 + 0,01
VIDA 0430 a6+ 88 9.6 4+ 933 017 + 014 (.67 + 0.16
Apr. 7 Ring 1 43 £ 49 EE= - 1277+ 299 0.09 £+ 0.0 051 £ 0.07
45 + LB 3+ 3 1368 = 368 007 £ (i 048 + 0.07
Apr. T Ring 2 4T £ 4.5 33+28 584 £ 57.5 010 + 005 048 £ 011
46 £ 5.2 ITET4 9.8 X 817 .08 £ 03 0.50 £ Q.13
Apr. 7 Ring 3 48 £ 4.3 32+29 Ho6 + 149 011 £+ i 045 + 0.14
4T+ 35 5+ 43 BB+ 482 011 + 08 0.6 + 011
THEMIS
Apr. & Ring REx 46 £ 2.1 A0+ 1 —13%4 £ 529 015 + 005 034 +0.11
VIDA 47+ 3.1 A3+ 20 —1274 £ 53.0 017 + 08 0.42 + 0.07
Apr. T Ring 1 51 0.8 28+ 1.3 —37.8 £ 55.6 015 £ 001 0.21 £ 0.10
55 & L6 2+24 —41.4 £ 52.6 0.25 + 005 030 + 0.07
Apr. T Ring 2 50+ 15 2+ 1.1 —16.0+ 3.9 021 + 003 0.3 + 0.08
56+ 2.6 2109 —25324+73 035 + 003 029 + .06
Apr. 7 Ring 3
Appendix J By applying these metrics to the April 6 and 7 EHT (u, v)-

Dynamic Imaging and Snapshot Model Fitting Tests
LA Selection af Time Windows with the Best {u, v)-coverage

Farah et al. {2022) demonstrate that the changing (u, v)-
coverage created by Earth's rotation during the aperture
synthesis process leads to regions of time that produce dynamic
reconstructions of varying quality. The quality of a short-
timescale reconstruction is partially determined by the snapshot
(u, vj-coverage geometry, which introduces certain artifacts
during the imaging process.

The scale and severity of these artifacts can be predicted by
gquantitatively scoring the (i, v)-coverage as a function of time,
which can be done in a number of ways. Some metrics examine
how much of the Fourier plane 1s covered by an interferometer
(e.g., Palumbo et al. 2019), while others look at gaps created by
the sparse coverage (e.z., Wielgus et al. 2020). In addition to
these metrics, Farah et al. (2022) derive a novel metnc that
probes both the anisotropy and radial homogeneity of the
COVErAZgE.

coverage on SgrA°, we can assess the scan-by-scan perfor-
mance and identify regions of time that are likely to produce
the best reconstructions, independent of the underlying source
structure. The result of such an analysis for April 7 1s shown in
Figure 3%, and two candidate regions are highlighted. The
metrics predict that dynamic imaging reconstructions will have
the highest quality in the region from 1.5 to 3.2 GMST (Region
ITy; the reconstructions will produce substantially worse results
in the region from 19.4 o 21 GMST (Region I). We validate
this prediction by testing on high-5/N data in Farah et al.
{2022} and show that Region Il indeed allows for significantly
better recovery of the source variability than Region L
Therefore, based only on the EHT s (1, vj-coverage, we focus
on dynamic imaging,/ modeling Region II throughout Section 9.

J.2. StarWarps Temporal Regularizer Normalization

Temporal regularization in StarWarps is controlled by a
parameter _ii'E,I. This parameter corresponds to the variance of
the conditional distribution of pixel intensities for a given
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Figure 38, Normalized metric computations for every scan of the 2007 April 7
EHT coverage of Sgr A%, (00 GMST marks the day change from April 7 to
April 8. Though the metrics have different considerations, all highlight the
region {labeled "I} from ~ 1300 GMST to ~3: 10 GMST as a candidate region
for dynamic imaging.

snapshot holding the previous snapshot fixed: pifll_ )=
N ;"-‘é]n. The units of dél are (Jy pixel_l}l_ In the
main text, we consider values ;3,:'31 € {5 x 1074, 5 x 10-6,
5 % 107%}. Larger values of _ii;j] correspond to less temporal
regularization, as the conditional distibution pllf )
becomes wider.

We can also interpret the values of 45! in visibility space.
The Fourier transform of the image . is given by an N;, =< N,
matrix F:

Vi = Fi,. Iy
In our convention, the pixel values in 7, have units Jy pixel ',
so the entries of F are pure phase terms without a 1/yN
normalization (so that, e.g., the zero-baseline visibility in Jy is
just the sum of the pixel intensitics). As a result, FF' = 2 =
Because Equation (J1) is a linear transformation, p(V,|I,_,) is
also a normal distribution, with a mean Vi_; and a covariance:

X = F[§5 IF' = 35 Nois L. (J2)

Thus, @ = ,LJ’E,INPM i5 the standard deviation of a
snapshot visibility measurement in StarWarps, holding the
previous frame fixed.

In Figure 39, we compare this quantity to the measured EHT
visibility amplitudes in the selected dynamic imaging window
on April 11. The StarWarps movie reconstructions in the
main text have Ny, =40 40 = 1600, GRMHD simulations
(see Paper IV and Georgiev et al. 2022} and the light curve of
Ser A' (see Wielgus et al. 2022) suggest that the variations on
minute timescales should have a zero-baseline standard
deviation of a4~ 10mly. Thus, reconstructions with
c".fE,I ~ 107 7(Jy pixel )’ are expected to give variability that
is consistent with what 15 measured in SgrA°.

Larger wvalues of .:1'@I correspond  to lower temporal
regularization and allow for larger variations in the wvisibility
amplitudes. For instance, our reconstructions in Section 9 with
Bg =3 x 10" permit somewhat more variability than is seen
in simulations and observations of Sgr A*. Nevertheless, we
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Figure 3%, April 7 EHT visibility amplitudes over the selected window for
dynamic imaging and modeling (black pointsp. The horizontal lines show the
expecied standard deviation of the visibility amplitudes in StarWarps
reconstructions for different values of .1“1 in units of (Jy pixel~'y: 5 = 10
{magenta). 5 =« 10 £ {green), and 5 = 10 : [cyan).

have also found that allowing excess variability helps to trace
evolution in tests on synthetic data from GRMHD simulations.

J3. Testing (u, vi-coverage Effects

As discussed in Section 9.2, the geometry of the (i, v)-coverage
can have an effect on the recovered image structure, especially in
cases where the coverage is extremely sparse. To study the effects
of (4, vi-coverage on dynamic fits to Sgr A° data, we perform a
number of tests on synthetic data sets and study the effect of
different (1, v) baselines on fits to the real data.

J31. Recovering the Posiion Angle of a Static Crescent

As most of our analysis of the dynamic structure of SgrA’
revolves around tracking the PA of brightness around the ring, it is
important to assess our ability w recover the PA accurately in
realistic synthetic data. To that end, we constructed synthetic EHT
data sets from four static crescent models with peak brightness
points rotated at 60° increments around the ring. The brightness
ratio of each crescent model was chosen to roughly match the
1.5:1 ratio recovered from geometric model fitting to Sgr A" data.
Figure 40 shows the imaging and geometric modeling results
obtained by fitting to these synthetic data sets in the selected 1.7 hr
region. Note that, for both approaches, the true PA is recovered as
the primary mode for most of the crescents. The imaging methods
contain temporal regularization, which likely makes it easier to
recover a static underlying structure; however, the geometric
modeling results do not assume any temporal regularzation.

J3.2. Uniform Ring Svathetic Data

The interplay between the source size and sidelobes in the
dirty beam pattern from sparse coverage can cause imaging
artifacts that appear in the form of bright “knots™ around ring
sources. Computing the dirty image of an underlying uniform
ring source reveals the location of these knots when using
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Figure 4. PA recovered from differently oriented static crescent synthetic data
sets and a uniform ring synthetic data set, using both dynamic imaging {green)
and geometnic modeling (blue) techniques. The crescents” ground-truth PA is
shown as a ventical red line. Imaging uses a prior image ;i of a uniform rng
convolved with a 25 pas beam.

calibrated visihilities. To assess the impact of these knot
artifacts on our analysis, we performed imaging and geometric
mode] fitting on data generated from a uniform ring (with no
brightness changes in azimuth) with a diameter of 49 jas (refer
to the uniform ring in Figure 7). As can be seen in Figure 40,
both the imaging and modeling results indicate an image
structure with a preferred PA—~07 or ~90° for imaging and
~ 100" for modeling. However, the associated asymmetry of
the recovered uniform ring is very low, a brightness ratio of
less than 1.1:1 compared to 1.5:1 for SgrA®. Thus, in
combination with the results of Appendix 1.3.1, we conclude
that although the (i, vl-coverage will bias the PA in the limit of
low image asymmetry, for the level of image asymmetry
recovered in Sgr A’ this bias should have a small effect.

J3.3. Baseline Test

In order to evaluate the contribution of each baseline to the
recovered evolution in SgrA°, we compared results obtained
on data sets modified to remove a particular baseline. In
particular, we compared the PA posteriors obtained using
geometric modeling on 11 different data sets—I10 data sets
each with a single baseline removed and one complete data set.
As can be seen in Figure 41, we find that most baselines do not
heavily affect the trends we see on April 7. However, there are
two baselines that appear to have a significant effect on the
results: Chile-Hawai’l and LMT-Hawai'i. Without the Chile
Hawai'i baseline we are not able to discriminate between the
northwest and southeast PA; without the LMT-Hawai'i
baseline we do not recover as significant of a PA shift. Upon
inspecting the (u, v)-coverage of these baselines, it becomes
apparent that these two baselines probe the northwest-south-
east orientations that we are interested in, and thus without
them we are unable to properly discriminate between these two
PA orientations. It is also worth noting that removal of the
Chile-5PT baseline appears to “clean up™ the modeling results,
suggesting that small-scale features probed by this baseline
may not be properly captured in our geometric model fits.
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4. Testing Scattering Mitipation Strategies

In producing dynamic reconstructions and model fits of the
SerA° data, the choice of scattering mitigation strategy is a
potential source of uncertainty. We have explored the sensitivity
of our dynamic imaging and snapshot model fitting results to the
same five scattering mitigation strategies we consider in the
static image surveys in Sections 6 and 7.5.2. Namely, we
produce reconstructions and model fits to the unmodified data |
i.e., on-sky with no descattering). as well as with visibilities
deblurred by the Sgr A® diffractive scattering kernel and with the
thermal noise error bars inflated by four models of the refractive
noise: the Conat model, the J18modell model, and then
double the additional error tolerance from each of these models
(2=xConst, 2xJ18modell). Based on the analysis done in
Section 3.1, this selection is conservative and spans our
uncertainty in SgrA™'s refractive noise.

Figure 42 presents comparisons of the StarWarps recon-
structions and snapshot model fitting results on the April 6 and 7
Ser A° data with all five scattering mitigation strategies. We find
that the general trends in the ring PA we discuss in Section 9.4 are
not significantly changed by any of the five scattering mitigation
strategies we explore for geometric modeling, although the PA
posteriors are significantly broader (sometimes spanning a full
360") when using the larger refractive noise budgets of 2 xConst
and Z2xJ18modell. In contrast, for imaging, on Aprl 7 we
ohserve a transition from positive to negative PA to be the most
commonly recovered trend with all of the on-sky, Const and
J1EBmodell scaltering mitigation strategies when using a ring
prior. However, when we add a very large amount of refractive
noise tolerance to the emor bars in the 2xConst and
2xJ1Bmodell models, the PA becomes more stable over the
observation window. This is due to the interplay of temporal
regularization with an increased fexibility in fiting the data with a
static model due to the expanded noise budget. In this figure,
imaging with StarWarps makes use of the rng"25pas ring
prior/initialization, and modeling with DFI uses a second-order
m=ring (m = 2} model with a parameterized central Gaussian floor.

