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Abstract

Nature-based climate solutions (NCS) are championed as a primary tool to mitigate
climate change, especially in forested regions capable of storing and sequestering
vast amounts of carbon. New England is one of the most heavily forested regions
in the United States (>75% forested by land area), and forest carbon is a significant
component of climate mitigation policies. Large infrequent disturbances, such as hur-
ricanes, are a major source of uncertainty and risk for policies relying on forest carbon
for climate mitigation, especially as climate change is projected to alter the intensity
and extent of hurricanes. To date, most research into disturbance impacts on for-
est carbon stocks has focused on fire. Here, we show that a single hurricane in the
region can down between 121 and 250 MMTCO,e or 4.6%-9.4% of the total above-
ground forest carbon, much greater than the carbon sequestered annually by New
England's forests (16 MMTCOzeyear'l). However, emissions from hurricanes are not
instantaneous; it takes approximately 19 years for downed carbon to become a net
emission and 100years for 90% of the downed carbon to be emitted. Reconstructing
hurricanes with the HURRECON and EXPOS models across a range of historical and
projected wind speeds, we find that an 8% and 16% increase in hurricane wind speeds
leads to a 10.7- and 24.8-fold increase in the extent of high-severity damaged areas
(widespread tree mortality). Increased wind speed also leads to unprecedented geo-
graphical shifts in damage, both inland and northward, into heavily forested regions
traditionally less affected by hurricanes. Given that a single hurricane can emit the
equivalent of 10+ years of carbon sequestered by forests in New England, the sta-
tus of these forests as a durable carbon sink is uncertain. Understanding the risks to
forest carbon stocks from disturbances is necessary for decision-makers relying on
forests as a NCS.
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1 | INTRODUCTION

The impacts of climate change and the failure to meet emission re-
duction targets are driving a widespread interest in using nature-
based climate solutions (NCS) to meet climate policy goals (Ellerman
et al, 2016; Galik & Jackson, 2009; Griscom et al., 2017; Roe
et al., 2019). Forests are a major focus of NCS strategies, as they
sequester the equivalent of nearly 25% of human carbon dioxide
(COZ) emissions globally (Anderegg et al., 2022; Bonan, 2008; Pan
et al., 2011), with US forests sequestering the equivalence of 10%
of US CO, emissions (Birdsey et al., 2006). However, NCS policies
often focus on the potential for future sequestration while inade-
quately accounting for the potential of existing carbon stocks to be-
come a source of emissions due to disturbances (Anderson-Teixeira
et al.,, 2013; Brodribb et al., 2020; Seidl et al., 2017). Therefore,
relying on forest carbon offsets to mitigate greenhouse gas emis-
sions has garnered considerable scrutiny, especially under the cur-
rent regulatory and voluntary carbon market regimes (Badgley,
Chay, et al., 2022; Badgley, Freeman, et al., 2022; Gifford, 2020;
Haya, 2010).

Using forests as NCS requires an accurate accounting of the risks
posed by disturbance regimes, including climate stress, biotic agents,
wildfires, and storms (i.e., snow, ice, lightning, and wind). The impor-
tance and complexity of accounting for these factors is magnified
as climate change alters disturbance regimes and even introduces
new confounding factors (Wu et al., 2023). For example, increased
droughts will likely lead to increased susceptibility of trees to biotic
agents, and an increased likelihood and magnitude of wildfires, espe-
cially in the Western United States (Anderegg et al., 2022). Under a
changing climate, using historical data to calculate disturbance risks
is likely inadequate; for example, the 100-year integrated risk of a
moderate and severe wildfire across the United States has doubled
from approximately 4%-8% between the periods of 1984-2000
and 2001-2017 (Anderegg et al., 2020). Over a similar 30-year pe-
riod across the Atlantic basin, warmer sea surface temperatures
(SST) corresponded with a 10% increase in hurricane intensity
(Emanuel, 2007), and a 2°C anthropogenic warming scenario could
see median hurricane intensity increasing by up to 10%, with the
likelihood of the most intense storms having a median projected in-
crease of 13% (Knutson et al., 2020).

