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Nigel - Mechatronic Design and Robust Sim2Real
Control of an Over-Actuated Autonomous Vehicle

Chinmay V. Samak∗ , Tanmay V. Samak∗ , Javad M. Velni and Venkat N. Krovi

Abstract—Simulation to reality (sim2real) transfer from a
dynamics and controls perspective usually involves re-tuning or
adapting the designed algorithms to suit real-world operating
conditions, which often violates the performance guarantees
established originally. This work presents a generalizable frame-
work for achieving reliable sim2real transfer of autonomy-
oriented control systems using multi-model multi-objective ro-
bust optimal control synthesis, which lends well to uncertainty
handling and disturbance rejection with theoretical guarantees.
Particularly, this work is centered around a novel actuation-
redundant scaled autonomous vehicle called Nigel, with indepen-
dent all-wheel drive and independent all-wheel steering architec-
ture, whose enhanced configuration space bodes well for robust
control applications. To this end, we present the mechatronic
design, dynamics modeling, parameter identification, and robust
stabilizing as well as tracking control of Nigel using the proposed
framework, with exhaustive experimentation and benchmarking
in simulation as well as real-world settings.

Index Terms—Autonomous vehicles, over-actuated systems,
mechatronic design, robust optimal control, sim2real transfer.

I. INTRODUCTION

MODERN day automotive systems exploit a combination
of mechanical electrical, electronic, networking, and

software sub-systems to enhance performance via a hierar-
chical suite of autonomy-oriented control realizations. While
earlier autonomy developers may have enjoyed the freedom
of primarily focusing on core software development, the
present context demands a paradigm shift towards a synergis-
tic hardware-software co-design approach, harmonizing with
the principles of mechatronics engineering [1]. In particular,
the demand for increased maneuverability, enhanced control
configuration space, and improved tolerance against faults
motivates the pursuit of unconventional vehicle designs. How-
ever, with the advent of novel design architectures, advanced
control strategies [2] are required to fully exploit the added
capabilities. Moreover, the devised control systems need to
successfully transition the sim2real gap by guaranteeing robust
performance against real-world uncertainties and disturbances.
This further calls for capable cyber-physical deployment plat-
forms of varying scales. Previous works have tried to address
some of these aspects in isolation, as we will review below.
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Fig. 1. Nigel: a mechatronically redundant and reconfigurable 1:14 scale
autonomous vehicle tracking “figure-8” maneuver, with the inset depicting
disturbance Fw and frictional uncertainties µ during sim2real transfer.

In terms of developing scaled autonomous vehicles, aca-
demic institutions have contributed platforms like [3]–[9].
Community-driven projects such as [10], [11] have also
emerged, which are often tailored for specific applications.
Moreover, commercial products like [12], [13] have also en-
tered the market, but their closed-source nature and prohibitive
costs limit their accessibility to the broader community. Addi-
tionally, scaled robot platforms like [14], [15] remain valuable
for teaching fundamental autonomy concepts. However, none
of the aforementioned platforms (refer Table I) contributes pri-
marily towards novel vehicular configuration or architecture.
Other works such as [16], [17] have recently prototyped over-
actuated scaled vehicles for validating their control algorithms,
but none of them are open-sourced. Additionally, these plat-
forms lack comprehensive autonomy features with only the
latter offering truly independent driving and steering capabil-
ity, although at a much larger scale (1:5) and without extended
steering limits. To the best of authors’ knowledge, Nigel (refer
Fig. 2) is the first open-source1 mechatronically redundant [18]
autonomous vehicle platform offering comprehensive auton-
omy features as well as independent all-wheel driving and
independent all-wheel steering (i.e., independent 4WD4WS)
configuration with extended (±90◦) steering angles, within
a small footprint of 1:14 scale. Additionally, Nigel is a part
of the larger AutoDRIVE Ecosystem2 [19], [20], which also
offers a high-fidelity digital-twin simulation platform [21],
[22], as well as flexible application programming interfaces
(APIs) to develop low and high-level autonomy algorithms.

1GitHub: https://github.com/AutoDRIVE-Ecosystem
2Website: https://autodrive-ecosystem.github.io
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TABLE I
COMPARATIVE ANALYSIS OF POPULAR SCALED AUTONOMOUS VEHICLE PLATFORMS

