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Abstract

Given the increments of a simple symmetric random walk (X,),>0, we characterize
all possible ways of recycling these increments into a simple symmetric random walk
(Yn)n>0 adapted to the filtration of (X,)n>0. We study the long term behavior of a
suitably normalized two-dimensional process ((Xn, Y»))n>o0. In particular, we provide
necessary and sufficient conditions for the process to converge to a two-dimensional
Brownian motion (possibly degenerate). We also discuss cases in which the limit is
not Gaussian. Finally, we provide a simple necessary and sufficient condition for the
ergodicity of the recycling transformation, thus generalizing results from Dubins and
Smorodinsky (1992) and Fujita (2008), and solving the discrete version of the open
problem of the ergodicity of the general Lévy transformation (see Mansuy and Yor,
2006).
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1 Introduction

Simple symmetric random walks, stochastic integrals and measure preserving trans-
formations are ubiquitous to the theory of probability as well as to a wide range of
applications. This paper investigates the properties of the most general discrete-time
setting that combines all three; that is the most general measure-preserving stochastic
integral of a simple symmetric random walk.

More specifically, consider a one-dimensional simple symmetric random walk (X,,),,
with Xy = 0. Let &, = X,,—X,,_1 be the independent increments of the random walk, with
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General bootstrap random walks

common distribution P(¢; = —1) = P(§; = +1) = 1/2. We study the measure-preserving,
non-anticipative (i.e. adapted) bootstrapping (i.e. recycling) of (§,),>1 and obtain a
complete description of all functions ¢, such that the sequence 7, = ¢,(&1,-..,&n)

replicates the law of the original sequence: (7,)n>1 4 (&n)n>1. Such a sequence defines
a new simple symmetric random walk

Yo=Y m n>1, and Yy =0.
k=1

Equipped with such a representation, we study the limiting behaviour of a suitably
normalized pair (X,,,Y,,) as well as the ergodicity of the recycling transformation.

Seen from the point of view of the random walks themselves, rather than their in-
crements, we aim to study the long term behaviour of (X,,,Y,,), where (Y,,),>¢ is also
a simple symmetric random walk adapted to the natural filtration of (X,,),>. We call
such a two-dimensional process General Bootstrap Random Walk (GBRW). Properly
normalized, each of (X,),>0 and (Y;,),>0 converges to a standard Brownian motion.
Furthermore, the classical theory (see for example Theorem VIII.3.11 of [10]) describes
the long term behaviour of the normalized pair (X|,;|/v/n,Y|n:/v/n) in terms of the
asymptotic behaviour of its quadratic variation process. In this paper, using a represen-
tation property (see Section 2), we characterise those cases that lead to a Gaussian limit.
For example, despite the strong dependence that exists between the pre-limit processes,
it is shown in [3] that when 7,, = szl &k, the limit (in the sense of the weak topology)
is a two-dimensional Brownian motion with independent components. In this paper we
seek to characterise all processes (X,,,Y,,) for which this is true. We also ask whether
other limits are possible and in particular whether and under what circumstances a
correlated two-dimensional Brownian motion can be obtained as a limiting process. More
generally, we attempt to describe long term behaviours that result from combining two
strongly dependent simple symmetric random walks. Of particular interest will be the
case 1, = sgn(X,,—1)&, and other similar settings.

By the martingale representation property (see for example 15.1 of [18]),

M = Yn - Ynfl = anl(Xn - anl) = anléhna

for some adapted process (H,),>o. This, combined with the fact that (Y},),>¢ is a
simple random walk, or equivalently that #,, € {—1,1}, enables the characterisation and
parametrisation of the processes (H,),>0 — see Section 2. In Section 3, we give necessary
and sufficient conditions for a suitably normalized (X,,Y,,) to converge weakly to a two-
dimensional Brownian motion (possibly degenerate). Two classes of GBRW are then
studied. The Extended Bootstrap Random Walk focuses on the case 7,, = ( ,Ei(f‘” §k) én,

a setting that generalises that of [3], and provides sufficient conditions on the asymptotic
behaviour of the real function R to achieve convergence to a pair of independent
Brownian motions. The next setting demonstrates how convergence to a correlated
Brownian motion can be achieved. Section 4 explores the non-Gaussian case and more
specifically that of n,, = f(X,,—1/+/n)&,, of which n,, = sgn(X,,—1)&, is one example, and
shows that a non-Gaussian limit results.

Besides describing the asymptotic behaviour of the pair (X,,,Y,,), the paper examines
the ergodicity of the recycling transformation and provides a simple necessary and
sufficient condition for the latter to hold. This is detailed in Section 5.

Literature review

The case 7, = [[;_, & has been the object of a number of investigations in a variety
of contexts. It was referred to as the Bootstrap Random Walk (BRW) and described in
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great details in [3] (see also [4]). In mathematical finance, it was used to discuss the
continuity of utility maximization under weak convergence (see [1]). Within the context
of noise sensitivity, [15] compares the effects on the sequences (X,,),>0 and (Y},),>0 of
“Poisson switches” in the sequence (§,,),>1. Owing to the fact that every switch in the
sequence (&,),>1 results in multiple concurrent switches in the sequence (7,,),>1, it is
shown in [15] that the noise sensitivity of (¥,,),>¢ is greater than that of (X,,),>0.

GBRW bear some relationship to the celebrated elephant random walk introduced by
Schutz and Trimper [17]. This is a model for long memory within a random walk setting.
In it, the cumulative effect of BRW n,, = n,,_1§,, is replaced with n,, = n*¢,,, where n* is
selected at random from {7y, ...,n,-1}. The process is shown in [17] to undergo a phase
transition at the critical value p. = 1/2, from a weakly localized regime to an escape
regime. We refer the reader to [9], [11] and [2], and the reference lists within.

Finally, [6] and [7] investigate a time-dependent biased bootstrap random walk and
show that as the “turning”, that is P(§, = —1), gets slower, the Central Limit Theorem
and then the Law of Large Numbers break down.

The case 7, = sgn(X,,—1)&, is a discrete version of the celebrated Lévy transforma-
tion

B.—>/ sgn(B;)dBs,
0

where B is a Brownian motion. The ergodicity of the latter is to this date an open problem
(see for example [16]). The ergodicity of more general, Lévy-type transformations,
Be — f0° H,dB;, for a predictable process H; € {—1,1}, is also of some interest. [14]
explicitly asks to find a characterisation of the predictable processes H for which
ergodicity holds true. [14] adds that ‘this seems to be an extremely difficult question, the
solution to which has escaped so far both Brownian motion and ergodic theory experts’.
We solve, completely, this question in the discrete setting. A previous work by Fujita [8]
showed that the discrete Lévy transformation is not ergodic. We refer the interested
reader to [5] for a modified version for which ergodicity does hold. We note here that
in [5], the definition of the discrete Lévy transformation naturally requires sgn(0) = 0.
Since the predictable process H is not allowed to take the value O (only +1 are allowed),
our setting is different to that in [5]. A consequence of our results is that if we pick a
recycling rule uniformly at random, then it is almost surely non-ergodic.