Hurricanes are a dominant disturbance agent in New England,
with the North Atlantic basin being among the most active regions
for tropical cyclones, resulting in New England being impacted by
catastrophic hurricanes about once a century (Boose et al., 2001;
Landsea et al., 2015). Ten hurricanes had a significant impact in
New England during the 20th century, the most impactful being:
the Great New England Hurricane of 1938, Carol in 1954, and Bob
in 1991 (Landsea et al., 2015). For example, the 1938 hurricane
downed 70% of the timber volume at Harvard Forest in central
Massachusetts (Foster & Boose, 1992). It caused extensive damage
throughout New England, destroying over 89200 buildings and dam-
aging an additional 15,000 (Long, 2016; Massachusetts Office of
Coastal Zone Management, 2002). It has been suggested that over

the 21st century, storm wind speeds may increase by 6%-16% due to
increases in Atlantic basin SST (Bender et al., 2010; Emanuel, 2005;
Knutson et al., 2009). For example, it has been predicted that hur-
ricane intensity (the maximum wind speed) is likely to increase by
5% for every degree Celsius increase in SST; however, during the
last 30years of the 20th century Atlantic basin hurricane intensity
increased by 10% along with a 0.6°C increase in SST (Emanuel, 1987,
2007). It is unknown whether the frequency of storms will change
(Landsea et al., 2006; Trenberth, 2005; Webster et al., 2005); how-
ever, some meteorologists predict that climate change may lead to
fewer, yet more intense hurricanes, with the probability of storm
impacts to increase by 200%-300% throughout the next century
(Bender et al., 2010; Emanuel, 2005; Knutson et al., 2009; Mann &
Emanuel, 2006).

Throughout the last century, New England's forests have served
as a critical carbon sink, resulting from widespread reforestation
following 19th-century farm abandonment, reduced harvesting,
and other land-use impacts (Albani et al., 2006; Bonan, 2008).
Currently, New England is among the most forested regions in
the United States, with nearly 75% of its land covered by forests
(FIA USDA Forest Service, 2022; Thompson et al., 2013), seques-
tering 16 MMTCO,e of aboveground forest carbon annually (US
EPA, 2022). New England forest carbon is central to regional and
national decarbonization strategies, as many states strive to become
“Net-Zero” emitters in the coming decades (Thompson et al., 2020;
US Climate Change Science Program, 2014; Wayburn, 2009; Wikle
et al., 2021), and as industries begin to take part in forest offset mar-
kets (Kerchner & Keeton, 2015).

In this study, we quantify the potential impact of 21st-century
hurricane-force winds on New England aboveground forest carbon
stocks. We analyze three scenarios using historical hurricane data
for the 10 most impactful storms of the 20th century: (1) Baseline—
no change in hurricane wind intensity; (2) Projected—8% increase
in wind speeds from the baseline; and (3) Maximum Severity—16%
increase in wind speeds. The extent and intensity of the modeled
storms, together with a map of forest composition and carbon den-
sity, and a harvested wood products (HWP) model are used to es-
timate the impact that storms would have on aboveground forest
carbon. Specifically, we ask: (1) What risks do hurricanes pose to
existing live aboveground forest carbon stocks in New England? (2)
How will this risk be affected by projected changes in wind distur-
bance regimes that may subsequently alter the intensity and geo-

graphic extent of hurricanes?

2 | MATERIALS AND METHODS

2.1 | Estimating hurricane impacts on aboveground
forest carbon

Our aim was to estimate the forest carbon losses that would occur
from hurricanes in New England. The four major components needed
to make this estimation are as follows: (1) spatial reconstruction
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TABLE 1 Commonly used terms and acronyms.

Category and term Definition and units

Hurricane wind intensity scenarios
Baseline

Projected
meteorological forecasts

Max severity

Enhanced Fujita (EF) scale

30f21
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Reconstruction of past hurricanes using HURRECON and EXPOS informed by National Hurricane Center data

Hurricanes with increased wind speeds (8%) to estimate the potential future impact of hurricanes based on

Hurricanes with a 16% increase in wind speeds to simulate the maximum potential damage

Rating of the expected damage caused by severe wind events, based on the maximum three-second wind speed.

Predicted damage classes for New England range from EFO to EF4

Forest carbon

AFC Aboveground Forest Carbon: The total initial (pre-hurricane) aboveground forest tree carbon displayed as either
a density in megagrams of carbon per hectare (MgCha™) or in total million metric tons of CO, equivalence
(MMTCO,e). Aboveground forest biomass is converted to carbon by multiplying biomass by 0.5 (50% of
biomass is carbon). Carbon is converted to CO,e by multiplying by 3.67. Only aboveground forest tree carbon
is included in the calculation (herbaceous plants and shrubs are excluded, as well as belowground biomass).