Platform Cost† Sensing Modalities Computational Resources Actuation
Mechanism‡
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Nigel (Ours) 1:14 ✓ ✓ $600 ✓ ✓ ✓ ✓ ✓ ✓ ✓ ✓ ✓ Jetson Orin Nano Arduino Mega 4WD4WS ✓ ✓ ✓ ✓ ✓ ✓ ✓ ✓ ✓ ✓ ✓
MIT Racecar [3] 1:10 ★ ✓ $2,600 ✗ ✗ ✗ ✗ ✓ ✗ ✓ ★ ✓ Jetson TX2 VESC AS ✗ ✗ ★ ✗ ✗ ✗ ✓ ✗ ✗ ✗ ✗
AutoRally [4] 1:5 ★ ✓ $23,300 ✗ ✗ ✓ ✓ ✓ ✗ ✓ ★ ✓ Custom Teensy LC AS ✗ ✗ ★ ✗ ✗ ✗ ✓ ✗ ✗ ✗ ✗
F1TENTH [5] 1:10 ★ ✓ $3,260 ✗ ✗ ✗ ✗ ✗ ✗ ✓ ★ ★ Jetson TX2 VESC 6MkV AS ✗ ✗ ✓ ✗ ✗ ✗ ✓ ✓ ✓ ✗ ✗
DSV [6] 1:10 ★ ✓ $1,000 ✗ ✗ ✓ ✗ ✓ ✗ ✓ ✓ ✗ ODROID-XU4 Arduino Mega AS ✗ ✗ ✗ ✗ ✗ ✗ ✓ ✗ ✗ ✗ ✗
MuSHR [7] 1:10 ★ ✓ $930 ✗ ✗ ✗ ✗ ✗ ✗ ✓ ★ ✓ Jetson Nano Turnigy SK8-ESC AS ✗ ✗ ✓ ✗ ✗ ✗ ✓ ✗ ✗ ✗ ✗
BARC [8] 1:10 ★ ✓ $1,030 ✗ ✗ ✓ ✗ ✓ ✗ ✗ ✓ ✗ ODROID-XU4 Arduino Nano AS ✗ ✗ ✗ ✗ ✗ ✗ ✓ ✗ ✗ ✗ ✗
ORCA [9] 1:43 ★ ✓ $960 ✗ ✗ ✗ ✗ ✓ ✗ ✗ ✗ ✗ None ARM Cortex M4 AS ✗ ✗ ✗ ✓ ✓ ✗ ✗ ✗ ✗ ★ ✗
HyphaROS [10] 1:10 ★ ✓ $600 ✗ ✗ ✗ ✗ ✓ ✗ ✓ ✗ ✗ ODROID-XU4 ESC TBLE-02S AS ✗ ✗ ✗ ✗ ✗ ✗ ✓ ✗ ✗ ✗ ✗
Donkey Car [11] 1:16 ★ ✓ $370 ✗ ✗ ✗ ✗ ✗ ✗ ✗ ✓ ✗ Raspberry Pi ESC AS ✗ ✗ ✗ ✗ ✗ ✓ ✗ ✗ ✗ ✗ ✗
QCar [12] 1:10 ✗ ✗ $20,000 ✗ ✗ ✓ ✗ ✓ ✓ ✓ ✓ ✓ Jetson TX2 Proprietary AS ✓ ✓ ✓ ✗ ★ ★ ★ ✗ ✗ ✓ ✗
DeepRacer [13] 1:18 ✗ ✗ $400 ✗ ✗ ✗ ✗ ✓ ✗ ★ ✓ ✗ Proprietary Proprietary AS ✗ ✗ ✗ ✗ ✗ ✗ ✗ ✗ ✗ ✗ ✓
Duckiebot [14] N/A ✓ ✓ $450 ✗ ✗ ★ ✗ ★ ✗ ✗ ✓ ✗ Raspberry Pi None DD ★ ✗ ★ ★ ✗ ✗ ✓ ✗ ✗ ✗ ✗
TurtleBot3 [15] N/A ✓ ✓ $590 ✗ ✗ ✓ ✗ ✓ ✗ ✓ ★ ✗ Raspberry Pi OpenCR DD ✗ ✗ ★ ✗ ✗ ✗ ✓ ★ ✗ ✗ ✗

†All costs are ceiled to the nearest $10. ‡Actuation mechanisms comprise Ackermann-steered (AS), differential-drive (DD), and 4-wheel-drive 4-wheel-steer (4WD4WS) configurations.
✓ indicates complete fulfillment; ★ indicates conditional, unsupported or partial fulfillment; and ✗ indicates non-fulfillment.

In the context of developing control strategies for vehicles
with unconventional architectures, prior works have applied
techniques such as inverse dynamics control [23], coordi-
nated motion control [24], adaptive steering control [25] and
model predictive control [26], [27]. Although some of these
works discuss the adaptability and robustness of the designed
controllers in simulation, they fail to guarantee similar per-
formance in real-world conditions. Other recent works such
as [28] and [29] have applied cascaded feedforward control
and robust H∞ control, respectively, to handle environmental
uncertainties and disturbances using over-actuated vehicle ar-
chitectures. Similar robust control techniques have also been
applied to automotive systems for yaw-plane [30]–[32], roll-
plane [33] or vertical dynamics stabilization [34], emergency
braking [35], trajectory tracking [36], etc. However, mixed
H2-H∞ robust optimal control has not been explored in
the automotive field, especially for 4WD4WS autonomous
vehicles, and our work seeks to fill in this void.