L5 Testing the Effects of Different Imaging Priovs and Model
Specifications

As overviewed in Section 9.4.1, the recovered PA of the
azimuthal brightness distribution in the ring-like morphology
of Sgr A’ is sensitive to the modeling choices made in both
imaging and geometric modeling. In this section we go into
further detail on some of the effects seen.

JA 1 Imaging

Temporal Regularization.—The level of continuity enforced
between recovered frames is controlled by temporal regulariza-
tion. In particular, StarWargs encourages frames to be similar
by probabilistically modeling each frame [ as being a sample
from a normal distibution with mean {, _ | and covariance ;’1"(}'1
(see Equation (7)). Thus, decreasing the multiplier J'QI will
increase recovered continuity between frames. This is seen, as
expected, in the recovered movies of SgrA’ wvisualized in
Figure 28: recovered movies with low temporal regularization
experience fast and drastic variability on large-scale features,
while movies with high temporal regularization experience slow
yet steady vanability on large-scale feawres and absorh the
remaining varability in the data with small-scale fluctuations. Due
to the extreme sparsity of data on each snapshot, although these
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Figure 41. PA recovered using DFI geometric modeling after removal of a panicular baseline from Sgr A” data on April 7. The flagged baseline appears in the title of
each panel. The Chile—Hawai'i and Hawat'i-LMT basclines are highlighted, and their location in the x, vi-plane is shown. These two baselines probe the cast—west

and southeast—northwest orientations.
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Figure 42. The PA recovered using dynamic imaging and geometric modeling fechniques under different scatiering mitigation assumptions, These range from no
scattering mitigation whatsoever (yellow) to different amounts of refractive nolse added to the deblurred data: a constant noise fioor (hlue). the refractive noise model
J18madell {red), and these two scaled by a factor of two {green and magenta, respectively). Imaging resulis were obiained using an initialization /prior image of a
uniform ring blurred with a Gaussian kemel with FWHM of 23 pas. Modeling results were obtained from the DFI pipeline using the m-ring 2 geometric mosdel. The
gray band at roughly 2.6 GMST indicates the region where the LMT has dropped out and data coverage is poorer.

movies contain  significantly  different  levels of recovered
variability, they all fit the data in terms of \* fairly well. The
only substantial difference between data fits can be seen when
inspecting the SMT-LMT-Hawai'i closure trhangle. It is worth
noting that the positive-to-negative flip on the Aprl 7 closure
triangle is not reproduced by the recovered video with high
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temporal regularization. Nonetheless, since all movies still match
all remaining baselines indistinguishably well, it is difficult to
form any solid conclusions on the type of variability in SgrA®
based on this one closure tnangle.

StarWarps Spatial Prior Images.—To explore the sensi-
tivity of results to the ring features encouraged during imaging,
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Figure 45, Comparing the m-ring results across orders 1. 2, 3, and 4 in both
Comrade {(magenta) and DPI (blue). The impact of the different m-ring orders
on the PA evolution for April 6 and is shown in the middle and bottom rows.
The top row is the change in the log-evidence across m-ring orders and days.
The evidence lower bound produced by DFI is shown as a blue upward-
pointing arrow.

Figure 43. PA reconstructed wsing StarWarps under different init,prior
assumpicns for both April 6 (blue) and 7 (green). These include uniform nngs
with increasing Gaussian blurming and a uniform disk with no central brightness
depression.
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Figure 44. Comparing data fit of descattered dynamic imaging vs. static imaging on April 7. A representative descattered image from the eht=-imaging static
imaging pipeline is shown. In the selected closure plots below the measured data (60 s avg, without a variability noise budget) are shown overlaid with the
comesponding closure phases.
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we introduce five different images used as both the initialization
and mean prior image @ in StarWarps. Figure 43 shows the
mean prior images explored for imaging the original data and
deblurred data. Note that recovered flux is constrained to evolve
within the regions that have flux in the prior image; therefore, the
puffier nngs and the tapered disk with more extended flux are less
constraining during imaging. As expected, movies recovered with
the less constraining puffier prior images result in recovered
movies with less clear underlying ring structures. Nonetheless, in
all these cases (with a ring init/prior), the same general trend in
PA is recovered in one of the modes, even when the central indent
is very weak. When a disk prior is used with no central indent
whatsoever, the same PA trend is not recovered; instead, the PA
trend appears to be reversed in sign (as discussed in Figure 27).
Figure 44 shows more detailed comparisons of StarWarps
movies reconstructed with ring and disk mean prior images on
April 6 and 7, including data fits to representative closure phases.

J5.2. Geometric Modeling

For snapshot geometric modeling, we have two competing
effects. One is that we require a geometric model that can
adequately explain the on-sky image. However, given the
sparseness of the (u, v)-coverage for each snapshot, the risk of
overfitting the data is considerable and potentially leads to
artificially uninformative posteriors. However, underfitting the
data can lead to large biases in the recovered parameters and
artificially narrow posteriors. To find the preferred model, we
use relative measures. That is, we do not compare the absolute
fit quality using a metric like the y” statistic, but rather how
well a model does compared to the others considered. For this
purpose we use the Bayesian evidence (also referred to as
evidence),

Z(datalM) — f L{datald, M)p(OIM)ds. a3)

The evidence measures the marginal probability of the data,
after averaging over all possible parameter values of the model.
The preferred model is then the one that maximizes the
evidence of the model. For snapshot modeling we select the
preferred model by computing the log-evidence in each
snapshot and then sum the log-evidence across all snapshots.
Note that we are only able to estimate the evidence for the
Comrade pipeline. DEI /variational inference cannot estimate
the evidence, but instead can compute an effective lower bound
O Use as & Proxy.

M-ring rder—To assess the impact of different model
choices on the posterior samples. we considered an m-ring
muode] with one to four modes. The results for the m-ring model
from the Comrade pipeline are shown in Figure 45. We find
that the trend for the dipole moment phase is consistent across
moddel specifications, although the posterors become more
uncertain for the higher-order m-ring models. The recovered
total evidence for each model is shown in Figure 45. For April
i m = 4 1s the preferred model with a log-evidence of 1499. On
April 7, the m =2 m-ring is preferred with a log-evidence of
1667. On both days the overall trend of the PA remains stable
for m =1, 2, 3, but the distributions become noticeably wider.

For the TPI pipeline we find similar PA trends for April 6
and 7. Using the evidence lower bound that 1s calculated as part
of variational methods, m = 3 1s preferred on April 6 and m = |
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on April 7. Furthermore, on April 7 the PA posterior for m = 3,
4 15 very broad, becoming essentially unconstrained.
Comparing the DPT results to Comrade, we find that m = 1
is preferred on April 7 and m =3 on April 6 according to the
evidence lower bound. DPI fits closure products that are
equivalent to placing uniform priors on gains, meaning that the
data are less constraining. Therefore, it is not surprising that
DPI prefers simpler models compared to Comrade. To select
a fiducial model across days and bands, we considered the
evidence, the relative impact on the posterior, and the impact
on each pipeline. For these reasons we take m = 2 for DET and
m = 2 and sometimes m = 3 for Comrade. The m = 2 model is
preferred for Comrade on April 7, and the m = 2 distribution
for DPT is similar to but broader than the m = 1 distribution.

ORCID iDs

Karunori Akiyama @ hups: forcid org /0000-0002-9475.4254
Antxon Alberdi @ https: forcid.org /0000-0002-9371-1033
Juan Carlos Algaba @ hitps: J orcid.org /0000-000 | -6993- 1696
Richard Anantua @ https: J'orcid.org /0000-0003-3457-7660
Keiichi Asada @ https: § orcid.org /O000-0001-6988-8763
Rebecca Azulay @ hips: forcid.org /0000-0002-2200-5393
Uwe Bach @ hups: forcid.org /0000-0002-7722-84 12
Anne-Kathrin Baczko © https: 'orcid.org /O000-0003-
3090-3975

Mislav Balokovié @ https: {orcid.org /0000-0003-0476-6647
John Barrett @ https: orcid.org /O000-0002-9200-(0764

Michi Baubiick @ hups: Jorcid.org /0000-0002-5518-2812
Bradford A. Benson @ htps: J orcid.org /O000-0002-
5108-6823

Lindy Blackburn @ https: J'orcid.org /O000-0002-9030-642X
Raymond Blundell & https: ['orcid.org /0000-0002-5925-5857
Katherine L. Bouman & https: J'orcid.org /0000-0003-
0077-4367

Geoffrey C. Bower @ hutps: [ orcid.org /0000-0003-4056-9982
Hope Boyce © hitps: J'orcid.org /O000-0002-6530-5783
Christisan D, Brinkerink @ https: ['orcid.org /O000-0002-
23220749

Roger Brissenden @ https: jorcid.org /0000-0002-2556-0894
Silke Britzen @ hitps: (forcid.org /000020001 -9240-67 34
Avery E. Broderick @ hutps: J'orcid.org /O000-0002.-
3351-Te0X

Dominique Broguiere & https: J orcid.org /O000-0001 -
0151-6683

Thomas Bronzwaer & https: Y orcid.org /0000-0003-1151-397 |
Sandra Bustamante @ https: forcid.org /0000-0001-6169- 1894
Do-Young Byun ® hitps: {orcid.org /O000-0003-1157-4 109
John E. Carlstrom & https: Jorcid.org /O000-0002-2044-7665
Chiara Ceccobello & https: {'orcid.org /0000-0002-4767-9925
Andrew Chael @ https: forcid.org /0000-0003 -2966-6220
Chi-kwan Chan @ hutps: [ orcid.org /0000-0001-6337-6126
Koushik Chatterjee @ https: forcid.org /0000-0002-2825-3590
Shami Chatterjee @ https: /' orcid.org /O000-0002-2878-1502
Ming-Tang Chen @ https: forcid.org /0000-0001-6573-3318
Yongjun Chen (BRkE) © hips: [orcid.org /0000-0001 -
5650-6770

Xigopeng Cheng @ https: Jorcid.org /0000-0003-4407-9868
Hje Cho @ hiyps: § orcid.org /O000-0001 -6083-752

Pierre Christian @ https: {'orcid.org /O000-000 1-6820-994 |
Nicholas 5. Conroy @ https: /orcid.org /0000-0003-2886-2377
John E. Conway @ https: Jorcid.org /0000-0003-2448-9 181
James M. Cordes @ https: 'orcid.org / 0000-0002-4049-1 882



THE ASTROPHYSICAL JoURNaL LETTERS, U30:L14 (6dpp). 2022 May 10

Thomas M. Crawford @ htps: J'orcid.org /O000-0001 -
Q000-5013

Geoffrey B. Crew @ https: J'orcid.org /0000-0002-2079-3 189
Alejandro Cruz-Osorio © https: | orcid.org /O000-0002-
3045-6342

