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The protracted nature of the 2016-2017 central Italy seismic sequence, with multiple damaging 
earthquakes spaced over months, presented serious challenges for the duty seismologists and 
emergency managers as they assimilated the growing sequence to advise the local population. 
Uncertainty concerning where and when it was safe to occupy vulnerable structures highlighted the 
need for timely delivery of scientifically based understanding of the evolving hazard and risk. Seismic 
hazard assessment during complex sequences depends critically on up-to-date earthquake catalogues—
i.e., data on locations, magnitudes, and activity of earthquakes—to characterize the ongoing seismicity 
and fuel earthquake forecasting models. Here we document six earthquake catalogues of this sequence 
that were developed using a variety of methods. The catalogues possess different levels of resolution 
and completeness resulting from progressive enhancements in the data availability, detection 
sensitivity, and hypocentral location accuracy. The catalogues range from real-time to advanced 
machine-learning procedures and highlight both the promises as well as the challenges of implementing 
advanced workflows in an operational environment.

Background & Summary
National building codes prescribing earthquake-resistant design remain the backbone of earthquake risk reduc-
tion as they consider the seismic hazard of strong ground motions experienced over decades to centuries. But 
during a seismic sequence, the seismic hazard can !uctuate signi"cantly from day-to-day, which may drive alter-
native mitigation actions such as closure of vulnerable buildings, emergency shoring up of others to relocation 
of populations from hazardous areas. Such measures are based on a scienti"c understanding of earthquake gen-
eration, e.g., its statistical behaviour or underlying physical processes. Advancing this understanding requires 
a continuous improvement of sequence-speci"c information in near real-time. $e earthquake catalogue is 
the primary tool, and its content depends on the underlying observational methodologies. Recent advances in 
machine learning applied to earthquake detection and characterization currently boost the information content 
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of catalogues by signi"cantly lowering the detection threshold and include more small-magnitude events. 
Advanced work!ows for improved location accuracy provide sharper resolution of structures that have great 
potential for gaining new insights into the underlying processes.

$e 2016–2017 central Italy sequence provides an opportunity to demonstrate the evolution of our obser-
vational capability and earthquake analysis methods. $e sequence contained three main events with moment 
magnitudes Mw ≥ 5.9 and four Mw5.0‒5.5 (Fig. 1). Together, they ruptured an 80-km long fault system of the 
central Apennines over a period of six months. $is protracted sequence highlights the scienti"c challenge to 
track the evolution of a seismic sequence with multiple mainshocks and societal challenge to rapidly identify and 
characterize the evolving hazard.

$e 2016–2017 central Italy sequence was recorded by a dense network of up to 155 seismic stations for over 
one year, owing to the rapid response e%ort of an Italian–UK scienti"c collaboration1 (Fig. 1). $is collaboration 
resulted in the development of six high-quality earthquake catalogues, each derived using di%erent approaches 
re!ecting di%erent operational and scienti"c requirements (i.e., ranging from robust real-time surveillance sys-
tem to o&ine state-of-the-art methods). Most of this collection is the result of the NSFGEO-NERC project “!e 
central Apennines earthquake cascade under a new microscope” (NE/R0000794/1), which investigated the com-
plexity of earthquake interactions and developed physics-based and stochastic models to forecast the evolution 
of seismicity in space and time. While each of the catalogues has been described and the results interpreted in 
detail in separate publications, the goal here is to provide a comparative description of, and access to, all the 
catalogues together for subsequent analysis by the wider community. High-resolution earthquake catalogues 
have in fact the potential to provide more robust descriptions of the evolving sequence in several ways including 

Fig. 1 Map of the study area. Green points refer to events that occurred between 1981 and 2016 before the 
sequence onset (Chiaraluce and Di Stefano, p.c.), whereas the black-coloured events occurred during the 
sequence, between 23 August 2016 and 31 August 2017 as contained in the CAT0 catalogue (i.e., 73,009 events 
detected and recorded by INGV’s monitoring room). Yellow stars marked events with 5.0 ≤ Mw ≤ 6.5 with their 
focal mechanisms (from A to I) shown; red beach balls indicate the mainshocks with MW≥6.0 and blue ones 
with MW < 6.0. $e blue triangles denote seismic stations located within the map area while surface ruptures25 
are reported as green lines.
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illumination of previously undetected seismogenic faults2. Such structures are commonly underreported in 
real-time earthquake catalogues. We expect that these catalogues will motivate new analyses bringing new 
understanding of both the statistical nature of earthquake interactions and the underlying physics. Application 
of advanced work!ows in other areas have revealed hundreds of thousands of hidden earthquakes3,4, providing 
new insights to hidden structures and the tectonic environment.

Current methods for time-dependent earthquake forecasts reside in a low-probability and high-uncertainty 
environment, which limits their operational use5. For instance, before the Central Italy sequence started with 
the MW6.0 Amatrice event, the probability that one or more M ≥ 4 earthquakes occur within the next week 
inside the area shown in Fig. 1 was ~0.8% (Marzocchi et al.6); any speci"c decision based on such numbers is not 
warranted7,8. As outlined in the following, the six catalogues presented here may have an impact on earthquake 
predictability research9, which could improve decision support during seismic sequences10.

$e catalogues are facilitating the development of innovative forecast models11,12 to support better decision 
making during seismic sequences. $e catalogues vary in their content and accuracy due to operational con-
straints and choices regarding event detection and association, location resolution, estimation of event magni-
tude and other source parameters. Most comprehensive catalogues are currently not available in near-real-time, 
but their potential short-term forecasting skill needs to be investigated and quanti"ed. Attributes that increase 
forecast skill are promising targets for incorporating in operational work!ows. Some advances such as near 
real-time relocation procedures (e.g., DDRT13) and machine-learning picker PhaseNet14 have already been 
adopted for operational monitoring in tectonic (Northern and Central California13) and volcanic (Axial 
Seamount15; Mayotte and Martinique islands16) areas. Speci"cally, the comprehensive catalogues will permit 
a more detailed examination of the magnitude–frequency distribution (MFD) as they extend to lower magni-
tudes. For instance, testing whether the Gutenberg–Richter (GR) relation holds at low magnitude (ML < 1.5) is 
of paramount importance for understanding if b-value variations (i.e., the changing slope of the GR relation) 
have a physical meaning or if they result from departures from an exponential MFD17,18. $ese catalogues can 
help test hypothesis such as the predictive value of a spatiotemporal variations in terms of b-value (e.g., Gulia 
and Wiemer19; García-Hernández et al.20; Herrmann et al.21). With these catalogues, there are many more prop-
erties about earthquake occurrence that can be studied in more detail22, such as earthquake triggering, interac-
tion, and spatiotemporal clustering.