Specifically, our work seeks to develop a generalizable
framework for reliably bridging the sim2real gap by applying
the rich theory of multi-model multi-objective control, which
seeks the Pareto-optimal solution of H2 and H∞ performance
tradeoff with D-stability guarantee. It is to be noted that,
instead of bridging the sim2real gap by increasing simulation
fidelity [37], this work intentionally widens the reality gap by
using a linearized dynamics model to synthesize the robust op-
timal controller, which is hypothesized to bridge the dynamics
gap during real-world deployment. To this end, we benchmark
and validate robust stabilizing, as well as steady-state tracking
control of Nigel with seamless sim2real transfer.

To recapitulate, our contributions are itemized below:
• Completely open-source design architecture of a novel

1:14 scale independent 4WD4WS autonomous vehicle
with extended steering limits is presented.

• Non-linear dynamics model of such a novel vehicle archi-
tecture is derived and transformed into a linear uncertain
system model with reasonable parameter identification.

• Robust sim2real control framework is established and
validated through exhaustive experimentation and bench-
marking in simulation as well as real-world settings.

II. VEHICLE DESIGN ARCHITECTURE

The key design objective for vehicle architecture discussed
in this work was to develop a mechatronically redundant scaled
autonomous vehicle. The resulting prototype, Nigel, offers
redundant driving and steering actuation, a comprehensive
sensor suite, high-performance computational resources, and
a standard vehicular signaling system (refer Fig. 2).

Chassis: Nigel is a 1:14 scale autonomous vehicle compris-
ing four modular platforms, each housing distinct components
of the vehicle.

Power Electronics: Nigel is powered using an 11.1 V
5200 mAh lithium-polymer (LiPo) battery, whose health is
monitored by a voltage checker. Other components such as the
master switch, buck converter and motor drivers help route the
power to appropriate sub-systems of the vehicle.

Sensor Suite: Nigel hosts a comprehensive sensor suite
comprising throttle/steering feedbacks and 1920 CPR incre-
mental encoders for all 4 wheels, a microphone, a 3-axis
indoor-positioning system (IPS) using retroreflective/fiducial
markers, a 9-axis inertial measurement unit (IMU) with
raw/filtered measurements, multiple RGB/RGB-D/stereo cam-
era(s) in the front/rear, and a 360◦ FOV planar LIDAR.

Computation, Communication and Software: Nigel adopts
Jetson Orin Nano Developer Kit for most of its high-level
autonomy algorithms and V2X communication and hosts
Arduino Mega for acquiring and filtering raw sensor data, and
controlling the actuators/lights/indicators.

Actuators: Nigel is actuated using four 6V 160 RPM rated
120:1 DC geared motors to drive its wheels, and four 9.4
kgf.cm servo motors to steer them; the steering actuators
are saturated at ± 90◦ w.r.t. zero-steer value (see Fig. 3).
All the actuators are operated at 5V, which translates to a
maximum speed of ∼130 RPM for driving and ∼0.19 s/60◦ for
steering. The steering actuators are positioned directly above
the respective tire contact patch, which enables zero camber
gain and keeps the actuator effort stable.

Lights and Indicators: Nigel’s lighting system comprises
dual-mode headlights, triple-mode turning indicators, and au-
tomated taillights with reverse indicators. Additionally, Nigel
is also provided with a buzzer to allow acoustic indication.
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Fig. 2. Various components and sub-systems of Nigel. Dashed lines indicate
occluded or hidden components. A video highlighting key features of Nigel
is available at https://youtu.be/UVIShZuZmpg

Kinematic analysis of Nigel’s configuration reveals that it
has δM = δm+δs = 1+2 = 3 degrees of maneuverability; this
is superior among all passively stable configurations possible.
Elucidation follows. Considering the vehicle’s configuration
space C ∈ Rm, the n-dimensional admissible velocity space,
which is a sub-space of the generalized velocity space V ∈
Rm (composed of the time derivatives of the generalized
coordinates of C ), governs the vehicle’s differential degrees of
freedom (a.k.a. degree of mobility, δm = n). Given the sliding

constraint matrix C1(δi) =

[
C1f

C1s(δi)

]
for fixed (f ) and

steerable (s) wheels, this translates to δm being the dimension
of the right null space of C1(δi), i.e., δm = dim N [C1(δi)] =
3 − rank[C1(δi)]. The degree of steerability, δs, is governed
by the sliding constraints imposed by the i steerable wheels,
with δs = rank[C1s(δi)]; 0 ≤ δs ≤ 2.

III. DYNAMICS MODELING AND ANALYSIS

Considering the notations presented in Fig. 4, and extend-
ing the seminal works [38], [39], we can deduce the non-
linear yaw-plane vehicle dynamics model for an independent
4WD4WS configuration as given in Eq. 1a-1c.