Yuzhu Cui

(4 EF1) @ heps: Jorcid.org /0000-0001-6311-4345

Jordy Davelaar © https: /orcid.org /0000-0002-2685-2434
Mariafelicia De Laurentis & hitps: J'orcid.org /0000-0002-
Q045-682X

Roger Deane & https: {'orcid.org /0000-0003- 1027-5043
Jessica Dempsey @ https: [ orcid.org /O000-0003-1269-9667
Gregory Desvignes @ hutps: forcid.org /0000-(003-392 24055
Jason Dexter & hips: forcid_org /0000-0003-3903-0373
Vedant Dhruv @ https: Jforcid.org /0000-000 1 -6765-877X
Sheperd S. Doeleman © https: {forcid.org /O000-0002-

903 1-0904

Sean Dougal @ https: Jorcid.org /0000-0002-3769-1314
Sergio A. Dzib @ htgps: Jorcid.org /O000-0001-60 1 0-6200)
Ralph P. Eatough @ https: /orcid. org /0000-0001-6196-4135
Raziech Emami @ https: {'orcid.org /0000-0002-2791-5011
Heino Falcke @ https: § orcid.org /O000-0002-2526-6724
Joseph Farah @ https: forcid.org /0000-0003-4914-5625
Vincent L. Fish @ hitps: J'orcid.org /0000-0002-7 | 28-9345
Ed Fomalont @ hups: forcidorg /0000-0002-9036-2747

H. Alyson Ford @ https: {'orcid. org /0000-0002-9797.0972
Raquel Fraga-Encinas @ https: {'orcid.org / 0000-0002 -
5222-1361

Per Friberg & https: /' orcid.org/ 0000-0002-8010-5454
Christian M. Fromm @ https: {'orcid.org /0000-0002-
1827-1656

Antonio Fuentes @ https:  'orcid.org /0000-0002-8773-4933
Peter Galison @ https: Jorcid.org /0000-0002-6429-3872
Charles F. Gammie © https: {'orcid.org /0000-0001-7451-8935
Roberto Garcia @ https: Joreid.org /0000-0002-6584-7443
Olivier Gentaz @ https: {orcid.org /O000-0002-01 15-4603
Boris Georgiev @ https: Jorcid.org /0000-0002-3586-6424
Ciriaco Goddi @ https: J'orcid.org /0000-0002-2542-7743
Roman Gold @ hitps: Jorcid.org /O000-0003-2492- 1966
Arturo I Gdmez-Ruiz © https: | orcid.org /O000-0001 -
0395-1670
José L. Gomez @ https: Jorcid.org /0000-0003-4190-7613
Minfeng Gu (FEI#) © https: [orcid org /0000-0002-
4455-6946

Mark Gurwell @ https: J'orcid.org /0000-0003-0685-362 1
Kazuhiro Hada © https: J'orcid.org /0000-0001-6906-772X
Daryl Haggard @ https: orcid.org /0000-0001-6803-2138
Michael H. Hecht @ https: /'orcid.org /0000-0002-4 1 14-4583
Ronald Hesper @ hups: forcid.org /0000-0003-19 | 8-6098
Dirk Heumann @ https: {orcid.org /0000-0002-767 1-0047
Luis C. Ho (ff] FLL) @ hetps: Jorcid.org /0000-0001 -
6047-5846

Paul Ho @ hitps: {orcid. org /0000-0002-341 2-4306

Mareki Honma @ hutps: {orcid.org /00000003 -4058-9000
Chih-Wei L. Huang @ hups: forcid.org /O000-0001-564 1 -3953
Lei Huang (¥#&) @ https: J/orcid.org /0000-0002-1923-227X
Shiro Tkeda @ https: {orcid.org /0000-0002-2462- 1448
C. M. Violette Impellizzer & https: {'orcid.org /0000-0002.-
34432472

Makoto Inoue @ hitps: {orcid.org /0000-0001-5037-3989
Sara [ssaoun @ https: J'orcid.org /0000-0002-5297-92 | X
David J. James @ https: Jorcid.org /0000-0001-5 1 60-4486

58

Ewvent Horizon Telescope Collaboration et al.

Buell T. Jannuzi © https: {'orcid.org /0000-0002-1578-6582
Michael Janssen @ hitps: forcid org /O000-0001-8685-6544
Britton Jeter & https: Jorcid.org /0000-0003-2847-1712

Wu Jiang (;I1&) © https: Jorcid.org /0000-0001-7369-3539
Alejandra Jiménez-Rosales & https: Jorcid.org /O000-0002-
2662-3754

Michael D Johnson @ hups: forcid.org /O000-0002-4 1 20-3029
Svetlana Jorstad @ hups: forcid.org /0000-0001 -6 1 58- 1708
Abhishek V. Joshi @ https: forcid.org /0000-0002-2514-5965
Tachyun Jung @ https: Jorcid.org /0000-0001-7003-8643
Mansour Karami © https: Jorcid.org /O000-0001-7387-9333
Ruamesh Karuppusamy © https: [ 'orcid.org /0000-0002.-
5307-2919

Tomohisa Kawashima © https: forcid.org /000-0001 -
B527-0496

Garrett K. Keating © https: {orcid.org /0000-0002-3490- 1 46X
Mark Kettenis & https: J'orcid.org /0000-0002-6156-5617
Dong-Jin Kim @ https: 'orcid org /O000-0002-7038-21 18
Jae-Young Kim @ hups: [orcid.org /0000-0001-8229.71 83
Jongsoo Kim @ https: forcid.org /0000-0002-1229.04 26
Junhan Kim @ https: {orcid.org /0000-0002-4274-9373
Motoki Kino @ https: J'orcid.org /0000-0002-2709-7338

Jun Yi Koay @ https: {orcid.org /0000-0002-7029-6658
Prashant Kocherlakota & hitps: orcid.org /O000-000 1 -
T386-T439

Patrick M. Koch @ hetps: {oreid.org /0000-0003-2777-5861
Shoko Koyama @ htips: {'orcid.org /0000-0002-3723-3372
Carsten Kramer @ https: ' orcid.org /O000-0002-4908-4925
Michael Kramer @ https: forcid.org /0000-0002-4175-2271
Thomas P. Krichbaum @ https: {'orcid.org /0000-0002-
4892-9586

Cheng-Yu Kuo @ https: /orcid.org /0000-0001-6211-5581
Noemi La Bella @ https: {forcid.org /0000-0002-81 1 6-9427
Tod R. Lauer @ https: {forcid.org /0000-0003-3234-7247
Dacyoung Lee @ https:  orcid.org /0000-0002-3350-5588
Sang-Sung Lee @ https: orcid.org /0000-0002-6269-594 %
Po Kin Leung @ https: Jorcid.org /0000-0002-8802-8256
Aviad Levis @ https: 'orcid.org/0000-0001-7307-632X
Zhiyuan Li (FFEIT) @ htps: Jorcid.org /0000-0003-
0355-6437

Roceo Lico @ https: {forcid.org /0000-0001-7361 -2460

Greg Lindahl @ https: [orcid.org /0000-0002-6 100-4772
Michael Lindgvist @ hups: {orcid.org /O000-0002-3669-07 15
Mikhail Lisakov @ https: [ orcid.org /0000-0001-6088-3819
Jun Liu (3{8) ® hetps: Jorcid.org /0000-0002-7615-7499
Kuo Liu @ https: {forcid.org /0000-0002-2953-7376
Elisabetta Linzzo © https: [ orcidorg /O000-0003-0995-5201
Wen-Ping Lo @ https: J'orcid.org /O000-0003- | 869-2503
Andrei P. Lobanov @ https: orcid.org /0000-0003- 1622 1484
Laurent Loinard @ https: §'orcid.org /0000-0002-5635-3345
Colin J. Lonsdale @ https: ' orcid.org /0000-0003-4062-4654
Ru-Sen Lu (EE¥NFR) © hitps: Jorcid.org /0000-0002-
T692-T067

Jirong Mao

(EEZ) © hitps: Jorcid.org/0000-0002-7077-7195

Nicola Marchili @ https: [orcid.org /O000-0002-5523-7588
Sera Markoff @ https: forcid.org /0000-0001-9564-0876
Daniel P. Marrone & https: {'orcid.org /0000-0002-2367- 1080
Alan P. Marscher @ https: forcid.org /0000-0001-7396-3332
Iviin Marti-Vidal @ https: {orcid.org /0000-0003-3708-961 1
Satoki Matsushita © https: {'orcid.org /0000-0002-2 | 27-7880
Lynn D. Matthews @ https: /' orcid.org /0000-0002-3728-8082



THE ASTROPHYSICAL JoURNaL LETTERS, U30:L14 (6dpp). 2022 May 10

Lia Medeiros @ https: §orcid.org /0000-0003-2342.6728
Karl M. Menten @ https: J'orcid.org /O000-000 [ 64580669
Daniel Michalik @ https: Jorcid.org /0000-0002-T6 1 8-6556
[zumi Mizuno @ https: ' orcid.org /0000-0002-72 [0-6264
Yosuke Mizuno @ https: orcid.org /0000-0002-8131-6730
James M. Moran @ https: [ orcid.org /0000-0002-3882-44 14
Kotaro Moriyama @ htps: orcid.org /O000-0003-1364-3761
Monika Moscibrodzka @ hips: orcid.org /00000002
4661-6332

Cornelia Miiller ™ hetps: J'orcid.org /0000-0002-2739-2004
Alejandro Mus & https:  orcid.org /0000-0003-0329-6874
Gibwa Musoke @ https: Jorcid.org /0000-0003-1984- 189X
Inannis Myserlis @ hups: {forcid.org /0000-0003-3025-9497
Andrew Nadolski @ htps: Jorcid.org /0000-0001-9479.9957
Hiroshi Nagai @ https: {orcid.org /0000-0003-0292-3645
Neil M. Nagar & https: {orcid.org /0000-0001-6920-662X
Masanori Nakamura @ https: J'orcid.org /(000-0001 -

608 1-2420

Ramesh Narayan @ hitps: §'orcid.org /O000-0002- 19192730
Gopal Narayanan @ htps: orcid.org /0000-0002-4723.6569
Inivan Natarajan @ https: {'orcid.org /0000-0001-8242-4373
Joey Meilsen @ https: {forcid.org /0000-0002-8247-T86X
Roberto Neri @ https: {orcid.org /000-0002-7 1 76-4046
Chunchong Ni & https: {orcid.org /O000-0003-1361-5699
Aristeidis Noutsos @ hips: ' orcid.org /0000-0002-4151-3860
Michael A. Nowak @ https: orcid.org /0000-0001-6923-1315
Junghwan Oh @ https: Jorcid.org /0000-0002-499 [ -9638
Hiroki Okino @ https: § orcid.org /O000-0003-3779-20 16
Héctor Olivares © hetps: orcid org /0000-0001-6833-7580
Gisela N. Ortiz-Ledn @ hips: Jorcid.org,/O000-0002.-
2EA3-6T6X

Tomoaki Oyama @ https: /'orcid.org /0000-0003-4046-2923
Feryal Ozel @ https: {orcid.org /0000-0003-4413-1523
Daniel C. M. Palumbo © https: Jorcid.org /0000-0002-
T179-3816

Georgios Filippos Paraschos @ https: ['orcid.org /00000001 -
6757-3098

Jongho Park @ hittps: ' orcid.org /00000001 -6558-9053
Harriet Parsons @ hitps: Jorcid.org /O000-0002-6327-3423
Nimesh Patel @ https: 'orcid.org /0000-0002-6021-9421
Ue-Li Pen @ https: Jorcid_org /0000-0003-2155-9578
Dominic W. Pesce @ hitps: ['orcid.org /0000-0002-5278.922 |
Richard Plambeck @ hups: forcid.org /0000-0001 -6T635-9600
Oliver Porth @ https: Jorcid.org /0000-0002-4584-2557
Felix M. Péitz] & https: Jorcid.org /0000-0002-6579-831 |
Ben Prather @ https: Jorcid.org /0000-0002-0393-7734
Jorge A. Preciado-Lopez @ https: forcid.org /0000-0002-
4146-0113

Dimitrios Psalas @ hups: {orcid.org /0000-0003-1035-3240
Hung-Yi Pu @ https: Jorcid.org /O000-000 1-9270-8812
Venkatessh Ramakrishnan & https: J'orcid.org /O000-0002-
O248-086X

Ramprasad Rao & https: forcid. org /0000-0002- 1407-T944
Mark G. Rawlings @ https: ' orcid.org / 0000-0002-6529.-
202X

Alexander W. Raymond @ https: [ orcid.org /0000-0002 -
5779-4767

Luciano Rezzolla © hips: forcid org /O000-0002-1330-7103
Angelo Ricarte ® https: {orcid.org /0000-0001-5287-0452
Bart Ripperda @ hups: forcid.org /O000-0002-7301 3908
Freek Roelofs @ https: forcid.org /0000-0001-5461-3687
Alan Rogers @ https: [ orcid.org /O000-0003- 194 1-7458

59

Ewvent Horizon Telescope Collaboration et al.