Methods
We describe here the set of six earthquake catalogues by providing necessary information on the procedures and 
techniques adopted to generate them. All the catalogues cover one year of seismic activity of the 2016‒2017 central 
Italy sequence. Activity initiated abruptly and without foreshocks on August 24 with a MW 6.0 event (event A in 
Fig. 1; Tinti et al.23) near the town of Amatrice. A month later, it was followed on October 26 by the MW 5.9 event 
near Visso (event D in Fig. 1). Four days later, on October 30, the largest event with MW 6.5 occurred near the town 
of Norcia (event E in Fig. 1; Chiaraluce et al.24). $is earthquake ruptured the entire length of the Mt. Bove and Mt. 
Vettore fault zone between the towns of Amatrice and Visso, including segments of the fault that slipped during 
the previous events as evidenced by surface ruptures25 (Fig. 1), coseismic slip models26 and a'ershock distribu-
tion27. $e sequence strengthened a "nal time on January 18, 2020, with a series of four events with 5.0 ≤ MW ≤ 5.5 
(events F, G, H, I in Fig. 1), that activated the southernmost segment of the fault system near Campotosto. Other 
notable events include a MW5.3 earthquake (B in Fig. 1) that occurred 1 hour a'er the Amatrice mainshock on an 
antithetic fault24, and a MW5.4 earthquake (event C in Fig. 1) that preceded the Visso event by 2 hours.

$e catalogue set ranges from a standard routine catalogue generated by the real-time monitoring system 
at the Istituto Nazionale di Geo"sica e Vulcanologia – INGV (CAT028) to high-resolution catalogues generated 
o&ine with up-to-date standard (CAT429) and machine-learning (CAT530) approaches.

Real-time and derived conventional catalogues (e.g., CAT0 and CAT1) rely on a routine detection, visual 
inspection, and manual travel time measurements by an analyst. Consequently, such catalogues generally under-
report small events because their focus is on properly capturing and characterizing the larger events. $ey also 
have a relatively low hypocentral location accuracy due to use of regional Earth models and single event location 
procedures. $ese limitations can result in poor spatial resolution of seismicity creating a vague depiction of the 
fault system. Yet, these preliminary catalogues typically include all major events (here above ~ML3.5)—including 
those found in the coda wave train of the largest events, when automatic approaches may miss many events—
rendering these catalogues critical for assessing the stability of alternative catalogues. Creating a high-resolution 
earthquake catalogue in real-time during a seismic sequence is particularly di(cult due to both the need of a 
series of cross check on the results and the increasing number of deployed seismometers (mainly in the "rst few 
days-weeks), which leads to variable network geometry and growing data volume.

The earthquake catalogues. All six catalogues cover the period between August 2016 and August 2017. 
$e attributes of all the catalogues are summarized in Table 2. $eir properties  are compared qualitatively and 
quantitatively in terms of the spatial distribution of locations (Fig. 2), temporal evolution (Fig. 3), hypocentral loca-
tions quality parameters (Fig. 4), magnitudes, in terms of MFDs (Fig. 5), and spatial density (Fig. 6). Table 1 reports 
their time span, number of events, type of analysis, completeness magnitudes, and number of events above ML > 4.

$e o&ine catalogues created using advanced event detection, seismic phase picking, and association algo-
rithms and/or machine learning approaches, provide many more (six to ten times, see Table 1, Figs. 3 and 5) 
events and greater accuracy in the arrival-time measurements, allowing better quality of locations (Fig. 4, top 
right). In addition, multiple-event location techniques complemented by waveform cross-correlation measure-
ments, lead to a signi"cant improvement in the spatial resolution (Fig. 4), extending the reach of observational 
geology deep into the subsurface Table 2.
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Fig. 2 Spatial distribution of epicenters for the six catalogues, each represented by a separate colour (see 
legend), only for events with a local magnitude ML ≥ 1.0. $e white circles correspond to the larger events 
identi"ed with stars in Fig. 1. Note that the circle sizes scale continuously with magnitude; the items in the 
legend only represent the sizes for integer values.

Fig. 3 Timeline of event magnitudes (a) and event rates (b) of the six catalogues. Note that CAT0 is barely 
discernible and mostly overlaid by CAT1, which inherited CAT0’s events; the same applies to CAT3 and CAT4.
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CAT0. $is is the only catalogue of the 2016–17 sequence generated in real time. It consists of 73,009 events 
covering the period from 2016-08-23 to 2017-08-31 with INGV local magnitude28 ML ranging 0.50 ≤ ML ≤ 6.12. 
$e earthquakes are detected and located by the INGV national seismic permanent network and monitoring 
room, connected to the Italian Civil Protection. P- and S-waves arrival times revised in nearly real-time (within 

Fig. 4 Normalized distributions of location uncertainties and quality parameters. Top row shows for CAT0, 
CAT1, and CAT3: absolute location errors in horizontal (a) and vertical direction (b), azimuthal gap (c), and 
root mean square error (d). Note that the location errors of CAT0 were derived di%erently from CAT1 and 
CAT3 and are overly optimistic. Bottom row shows for CAT4 and CAT5 the bootstrap relative location errors 
at the 95% con"dence in horizontal direction for the major (e) and minor axis (f ) of the error ellipsoid, and 
in vertical direction (g). For CAT2, only the average value of the horizontal and vertical location errors for a 
representative subset of the events are reported; these Dirac-delta-like distributions were added to the bottom 
row sub"gures (e and g), because error estimation in CAT2 is most similar to CAT4 and CAT5.

Fig. 5 Magnitude–frequency distribution (MFD) of the six catalogues in terms of histogram ("lled areas) and 
cumulative distribution (solid and dotted curves) for local magnitude, ML. Note that CAT1 and CAT2 have a 
0.1 magnitude binning as opposed to the 0.01 magnitude binning of the other CATs (and therefore a coarser-
stepped histogram and cumulative distribution). For CAT5, also MFD of the moment magnitude, Mw, is shown 
(grey). $e MFDs are truncated at ML−1.0.
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30 minutes) by the duty seismologists in the INGV seismic monitoring room are used to compute locations 
using a linearized inversion approach encoded in the IpoP code31,32. Travel times are computed using a coarse 
regional (nationwide) velocity model consisting of homogeneous 1D horizontal layers with "xed VP/VS ratio 
(1.7333). Each event is independently located by analysts (seismologists) applying di%erent setups in terms of 
starting location or readings and outliers’ removal with distance depending on the purpose. $us, during a 
seismic crisis standard catalogues usually under-report small magnitude events (see Fig. 5). All events, however, 
are visually inspected and veri"ed. $ey contain all the larger events of the sequence including most of the ones 
detectable in the coda of the mainshocks, usually missing in the automatically generated catalogues.

