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Abstract
How do learners make sense of what they are learning? In this article, I present a 
new framework of sense-making based on research investigating the benefits and 
boundaries of generative learning activities (GLAs). The generative sense-making 
framework distinguishes among three primary sense-making modes—explain-
ing, visualizing, and enacting—that each serve unique and complementary cogni-
tive functions. Specifically, the framework assumes learners mentally organize and 
simulate the learning material (via the visualizing and enacting modes) to facilitate 
their ability to generalize the learning material (via the explaining mode). I present 
evidence from research on GLAs illustrating how visualizations and enactments 
(instructor-provided and/or learner-generated) can facilitate higher quality learner 
explanations and subsequent learning outcomes. I also discuss several barriers to 
sense-making that help explain when GLAs are not effective and describe possible 
ways to overcome these barriers by appropriately guiding and timing GLAs. Finally, 
I discuss implications of the generative sense-making framework for theory and 
practice and provide recommendations for future research.

Keywords Generative learning · Sense-making · Learning strategies · Multimedia · 
Instructional design

Generative learning involves “making sense” of provided learning material by 
actively organizing and integrating it with one’s existing knowledge (Wittrock, 
1989). The intended outcome of generative learning is to construct coherent men-
tal representations that enable learners to apply their knowledge to new situations. 
Unfortunately, many learners do not spontaneously engage in sense-making, such 
as when learning from text (e.g., Fiorella & Mayer, 2017), visualizations (e.g., Han-
nus & Hyönä, 1999), or examples (e.g., Renkl, 1997). Consequently, learners may 
fail to achieve meaningful and durable learning outcomes. One potential remedy 
is to explicitly prompt learners to engage in generative learning activities (GLAs): 
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overt behavioral activities intended to support and/or reveal one’s understanding of 
the learning material (Fiorella & Mayer, 2015). Put simply, a GLA is something a 
learner does to try to make sense of what they are learning.

In prior reviews, Fiorella and Mayer (2015, 2016) identified and analyzed the 
evidence for eight GLAs: summarizing, mapping, drawing, imagining, self-testing, 
self-explaining, teaching, and enacting. Several subsequent reviews and meta-anal-
yses have further examined the benefits and boundary conditions of various indi-
vidual GLAs (Bisra et al., 2018; Brod, 2021a; Dargue et al., 2019; Fiorella & Zhang, 
2018; Lachner et  al., 2021a; Schroeder et  al., 2018). The evidence suggests each 
GLA can support learning, but each is also susceptible to potential boundary condi-
tions associated with specific learner characteristics, characteristics of the learning 
materials, and the level of GLA support learners receive. For example, some learn-
ers may struggle to generate high-quality representations without extensive guidance 
(Fiorella & Zhang, 2018); some learning contexts may be less appropriate than oth-
ers for specific types of GLAs (Bobek & Tversky, 2016; Fiorella et al., 2020); and 
some GLAs may not be suitable for younger learners (Brod, 2021a). Taken together, 
GLAs have promise, but it is important to understand how and when they work most 
effectively.

In this article, I attempt to “make sense” of generative learning. First, I review 
prior frameworks related to generative learning and discuss their limitations. Then 
I propose a new framework of sense-making that distinguishes among three sense-
making modes—explaining, visualizing, and enacting—that serve unique and com-
plementary cognitive functions. I present evidence from research on GLAs illustrat-
ing the primary assumption of the framework: the visualizing and enacting modes 
serve to facilitate the explaining mode. Then I discuss potential barriers to sense-
making that help explain when GLAs are not effective and describe possible ways to 
overcome some of these barriers by appropriately guiding and timing GLAs. Finally, 
I discuss implications of the framework for theory and practice and provide recom-
mendations for future research.

Prior Frameworks of Generative Learning

Researchers commonly use one of two existing frameworks to explain how different 
types of learning activities affect learning processes and outcomes: (a) the select-
organize-integrate (SOI) framework (Fiorella & Mayer, 2015) and (b) the interac-
tive-constructive-active–passive (ICAP) framework (Chi & Wylie, 2014). Both 
frameworks focus on learning activities that foster “sense-making” and “understand-
ing,” where sense-making refers to the set of (meta)cognitive processes that sup-
port construction of coherent mental representations of the learning material, and 
understanding refers to a type of learning outcome that allows learners to generate 
inferences and solve new problems, often assessed via measures of comprehension 
and transfer. Thus, these frameworks and their corresponding learning activities are 
most applicable to conceptual learning materials, such as learning about scientific 
phenomena (e.g., how the human circulatory system works) and mathematical prin-
ciples (e.g., mathematical equivalence).
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SOI Framework

According to the SOI framework (Fiorella & Mayer, 2015), learning for under-
standing involves selecting key information from the provided learning material, 
organizing it into a coherent structure in working memory, and integrating it with 
existing knowledge from long-term memory. Organizing and integrating are con-
sidered generative processes because they involve generating appropriate structural 
or conceptual relationships among the selected ideas (e.g., cause-effect, compare-
and-contrast) and one’s existing knowledge structures. The intended result of these 
sense-making processes is the construction of coherent mental representations, such 
as a mental model of how a tire pump works or schemas for solving different types 
of problems in statistics.

Like other cognitive theories of learning and instruction (e.g., Sweller et  al., 
2019), the SOI framework assumes a very limited working memory capacity in 
which learners actively engage in sense-making processes. It also assumes prior 
knowledge activated from long-term memory guides sense-making processes in 
working memory. Finally, the framework assumes sense-making depends on motiva-
tional and metacognitive processes: learners must be motivated to invest the neces-
sary effort to engage in sense-making, and students need to continually monitor and 
regulate their thinking processes during sense-making.

The primary strength of the SOI framework is that it provides a simple explana-
tion for the key cognitive processes involved in sense-making. As documented in 
prior reviews (e.g., Bisra et al., 2018; Fiorella & Mayer, 2016; Fiorella & Zhang, 
2018; Schroeder et al., 2018), the framework accounts for a broad range of empiri-
cal research demonstrating that GLAs, such as self-explaining, drawing, or gestur-
ing, are often (but not always) more effective than non-generative activities, such 
as rereading, highlighting, or verbatim notetaking. Furthermore, the framework 
posits that the effectiveness of GLAs depends on whether learners are successful 
at generating appropriate relationships among the ideas presented in the learning 
material and one’s existing knowledge. Indeed, the quality of students’ explanations, 
visualizations, and enactments is predictive of performance on subsequent measures 
of understanding, such as comprehension and transfer tests (e.g., Chi et al., 1989; 
Renkl, 1997; Schwamborn et al., 2010). Accordingly, the model sets basic boundary 
conditions for GLAs, most notably the role of prior knowledge and level of GLA 
guidance in affecting the quality of what learners generate during learning.

ICAP Framework

The ICAP framework (Chi & Wylie, 2014) distinguishes among four modes of 
cognitive engagement reflected by learners’ overt behavioral activity during learn-
ing. Passive engagement involves no overt behavior, such as simply viewing an 
instructional video. Active engagement involves overt behavior that reflects selec-
tively attending to a subset of the learning material, such as when paraphrasing, 
summarizing, or using pointing gestures. Constructive engagement involves overt 
behavior that reflects an attempt to construct meaning from the learning material by 
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generating inferences, such as generating a self-explanation or a concept map. The 
constructive level of engagement most closely resembles generative processing in 
the SOI framework. Finally, interactive engagement involves overt behaviors that 
reflect an attempt to co-construct meaning across multiple learners, such as within 
peer tutoring or collaborative learning environments.

ICAP predicts higher levels of engagement will correspond to higher quality 
learning outcomes (i.e., Interactive > Constructive > Active > Passive). For exam-
ple, constructive learning activities should generally be more effective at supporting 
comprehension and transfer than merely active or passive learning activities. The 
primary strength of the ICAP framework is its emphasis on analyzing the outputs 
of learners’ overt behavioral activities during learning as an indicator of their level 
of internal cognitive engagement. This is important because an activity intended to 
support a higher level of engagement may actually support a lower level of engage-
ment. For example, learners prompted to generate a self-explanation (intended: con-
structive mode) may instead only restate what was presented in the lesson without 
generating inferences (actual: active mode). Thus, it is important for instructors to 
analyze the external products of what learners generate to determine the actual level 
of learners’ engagement, and if necessary, adapt the implementation of the learning 
activity to foster higher levels of engagement. In this way, the SOI and ICAP frame-
works both recognize the importance of the quality of what learners generate and 
the importance of explicitly guiding constructive or generative learning activities.

Summary and Limitations of Prior Frameworks

In summary, both the SOI and ICAP frameworks posit that GLAs support under-
standing by fostering key sense-making processes. In the SOI framework, the key 
sense-making processes consist of organizing and integrating the learning material 
with one’s existing knowledge; similarly, in the ICAP framework, sense-making 
depends on using one’s existing knowledge to generate inferences that go beyond the 
learning material. Accordingly, both frameworks predict that GLAs should be more 
effective than non-generative activities or activities that involve ostensibly “active” 
or “passive” engagement. The primary caveat in both frameworks is that learners 
must demonstrate evidence of actually engaging in generative or constructive pro-
cessing, reflected by producing high-quality representations (e.g., explanations, vis-
ualizations, and enactments) that involve inference generation. Among other factors, 
generating high-quality representations will depend on learners having sufficient 
background knowledge and GLA support.

One key limitation acknowledged by both frameworks is that they emphasize dif-
ferences across categories of learning activities (generative vs. non-generative or 
constructive vs. active) rather than differences within categories. Consequently, the 
frameworks are unable to specify how different types of GLAs uniquely and col-
lectively contribute to sense-making. For example, generating an explanation, gen-
erating a drawing, and using hand gestures are qualitatively distinct activities (e.g., 
Kang et al., 2015), yet both frameworks explain their benefits (compared to more 
superficial activities) in terms of the same general mechanisms (e.g., organizing, 
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integrating, inference generation). A closely related limitation is that the existing 
frameworks are unable to specify how GLAs interact with qualitatively distinct 
types of instructor-provided representations, such as text, visualizations, or exam-
ples. This is important because different types of GLAs may be more appropriate 
for generating inferences from different types of learning materials. At present, we 
do not have a coherent framework for understanding how instructor-provided and 
learner-generated representations interact to support specific internal sense-making 
processes.

