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ABSTRACT 

The recursive Neville algorithm allows one to calculate interpolating functions recursively. Upon a judicious choice of the abscissas used for the interpolation (and 

extrapolation), this algorithm leads to a method for convergence acceleration. For example, one can use the Neville algorithm in order to successively eliminate 

inverse powers of the upper limit of the summation from the partial sums of a given, slowly convergent input series. Here, we show that, for a particular choice of 

the abscissas used for the extrapolation, one can replace the recursive Neville scheme by a simple one-step transformation, while also obtaining access to subleading 

terms for the transformed series after convergence acceleration. The matrix-based, unified formulas allow one to estimate the rate of convergence of the partial sums 

of the input series to their limit. In particular, Bethe logarithms for hydrogen are calculated to 100 decimal digits. Generalizations of the method to series whose 

remainder terms can be expanded in terms of inverse factorial series, or series with half-integer powers, are also discussed. 
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1. Introduction 

Often in physics, one faces problems connected with slowly convergent, nonalternating series. Examples include angular momentum expansions 

in both nonrelativistic as well as relativistic atomic physics calculations [1,2], series representations of Bethe logarithms (Chap. 4 of Ref. [3]), 

or, logarithmic sums over eigenvalues required for the calculation of the functional determinant in O(N) theories [4-6]. The acceleration of the 

convergence these series is notoriously problematic [7-9]. Traditional methods like the Aitken A? process [10], the Shanks transformation [11], 

and Wynn’s epsilon algorithm [12] (which calculates Padé approximants), and other methods, all encounter numerical instabilities. 

For nonalternating series, the challenge of the convergence acceleration differs significantly from the resummation of a divergent input series. 

While both scenarios aim to derive meaningful information from the series, the nature of the series and the techniques applied are fundamentally 

distinct. The latter seeks to assign a finite sum to a series that lacks natural convergence. This process often involves the employment of analytical 

continuations or summation techniques that go beyond conventional convergence acceleration methods. For example, in Ref. [13], it is shown how, 

by a suitable resummation procedure, a dissipative effect, namely, a nonperturbative pair creation amplitude in a strong electric background field, 

can be derived from a nonalternating series that sums the higher-order dispersive terms of the quantum corrections to the Maxwell Lagrangian. These 

quantum electrodynamic corrections are summarized in a nonalternating divergent perturbative expansion of the Heisenberg—Euler Lagrangian in 

powers of the electric field strength [3,14-16]. In contrast, summing a slowly convergent series entails enhancing the rate at which an already 

convergent series approaches its limit. 

For alternating series, it is known that nonlinear sequence transformations such as the ones described in Ref. [7], notably, the Weniger—Levin 

transformation (see Refs. [7,17-21]), can lead both to the acceleration of convergence and also, to efficient convergence acceleration methods. 

For slowly convergent nonalternating series, the methods described for their resummation (see Ref. [13]) typically differ drastically from those 

employed for the acceleration of convergence. In Refs. [2,22,23], an algorithm was described which first converts the nonalternating input series 

to an alternating series, whose convergence is accelerated via nonlinear sequence transformations [2,7,23]. In fact, the first step of the two-step 

condensation, as described in Ref. [2], consists of the van Wijngaarden transformation [22], which rearranges the nonalternating input series into 

an alternating series, but it requires the calculation of individual terms of the input series of very high order in the summation indices. It is followed 

by a nonlinear sequence transformations [7,17—21], leading to what is known as the combined nonlinear-condensation transformation. Sometimes, 

however, the option of the calculation of terms of very high order in the summation indices is not available. This problem could occur in various 

contexts, e.g., because, on lattices, we cannot calculate eigenvalues with a high principal quantum number [4-6]. In the following, we will not 

discuss the combined nonlinear-condensation transformation [2] any further, as it contradicts the main thrust of the method described in the 

current paper, which pertains to convergence acceleration based on a limited number of terms of the input series. 

In these cases, established methods like Aitken A? process [10] and Wynn’s Epsilon Algorithm [12] are often used. One notes, according to 

Sec. 2.2.7 of Ref. [9], that the Aitken A” process and Wynn’s Epsilon Algorithm are special cases of the general E-algorithm [24,25]. Of course, the 

Aitken A? process and Wynn’s Epsilon Algorithm constitutes viable and widely used convergence acceleration methods, but numerical instability 

can be encountered in higher orders of the transformation. 