2 Non-anticipative bootstrapping - two representations
Let &1,&o, ... be independent and identically distributed random variables with

P& = —1) = P(¢, = +1) = %

Given a sequence of functions ¢,, : {—1,+1}"* — {—1,+1}, we define

M = ¢n(€1, o ;gn)-

As mentioned above, a direct consequence of the martingale representation property for
the simple symmetric random walk (X,,),>0 yields a first representation of 7,, in terms
of the sequence (&,)n>1.

Proposition 2.1. (1,),>1 4 (&n)n>1 if and only if ¢, (u1, ..., uy) is of the following form:

¢n(ula"'7un):wn—l(u17"'aun—l)un7 (21)
where ¥, _1(u1,...,u,—1) is any function of (uy,...,u,—1) taking values in {—1,+1} and
Py € {—1, +1}.
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We note that the map on {—1,+1}" defined by (2.1) is invertible; that is for any
(v1,...,v,) € {=1,41}", there exists a unique (uy,...,u,) € {—1,+1}" such that v; =
touy and for any 1 < k < n, vy = ¢¥p_1(u1,...,ur—1)ux. It follows that the filtrations
generated by (1,)n>1 and (§,),>1 are identical.

Next, we parametrise the functions ,, in terms of the max function as a “building
block”. To this end, we introduce the following notations. K(n) = P({1,...,n}) denotes
the power set of {1,...,n} and for (uy,...,u,) € {—1,+1}™

ug = —1 and for K € K(n) \ {0}, uix) = max uy.

Proposition 2.2. A function ¢ on {—1,+1}" takes values in {—1,+1} if and only if it can
be written as

Ylus,. . un) =[] uf;;] (2.2)

KeK(n)

where Sk € {0,1}. Furthermore, this representation is unique.

Proof. We first establish the uniqueness of the representation. To this end we must solve
the system of equations

H uﬁ?] = H uﬁ’é], VUi, ..., Un. (2.3)
K€eK(n) KeK(n)
Solving the equation for u; = --- = u,, = 1 immediately yields 3y = (3.

Let B = {K € K(n) : 8k # B%}. We proceed by contradiction. Assume that B # ()
and let K* be a minimal element in B (i.e. K* € B and either K* is a singleton or for
any K C K*, Bx = B%). We choose u = (u1,...,u,) such that u, = —1 for kK € K* and
ux = 1 for k ¢ K*. For such u, UK] = 1 unless K C K*, and (2.3) reduces to

IT wi= I1 w
KeK(n) KeK(n)
KCK* KCK*
Since K* is minimal in B, we deduce that we must have 3,, x~ = f3,, g, which contradicts
the assumption that K* € B.

To establish that every function on {—1,+1}" taking values in {—1,+1} is of the
form (2.2), we show that the two sets of functions have the same cardinality. Indeed,
there are 22" functions ¢ : {—1,+1}® — {—1,+1} and there are as many choices of S,
K € K(n). O

While the use of the max function in (2.2) is natural (and in some way canonical), it
is not the only “building block” one can use to represent functions ¢ : {—1,+1}" —
{-1,+1}. We present here a generic way for constructing a representation of the
form (2.2). We start by labeling all elements of {—1,+1}". We do so with the use of the
sets K € K(n) so that elements of {—1,+1}" are written as ux, K € K(n). Next we
choose a partial order, <, on K(n) (which in turn induces a partial order on {—1,+1}").
Finally, we let gk, K € K(n), be the family of functions on {—1,+1}" taking values in
{-1,+1}, such that for any K, K’ € K(n), gk (ux’) = —1 if and only if K < K’. Then any
function ¢ on {—1,+1}" taking values in {—1,+1} can be written as

sy = J[ o,
KeK(n)

where i € {0,1}. This representation is unique in the sense that there is a one-to-
one correspondence between the functions ¢ and the sequences Sk . The proof of this
statement is an immediate adaptation of the proof of Proposition 2.2.
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In other words, any partial order on IK(n) (and labelling of {—1,+1}") defines a new
set of building blocks g, K € K(n), that can be used to produce a representation of the
form (2.2).

The max function is obtained by labeling v € {—1,+1}" with the set of indices
carrying the value —1, K = {k : u; = —1}, and using the usual inclusion as a partial
order on K(n).

The min function can also be used as can easily be seen by replacing u with —u in the
max representation, and making all necessary adjustments.

Another example can be constructed by thinking of IX(n) (or equivalently of {—1,+1}")
as a totally unordered set. Then one can simply use the functions

-1 ifu=ug

gK(u):{ 1 ifu#ug

The remainder of this paper uses the max function as the building block: g (u) = ux) =
maxgeg Uk.

The dependence between the random variables §[x] = maxek &, for various K'’s,

renders the computation of quantities such as E [ Mxexm) f[ﬁlf] cumbersome. The next

proposition enables a linearisation of the product [ ] €K (n) f[@?] and therefore a better
handle on its expectation.

Proposition 2.3. For any collection of sets of integers M, ..., M,
H U, = 5(*1) -3 Z(*2) Z UM 1]
k=1 k=0 KeK(m)

|K|=Fk

where My = .., M; and My = 0.

jeK

Proof. The identity is clearly true for m = 1: —3 + 1 — %(*Q)U[Ml] = u[pr,)- Suppose the
identity true for m — 1. Then,

m m—1
H Ulhy) = (H “[Mﬂ) UM )
k=1 k=1

m—1
1 m—1 1 k
= D™ty — 5 2D Y e,
k=0 KeK(m—1)
|K|=k
1 1 m—1
= S0 g, - 5 =2 (1 T U ) U, 2U[M[K]UMm]) :
k=0 KeK(m—1)
|K|=k
Using the facts that
m—1

and any K € K(m) is either in K(m — 1) or is of the form K’ U{m}, where K’ € K(m —1),
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we see that

m 1 . l'm—l .
I vnn = —5(=1) —52(—2) > (u[M[K]]_QU[M[K]UJVIm]>
k=1 k=0 KeK(m—1)
|K|=k
_ logym 1 9)IK] 1 o) |5
R D DR L VR S L
KeK(m—1) KeK(m—1)

K'=Ku{m}

1, 1
R (e A DR e LY

KeK(m)
1 m 1 .
= 5(_1) _52(_2) Z UMg]- U
k=0 KeK(m)

|K |=k

Combining Propositions 2.1, 2.2 and 2.3, we obtain the following theorem.

Theorem 2.4. Let n, = ¢n(&1,...,&n), then (N,)n>1 4 (&n)n>1 if and only if for each n
and each K € K(n — 1), there exists 3, x € {0,1} such that

G (U1, Uy) = H u@’;]f( Up,. (2.4)
KeK(n—1)

Furthermore, for such functions

1 o1
b, yun) = | S(=DEO =2 N () gy | g

HeP(B(n))
where B(n) = {K € K(n — 1) : 8,k = 1} and for H = {K3,...,K,} € P(B(n)), (H) =
h
Uj:l K;.
For the remainder of the paper,

M = &n H fﬁ?]K and (-1 = H f[@?]K = Nnén.

KeK(n—1) KeK(n—1)

Note that these quantities can be expressed in terms of the sets 5(n) instead of the sets
K(n — 1) as follows

TIn = n H S[K] and (-1 = H g[K] = 77n§n~

KeB(n) KeB(n)

For any set of integers M, we let g(M) = P({pq = —1) = 27M|. Then E[¢,y] =
1 — 2q(M).