The percent of total aboveground forest carbon that is downed by a hurricane (Percent Downed=DFC/AFC*100)

A meteorological model that estimates wind speed, wind direction, and wind damage as a function of hurricane

A model of topographic exposure to hurricane winds. It uses a digital elevation model (DEM) to estimate exposed

Big Data, Mapping, and Analytics Platform (BIGMAP), a cloud-based national scale modeling, mapping, and

analysis environment for US forests. The BIGMAP project was developed by the USFS Forest Inventory and
Analysis (FIA) program using data from national forest inventory plots measured during the period 2014~

DFC Downed Forest Carbon: AFC that is downed by a hurricane (M MTCOZe)
Percent downed
Models
HURRECON
location and maximum wind speed.
EXPOS
and protected areas across a region for a specified wind direction and inflection angle.
BIGMAP
2018, in conjunction with other auxiliary information.
HWP-C vR

We used the New England variant of the United States Forest Service Harvested Wood Products (HWP) model

for carbon stocks and fluxes built in R, to produce estimates of carbon storage and emissions from harvested
and unharvested wood. The HWP model tracks harvested wood from milled roundwood to final products and

discard fates.

of hurricane paths and their Enhanced Fujita (EF) damage (see
Section 2.2), (2) maps of aboveground forest carbon for each of eight
tree type-height vulnerability classes (Section 2.4), (3) estimates of
the expected percent of trees downed by each experienced EF dam-
age for each tree vulnerability class (Section 2.3), and (4) HWP model
to estimate the carbon emissions pathways (Section 2.5; Figure 1).
We combined the first three components to calculate the amount
of forest carbon downed within each forested pixel in New England
based on the EF rating and the tree vulnerability classification. We
did this for all 10 storms in each of the three scenarios (30 storms
total). We then calculated the amount of downed forest carbon
within each state and county following each storm, as well as the
size and strength of each hurricane. Finally, we estimated the carbon
emissions from downed forest carbon post-hurricane using a HWP

carbon storage and emissions model.

2.2 | Hurricane reconstructions and scenarios

We modeled the impacts of 10 20th-century hurricanes that caused
EF1 or higher damage in New England (Table 2, Figure 2). These hur-
ricanes were chosen because of the abundance of meteorological

and damage data for these storms and because the 20th century
is reasonably typical of the 400-year period since European settle-
ment, with somewhat less hurricane activity than the 19th century
and somewhat more than the 18th century (Boose et al., 2001). Each
storm was modeled as if it occurred in 2020, and each storm was
simulated under three disturbance regime scenarios: (1) baseline—
actual historical wind speeds from HURDAT2 (Landsea et al., 2015),
(2) projected—wind speeds increased by 8%, and (3) maximum sever-
ity—wind speeds increased by 16% (Figure S1).

The projected and maximum severity scenario increases in wind
speeds of 8% and 16% were chosen as representative values from a
broad range of meteorological predictions of future hurricane wind
speeds (Bender et al., 2010; Emanuel, 1987, 2005, 2007; Knutson
et al., 2009, 2020; Knutson & Tuleya, 2004; Mann & Emanuel, 2006;
Vickery et al., 2009). We further highlight the range of the plausible
increase in hurricane wind speeds using the relationship between
maximum hurricane wind speeds and SST (Webster et al., 2005),
which is predicted to increase by ~0.35°C per decade across the
Atlantic basin (Alexander et al., 2018). Hurricane maximum wind
speeds have been estimated to increase by 3.5%-16.7% for every
degree Celsius increase in SST (Emanuel, 1987, 2007; Knutson &
Tuleya, 2004). Therefore, in 30 and 60years respectively, maximum
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Hurricane Reconstructions (2.2)
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FIGURE 1 Flowchart of methods to calculate downed forest and the emissions from downed forest carbon by combining the hurricane
reconstructions (Section 2.2) with the New England aboveground forest carbon estimations (Section 2.4), calculated using the forest tree
vulnerability to hurricane-force winds (Section 2.3), followed by the calculations of emissions using the harvested wood products model
(Section 2.5). Inputs are represented by green boxes, outputs by blue boxes, and processes (models and major analyses) by arrows. The gray
headers represent the different major processes, described in the methods subsections in parentheses.

windspeeds could increase by ~4%-18% and ~7%-35%. Given the
vast uncertainty and broad range of predictions, we decided that 8%
and 16% were reasonable estimates for our study.