In view of the numerical instabilities encountered in the convergence acceleration of these series, it is desirable to use asymptotic information 

about the input series to the maximum extent possible, in order to achieve the maximum convergence acceleration already in low orders of the 

transformation. One possibility to achieve this rapid convergence is to use the Neville algorithm, which, a priori, in its most general form, constitutes 

an interpolation algorithm [26]. It can be used for convergence acceleration, which is tantamount to extrapolation, if one uses the algorithm in 

order to calculate the interpolating polynomial outside of the domain of interpolation. One first interprets the partial sums of the input series as 

values of a function at abscissas which tend to a limiting value (say, zero) as the number of terms of the input series is increased. One possibility 

is to use x = 1/(i+ 1) for the partial sums s, of the input series (i = 0,1,2,...). One then calculates the value of the interpolating function at the 

limiting value of the abscissa (in our example case, at x = 0) which is outside of the domain x € (1/(” + 1), 1) used for the interpolation (here, n 

is the maximum summation index used for the input series in a given order n of the transformation). The Neville algorithm uses information from 

all partial sums (so,...,5,,) and hence, about the asymptotic structure of the input series, in order to construct the interpolating polynomial in x 

and can therefore lead to highly efficient convergence acceleration. Its usual formulation is based on a recursive three-term recursive scheme [see 

Eq. (12)]. Here, we aim to enhance the Neville algorithm by replacing the three-term recurrence relation with unifying analytic formulas which also 

give access to subleading asymptotics of the behavior of the partial sums s,, of the input series for large n. 

This paper is organized as follows. In Sec. 2, we describe our formulation of the enhanced Neville algorithm. The idea behind our formulation 

is discussed in Sec. 2.1, while a comparison to the Neville algorithm is presented in Sec. 2.2. We find universal formulas which allow access to the 

subleading terms for high n, in Sec. 2.3. The performance of the algorithm is compared to other established methods in Sec. 3. Numerical examples 

are discussed in Sec. 4, generalizations of the algorithm are discussed in Sec. 5, and conclusions are reserved for Sec. 6. Appendix A lists some 

higher-order coefficients for the subleading asymptotic behavior of the input series, and Appendix C gives numerical values for hydrogen Bethe 

logarithms obtained using our method. 

2. Enhanced Neville algorithm 

2.1. Formulation of the algorithm 

One starts with the following relations for the partial sums s,, of the input series, and the remainder terms r,,, 

Hn CO 

Sy = Yay = Sy +0 ys r,=— » ay « (1) 
k=0 k=n+1 

(Here, we start the terms from index k = 0, by convention [7].) 

Let us assume that the terms of the infinite series possess an asymptotic expansion in inverse integer powers of the summation index, 

_A B _4 
an = Ta tt OK ). (2) 

The idea is that, if n is sufficiently large, we can use the asymptotic approximation for the remainder term,



U.D. Jentschura and L.T. Giorgini Computer Physics Communications 303 (2024) 109280 

~ ~ [A,B,C na- Yan ¥ [oe Be Grows, 9 
One can use the relation 

jee) 

y 1 bt at ty) 
k@ (a-1)!— aza-l 

, (4) 
z=nt+l1 k=n+1 

where y(z) is the logarithmic derivative of the Gamma function, to expand the remainder term r, in inverse power of n. The first terms in this 

expansion read as follows, 

_A Ay B- Ay A-3B4+2C 

"oN 2n2 6n3 

One then tries to eliminate the asymptotic terms of the remainder function, which are powers of 1/n. To this end, one interprets the first (n + 1) 

partial sums s, with i € (0, ...,”) as approximations to the values of a function f(x) at the abscissa values x = x; = 1/i, 

+ O(n“). (5) r 

s,& f(x=x,;=1/G4+1)), i€(0,...,n), (6) 

so that lim,_,9+ f(€) =5,,. If we assume that f(x) can be expanded as a power series, then we can write 

_ Joy © _ on f(x)= Yee) Dees = +o top tetaap (7) 

with n+ 1 unknown coefficients c; (j =0,...,”). Given n+ 1 partial sums s; of the input series {s,}°°), the idea of the algorithm is to solve the 

system of equations 

n 
1 \ ., 

s= De (=) 4 i,j €(0,...,n), 
(8) 

j=0 

for the coefficients c;(m). One then assumes that the value of the infinite series is recovered as n is increased, 

S=S,, = lim co(n), (9) 
HOw 

where co(”) is the zeroth-order coefficient of the interpolating polynomial yi=0 c;(n) x/, which, at the abscissas x = x; = 1/(i + 1), coincides with 

the partial sums s, of the input series. In view of the fact that co() is identical to the value of the interpolating polynomial at argument x = 0 while 

all abscissas x, are positive, the latter step constitutes an extrapolation which can lead to convergence acceleration [9]. 