Corollary 2.5. Forany k > 2,

ElG-a]= Y (-2"lq(H))

HeP(B(k))
and any k # Y,
El¢i1¢a]= Y (=2 u ().
HeP(B(k))
JEP(B(£))
EJP 27 (2022), paper 92. https://www.imstat.org/ejp
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3 The Gaussian case

Let U™ = ﬁXLmJ and V" = ﬁytntj' It is well-known that U, ¢ € [0,1], con-
(n)

verges weakly to a standard Brownian motion, and the same is also trivially true for V,
t € [0,1]. In this section we give necessary and sufficient conditions on the parameters

of the GBRW for the two-dimensional process W™ = (U™, V,™), t € [0, 1], to converge
to a two-dimensional Brownian motion.

3.1 The main result

Theorem 3.1. W™ converges weakly to a two-dimensional Brownian motion (possibly
degenerate) with correlation p if and only if

1 n
= lim — § E _9)H] ists:
(A) p nl;ngo - (=2)"1q((H)) exists;

k=1HeP(B(k))

(B) HILIEOEZZ > (2FHVlg((H)u () = P

¢=1k=1 HeP(B(k))
JEP(B(6))

Proof. For each n, U™ and V(™ are martingales with respect to F\") = o(&1, . .. Elnt))-

Furthermore
n )0 nt ¢ N w1
AU = { ﬁfm& ntelN AU < \/ﬁ‘antjl <1

and similarly for V,™.

Using Theorem VIIL.3.11 of [10], we see that W(") converges weakly to a two-
dimensional Brownian motion with correlation p if and only if [U(™), V(")], converges in
probability to pt, where

Lntj LntJ
U™, v, =3 AUMAY™ = wak ZCk 1

s<t

Suppose [U™), V™)), converges in probability to pt. Since |[U™), V(™)],| < |nt]/n < 1,
we must have

,o—hrnIE[[U(") v hm ZECk 1 —1171Ln Z Z (=2)Hlq((H)),

k=1 HeP(B(k))

from which we deduce that (A) must hold. We must also have

. . . 1 n n
P = ImE[U™,VR] = lim = 3 Y ElGe16]
k=1/¢=1
. 1 n n
= lim— o> (=FHVlg(HE) U ()
k=1 (=1 HeP(B(k))
JeP(B(L))

and (B) must also hold proving the necessity of these conditions.
Next we show sufficiency. In fact we shall prove that (A) and (B) lead to an L?
convergence of [U(™, V(™)], to pt.

Let
pr=EGa]= Y (=2)Flg((m))

HeP(B(k))
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and

Ore =E[Ck—1C—1] = Z (=2 lg((HY U ().
HeP(B(k))
JeP(B(£))

Then, assuming (A) and (B),
LntJ

E ZCk 1—pt

|nt] [nt] |nt]

= 3 ZZECk 1Ce—1] thZECk 1]+ Pt

(=1 k=1
1 |nt] [nt] 2pt [nt]
= = Op o — = 22— P2 =222 + %2 = 0 O
n2;; ke = ;pzﬁp = p*t* +p

The asymptotics of W™ ig dependent on the (asymptotic) behaviour of the families
B(n). The following example provides settings in which the latter is easily described.

Example 3.2. Suppose 7, = ¥r—2(&1,- .., Ek—2)k—18k, where ¢y_o is any function on
{—1,+1}*~2 taking values in {—1,+1}. In this case, for any k < ¢,

E[Cx-1] = 0and E[¢x—1¢r—1] = E[or—2(&1, - Ee—2)Eh—10e—2(&15 - - - Ee—2)|B[E—1] =

It immediately follows that (") converges weakly to a pair of independent Brownian
motions.

3.2 The extended Bootstrap random walk

We extend the model introduced in [3] and [4] to the case 1, = &, erM" &, n>1,
where M,, is not necessarily the entire set {1,...,n — 1}, but any subset thereof. We
investigate the convergence of W(™ in terms of the behaviour of the sets M,. Of
particular interest is the case of consecutive indexes, M,, = {1,...,|R(n)]}, for some
real function R. Note that the case M,, = {|r(n)],...,n — 1} is covered by Example 3.2.
Proposition 3.3. Suppose B(n) is made up of disjoint sets of equal cardinality (VK;, Ky €
B(n), | = |K2| and K1 N K3 = 0, whenever K, # K,). Call k the cardinality.

1. Ifk =1 orifk > 1 and lim, |B(n)| = +oo, then (A) holds true with p = 0.
2. If s > 1 and lim,, | B(n)| = m < +oc, then (A) holds true with p = (1 — 2'=%)"™

Proof. For H € P(B(n)), |(H)| = > xen K| = s|H|. It follows that for such an H,
q(<H>) = 2_|<H>| — 2_K‘H‘ and

Y (=2)Mlg((H)

HeP(B(n))
_ Z (_2)\H|2—H|H|: Z (_21_H)|H|
HeP(B(n)) HeP(B(n))
1B(n)] IB(n)]
1-ryh 1B(n)] 1-r\h 1=y B
-y > 2= (e - a2
h=0 HeP(B(n)) h=0
|H|=h
The result immediately follows. O

Next we focus on the case x = 1. We call the resulting process the Extended Bootstrap
Random Walk.
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Corollary 3.4. Suppose (x_1 = HJGM ¢;, where My, ¢ K(k—1) (i.e. k =1).

1. Iflim, 2 377, 1=, =0, then W™ converges weakly to a pair of independent
Brownian motions.
2. Suppose further that My, C My, and let N(n) = min{k : My = M, }.

Iflim,, N(n)/n = 1, then W converges weakly to a pair of independent Brownian
motions.

Proof. 1. Proposition 3.3 guarantees that (A) holds true with p = 0. We check (B):

n £
QZZECk 1Ge-1] 3;2 *+ ezl Zle M-

£=1k=1
Under the assumption that lim,, % Sorei Lae=m, =0,

3\'—‘

and W (") converges weakly to a pair of independent Brownian motions.
2. Since My, € Myy1 € {1,...,k}, 130 1a=m,, = (R — N(n) + 1)/n. Therefore (B)
holds true as soon as lim,, N(n)/n = 1. O

The next example shows that linear growth leads to a two-dimensional Brownian
motion, while logarithmic growth does not. The corollary that follows makes these
observations precise.

Example 3.5. 1. Fix A € (0,1) and suppose My = {1,..., [ k]}, for &k > 1/A. Then,
forn > 1/A\, N(n) > (|[An] — 1)/, and lim,, N(n)/n = 1.
2. Suppose M, = {1,...,m(k)}, where m(k) = |Ink| for &k > 3. Then, for any ¢ €
{le"™t|+1,..., [e"]}, m(¢) = n—1. It follows that forany £ € {|e"~!|+1,..., [e"]},
N(¢) = |e" | +1and, forn >2,

n n—1 1 n—1
N(ler])  [e" '+ P S

= 1.
lem ] le™] 1 S

However, m(|e™| + 1) =nand N(|e"] + 1) = |[e™] + 1. It follows that N(n)/n does
not converge. Furthermore, forn = |¢"™| and n = [e"] + 1,

woe—1 ﬁ B B
%Z L J\h—éz % (Z_E)Z(H*QJZ?(”*E)'

n (=2 1 (=2 l=n "

~
Il
3

Since the last term approaches 1 — 2¢e~! + ¢2 > 0, (B) fails and W (" does not
converge to a two-dimensional Brownian motion. Recall that Proposition 3.3
guarantees that (A) holds true with p = 0.