CAT1. $is catalogue consisting of 82,356 absolute locations, is the extended version of the catalogue released 
by Chiaraluce et al.24. It covers the period from 2016-08-24 to 2018-01-17 with INGV local magnitude ranging 
0.0 ≤ ML ≤ 6.12. CAT1 was generated starting from the same the P- and S-wave arrival times of CAT0 with the 
addition of arrivals derived from 24 temporary stations deployed a'er the sequence onset. Hypocentral loca-
tions were determined using a layered 1D P- and S-wave velocity model with gradients. $e model is a version of 
the layered minimum 1D model estimated for the region by Carannante et al.34. Hypocenters were determined 
using NonLinLoc35 with station corrections de"ned for the permanent seismic stations used in CAT0. $ese 

Fig. 6 Maps showing the event density of each catalogue reported as Log10 of the number of events in 
0.002 × 0.002 degrees (°) cells.

Name
Starting 
Date

Ending 
Date

Number of 
Events Analysis MC

MAXC MC
Lilliefors

ML > 4 
Events

CAT0 23 August 
2016

31 August 
2017 73,009 RT 1.6 1.68 68

CAT1 24 August 
2016

17 January 
2018 82,356 NRT 1.5 2.80 77

CAT2 24 August 
2016

17 January 
2018 33,869 NRT 1.7 2.40 74

CAT3 24 August 
2016

31 August 
2017 440,727 OFL 0.4 2.52 70

CAT4 24 August 
2016

31 August 
2017 390,336 OFL 0.4 2.53 62

CAT5 15 August 
2016

15 August 
2017 900,058 OFL 0.2 (Mw: 

1.0)
2.56 (Mw: 
1.71) 64

Table 1. Summary information for the six catalogues. MC
MAXC represents the magnitude of completeness 

computed with the maximum-curvature method58 and a + 0.2 correction59, whereas MC
Lilliefors is based on the 

Lilliefors test for an exponential MFD57.
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methods result in improved resolution of hypocentral locations reducing the mean location uncertainty for most 
of the events (about 60%) to about 300 m in latitude and longitude up to 600 m in depth (Fig. 4).

CAT2. $is catalogue of relative locations by Michele et al.27 covers the period from 2016-08-24 to 2018-01-17 
and includes all the 33,869 events with ML ≥ 1.5 from CAT1. It also uses the the same velocity model and arrival 
times as CAT1. Hypocenters were located with the double-di%erence algorithm HypoDD36 with phase delay 
times measured using waveform cross correlation (e.g., Scha% et al.37). By inverting both absolute and relative 
arrival times, the spatial resolution of the 33,869 events was signi"cantly improved with respect to CAT0 and 
CAT1. Formal errors, computed from the full covariance matrix using Singular Value Decomposition (SVD; see 
Waldhauser & Ellsworth38 for details) for representative subsets of the data are 110 m in east‐west direction and 
120 m north–south, while the mean value of vertical errors is 162 m.

CAT3. $is catalogue contains the absolute locations of 440,727 events in the range -1 ≤ ML ≤ 5.58 described 
in Spallarossa et al.39 covering the period from 2016-08-24 to 2017-08-31. One entire year of seismic activity 
reconstructed with the information derived from all the 155 permanent and temporary (stand-alone) stations 
installed soon a'er the "rst (Amatrice) mainshock of the sequence by both INGV mobile network pool, the 
British Geological Survey and Edinburgh University. Event detection, P- and S-wave arrival times and maxi-
mum amplitudes to be used for local magnitude computation, were automatically estimated using a combina-
tion of the Complete Automatic Seismic Processor (CASP40) and RSNI-Picker2 procedures41,42. Arrival time 
residuals were minimized using the grid search program NonLinLoc35 together with a 1D velocity model with 

Category CAT0 CAT1 CAT2 CAT3 CAT4 CAT5

Events Identi"cation code

Id1 Id1 Id1 Id1
Id3
Id4 Id4

Id5

Origin time
Date Date Date Date Date Date
Time Time Time Time Time Time

Location
Lat Lat Lat Lat Lat Lat
Lon Lon Lon Lon Lon Lon
Depth Depth Depth Depth Depth Depth

Location parameter and quality

Errh Errh Errh Errh
Errv Errv Errv Errv
Gap Gap Gap Gap
Rms Rms Rms Rms
Nphs Nphs Nphs Nphs

EH1 EH1
EH2 EH2
EZ EZ
AZ AZ

Qual
Class

Magnitudes

ML_s ML_s
Std_ML_s

Mpi Mpi Mpi Mpi
ML ML ML
MW MW MW
MD MD MD
ML-MED

MW-M MW-M MW-M MW-M
ML-N
ML-mean
ML-median
Std-ML
MW-REGRE

Focal mechanism solution
Strike Strike Strike
Dip Dip Dip
Rake Rake Rake

Miscellaneous Split

Table 2. Comparison of all the catalogues’ headers in di%erent categories.
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homogeneous layers (a'er De Luca et al.43) and station corrections calibrated for the area. For each event, loca-
tion quality was quanti"ed by means of the procedure proposed by Michele et al.44. It is noteworthy that the 
CAT3 catalogue includes 30 events with ML > 3.5 missed by the automatic procedure. $ese events, taken from 
INGV bulletin manually generated o&ine28 (http://terremoti.ingv.it), have been added by hand to CAT3 and 
identi"ed by speci"c identi"cation codes (“ISI00” plus INGV id).

CAT4. $is catalogue, described in detail in Waldhauser et al.29, contains 390,334 events that were relocated 
by applying the double-di%erence algorithm HypoDD36 to the CAT3 catalog39. In addition, for the CAT3 phase 
picks, cross-correlation derived di%erential travel times were measured for all event pairs with correlated seis-
mograms at common stations using procedures and parameters similar to the ones described in Waldhauser and 
Scha%45. $e same 1D velocity model34 as in CAT3 was used. CAT4 consists of hypocenters with the smallest 
relative location errors, on the order of a few tens of meters or better (see Fig. 4). $us, it can be considered the 
most enhanced one in terms of location resolution and the ability to image "nest-scale fault geometry and fault 
zone structures. For inclusiveness, being this a catalogue composed by relocated events, we associated MW from 
Malagnini and Munafò46 to the ML.