To conclude this section, we observe that, in the sense of Eq. (1), the ansatz given in Eq. (7) corresponds to an inverse-power behavior of the 

remainder term, 

~ j Cy oy) 
= + ——— + .... 10 

m= Dee (—) n+l (n4+1) (10) 

This, in turn, corresponds to Eq. (7.1-2) of Ref. [7]. 

2.2. Neville algorithm 

For the calculation of the coefficient c)(n) of the interpolating polynomial, one can use the Neville algorithm [26]. Given n+ 1 partial sums s, of 

the input series {s;}", the Neville algorithm refines the approximation of s,, by iteratively interpolating between points defined by the sequence 

s;- Recursive schemes have been described in Refs. [27,28]. Adapted to our choice of abscissas x; = 1/(i+ 1), one may formulate a lozenge scheme 

as follows. One starts the recursion with the values 

s’=s, i€(0,...,n), (11) 

and uses a three-term recursion, 

G+ 1s?! -G+1—m)s™! 
sr , l<m<n, m<i<n. (12) 

m 

One increases m, thereby decreasing the allowable values of i in the process, until, for m =n, only one possible value is left for 7, namely, i =m =n. 

Finally, the desired coefficient co(n) is recovered as follows, 

co(n) = s”. (13) 

While the recursive scheme is very helpful, it does not establish a direct connection between each term of the partial sums used for extrapolation 

and the final estimated limit. Hence, no additional information can be derived for the asymptotic behavior of the partial sums s,, for large n. In 

particular, while the recursive scheme enables the estimation of the limit lim, 9+ /(x;) =5,), it does not provide insights into the behavior of the 

interpolating function f(x,;) near x; = 0, e.g., the rate at which the limit is approached. 

Let us briefly clarify a notation used in the following. Our goal is to estimate s,, utilizing the initial n terms of the series. We denote the estimate 

of the limit after the convergence acceleration transformation by the symbol 7,,. Let now 7 be the transformation which takes as input the partial 

sums (Sq, 51,---55,), and by which one obtains 7,,, 

Ty = T (S05 815-69 Sp): (14)
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For example, if 7 is the Neville algorithm as given in the adaptation (12), then 7,, = cg(”) = s". For the other methods discussed here, the definition 

of 7,, is adapted in the obvious way. 

2.3. Universal formula 

In order to obtain universal formulas which allow access to subleading terms (that serve to measure the rate of convergence of the input series), 

it is advantageous to map the problem onto a system of linear equations. One interprets the coefficients c,(”) of the polynomial as the elements of a 

vector ¢() = (co(n),...,¢,(n)) with n+ 1 elements, 

ii 1 j ii 1 j 

5 = De) (=) =Y My), My) = (=) , EF E€O,...4n). (15) 
j=0 j=0 

The elements M, j(m) can be interpreted as components of a matrix of dimension (n+ 1) x (n+ 1), in which case one has s = M(n) - c(n), where 

S =(5o,...,5,) is the vector of the first n + 1 partial sums of the input series. Therefore, the solution can be obtained by matrix inversion, 

en) =[M(n)]! «5, E = (Cy(N), oC, (0). (16) 

The inversion of the matrix M(v) can lead to significant numerical instability and loss of accuracy. This is because large numbers can cause overflow 

or underflow issues in floating-point arithmetic, while the entries of M() span many orders of magnitude, which leads to unfavorable condition 

numbers for higher n. This can exacerbate rounding errors. For this reason, it is advantageous to derive analytic formulas for the first five rows of 

the inverted matrix [M(n)]~!, which leads to analytic formulas for the coefficients co(n), c(), co(n), €3(n), and c4(n). We find that 

n 

¢(n) = y) TS EEE Pii,n)s;, 7 €(0,1,2,3,4), (17a) 

Poin) =1, (17b) 

2P,(i,n) =2i-—3n—n’, (17¢) 

24P,(i,n) = 241 + 241? — 26n — 36in + 9n? — 12in” + 14? +3n', (17d) 