Corollary 3.6. Suppose (;_1 = H}S(lk” &;, where R is a strictly increasing, continuous,
unbounded and regularly varying function with the property that 1 < R(z) < z. If the
regular variation index « is positive (o > 0), then W (") converges weakly to a pair of
independent Brownian motions.

Proof. Here My, = {1,...,|R(k)]}. Let k = [R™*(|R(n)])] + Then R7Y|R(n)]) <k,
|R(n)] < g(k) and |R(k)] = [R(n)]. Therefore, N(n) < |R™ 1( )|+ 1.

Now, let k = | R-1(|R(n)])| — 1. Then k+1 < R(|R(n))), ( K) 2 Bk +1) < |R(n)]
and |R(k)] < [R(n)]. Therefore, N(n) > |[R™'(|R(n)])| — 1.

EJP 27 (2022), paper 92. https://www.imstat.org/ejp
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In total,
[R™Y(|R(n)])] =1 < N(n) < [R™'(|R(n)])] + 1.
Since a > 0, V € > 0, dn* such that Vn > n*,

R((1—¢)n) 1
R(n) R(n)

or equivalently that
14 1 4
1_€<ﬁR (R(n)—1) < ﬁR (lR(n)]) <1.

It immediately follows that lim,, N(n)/n = 1 and therefore that W (") converges weakly
to a pair of independent Brownian motions. O

Remark 3.7. Note that if the function R is slowly varying (o = 0), then convergence of
N(n)/n is not guaranteed as can be seen from the case R(z) = In 2.

3.3 The bounded case

Here we look at the case where the number of non-empty sets in IK(k — 1) used in the
B(n) \ {0} = m
Corollary 3.8. Suppose (1 =¢x [[1r; § a0y, Where M,gi) e K(k—1)\ {0}, ex, € {—1,1},
and, writing M,LK] for UZEK M,gi),

1 n
(A,) for any K € K(m), v(K) = lim — ngq(MIEK]) exists;

n—oo N
1 n

(By) for any Ky, Ky € K(m), nh—>H;oEZ M[Kl ﬂMv[ffl]) =1
k=1

Then (U™, V(") converges weakly to a two-dimensional Brownian motion (possibly
degenerate) with correlation ZKG]K(m)(—Q)‘KW(K).

Proof. Note that ¢, = 5[%7"” and ¢, = —1 if and only if § € B(k). Therefore, B(k) =

{M,gl)7 . ,M,gm)} or {@,M,gl), . M,gm)} depending on whether ¢;, = 1 or —1. It follows
that selecting H € P(B(k)) reduces to choosing K € K(m). If ¢, = 1, then

Yoo MlgE)) = > (~2)Klg(a}).

HeP(B(k)) KeK(m)

If e, = —1, then

Y (=2lg(H))

HeP(B(k))

= > M)+ 30 (-2 ()
KeK(m) KeK(m)

= = > (M),
KeK(m)

and (A;) clearly implies (A) with p = 37 g,y (=2) K7 (K).
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To show that (B;) implies (B), we note that, assuming (A;) holds,

lim ﬁ Z Z > (=HHlg((H))a((J))

¢=1k=1 HeP(B(k))
JEP(B(L))
2

= (eSS gy | = 2

k=1 HEP(B(K)

and we write

%Z Yo (N g((H) U ) - a((H))a(]))

= S>>, >, (Mg U () (1 - o((H) N (7)),
e e

where we use the fact that ¢(M; U Ma)q(M; N My) = q(M1)q(Mz). We distinguish three
cases: ¢y =gg =1, e, = g0 = —1 and e,ey = —1. However, (H) and (J) are not affected
by the inclusion of the empty set, and the only change is the increase by one of |H| and
|.7]. It follows that

Y (FHYlg(E) U ) (1= a((H) N ()

HeP(B(k))
JEP(B(£))
= £reyp Z (_2)\K1\+\K2\q(M[K1] UM[Kz])( _ q(M[Kl] ﬂM[K2]))
K1, K>€K(m)
and that
1 n n
S35 S () U ) - a((H))a()|
(=1 k=1 HeP(B(k))
JEP(B(L))
m Ly (1] g ]
< 2n Y EZZ(l—q(MklmM )
Kl,KQE]K(m) =1 k=1
n £—1
Ifweleta, =» > ( MR M}KQ])) then
=2 k=1
Gp41 — An 1 - ( [K1] [K>2] )
= 1—q(Mg " NM, 0,
(n+1)2-n? 20414 a( ni1)) =
and the result follows immediately by application of Stolz-Cesaro Theorem. O

Example 3.9. Suppose 1, = 5@7*“5;@ =¢epépandlet B, ={k<n:e,=-1} ={k<n:
Br,p = 1}. Although this setting is not that of Corollary 3.8, similar and in fact more
straightforward calculations, show that if p = lim,, | E,|/n exists, then W (") converges
weakly to a two-dimensional Brownian motion with correlation p = 1 — 2p. In particular
and since clearly p can be made to take any value in [0, 1], given any p € [—1,1], one
can construct a GBRW that, when suitably normalized, converges to a two-dimensional
Brownian motion with correlation p.

EJP 27 (2022), paper 92. https://www.imstat.org/ejp
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Corollary 3.10. Suppose (1 = &[ar,,), Wwhere M;, € K(k —1).

1. Iflim, |M,| = +oo, then (U™ V(") converges to a degenerate Brownian motion.

2. Iflim, |M,| exists and is finite, and limsup,, M,, = () (no index appears infinitely
many times) then (U™, V(™)) converges to a (proper) Brownian motion with corre-
lation p = 1 — 2'=™, where m = lim,, |M,,|.

Proof. 1. We check that (A) of Theorem 3.1 holds true with p = 1. Indeed, B(k) =

{M}} and
1
i3S S () - iy Y (2l
k=1 HeP(B(k)) "= 1 He{o, Mk}
1 n
= 1. —_ — =
im > (1 2q(My)) =1
k=1
Similarly,

ISV S mu )y

=1 k=1 HeP(B(k))

JEP(B(£))
1 n n
= 5 2> (1= 2q(My) — 29(My) + 4g(M U My))
(=1 k=1
4 n
= 1-- (My) + = (M U My)
nkz::lq k) + ;;q & )

and (B) follows. Applying Theorem 3.1 completes the proof.
2. In this case lim, Y-y cps(n)) (—2)Plg((H)) = Tim,, (1 — 2'~1M) exists and is strictly
smaller than 1. Next we check that (B) holds. Indeed,

LYY ooy - (23S (—o)lg(m))

R E=1K €P(B(k)) " = HEP(B(k))
LeP(B(L))
1 n
= 2 > (1= 2q(My) — 2q(My) + 4g(My U M) — (1 — 2q(My)(1 — 2q(My))
k0=1
4 n
= 5 > (a(M U My) — q(My)q(My))
k0=1
4 n
= 3 > (M U M) (1 — g(Mj, 0 My))
k0=1
4 n
< = > (1—g(Mpn M)
k=1
4 n ] n £—1
= 2 (1) + — >3 (1 - q(Mi N My))
k=1 (=2 k=1

The first term clearly converges to 0. To obtain the limit of the second term, we let
an =Y ps Zi;ll(l — q(My, N My)) and observe that

n

an+1 — Gp 1
(n+1)2-n2 2n+1 Z(l — 4N M),
k=1

EJP 27 (2022), paper 92. https://www.imstat.org/ejp
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Since |M,,| becomes constant (for n large enough), applying Lemma 5.4, we see

that
1< 1<
hrrln - Z(l —q(My N Mpy1)) < 11£n - Z | M N Mp1q]| =0.
k=1 k=1
The result immediately follows. O
Suppose the dependence of n,, on &1, ...,&,—1 reduces to a dependence on the last
m terms, where m is a fixed integer. At one end of the spectrum of settings is the case
M = e ks OT €VEN Ny = Y2, - - -, En—2)En—1&,. Here, as we have seen in

Example 3.2, the limiting process is a pair of independent Brownian motions. In the next
example we look in some sense at the other end of the spectrum.