The Generative Sense-Making Framework

The purpose of the generative sense-making framework is to describe how learn-
ers make sense of conceptual learning materials, such as scientific phenomena and 
mathematics principles. It maintains many of the basic assumptions, predictions, 
and boundary conditions of the SOI and ICAP frameworks, including the limited 
capacity of working memory, the importance of using one’s existing knowledge 
to actively construct meaning, and the effectiveness of GLAs over non-generative 
learning activities (assuming learners have sufficient background knowledge and 
guidance). However, it also addresses critical limitations of prior frameworks by 
specifying how different types of internal and external representations, including 
those supported by GLAs, interact to support sense-making.

The framework is derived from three basic assumptions rooted in the GLA, mul-
timedia learning, and grounded cognition literatures, as well as complementary lit-
eratures within math and science education:

1. Distinct modes: Sense-making involves three qualitatively distinct modes: 
explaining (generating coherent verbal representations), visualizing (generating 
coherent visual representations), and enacting (generating coherent motor rep-
resentations). The three modes of sense-making are primarily derived from the 
GLA literature (Fiorella & Mayer, 2016, 2022): GLAs require learners to gener-
ate explanations (such as for oneself or others), visualizations (such as maps or 
drawings), or enactments (such as gestures or object manipulations). Explaining, 
visualizing, and enacting activities are also commonly explored and distinguished 
within the math and science education literatures (e.g., Nathan & Walkington, 
2017; Quillin & Thomas, 2015; Tytler et al., 2020) .

2. Unique functions: Each sense-making mode serves unique and complementary 
functions: explaining generalizes one’s knowledge, visualizing organizes one’s 
knowledge, and enacting simulates one’s knowledge. This principle is derived 
from the GLA, multimedia learning, cognitive science, and embodied cognition 
literatures (e.g., Ainsworth, 2006, 2022; Hostetter & Alibali, 2019; Lombrozo, 
2006; Mayer & Fiorella, 2022; McCrudden & Rapp, 2017), which indicate that 
qualitatively different representations (verbal, visual, and motor) provide unique 
affordances: verbal representations afford abstract descriptions of knowledge, 
visual representations afford explicit organization of knowledge, and motor rep-
resentations afford dynamic simulations of knowledge. Leveraging the unique 
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functions of different types of representations is particularly critical when learn-
ing, communicating, and problem solving within math and science (e.g., Alibali 
& Nathan, 2012; Rau, 2017; Treagust Tsui, 2013).

3. Grounded sense-making: The explaining mode is grounded in the visualizing 
and enacting modes. That is, the visualizing and enacting modes function to facili-
tate the explaining mode. This principle is primarily derived from the embodied 
and grounded cognition literatures (e.g., Barsalou, 2008; Glenberg et al., 2013; 
Hostetter & Alibali, 2019; Lindgren & Johnson-Glenberg, 2013; Reed, 2010; 
Tversky, 2019), which posit that conceptual understanding is grounded in senso-
rimotor experiences interacting in the world. It is also consistent with research 
demonstrating the importance of one’s ability to internally visualize and enact 
complex concepts for understanding abstract scientific phenomenon and math-
ematical principles (e.g., Wai et al., 2009), as well as the reliance on visual and 
motor representations for teaching, communicating, and problem solving within 
math and science (e.g., Cromley, 2020; Stylianou et al., 2020).

Overview of Framework

Figure  1 depicts the key components of the generative sense-making framework, 
including how instruction, learner characteristics, and GLAs interact with internal 
sense-making processes to support comprehension and transfer.

Fig. 1  Generative sense-making framework
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Internal Sense-Making Modes

As shown in Fig.  1, the framework posits learners use their prior knowledge and 
beliefs from long-term memory to internally explain, visualize, and enact the pro-
vided learning materials in working memory. The grounded sense-making assump-
tion posits learners mentally organize and simulate the learning material (via the 
visualizing and enacting modes) to facilitate their ability to generalize knowledge of 
the learning material (via the explaining mode). Specifically, the visualizing mode 
generates a coherent visual representation that explicitly conveys how the learning 
material is organized, such as the spatial proximity of physical structures or more 
abstract visual representations of conceptual relationships (e.g., comparison, hier-
archy). The enacting mode generates a coherent motor representation that simulates 
dynamic elements of the learning material, such as how a physical system changes 
over time or how to perform a problem-solving strategy or procedure. The explain-
ing mode uses representations generated from the visualizing and enacting modes 
as a scaffold from which to generate inferences and induce underlying mechanisms 
or principles that generalize one’s knowledge of the learning material. Constructing 
a coherent internal explanation of underlying conceptual mechanisms or principles 
supports performance on subsequent learning outcome measures that require learn-
ers to generate new inferences, make predictions, and solve novel problems, such as 
comprehension and transfer tests.

External GLA Products

The framework assumes many learners will not spontaneously attempt to explain, 
visualize, and/or enact the provided learning materials on their own (e.g., Fiorella 
& Mayer, 2017; Renkl, 1997; Stull et al., 2012). Thus, learners will often benefit 
from explicit prompting and guidance to engage in corresponding GLAs, indicated 
by the arrow from “Instruction” to “Internal Sense-Making Modes” in Fig. 1. GLAs 
often require learners to externalize their knowledge, such as by overtly producing 
explanations (e.g., orally or on paper), visualizations (e.g., on paper or on a com-
puter), or body movements (e.g., hand gestures or object manipulations), indicated 
by the arrow from “Internal Sense-Making Modes” to “External GLA Products” 
in Fig. 1. Externalizing knowledge can reduce working memory load and enhance 
one’s capacity to engage in internal sense-making processes (e.g., Cox, 1999; Gol-
din-Meadow et al., 2001; Stull et al., 2018), indicated by the doubled-sided arrow 
from “External GLA Products to “Internal Sense-Making” in Fig. 1. However, while 
some external GLA products are relatively permanent and inspectable (e.g., written 
explanations or drawings on paper), other products are fleeting (e.g., oral explana-
tions or hand gestures) and thus need to be encoded in working memory. Further-
more, some GLAs are only performed internally, such as prompts to generate a men-
tal image (e.g., Leopold & Mayer, 2015). Thus, a drawback of purely covert GLAs 
is that they are not directly inspectable to learners or instructors (or researchers), and 
therefore it is not possible to analyze the quality of the GLA product.

GLAs that yield external products are valuable because they provide instruc-
tors with diagnostic information regarding the quality of learners’ thinking and 
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knowledge (e.g., van de Pol et al., 2020). Instructors can use GLA products as form-
ative assessments and adapt instruction and GLA guidance as necessary, indicated 
by the arrows from “External GLA Products” to “Instruction” to “Internal Sense-
Making Modes.” For example, when learners’ external GLA products reveal knowl-
edge gaps or misconceptions, instructors can provide targeted feedback to support 
subsequent internal sense-making processes, GLA products, and learning outcomes. 
Thus, while GLAs can directly support sense-making and learning outcomes, they 
also can reveal a learner’s level of understanding and inform subsequent instruction.

Overall, the primary contribution of the framework is in specifying the unique 
and complementary functions of the three sense-making modes and how GLAs and 
the provided learning materials interact to (directly or indirectly) support each mode. 
In the following section, I elaborate on specific types of GLAs and the rationale for 
their corresponding functions. Then I use prior research on GLAs to illustrate the 
interdependent relationships among the three sense-making modes—namely, how 
the visualizing and enacting modes serve to facilitate the explaining mode.

As shown in Fig. 1, the framework also incorporates how learner characteristics 
and GLAs affect sense-making. Later in the article, I summarize prior research on 
how learner characteristics such as students’ age, prior knowledge, and beliefs might 
serve as “barriers” to sense-making and thus moderate the effectiveness of GLAs 
(see “Barriers to Sense-Making” section). I also discuss ways to alleviate some of 
these barriers with appropriate GLA guidance (see “Guiding GLAs” section).

Generative Learning Activities

Based on the proposed framework, I reconceptualize the original GLAs in terms of 
their primary sense-making mode (explaining, visualizing, or enacting)1 and cor-
responding functions (generalizing, visualizing, and enacting), as summarized in 
Table 1.

Explaining GLAs

Description Explaining GLAs prompt learners to generate coherent verbal state-
ments (orally or in writing) to clarify, interpret, or justify a phenomenon or prob-
lem. The most common explaining GLA is self-explaining, in which learners gener-
ate clarifying and elaborative statements to themselves (for recent reviews, see Chi, 
2022; Renkl & Eitel, 2019). For example, learners might self-explain the solution 
steps of a worked example in statistics (e.g., Renkl et al., 1998). Another common 
explaining GLA is learning by teaching, in which learners generate explanations 

1 Summarizing is excluded here because, as Dunlosky and colleagues (2013) note, it has relatively low 
utility when compared to explaining activities (e.g., see Coleman et al., 1997). Similarly, Chi and Wylie’s 
(2014) ICAP framework designates summarizing as supporting only the “active” mode of engagement, 
whereas self-explaining supports the “constructive” (or what I would call “generative”) mode. Self-test-
ing is excluded here because it represents one way of timing GLAs (i.e., after instruction) to serve a 
specific function (i.e., retrieval practice). As I describe in the “Timing GLAs” section, any GLA could be 
implemented as a self-testing opportunity.
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intended for others (for recent reviews, see Kobayashi, 2019; Lachner et al., 2021a; 
Ribosa & Duran, 2022). For example, learners might record a video lecture explain-
ing how the Doppler effect works as if they were teaching a fictitious peer (Fiorella 
& Mayer, 2013, 2014). Other common variations of explaining GLAs include com-
paring (explaining similarities, e.g., Gentner et  al., 2003) and predicting (testing 
explanations, Brod, 2021b).