The HURRECON model is a simple meteorological model that es-
timates wind speed, wind direction, and wind damage as a function
of hurricane location and maximum wind speed. The model is based
on empirical studies of many hurricanes and can generate results for
a single site or an entire region. The updated version of HURRECON
used in this study (Boose, 2023a) uses the same equations to estimate
wind speed and direction as the original model (Boose et al., 2001).
New features include the ability to estimate wind damage on the en-
hanced Fujita scale (Edwards et al., 2013) instead of the older Fujita
scale (Fujita, 1971) and import hurricane track and intensity data di-
rectly from the US National Hurricane Center's HURDAT2 database
(Landsea et al., 2015). The enhanced Fujita scale is used rather than
the more common Saffir-Simpson scale because the former charac-
terizes wind damage at a specific location, while the latter character-
izes maximum wind damage anywhere in a hurricane.

Output from HURRECON informs the EXPOS model, which
is a simple model of topographic exposure to hurricane winds. It
uses a digital elevation model (DEM) to estimate exposed and pro-
tected areas at the pixel level, for a specified wind direction and in-
flection angle. The revised version of the model used in this study
(Boose, 2023b) uses the same algorithms to calculate exposure as
the original model (Boose et al., 2001). New features include the
ability to refine regional maps of wind damage from HURRECON by

reducing the level of predicted wind damage at locations that are
topographically protected from the predicted peak wind direction
at that location. For this study, we used a 30-meter digital elevation
model for New England from the Shuttle Radar Topography Mission
(USGS EROS, 2018) and a 6-degree inflection angle informed by pre-
vious EXPOS studies (Boose et al., 1994, 2001, 2004). Damage in
protected areas was reduced by two enhanced Fujita classes (e.g., a
protected pixel with an EF2 rating was downgraded to EFO).

The accuracy of the HURRECON model was tested in an ear-
lier study of 67 hurricanes in New England between 1635 and 1996
(Boose et al., 2001). Contemporary reports of wind damage for each
storm were used to assign a Fujita damage class to each town where
reports were available. The resulting data were used to create maps
of actual wind damage by town for each hurricane. These maps
were then compared with maps of predicted Fujita damage from the
HURRECON model. Compiled results for all hurricanes showed that
actual and modeled damage agreed in 62% of the towns and were
within one damage class in 99% of the towns, with a slight tendency
to underestimate damage (23% one damage class too low, 14%
one damage class too high). In most cases, the spatial patterns of
agreement between actual and modeled wind damage were evenly
distributed across New England and to either side of the hurricane
track (in some cases, damage on the left side was underestimated,
especially for storms that passed offshore).

The accuracy of the EXPOS model was tested in an earlier study
of the 1938 Hurricane in New England and Hurricane Hugo (1989)
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TABLE 2 Ten 20th-century hurricanes and their impact in terms of affected area and downed forest carbon across Enhanced Fujita (EF)
classes for each of the three hurricane intensity scenarios.

Total impacted area Damaged area by EF class (km?) Downed forest carbon

2

km % area EFO EF1 EF2 EF3 MMTCO e % down

Great New England (1938)

Baseline 68,666 40.2% 27,648 23,460 16,543 1015 280 10.5%

Projected 90,619 53.0% 41,882 19,756 22,684 6298 389 14.6%

Max severity 108,713 63.6% 52,633 20,765 21,820 13,494 472 17.7%
Great Atlantic (1944)

Baseline 45,905 26.9% 22,413 22,916 576 0 126 4.7%

Projected 55,997 32.8% 24,074 26,193 5730 0 179 6.7%

Max severity 72,395 42.4% 33,723 23,126 15,546 0 259 9.7%
Carol (1954)

Baseline 76,389 44.7% 30,596 31,289 14,503 0 270 10.2%

Projected 95,224 55.7% 39,845 28,249 22,596 4534 373 14.0%

Max severity 112,681 65.9% 48,160 26,337 26,984 11,200 481 18.1%
Edna (1954)

Baseline 38,967 22.8% 31,628 7071 267 0 81 3.1%

Projected 64,955 38.0% 49,234 14,527 1194 0 154 5.8%

Max severity 85,742 50.2% 58,707 23,699 3187 149 222 8.3%
Donna (1960)

Baseline 32,218 18.8% 21,405 10,813 0 0 69 2.6%

Projected 43,186 25.3% 25,478 17,101 607 0 109 41%

Max severity 52,755 30.9% 26,165 21,527 5063 0 160 6.0%
Esther (1961)