Example 3.11. Suppose 7, = max(&,—m, - - -, &n—1)&n SO that &, is tied to the succes-
sive increments &, _,, .- .,&,—2 with the use of the max function. As the latter is very
sensitive to any of each component taking the value +1, the correlation increases to 1 as
m increases to infinity. More specifically, the conditions of Corollary 3.10 are satisfied
with M, = {n —m,...,n — 1} so that |[M,,| = m and limsup,, M,, = . It follows that
(UM V(")) converges to a Brownian motion with correlation p = 1 — 2'="™,

4 The non-Gaussian case

It is not difficult to imagine situations where (U(™), V(")) converges to a non-Gaussian
limit or even fails to converge. In this section we look at a particular setting that leads
to non-degenerate non-Gaussian limits.

First, we make the observation that (U(™),,>¢ and (V("),>¢ are C-tight (on Dg) and
therefore so is (U™, V(™)),,5, (on Drxgr) - see [10], Corollary VI1.3.33. The question
we ask is what settings lead to convergence (of the whole sequence). Amongst those is
the case of symmetric functions. A function is said to be symmetric if it is unchanged by
any permutation of the coordinates. When dealing with functions on {—1,1}", these can
be described in a succinct manner.

Lemma 4.1. A function ¢ on {—1,1}" is symmetric if and only if there exists a function
f such that
'l/}(ula EE) un) = f(sn)v

where s, =Y 1 _, u.

Proof. Let v,, be the number of components equal to —1 in (uq,...,upn): vy = [{k: ux =
—1}|. Since 7 is symmetric,

Yug, .. un) =(=1,...,=1,+1,...,+1).
Therefore ¢ (u) depends on (uy,...,u,) only through v,,. The result follows from the
observation that s,, = n — 2v,,. O

For example, in the special case of the product (studied in [3] and [4]), the v,,’s are
symmetric and [[}_, u = (—1)("=sn)/2,

We wish to investigate the asymptotics of (U(™, V(")) in the case of symmetric v,,’s.
More specifically, we assume that

wk—l(ula .. .,uk_l) = f((u1 + ...+ uk_1)/\/zi),

for some left-continuous function f taking values in {—1, 1}. In other words, we assume
that

M = Ok(Ey o &) = Vo1 (E1y - E1)Ek = F(Xno1/VE)E

EJP 27 (2022), paper 92. https://www.imstat.org/ejp
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Since, for t € [0,1],

) _pn) ) _ [ &/ t=k/n, k=1,...,n
Al =0, Ut~ _{ 0 otherwise

the above assumptions lead to

[nt]
v fo Xi—1/VE) &—/ FUM //5)dUim,

We shall further assume that the set &y = {z € R : Ef(2) = f(2) — lim./ |, f(z') # 0} is

non-empty and has positive minimum gap; that is dp = inf,cz, infyez;\ (a) |b—al > 0. Note

thatifa € Ef, Ef(a) = 2f(a) and that if a,b € Zf and (a,b) NE; = 0, then f(b) = —f(a).
Fora € Zy and 0 < § < 4o, let

éa)(z) = f(a) ((15(2 — a)1|z_a|<5 + sgn(z — a)1|z_a25) .

Next, we introduce a family, indexed by J € (0,dy), of continuous piecewise linear
functions that approximate f:

(a) _
2) = 57(z) z€(a—6d,a+0), a€ =y
fs(2) { F(2) 2€Uses,(a—0,a+0)

Lemma 4.2. V5 € (0,80), V2 € R, (f5(2) — f(2))? < Y ,ez, La—s.a+s)(2). In particular,
Vz & Ey, lims_,o f5(2) = f(z). Furthermore, f| is a continuous function.

The proof is trivial, hence omitted.

Theorem 4.3. Ify;, = f(Xk,l/\/E)f;C where the left-continuous function f has positive
minimum gap, then W™ converges weakly to the non-Gaussian process

= (5. [ 58/

Proof. As already observed, the first and second components of the limiting process W,
assuming it exists, are one-dimensional Brownian motions. However, the two-dimensional
process is not a two-dimensional Brownian motion because the co-variation process

/f (B./V3)dB.) /fB/\f (4.1)

is not a constant times ¢, as it would be for a two-dimensional Brownian motion.

By the Skorokhod representation theorem, the convergence of U™ to a Brownian
motion can be assumed to be almost sure, uniformly on [0, 1]. Call B the limiting process.
We shall establish that for each ¢ > 0,

FU ) /5)du =% f(B /v/3)dB

te[o,1]

(0,4

This will immediately imply the joint convergence in probability for any collection of
times t; < ... < t4, thus establishing that the limiting finite-dimensional distributions

are those of the process (Bt, fot f(BS/\/E)dBS).

Fix t > 0 and ¢ > 0. By the L2-isometry for stochastic integrals with respect to the
Brownian motion,

( / ' f5(Bu/\/3)dB, - / t f(Bs/@stf

= B[ [ a5 - 180 ts] = B [(5s(B/) - 5(B )

EJP 27 (2022), paper 92. https://www.imstat.org/ejp
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where the right member goes to zero as § — 0, by the bounded convergence theorem
and the fact that for each s € (0,¢], P(Bs/v/s € Ef) = 0 so that fs(Bs/v/'s) — f(Bs//s)
a.s. as 6 — 0. Since convergence in L? implies convergence in probability, there is
ds1 € (0,80) such that forall 0 < 6 < 6.1,

]P (
Since almost surely, the amount of time that the Brownian motion B spends in =; has
Lebesgue measure zero, there is é. 2 € (0,dy) such that forall 0 < 6 < 6.2

/ f5(Bo/+/3)dB, — / J(B.//5)dB,
0 0

> 5) < €. 4.2)

t
Z E |:/ 1(a5,a+6)(Bs/\/g)d5:| <& (4.3)
0

a€=y

Let * = min(d. 1, d:,2). By the continuity of fs-, almost surely, f(;*(Ug /\f) converges
uniformly on [0,#] to fs-(Bs/v/s). Thus, almost surely, (U™, fs5- (U™ /1/5)) converges
uniformly on [0,t] to (Bs, fs-(Bs/+/s)). Since U™ is a martingale and has uniformly
bounded jumps (recall that |AUS(")\ < 1/4/n), it immediately follows from Theorem
2.2 of [12] that [, , f5- (U™ //5)dU™ converges in probability to f(f fs+(Bs/+/3)dBs as
n — 0o.