Function According to Lombrozo (2006, 2012), the primary function of explana-
tions is to integrate new information with prior knowledge in a way that supports 
knowledge generalization. For example, one might learn that a knife is sharp 
because it is for cutting and then infer other things used for cutting are probably 
sharp. Reviews of the learning by explaining literature also highlight knowledge 
integration and knowledge generalization as key mechanisms underlying learner-
generated explanations (Chi, 2022; Renkl, 2014; Rittle-Johnson & Loehr, 2017). 
For example, Renkl’s (2014) theory of example-based learning posits transfer from 
examples to new problems depends on generating inferences in one’s self-expla-
nations that relate the provided solutions steps to underlying principles. Similarly, 
Chi’s work on self-explaining science texts (e.g., Chi et al., 1994; see Chi, 2022 for 
a review) reveals the importance of inference generation for constructing a coher-
ent mental model of how complex systems function, such as the human circulatory 
system, which allow learners to apply their knowledge to new situations. These and 
other prior frameworks emphasize that learners need to use their existing knowl-
edge to transform the provided learning materials into explanations that are relevant, 
coherent, complete, and accurate (e.g., see Leinhardt, 2001), rather than simply rely-
ing on or reproducing provided explanations (e.g., Ryoo & Linn, 2014; Schworm 
& Renkl, 2006). In short, the generalizing function of explaining—in which learn-
ers generate inferences beyond the provided learning material—is fundamental to 
sense-making.

Visualizing GLAs

Description Visualizing GLAs involve generating coherent external or internal 
visual representations to convey the physical and/or conceptual organization of 
the learning material. There are three broad classes of visualizing GLAs: drawing, 
mapping, and imagining. Drawing (or sketching) involves generating external vis-
uals that depict physical structures and their relationships (for recent reviews, see 
Ainsworth & Scheiter, 2021; Fiorella & Zhang, 2018; Leutner & Schmeck, 2022; 
Wu & Rau, 2019), such as the structure of the human circulatory system (Zhang & 
Fiorella, 2019), the mechanics of a bicycle tire pump (Bobek & Tversky, 2016), or 
the structures underlying invisible molecular processes (Cooper et al., 2017). Map-
ping involves generating external visuals that spatially arrange text (using lines and 
shapes) to convey abstract conceptual relationships (for recent reviews, see Adesope 
et al., 2022; Schroeder et al., 2018), such as creating a graphic organizer to com-
pare eastern and western steamboats (Ponce & Mayer, 2014) or creating concept 
maps to spatially arrange key relationships described in science texts (Chang et al., 
2002). Other common mapping variations include generating sequence diagrams, 
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hierarchies, and matrices. Imagining involves generating an internal visual repre-
sentation of physical structures or conceptual relationships (for a recent review, see 
Leopold, 2022), such as forming mental images of the structure of the human res-
piratory system (Leopold & Mayer, 2015).

Function Early research in cognitive science suggests that visualizations are more 
computationally efficient than purely linguistic representations because they explic-
itly organize information in conceptually meaningful ways (Cox, 1999; Larkin & 
Simon, 1987; Stenning & Oberlander, 1995). For example, a visualization of a tire 
pump explicitly displays how the different components of the system—the handle, 
piston, inlet valve, and outlet valve—are spatially organized. This provides learners 
a scaffold for generating appropriate inferences about the cause-effect mechanisms 
of the system, such as inferring that when someone pushes down on the handle, the 
inlet valve will close, and the outlet valve will open (Bobek & Tversky, 2016; Mayer 
& Anderson, 1992). According to McCrudden and Rapp’s (2017) framework of 
learning from visual displays, different types of visualizations afford different types 
of organizational inferences. For example, pictorial visuals like a diagram of the tire 
pump support inferences about the cause-effect mechanisms of the system, whereas 
semantic visuals like sequence diagrams or matrices afford temporal and compare-
contrast inferences, respectively. Of course, visualizations often afford multiple 
types of inferences, such as a knowledge map that conveys hierarchical and temporal 
relationships (e.g., Kuhlmann & Fiorella, 2022).

Theories of learner-generated visualizations similarly emphasize the importance 
of externally organizing the learning material (Fan, 2015; Van Meter & Firetto, 
2013; Wu and Rau, 2019). According to the cognitive theory of drawing construc-
tion (Van Meter & Firetto, 2013), drawing benefits learning from text because it 
forces learners to use their existing knowledge to translate a linguistic representa-
tion into an explicitly organized visual representation. Wu and Rau’s (2019) model 
applies the organizing function of drawings through a socio-cultural lens, such 
that visualizations convey the structure of complex concepts in STEM to facili-
tate communication among learners and practitioners in STEM. Finally, Schroeder 
et al. (2018) posit that the explicit organization of semantic relationships is a key 
mechanism underlying the benefits of concept mapping. Importantly, like explana-
tions, creating visualizations should require learners to use their prior knowledge 
to explicitly organize the learning material, such as when learning from science 
text (Leutner & Schmeck, 2022), mathematics words problems (Schukajlow et al., 
2022), or when translating across different types of visual representations (Gag-
nier et al., 2017). Simply relying on and reproducing provided visuals is less likely 
to facilitate inference generation that supports knowledge generalization (e.g., see 
Fiorella et al., 2020; Zhang & Fiorella, 2019). In short, the key function of visualiza-
tions is to organize information around a coherent conceptual structure to facilitate 
communication, learning, and problem-solving.
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Enacting GLAs

Description Enacting GLAs involve generating coherent external or internal move-
ments to simulate actions, translate across representations, or convey dynamic 
physical and/or conceptual relationships (for a recent review, see Fiorella, 2022a). 
There are two main forms of enacting in the literature: gesturing and manipulat-
ing. Gesturing involves using one’s hands to map concepts or strategies onto one’s 
body (Novack and Goldin-Meadow, 2015), such as when learning problem-solving 
strategies in mathematics (Wakefield & Goldin-Meadow, 2019), or when enacting 
dynamic elements described in science texts (Cutica et al., 2014). A related activity 
is finger tracing, in which learners trace key elements of provided learning materials 
(examples, visualizations) with their finger during learning (e.g., Ginns et al., 2016). 
Manipulating involves moving physical or virtual objects to represent concepts or 
strategies, such as using concrete manipulatives to represent mathematical opera-
tions (e.g., Bustamante et al., 2022; Carbonneau & Marley, 2015; Carbonneau et al., 
2013), translate across representations in chemistry (Stull et  al., 2018), directly 
experience physics principles (Kontra et al., 2015), or enact events described in a 
story (Glenberg et al., 2004).

Enacting activities may also include more dynamic forms of imagining, such 
as imagining changes in provided static visuals (Hegarty et  al., 2003), imagining 
performing the steps in a procedure (Cooper et al., 2001), or imagining the learn-
ing material from one’s own perspective (Leopold et  al., 2019). Thus, imagining 
can function as a visualizing and/or enacting activity depending on what learners 
are prompted to generate (e.g., Blunt & VanArsdall, 2021). As mentioned above, a 
downside of imagining activities is that they do not produce external GLA products, 
and thus learners, instructors, and researchers do not have direct access to the qual-
ity of what learners generated. Finally, recent studies have also explored the benefits 
of asking learners to physically or mentally manipulate the design of provided learn-
ing materials, such as spatially integrating text with corresponding visualizations 
(for a recent review, see Zhang et al., 2022).

Function According to embodied theories of cognition, thinking is grounded in sen-
sorimotor processing that functions to simulate knowledge (Barsalou, 2008; Glen-
berg et al., 2013; Lindgren & Johnson-Glenberg, 2013). Indeed, research suggests 
the human motor system is involved in a wide range of cognitive tasks, including 
language production and comprehension (Glenberg & Kaschak, 2002; Goldin-
Meadow & Alibali, 2013), mathematics (Alibali & Nathan, 2012), and social cogni-
tion (Sommerville et al., 2005). According to Hostetter and Alibali’s (2008, 2019) 
Gesture as Simulated Action framework, gestures reflect embodied sensorimotor 
simulations that occur automatically when people think and speak to support infer-
ence generation. For example, gestures can be used to simulate the events described 
in a story (Dargue et  al., 2019) , the directions for navigating a route (So et  al., 
2014), or strategies for solving abstract mathematics problems (Wakefield & Gol-
din-Meadow, 2019).
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Other frameworks of embodied learning similarly highlight the role of gestures, 
object manipulations, and other body movements in dynamically simulating knowl-
edge. Lindgren and Johnson-Glenberg’s (2013) framework focuses on the potential 
of various enacting activities within virtual and mixed reality environments. A key 
component of their framework is in establishing congruency between the actions 
learners enact (e.g., gestures or other body movements) and the targeted concept, 
or what they refer to as “action-concept congruency.” For example, when learn-
ing about pendulum motion, a congruent gesture might be to swing one’s forearm 
while keeping one’s elbow fixed, whereas a non-congruent action would be tapping 
a touch screen to set a pendulum in motion. Thus, actions should be structurally 
analogous to the targeted concept; otherwise, learners will not generate the appro-
priate inferences to generalize one’s knowledge (e.g., Laski & Seigler, 2014; Samara 
& Clements, 2009). In short, enacting serves to dynamically simulate the conceptu-
ally relevant spatial and motor elements of the learning material.

Grounded Sense-Making with GLAs

The core assumption of the generative sense-making framework is that the visu-
alizing and enacting modes serve to facilitate the explaining mode (i.e., grounded 
sense-making). This suggests the effectiveness of GLAs—and instruction more 
broadly—depends on all three sense-making modes, either directly or indirectly. For 
example, explaining GLAs directly activate the explaining mode but still depend on 
the visualizing and enacting modes. That is, the framework assumes learners rely 
on their ability to visualize and enact the material to produce quality explanations. 
This suggests the effectiveness of explaining (GLAs) depends on whether learners 
have appropriate visualizing and enacting support. In some situations, learners may 
have sufficient background knowledge and motivation to spontaneously visualize 
and enact the learning material without needing external support. For example, a 
sentence like, “The dog jumped over the fence,” is relatively easy for most readers to 
spontaneously visualize and enact. In contrast, a complex text describing the human 
circulatory system (“The right side receives relatively oxygen-poor blood from the 
body through the large superior and inferior venae cavae and pumps it out through 
the pulmonary trunk”) will be much more challenging for a novice to mentally visu-
alize and enact (Zhang & Fiorella, 2019). Thus, when learning complex and unfa-
miliar conceptual material, most learners will benefit from explicit visualizing and 
enacting support, either via (a) instructor-provided visuals, examples, or enactments 
(“Learning Materials” in Fig. 1), or (b) explicit prompts to engage in visualizing and 
enacting GLAs (“GLA Products” in Fig. 1).