Baseline 31,824 18.6% 25,266 6558 0 0 65 2.4%

Projected 41,391 24.2% 28,982 12,409 0 0 101 3.8%

Max severity 50,493 29.6% 31,124 18,315 1054 0 133 5.0%
Alma (1962)

Baseline 6578 3.8% 6439 139 0 0 9 0.3%

Projected 13,239 7.8% 12,034 1205 0 0 20 0.8%

Max severity 23,255 13.6% 20,735 2520 0 0 41 1.5%
Gerda (1969)

Baseline 20,468 12.0% 18,929 1539 0 0 32 1.2%

Projected 50,298 29.4% 45,616 4610 71 0 98 3.7%

Max severity 80,145 46.9% 68,139 10,925 1080 0 177 6.6%
Gloria (1985)

Baseline 61,627 36.1% 38,935 22,692 0 0 148 5.6%

Projected 76,442 44.7% 43,213 31,311 1919 0 206 77%

Max severity 89,521 52.4% 43,139 36,712 9670 0 278 10.5%
Bob (1991)

Baseline 51,350 30.0% 30,447 19,553 1349 0 135 5.1%

Projected 65,780 38.5% 34,522 24,880 6378 0 196 7.4%

Max severity 82,572 48.3% 41,621 26,630 14,028 293 279 10.5%
Storm averages

Baseline 43,399 25.4% 25,371 14,603 3324 102 121 4.6%

Projected 59,713 34.9% 34,488 18,024 6118 1083 182 6.9%

Max severity 75,827 44.4% 42,415 21,056 9843 2514 250 9.4%
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Hurricane Tracks
Max EF

FIGURE 2 Tracks for the ten most
impactful 20th-century New England
hurricanes. The colors indicate the
maximum Enhanced Fujita (EF) value

to impact New England (generally the
location where the storm made landfall in
the region, as storms weaken throughout
their trajectory). The EF values represent
the baseline scenario, which is the
historical strength of the hurricane on
record. The inset map on the bottom
right shows the entire hurricane tracks
across the Atlantic basin with the gray
box depicting the region of the main map.
Map lines delineate study areas and do
not necessarily depict accepted national
boundaries.
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in Puerto Rico (Boose et al., 1994). In New England, the spatial
distribution of undamaged and destroyed stands of mature white
pine (a species susceptible to wind damage) after the 1938 hurri-
cane in Petersham, MA was found to closely match the patterns of
protected and exposed areas predicted for the town by the EXPOS
model, using the predicted peak wind direction from HURRECON.
In Puerto Rico, the spatial patterns of windthrow from Hurricane
Hugo on the northern slopes of the Luquillo Experimental Forest
were also found to closely match the patterns of protected and ex-
posed areas from EXPQOS, using the predicted peak wind direction
from HURRECON.

2.3 | Forest tree vulnerability to
hurricane-force winds

Based on the EF-scale damage predicted for a given location in New
England, and the forest composition at the time of the hurricane, we

estimate the degree of damage and translate that to percent tree
mortality and forest carbon loss. To predict the impact that hurri-
canes have on aboveground forest carbon, we prescribed the prob-
ability that a forest tree is downed by a hurricane based on the two
major axes of tree susceptibility to windthrow: (1) tree height and (2)
hardwood versus softwood (Busing et al., 2009; Canham et al., 2001,
Cooper-Ellis et al., 1999; Raymer, 1962). The probability of downed
trees (Table 3) following hurricane disturbances is informed by (1)
the observed tree mortality of various species following past wind
disturbances (Foster, 1988; Godfrey & Peterson, 2017), (2) differ-
ences in the plant structural traits of the common hardwood and
softwood species in New England, with conifers tending to be more
susceptible to hurricane-force winds (Busing et al., 2009; Cooper-
Ellis et al., 1999), and (3) the observation that taller trees are more
susceptible to windthrow (Canham et al., 2001; Raymer, 1962). This
resulted in eight classifications of tree height and type, with four tree
height bins each for hardwood and softwood trees, with the range
of expected damage percent across the EF values (Table 3). Under
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TABLE 3 Forest tree vulnerability to hurricane-force winds by tree type and height across the enhanced Fujita scale classes.

Down probability (%) by tree height (hardwood - softwood)

20-30m 30+m

10-20m

0-10m

Expected tree damage?