Let n. > 0 such that for all n > n,,

‘|

Combining the above we have that for all n > n.,

P
(0,¢]

<1P< /M( JU 1V3) = f5- (U V/5)) dUe™ | >

Hp(
e

f5- (U )/5)dU™ / fs-(B./v/3)dB,

)
)

f5- U Jy/m)dU / fi- (B./V/5)dB,

)

> 5) <e. (4.4)

(0,1]

FU™ /3™ /fB/\de

o)

(0,2]

[ 35/ vsis. - / F(Bo/v/5)dB.| >
0 0

2

1 ™ 7 (n)

<=0 /(O,t]( (U 1V3) = f5- (U [V/5)) US| | +2¢

= 2B | [ r0 ) - s W) o, 0L 2
< (0.1]

where we used Markov’s inequality, (4.2) and (4.4) for the second inequality, and the It6
isometry for the equality. Recall that
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and denote by g the function (f — f5-)2. Then

[t
RO G N S G R R SPE A

0<s<t k=1

= [ (0801 VT D) s
[o((v213) VasrTaT )

% >@

< ;21@ Uot (( W/f) ns/([ns]—&-l))ds}—k?a—: (4.5)

IN

and

FU™ ) E)du /0 F(B./V/3)dB,

(0,4

By the continuity of ¢ and the bounded convergence theorem, as n — oo,

E Uotg((UgP/\/g) ns/([ns] + 1) ds} B [/Otg(Bs/\/E)ds] 4.6)

The right-hand side can further be evaluated:

| / (B /V5)ds| < ZE[ / Vs (B V3 <2

acz

where we used Lemma 4.2 for the first inequality and (4.3) for the second.
It follows that there is an n. > n. such that for all n > n’,

E Votg ((Us@/\/;) s/ (ns] + 1)) ds} < 263, 4.7)

Substituting this in (4.5), we find that for all n > n.,

4

Since € > 0 was arbitrary, the desired convergence in probability follows. O

FU 1 /E)due — / J(B.//5)dB,

> 3¢ | < 2e+4 2 =A4e. 4.8)
(0,¢]

[nt]
Corollary 4.4. Suppose Vt(") = % Z sgn(X_1)&,, where sgn(0) = —1. Then W)

k=1
converges weakly to the two-dimensional non-Gaussian process

t
B B,)dB, .
( t’/o sgn(Bs) >t€[0,1]

5 Ergodicity of the GBRW transformation - a characterisation

In this section we study the ergodicity of the measure-preserving transformation

(Xn)n>0 = (Yn)n>0. More specifically, let €2 be the space of integer-valued sequences
z = (zn)n>0 such that zp = 0 and for any n > 1, =, — z,,—1 € {—1,+1}, endowed
with the product sigma-field and the probability measure under which the coordinate
map is a simple symmetric random walk started at 0. Given a sequence of functions

EJP 27 (2022), paper 92. https://www.imstat.org/ejp
Page 16/22


https://doi.org/10.1214/22-EJP818
https://imstat.org/journals-and-publications/electronic-journal-of-probability/

General bootstrap random walks

Pn : {—1,4+1}" — {—1,+1} (¢)g is a constant taking value —1 or +1), we let T be the trans-
formation on Q such that, with y = T'(z), y, = Y _;_, vk, where vy, = g1 (w1, ..., up—1)ug
and up = x, — Tr—1. We have seen that T is measure-preserving. Here we ask whether
T is ergodic.

We have seen that the following discrete-time version of the Lévy transformation

’t/Jk‘,l(IL‘l, L. ,.’Ekfl) = Sgl’l(fL‘l + ...+ $k,1)

is not ergodic (see [8]). Dubins and Smorodinsky [5] modified this transformation by first
letting sgn(0) = 0 and then skipping any flat portions of the path thus produced, and
showed that such a transformation is ergodic. While such a map is measure-preserving,
it does not satisfy the non-anticipative property enjoyed by the general bootstrap random
walk. Consequently, the two settings are distinct and the results in one cannot translate
to results in the other. Next we give a necessary and sufficient condition, in terms of the
sequence (i, ),>0, for the GBRW to be ergodic.

We start by observing that the ergodicity of T is equivalent to that of 7 = Ao T o A™!
defined on the space © = {—1,+1}¥, where A : 2 — O is the difference operator; that
is, for v € Q, u = A(x) is the sequence in {—1,+1}¥ defined by uj, = zx — 1 (u1 = 1).
The measure that 7 preserves is the Bernoulli measure ; defined as

p{ue®: up=cr ... up =en}) = :

?7
for any e1,...,e, € {—1,+1}. For each n > 1, we let p,, be the measure induced from
u by the projection 7, on 0,: u,(A,) = u(r,'(A,)). We also let 7,, be the mapping
Tn ¢ (U1,...,up) = (v1,...,v,) such that vy = Yp_1(us,...,ux—1)ur. We observe that

Tn © T, = Ty © T, that 7 and 7,, are bijections, and deduce that
7o (T (A)) = 7, (ma(7(77H(A))) = 70 H(Ta (M (771 (A)))) = o (771H(A)).

Lemma 5.1. The transformation 7 is ergodic if and only if, for any n > 1, whenever
. (A,) = A,,, we must have p,,(A,) = 0 or p,(A,) = 1.
Proof. Let A be be such that 771(A) = A. Then we must have that, for any n > 1,
77 (10 (A)) = o (771(A)) = m,(A). Since 7,1 (T41(A)) = Try1(A) x © C my(4) x © =
7, (7, (A)), the sequence (fi, (7, (A)))n>1 is non-increasing and must be constant, equal
to 0 or 1, for n large enough. As A = lim,, m,(A) x ©, we must have that u(A) = 0 or
p(A) =1, and that 7 must be ergodic.
Conversely, if 7 is ergodic and for n > 1, 4, is such that 7,, 1(4,) = A,,, then
T (An)) = (r (An)) = 7

n n n

YA xO =4, x0=m1,1A4,).

It follows that 4,, x © = 7,,1(A,,) has measure 0 or 1. It immediately follows that A,
itself has measure O or 1. O

We are now ready to state the main result of this section.

Theorem 5.2. Let T be the measure-preserving transformation associated with a se-
quence of functions (Y, )n>0. T is ergodic (i.e. T is ergodic) if and only if either of the
following equivalent statements holds true

1. ’ll)o = —1 and Vn > ]., H(u1,...,un)€®n ’t/)n(ul, N 7Un) = -1,

2. ¢ = —1 and Vn > 1, max(uq,...,u,) appears in representation (2.4); that is
Bn+1,{1 ..... n} — 1
EJP 27 (2022), paper 92. https://www.imstat.org/ejp
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Proof. The key idea in the proof is the fact 7 is ergodic if and only if, for any n > 1,
orbits of 7,, have period 2" as otherwise a size m < 2™ orbit O defines a proper sub-
set of ©,, such that 7, 1(0) = O. For n = 1, we clearly require that 1y = —1. Next
we build 75 by constructing the orbit started at (—1,—1): (—1,—-1) = (+1, —¢1(—1)) —
(=1, =1 (=1 (+1)) — (+1,—91(+1)). This orbit is of period 22 if and only if
1(—1)11(4+1) = —1. We reason by induction and assume that each of 71, ..., 7, has a sin-
gle orbit. Let 6; be the vector in ©,, made up of n (—1)’s and (61, ..., 2») be the orbit of 7,,
started at 6,. Note that 7,,(02-) = 6;. Let ¥; be the vectorin ©,,.1 made up of n+1 (—1)’s.