Conversely, prompting learners to engage in visualizing and enacting GLAs 
directly activates their respective modes but ultimately depends on the explaining 
mode. That is, learners must internally self-explain what they visualized or enacted, 
regardless of whether they were explicitly prompted to explain. This suggests the 
effectiveness of visualizing and enacting GLAs depends on the extent to which they 
support high-quality internal explanations. It also suggests visualizing and enacting 
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GLAs are most appropriate when the provided learning materials do not already 
provide this type of support, such as when learning from expository text, mathemat-
ics word problems, or equations. Ideally, prompting learners to visualize or enact 
would cause learners to spontaneously generate internal self-explanations. However, 
learners may still need explicit prompting to engage the explaining mode. Thus, 
the framework posits learners may benefit from prompting to engage in explain-
ing GLAs across a wide range of learning contexts, and a major instructional goal 
should be to provide appropriate visualizing and enacting support (either via pro-
vided materials or GLAs) to facilitate high-quality explanations.

In the following sub-sections, I use prior research on GLAs to demonstrate evi-
dence for the facilitative functions of visualizing and enacting for explaining. Thus, 
I specifically focus on studies that (a) manipulate some aspect of visualizing and 
enacting support (either via provided representations or visualizing and enacting 
GLAs) and (b) measure their effects on learners’ explanations during learning and 
subsequent learning outcomes (comprehension or transfer).2 In subsequent sections 
of the article, I address several general and GLA-specific factors that may moder-
ate the effectiveness of GLAs, including learner characteristics and level of GLA 
support.

Visualizing Facilitates Explaining

One implication of the framework is that explaining GLAs should be most effec-
tive when learners receive explicit visualizing support. In a study by Ainsworth 
and Loizou (2003), college students studied a lesson on the human circulatory 
system that consisted of provided text or provided diagrams. All students were 
prompted to generate self-explanations during learning. Students who self-
explained diagrams generated more inferences in their explanations and per-
formed better on a subsequent comprehension test than students who explained 
text only. In terms of the framework, these findings suggest the provided dia-
grams served to explicitly display the structural organization of the circulatory 
system, which facilitated inferences about the system’s causal mechanisms and 
allowed learners to generalize their knowledge to new situations. In contrast, 
learners who only self-explained text were forced to internally visualize and 
enact what they were reading without the availability of an external visualiza-
tion as a scaffold.

A study by Butcher (2006) replicated and extended the findings from Ainsworth 
and Loizou (2003) to different forms of visualizing support. First, the study repli-
cated the finding that students generated more inferences about the human circula-
tory system when they learned from provided text and diagrams compared to text 

2 Most prior studies on GLAs test the effectiveness of individual GLAs on learning outcomes without 
(a) systematically manipulating the provided learning materials and/or (b) measuring the quality of learn-
ers’ explanations during learning. Thus, such studies cannot provide direct insight into the interdepend-
ent nature of the three sense-making modes, as described in the proposed framework. I discuss this issue 
in the “Future Research Directions” section.
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alone. Furthermore, the study found that students generated more accurate infer-
ences when they self-explained diagrams that emphasized the conceptual structure 
of the system (i.e., blood flow through the four chambers of the heart) compared to 
diagrams that included specific details that were not directly relevant to the heart’s 
function. In line with the framework, high-quality visualizing support that empha-
sized the conceptual organization of the learning material facilitated higher quality 
self-explanations, which resulted in better learning outcomes.

Another form of visualizing support is to prompt learners to generate their own 
visualizations. A study by Bobek and Tversky (2016) compared the effectiveness 
of asking college students to generate written self-explanations or create drawings 
on paper while learning from texts on how a tire pump works and the differences 
between ionic and covalent bonds. Because the provided materials consisted of text 
only, learners were not provided explicit visualizing support. Thus, according to the 
framework, students prompted to write explanations were forced to internally visual-
ize and enact the learning materials on their own. On the other hand, creating draw-
ings on paper allowed learners to create an external visual representation on paper, 
which may facilitate internal self-explanations (Cox, 1999). Learners who created 
drawings exhibited higher comprehension test performance than learners who wrote 
verbal summaries (see also Scheiter et al., 2017). This suggests explicit support to 
visualize from text was more effective at fostering inference generation than explain-
ing without provided visualizing support. This effect applied to materials organized 
around the mechanics of a physical system (a tire pump) as well as materials organ-
ized around a more abstract comparison structure (ionic vs. covalent bonds).

The framework suggests visualizing activities like drawing are effective inso-
far as they support higher quality explanations. However, like many GLA studies, 
the study by Bobek and Tversky (2016) tested explaining and drawing separately 
and thus it could not directly assess how drawing affected the quality of students’ 
explanations. A recent study by Fiorella and Kuhlmann (2020) addressed this issue. 
College students studied a text about the human respiratory system and then were 
asked to “teach” what they learned on video to a fictitious peer. Students were 
taught by either orally explaining, creating drawings on paper, or creating drawings 
while orally explaining. One week after teaching, all students completed compre-
hension and transfer tests. Students who created drawings while explaining gener-
ated more elaborative inferences in their oral explanations than students who only 
orally explained, and this resulted in better subsequent comprehension and transfer 
test performance. Interestingly, the drawing-only and explaining-only groups did 
not significantly differ, suggesting (as the framework assumes) learners may need 
explicit prompting to explain what they visualize or enact.

Taken together, the studies described above support the basic assumption of the 
framework that provided and learner-generated visualizations function to facilitate 
explanations, which results in better understanding. Other studies report a comple-
mentary pattern of results (Cromley et al., 2010, 2013; Eitel et al., 2013), includ-
ing research on self-explaining dynamic visualizations (e.g., de Koning et al., 2011) 
and multiple visual representations (Berthold & Renkl, 2009; Rau et al., 2015). One 
question raised by this prior work is whether learners benefit more from provided 
or generated visuals, an issue that has yielded mixed results in the literature (see 
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Fiorella & Zhang, 2018; Guo et al., 2020). Provided visuals ensure learners receive 
an accurate representation, but recent work suggests they can at times serve as a 
crutch rather than a scaffold. In a study by Fiorella (2022b), college students wrote 
explanations after each part of a video on the human kidney. Students who explained 
with provided visuals from the lesson generated higher quality explanations than 
students who explained without provided visuals; however, there was no difference 
in performance between the two explanation groups on a subsequent transfer test. 
This suggests students likely relied on the provided external visual rather than inter-
nalizing the visual.

There are also downsides of learner-generated visuals. While generating visu-
als can force learners to attempt to internally visualize the material, visualizing 
GLAs like drawing can be cognitively demanding and time consuming, particularly 
when learners have insufficient background knowledge or receive insufficient guid-
ance. Consequently, many learners may struggle to generate high-quality drawings. 
Recent work by Zhang and Fiorella (2019, 2021) and related early work by Van 
Meter (2001) suggest learners may benefit most from a combination of generated 
and provided visuals. Specifically, Zhang and Fiorella (2019) found college students 
learned performed best on a transfer test when they created drawings of a text on the 
human circulatory system before (rather than after) viewing an instructor-provided 
visual. This suggests learners benefit most from viewing a provided visual as feed-
back rather than prior to creating their own. When provided visuals are available 
first, drawing may tempt learners to merely copy the provided visual rather than use 
it as a scaffold for sense-making (e.g., see also Fiorella et al., 2020).

Enacting Facilitates Explaining

According to the framework, explicit enacting support is also expected to facili-
tate explanation quality and meaningful learning outcomes. Research by Goldin-
Meadow and colleagues (Cook et al., 2008; Goldin-Meadow et al., 2009) has exam-
ined the role of gestures—enacted by the instructor or by the learner—in supporting 
children’s explanations and understanding of mathematical equivalence problems. 
For example, learners might receive the following problem: 4 + 9 + 3 = 4 + ___, with 
the provided verbal instructions of “I want to make one side equal to the other side.” 
Without additional explicit support, learners must spontaneously visualize and enact 
the appropriate solution strategy on their own to support an internal self-explanation 
of the underlying principle of equivalence. Gestures can serve as a form of enact-
ing support by using one’s body movements to explicitly simulate the solution pro-
cedure. For example, instructors can make a sweeping gesture under each side of 
the equation to represent the “equalizer” strategy. Many studies have shown that 
children benefit from both observing and enacting appropriate gestures compared 
to only receiving verbal instruction (or engaging in irrelevant gestures), reflected 
by superior performance on subsequent tests that require children to transfer their 
knowledge of mathematical equivalence to new problems (Novack and Goldin-
Meadow, 2015).
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In line with the framework, this research also reveals that a key benefit of ges-
turing is that it adds appropriate problem-solving strategies to children’s verbal 
explanations. In a study by Goldin-Meadow et al. (2009),  children learned to solve 
mathematical equivalence problems by generating correct gestures, partially correct 
gestures, or no gestures. Specifically, students were taught the correct or partially 
correct version of the “V” strategy, which involves using two fingers to show how 
two numbers on one side of the equation can be grouped and moved to the other 
side of the equation. All children received the same verbal instruction to “make one 
side of the equal to the other.” After the instruction phase, children were asked to 
solve new problems and explain their solution methods. As predicted, generating 
correct gestures led to better problem-solving performance than generating partial 
gestures, which was more effective than generating no gestures. Critically, this effect 
was mediated by whether children verbalized the “grouping” strategy in their expla-
nations. That is, viewing the correct “V” strategy helped learners spontaneously 
self-explain the principle of “grouping,” which resulted in better problem-solving 
performance. The facilitative effects of gesturing for mathematics problem-solving 
have been observed in many other studies (see Wakefield & Goldin-Meadow, 2019) 
and align with the basic assumptions of the generative sense-making framework.