48P,(i,n) = 48i + 9677 + 487° — 48n — 124in — 72i7n + 26n7 

— 6in® — 24i7n? + 29n? + 28in?® — n* + 6in* —5r — n°. (17e) 

5760P,(i,n) = 5760i + 1728017 + 1728077 + 5760i* — 5712n — 20640in — 23520i7n — 8640i7n 

+ 3380n? + 2400in* — 3600i7n* — 288077 n? + 3660n? + 6840in? + 3360i7 n° 

— 385n' + 600in* + 720i7n* — 888n° — 600in? — 130n° — 120in® + 60n7 + 15n°. (17f) 

Results for the coefficients c;(m) with j > 4 are given in Appendix A. The results given in Eq. (17) facilitate the estimation of the functional 

relationship of the f(x;) for small abscissas x,;, thereby providing insight the convergence rate of the partial sums of the input series toward its limit. 

Specifically, one notes the relationship 

Cy i) —t+—+—}+..., 
n+l (n4+1) 

c c 
to Fg, 

n+l (n+1)? 

Sy =Soy tly, & Cg + no, c = lim ¢,(n), (18) 

now, (19) ln = Sy — Soo & 

where careful attention is given to the sign of the remainder term r,,. 

3. Comparison to the other methods 

Some remarks may be in order with respect to the comparison of the method outlined above to other established methods like the Aitken’s 

A? process and Wynn’s epsilon algorithm [7-9]. These are two of the most well-known and frequently used algorithms for series convergence 

acceleration. Both of them are based on the Shanks transformation [11], which produces Padé approximants if the input data are the partial sums 

of a power series [7]. The former produces an efficient recursive scheme to compute conveniently such transformation. The formula for the epsilon 

algorithm is given by: 

= pth) 1 
ee &e-a oot) _ ? —l<k<n—l, (20) 

k k 

with k indicating the iteration level and n the position within that level. The initial conditions are ¢” = 0 for all n, and evas , where s, is the & p -| 0 n n 

nth term of the sequence being accelerated. The values for n =0, &, describe a sequence of upper-diagonal (odd &) and diagonal (even k) Padé 

approximants to the input series. The result of the transformation of the partial sums (so, ..., s,,) is written using the diagonal Padé approximants, that 

©) , with |-| denoting the integer part. Aitken’s A? process consists instead of a recursive iteration of the first-order Shanks transformation, 

[5 

(n) \? 
(m) (aay ) 

k+l” k AZ A 
k 

is 7,, =€ 

(21)
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Fig. 1. We investigate the convergence of the enhanced Neville transformation (green curve) for the input series (27), as measured by the quantity y7() defined in 

Eq. (28). The quantity y(n) roughly decreases by unity with every iteration of the algorithm, indicating the gain of roughly one converged decimal with every order 

of the enhanced Neville transformation. The convergence of the enhanced Neville transformation is compared with the convergence of the Wynn epsilon algorithm 

(blue curve), of the Aitken A? process (red curve), and of the series itself (black curve). (For interpretation of the colors in the figure, the reader is referred to the 

web version of this article. The curves labeled “Series”, “Wynn”, “Aitken” and “Enhanced Neville” are listed from top to bottom both in the figure legend as well as 

in the figure itself.) 

where, as for the epsilon algorithm, & indicates the iteration level and » the position within that level. The initial conditions are A = s,, while 

AA” = Ae - A” is the first difference of the sequence, and AA” = Aah - AA” is the second-order difference of the sequence. The result 

of the transformation of the partial sums (so, ...,s,,) then is 7,, = A ' 
2 

leads to an improved convergence, therefore is attained when n is increased by two. 

Our assumptions, formulated in Eq. (5), imply that the input series exhibits logarithmic convergence. Specifically, one has the asymptotic relation 

, with |-| the integer part. A meaningful iteration of the A? process, which 

Snt1—8 r 
lim 4) — = jim 4 =1. (22) 
n-o § —§ n>-o 7 

ii ii 

This observation indicates that the Shanks transform, which is predicated on the assumption that, in the sequence’s tail (for large ~), the ratio 

Stl —-S8  Syia—8 n+1 ~ nt? ~ A, (23) 

S,—S Syyy 8 

remains constant, may not yield accurate results. In fact, advantage can be taken in Eq. (23) for a linearly convergent series (i.e., for the case 1 < 1). 