Then ¥y = (02, —n(01)), U3 = (03, = (01)Yn(02)),. . . ,Won = (92"/, —Hi":}lwn(ek)) and
Voniq = (91, — Hizl ¢n(9k))- The requirement that ¥,»,1 # ¥, translates to

o
I wnCur,. o oun) =T wn0r) = -1,
k=1

(U1, )EO,

which establishes the first statement. The second statement is a direct application of
representation (2.2):

= I = I1TT oty = I T
On

O, KeK(n) KeK(n) ©n

ﬂn+1,K
_ H (HU[K]> _ H ((71)2”—\1!(\)57#1,1{ _ (71)&’“,{1,“””}. .

KeK(n) \O, KEK(n)

We observe that to gach transformation 7 on © (T on (2) corresponds an ergodic
transformation 7 on © (7" on ) such that these transformations time-shifted (and space-
shifted) coincide with high probability; that is

p({u: wy(r(u) = wy(F(u)}) > 1-27",

where wy (u) = (Un+N)n>1. The transformation 7 is simply built from 7 by changing the
value of 3,11 ¢1,....n) to 1 whenever required.

.

An ergodic (slightly) modified discrete Lévy transformation.

As already pointed out the discrete Lévy transformation is not ergodic but a modification
that skips flat portions of the path created by an adjustment to the definition of the sgn
function (sgn(0) = 0) is ergodic. Here we suggest another (simpler) modification of the
discrete Lévy transformation.

We start by investigating representation (2.2) for sgn(u; + ...+ u,). As a latteris a
symmetric function, the 3, x’s must be equal for all subsets of equal size; that is, with a
slight modification of the notation, writing 3, |k for 3, k,

n Br,k
sgn(uy + ... +up) = H u[BK]K - H ( H U[K]> .

KeK(n) k=0 “|K|=k
Recall that our definition of the sgn function assumes that sgn(0) = —1. Now suppose
n > 2m + 1 and let (uq,...,u,) be such that v, = [{k : up, = —1}| = £ for £ < m, and

Sp=u1+...+u, =n—2v, > 1. Letting £ = 0 yields
n Bn.k
=11 ( II u[K]) = (—=1)"»; thatis B0 = 0.
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For ¢ =1, [[jxj=1ux) = —1 and, for k > 2, [] =, ux) = 1. Therefore for such
(ul,...7un),
Bn,1 n Bk
e < H U[K]> H < H “[K]> = (=1)1; thatis B, = 0.

This can be repeated and yields the fact that 3, ,, = 0 whenever n > 2m + 1.
For m < n < 2m, again choosing (u1, ..., u,) such that v,, = |[{k : uy = —1}| =m, and
spn =n —2m < 0, yields

() Y () ) () )

|K|=k

where £, = |(n —1)/2]. Since B, = 0 for k < £, and [, ;;_j, ujx) = 1 for k > m + 1, the
above identity becomes

m

() () s

k=t,+1 | K|=Fk =0+
that is,
m m m—1 m
Z (k)ﬁn’k =1 mod 2 or equivalently 5, ,, =1+ Z <k)ﬂn’k mod 2.
k=fn+1 k=ln+1

The figure below describes the array 3, ; where an orange cell indicates that 3, = 0
and a blue cell that 5, , = 1.

0 5 10 15 20 0 100 200 300 400 500 600 700 80!
T T T T T T T T T T T T T T
-1

k k
Figure 1: The 3, ; array for n < 20 (left) and n < 800 (right)
For example,
sgn(u;+us) =ujus max(uy, uz) and sgn(u;+us+us) =max(uy, uz) max(uy, uz) max(ug, us).

Corollary 5.3. The following slight adaptation of the discrete Lévy transformation is

ergodic: Yo = —1 and forn > 1, ¢y (u1,...,u,) = sgn,,(us + ... + u,), where
sgn,(s) — sgn(s) nisapowerof2ors> —n
InlS) =1 n is not a power of 2 and s < —n
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or equivalently that 9o = —1 and forn > 1,

sgn(uy + ...+ uy) n is a power of 2
Un(ur, . up) = :
max(u, ..., u,)sgn(us + ...+ u,) n is not a power of 2

Proof. The proof relies on Theorem 5.2 and the ergodicity criterion thereof: 3, 11 1. n} =
1.
The case n = 1 is trivial. Fix n > 2,

n " Z(n 1)/2 ( )
H sgn(ui + ... +uy) = H (sgn( 2k—n)( O n/2 (n v modd
(U1 yeyn ) EOy, k=0 ( 1)2 ( ) neven

However, for n odd, >.\" )V (1) = Y5 (mi1y2 (i) = 2"7! is even. And for n even,

r/2 (") is even if and only if 5(,),) is even. We use Lucas’ Theorem [13] to show that
1(®") = (7)) is odd if and only if n is a power of 2.

Suppose that n = 2¢ for ¢ € IN. Then

-1 ¢
n—1=22’€ and2n—1:22k
k=0 k=0

and every digit in the base 2 expansion of n — 1 is less than or equal to the corresponding
digit in the base 2 expansion of 2n — 1, thus proving that (2” ') is not divisible by 2.

Now, suppose that 2/ < n < 2¢+! for £ € N so that n = 2¢ + 3, _" i1 k28 + 27, for
g1y -sao—1 €{0,1}and 0 < k < 4.

If x > 0, then
-1 k—1 -1
n—1=2"4+ > a2"+) 2% and2n—1=2"+ ak2k+1+22k
k=rk+1 k=0 k=r+1 k=0

so that the digits in the base 2 expansions of n — 1 and 2n — 1 are:

k 41 / —11]... | k+2 | k+1|k|Kk—1
2n—1 1 Qo1 | Qg2 | ... | Qg 0 1 1 R I |
n—1 0 1 Qp1 | .. | Qpy2 | a1 | O 1 o1
Ifag = = ay_1 = 1, then the digit of order « + 1 in the base 2 expansion of n — 1
is greater than the corresponding digit in the base 2 expansion of 2n — 1, and (27” 1) is

divisible by 2.

Suppose at least one of a1 1, ..., a1 equals 0 and let k* = max{k € {k+1,...,0—1}:
ay = 0}. Then the digit of order k* + 1 in the base 2 expansion of n — 1 is greater than
the corresponding digit in the base 2 expansion of 2n — 1, and (2” 1) is divisible by 2.

If Kk =0, then

-1 -1
n—1= 2‘+Zak2k’ and 2n — 1 = 2¢*1 +Zak2k+1 +1
k=1 k=1

so that the digits in the base 2 expansions of n — 1 and 2n — 1 are:

k {41 / —11]...1] 2 110

2n—1 1 Qg1 | apg_o | ... | a1 1

n—1 0 1 a1 | ... |as | ag |0
The same argument as before shows that (2" 1) is divisible by 2. O
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Another example for which 3,11 (1, »; = 1 and ergodicity holds, is the following
modification of the discrete Lévy transformation:

U (U1, .. up) = max(ug, ..., uy,)sgn(ug + ... + Up—1).