A study by Nathan and Martinez (2015) demonstrated the facilitative effects of 
gesturing for explaining when learning from science text. In three experiments, 
college students were interviewed after reading a lesson on the human circulatory 
system. Experiment 1 showed that students generated more gestures when they 
responded to inference questions compared to general knowledge questions that did 
not require inference generation. This supports the assumption that gestures are used 
to facilitate knowledge integration and generalization (i.e., the explaining mode). 
Experiment 2 showed that students gestured more frequently when they learned 
from a text without illustrations compared to a text with illustrations. In both cases, 
students generated a similar number of inferences, suggesting that students learn-
ing from text only used their gestures to make up for the lack of a provided visual. 
Finally, Experiment 3 showed that when learners were prevented from making ges-
tures while explaining, they generated fewer inferences. Taken together, this pattern 
provides strong evidence for the role of gestures in facilitating inference generation 
and knowledge generalization (see also Cutica et al., 2014; Nathan et al., 2021; Pile-
gard & Fiorella, 2021).

Finally, there is evidence that manipulating task-relevant objects supports learn-
ers’ explanations during learning. In a recent study by Lafay et al. (2021),  third and 
fifth graders used concrete manipulatives (e.g., colored plastic chips) or paper-and-
pencil to solve “part-whole” or “compare” word problems (e.g., “Aurelie picked 13 
bananas, which is 9 more than Jeremy. How many bananas did Jeremy pick?”). After 
solving the problems, all learners were asked to explain how they got their answer. 
Among the third graders, students who used manipulatives used more accurate prob-
lem-solving strategies and produced higher quality verbal justifications of their solu-
tions than students who learned with pencil and paper. In contrast, fifth graders did 
not benefit from using manipulatives, perhaps because they were able to represent 
the structure of the word problems on their own without additional enacting sup-
port. Overall, this study demonstrates that appropriate enacting support facilitates 
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explanation-based reasoning, including the ability to generate inferences about the 
general structure of mathematics word problems (see also Glenberg et  al., 2007; 
Manches & O’Malley, 2016; Martin & Schwartz, 2005; Wall et al., 2022).

Examples Facilitate Explaining

There is also strong evidence that the effectiveness of learning from examples ulti-
mately depends on the explaining mode (Renkl, 2014, 2022). In terms of the gen-
erative sense-making framework, examples provide learners explicit visualizing and 
enacting support by grounding abstract principles within more specific situations. 
There are two primary ways to support learning from examples examined in the lit-
erature (Renkl, 2014): self-explaining worked examples and comparing across mul-
tiple examples.

First, there is substantial literature on the benefits of learning from worked 
examples, particularly for novice learners (Renkl, 2014, 2022). Worked examples 
explicitly provide learners with the problem, each solution step, and the solution. 
Additionally, worked examples may provide explanations of the solution steps, but 
these explanations can sometimes interfere with learner-generated self-explanations 
(Schworm & Renkl, 2006). Worked examples are a strong form of visualizing and 
enacting support because they explicitly display the sequential organization of the 
solution steps in a way that demonstrates (or simulates) how to solve the problem. 
Worked examples can also include provided visuals in addition to text and equations.

Research suggests the effectiveness of worked examples depends on whether 
learners generate “principle-based explanations”—explanations of the general prin-
ciple underlying the problem (Renkl, 2014). Learners may not spontaneously gener-
ate principle-based explanations when studying worked examples (Chi et al., 1989; 
Renkl, 1997), and so they often need explicit prompting and support to engage in 
self-explaining. For example, Atkinson et  al. (2003) found that prompting high 
school learners to self-explain probability worked examples by identifying the 
underlying principle (e.g., principle of complementarity, multiplication principle, 
addition principle) led to greater transfer to new problems then learners who did 
not receive prompting to self-explain. Other studies show a similar result (Hilbert 
& Renkl, 2009; Hilbert et al., 2008; Renkl et al., 1998). There is also evidence that 
improving the design of worked examples (i.e., improving the quality of visualizing 
and enacting support) helps learners generate higher quality explanations. For exam-
ple, research by Catrambone (1996) shows that visually grouping solution steps by 
their underlying sub-goals helps learners better organize these steps around gen-
eral solution procedures (as indicated by the quality of their self-explanations), and 
results in better transfer performance. Thus, in line with the assumptions of the gen-
erative sense-making framework, enhanced visualizing and enacting support facili-
tates higher quality learner explanations and better subsequent transfer performance.

Second, there is also substantial research on the benefits of comparing across 
multiple examples or cases (Holyoak, 2012; Rittle-Johnson & Star, 2011), in 
which learners explain the similarities across examples that share the same under-
lying principle. Like worked examples, providing multiple examples supports the 



1 3

Educational Psychology Review           (2023) 35:50  Page 19 of 42    50 

visualizing and enacting modes, but particularly when the examples are explicitly 
juxtaposed side-by-side (i.e., organized) to facilitate comparison. Still, many learn-
ers do not generate comparisons spontaneously (Catrambone & Holyoak, 1989) and 
thus need explicit prompting and support. For example, in a study by Gentner et al. 
(2003),  college students learned from multiple cases describing negotiation strat-
egies, such as the trade-off strategy and the contingent-contract strategy. Learners 
who received explicit prompting to compare two cases involving the same underly-
ing strategy were much more likely to use that corresponding strategy in a subse-
quent transfer scenario than those who studied the cases separately. Furthermore, 
the extent to which learners identified the underlying principle across the cases was 
strongly associated with their transfer performance. Many other studies show that 
explicitly prompting and guiding learners to compare examples or cases results in 
better transfer performance by helping learners induce underlying principles (Alfieri 
et al., 2013; Gerjets et al., 2008;  Richland & Sims, 2015). Overall, the pattern is 
aligned with the core assumption of the generative sense-making framework: the 
explaining mode is grounded in the visualizing and enacting modes.

Barriers to Sense-Making

Prompting learners to engage in GLAs by no means guarantees that sense-making 
will be successful. GLAs are general strategies or heuristics intended to encourage 
and guide each sense-making mode: explanations should ideally convey appropriate 
inferences about underlying mechanisms and principles, visualizations should ide-
ally convey appropriately organized conceptual structures, and enactments should 
ideally convey task-relevant movements to appropriately simulate knowledge. Yet 
for myriad reasons, learners may struggle to actually generate high-quality repre-
sentations and thus may not benefit from GLAs (Renkl, 1997; Van Meter, 2001). 
Indeed, there are several examples of studies that do not show a benefit of engaging 
in GLAs (e.g., Colliot & Jamet, 2019; Cooper et al., 2001; Grobe & Renkl, 2006; 
McNeil et al., 2009; Schwamborn et al., 2010; Van Meter et al., 2006). Prior reviews 
have identified potential boundary conditions of individual GLAs associated with 
learner characteristics like age, prior knowledge, cognitive abilities, and beliefs, 
and instructional characteristics like the design of the provided learning materials 
and the level of GLA support provided (Bisra et al., 2018; Brod, 2021a; Fiorella & 
Zhang, 2018; Lachner et al., 2021a). Here I aim to synthesize these factors into the 
learner characteristics that serve as potential “barriers” to sense-making, and later I 
describe how to modify instruction in ways that might overcome some of these bar-
riers. Table 2 summarizes three types of barriers that might impede one’s ability to 
productively engage in GLAs.

Cognitive Barriers

Cognitive barriers include insufficient background knowledge or available work-
ing memory capacity to engage in GLAs effectively (Castro-Alonso et  al., 2021). 
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Learners must have sufficient background knowledge to generate the inferences 
required for sense-making (Simonsmeier et al., 2022; Willingham, 2007). Without 
sufficient background knowledge, the learning material simply will not make sense 
regardless of which GLA is used. That said, assuming learners have sufficient back-
ground knowledge, there is evidence that learners with relatively low knowledge 
often benefit more from GLAs than learners with relatively high knowledge (see 
Fiorella & Mayer, 2015). One likely explanation is that higher-knowledge learners 
are more likely to spontaneously engage in sense-making without the need for sup-
port. Indeed, people are more likely to spontaneously explain information or situa-
tions that are highly familiar (Lombrozo, 2006).

A related barrier concerns whether learners have sufficient available work-
ing memory capacity to engage in GLAs effectively (Breitweister & Brod, 2021a, 
2021b). As Brod (2021a) argues, some GLAs are more cognitively demanding than 
others, which may explain potential age-related differences in GLA effectiveness. 
For example, drawing and generating questions are likely more cognitively demand-
ing than predicting or generating answers to questions. Indeed, there is evidence 
that drawing is not effective for elementary school students (van Essen & Ham-
aker, 1999; Van Meter et  al., 2006), and middle schoolers benefit from drawing 
only if they receive extensive guidance (Van Meter, 2001; Van Meter et al., 2006). 
In contrast, a meta-analysis by Bisra et  al. (2018) suggests that prompting learn-
ers to self-explain is effective for learners across elementary school, high school, 
and at the undergraduate level, though the effect size appears slightly higher for 
undergraduates.

Other research indicates individual differences in cognitive abilities may con-
tribute to the effectiveness of some GLAs. For example, Zhang and Fiorella (2019) 
found learners with higher spatial ability generated higher quality drawings, which 
led to better transfer test performance. Thus, spatial ability likely influences one’s 
capacity to engage in the visualizing mode. The role of cognitive abilities and prior 
knowledge may also interact to influence the effectiveness of GLAs. For instance, 
according to the circumvention-of-limits hypothesis (Hambrick et al., 2012), learn-
ers rely on general cognitive abilities, such as spatial ability, when they have rela-
tively low prior knowledge, but cognitive abilities may play less of a role as learners 
gain expertise.

Instructional design also influences learners’ capacity to engage in GLAs. If 
the design of the learning materials imposes extraneous cognitive load, such as 

Table 2  Potential barriers of GLAs
Type of barrier Examples

Cognitive Insufficient background knowledge to generate appropriate inferences
Insufficient working memory capacity to manage demands of GLAs

Metacognitive Insufficient strategic knowledge of how and when to use GLAs
Antagonistic existing learning habits that interfere with GLA use

Motivational Unproductive beliefs about learning material (e.g., low task value)
Unproductive beliefs about GLAs (e.g., low self-efficacy for GLAs)
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by including seductive details or requiring excessive visual search across multiple 
sources of information, then this may interfere with learners’ ability to productively 
explain, visualize, and enact (see Mayer & Fiorella, 2022; Sweller et al., 2019).