Max 3-second wind gust (mph)

Enhanced Fujita scale

20%-25%

15%-20%
25%-35%
55%-75%
65%-85%

100%

10%-15%
15%-25%

35%-50%

5%-10%

Leaves and fruit off, branches broken, tree damage

65-85

EFO
EF
EF2
EES
EF4

35%-45%
70%-95%

10%-15%

Trees blown down

86-110
111-135

15%-25%
25%-35%

95%

Extensive blow downs

85%-100%
100%

Most trees down 45%-60%
100%

136-165
166-200

Catastrophic forest damage

?Adapted from Table 1 of Boose et al. (2001).
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our framework, tall conifers are most susceptible to windthrow, and
short hardwoods are least susceptible (Table 3). It is important to
note that we only investigated the impacts from hurricane-force
winds, and not those of storm surge and/or precipitation that can
also lead to catastrophic damages, especially along the coast and
steep hillslopes (Knutson et al., 2020; Stanturf et al., 2007).

2.4 | Mapping New England's forested landscape

We mapped aboveground forest carbon for each of the eight tree
susceptibility categories representing hardwood and softwood trees
across the range of tree heights (Table 3). We used the Big Data,
Mapping, and Analytics Platform (BIGMAP), a cloud-based national
scale modeling, mapping, and analysis environment for US forests
(FIA USDA Forest Service, 2024). The BIGMAP project was de-
veloped by the USFS Forest Inventory and Analysis (FIA) program
using data from national forest inventory plots measured during the
period 2014-2018, in conjunction with other auxiliary information.
Vegetation phenology derived via harmonic regression of Landsat
8 OLI scenes collected during the same time period, along with cli-
matic and topographic raster data, were processed to create an eco-
logical ordination model of tree species and produce a feature space
of ecological gradients that was used to impute FIA plot data to pix-
els, and assign values for key forest inventory variables (Ohmann
& Gregory, 2002; Wilson et al., 2012, 2013, 2018). For our study,
the key variable was live aboveground forest carbon across the eight
tree-species-height categories (Table 3).

To create our desired BIGMAP product, we gathered data
from 16,298 national forest inventory plots (measured between
2014 and 2018) from across the three ecosystem provinces that
are represented by New England forests (212-Laurentian Mixed
Forest Province, M212-Adirondack-New England Mixed Forest, and
221-Eastern Broadleaf Forest). For each plot, we used the FIA tree
table and inferred tree heights when necessary, using the appropri-
ate site index curve equations (Carmean et al., 1989). We then cal-
culated the aboveground tree carbon across the eight tree height
and hardwood/softwood classes (described in Section 2.3 and
Table 3) for each inventory plot. These data were extracted from
the BIGMAP plot imputation model and resulted in eight 30-meter
resolution raster products of predicted aboveground forest carbon
for each of the tree susceptibility categories across New England
Forests ([dataset] Tumber-Davila et al., 2024).

2.5 | Harvested wood products carbon storage and
emissions estimates

We used the New England variant of the state-level HWP model,
HWP-C vR (based on the national-level model, USFS HWP-C v1;
Anderson et al., 2013) to produce estimates of carbon storage and
emissions from harvested and unharvested wood. The HWP model
tracks harvested wood from milled roundwood to final products
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and discard fates. HWP-C vR has been used for California, Oregon,
and Washington wood products carbon inventories (Groom &
Tase, 2022; Lucey et al., 2024), and we parameterized this model
for New England. Carbon storage pool estimates include products
in use (PIU), solid waste disposal sites (SWDS) such as dumps and
landfills, and remaining downed wood from storm events (DFC,).
Downed wood from storm events also includes any biomass left in
the forest after salvage harvest, and the decay of the downed wood
(DFC) was modeled using species group average decay rates (Russell
et al., 2014). Carbon emission pools include emitted with energy
capture (i.e., fuelwood or burned onsite at mills for energy; EEC),
emitted without energy capture (e.g., decay from SWDS; EWoEC),
and decay from downed wood left in the forest (DFC,). Estimated
pools and emissions only represent carbon from trees damaged by
the storm. Carbon sequestration from regeneration post-hurricane
disturbance was not included in these pools or in our analyses.