CAT5. With 900,050 events found between 2016-08-15 and 2017-08-15, CAT5 is described in detail by Tan et al.30.  
$is catalog has the lowest minimum magnitude of completeness. Magnitudes range from −2.6 ≤ ML ≤ 6.1, with 
local magnitude computed using the calibration derived by Di Bona47 speci"cally for the Italian region. $e deep 
neural network PhaseNet picker14 was used to detect earthquakes and measuring P- and S-waves arrival times at 
same 155 stations used to generate CAT3 and CAT4. $e association of phase picks to individual events employs 
the Rapid Earthquake Association and Location (REAL) package48. Starting from the 1D velocity model pro-
posed by Chiaraluce et al.24, the authors used the Velest code49 on a subset of newly detected 5,000 events, to 
estimate a new 1D optimal P- and S-wave velocity model with station corrections. Preliminary absolute location 
of all events was then computed with the HypoInverse so'ware50. Finally, events with at least 4 P-wave picks and 
7 picks in total were relocated using the HypoDD code38, achieving errors on the order of several tens of meters 
(see Fig. 4).

Data Records
$e presented dataset51 of six catalogues is available at the repository of the British Geological Survey: https://
doi.org/10.5285/5afccfe5-142e-4e93-a6cc-55216fa1db06. $e content of each catalogue is described below.

Header of CAT0. Id1, Date, Time, Lat, Lon, Depth, Errh, Errv, Gap, Rms, Nphs, Mpi, ML, Mw, Md, 
ML-MED where:

t� Id1 is INGV event ID
t� Date is the date of the event in the format yyyy:mm:dd
t� Time is the origin time in the format hh:mm:ss.sss
t� Lat is the latitude in decimal degrees (°)
t� Lon is the longitude in decimal degrees (°)
t� Depth is the hypocentral depth in kilometres (km)
t� Errh is the horizontal error in kilometres (km), computed by using the covariance matrix
t� Errv is the vertical error in kilometres (km), computed by using the covariance matrix
t� Gap is the maximum azimuth gap in degrees between stations used for location, expressed in decimal degrees (°)
t� Rms is the root-mean-square of residuals at maximum likelihood or expectation hypocentre, expressed  

in seconds (s)
t� Nphs is the number of readings used for location
t� Mpi is the preferred magnitude as released by INGV.
t� ML is the local magnitude
t� Mw is the TDMT moment magnitude from Scognamiglio51 (http://terremoti.ingv.it/tdmt).
t� Md is the duration magnitude.
t� ML-MED is the automatic magnitude.

Header of CAT1. Id1, Date, Time, Lat, Lon, Depth, Errh, Errv, Gap, Rms, Nphs, Mpi, ML, Mw, Md, 
Mw-M, Strike, Dip, Rake where:

t� Id1 is INGV event ID
t� Date is the date of the event in the format yyyy:mm:dd
t� Time is the origin time in the format hh:mm:ss.sss
t� Lat is the latitude in decimal degrees (°)
t� Lon is the longitude in decimal degrees (°)
t� Depth is the hypocentral depth in kilometres (km)
t� Errh is the horizontal error in kilometres (km), computed by using the covariance matrix
t� Errv is the vertical error in kilometres (km), computed by using the covariance matrix
t� Gap is the maximum azimuth gap in degrees between stations used for location, expressed in decimal degrees (°)
t� Rms is the root-mean-square of residuals at maximum likelihood or expectation hypocentre, expressed  

in seconds (s)
t� Nphs is the number of readings used for location

https://doi.org/10.1038/s41597-022-01827-z
http://terremoti.ingv.it
https://doi.org/10.5285/5afccfe5-142e-4e93-a6cc-55216fa1db06
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t� Mpi is the preferred magnitude as released by INGV. Usually, this is a Mw, if available
t� ML is the local magnitude of INGV
t� Mw is the TDMT moment magnitude from Scognamiglio52 (http://terremoti.ingv.it/tdmt).
t� Md is INGV duration magnitude
t� Mw-M is the moment magnitude retrieved by Malagnini and Munafò46 (hereina'er MM18)
t� Strike is the strike of the focal mechanism (MM18) expressed in decimal degrees (°)
t� Dip is the dip of the focal mechanism (MM18) expressed in decimal degrees (°)
t� Rake is the rake of the focal mechanism (MM18), expressed in decimal degrees (°)

Header of CAT2. Id1, Date, Time, Lat, Lon, Depth, Errh, Errv, Gap, Rms, Nphs, Mpi, ML, Mw, Md, 
Mw-M, Strike, Dip, Rake

the same of CAT1 with the following exceptions:

t� Errh that is the mean horizontal error in kilometres (km), retrieved from the full covariance matrix computed 
by using subsets of the catalogue on which we run the Singular Value Decomposition method (SVD; see 
Waldhauser & Ellsworth38).

t� Errv is the vertical error in kilometres (km), retrieved from the full covariance matrix computed by using 
subsets of the catalogue on which we run the Singular Value Decomposition method.

Header of CAT3. Id1, Id3, Id4, Date, Time, Lat, Lon, Depth, Errh, Errv, Gap, Rms, Nphs, Qual, Class, 
ML_s, Std_ML_s, Mpi, Mw-R, Mw-M, Strike, Dip, Rake where:

t� Id1 is INGV event ID
t� Id3 is Spallarossa et al.39 reference ID
t� Id4 is CAT429 event ID
t� Date is the date of the event in the format yyyy:mm:dd
t� Time is the origin time in the format hh:mm:ss.sss
t� Lat is the latitude in decimal degrees (°)
t� Lon is the longitude in decimal degrees (°)
t� Depth is the hypocentral depth in kilometres (km)
t� Errh is the horizontal error in kilometres (km), computed by using the covariance matrix
t� Errv is the vertical error in kilometres (km), computed by using the covariance matrix
t� Gap is the maximum azimuth gap in degrees between stations used for location, expressed in decimal degrees 