Eduardo Ros @ hitps: forcid.org /0000-0001-9503 4892
Cristina Romero-Cafizales © https: Jorcid.org /O000-0001-
G301-9073

Arash Roshanineshat @ https: {orcid.org /O000-0002-
B280-0238

Alan L. Roy @ https: [ orcid.org /0000-0002-1931-0135
[gnacio Ruiz @ hitps: forcid.org /O000-0002-0965-5463
Chet Ruszczyk @ https: forcid.org /O000-0001-7278-9707
Kazi L. J. Rygl ® hutps: Jorcid.org /0000-0003-4146-9043
Salvador Sdnchez @ https: {forcid.org /0000-0002-8042-5951
David Sinchez-Argiielles & https: Jorcid.org /O000-0002-
7344-902)

Miguel Sanchez-Portal © hups: Jorcid.org,/0000-0003-098 1 -9664
Mahito Sasada @ https: {orcid.org /0000-0001 -5946-9960
Kaushik Satapathy @ https: ['orcid.org /0000-0003-0433-3585
Tuomas Savolainen & https: J'orcid.org /0000-0001-62 14- 1085
Jonathan Schonfeld © https: Jorcid.org /0000-0002-8909-240|
Karl-Friedrich Schuster @ https: /orcid.org /O000-0003-
2890-9454

Lijing Shao @ https: Jorcid.org /O000-0002-1334-8853
Zhigiang Shen (GEFER) @ https: [ orcid.org /0000-0003-
I540-8746

Des Small @ hetps: orcid.org /0000-0003-3723-5404

Bong Won Sohn @ htps: Jorcid.org /0000-0002-4 | 48-8378
Jazon SooHoo 2 hitps: Jforcid.org /0000-0003-1938-0720
Kamal Souccar © https: Jorcid.org,/0000-0001-7915-5272
He Sun (Fhi#) @ hups: Jorcid.org /0000-0003-1526-6787
Fumie Tazaki © https: {'orcid.org /0000-0003-0236-0600
Alexandra J. Tetarenko © https: [orcid.org /0000-0003-
3906-4354

Paul Tiede ® hitps: {orcid.org /0000-0003-3826-5648
Remo P. J. Tilanus @ https: Jorcid.org /0000-0002-65 1 4-
553X

Michael Titus @ https: [ orcid.org /0000-0001-9001-3275
Pablo Tome @ hups: f'orcid.org /O000-0001-8700-6058
Efthalia Traianou @ hitps: {orcid.org /0000-0002-1 2096504
Sascha Trippe @ htps: § orcid.org /O000-0003-0465-1559
Matthew Turk & https: J'orcid.org /0000-0002-5294-0198
lse van Bemmel @ https: J'orcid.org /0000000 1 -5473-2950)
Huib Jan van Langevelde @ https: {'orcid.org /O000-0002.-
0230-5946

Daniel R. van Rossum @ https: {'orcid.org /0000-0001 -
TT72-6131

Jesse Vos @ https: {orcid.org /0000-0003-3349-7304

Jan Wagner © https: J orcid_org /0000-0003-1 105-6109
Derck Ward-Thompson @ https: orcid.org /0000-0003-
1140-2761

John Wardle © hups: [ orcid.org /0000-0002-8960-2942
Jonathan Weintroub @ https: {'orcid.org /D000-0002-
4603-5204

Norbert Wex @ https: ['orcid.org /(000-0003-4058-2837
Robert Wharton @ https: Jorcid.org /0000-0002-74 1 6-5209
Maciek Wielgus @ hitps: forcid_org /0000-0002-8635-4242
Kaj Wiik @ hetps: forcid.org /0000-0002-0862-3398
Gunther Witzel @ https: /orcid.org /O000-0003-2618-797TX
Michael F. Wondrak @ https: {orcid.org /0000-0002-
G894-1072

George N. Wong @ hittps: Jorcid org /0000-0001-6952-2147
Qingwen Wu (ZEI) @ hitps: J orcid.org /OD00-0003-
4773-4987

Paul Yamaguchi & https: [orcid.org /0000-0002-6017-8199
Doosoo Yoon © https: {forcid.org /0000-0001 -8694-8 1 66



THE ASTROPHYSICAL JoURNaL LETTERS, U30:L14 (6dpp). 2022 May 10

André Young @ hups: J'orcid.org /O000-0003-0000-2682
Ken Young @ hitps: forcid.org /0000-0002-3666-4920

Ziri Younsi @ https: /orcid.org /0000-0001-9283-119]

Feng Yuan (Fi§) @ hups: [ orcid.org /0000-0003-3564-6437
Ye-Fei Yuan (B %) ® hetps: Jorcid.org /0000-0002-
7330-4756

1. Anton Zensus @ https: {orcid.org /O000-0001-7470-3321
Shuo Zhang @ haps: Jorcid.org /0000-0002-2967-790X
Guang-Yao Zhao @ https: /' orcid.org /0000-0002-4417-1659
Shan-Shan Zhao (B43242) © hups: [orcidorg /0000-0002-
O774-3606

References

Akiyama, K., Tkeda, 5., Pleau, M., et al. 20017a, Al 153 159

Akiyama, K., Kuramochi, K., Ikeda, 5., et al. 20017h, Apl, 838, 1

Akiyama, K. Takahashi, R., Honma, M., Ovama, T., & Kobayashi, H. 2013,
PAST, 65, 91

Alberdi, A., Lara, L., Morcaide, J. M., et al. 1993, A&A, 277, LI

Arras, P., Frank, P., Leike, R., Westermann, R., & Enblin, T. A. 20019, AdA,
627, Al34

Astropy Collaboration, Price-Whelan, A. M., Siphcz. B. M., et al. 2018, Al
156, 123

Astropy Collaboration, Robitaille, T. P.. Tollerud, E., et al. 2003, A&,
558, A33

Baganoff, F. K., Macda, Y., Maorris, b, et al. 2003, Apl, 591, 891

Balick, B., & Brown, R. L. 1974, Apl, 194, 265

Bardeen, 1. M. 1973, in Black holes {Les astres occlus), ed. C. DeWitt &
B. 5. DeWitt (New York: Gordon & Breach), 215

Blackbum, L., Chan, C.-k., Crew, G. B., et al. 2009, Apl, 882, 23

Blackbum, L., Pesce, . W, Johnson, M. D, et al. 2020, Apl, 94, 31

Bouman, K. L. 2017, PhI» thesis, Massachusetts Institute of Technology

Bouman, K. L., Johnson, M. D, Dalea, A. V., et al. 20018, IEEE Trans Compast
Imaging, 4, 512

Bouman, K. L., Johnson, M. Do Zoran, Do, et al. 20016, IEEE Conf. on
Computer Vision and Pattern Recognition (CVPR), Computational Imaging
for VLBI Image Reconstruction (Piscataway, N1: IEEE)L 913

Bower, . C., & Backer, . C. 1998, ApJL, 507, L117

Bower, G. C., Falcke, H., Hermstein, R M., et al. 3004, Sci, 304, 704

Bower, G. C., MarkofT, 5., Brunthaler, A., et al. 2004, Apl, 79, 1

Bower, G. C., Markoft, 5., Dexter, 1., et al. 2005, Apl, 802, 69

Bower, G. C., Broderick. A., Dexter, 1., et al. 2018, Apd, BGHE. 101

Bower, G. C., Dexter, 1., Asada, K., et al. 2009, ApJL, 881, L2

Boyee, H., Haggard, D, Witzel, G.. et al. 2009, Apl, 871, 161

Brinkerink, C. D, Miller, C., Falcke, H., et al. 20016, MNEAS, 462, 1382

Broderick, A. E, Fish, V. L., Johnson, M. D, et al. 2006, Apl, 820, 137

Broderick, A. E., Gold, R., Georgiev, B, et al. 2022, ApJL, 930, L21

Broderick, A. E., Gold, R., Karami, M., et al. 2020a. Apl, 897, 139

Broderick, A. E,, Pesce, D. W, Tiede, P., Pu, H-Y., & Gold, R. 2020b, Apl,
BOE. @

Carpenter, B., Gelman, A, Hoffman, M. D, et al. 2007, J55, 76, 1

Chael, A. A. 2019, PhD thesis, Harvard University, Graduate School of Ars &
Sciences

Chael, A. A, Johnson, M. D., Bouman, K. L. et al. 2008, Apl, 857, 23

Chael, A. A, Johnson, M. D, Marayan, B, et al. 20006, Apl, 829, 11

Chael, A. A, Chan, C. K., Bouman, K. L., et al. 2022, achael/eht-imaging:
v1.2.4, Fenodo, doi: 10.328]1 Seenodo 65 19440

Cho, L, Zhao, G.-Y.. Kowashima, T., et al. 2022, Apd, 926, 108

Clark, B. G. 1980, A&A, B9, 377

Comwell, T., Braun, R., & Briggs, D. 5 1999, in ASP Conf. Ser. 180,
Synthesis Imaging in Radio Astronomy 11, ed. G. B, Taylor, C. L. Carilli. &
K. A. Perley {5an Francisco, CA: ASF), 151

Comwell, T. 1. 2008, ISTSP, 2, 793

Davies, R. D, Walsh, D, & Booth, R. 5. 1976, MNEAS, 177, 319

Dexter, 1., Kelly, B., Bower, G. C., et al. 2014, MNRAS, 442, 2797

Do, T.. Hees, A, Ghez, A, et al. 2009, Sci, 365, 66

Doeleman, 5., Agol, E., Backer, D, et al. 2009, in Astro2010: The Astronomy
and Astrophysics Decadal Survey, Science White Papers, Imaging an Event
Horizon: submm-VLEI of a Super Massive Black Hole, &8 (Charlottesville,
Vi NRAD)

Doeleman, 5. 5., Weintroub, 1., Rogers, A. E. E.. et al. 2008, Matr, 4535, 78

Eckart, A., & Genzel, B. 1997, MNEAS, 284, 576

Ewvent Horizon Telescope Collaboration et al.