Using the most recent New England Timber Products Output
reports (FIA USDA Forest Service, 2018), we calculated propor-
tions of logging residues by species (reflects harvesting efficiencies),
mill residues, and timber product ratios separately for northern
and southern New England counties. The northern New England
variant included three counties in New Hampshire, five counties
in Vermont, and all of Maine. Southern New England included the
remaining counties and states in New England. Primary product ra-
tios for New England were created using the most recent northeast
regional Timber Product Output report, and national end-use ratios
(McKeever, 2009; McKeever & Howard, 2011) were used to esti-
mate proportions of biomass going to end uses as well as decompo-
sition rates after wood products were discarded. From these ratios,
we estimate a small proportion of harvested wood is manufactured
into short-lived products or emitted during the milling process. The
remaining primary products are turned into short- and longer-lived
products based on species group, timber product, and most common
end use products for these groups (Groom & Tase, 2022).

Former variants of the HWP carbon model were intended to es-
timate cumulative carbon storage for PIU and in SWDS over time.
These estimates were created using annual historical harvest volume
records. There were no historical harvest volume records or simu-
lated future harvest volume used for this analysis, only the salvaged
wood following the simulated hurricane disturbance. Therefore, we
used the HWP model to estimate only the fate of carbon stored and
emitted from the salvage harvest following each storm event. We

State Forested area (km?) Percent forested
Connecticut 7200 56%
Maine 70,467 83%
Massachusetts 11,800 56%
New Hampshire 19,326 80%
Rhode Island 1457 51%
Vermont 18,509 74%
New England 128,759 75%

assumed that on average, 25% of down wood would be salvage-
harvested after each storm and that salvage harvest occurred the
same year as the storm. The ratio of salvage harvest is based on
historical salvage rates following hurricane disturbances, affecting
forested regions (Foster et al., 1997; Foster & Orwig, 2006; Stanturf
et al., 2007), and is limited by sawmill, storage, and transporta-
tion capacities, as well as economic pressures (Sanginés de Carcer
et al., 2021). Exact salvage rates and timber product ratios were
based on size criteria (height) and hardwood or softwood species.
Approximately 26% of the largest size class trees (21 m +) were re-
moved for use in sawtimber and 10% of the medium-sized trees (be-
tween 11 and 20m in height) were also removed for pole timber,
to simulate targeted salvage logging of the most usable wood. We
ran the HWP model with salvage harvest volume for each of the
10 simulated storms at all three wind intensity scenarios. We then

averaged the outputs by county within each wind intensity scenario.

3 | RESULTS

3.1 | Current status of New England forest carbon
New England is 75% forested by area, with an average AFC den-
sity of 56.3Mgha™ for forested areas (Table 4), according to our
BIGMAP product. Rhode Island is the least forested state, 51%
of total land area, while Maine contains 55% of all New England's
forests, but has the lowest AFC density at 45.8Mgha™* (Table 4).
Connecticut and Massachusetts have the highest AFC densities,
70.1 and 70.8 Mg ha! respectively, but are only 56% forested, while
New Hampshire and Vermont are both similarly densely forested
(~68Mg ha * AFC) and have high forest cover (80% and 74% forested
by area; Table 4, Figure 3a; Figure S2a).
Cumulativelyacrossall of New England, thereare 2660 MMTCO,e
AFC, with Rhode Island again having the lowest total AFC pool
(38MMTCO,e) and Maine having the largest (1186 MMTCO,e;
Table 5). Greenhouse gas flux data from the US Forest Service show
that the AFC pool in New England increases by 15.8MMTCO,e
on average annually, with New Hampshire and Vermont, being
both heavily and densely forested (Table 4, Figure 3a; Walters
et al., 2022), accounting for greater than half of the annual AFC flux
(Table 5). The AFC flux was calculated using data from 2000 to 2020,
a period with no major hurricane-induced DFC. The AFC and DFC

TABLE 4 Total forested area (km?),

=1
GEALEE proportion of total state area that is

70.1 forested, and the aboveground forest
458 carbon (AFC) density in Megagrams
0.8 of carbon per hectare of state area
: (MgCha™).
68.4
62
68.3
56.3
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(a) Initial Aboveground Forest Carbon by County (b) Post-hurricane Percent Downed Forest Carbon by New England County
Projected (8%)

Pre-Hurricane Total MgCO,e ha~" Baseline

Max Severity (16%)

FIGURE 3 |Initial (pre-hurricane) live aboveground forest carbon density in MgCO,e ha™ (a) and the average percent of forest carbon
downed immediately following a hurricane (DFC/AFC*100) across the three scenarios (b) summarized by New England counties. The
aboveground forest carbon (AFC) values represent the carbon stored across our eight hardwood and softwood pools (Table 2), with dark
green shades representing high forest carbon density and light green shades representing low forest carbon. Darker red and orange colors
represent higher fractions of downed forest carbon (DFC), with lighter yellow shades represent lower percentages of DFC, and white
represents zero DFC. Alternatively, Figure S2 shows the cumulative AFC and DFC values across New England counties in MMTCO,e. Map
lines delineate study areas and do not necessarily depict accepted national boundaries.