∑
Fx :m

(
v̇ cos(β)− vβ̇ sin(β)− ψ̇v sin(β)

)
=

[
τRL

rRL
cos(δRL)

+
τRR

rRR
cos(δRR) +

τFL

rFL
cos(δFL) +

τFR

rFR
cos(δFR)

]
− {µRLCRL[

δRL − tan−1

(
ẏ − ψ̇lr

ẋ− ψ̇lt

)]
sin(δRL) + µRRCRR

[
δRR − tan−1

(
ẏ − ψ̇lr

ẋ+ ψ̇lt

)]
sin(δRR) + µFLCFL

[
δFL − tan−1

(
ẏ + ψ̇lf

ẋ− ψ̇lt

)]

sin(δFL) + µFRCFR

[
δFR − tan−1

(
ẏ + ψ̇lf

ẋ+ ψ̇lt

)]
sin(δFR)

}
− Fhw

(1a)

∑
Fy :m

(
v̇ sin(β) + vβ̇ cos(β)− ψ̇v cos(β)

)
=

[
τRL

rRL
sin(δRL)

+
τRR

rRR
sin(δRR) +

τFL

rFL
sin(δFL) +

τFR

rFR
sin(δFR)

]
+ {µRLCRL[

δRL − tan−1

(
ẏ − ψ̇lr

ẋ− ψ̇lt

)]
cos(δRL) + µRRCRR

[
δRR − tan−1

(
ẏ − ψ̇lr

ẋ+ ψ̇lt

)]
cos(δRR) + µFLCFL

[
δFL − tan−1

(
ẏ + ψ̇lf

ẋ− ψ̇lt

)]

cos(δFL) + µFRCFR

[
δFR − tan−1

(
ẏ + ψ̇lf

ẋ+ ψ̇lt

)]
cos(δFR)

}
+ Fsw

(1b)

∑
Mz : Izψ̈ = lf

{
−
τFL

rFL
sin(δFL − θFL) +

τFR

rFR
sin(δFR + θFR)

+µFLCFL

[
δFL − tan−1

(
ẏ + ψ̇lf

ẋ− ψ̇lt

)]
cos(δFL − θFL) + µFRCFR[

δFR − tan−1

(
ẏ + ψ̇lf

ẋ+ ψ̇lt

)]
cos(δFR + θFR)

}
− lr

{
τRL

rRL
sin(δRL

+θRL)−
τRR

rRR
sin(θRR − δRR) + µRLCRL

[
δRL − tan−1(

ẏ − ψ̇lr

ẋ− ψ̇lt

)]
cos(δRL + θRL) + µRRCRR

[
δRR − tan−1

(
ẏ − ψ̇lr

ẋ+ ψ̇lt

)]
cos(θRR − δRR)

}
+

(
lf − lr

2

)
Fsw

(1c)

Fig. 3. Independent 4WD4WS architecture of Nigel: (a) denotes 2-DOF actuation redundancy per wheel; (b)-(g) depict common drive configurations
including front-wheel drive, rear-wheel drive, all-wheel drive, neutral-steer drive, pivot-steer drive and torque vectoring drive; and (h)-(m) depict common
steering configurations including front-wheel steer, rear-wheel steer, all-wheel in-phase steer, all-wheel out-of-phase steer, oblique steer and crab-walk steer.

https://youtu.be/UVIShZuZmpg
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Fig. 4. Vehicle dynamics model for an independent 4WD4WS vehicle.

Here, m is the vehicle mass, v is the vehicle velocity, β =

tan−1
(
ẏ±ψ̇lf/r

ẋ±ψ̇lt

)
is the vehicle slip angle, ψ is the vehicle

yaw angle, τi are the drive torques, ri are the wheel radii, δi
are the steering angles, µi are the frictional coefficients for
each road-tire interconnect, Ci are the tire stiffness values,
αi = δi − β are the tire slip angles, lf and lr are the front
and rear center-of-gravity (CG) offsets, Iz is the vehicle yaw
moment of inertia, θi are the angular wheel locations w.r.t. CG,
while Fhw and Fsw are respectively the head and side winds.

Note that Fyi = µiCiαi and Fdi =

{
τi/ri; if τi/ri ≤ µiNi

µiNi; otherwise
are tire forces and drive forces for i-th wheel, respectively.

The non-linear model in Eq. 1a-1c can be linearized by
applying the small-angle approximation so that sin(⊙) ≈ ⊙,
cos(⊙) ≈ 1 and tan−1(⊙) ≈ ⊙. Additionally, we assume that
the vehicle is driving at a constant velocity, implying v̇ ≈ 0 ⇒
τi ≈ 0. Finally, it is also assumed that ẋ≫ ψ̇lt ⇒ ẋ±ψ̇lt ≈ ẋ.
Also note that Fsw is hereafter referred to as Fw for simplicity,
since Fhw does not affect the linearized model.

