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ABSTRACT
This working group aims to identify available datasets within the
context of computing education research. One particular area of
interest is programming education, and the data in question may
include students’ steps, progress, or submissions in the form of
program code. To achieve this goal, the working group will review
well-known data resources and repositories (e.g., DataShop, GitHub,
NSF Public Access Repository, and IEEEDataPort) and recent papers
published within the SIGCSE community. As a result of the review
process, the working group will create an overview of available
datasets and characterize them while reflecting on current data
practices, challenges, and the consequences of limited access to
research data. Additionally, the group intends to propose a path
for the community to become more open and move toward open
data practices. This proposal highlights the importance of sharing
research data within the computing education research community
to make it stronger and more productive.
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CCS CONCEPTS
• Social and professional topics → Computing education; •
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1 INTRODUCTION
Computing education research aims to investigate teaching and
learning processes to foster and enhance learning in the field. Such
analysis usually relies on data to test hypotheses, build models, or
improve systems. However, despite the increasing availability of
data, it remains challenging to find open datasets in the context
of computing education. Consequently, researchers may have to
“reinvent the wheel” and gather data from scratch by themselves.
This is usually a time-consuming, expensive process without any
incentives or rewards for the researcher [11, 12].

Although open data strategies and guidelines have been pro-
moted for years by big funding organizations in the U.S. and Eu-
rope [6, 14, 16], computing education researchers still struggle
with finding and reusing data. For example, two recent working
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groups [7, 8] within the Innovation and Technology in Computer
Science Education (ITiCSE) community expressed their challenges
with finding publicly available datasets for their research and the
limitations of available data. One grand challenge is openly pub-
lishing data from primary research [2, 3, 7]. Fortunately, some good
practical examples are known where research data is provided to
the community (e.g., [4, 5, 9, 10, 13, 15, 17]).

However, finding datasets for accessing and understanding them
remains a barrier for several reasons [3, 12]. Among them are scarce
resources for the initial search. Moreover, limited knowledge about,
and access to (sensitive) data can hinder research in the field. So this
working group intends to take action by addressing the following
tasks (1) start developing a corpus/overview of openly available
datasets in computing education research by reviewing well-known
data resources and repositories (e.g., DataShop, GitHub, NSF Public
Access Repository, and IEEE DataPort) and recent papers published
within the computing education research (CER) community, (2)
characterize available datasets, and (3) outline a path for more
researchers willing to share their data. The overarching goal is
thus to support researchers within the community who need data
as a basis for their (secondary) research and who want to know
examples of open datasets as a model for more data publications.

2 WORKING GROUP OBJECTIVES
This working group is motivated by the following objectives:

(1) Identify areas within CER and the types of data sought. The
plan is to specify the contexts in alignment with the partic-
ipants’ interests and expertise. For example, programming
education and data representing students’ steps, progress,
or submissions in program code is one area of interest.

(2) Find sources where researchers from the CER community
can search for research data and identify available datasets
relevant for computing education researchers interested in
secondary research or needing data to investigate, for exam-
ple, learning environments or other systems and models.

(3) Create an overview of available datasets to the CER commu-
nity (e.g., in the form of the working group report) along
with a new, qualitative characterization of the data.

(4) Reflect on and discuss current data practices, the limited ac-
cess to research data, and related challenges when searching
for data. The community perspective will be included based
on a survey about current Open Data practices [1].

(5) Based on the community’s input, we will propose options
for a path forward for the CER community to become more
open and move toward available data practices.

The working group activities will be aligned with the partici-
pants’ interests. Nonetheless, the full working group report will
yield an overview of available datasets, their characteristics, and
potential for secondary research, along with insights into the CER
community’s data practices, and concerns regarding the publication
of research data. Based on these milestones, the working group will
discuss feasible options for open data practices at conferences, such
as SIGCSE, ITiCSE, and CompEd in the future.

3 INTENDED RESULTS
The authors intend to deliver the following results:

(1) A collection of datasets and their characteristics useful for
applications in the CER community.

(2) Methods and strategies for finding datasets useful in com-
puting education and research.

(3) Examples of ways to apply the identified datasets in comput-
ing education and research.

(4) An overview of the community’s perspective regarding Open
Data practices.

(5) Recommendations to the CER community to develop, pub-
lish, and use datasets in meaningful ways.

These results will help enhance computing education by develop-
ing practical aspects of finding and reusing datasets in computing.
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