(°)
t� Rms is the root-mean-square of residuals at maximum likelihood or expectation hypocentre, expressed in 

seconds (s)
t� Nphs is the number of readings used for location
t� Qual is the numeric quality factor: 0 (best quality) < qf <⥶   1 (worst quality). For details see Spallarossa et 

al.39 and Michele et al.44.
t� Class is the quality class: A (0–0.25); B (0.25–0.5); C (0.5–0.75); D (0.75–1).
t� ML_s is the local magnitude computed by Spallarossa. For 30 subsequently added events with M ≥ 3.5 that 

were originally missing (identi"ed by an ID starting with ‘ISI’) we report INGV’s ML.
t� Std_ML_s is the standard deviation of local magnitude
t� Mpi is the preferred magnitude as released by INGV
t� Mw-R is the moment magnitude retrieved by bilinear regressions (from MM18).
t� Mw-M is the MM18 moment magnitude
t� Strike is the strike of the focal mechanism (MM18), expressed in decimal degrees (°)
t� Dip is the dip of the focal mechanism (MM18), expressed in decimal degrees (°)
t� Rake is the rake of the focal mechanism (MM18), expressed in decimal degrees (°)

Header of CAT4. Id4, Date, Time, Lat, Lon, Depth, EH1, EH2, EZ, AZ, ML_s, Mw-M where:

t� Id4 is Waldhauser et al.29 event ID
t� Date is the date of the event in the format yyyy:mm:dd
t� Time is the origin time in the format hh:mm:ss.sss
t� Lat is the latitude in decimal degrees (°)
t� Lon is the longitude in decimal degrees (°)
t� Depth is the hypocentral depth in kilometres (km)
t� EH1 is the horizontal projection of the major axis in kilometres (km) of the 95% relative location error ellip-

ses derived from bootstrap analysis. (−9 if not available).
t� EH2 is the horizontal projection of the minor axis in kilometres (km) of the 95% relative location error ellip-

ses derived from bootstrap analysis. (−9 if not available).
t� EZ is the vertical relative location error in kilometres (km) at the 95% con"dence level derived from bootstrap 

analysis. (−9 if not available).
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t� AZ is the azimuth taken from North, in degrees (°) of the horizontal, 95% relative location error ellipses 
derived from bootstrap analysis. (−9 if not available).

t� ML_s is the local magnitude computed by Spallarossa et al.39

t� Mw-M is the MM18 moment magnitude

Header of CAT5. Id5, Date, Time, Lat, Lon, Depth, EH1, EH2, EZ, AZ, ML-N, ML-mean, ML-median, 
Std-ML, Mw-REGRE, Split where:

t� Id5 is Tan et al.30 event ID
t� Date is the date of the event in the format yyyy:mm:dd
t� Time is the origin time in the format hh:mm:ss.sss
t� Lat is the latitude in decimal degrees (°)
t� Lon is the longitude in decimal degrees (°)
t� Depth is the hypocentral depth in kilometres (km)
t� EH1 is the horizontal projection of the major axis in kilometres (km) of the 95% relative location error ellip-

ses derived from bootstrap analysis.
t� EH2 is the horizontal projection of the minor axis in kilometres (km) of the 95% relative location error ellip-

ses derived from bootstrap analysis.
t� EZ is the vertical relative location error in kilometres (km) at the 95% con"dence level derived from bootstrap 

analysis.
t� AZ is the azimuth in degrees (°) of the horizontal, 95% relative location error ellipses derived from bootstrap 

analysis.
t� ML_N is the number of stations used for the ml computation
t� ML_mean is the mean value of ML
t� ML_median is the median value of ML
t� Std-ML_std is the standard deviation of ML
t� Mw-REGRE is converted from ML-median using the modi"ed Grünthal et al.53 scaling relation for Europe 

built to convert ML to MW. $e relation is MW = 0.0376ML2 + 0.646 ML + 0.817, with the constant adjusted 
through calibration using ~500 events with Mw estimated from regional waveform "tting54.

t� Split is equal to 1 for split events, otherwise is 0

Technical Validation
Figure 4 compares the distributions of location uncertainty and quality parameters of the six catalogues. $e two 
rows group the distributions according to the estimation method used to obtain them, i.e., absolute (CAT0,1,3) 
and relative (CAT2,4,5) location errors. Note that CAT0 has a di%erent (and overly optimistic way) to compute 
errors compared to CAT1 and CAT3. CAT1 improved the locations of CAT0 events in terms of error, robustness, 
and reliability of the errors. CAT2 further improved the location error albeit reporting only an average value 
among all events (see header of CAT2). Since CAT3 contains more events than CAT1 (especially of smaller 
magnitude), the relative number of events with small horizontal error is considerably smaller than for CAT1.

Figure 5 compares the catalogues in terms of their magnitude frequency distribution (MFD). It illustrates 
the wider range of magnitude covered by CAT3–5 as compared to CAT0–2. However, one must be aware that 
the local magnitude, ML, below about 2–4 is subjected to a scaling break relatively to the moment magnitude, 
Mw, as outlined by, for instance, Munafò et al.55 and Deichmann56, which manifests itself in a departure from an 
exponential-like Gutenberg–Richter relation (e.g., Herrmann & Marzocchi18). A conversion of ML into Mw as 
in CAT3 and CAT5 using regressions is a possible remedy and leads to a steeper MFD (see grey curve in Fig. 5). 
$e "gure also re!ects the e%ects of magnitude binning used in each catalogue (only CAT1 and CAT2 use a 0.1 
binning, whereas the others have a 0.01 binning).

Code availability
For generating the catalogues, the IpoP code31,32, the Complete Automatic Seismic Processor (CASP40) and RSNI-
Picker241,42 are available upon request. All of the other codes are all open access: NonLinLoc so'ware35 used for 
CAT1 and CAT3; HypoDD36,38 for CAT2, CAT4 and CAT5; PhaseNet picker14, (REAL) package48, Velest code49 
and HypoInverse so'ware50 used for generating the dataset of CAT5.

$e performed processing (Table 1, Figs. 3, 4, and 6) are common statistical representations of the data and 
do not require custom codes; Mc

Lilliefors was calculated with the Python class of Herrmann and Marzocchi57. $e 
Generic Mapping Tools (www.soest.hawaii.edu/gmt) were used for creating Fig. 1, the Python graphing library 
plotly (www.plotly.com/python) for creating Figs. 2–5, and Matlab (www.mathworks.com) for creating Fig. 6.