Event Horzon Telescope Collaboration, Akivama. K. Alberdi, A et al
2019a, ApJL, 875, L1, (ME7" Paper )

Event Honzon Telescope Collaboration, Akivama. K. Alberdi, A et al
2019k, AplL., #75, L2, (M37" Paper 1)

Event Horizon Telescope Collaboration, Akiyama, K., Alberdi, A et al
2019c, ApJL, 875, L3, (M&T" Paper III)

Event Horizon Telescope Collaboration, Akiyama. K., Alberdi, A et al
2019d, ApJL. 873, L4, (MHT" Paper 1Y)

Event Horizon Telescope Collaboration, Akiyama, K., Alberdi, A et al
2019, ApJL, 875, L5, (MET" Paper ¥)

Event Hortzon Telescope Collaboration, Akiyama, K., Alberdi, A.. et al. 2019,
ApIL, 875, L6, (M&7" Paper VI)

Event Horizon Telescope Collaboration, Akiyama. K., Alberdi, A et al
2021a, AplL, 910, L12, (MET" Paper VII)

Event Horizon Telescope Collaboration, Akiyama. K., Alberdi, A et al
2021b, ApJl, 910, L13, (M&7" Paper ¥III}

Event Horizon Telescope Collaboration, Akiyama, K., Alberdi, A et al
2022a, AplJL, 930, L12, (Paper 1)

Event Horizon Telescope Collaboration, Akiyama. K., Alberdi, A et al
2022b, ApdL., 930, L13, (Paper II)

Event Honzon Telescope Collaboration, Akivama, K., Alberdi, A., et al
2022c, AplL, 930, L15, (Paper I'V)

Event Honzon Telescope Collaboration, Akivama, K., Alberdi, A., et al
2022d, ApJL, 930, L16, (Paper V)

Event Horizon Telescope Collaboration, Akiyama, K.. Alberdi, A et al
2022e, Apll., 930, L17, (Paper YI)

Falcke, H.. Goss, W. M. Matsuo, H., et al. 1998, Apl, 499, 731

Falcke, H.. Markoft, 8., & Bower. G. C. 2008, AkA, 496, 77

Falcke, H.. Melia, F., & Agol, E. 2000, ApJL, 528, L13

Farah, I. R., Galison, P. L., Akivama, K., et al. 2022, ApJL, 930, L18

Fish, V. L., Doeleman, 8. 8., Beaudoin, C., et al. 2001, ApJL, 727, L36

Fish, V. L., Johnson, M. D, Doeleman, 5. 5., et al. 2006, Apl, 320, 90

Fish, V. L., Johnson, M. D, Lu, R-5_, et al. 2014, Apl, T95, 134

Frail, D. A, Diamond. P. 1., Cordes, 1. M., & van Langevelde, H. 1. 1994,
AplL, 427, L43

Gebhardt, K., Adams, 1., Richstone, D, et al. 20011, Apd, 729, 119

Genzel, R., Eisenhaver, F.. & Gillessen, 8. 2010, RvMP, 82, 3121

Genzel, R., Schidel, R., O, T., et al. 2003, MNatur, 425, 934

Georgiey, B., Pesce, D. W, Broderick, A. E__ et al. 2022, AplL, 930, L2}

Ghez, A. M., Klein, B. L., Morris, M., & Becklin, E E. 1998, Apl, 509, 678

Ghez, A. M., Salim, 5., Weinherg. N. M., et al. 2008, Apl, 689, 1044

Ghez, A. M., Wright. 5. A., Mathews, K., et al. 2004, ApJL, 601, L159

Gillessen, 5., Eisenhaver, F.. Fritz. T. K., et al. 2009, AplL, 707, L114

Gillessen, 5., Plewa, P. M., Eisenhaver, F., et al. 20017, Apl, 837, 30

Goddi, C.. Mart{-Vidal, I., Messias, H., et al. 20019, PASF, 131, 075003

Goddi, C.. Mant-Vidal, [, Messias, H.. et al. 2021, AplL, 910, L14

Goldreich, P.. & Sridhar, 8. 1993, Apl, 438, 763

Goodman, J., & Narayan, E. 198% MNRAS, 238, 995

Gravity Collaboration, Abuter, R., Amonm, A., et al. 2008z, AdA, 615, LIS

Giravity Collaboration, Abuter, B, Amorim. A, et al. 20018h, A&A, 618, LI1D

Giravity Collaboration, Abuter, B, Amonim, A, et al. 2009, A&A 625 LID

Gravity Collaboration, Baubdick, M., Dexter, 1., et al. 2020, AfA, 635, A143

Gwinn, C. R, Kovalev, Y. Y., Johnson, M. D, & Soglasnov. V. A. 2014,
AplL, 794, L14

Hamris, C. B, Millman, K. I, van der Walt, 8. I, et al. 2020, Matue, 585, 357

Hilbert, D. 1917, Machrichten won der Kiniglichen Gesellschaft der
Wissenschaften m Gottingen—Mathematisch-physikalische  Klasse
(Berlin: Weidmannsche Buchhandlung)

Highom, J. A, 1974, A&AS 15 417

Honma, M., Akivama, K., Uemura, M., & Tkeda, 5. 2014, PAR]L, &6, 95

Hora, J. L., Witzel, G., Ashby, M. L. N, et al. 2014, Apl, 793, 120

Humnter, 1. D. 2007, CSE, @, 90

Issaoun, 5. Johnson, M. I, Blackburn, L., et al. 2009, Apd, 871, 30

Issaoun, 5. Johnson, M. D, Blackburn, L. et al. 2021, Apl, 915, 9%

Issaoun, 5., Wiclgus, M.. Jorstad. 5., et al. 2022, Apl, submitied

Janssen, M. Goddi, C., van Bemmel, I. M., et al. 2019, A& A 626, ATS

Johnson, M. D. 2006, Apl, 833, 74

Johnson, M. D)., Bouman, K. L., Blackburn, L., et al. 20017, Apd, 850, 172

JTohnson, M. D, Fish, V. L., Doeleman, 5. 5., et al. 20015, Sci, 350, 1242

Johnson, M. D., & Gwinn, C. B. 2015, Apl, 805, 180

Johnson, M. D, Lupsasca, A., Strominger, A, et al. 2020, SciA, 6, caaz]1310

Johnson, M. D)., & Narayan, B 2006, Apl, 326, 170

Johnson, M. D)., Marayan, R., Psaltis, D, et al. 2018, Apl, 865, 104

Kim, 1.-¥_, Krnchbaum, T. P.. Broderick, A. E., et al. 2020, A& A, 640, AGS

Krichbaumn, T. P., Graham, D A, Witzel, A, et al. 1998, A&A, 335, L106

KErichbaum, T. P.. Zensus, 1. AL Witzel, A, et al. 1993, A&A 274, L37




THE AsTROPHYSICAL JoursaL LeTters, 930:L14 (6dpp), 2022 May 10

Lanillot, M., & Philippe, H. 2006, Syst. Biol., 55, 195

Lee, D., & Gammie, C. F. 2021, Apl, 906, 39

Levis, AL Les, D, Tropp, 1. A, Gammie, C. F., & Bouman, K. L. 2021, in
Proc. of the IEEE/CYF Int.Conf. on Computer Vision, Inference of Black
Hole Floid-Dynamics From  Sparse  Interferometric Measurements
(Piscataway, MI: IEEE), 2340

Lo, K. Y., Backer, D. C., Ekers, R. I, et al. [985, Nowr, 315, 124

Lo, K. Y., Shen, Z.-Q)., Zhao, 1.-H., & Ho, P. T. P. 1998, Ap]L, 508, L&1

Lu, R.-5., Krichbaum, T. P., Eckart, A, et al. 2011, AfA, 525, ATH

Lu, R.-5., Krichbaum, T. P.. Roy, A. L., ct al. 2018, ApJ. 359, o0

Luminet, T-P. 1979, A&A 75 238

Macquan. 1.-P.. & Bower, G. C. 20(, Apl. 641, 302

Marcoide, 1. M., Alberdi, A., Lara, L.. Pérez-Torres, M. A, & Diamond, P. 1.
1999, AdA, 343, 801

Marrone, D. P., Moran, J. M., Zhao, J.-H.. & Rao. R. 2006, Apl, 640, 308

Marti-Vidal, L. ¥Yiemmings, W. H. T., & Muller, 5. 2016, A&A, 593, A6l

Matthews, L. D, Crew, G. B., Doeleman, 5. 5., et al. 2018, PASP, 130,
K1 50002

McKinney, W. 2010, in Proc. of the 9th Python in Science Conf., Drata
Structures for Statistical Computing in Python, ed. 5. van der Walt &
J. Millman (SciPy), 56

Mchulling 1. P, Waters, B., Schichel, D)., Young. W.. & Golap, K. 2007, in
ASP Conf. Ser. 376, Astronomical Data Analysis Software and Systems
XVI, ed. R. A Shaw, F. Hill, & D. I. Bell (San Francisco, CA: ASP), 127

Menten, K. M., Reid, M. I, Eckart, A. & Genzel, R 1997, AplL,
475, LI111

Meyer, L., Do, T.. Ghez, A et al. 2008, Apll., 6HE, L17

Miller-Jones, J. C., Tetarenko, A 1., Sivakoff, G. R,
564, 374

Moriyama, K., Akiyama, K., Cho, I, et al. 2022 SMILI vi1.2.0, Zenodo,
doi: 105281 /zenodo 6522933

Muidozx, [, 1., Mammone, . P, Moran, J. M., & Rao, R. 2012,

Marayan, R. 1992, RSPTA, 341, 151

Marayan, R., & Goodman, 1. 1989, MNREAS, 238, 963

Marayan, K., & Nityananda, B 1986, ARALA, 24, 127

MNeilsen, J., Markoft, 5., Nowak, M. A, et al. 20015, Apl, 799, 199

MNeilsen, J., Nowak, M. A., Gammie, C., et al. 2003, Apl, 774, 42

Ortiz-Ledn, G. M., Johnson, M. I, Docleman, 5. 5., et al. 2016, Apl, 824, 40

Palumbo, D. C., Doeleman, 5. 5., Johnson, M. D, Bouman. K. L., &
Chael, A. A. 2019, Apl, 881, 62

Pesce, D. W. 2021, AJ, 161, 178

Psaltis, D., Johnson, M., Narayan, R, et al. 2008, arXiv:1805.001242

Rau, U. 2012, Proc. SFPIE, B300. 85000MN

Rauwch, C., Ros, E., Krichbaum, T. P., et al. 2006, AdcA, 587, A37

et al. 2019, MNawr,

Apl, 745, 115

Ewvent Horizon Telescope Collaboration et al.