Metacognitive Barriers

Metacognitive barriers include insufficient strategic knowledge of what GLAs are, 
how to select appropriate GLAs, and how to implement them effectively. As men-
tioned above, many learners do not use GLAs spontaneously, such as when studying 
texts (Fiorella & Mayer, 2017), visualizations (Renkl & Scheiter, 2017), or worked 
examples (Chi et al., 1989; Renkl, 1997), or when solving problems (Rellensmann 
et al., 2022), discussing material with peers (Roscoe & Chi, 2007), or writing essays 
(Scardamalia & Bereiter, 1987). For example, Fiorella and Mayer (2017) found that 
most students simply reproduce the contents of science texts when taking notes, but 
the small proportion of students who spontaneously attempted to create images or 
diagrams tended to perform better on a subsequent comprehension test.

Even with explicit prompting, GLAs still require learners to effectively plan, 
monitor, and regulate their GLA performance to produce high-quality explanations, 
visualizations, and enactments. Many learners struggle to generate high-quality rep-
resentations without explicit instructional support. For example, generic prompts 
to explain, visualize, or enact are generally not as effective as providing specific 
prompting or scaffolding (e.g., Berthold et al., 2009; Schmeck et al., 2014). Support-
ing quality representations is important because, not surprisingly, the quality of what 
learners generate during learning generally predicts performance on subsequent 
comprehension and transfer tests (e.g., Chi et al., 1989; Fiorella & Kuhlmann, 2020; 
Goldin-Meadow et al., 2009; Renkl, 1997; Schwamborn et al., 2010). Furthermore, 
as Cromley (2020) notes, effectively coordinating across multiple (provided or gen-
erated) representations is cognitively and metacognitively challenging, and learners 
often need explicit support to ensure they are generating appropriate inferences.

Informing learners about how to use GLAs and why they are effective also does 
not guarantee learners will spontaneously transfer them to new learning situations 
on their own (Manalo Uesaka Chinn, 2018). Recent research suggests many learners 
may be aware of effective learning strategies, but they do not necessarily apply this 
knowledge to their actual studying (Rea et al., 2022). One likely contributing fac-
tor is that learners may have suboptimal existing learning habits, such as passively 
rereading, underlining, or highlighting (Bjork et al., 2013; Dunlosky et al., 2013), 
which can serve as a metacognitive barrier for spontaneous use of GLAs (Fiorella, 
2020).

Motivational Barriers

Motivational barriers include beliefs about one’s ability to use GLAs successfully, 
the perceived value of GLAs for achieving one’s goals, or the perceived cost of 
GLAs (e.g., Schukajlow et al., 2022). There is substantial research indicating that 
various aspects of academic motivation are associated with self-regulated learning 
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strategies and academic achievement (Winne & Marzouk, 2019; Rosenzweig et al., 
2019; Schunk and Greene, 2017) . For example, learners who believe they are capa-
ble of success, perceive the learning material as valuable, and attribute their learning 
more to their effort than ability tend to engage in more effortful learning strategies 
and persist during challenges than learners with a less productive motivational pro-
file (see Renninger Hidi, 2019; Wentzel & Miele, 2016).

Despite the vast literature on achievement motivation, there is limited direct evi-
dence examining learners’ motivation to use specific learning strategies (Karabenick 
et al., 2021), or what Schukajlow et al. (2022) refer to as strategy-based motivation. 
Recent research found that students’ motivational beliefs about drawing, includ-
ing their expectancies for success, were associated with their spontaneous use of 
drawing during mathematics problem-solving, the quality of their drawings, and 
their subsequent problem-solving performance (Rellensmann et  al., 2022; Schu-
kajlow et  al., 2022). Yet most learners do not use visualizing activities spontane-
ously (Fiorella & Mayer, 2017) and may be more comfortable with verbal activities 
like self-explaining (Miller-Cotto et al., 2022). Furthermore, learners may tend to 
gravitate toward learning activities that they perceive as requiring less effort, such 
as restudying the learning material (e.g., Hui et al., 2022). Overall, GLAs that are 
less familiar, perceived as more cognitively demanding, or perceived as less useful 
impose stronger motivational barriers.

Guiding GLAs

Fortunately, instructors can overcome at least some of the barriers described above 
by appropriately guiding GLAs. As depicted in Fig. 1, appropriate guidance depends 
on adapting the provided learning materials and GLA support based on learners’ 
existing knowledge and beliefs to support the quality of learners’ internal sense-
making processes and external GLA products. Importantly, instructors can then use 
the quality of learners external GLA products as formative assessments, which can 
inform subsequent modifications to the learning materials or GLA support (indi-
cated by the arrow from “External GLA Products” to “Instruction” in Fig. 1).

Provided Learning Materials

Effective GLA guidance begins with well-designed learning materials. First and 
foremost, the learning materials should be knowledge appropriate: the materials 
do not assume knowledge that learners do not already have, nor do they provide 
knowledge that is excessively redundant with what learners already know (Kaly-
uga, 2022). A potential misconception of GLAs is that they depend on “high” prior 
knowledge, or relatedly, that they are a less-guided alternative to providing explicit 
instruction to novices. However, the critical criterion is whether learners have suffi-
cient prior knowledge relative to the learning materials, rather than “low” or “high” 
prior knowledge relative to each other (e.g., see knowledge threshold hypothesis, 
Simonsmeier et al., 2022). Once this threshold is met, learners that have relatively 
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high levels of prior knowledge are more likely to spontaneously engage in sense-
making and thus less likely to benefit from explicit prompting to use GLAs. Learn-
ers with relatively low prior knowledge may be more likely to benefit from GLAs 
but also likely need more explicit GLA support.

The provided learning materials also need to be designed to reduce or manage 
other sources of extraneous cognitive load (Sweller et  al., 2019). Cognitive load 
theory and multimedia learning researchers have identified several design princi-
ples for reducing or managing cognitive load, such as removing seductive details, 
spatially or temporally integrated related sources of information, offloading printed 
text to speech, and breaking down complex materials into more manageable parts 
(see Mayer & Fiorella, 2022; Sweller et al., 2019). Following these design principles 
frees up working memory resources to devote toward GLAs.

GLA Support

Even with well-designed materials, many learners will need explicit GLA support 
to generate high-quality GLA products.3 As summarized in Table 3, there are three 
broad levels of GLA support: explicit instruction, scaffolded practice, and inde-
pendent practice. These levels align with prior research on individual GLAs (e.g., 
Fiorella & Zhang, 2018; McNamara, 2017) and are analogous to guidance recom-
mendations derived by cognitive load theory (Sweller et  al., 2019) : progressing 
from explicit instruction (worked examples) to scaffolded practice (partial problems) 
to independent practice (problem-solving practice). In general, instructors should 
anticipate progressing sequentially through the three GLA guidance levels, though 
learners who present more barriers, such as younger learners, learners with rela-
tively lower domain knowledge, or learners with limited experience using (specific 
types of) GLAs will likely need more explicit support. Again, instructors should use 

Table 3  Three levels of GLA guidance
Guidance level Description

Explicit instruction Instructor-led explanations and examples of how to select and perform GLAs
Scaffolded practice Opportunities to use in GLAs with instructor-provided prompts, hints, or partially 

provided representations
Independent practice Opportunities to use GLAs independently in specific learning situations with 

instructor-provided feedback

3 There may be some situations in which specific GLAs are not effective, even with extensive guidance. 
As mentioned, Brod (2021a) reviews evidence that elementary school learners may not benefit from 
drawing or questioning activities despite scaffolding and practice. These activities may impose unique 
cognitive and metacognitive demands on younger learners, and thus, alternative methods or GLAs may 
be more appropriate. For instance, learners may benefit more from receiving provided visuals (rather 
than drawing) and being prompted to explain and/or from generating responses to provided questions 
(rather than being asked to generate questions on their own).



 Educational Psychology Review           (2023) 35:50 

1 3

   50  Page 24 of 42

learners’ external GLA products as a guide for selecting appropriate levels of guid-
ance and when to progress to the next level.

Explicit Instruction

Explicit instruction involves explanations and demonstrations of how to select and 
perform GLAs in the context of domain-specific examples. This can be in the form 
of provided examples or peer or instructor demonstrations. For example, instruc-
tors can model the (meta)cognitive processes involved in explaining texts or worked 
examples, creating visualizations from text, or using hand gestures to represent prob-
lem-solving strategies (e.g., Cook et  al., 2008; Leopold & Leutner, 2015; McNa-
mara, 2017). Learners may be unfamiliar with GLAs or how to use them, such as 
not knowing what constitutes a quality explanation or drawing, or not knowing how 
to perform activities like concept mapping or task-relevant gestures. Modeling aims 
to reduce cognitive load, provide strategic knowledge, and increase learner self-effi-
cacy prior to learners engaging in GLAs on their own.

Scaffolded Practice

Scaffolded practice involves providing specific prompts or hints (e.g., Berthold et al., 
2009; Roelle et al., 2017) , or partial representations for learners to complete (e.g., 
Fiorella et  al., 2021; Ponce et  al., 2020; Schwamborn et  al., 2010). For example, 
self-explaining is generally more effective when learners receive focused prompts 
targeting specific relationships or principles than when they receive open or generic 
prompts (Berthold et al., 2009). Learners may also benefit from receiving scaffolded 
prompts in which learners fill in key components of an explanation rather than gen-
erating a complete explanation themselves (Bai et al., 2022) . Similarly, drawing and 
mapping activities are typically more effective when learners are provided partial 
drawings, graphic organizers, or concept maps to complete (e.g., Chang et al., 2002; 
Schmeck et  al., 2014; Wang et  al., 2021). The use of manipulatives can be scaf-
folded by using “concreteness fading” (Fyfe et al., 2014): progressing from concrete 
representations that are more familiar learners to more abstract representations that 
support transfer. Another way to scaffold manipulatives is to constrain what learn-
ers can manipulate, such as by using virtual rather than physical objects (Barrett 
et al., 2015). Overall, scaffolding methods primarily serve to reduce the cognitive 
demands of GLAs and focus learners’ attention on critical conceptual relationships.