[
β̇

ψ̈

]
=

[
a11 a12
a21 a22

] [
β

ψ̇

]
+

[
b11 b12 b13 b14
b21 b22 b23 b24

]δFL

δFR

δRL

δRR

+

[
d1
d2

]
Fw

(2)
where

a11 =
−1

mv
(µFLCFL + µFRCFR + µRLCRL + µRRCRR)

a12 =

{
1

mv2

[
lr (µRLCRL + µRRCRR)− lf (µFLCFL

+µFRCFR)]} − 1

a21 =
1

Iz

[
lr (µRLCRL + µRRCRR)− lf (µFLCFL + µFRCFR)

]
a22 =

−1

Izv

[
l2f (µFLCFL + µFRCFR) + l2r (µRLCRL + µRRCRR)

]
b11 = µFLCFL

mv
b21 =

lfµFLCFL

Iz
b12 = µFRCFR

mv

b22 =
lfµFRCFR

Iz
b13 = µRLCRL

mv
b23 = −lrµRLCRL

Iz

b14 = µRRCRR
mv

b24 = −lrµRRCRR
Iz

d1 = 1
mv

d2 =
lf−lr

2

TABLE II
MEASURED AND IDENTIFIED PARAMETERS OF NIGEL

Parameter Symbol Value Unit
Measured Parameters
Mass m 2.68 kg
Dimensions (L×B×H) — 0.318×0.175×0.257 m
Wheelbase l 0.14155 m
Track width lt 0.14724 m
Wheel radius ri 0.0325 m
Identified Parameters
Yaw moment of inertia Iz 0.01944 kg.m2

CG front offset lf 0.06226 m
CG rear offset lr 0.07929 m
Friction coefficient µi 0.4 (nominal) —
Tire stiffness Ci 22.4768 N.rad−1

We analyzed the model obtained in Eq. 2 based on the pa-
rameters identified (refer Table II) from lab experiments. The
system has a stable equilibrium point under nominal conditions
(refer Fig. 5(a)), but drastic variation in operating conditions
(friction or velocity) significantly affects the system’s damping
ratio, ζ = −λR√

λ2
R+λ2

I

(refer Fig. 5(b)) where λ = λR ± λIι

are eigenvalues of the system matrix. This follows that the
system is prone to face sim2real transfer issues if the real-
world conditions (µi) are different from the simulation or
uncertain in general, even at a constant velocity (v).

IV. ROBUST SIM2REAL CONTROL FRAMEWORK

The proposed framework (see Fig. 6) begins with formulat-
ing a linear parameter-varying (LPV) description of the system
in polytopic form. Then, a robust optimal controller is synthe-
sized by solving a semi-definite program using linear matrix
inequalities (LMIs). Finally, the closed-loop system response
is verified in simulation, followed by sim2real validation.

To this end, a generalized representation of the open-loop
system Sol is obtained (refer Eq. 3).

Sol :=


ẋp = Apxp +Bpu+Dpw

y1 = Cp1xp +By1u+Dyw

y2 = Cp2xp +By2u

zp = Mpxp +Dzw

(3)

Here, u =
[
δFL δFR δRL δRR

]T
are the control inputs,

xp =
[
β ψ̇

]T
are the states and w = Fw is the disturbance.

(a) (b)

Fig. 5. Analysis of vehicle dynamics: (a) system phase portrait @ µ = 0.4,
v = 0.35 m/s; and (b) system damping ratio ζ as a function of µ and v.
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Fig. 6. Structure of the presented robust sim2real control framework.

The state transition is governed by Ap =

[
a11 a12
a21 a22

]
,

Bp =

[
b11 b12 b13 b14
b21 b22 b23 b24

]
and Dp =

[
d1
d2

]
. System outputs

y1 = y2 =
[
xp u

]T
are governed by Cp1 = Cp2 =[

I2×2

04×2

]
, By1 = By2 =

[
02×4

I4×4

]
and Dy = 06×1. The

measurements comprise full-state feedback with Mp = I2×2

and Dz = 02×1.
Considering the sim2real gap in terms of uncertainties in

frictional coefficients of the 4 road-tire interconnects ρ =
⟨µFL, µFR, µRL, µRR⟩, where parameters ρi can be time-
varying or constant but uncertain, this work adopts polytopic
modeling method for uncertainty treatment. To this end, a
polytopic LPV system can be established (refer Eq. 4), where
the state-space matrices depend affinely on the uncertain
parameters.

Ap (ρ) = A0 + µFLA1 + µFRA2 + µRLA3 + µRRA4

Bp (ρ) = B0 + µFLB1 + µFRB2 + µRLB3 + µRRB4

(4)
Definition 1: A polytope of S1,S2, ...,Sk “vertex” systems

could be represented as the convex hull of a fixed number of
matrices Si with the same dimension [40], i.e.,

Co {Si; i ∈ 1, ..., k} :=

{
k∑
i=1

λiSi : λi ⩾ 0,
k∑
i=1

λi = 1

}
(5)

The uncertain frictional coefficients are pragmatically as-
sumed to be bounded with µj ∈ [0.1, 1.0] and range over
a fixed polytope (refer Eq. 5) with k = 1, 2, ..., 16 vertices
corresponding to the 24 combinations of extremal parameter
values, thereby encompassing all possible values of the uncer-
tain parameters. The resulting polytopic state-space model can
be written by lumping Eq. 3 to obtain Eq. 6, where Ã = Ap,

B̃ =
[
Dp Bp

]
, C̃ =

[
Cp1

Cp2

]
and D̃ =

[
Dy By1

06×1 By2

]
.