Reid, M. 1. 2000, IIMPD, 18, B89

Reid, M. J., & Brunthaler, A. 2004, Apl, 616, 872

Rickett. B. 1. 199, ARA&A, 28, 561

Roelofs, F., Johnson, M. D., Shickawa, H., Docleman, S. 5., & Falcke, H.
2017, Apl, 847, 55

Scherrer, C., & Zhao, T. 20200, S0ss Declarative Probabilistic Programming
via Runtime Code Generation, Zenodo, doiz10.528] /zenodo 5520061

Schwab, F. B. 1984, AT, 89, 1076

Schwarz, U. J. 1978, A&A, 65, 345

Shen, Z.-Q.. Lo, K. Y., Liang, M.-C., Ho, P. T. P., & Zhao, I.-H. 2003, Matur,
438, 62

Shepherd, M. 2001, Difmap: Synthesis Imaging of Visibility Data,
Astrophysics Source Code Library, ascl: 1103001

Shepherd, M. C. 1997, in ASF Conf. Ser. 125, Astronomical Data Analysis
Software and Systems VI, ed. (G. Hunt & H. Payne (5an Francisco, CA:
ASPY, 7T

Shepherd, M. C.. Pearson, T_ 1., & Taylor, G. B. 1995, BAAS, 27, W3

Speagle, J. 5. 2020, MNREAS, 493, 3132

Stewart, L, Fenech, D, & Muxlow, T. 20011, A&A, 535, Al

Sun, H., & Bouman, K. L. 2021, in Proc. of the AAAI Conf. on Artibcial
Intelligence, Deep Probabilistic Imaging: Uncertainty Cuantification and
Multi-modal Soltion Characterization for Computational Imaging, 35
(Cambridge. MA: AAAIL Press), 2628

Sun. H., Bouman, K. L., Tiede, P, et al. 2022 Ap) in press, arXiv:2201 03506

Syed, 5. Bouchard-Coté, A, Deligiannidis, G., & Doucet, A. 2019
arXiv: 1905.02939

The pandas development team 2020, pandas-dev /pandas: Pandaspandas-dev /
pandas: Pandas, Zenodo. doi: 1005281 Szenodo 3500134

Thompson, A. B, Moran, J. M., & Swenson, G. W, Ir. 2017, Interferometry
and Synthesis in Radio Astronomy (Berlin: Springer)

Ticde, F., Broderick, A. E., & Palumbo, D. C. M. 2022, Apl, 925, 122

Vinanen, P.. Gommers, K., Oliphant, T. E., et al. 2020, XaiMe, 17, 261

von Lape, M. 1921, Die Allgemeine Relativititstheorie Und Einsteins Lehre
Von Der Schwerkraft (Braunschweig: Friedrich Vieweg & Sohn)

Whitney. A. K., Cappallo, R.. Aldrich, W', et al. 2004, Rasc, 3%, RS1007

Wiaux, ¥, Jacques, L., Puy, G., Scaife, A. M. M., & Vandergheynst, P. 2({0a,
MMNRAS, 395, 1733

Wiaux, Y.. Puy, G.. Boursier, Y.,
4060, 10029

Wiclgus, M., Marchili, M., Martd-Vidal, I., et al. 2022, AplL, 930, L19%

Wielgus, M., Palumbo, D., & Hamilton, L. 2020, LOG Metric https:// github.
com/wielgusm,/ mwiteols /blob  master /LCG_metric.py

Witzel, G., Martinez, G, Hora, 1., et al. 2008, Apl, 863, 15

& Vandergheynst, P. 2000b, MNEAS,

Event Honzon Tele#cupe Collaboration,

Kazunori Akl\rdmd

Rebecca J-f'llzulaj.fli =

, Uwe B ach™ !

Katherine L. Buunmn]q'“ Geoffrey C B:DWE:rm'El*"?
Roger Brissenden™ @, Silke Britzen® |
Sandra ]31.|'~:tzilrnalntne:2 Du -Young E\run

Chi-kwan Chan""“' *®, Koushik Chatterjee™’
Xiaopeng Cheng™ 1|_|I-E Cho' 3, Pierre Chmuan
Thomas [".-'f l:'_"r:mrl"u:m:llﬁ L'"' . Geoffrey B. Crew'!

Jordy Davelaar™*+*
By 'r.-

11]1I i

-'H--

Gregory Desvignes™
Sergio A. Dzib® &
Ed Fomalont™
Christian M. mem 1, Antonio FI.]E]'IEE\
Olivier Gentaz™ & , Boris Gﬁnrgmvjf’ slad
José L. Gomez" (B M]nfﬁng Gu {Jﬁﬂlﬁ]‘” -
Michael H. Hecht' @, Ronald Hexpe:r

H. Alvﬁun Ford'*
5.45 65 -

&, Ammn .-"Lll:rﬁn:h'J i, Walter Alef®, Juan C'.ulm A.IE,abaf' &, Richard Anantua™’
. Anne-Kathrin Baczko @,
Michi Baubiick'" “ Bradford A. Bﬁnsnnl""m-." . Dan BinLlu.t:.'l?'IH Lind}f Blackburn™’ (3,
Hope Bo}rccﬂ'z' . Michael Bremer™ Chmuaan D. Bnnkcnnkz'
Avery E. Broderick™ """ ® Du:rmm]que Emgumre
Iuhn E. l:alr]eru:l-rrl”'I 3233, *{», Chiara ‘C«zm:-:nb«z1I1:|?q i)
. shami Chatterjee
"‘Jichn]as 5. Cunm}r
. Alejandro Cruz- Dhﬂl‘lﬂ-ﬁ‘ i Yuzhu Cuw {ifﬂ')qﬁ alieel 3
M.mafellcm De I..ai.trs:ntlu"'q"il 2
@, Jason Dexter " & , Wedant Dhn.v.
Ralph P. E:ﬂ{:ﬂ.w'l'fi i Razmh Emami’ ¢
Raque] Fraga-Encinas™ B
. Peter Galison™"®" @ _ Charles F. GﬂJTlmiE.
Clrl:ﬂ:u:r Goddi
m:k Gurwell’ @
Dlrk Heumann'~

. Keiichi Asada’ @,
David Ball' ', Mislav Balokovi¢'™ @ . John Barrett'
Raymond Blundell &,

. Thomas Bronzwaer™ o,

, Andrew Chael’*V@,
Ynng_]un Chen (BRkE)"" azg @,
. John E. Cnnwa}r . James M. Carda\d‘”-v-,

al Mlng-T.mg Chen™

?-1--t

53,54,55 17,18, 'rﬁ 3

RnE;er Deane’ . Jessica Dempsey
(&, Sheperd 5. Dueleman% "1, Sean Dougal'*{
. Heino Falcke™ @, Joseph Fa.mhﬂ”"“ Vincent L F'i'-:h"*r i
William T. Freeman®™', Per Fnherg” "o,

14,44, 68 = T
', Roberto Garcia ;
7273w

6%, 700
2, Roman Gol . Arturo L Gnmez Ruiz

KdII.Ih]l‘D Hada' """ & Danrl H.lggﬂrdz"‘" %, Kari Haworth',
. Luis C Ho {‘I‘T?IJ.I} 677 @ , Paul Ho™'"'* @,

diﬁ Ty

Mareki Honma*™** ?H”“ » Chih-Wei L. Huang @, Lei Huang {ﬁm,‘l“ M@, David H. Hughc'i’ Shlm Tkeda® 308 @

6l



THE AsTROPHYSICAL JoursaL LeTters, 930:L14 (6dpp), 2022 May 10 Ewvent Horizon Telescope Collaboration et al.

C. M. Violette I]'rl];:ualIizznarim'HE Ma.kmu Inoue” (@, Sara Issaoun’"" &, David J. JdJTbEﬂ“'.", Buell T. Jannuzi'* (¢
Michael Jdn':\en ® Bnttun Jeter't Wu ]1dng {,-I‘fi}“ Alepndm Jiménez-Rosales™ . Michael D. Johnson™" @
Svetlana Jorstad”' @, Abhishek V. Joshi'" @, Taehyun IunEw 10, Mansour KHTdJﬂi_ﬁ'_T 7, Ramesh Ku:uppusum}r5~ B

Tomohisa I%‘C:mr:3_~'.1'|imd|""'l1 @ Gdrrett K. Keating Mark KJEHJEH]SHEI #, Dong-Jin Kim® Jm:-‘j"nung Kim %@,

Jongsoo Kim™ & Junhan Klm]' "B, Motoki KII‘LD B, Jun Yi KDGI_"JI" 2, Prashant Kocherlakota® ® | Yutaro Ku:rfu_[]
Patrick M. Knch"" 2, Shoko Kuyuma"' 9@, Carsten Kramer™' ®, Michael Kramer” @, Thomas P. KnLhI:raum L
Cheng- Yu Kul:-g'm'-”', Noemi La Bella™ @, Tm:l E. Laucr‘“ ] deruunﬂ Lee' @, Sang-Sung Lee™ ®, Po Kin Leung™ @,
Aviad Levis'” Zhl)ruan Li {¥.U )+ @, Rocco Lico™™* ¢ ', Greg Lmd,.ih] . Michael Liﬂdq‘-’iﬂﬁﬁ' ), Mikhail Lisakov® ®,
Jun Liu (ﬂllﬁf} ®, Kuo Lin* @ Ell‘idhﬁtlﬂ LILIIID% Wen- va Lo ¢ Andrﬂl P. Lobanov” © . Laurent Loinard il i 8
Colin J. Lonsdale' ©®, Ru-Sen Lu (Eﬁﬂﬂif Ald2g . Jirong Mao {Eiﬁ]]m L N]E{!]d Marchili™"" 0
Sera Markoff'™ '™ @, DH]‘iIEl P. Marrone' >, A.I.m P. I'n-‘[dlr'-'.u::hﬁrH . Ivdn Manl-\"ldalm “ . Satoki Matsushita” |
Lynn D. Matthews' &, Lia Medeiros'>""""*@ | Karl M. Menten” @, Daniel Michalik"'® m'.' . Izumi Mizuno' """/
Yosuke Mizuno*™**'" @ James M. Moran™" ® Kﬂtdm Moriyama'*> 4 -=':', Monika Mﬂsclbmdzka" (&, Comelia 'ulu]ls:r’ 2@,
Alejandro Mus'""' @ Gibwa Musoke™ |m . Ioannis Mymr]ﬁ'”"‘“- , Andrew Nadolski** @, Hiroshi Nagai*** @
Meil M. Nagar' '@, Mamnun Nakamura™"'' @ Ramesh Narayan™' @, Gopal Narayanan™ @, Img..:m Matarajan™ 2 ;
Antonios Nathanail®™'"?, Santiago Navarro 1-"'1.1-::l:tetsm"1 Joey Neilsen'"* @, Roberto Neri*® | Chunchong Ni:ﬁ'l?'“- B,
Aristeidis Noutsos® , Michael A If‘wh:w.-':lk.lH ]unuhwan Oh''®f, H]mkl DklanT?H . Héctor Olivares™ ¢

Gisela N. Ortiz-Leén™"" @, T-:-mnakl I:}..r:lma i Fﬂr}al Dzel . Daniel C. M. P'dlumbn : Gmrg]m F‘l]lpp{ﬁ Pﬂrd%chﬂ'iﬁ ol

4'."ﬁ

Jongho Park™'"" @, Harriet Parsons' "™ 18 gy . Nimesh Patel’ 8, Ue- L| Fen' - 18119130 g Dnmlmc W. Pesce™’ (, Vincent Piém™
Richard P]:1r1'||bv5:|::k.'T:I E ﬁ]ekﬁdndar Pnp‘itefdmjd Oliver Porth*™™'"™1 Fcllx M PitzI™'** &, Ben Pr:ﬁhsr”".',
Jorge A. Precmdn-anez ©, Dimitrios Psaltis'* ¢ , Hung-Yi Pu™' lu . Venkatessh annknhhndn' nislde,
7 ¥7,18,127 g 45,128,129 o
. Angelo RIC.I.I'{E