Appendix

Lemma 5.4. Let (My)r>1 be a sequence of subsets of IN. Suppose that the cardinality of
M, is finite and constant. If lim sup,, M,, = () then

1 n
lim ~ ; |Mj; 0\ Myiq| = 0.
Proof. We prove the contrapositive statement that if lim,, % > opeq |Mi N My4q] > 0, then
lim sup,, M,, # 0.
We label, say in the increasing order, the elements of My, u,(cl),...,uém), where
m = |My|. Then

M,N My = (U m}) U{uff)+1 = U ({u(z)}ﬂ{ugL )

1,j=1

and
n

L0 () .
lim — N =lm =Y |M,nN M, 0,
> 1;}1715 {0 {ugia 3 lgglnE | My +1l >

ij=1 k=1 k=1

from which we deduce that for at least one pair (i, ), lim,, + >}'_, 6(u,(f), ;ll) > 0. Here
0(k,¢) denotes the Kronecker delta function: §(k,¢) = 1 if k = ¢ and 0 otherwise.
Let A, = {k < n;ug) = ugﬁl} Then for such a pair (¢,5), for ¢ > 0 and n large

enough

|An|_ Z(suk, W) > e el [Ay] > ne.

Fix such n after which this inequality is satisfied and let N = min{¢ > n;ugj ) ¢
{ugi), e 7u§i)}}. If N is finite, then Ay_; = 0 and does not satisfy the requirement that
|An—1| > (N — 1)e. It follows that N is infinite, that at least one integer in {ugi)7 e ,uSP}
is repeated infinitely many times and that lim sup,, M,, # 0. O

References

[1] Bayraktar, E., Dolinsky, Y. & Guo, ]J. (2020) Continuity of utility maximization under weak
convergence, Math. Finan. Econ. 14, 725-757. MR4135703

[2] Bertoin J. (2020) Counterbalancing steps at random in a random walk. https://arxiv.org/pdf/
2011.14069.pdf

[3] Collevecchio A., Hamza K. & Shi M. (2016) Bootstrap random walks, Stochastic Processes
and their Applications, Volume 126, Issue 6, 1744-1760. MR3483735

[4] Collevecchio A., Hamza K. & Liu Y. (2019) Invariance principle for biased bootstrap ran-
dom walks, Stochastic Processes and their Applications, Volume 129, Issue 3, 860-877.
MR3913271

[5] Dubins L.E. & Smorodinsky M. (1992) The Modified, Discrete, Lévy-Transformation Is
Bernoulli, Séminaire de Probabilités, XXVI, Lecture Notes in Math., 1526, 157-161.
MR1231991

[6] Englander, J. & Volkov, S. (2018) Turning a coin over instead of tossing it. Journal of Theoreti-
cal Probability volume 31, 1097-1118. MR3803925

EJP 27 (2022), paper 92. https://www.imstat.org/ejp
Page 21/22


https://mathscinet.ams.org/mathscinet-getitem?mr=4135703
https://arxiv.org/pdf/2011.14069.pdf
https://arxiv.org/pdf/2011.14069.pdf
https://mathscinet.ams.org/mathscinet-getitem?mr=3483735
https://mathscinet.ams.org/mathscinet-getitem?mr=3913271
https://mathscinet.ams.org/mathscinet-getitem?mr=1231991
https://mathscinet.ams.org/mathscinet-getitem?mr=3803925
https://doi.org/10.1214/22-EJP818
https://imstat.org/journals-and-publications/electronic-journal-of-probability/

General bootstrap random walks

[7] Englander, ]., Volkov, S. & Wang, Z. (2021) The coin-turning walk and its scaling limit.
Electron. J. Probab. 25, 1-38. MR4053903
[8] Fujita T. (2008) A random walk analogue of Lévy’s Theorem, Studia Sci. Math. Hungar. 45,
no. 2, 223-233. MR2417970
[9] Gut A. & Stadtmiiller U. Variations of the elephant random walk https://arxiv.org/abs/1812.
01915
[10] Jacod J. & Shiryaev A. (1987) Limit Theorems for Stochastic Processes. Springer Science &
Business Media, Springer Berlin Heidelberg MR0959133
[11] Kubota N. & Takei M. (2019) Gaussian Fluctuation for Superdiffusive Elephant Random
Walks, Journal of Statistical Physics. 177, pages 1157-1171. MR4034803
[12] Kurtz T. G. & Protter P. (1991), Weak limit theorems for stochastic integrals and stochastic
differential equations, Annals of Probability, 19, 1035-1070. MR1112406
[13] Lucas E. (1878) Théorie des Fonctions Numériques Simplement Périodiques, American
Journal of Mathematics, Vol.1 No.3 197-240. MR1505164
[14] Mansuy, R. & Yor, M. (2005) Random Times and Enlargements of Filtrations in a Brownian
Setting. Lecture Notes in Mathematics (Springer, volume 1873). MR2200733
[15] Prigent, M. & Roberts, M.I. (2020) Noise sensitivity and exceptional times of transience for a
simple symmetric random walk in one dimension, Probab. Theory Relat. Fields 178, 327-367.
MR4146540
[16] Prokaj V. (2012) Some Sufficient Conditions for the Ergodicity of the Lévy-Transformation,
Séminaire de Probabilités, XLV, 93-121. MR3185910
[17] Schiitz, G.M. & Trimper, S. (2004) Elephants can always remember: Exact long-range memory
effects in a non-Markovian random walk, Phys. Rev. E 70, no. 4, (045101)1-4.
[18] Williams D. (1991) Probability with Martingales. Cambridge University Press. MR1155402

Acknowledgments. The authors are indebted to two anonymous referees whose sug-
gestions and comments greatly improved the presentation and flow of the paper. RJ
Williams thanks the Center for Modeling of Stochastic Systems at Monash University for
their generous hospitality during her sabbatical visit there.

EJP 27 (2022), paper 92. https://www.imstat.org/ejp
Page 22/22


https://mathscinet.ams.org/mathscinet-getitem?mr=4053903
https://mathscinet.ams.org/mathscinet-getitem?mr=2417970
https://arxiv.org/abs/1812.01915
https://arxiv.org/abs/1812.01915
https://mathscinet.ams.org/mathscinet-getitem?mr=0959133
https://mathscinet.ams.org/mathscinet-getitem?mr=4034803
https://mathscinet.ams.org/mathscinet-getitem?mr=1112406
https://mathscinet.ams.org/mathscinet-getitem?mr=1505164
https://mathscinet.ams.org/mathscinet-getitem?mr=2200733
https://mathscinet.ams.org/mathscinet-getitem?mr=4146540
https://mathscinet.ams.org/mathscinet-getitem?mr=3185910
https://mathscinet.ams.org/mathscinet-getitem?mr=1155402
https://doi.org/10.1214/22-EJP818
https://imstat.org/journals-and-publications/electronic-journal-of-probability/

	Introduction
	Non-anticipative bootstrapping – two representations
	The Gaussian case
	The main result
	The extended Bootstrap random walk
	The bounded case

	The non-Gaussian case
	Ergodicity of the GBRW transformation – a characterisation
	References