[
Ã(ρ) B̃(ρ)

C̃(ρ) D̃(ρ)

]
︸ ︷︷ ︸

S(ρ)

∈ Co


[
Ã1 B̃1

C̃1 D̃1

]
︸ ︷︷ ︸

S1

, ...,

[
Ãk B̃k

C̃k D̃k

]
︸ ︷︷ ︸

Sk

 (6)

Definition 2: A convex subset R of a complex plane is
called an nth order LMI region if there exist a real symmetric
matrix L ∈ Rn×n and a real matrix M ∈ Rn×n [41], which
satisfy the LMI in z and z as depicted in Eq. 7.

R =
{
z ∈ C : L+Mz +MT z < 0

}
(7)

Lemma 1: A real matrix A ∈ Rn×n is D-stable, that is, all
of its eigenvalues are in the LMI region R defined by Eq. 7,
if and only if there exists a positive-definite symmetric matrix
X ∈ Rn×n, which satisfies the LMI presented in Eq. 8.

L⊗X+M⊗ (AX) +MT ⊗ (AX)T < 0 (8)

We intend to place poles of the closed-loop system Scl in
the LMI region governed by the intersection of left half-plane
with ℜ(z) < α (i.e., α-stability), where α = −0.1, and a
conic sector centered at the origin having an inner angle of
ϕ = 3π/4 so as to guarantee some minimum decay rate and
closed-loop damping. The LMI in Eq. 9a represents the α-
stability region, while the one in Eq. 9b represents the conic
sector centered at the origin with an inner angle of ϕ = 2θ.

2αX+AX+ (AX)T < 0 (9a)[
a
(
AX+ (AX)T

)
−b

(
AX− (AX)T

)
b
(
AX− (AX)T

)
a
(
AX+ (AX)T

) ]
where, 0 < θ < π

2 , cos(θ) =
−b√
a2+b2

, sin(θ) = a√
a2+b2

(9b)

Definition 3: Energy-to-energy gain (or induced L2 gain) is
a performance measure of system’s response y to disturbances
w, quantifying the amplification of the energy of input distur-
bances to the energy of the system outputs, and forms the
supremum or H∞ norm of the system with transfer matrix G
(i.e., largest singular value of the transfer matrix) as depicted
in Eq. 10.

Γee = ∥G∥H∞
= sup
ω∈R

σmax (G(jω)) = max
w ̸=0

∥y∥L2

∥w∥L2

(10)

Lemma 2: Considering the polytopic system described by
Eq. 6, the following statements are equivalent.

1) The system is stable with a quadratic H∞ performance
index γ1.

2) There exists a matrix P > 0 such that the following
LMI has a feasible solution:PÃ(ρ) + ÃT (ρ)P PB̃(ρ) C̃T (ρ)

∗ −γ1I D̃T (ρ)
∗ ∗ −γ1I

 < 0 (11)

Definition 4: Energy-to-peak gain is a measure of system’s
response y to disturbances w, quantifying the energy ampli-
fication of disturbances to their peak values as they propagate
through the system to the outputs (i.e., energy of the impulse
response), and forms the generalized H2 norm of the system
with transfer matrix G as depicted in Eq. 12.

∥G∥2H2
= 1

2π

∫∞
−∞ trace [G∗(jω)G(jω)] dω

Γep = ∥G∥H2
= max

w ̸=0

∥y∥L∞
∥w∥L2

(12)

Lemma 3: Following statements are equivalent for the
uncertain system described by the polytopic model in Eq. 6.
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1) The system is stable with quadratic H2 performance γ2.
2) There exist P > 0 and Q > 0 such that:

trace
[
C̃(ρ)PC̃T (ρ)

]
< γ22

Ã(ρ)P+PÃT (ρ) + B̃(ρ)B̃T (ρ) < 0

trace
[
B̃T (ρ)QB̃(ρ)

]
< γ22

ÃT (ρ)Q+QÃ(ρ) + C̃T (ρ)C̃(ρ) < 0

(13)

Lemma 4: Given matrices L, B and Q, the inequality
BKL + LTKTBT + Q < 0 has a solution for K if and
only if the conditions presented in Eq. 14 are satisfied.

B⊥QB⊥T

< 0

LT
⊥
QLT

⊥T

< 0
(14)

It can be shown that applying Eq. 14 to Eq. 11, we can
arrive at Eq. 15a-15d and much in the same way, by applying
Eq. 14 to Eq. 13, we can obtain Eq. 16a-16d.