Ramprasad Rao’ @ Mark G. Rawlings B, A]cxunder W, Ra:,mnnd Lucmnn Rezzolla
Bart Rippﬂrdam"!'”' 3, Freek Roelofs™ '@ Alan Rngr:rs] (#, Eduardo Ros’ (2, Cristina Romero-Caizales”
Arash Roshanineshat'*® | Helge Rottmann®, Alan L. Roy” @ | Ignacio Ruiz'™ @, Chet Ruszczyk' K:lzi L1 R:,.fgll’“:I B,
Salvador S:‘inchez!m'-* David Sianchez- ﬁrgﬁellesn'n"ﬁ‘, Miguel Sinchez-Portal'™ @ | Mahito Sa\ada diisi
Kaushik Satapathy'* Tunnus Savolainen™'*™'* (0 F. Peter Sn::i']ln:]u:rl::hll’1 Jonathan SCthfEld-'r Ka:rl Friedrich Schuxter‘
Lijing Shao™ " &, Zhlqld.ng Shen (375 ﬁ.]'“"u' Des Small . Bong Won Sohn™*" nq . Jason SmHnu B,
Kamal Surut:v.:ur2 . He Sun l[ﬂlﬁ}"" Fumie Tazaki'’ ﬁ]exdndm 1 TEtd.l'enkDﬂ 13 Faul Tiede™ '@,
Remo P. J. Tilanus'**>*! J’E' . Michael Tims' &, Pablo Torne™ 109 . Efthalia Tmldnnu T}ler Trem . Sascha '1'“r||:|rpE:]3_'r 2,
Matthew Turk™ @, Ilse van ]313r1'|||'r||a:IH'r1 , Huib Jan van L.mgevcldel" 6138 | Daniel R van Rossum™ @, Jesse Vos™
Jan Wagner™ @, Dﬂmk Ward-Thompson'** @, John Wardle'*" @, Jonathan "n‘l."f:|1'|Lm1.|.|:r1'_'r B Nurhmt Wex" (@ Rnl:n:n th.rmn @,
Macick "n‘l.*’iclgu:i'li . Kaj wiik'*' @ GunLher Witzel® (@, Michael F. Wundmk‘ﬁ 'J'z ', George M. Wnng'm ol -
Qingwen Wu (RO e Pau] Ydmaguchl . Doosoo Yoon'"™ @, Pmdre Yuung Kﬁn Yuung , Ziri YDllnil
Feng Yuan (i)' "**©, Ye-Fei Yuan {ﬁ}l[,—t-.]]” . 1. Anton Zensus® @, Shuo Zl'l.mgl‘m Guang-Yao Zhao' @, and

Shan-Shan Zhao (##2#2)"' ©
: Massachusctis Institute of Technology Haystack Observatory, 99 Millstone Road. Westford, MA 01886, USA
~ Mational Astronomical Ohhservatory of Japan, 2-21-1 Osawa, Mitaka, Tokyo 181-8588, Japan
* Black Holc Initiative at Harvard University, 20 Garden Street, Cambridge, MA 02138, USA
c; ]nHli.illtL'l de Astrofisica de Andalucia-CSIC, Glogicia de la Astronomia s/n, E-18008 Granada, Spain
* Mux-Planck-Institut fir Radioastronomie, Auf dem Hiigel 69, D-53121 Bonn, Germany
'D:p.nrlmn:m of Physics, Faculty of Science, Universiti Malaya, 50603 Kuala Lumpur, Malaysia
T Center for Astrophysics | Harvard & Smithsonian, 60 Garden Strect. Cambridge, MA 02138, USA
Dcpﬁrlnmm of Physics & Astronomy. The University of Texas at San Antonio, One UTSA Circle, San Antonio, TX TE249, USA
¥ Institute of Astronomy and Astrophysics, Academia Sinica, 11F of Astronomy-Mathematics Building, AS/NTU No. 1, Sec. 4, Roosevelt Rd., Tuipei 10617, Taiwan,
R.O.C.
e Departament d’ Astronomia | Astrofisica, Universitat de Valéncia, C. Dr. Moliner 50, E-46100 Burjassot, Valéncia, Spain
Observatori Astrondmic, Universitat de Valéncia, C. Catedritico José Beltrdn 2, E-46980 Paterna, Valéncia, Spain
Sh:\.»:lrd Observatory and Department of Astronomy, University of Arizona, 933 N, Cherry Ave., Tucson, AZ 85721, USA
*yale LI:I.'III:F for Astronomy & Astrophysics, Yale University, 52 Hillhouse Avenue, New Haven, CT 06511, USA
D%]:;.Lrlmcnl of Physics, University of Hlinois, 1110 West Green Street, Urbana, 1L 61801, USA
Fermi Mational Accelerator Laboratory, MS209, P.O. Box 50N, Batavia, IL 60510, USA
Department of Astrnnm]}'q.l and Astrophysics, University of Chicago, 5640 South Ellis Avenuwe, Chicago, IL 60637, USA
East Asian Observatory, 660 N. A'choku Place. Hilo, HI 96720, USA
12 James Clerk Maxwell Telescope (JCMT), 660 M. A'ohoku Place, Hilo, HI 96720, USA
* California Institute of Technology, 1200 East Calitornia Boulevard, Pasadena, CA 91125, USA
! Institute of Astronomy and Astrophyvsics, Academia Sinica, 645 N, A'choku Place, Hilo, HI 96720, USA
Dcmnm:m of Physkcs and Astronomy, University of Hawail at Manca, 2505 Correa Road, Honolulu, HI 96822, USA
_" Department of Physics, MoGill University., 3600 ree University, Montréal, QC H3A 2TE, Canada
= MeGill Space Institute, MoGill University, 3550 rue University, Montréal, QC H3A 2A7. Canada
* Institut de Radioastronomic Millimérique (IRANM), 300 mue de la Piscine, F-384046 Saint Martin d”Heres, France

45,145 o)

141



THE ASTROPHYSICAL JoURNaL LETTERS, Y30:L14 (6dpp). 2022 May 10 Ewvent Horizon Telescope Collaboration et al.

i Department of Astrophysics, Institute for Mathematics, Astrophysics and Particle Physics (IMAPP). Radboud University, P.O. Box 9010, 6500 GL Nijmegen, The
Metherlands
" Perimeter Institute for Theoretical Physics, 31 Caroline Street N, Waterloo, ON N2IL 2Y5, Canada
Dcpan.rm:nl of P‘h}l.u:s and Astronomy, University of Waterloo, 200 University Avenue W, Waterloo, ON N2ZL 361, Canada
Watm'lm Centre for Astrophysics, University of Waterloo, Waterloo, ON N2L 3061, Canada
Dtpaﬂm:nl of Astronomy, University of Massachusetts, Amberst, MA 01003, USA
2 Kurc.n Astronomy and Space Science Instituie, Daedeok-daero 776, Yuscong-gu, Dacjeon 34055, Republic of Korea
Um'.tmt\' of Scicnce and Technology, Gajeong-ro 217, Yuscong-gu, Dacjeon 34113, Republic of Korca
2 Kavli Institute for Cosmological Physics, University of Chicago, 5640 South Ellis Avenue, Chicago, IL 60637, USA
i Du:pﬁrlm.cnl of Physics, University of Chicago, 5720 South Ellis Avenue, Chicago, IL 60637, USA
* Enrico Fermi Institute, University of Chicago, 5640 South Ellis Avenuwe, Chicago, IL 60637, USA
Dcp.er.nmt af Sp:u:c Earth and Environment, Chalmers University of Technology, Onsala Space Observatory, SE-439492 Onsala, Sweden
 Princeton Center for Thicm'c'll:nl Science, Jadwin Hall, Princeton University, Princeton, NI 08544, USA
NASA Hubble Fellowship Program. Einstein Fellow
M Data Science Institute, University of Arizona, 1230 M. Cherry Ave., Tucson, AZ 85721, USA
le{mm in Applied Mathematics, University of Arizona, 617 N. Santa Rita, Tucson, AZ 853721, USA
M Cormell Center for Astrophysics and Planetary Science, Comell University, Ithaca, NY 14853, USA
"Zlmnghsu Astronomical (bservatory, Chinese Academny of Sciences. 80 Nandan Rozd. Shanghai 200030, People’s Republic of China
L Key Laboratory of Radio Astronomy, Chinese Academy of Sciences, Nanjing 210008, People’s Republic of China
oo Physics Depariment, Fairfield University, 1073 North Benson Road, Fairfield, CT 06824, USA
DI:FIEHIHI‘:HI of Astronomy, University of Mlincis at Urbana-Champaign, 1002 West Green Street, Urbana, IL 61801, USA
* Institut fiir Theoretische Physik, Goethe-Universitit Frankfurt, Max-von-Lave-Strae 1, D-60438 Frankfurt am Main, Germany
Twung -Dvao Lee Institute, Shanghai Jiao Tong University, Shengrong Road 520, Shanghai, 2001210, People’s Republic of China
*7 Mizusawa VLEI Observatory, Mational Astronomical Observatory of Japan, 2-12 Hoshigaoka, Mizosawa, Oshu, Iwate 023-0861, Japan
DI’: artment of Astronomical Science, The Graduate University for Advanced Studics (SOKENDAILL 2-21-1 Osawa, Mitaka, Tokye 181-8588, Japan
Dr."]:nartrntnt af Amtrnnnrn:,' and Columhbia Astrophysics Laboratory, Columbia University, 350 W. 120th Street, New York, NY 10027, USA
" Center for Enmpulalmnal Astrophysics, Flatiron Institute, 162 Fifth Avenue, New York, NY 10010, USA
L Dipartimento di cha ‘E Pancini,” Universiti di Napoli “Federico 117 Compl. Univ. di Monte 5. Angelo. Edificio G, Via Cinthia, I-80126, Napoli, Ttaly
Y INFN Sez. di Mapoli, Compl. Univ. di Monte 5. Angelo, Edificio G, Via Cinthia, 1-80126, Napoli, [taly
*3 Wits Centre for Ashnph'.ucl. University of the Witwatersrand, 1 Jan Smuts Avenue. Braamfonicin, Johannesburg 2050, South Africa
Department of Physics, University of Pretoria. Hatficld, Pretoria (028, South Africa
* Centre for Radio Astronomy lethli::_ﬂl.l.h and Technologies, Depariment of Physics and Electronics. Rhodes University, Makhanda é140, South Africa
ASTRON, Oude Hoogeveensedijk 4, 7991 PD Dwingeloo, The Metherlands
T LESIA, Dbu:natnln: de Paris, Université PSL, CNRS, Sorbonne Université, Université de Paris, 5 place Jules Janssen, F-92195 Meudon. France
LA and Department of Astrophysical and Planetary Sciences, University of Colorado, Boulder, CO E0309, USA
* Mational Astronomical []Ih-u:r'.ralnnh Chinese Academy of Sciences, 204 Datun Road, Chaoyang District. Beijing 100101, People’s Republic of China
" as Cumbres Chbservatory, 6740 Cortona Drive, Suite 102, Goleta, CA 93117-5575, USA
i Department of Physics, University of California, Santa Barbara, CA 93106-95330, USA
52 Mational Radio Astronomy Observatory, 520 Edgemont Road. Charlottesville, WA 22903, USA
= Department of Electrical Enginecring and Computer Science, Massachusetts Institute of Technology, 32-Dd476, 77 Massachusetts Ave., Cambridge, MA
02142, USA
™ Google Rescarch, 335 Main 5t., Cambridge, MA 02142, USA
™ Institut fir 'ﬁwurctm:hc Physik und Astrophysik, Universitit Wilrzburg, Emil-Fischer-54r. 31, D-97074 Wiirsburg. Germany
o, artrm:nt of History of Science, Harvard University, Cambridge, MA 02138, USA
Dcpmmmt of Physics, Harvard University, Cambridge, MA 02138, USA
" NCSA, University of [linois, 1205 W. Clark 5t, Urbana, IL 61801, USA
Dlp:l.n.lmcnln di Fisica, Universith degli Studi di Cagliari, 5P Monserrato-5estu km 007, [-09042 Monserrato, Italy
I.NAF—(J-.lu:nr.llnnn Astronomico di Cagliar, Via della Scienza 5, I-00047, Selargius, CA, Ttaly
LPq-Dnglnx, University of Southem Denmark, Campusvej 535, DE-5230 Odense M. Denmark
I;{utllum Nacional de Astrofisica, Optica y Elecironica. Apartado Postal 51 y 216, 72000, Puchla Pue., MExico
Consejo Nacional de Ciencia y Tecnologia, Av. Insurgentes Sur 1582, 03940, Ciodad de México, MExico
Kc'_'.- Laboratory for Rescarch in Galaxies and Cosmology, Chinese Academy of Sciences. Shanghai 2000340, People’s Republic of China
™ NOVA Sub-mm inl.tn.m‘mt.':unn CGroup, Kapteyn Astronomical Instituie, University of Groningen, Landleven 12, 9747 AD Groningen, The Metherlands
Dr."p.u'tmtnt of Astronomy, School of Physics, Peking University, Beljing 10087 1. People™s Republic of China
7 Kavli Institute for Astronomy and Astrophysics, Peking University, Beijing 100871, People’s Republic of China
Dcm.nm.cm of Al.trom:um}.r Graduate School of Science, The University of Tokyo, 7-3-1 Hongo, Bunkyo-ku, Tokyo 113-0033, Japan
™ The Institute of Statistical Mathematics, 10-3 Midori-cho, Tachikawa. Tokyo, 190-E562, Japan
Dcp.m.rm:nt of Statistical Science. The Graduate University for Advanced Studies (SOKENDAIL, 10-3 Midori-cho, Tachikawa, Tokyo 190-8562, Japan
B Kavli Institute for the Physics and Mathematics of the Universe, The University of Tokyo, 5-1-5 Kashiwanoha, Kashiwa, 277-8583, Japan
* L eiden [Jl:w:r'.rum'].l Leiden University, Postbus 2300, 9513 RA Leiden, The Netherlands
T ASTRAVED LLC. PO Box 1668, Gloucester, MA 01931, USA
- * Institute for Astrophysical Research, Boston University, 725 Commonwealth Ave., Boston, MA (02215, USA
Instituie for Cosmic Ray Research, The University of Tokyo, 5-1-5 Kashiwanoha, Kashiwa, Chiba 277-8582, Fapan
4 Joint Institute for VLEI ERIC (JIVE), Oude Hoogeveensedijk 4, 7991 PD Dwingeloo, The Metherlands
Dcp.urr.mmt of Astronomy and Atmospheric Sciences, Kyungpook Mational University, Dacgu T02-701, Republic of Korea
Kubukum University of chhnnlng'u & Engineering, Academic Support Center, 2665-1 Makano, Hachioji, Tokyo 192-0015, Japan
Nllgau University, 8050 Ikarashi-nino-cho, Nishi-ku, Niigata 950-2181, JTapan
P'l'lj."nl.('-r Dcpju'Ln'u:m Mational Sun Yat-Sen University, Mo. 70, Lien-Hai Road. Kaosiung City 80424, Taiwan, R.O.C.
Mational Optical Astronomy Observatory, 950 M. Cherry Ave., Tucson, AZ B3TI9, USA
b Department of Physics, The Chinese University of Hong Kong, Shatin, N.T., Hong Kong
93 Sehool of Astronomy and Space Science. Nanjing University, Nanjing 210023, People's Republic of China
K:::.r Laboratory of Mndem Astronomy and Astrophysics, Manjing University, Nanjing 210023, People’s Republic of China
" INAF-Istituto di Radicastronomia, Via P. Gobetti 101, 1-40129 Bologna, Italy