In this case, the sequence terms are expected to follow 

Sy = Oy + 0,0; + O(a), |ay| < lay], (24) 

indicating that the error in approximating Eq. (23) diminishes geometrically with n. Specifically, 

ii Sn4l—-S Spas a n+l _ Snt+2 ~9{%)\. 
(25) 

S,-S Spay 8 ay 

However, for a series whose terms are represented by Eq. (7), the error reduction is merely polynomial in n: 

Sn4l—-S Spas 1 n+l _ Snt2 -0(-) (26) 

S,-S Spay 8 n 

which leads to a much slower rate of convergence for large n as compared to the factor A = a,/a, < 1. Consequently, methodologies dependent on 

such algorithms as Aitken’s A? process [10], the Shanks transformation [11], or Wynn’s € algorithm [12], demonstrate suboptimal performance for 

these series. For our particular model example, given in Eq. (27), these statements are illustrated in Fig. 1. A clarifying remark is in order. For the 

comparison in Fig. 1, we plot the data points as a function of n, where n is the maximum index of the terms of the input series used in order to 

calculate the convergence acceleration transform. We indicate the error of the extrapolation as a function of n. Some algorithms, such as the Aitken 

method, only produce a sensible result when n is being increased in steps of two, n — n+ 2. This explains why there are some apparent “gaps” in 

the numerical data. 

4. Numerical examples 

4.1, Slowly convergent model series 

We discuss the application of the enhanced Neville algorithm to the infinite series with partial sums 

n 

4 (£42) 
S,= a, , a, = ————— arctan ( —— ], (27) 

d (k+l k+3 

where the prefactor is chosen so that a, ~ 1/k* for k > oo. We calculate the enhanced Neville transformations, up to order n = 100, and the 

determination of the convergence according to the formula
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Fig. 2. The figures illustrate the convergence of sequences d j@) toward c j for j = 1,2,3,4, according to Eq. (32). The cases j = 1,2,3,4 are treated in Fig. (a), (b), 

(d), and (d), respectively. The first 150 d j@) with n =0,..., 149 are compared to the value c '; =d,(0o), the latter being denoted by a black diamond. One notes that 

c, =—1 is integer-valued, while the first 50 decimals of the coefficients c,, c,; and c, are given in Eq. (30). 

In Tn = Trail) 
n) = —————__ , 28 x(n) in(10) (28) 

with 7,, defined in Eq. (14). The quantity y() measures the apparent convergence of the transforms as the order of the transformation is increased, 

by calculating the number of apparently converged decimal digits. 

In Fig. 1, we compare the convergence of the enhanced Neville transformation to Aitken’s A? process [10], Wynn’s epsilon algorithm [12] 

and alongside the series itself. The enhanced Neville scheme is shown to outperform the other convergence acceleration algorithms, securing 

approximately one additional decimal of convergence with each transformation order. In contrast, the other methods progress much more slowly. 

This observation is tied to the asymptotic structure of the input series, according to Eq. (2). 

Our analysis, based on the enhanced Neville algorithm, yields a 50-decimal approximation of the series limit: 

Soy = lim co(n) = 1.31279 49538 25865 79196 34865 83906 40442 73891 27574 77554. (29) 

Furthermore, we obtain the results 

c= Jim c(n)= —1, Cy = Jim y(n) = ; + - = 0.81830 98861 83790... , (30a) 

; 1 2 ; 37 
C3 = Jim c3(n) = — 60a —0.80328 64390 34248... , C4 = Jim c4(n) = Da 0.98145 5482400021... . (30b) 

The next higher coefficients are c; = = - a, 6= =, C7 = -4 - *, g= —, 9 = -= - —, and cj) = a“. These results have been 

verified to about 100 digits against numerical data obtained with the help of the enhanced Neville algorithm described here. They can be obtained 

analytically based on the formula 

(31) 

while realizing that the terms a, in the latter sum from k =n+ 1 to k =o can be expanded for large summation index k. We define the approxima- 

tions d;(n) = c; as follows, 

j-l 
j C,. : : d;(n) = (n+ 1) (s- Der). lim dj(m)=e,, 7 =1,2,3,4. (32) 

It is instructive to plot the sequence of the d;(n) against 1/n, for j = 1,2,3,4, as shown in Fig. 2, for the model series given in Eq. (27). The value 

at infinite n (where 1/n — 0) is given by lim,_,,, d;(m) =c,. The trend of the data presented in Fig. 2 is consistent with the convergence of the 

approximants dj(n) > c, for j =1,2,3,4, for large n.
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