Received: 16 July 2022; Accepted: 4 November 2022;
Published: xx xx xxxx

https://doi.org/10.1038/s41597-022-01827-z
http://www.soest.hawaii.edu/gmt
http://www.plotly.com/python
http://www.mathworks.com


1 1SCIENTIFIC DATA |           (2022) 9:710  | https://doi.org/10.1038/s41597-022-01827-z

www.nature.com/scientificdatawww.nature.com/scientificdata/

References
 1. Moretti, M. et al. SISMIKO: emergency network deployment and data sharing for the 2016 central Italy seismic sequence. Annals of 

Geophys. 59, Fast Track 5, https://doi.org/10.4401/AG-7212 (2016).
 2. Ebel, J. E. The Importance of Small Earthquakes. Seismological Research Letters 79(4), 491–493, https://doi.org/10.1785/

gssrl.79.4.491 (2008).
 3. Shelly, D. R., Ellsworth, W. L. & Hill, D. P. Fluid‐faulting evolution in high de"nition: Connecting fault structure and frequency‐

magnitude variations during the 2014 Long Valley Caldera, California, earthquake swarm. J. Geophys. Res. 121(3), 1776–1795 
(2016).

 4. Ross, Z. E., Trugman, D. T., Hauksson, E. & Shearer, P. M. Searching for hidden earthquakes in southern California. Science 
364(6442), 767–771, https://doi.org/10.1126/science.aaw6888 (2019).

 5. Jordan, T. et al. Operational Earthquake Forecasting: State of Knowledge and Guidelines for Implementation. Annals of Geophysics, 
54(4) https://doi.org/10.4401/ag-5350 (2011).

 6. Marzocchi, W., Lombardi, A. M. & Casarotti, E. The establishment of an operational earthquake forecasting system in Italy. 
Seismological Research Letters 85(5), 961–969 (2014).

 7. Van Stiphout, T., Wiemer, S. & Marzocchi, W. Are short-term evacuations warranted? Case of the 2009 L’Aquila earthquake: are 
short-term evacuations warranted? Geophysical Research Letters 37(6), L06306, https://doi.org/10.1029/2009GL042352 (2010).

 8. Marzocchi, W., Iervolino, I., Giorgio, M. & Falcone, G. When is the probability of a large earthquake too small? Seismological 
Research Letters 86(6), 1674–1678, https://doi.org/10.1785/0220150129 (2015).

 9. Beroza, G. C., Segou, M. & Mostafa Mousavi, S. Machine learning and earthquake forecasting—Next steps. Nature Communications 
12(1), 4761, https://doi.org/10.1038/s41467-021-24952-6 (2021).

 10. Woo, G., & Marzocchi, W. Operational earthquake forecasting and decision-making. In F. Wenzel & J. Zschau (Eds.), Early Warning 
for Geological Disasters (pp. 353–367). Springer Berlin Heidelberg. https://doi.org/10.1007/978-3-642-12233-0_18 (2014).

 11. Mancini, S., Segou, M., Werner, M. J. & Cattania, C. Improving physics-based a'ershock forecasts during the 2016–2017 Central 
Italy Earthquake Cascade. Journal of Geophysical Research: Solid Earth 124, 8626–8643, https://doi.org/10.1029/2019JB017874 
(2019).

 12. Segou, M. The physics of earthquake forecasting. Seismological Research Letters 91(4), 1936–1939, https://doi.
org/10.1785/0220200127 (2020).

 13. Waldhauser, F. Near-real-time double-di%erence event location using long-term seismic archives, with application to Northern 
California. Bull. Seism. Soc. Am. 99, 2736–2848, https://doi.org/10.1785/0120080294 (2009).

 14. Zhu, W. & Beroza, G. C. PhaseNet: a deep neural-network-based seismic arrival-time picking method. Geophysical Journal 
International 216, 261–273 (2019).

 15. Waldhauser, F. et al. Precision Seismic Monitoring and Analysis at Axial Seamount Using a Real-Time Double-Di%erence System, J. 
Geophys. Res. 125, https://doi.org/10.1029/2019JB018796 (2020).

 16. Retailleau, L. et al. A Wrapper to Use a Machine‐Learning‐Based Algorithm for Earthquake Monitoring. Seismological Research 
Letters 93(3), 1673–1682, https://doi.org/10.1785/0220210279 (2022).

 17. Marzocchi, W., Spassiani, I., Stallone, A. & Taroni, M. How to be fooled searching for significant variations of the b-value. 
Geophysical Journal International 220(3), 1845–1856, https://doi.org/10.1093/gji/ggz541 (2020).

 18. Herrmann, M. & Marzocchi, W. Inconsistencies and Lurking Pitfalls in the Magnitude–Frequency Distribution of High-Resolution 
Earthquake Catalogs. Seismological Research Letters 92(2A), 909–922, https://doi.org/10.1785/0220200337 (2021).

 19. Gulia, L. & Wiemer, S. Real-time discrimination of earthquake foreshocks and a'ershocks. Nature 574, 193–199, https://doi.
org/10.1038/s41586-019-1606-4 (2019).

 20. García-Hernández, R., D’Auria, L., Barrancos, J., Padilla, G. D. & Pérez, N. M. Multiscale temporal and spatial estimation of the 
b-value. Seismological Research Letters 92(6), 3712–3724, https://doi.org/10.1785/0220200388 (2021).

 21. Herrmann, M., Piegari, E. & Marzocchi, W. Revealing the spatiotemporal complexity of the magnitude distribution and b-value 
during an earthquake sequence. Nat. Commun. 13, 5087, https://doi.org/10.1038/s41467-022-32755-6 (2022).

 22. Arrowsmith, S. J. et al. Big Data Seismology. Reviews of Geophysics 60, e2021RG000769, https://doi.org/10.1029/2021RG000769 
(2022).

 23. Tinti, E., Scognamiglio, L., Michelini, A. & Cocco, M. Slip heterogeneity and directivity of the ML 6.0, 2016, Amatrice earthquake 
estimated with rapid "nite‐fault inversion. Geophysical Research Letters 43, 10,745–10,752, https://doi.org/10.1002/2016GL071263 
(2016).

 24. Chiaraluce L. et al. The 2016 Central Italy seismic sequence: a first look at the mainshocks, aftershocks and source models. 
Seismological Res. Letters, 88, N. 3 May/June, https://doi.org/10.1785/0220160221 (2017).

 25. Civico, R. et al. Surface ruptures following the 30 October 2016 Mw 6.5 Norcia earthquake, central Italy. Journal of Maps 14(2), 
151–160, https://doi.org/10.1080/17445647.2018.1441756 (2018).