63



THE ASTROPHYSICAL JoURNaL LETTERS, U30:L14 (6dpp). 2022 May 10 Ewvent Horizon Telescope Collaboration et al.

EN.JLF [stituto di Radicastronomia & Ialian ALMA Regional Centre, Via P. Gobetti 101, 1-40129 Bologna, ltaly
DI:‘]:IJIII'I'.II:DI: of Physics. National Taiwan University, Noe. 1. Sec. 4. Roosevelt Rd.. Taipei 10617, Taiwan, R.OWC
* Instituto de Radicastronomia v Astrofisica, Universidad Nacional Auténoma de México, Morelia S808%, MExico
* Instituto de Astronomia, Universidad Nacional Auténoma de México (UNAM), Apdo Postal 70-264. Ciudad de México, MExico
1™ v ynnan Chservatories. Chinese Academy of Sciences, 650011 Kunming, Yunnan Province, People’s Republic of China
Center for Astronomical Mega-Science. Chinese Academy of Sciences, 20A Datun Eoad, Chaoyvang District, Beijing, 10001 2. People’s Republic of China
bz Key Laboratory for the Structure and Evolution of Celestial Objects, Chinese Academy of Sciences, 650011 Kunming. People’s Republic of China
3 Anton Pannekoek Institute for Astronomy., University of Amsterdam, Science Park 904, 1098 XH, Amsterdam, The Metherlands
™ Gravitation and Astroparticle Physics Amlcrd:li?“{GRAPFA] Institute, University of Amsterdam, Science Park 904, 10898 XH Amsterdam, The Metherdands
NSF Astronomy and Astrophysics Postdoctoral Fellow
1 & hool of Natural Sciences. Institute for Advanced Swdy. 1 Einstein Dirive, Princeton, NI 08340, USA
Science Support Office, Directorate of Science, European Space Research and Technology Centre (ESA ESTEC). Keplerlaan 1. 2201 AZ Noordwijk, The
Metherlands
™ Sohool ar Ph:.'-.n:-s and Astronomy, Shanghai Jiao Tong University, 800 Dongchuan Rowsd, Shanghai, 200240, People’'s Republic of China
™ Institut de R:Ldmasl:rnm:-mn: Millimétrique ([RAM}, Avenida Divina Pastora 7, Local 20, E-18012, Granada, Spain
" Astronomy Department, Universidad de Concepeidn. Casilla 160-C, Concepeidn. Chile
Mational Erhl]tull: of Technology, Hachinohe College, 16-1 Uwanotai, Tamonoki, Hachinohe City, Aomori 039-1192, Japan
* South African Radio Astronomy Observatory, Observatory 7925, Cape Town, South Africa
D-:'pmmc:llt of Physics, National and Kapodistiian University of Athens, Pancpistimiopolis, GR 13783 Zografos, Greece
Department of Physics, Villanova University, 800 Lancaster Avenue, Villanova, PA 19085, USA
L3 | Physics Department, Washington University CB 1105, St. Louis, MO 63130, USA
‘Ecpnng University, 208 hnln\g?dnng-m Gwangjin-gu, Seoul. Republic of Korea
EACOA Fellow
Y18 conadian Institste for Theoretical Astrophysics. University of Toronto, 60 5t. George Street, Toronto, ON M35 3HE, Canada
leunla‘p I:ml:tuh: for Astronomy and Astrophysics. University of Toronto, 30 5t. George Street, Toronto, ON M35 3H4, Canada
Ear|13||:han Institute for Advanced Research, 180 Dundas 5t. W, Toronto, ON M5G EZE, Canada
~ Radio Astronomy Laboratory, University of California, Berkeley, CA 94720, USA
2 Department of Physics, University College Cork. Kane Building. College Road. Cork T12 KSAF. Ircland
Drepartment of Physkes, National Taiwan Normal University, No. 83, Scc. 4, Tingzhou Bd., Taipei 116, Taiwan, R.0.C.
124 Center of Astronomy am:l eraut.ll]:m Mational Taiwan Mormal University, No. 38, Sec. 4, Tingzhou Road, Taipei 116, Taiwan, R0.C.
23 Finnish Centre for Astronomy with ESQ, FI-200104 University of Turku, Finland
Aal&n University Metsiihovi Radio Observatory, Metsihovinte 114, FI-02540 Kylmili, Finland
Gemini Observatory /MSF NOIRLab, 670 M. A ohoku Place. Hilo, HI 96720, USA
1% Frankfurt Instituee for Advanced Swdies, Ruth- -Moufang-Strasse 1. 60438 Frankfun, Germany
B gehool of Mathematics, Trinity College, Dublin 2. Ireland
i Department of Astrophysical Sciences, Peyton Hall, Princeton University, Princeton, NI 08544, USA
Department of Physics, Tokvo Institute of Technology, 2-12-1 Ookayama, Meguro-ku, Tokyo 132-8551. Japan
* Hiroshima Aﬂmph}l.]ca] Science Center, Hiroshima University, 1-3-1 Kagamiyama, ngath-HJm-.tha Hiroshima 739-8526. Japan
1*3 Aslto University Department of Electronics and Nanoengineering. FL 15500, FI-0DO0T6 Aalto, Finland
Dc?unmcm. of Astronomy, Yonsel University, Yonsei-ro 50, Seodacmun-gu, 03722 Seoul, Republic of korea
Department of Physics and Astronomy. Texas Tech University, Lubbock, TX 794091051, USA
Netherlands Organisation for Scientific Research {NW0), Postbus 93138, 2509 AC Den Haag, The Metherlands
127 Dc t of Physics and Astronomy, Seoul MNational University, Gwanak-gu, Seoul (08826, Republic of Korea
L‘nn-mlt;. of New Mexico, Department of Physics and Astronomy, Albuguergue, MM B7131. USA
J'IJ:J'cml.ﬂh Horrocks Institute, University of Central Lancashire, Preston PRI 2ZHE, UK
Uil Fh].-sm:n Department, Brandeis University. 415 South Street, Waltham, MA 02453, USA
Tuorla Observatory. Department of Physics and Astronomy, University of Turku. Finland
*! Radhoud Excellence Fellow of Radboud University, Mijmegen, The Netherlands
143 Brinceton Giravity Initiative, Princeton University, Princeton, N 08544, USA
* School of Physics, Huazhong University of Science and Technology, Wuohan, Hubei, 430074, People's Republic of China
143 pullard Space Science Laboratory, University College London, Holmbury St Mary, Dorking, Surey, RHS 6NT, UK
M gehool of Aﬂmnnm;. and Space Sciences, University of Chinese Academy of Sciences. No. 19A Yugquan Foad, Beijing 100049, People’s Republic of China
el Astronomy Depatment, University of Science and Technology of China, Hefei 230026, People™s Republic of China
"% Bard College. 30 Campus Road, Annandale-on-Hudson, NY 12504, USA

(LH]

[Lirg

L1

123

(18

134

136