Independent Practice

Independent practice involves repeated opportunities to use GLAs in specific learn-
ing contexts. Practicing appropriate use of GLAs is important for learners to con-
tinue to use GLAs spontaneously (Manalo Uesaka Chinn, 2018). Simply knowing 
about effective strategies and even intending to use them does not guarantee learn-
ers will use them (e.g., Blasiman et al., 2017), likely because the intention to use 
GLAs competes with learners’ existing habits to use alternative strategies (Fiorella, 
2020; Wood & Runger, 2016). To create a new habit, learners need repeated practice 
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using GLAs successfully in appropriate learning contexts. Instructors can support 
good habits by frequently modeling, scaffolding, and providing feedback for GLAs 
in class. Learners may also benefit from forming if–then plans, or “implementation 
intentions,” to specify the contexts in which they will use GLAs (e.g., Duckworth 
et al., 2011)—for example, “when I see a diagram in a textbook, I will attempt to 
explain what it means to myself,” or “after I read a section in the textbook, I will try 
to create my own visualization to represent the key ideas.” With repeated practice in 
stable and supportive contexts, the decision to use GLAs should become more auto-
matic over time (Lally et al., 2009).

Feedback and Learning from Errors

Scaffolded and independent practice is most effective when it is followed by appro-
priate feedback: information designed to help learners evaluate and correct their per-
formance (see Johnson & Marraffino, 2022; Marsh & Eliseev, 2019). In the GLA 
literature, feedback is often presented in the form of provided explanations, visu-
alizations, or enactments, so that learners can compare what they generated to an 
“expert” representation (e.g., Roelle & Renkl, 2020; van Meter, 2001; Zhang & 
Fiorella, 2021). However, as with other forms of provided representations, learners 
may not spontaneously attempt to make sense of provided feedback without explicit 
prompting and guidance. First, learners may have difficulty detecting their errors, 
such as critical differences between their own drawings and instructor-provided 
illustrations (van Meter, 2001). Second, learners may need support generating inter-
nal feedback—self-explaining why their response was inaccurate and revising their 
knowledge accordingly (Zhang & Fiorella, 2023). Instructors can facilitate learn-
ing from feedback by explicitly highlighting students’ errors, using visualizations 
to scaffold the presentation of feedback, explicitly prompting learners to reflect on 
the feedback, and providing opportunities to discuss feedback with the instruc-
tor and/or one’s peers (e.g., Burkhart et al., 2021; Eshuis et al., 2022; Lachner & 
Neuburg, 2019). Overall, learning from errors is itself a generative activity that ulti-
mately relies on supporting the explaining mode with explicit guidance (see Zhang 
& Fiorella, 2023).

Timing GLAs

Another important consideration is the timing at which GLAs are implemented in 
the learning process. GLAs have traditionally been studied as sense-making activi-
ties during instruction—that is, when the provided learning materials are available 
to learners (e.g., Doctorow et  al., 1978). In this case, learners use their existing 
knowledge to construct a new representation, such as an explanation, visualization, 
or enactment. They may additionally receive modeling, scaffolding, and/or feedback 
to support high-quality representations. However, recent research has explored the 
potential unique benefits of implementing GLAs before or after instruction.
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GLAs as Preparatory Activities

Pre-instruction GLAs serve to activate prior knowledge and thereby prepare learn-
ers to benefit from subsequent instruction. Consistent with the framework, pre-
instruction activities should be most effective for supporting understanding when 
they encourage learners to generate inferences and focus on underlying mechanisms 
rather than on remembering specific information. Research on productive failure and 
generating predictions represents two variations of potentially effective pre-instruc-
tion explaining GLAs.

Productive failure research suggests that learners who attempt to generate solu-
tions to problems prior to receiving explicit instruction generally exhibit better 
understanding than learners who receive explicit instruction prior to problem-solv-
ing (Kapur, 2016; Loibl et al., 2017; Sinha & Kapur, 2021). The benefits of prob-
lem-solving-first approaches appear strongest when learners attempt to solve rich 
problems that afford generating multiple potential solutions (Kapur, 2016; Sinha & 
Kapur, 2021). Similarly, generating predictions before instruction requires learners 
to specify an expectation based on their existing (perhaps naïve) explanation of a 
phenomenon. Consequently, learners are primed to compare their prediction with 
subsequent instruction, perhaps provoking a surprise response that motivates learn-
ers to update their existing explanation (e.g., Brod et al., 2018).

Other research has found support for enacting pre-instruction GLAs. In a study 
by Brooks and Goldin-Meadow (2016), children who performed relevant gestures 
before learning about mathematical equivalence benefited more from subsequent 
instruction than learners who generated irrelevant gestures, even though the rele-
vant gestures group showed no better understanding prior to instruction. Apparently, 
performing relevant gestures helped learners activate relevant motor representations 
that they could map onto unfamiliar symbolic representations.

In line with the framework, pre-instruction activities may be relatively less effec-
tive for understanding when they involve responding to specific questions rather than 
actively generating inferences. For example, pre-testing research indicates learners 
can benefit from taking pre-tests before instruction, even when most of their solu-
tions are incorrect (Carpenter & Toftness, 2017; Richland et  al., 2009); however, 
effects on subsequent post-tests may be limited to the specific information from the 
pre-test (Toftness et al., 2018).

GLAs as Retrieval Activities

After instruction, GLAs require learners to actively retrieve the learning material 
from memory without access to the provided materials. Retrieval practice serves to 
strengthen and consolidate one’s memory, making it more accessible in the future 
(Karpicke, 2012). There is a vast literature demonstrating the benefits of retrieval 
practice, particularly for supporting long-term retention (Adesope et al., 2017; Agar-
wal et al., 2021). Consistent with the framework, retrieval activities should be most 
effective when they encourage learners to actively generate inferences rather than 
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when they only require learners to recognize or reproduce the learning material. 
For example, some studies have found that prompts to explain or elaborate during 
retrieval are more effective than taking free recall tests (Jacob et al., 2020; Lach-
ner et  al., 2021b). Retrieval-based activities also depend on whether learners can 
successfully retrieve high-quality explanations, visualizations, and enactments. 
When retrieval is unsuccessful, learners need feedback or opportunities to restudy 
the learning material, after which they can benefit from additional retrieval practice 
opportunities.

One effective approach is to interpolate retrieval-based GLAs throughout instruc-
tion. Several studies have found benefits of integrating explaining GLAs between 
segments of a lesson (such as an instructional video or text) rather than only at the 
end of a lesson (Fiorella et al., 2020; Fiorella, 2022b; Lachner et al., 2020; Law-
son & Mayer, 2021). For example, Lachner et al. (2020) found college students who 
generated oral explanations on video in between parts of a text about combustion 
engines outperformed those students who explained at the end of the lesson. In this 
case, the GLA serves as a retrieval practice opportunity for the preceding part of the 
lesson and as a potential preparatory activity for the subsequent parts of the lesson.

Other studies have directly compared implementing GLAs during instruction 
(“open-book” or with the materials accessible) to implementing GLAs after instruc-
tion (“closed-book” or without the materials accessible). The results of such com-
parisons have been predictably mixed (Hiller et al., 2020; Roelle & Berthold, 2017; 
Sibley et  al., 2022; Waldeyer et  al., 2020), given that sense-making and retrieval 
activities serve distinct instructional goals and have different strengths and weak-
nesses. GLAs during instruction should generally support more productive encoding 
of the provided materials, but as discussed, the provided learning materials need to 
be appropriately designed and learners likely need explicit guidance to ensure high-
quality representations. On the other hand, retrieval practice should support long-
term retention, yet it depends on whether learners are successful at retrieving the 
information.

Another important factor is whether the specific characteristics of the learning 
materials are more conducive to encouraging elaborative encoding (during instruc-
tion) or retrieval processes (after instruction). For example, Roelle and Nückles 
(2019) found that a during-instruction explaining GLA was more effective learn-
ing from an expository text low in cohesion and elaboration, presumably because 
the GLA encouraged learners to use their prior knowledge to improve cohesion and 
elaborate on the learning material. In contrast, a retrieval-based explaining GLA 
was more effective when the text was high in cohesion and elaboration, presumably 
because these characteristics facilitate retrieval. Additional research is needed to fur-
ther specify the precise conditions under which GLAs are most effective at different 
time points.

Table  4 summarizes how the timing of GLAs serves distinct functions. Under 
the right conditions, there is value in implementing GLAs throughout the learning 
process: before instruction as a preparatory activity, during instruction as a sense-
making activity, and after instruction as a retrieval activity.
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Implications for Theory and Practice

In earlier reviews (Fiorella & Mayer, 2015, 2016), the original eight GLAs were 
examined individually and explained in terms of the select-organize-integrate (SOI) 
framework. That is, GLAs improve understanding because they encourage learners 
to select key ideas, organize those ideas in working memory, and integrate those 
ideas with existing knowledge from long-term memory. Similarly, GLAs fit under 
the constructive mode of the ICAP framework (Chi & Wylie, 2014) because they 
support inference generation and integration of the learning material with one’s 
existing knowledge. The SOI and ICAP frameworks are valuable because they allow 
researchers and educators to distinguish between GLAs and non-generative activi-
ties: Learners who demonstrate evidence of generative or constructive processing 
during learning should generally perform better on measures of comprehension and 
transfer than learners who only show evidence of “active” or “passive” engagement. 
However, the SOI and ICAP frameworks are unable to explain how different types 
of GLAs interact with provided learning materials to uniquely contribute to specific 
internal sense-making processes.

Specifying Unique and Complementary Sense-Making Modes

The generative sense-making framework advances prior work by specifying how 
three interdependent sense-making modes interact to support learner understand-
ing. First, the framework uses prior research on GLAs to distinguish among three 
qualitative distinct sense-making modes: explaining (generating coherent verbal 
representations), visualizing (generating coherent visual representations), and enact-
ing (generating coherent motor representations). Second, the framework uses prior 
research in cognitive science and multimedia learning to specify the primary cogni-
tive function of each mode: explaining generalizes knowledge, visualizing organ-
izes knowledge, and enacting simulates knowledge. Third, the framework uses prior 
research on embodied and grounded cognition to specify the relationships among 
the three modes: the visualizing and enacting modes serve to facilitate the explain-
ing mode, and the explaining mode (by generalizing knowledge) is the proximate 
cause of understanding.