Theorem 1: For a given plant of order np, there exists an
H∞ controller of order nc ⩽ np to stabilize the closed-loop
system and guarantees Γee < γ1 if and only if the conditions
presented in Eq. 15a-15d are satisfied.

[
Bp

By1

]⊥ [
ApX + XAp

T + DpDp
T XCp1

T + DpDy
T

∗ DyDy
T − γ2

1I

] [
Bp

By1

]⊥T

(15a)

[
Mp

T

Dz
T

]⊥ [
YAp + Ap

TY + Cp1
TCp1 YDp + Cp1

TDy

∗ Dy
TDy − γ2

1I

] [
Mp

T

Dz
T

]⊥T

(15b)[
X γ1I
γ1I Y

]
⩾ 0 (15c)

rank

[
X γ1I
γ1I Y

]
⩽ np + nc (15d)

Remark 1: For the full-state feedback controller, i.e., nc = 0
and Mp = I, constraints imposed by Eq. 15b-15d are satisfied,
and the resultant overall problem becomes convex.

Theorem 2: For a given plant of order np, there exists an
H2 controller of order nc ⩽ np to stabilize the closed-loop
system and guarantees Γep < γ2 if and only if the conditions
presented in Eq. 16a-16d are satisfied.{

Bp
⊥

(
ApX + XAp

T + DpDp
T
)
Bp

⊥T
< 0

Cp2XCp2
T < γ2

2I
(16a)

[
Mp

T

Dz
T

]⊥ [
YAp + Ap

TY YDp

∗ −I

] [
Mp

T

Dz
T

]⊥T

(16b)

[
X I
I Y

]
⩾ 0 (16c)

rank

[
X I
I Y

]
⩽ np + nc (16d)

Remark 2: For the full-state feedback controller, i.e., nc = 0
and Mp = I, constraints imposed by Eq. 16b-16d are satisfied,
and the resultant overall problem becomes convex.

From the solution {X,Y} to the convex optimization prob-
lem of minimizing trace (X+Y) subject to Eq. 15a and Eq.
16a, we can build the Lyapunov matrix and obtain the optimal
state-feedback controller K whose purpose is to minimize the
influence of disturbance w on the uncertain system response
y =

[
y1 y2

]T
resulting in a closed-loop system Scl with

Acl = (Ap +BpK). In other words, we obtain an optimal
feedback matrix K that achieves the following.

• Places the poles of Scl within the intersection of LMI
regions R specified by Eq. 9a and Eq. 9b.

• Bounds Γee of Scl from w to y1 below γ1 > 0.
• Bounds Γep of Scl from w to y2 below γ2 > 0.
• Minimizes the H2-H∞ tradeoff criterion of the form
ϕΓ2

ee+φΓ
2
ep with ϕ and φ being weights on the respective

performance measures.
Remark 3: With the specific choice of output signals y =[

y1 y2

]T
, the designed controller minimizes the deviation

of state xp from zero (for stabilization) or reference xr (for
tracking) along with the control inputs u. From a sim2real
transfer perspective, the devised framework guarantees stabi-
lizing/tracking performance in the presence of parameter un-
certainties and disturbances while also minimizing the control
effort.

V. RESULTS AND DISCUSSION

We first established the benefit of adopting an unconven-
tional vehicle architecture by comparing it against a conven-
tional one with the same parameters (refer Table II). The
conventional Ackermann-steered architecture yielded a Pareto-
optimal H∞ performance of 2.61e-1 and H2 performance of
6.45e-1, while the unconventional independent 4WD4WS ar-
chitecture was able to guarantee H∞ performance of 1.98e-01
and H2 performance of 5.56e-01. In other words, the conven-
tional system was poorly robust as compared to the proposed
one and was, therefore, capable of handling relatively narrower
sim2real gaps. Consequently, further results are reported only
for the independent 4WD4WS vehicle architecture.

Next, we benchmarked the performance of the proposed
robust sim2real control framework against (i) replayed ref-
erence control commands in open-loop and (ii) another non-
robust state-feedback controller devised with a pole-placement
approach based on Eq. 9a to ensure ℜ(z) < −2.0. Par-
ticularly, we analyzed the root-mean-squared error (RMSE),
ϵ =

[
ϵx ϵy ϵψ

]T
, for the Cartesian pose of the vehicle

throughout a given trajectory. The single error metric reported
in Table III is the ℓ2-norm of the resulting errors in each of
the pose coordinates, i.e., ε = ∥ϵ∥2.

The design of experiments followed a common approach for
simulation and real-world settings. The stabilizing controller
was tested for a straight-line maneuver (refer Fig. 7(a)). The
steady-state tracking control was validated for standard bench-
mark maneuvers, viz. lane-change (refer Fig. 7(b)), skidpad
(refer Fig. 7(c)), fishhook (refer Fig. 7(d)), slalom (refer Fig.
7(e)) and figure-8 (refer Fig. 7(f)), wherein the reference
generation was achieved by simulating the open-loop system
with standard test signals, viz. impulse, step, ramp and sine.