 26. Scognamiglio, L. et al. Complex Fault Geometry and Rupture Dynamics of the MW 6.5, 30 October 2016, Central Italy earthquake. 
Journal of Geophysical Research: Solid Earth 123(4), 2943–2964 (2018).

 27. Michele, M., Chiaraluce, L., Di Stefano, R. & Waldhauser, F. Fine-scale structure of the 2016–2017 Central Italy seismic sequence 
from data recorded at the Italian National Network. Journal of Geophysical Research: Solid Earth 125, e2019JB018440, https://doi.
org/10.1029/2019JB018440 (2020).

 28. ISIDe Working Group. Italian Seismological Instrumental and Parametric Database (ISIDe). Istituto Nazionale di Geo"sica e 
Vulcanologia (INGV). https://doi.org/10.13127/ISIDE (2007).

 29. Waldhauser, F., Michele, M., Chiaraluce, L., Di Stefano, R. & Schaff, D. P. Fault planes, fault zone structure and detachment 
fragmentation resolved with high-precision a'ershock locations of the 2016-2017 central Italy sequence. Geophysical Research 
Letters 48, e2021GL092918, https://doi.org/10.1029/2021GL092918 (2021).

 30. Tan, Y. Y. et al. A High-Resolution Earthquake Catalog of the 2016–2017 Central Italy Sequence Using a Machine-Learning Phase 
Picker. Submitted to !e Seismic Record (2021).

 31. Basili, A., Smriglio, G. & Valensise. G. Procedure di determinazione ipocentrale in uso presso l’Istituto Nazione di Geo"sica, Atti III 
Convegno G.N.G.T.S., Roma, 875–884 (in Italian) (1984).

 32. Amato, A. & Mele, F. Performance of the INGV National Seismic Network from 1997 to 2007. Annals of Geophysics 51, 417–431 
(2008).

 33. Mele, F. et al. Bollettino sismico italiano 2008. Quaderni di Geo"sica, 85, INGV, Roma, 45 pp (2010).
 34. Carannante, S., Monachesi, G., Cattaneo, M., Amato, A. & Chiarabba, C. Deep structure and tectonics of the northern‐central 

Apennines as seen by regional‐scale tomography and 3‐D located earthquakes. Journal of Geophysical Research: Solid Earth 118, 
5391–5403 (2013).

 35. Lomax, A., Virieux, J., Volant, P. & Berge-$ierry, C. Probabilistic earthquake location in 3D and layered models: introduction of a 
Metropolis–Gibbs method and comparison with linear locations. In: Advances in seismic event location, ed. C. H. $urber and N. 
Rabinowitz, 101–134. Dordrecht and Boston: Kluwer Academic Publishers (2000).

 36. Waldhauser, F. HypoDD: A program to compute double‐di%erence hypocenter locations, U.S. Geological Survey Open‐File Report, 
01–113 (2001).

 37. Scha%, D. P. et al. Optimizing correlation techniques for improved earthquake location, Bull. Seism. Soc. Am. 94, 705–721 (2004).

https://doi.org/10.1038/s41597-022-01827-z
https://doi.org/10.4401/AG-7212
https://doi.org/10.1785/gssrl.79.4.491
https://doi.org/10.1785/gssrl.79.4.491
https://doi.org/10.1126/science.aaw6888
https://doi.org/10.4401/ag-5350
https://doi.org/10.1029/2009GL042352
https://doi.org/10.1785/0220150129
https://doi.org/10.1038/s41467-021-24952-6
https://doi.org/10.1007/978-3-642-12233-0_18
https://doi.org/10.1029/2019JB017874
https://doi.org/10.1785/0220200127
https://doi.org/10.1785/0220200127
https://doi.org/10.1785/0120080294
https://doi.org/10.1029/2019JB018796
https://doi.org/10.1785/0220210279
https://doi.org/10.1093/gji/ggz541
https://doi.org/10.1785/0220200337
https://doi.org/10.1038/s41586-019-1606-4
https://doi.org/10.1038/s41586-019-1606-4
https://doi.org/10.1785/0220200388
https://doi.org/10.1038/s41467-022-32755-6
https://doi.org/10.1029/2021RG000769
https://doi.org/10.1002/2016GL071263
https://doi.org/10.1785/0220160221
https://doi.org/10.1080/17445647.2018.1441756
https://doi.org/10.1029/2019JB018440
https://doi.org/10.1029/2019JB018440
https://doi.org/10.13127/ISIDE
https://doi.org/10.1029/2021GL092918


1 2SCIENTIFIC DATA |           (2022) 9:710  | https://doi.org/10.1038/s41597-022-01827-z

www.nature.com/scientificdatawww.nature.com/scientificdata/

 38. Waldhauser, F. & Ellsworth, W. L. A double‐di%erence earthquake location algorithm: Method and application to the northern 
Hayward Fault, California. Bulletin of the Seismological Society of America 90, 1353–1368, https://doi.org/10.1785/0120000006 
(2000).

 39. Spallarossa, D. et al. An automatically generated high-resolution earthquake catalogue for the 2016-2017 Central Italy seismic 
sequence, including P and S phase arrival times. Geophys. J. Int (2020).

 40. Sca"di, D. et al. A complete automatic procedure to compile reliable seismic catalogs and travel-time and strong-motion parameters 
datasets. Seismol Res Lett 90(3), 1308–1317 (2019).

 41. Sca"di, D., Viganò, A., Ferretti, G. & Spallarossa, D. Robust picking and accurate location with RSNI-Picker2: real-time automatic 
monitoring of earthquakes and non-tectonic events, Seismol. Res. Lett 89(4), 1478–1487, https://doi.org/10.1785/0220170206 (2018).

 42. Spallarossa, D., Ferretti, G., Sca"di, D., Turino, C. & Pasta, M. Performance of the RSNI-Picker. Seismol. Res. Lett. 85, 1243–1254 
(2014).

 43. De Luca, G., Cattaneo, M., Monachesi, G. & Amato, A. Seismicity in the Umbria-Marche region from the integration of national and 
regional seismic networks. Tectonophysics 476(1), 219–231, https://doi.org/10.1016/j.tecto.2008.11.032 (2009).

 44. Michele, M., Latorre, D. & Emolo, A. An Empirical Formula to Classify the Quality of Earthquake Locations. Bulletin of the 
Seismological Society of America. 109(6), 2755–2761, December 2019, https://doi.org/10.1785/0120190144 (2019).

