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ABSTRAC T

Media Summary

1. Introduction

https://projects.economist.com/us-2020-forecast/president
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2. Polls
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https://projects.economist.com/us-2020-forecast/president/how-this-works
https://github.com/TheEconomist/us-potus-model
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2.1. State-level trends
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2.2. House, population, and mode effects

2.3. Partisan nonresponse adjustment term

2.4. Measurement error
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2.5. Correlated state errors

3. Fundamentals

4. Putting the Pieces Together
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5. Calibration, Uncertainty, and What Is Forecast

Figure 1. Some summaries of the model, as fit retrospectively to using state and national polls from 2016. These 
graphs illustrate that our data and model are fitting national as well as separate state trends,
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6. Conclusion

Disclosure Statement

https://statmodeling.stat.columbia.edu/2020/10/15/calibration-problem-in-our-election-forecast
https://statmodeling.stat.columbia.edu/2020/10/18/whassup-with-the-dots-on-our-graph/
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