TABLE III
BENCHMARKING ANALYSIS OF THE PROPOSED SIM2REAL FRAMEWORK

Error (ε) ↘ Open-Loop Non-Robust Robust
Sim Real Sim Real Sim Real

Straight 3.81e-2 5.03e-2 9.73e-2 6.04e-2 1.83e-2 1.82e-2
Lane-Change 7.59e-2 6.59e-2 5.78e-2 3.38e-2 1.20e-2 1.18e-2
Skidpad 1.09e-1 1.01e-1 7.91e-2 8.36e-2 2.14e-2 2.06e-2
Fishhook 5.52e-2 6.79e-2 4.23e-2 7.75e-2 1.50e-2 1.82e-2
Slalom 1.82e-1 1.91e-1 2.87e-1 2.52e-1 6.14e-2 6.15e-2
Figure-8 1.43e-1 4.15e-1 6.85e-2 5.47e-1 4.67e-2 1.07e-1
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Fig. 7. Experimentation and benchmarking results from simulation and real-world for (a) stabilizing as well as (b)-(f) steady-state tracking of standard
maneuvers, viz. (b) lane-change, (c) skidpad, (d) fishhook, (e) slalom tests, and (f) figure-8, under deliberately injected exogenous disturbances and uncertainties.

In simulation experiments, the friction for individual road-
tire interconnects was exaggerated as phase-shifted sinusoids
with µi = 0.35 sin(2πfθ−ϕ)+0.55 ∈ [0.2, 0.9], where f=12
is the frequency of variation, θ=[0, 2π] is the range of variation
and ϕ is the phase lag. The resulting sinusoids were injected
with synthetic noise defined as µi − 0.05 + 0.1χ, where χ ∼
U(0, 1) is a uniform random variable. Here, µFR, µRL and
µRR respectively lagged µFL by ϕFR = π/2, ϕRL = π and
ϕRR = 3π/2 rad, such that all four wheels never experienced
the same µ. Additionally, noisy wind-gust disturbance Fw of
0.25 N amplitude was simulated as a step input from t=1
second onwards, with synthetic noise of the form Fw+0.1χ∗
max(Fw), where χ ∼ U(0, 1) is a uniform random variable.

In real-world experiments, the vehicle state feedback was
obtained using OptiTrack motion capture system. Although a
nominal value of friction coefficient was estimated to be 0.4
from the motion capture data (refer Table II), the test surface
(5.0×3.5 m) was deliberately left unclean with dust/sand
particles, irregular scratches and tape residues from previous
experiments. Additionally, soap-water solutions of varying
concentrations were spilled in uneven quantities to aggravate
the uncertainty in terms of road friction. Finally, in the figure-8
maneuver (depicted as a freeze-frame sequence in Fig. 1), the
vehicle was actively poked with a pole at t=52, t=68, t=81
and t=109 seconds, which acted as an impulse disturbance.
The exact values of real-world friction and disturbance were
time-varying and very difficult to measure and were therefore
treated to be a part of the “unknown” sim2real gap.

Quantitatively, the proposed robust sim2real framework
has the least error across all maneuvers for all experiments.
Additionally, the difference between “Sim” and “Real” error
metrics practically reflects the sim2real gap, wherein the
proposed framework clearly outperforms its counterparts.

Qualitatively, all the systems track the first lane-change
transient relatively closely, but the open-loop and non-robust
systems digress significantly after the second one. For skidpad
and fishhook maneuvers, all the system performances overlap
before and within the loops, albeit with slight variations, after
which we can see a drastic variation, as different systems
exit at different angles. For straight and slalom maneuvers,
the open-loop system deceptively seems to outperform the
non-robust closed-loop system, but note that it is not actively
correcting any errors. Finally, figure-8 maneuver was the only
one where the real-world system was actively disturbed and,
consequently, the simulated and real-world performance have
a wider gap in this case. Nevertheless, the proposed framework
still outperforms the open-loop and non-robust systems.

VI. CONCLUSION

In this work, we first introduced the complete mechatronic
design architecture of Nigel and also presented the detailed
dynamics modeling of this independent 4WD4WS vehicle. We
also formulated a linear parameter-varying (polytopic) model
of the system for synthesizing a robust optimal controller,
which seeks to minimize the H2-H∞ tradeoff criteria with
D-stability guarantee. We demonstrated and analyzed robust
stabilizing as well as steady-state tracking control of Nigel
with extensive experimentation and benchmarking in simula-
tion as well as real world. In addition to sim2real transfer, we
also validated the controller to handle exaggerated disturbance
and uncertainties in real-world conditions.

Future work will delve into formulating and validating a
robust tracking problem using mixed sensitivity loop-shaping.
Other avenues include full-scale deployment, fault-tolerant
control, and integration of the proposed framework with an
end-to-end autonomy stack.
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