 45. Waldhauser, F. & Scha%, D. P. Large‐scale relocation of two decades of Northern California seismicity using cross‐correlation and 
double‐di%erence methods. Journal of Geophysical Research: Solid Earth, 113(B8) (2008).

 46. Malagnini L. and I. Munafò. On the Relationship between ML and Mw in a Broad Range: An Example from the Apennines, Italy. 
Bulletin of the Seismological Society of America, https://doi.org/10.1785/0120170303 (2018).

 47. Di Bona, M. A local magnitude scale for crustal earthquakes in Italy. Bulletin of the Seismological Society of America 106(1), 242–258 
(2016).

 48. Zhang, M., Ellsworth, W. L. & Beroza, G. C. Rapid Earthquake Association and Location. Seismological Research Letters 90(6), 
2276–2284 (2019).

 49. Kissling, E., Ellsworth, W. L., Eberhart-Phillips, D. & Kradolfer, U. Initial reference models in local earthquake tomography.  
J. Geophys. Res. 99, 19,635–19,646 (1994).

 50. Klein, F. W. User’s guide to hypoinverse-2000, a Fortran program to solve for earthquake locations and magnitudes. US Geological 
Survey (2002).

 51. Chiaraluce et al. A comprehensive suite of earthquakes catalogues for the 2016–2017 Central Italy seismic sequence. NERC EDS 
National Geoscience Data Centre. (Dataset) https://doi.org/10.5285/5afccfe5-142e-4e93-a6cc-55216fa1db06 (2022).

 52. Scognamiglio, L., Tinti, E. & Quintiliani, M. Time Domain Moment Tensor [Data set]. Istituto Nazionale di Geo#sica e Vulcanologia 
(INGV). https://doi.org/10.13127/TDMT (2006).

 53. Grünthal, G., Wahlström, R. & Stromeyer, D. $e uni"ed catalogue of earthquakes in central, northern, and northwestern Europe 
(CENEC)—updated and expanded to the last millennium. Journal of Seismology 13(4), 517–541 (2009).

 54. Herrmann, R. B., Malagnini, L. & Munafò, I. Regional Moment Tensors of the 2009 L’Aquila Earthquake SequenceRegional Moment 
Tensors of the 2009 L’Aquila Earthquake Sequence. Bulletin of the Seismological Society of America 101(3), 975–993 (2011).

 55. Munafò, I., Malagnini, L. & Chiaraluce, L. On the relationship between Mw and ML for small earthquakes. Bulletin of the 
Seismological Society of America. 106(5), 2402–2408, https://doi.org/10.1785/0120160130 (2016).

 56. Deichmann, N. $eoretical basis for the observed break in ML=Mw scaling between small and large earthquakes. Bulletin of the 
Seismological Society of America. 107(2), 505–520, https://doi.org/10.1785/0120160318 (2017).

 57. Herrmann, M. and Marzocchi, W. Mc-Lilliefors: A completeness magnitude that complies with the exponential-like Gutenberg– 
Richter relation. (Version 0.1) [Computer so'ware]. Zenodo https://doi.org/10.5281/zenodo.4162497 (2020).

 58. Wiemer, S. & Wyss, M. Minimum magnitude of completeness in earthquake catalogs: Examples from Alaska, the western United 
States, and Japan. Bull. Seismol. Soc. Am. 90(4), 859–869, https://doi.org/10.1785/0119990114 (2000).

 59. Wössner, J. & Wiemer, S. Assessing the quality of earthquake catalogues: Estimating the magnitude of completeness and its 
uncertainty. Bull. Seismol. Soc. Am. 95(2), 684–698, https://doi.org/10.1785/0120040007 (2005).

Acknowledgements
$e deployment of the temporary U.K. British Geological Survey (BGS) stations was enabled by NERC direct 
funds under an instrument loan number 1067 and 1077 provided by the Geophysical Equipment Facility in 
collaboration with SEIS-UK, led by M. Segou. CAT5 by Y. J. T., was developed within US National Science 
foundation Award 1759810. M. M. was supported by the Real-time Earthquake Risk Reduction for a Resilient 
Europe ‘RISE’ project under the European Union’s Horizon 2020 research and innovation programme under 
grant agreement No 821115.

Author contributions
Lauro Chiaraluce - Contributed to the generation of most of the catalogues (CAT1-5) and to the writing 
of the manuscript. Maddalena Michele - Contributed to the generation of most of the catalogues (CAT1-
5) and harmonized the complete catalogue suite. Felix Waldhauser - Contributed to the generation of the 
largest catalogues (CAT3-5). Yen-Joe Tan – Generated one of the largest catalogue (CAT5) and revised the 
manuscript. Marcus Herrmann – Harmonized the analysis of the catalogues and contributed to the writing. 
Daniele Spallarossa - Generated one of the largest catalogues (CAT3). All the other authors contributed to the 
manuscript in terms of activities related to data collection, quality control, data management, data storage, or 
project management and coordination. All authors reviewed the manuscript. We thank analysts working at 
INGV monitoring room.

Competing interests
$e authors declare no competing interests.

Additional information
Correspondence and requests for materials should be addressed to M.M. or M.H.
Reprints and permissions information is available at www.nature.com/reprints.
Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional a(liations.

https://doi.org/10.1038/s41597-022-01827-z
https://doi.org/10.1785/0120000006
https://doi.org/10.1785/0220170206
https://doi.org/10.1016/j.tecto.2008.11.032
https://doi.org/10.1785/0120190144
https://doi.org/10.1785/0120170303
https://doi.org/10.5285/5afccfe5-142e-4e93-a6cc-55216fa1db06
https://doi.org/10.13127/TDMT
https://doi.org/10.1785/0120160130
https://doi.org/10.1785/0120160318
https://doi.org/10.5281/zenodo.4162497
https://doi.org/10.1785/0119990114
https://doi.org/10.1785/0120040007
http://www.nature.com/reprints


13SCIENTIFIC DATA |           (2022) 9:710  | https://doi.org/10.1038/s41597-022-01827-z

www.nature.com/scientificdatawww.nature.com/scientificdata/

Open Access This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the Cre-
ative Commons license, and indicate if changes were made. $e images or other third party material in this 
article are included in the article’s Creative Commons license, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons license and your intended use is not per-
mitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from the 
copyright holder. To view a copy of this license, visit http://creativecommons.org/licenses/by/4.0/.
 
© $e Author(s) 2022

https://doi.org/10.1038/s41597-022-01827-z
http://creativecommons.org/licenses/by/4.0/