A few key implications follow from this new framework. First, it suggests the 
explaining mode is fundamental to sense-making and thus a primary goal of instruc-
tion is to help students generate high-quality internal (self-)explanations. Because 
many learners may not spontaneously attempt to make sense of what they are 
learning, they will often benefit from explicit prompting and support to engage in 
explaining GLAs. However, a second key implication of the framework is that the 
ability to productively self-explain depends on one’s ability to appropriately ground 
the learning material in high-quality sensorimotor representations (i.e., visualizing 
and enacting). One way to support the visualizing and enacting modes is through 
instructor-provided representations, such as well-designed visualizations, examples, 
and enactments. A second way to support the visualizing and enacting modes is to 
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prompt learners to engage in visualizing and enacting GLAs, such as by creating 
drawings or concept maps, or by gesturing or manipulating objects. In line with 
the framework, the research evidence described in this article suggests high-qual-
ity visualizing and enacting support (instructor-provided or learner-generated) can 
facilitate higher quality explanations (often reflected by a higher number of accu-
rate inferences), which results in better subsequent comprehension and transfer test 
performance. The evidence also suggests a combination of instructor-provided and 
learner-generated visualizing and enacting supports may help maximize the unique 
benefits of both approaches.

Overall, the effectiveness of different types of GLAs depends on all three modes: 
explaining GLAs will be most effective when learners receive sufficient visualizing 
and enacting support to appropriately organize and simulate the learning material, 
and visualizing and enacting GLAs will be effective insofar as they appropriately 
organize and simulate the learning material to facilitate the explaining mode. Thus, 
all GLAs (and instructional methods more broadly) can be seen as tools intended to 
support the generalizing function of the explaining mode by grounding the learning 
material in the visualizing and enacting modes.

Specifying Barriers to Sense-Making and Potential Ways to Overcome Them

Critically, the framework emphasizes that GLAs will not work as intended unless 
the learning environment avoids potential cognitive, metacognitive, and moti-
vational barriers to sense-making. Identifying these barriers provides theoreti-
cal implications for understanding how and when GLAs support understanding 
and practical implications for how instructors might overcome these barriers. At 
the cognitive level, learners need sufficient background knowledge and available 
working memory capacity to make sense of the learning material; at the metacog-
nitive level, learners need sufficient strategic knowledge of how and when to use 
GLAs effectively, efficiently, and spontaneously; and at the motivational level, 
learners need productive beliefs about their ability to use GLAs effectively and 
about the value of GLAs to support their learning goals.

The framework also specifies how instructors might overcome at least some of 
these potential barriers by appropriately guiding and timing GLAs. GLA guidance 
consists of designing knowledge-appropriate learning materials and progress-
ing through the three primary levels of GLA support: explicit GLA instruction, 
scaffolded GLA practice, and independent GLA practice. Importantly, instructors 
should use the external GLA products learners produce as formative assessments 
to identify knowledge gaps or misconceptions and adapt instruction and the level 
of GLA support as necessary. Instructors can also leverage the unique effects of 
implementing GLAs at different time points, such as using GLAs as preparatory 
activities before instruction (to activate knowledge) and retrieval activities after 
instruction (to consolidate knowledge).
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Future Research Directions

The generative sense-making framework provides a blueprint for addressing many 
remaining gaps in our understanding of how GLAs work. Much of prior work has 
tested individual GLAs against relatively weak control conditions, such as non-gen-
erative activities like rereading. Furthermore, some studies have directly compared 
individual GLAs, such as self-explaining and drawing. However, testing individual 
GLAs with a given set of learning materials does not fully capture the interdepend-
ent nature of the three sense-making modes outlined in the proposed framework.

To test the implications of the framework more directly, future research should 
systematically investigate how different forms of visualizing and enacting support 
affect the quality of learners’ explanations and subsequent performance on compre-
hension or transfer tests. One approach is to systematically manipulate the design 
of the provided learning materials—such as provided visualizations, examples, 
or enactments. Another approach is to systematically manipulate the implementa-
tion of visualizing and enacting GLAs—such as with different types of instructions 
or levels of guidance. Research should also explore differences and interactions 
among instructor-provided and learner-generated visualizing and enacting support. 
The framework posits that the effectiveness of visualizing and enacting support on 
subsequent comprehension and transfer tests will be mediated by the explaining 
mode—that is, the extent to which learners generate appropriate inferences about 
the underlying mechanisms or principles of the learning material.

The framework also posits GLAs will only be successful if instructors account for 
potential cognitive, metacognitive, and motivational barriers to sense-making. Fur-
ther research is needed to provide more direct evidence of how these barriers moder-
ate the effectiveness of specific GLAs in different situations. For example, learning 
materials need to be knowledge appropriate, but learners will still vary in their level 
of background knowledge for a given set of learning materials. These individual dif-
ferences may affect the quality of representations learners are able to generate and 
thus the types of guidance they will need to optimize the use of GLAs. Moreover, 
research is needed to understand the unique contributions of domain knowledge, 
general cognitive abilities, and age-related developmental differences on specific 
types of GLAs. For example, although the bulk of prior research on GLAs involves 
learners at the high school or college level, there is evidence that activities like draw-
ing and questioning may not be effective for elementary school students even when 
they receive extensive guidance (Brod, 2021a), thereby highlighting an area where 
a barrier of GLAs might in fact be a boundary. In these cases, students may need 
alternative forms of support, such as explicit prompting to explain provided visuals. 
Similarly, some GLAs might differ in effectiveness for learners with lower versus 
higher general cognitive abilities, such as working memory capacity or spatial abil-
ity. However, at present, we do not know the precise conditions under which specific 
GLAs are most beneficial for learners with different cognitive abilities.

Relatively little research has directly examined the metacognitive and moti-
vational barriers of GLAs. Most studies explicitly prompt learners to use specific 
GLAs, and therefore, little is known about how individual differences in strategic 
knowledge and different types of beliefs about GLAs are associated with the types 
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of strategies chosen to use spontaneously. Studies also rarely test whether learners 
spontaneously transfer explicit instruction on GLAs into their own studying. Long-
term GLA training studies are needed to provide learners sufficient guidance and 
practice on how to apply GLAs most effectively in different learning contexts.

On a related note, many learners may have had little prior experience or explicit 
training using explaining, visualizing, and enacting activities. We know learners 
generally need GLA guidance, but we do not precisely which forms or levels of 
guidance are most effective for different learners. Similarly, we do not know how 
different forms of guidance might interact with the different time points at which 
specific GLAs are implemented throughout the learning process. For example, it 
is unclear the extent to which learners should receive guidance during preparatory 
activities and how to strike the appropriate balance between retrieval effort and suc-
cess when designing GLAs as retrieval activities. Moreover, relatively few studies 
have implemented visualizing and enacting activities as preparatory or retrieval 
activities, and so we do not know the conditions in which different types of activities 
might be most effective at different time points.

Another important direction for future research is to more systematically test 
the assumptions of the proposed framework in collaborative settings. The ICAP 
framework posits that learning activities will be even more effective when learners 
actively co-construct knowledge, such as by generating explanations for each other. 
Similarly, Wu and Rau’s (2019) model of learning with visualizations highlights the 
important socio-cultural role of creating visuals for communicating and problem-
solving in STEM. Future research should test how visualizations and enactments 
among learners can be leveraged to support higher quality explanations and learning 
outcomes.

This review focused on the benefits of GLAs for supporting understanding, yet 
there is growing evidence that GLAs can provide metacognitive benefits by reveal-
ing learners’ level of understanding to themselves and to instructors (see Griffin 
et al., 2019; Prinz et al., 2020; van de Pol et al., 2020). Research is needed to clarify 
the conditions under which specific GLAs uniquely support the accuracy of learners’ 
and instructors’ judgments of learning, and how these judgments affect subsequent 
self-regulation behaviors. For example, like their effects on comprehension, the 
unique functions of explaining, visualizing, and enacting likely yield unique meta-
cognitive cues to instructors and learners that individually or collectively support 
metacomprehension in different situations, such as with different types of provided 
learning materials or at different time points throughout instruction. Thus, in addi-
tion to supporting understanding, GLAs can serve as valuable self- and formative 
assessments to reveal learners’ level of understanding to learners and instructors.

Conclusion

In conclusion, the generative sense-making framework distinguishes among three 
sense-making modes that serve unique and complementary functions: explaining (to 
generalize knowledge), visualizing (to organize knowledge), and enacting (to sim-
ulate knowledge). A key assumption of the framework is that the visualizing and 
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enacting modes serve to facilitate the explaining mode. This suggests a primary goal 
of instruction is to provide visualizing and enacting support via instructor-provided 
representations (e.g., visuals, examples, or enactments and/or visualizing and enact-
ing GLAs (e.g., drawing, mapping, gesturing) to facilitate high-quality self-explana-
tions in learners.

To implement GLAs effectively, instructors need to be cognizant of potential bar-
riers to sense-making, such as insufficient background knowledge, insufficient stra-
tegic knowledge, or unproductive beliefs about GLAs. Instructors may overcome 
many of these barriers by designing knowledge-appropriate materials that minimize 
extraneous load, and by providing explicit GLA guidance to foster high-quality 
explanations, visualizations, and enactments. Instructors should use learners’ exter-
nal GLA products as formative assessments to inform subsequent modifications to 
instruction and GLA guidance. Instructors can also strategically implement GLAs 
throughout the learning process to support specific instructional goals.

Several open questions remain for future research, including precisely how many 
of the variables outlined in this review interact with each other—interactions among 
different types of GLAs, the design of the provided learning materials, learner char-
acteristics, and methods of guiding and timing GLAs. Future research is also needed 
to implement the principles from this review within authentic educational settings 
and assess the long-term impact of GLAs on achievement. Overall, my hope is that 
this article provides researchers a useful framework for continued progress at “mak-
ing sense” of GLAs and provides instructors some practical guidelines for imple-
menting GLAs to support learner understanding.
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