TABLE 5 Initial aboveground forest carbon (AFC) and annual AFC flux by state, along with total DFC (MMTCO,e) and percent downed

per hurricane across the hurricane intensity scenarios.

Max severity

Initial forest conditions (MMTCO,e) Baseline Projected (8%) (16%)

Annual AFC flux® Total initial AFC DFC % down DFC % down DFC % down
Connecticut -2.2 185 26 14.3% 36 19.3% 46 25.0%
Maine 2.4 1186 16 1.3% 30 2.6% 49 4.1%
Massachusetts -2.9 307 42 13.6% 57 18.7% 71 23.2%
New Hampshire -4 485 23 4.8% 36 7.5% 51 10.4%
Rhode Island -0.2 33 8 23.5% 10 30.0% 13 37.6%
Vermont -4.1 464 7 1.5% 13 2.7% 21 4.5%
New England -15.8 2660 121 4.6% 182 6.9% 250 9.4%

2Flux Data from Walters et al. (2022).

values do not account for tree carbon in non-forested areas (25% of
the landscape), or any carbon stored in plants that do not fall within
our hardwood and softwood tree bins, such as shrubs, grasses, and
forbs.

3.2 | Extent of hurricane damage across hurricane
wind intensity scenarios

The average hurricane in the baseline scenario downs 4.6% (SD =3%)
of AFC, while hurricanes under the projected and max severity sce-
narios down 6.9% and 9.4% of AFC respectively (Table 5, Figure 4).
The largest impacts occur in southern and coastal New England
(Rhode Island, Connecticut, Massachusetts, and southern New
Hampshire), as these regions are more susceptible to experiencing

high-severity EF2 and EF3 level damage; however, increases in wind
speeds also lead to greater hurricane impacts both inland and north-
ward (Figure 3b; Figure S2b).

On average, hurricanes from the baseline scenario impact 4.3
million hectares (SD=2.1Mha) and create 121 MMTCO,e of DFC per
storm (SD=92; Tables 5 and 6, Figures 4 and 5). The same hurricanes
from the projected scenario (8% increase) impact 6 million hectares
and create 182MMTCO,e of DFC on average per storm, an increase
of 37.8% and 50.3% from the baseline scenario respectively. The
maximum severity scenario (16% increase) storms have an average
per storm impact of 7.6 million hectares and create 250 MMTCO e
of DFC, a DFC increase of 74.7% and 106.1% from the baseline sce-
nario respectively.

In the baseline scenario, 25% of the land area of New England
is impacted by hurricanes on average (Table 6). Most of the
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FIGURE 4 Average downed forest carbon (DFC; MMTCOZe) for each hurricane across the hurricane intensity scenarios for all of New
England. The black points represent the average DFC across the 10 hurricanes in each scenario (range represents the standard deviation)
and the violins represent the distribution of DFC across hurricanes (Tables 2 and 5). The lollipop plots represent the cumulative net
emissions from the average hurricane by scenario after 30, 50, and 100years. The dashed line is the decadal carbon flux (absolute value, i.e.,
the decadal flux into the forest is =158 MMTCO2e) for New England forests (2000-2020) for reference (Walters et al., 2022). The secondary
y-axis (right) is the proportion of New England forest carbon downed by a storm (DFC/AFC*100).

baseline scenario hurricane impacts are concentrated in south-
ern New England, with less than 10% of the area of Vermont and
Maine impacted by the average hurricane, and 90% of the dam-
age in those two states are in the lowest damage class (i.e., EFO;
Table 6), resulting in very little DFC (Table 3). Rhode Island, being
the southernmost and coastal state, is the most affected by hur-
ricane damage, with the average damaged area percent ranging
from 90% to 97% across the hurricane scenarios (Table 6). As wind
intensities increase, 35% of New England is impacted under the
projected scenario and 44% under the maximum severity scenario
(Table 6), with impacts shifting northward and inland with increas-
ing wind intensity (Figure 3b). The largest impact across the sce-
narios came from the increase in the high-intensity EF3 damage
from the baseline to the projected and maximum severity scenar-
ios, with EF3 damage extent increasing by 1066% and 2475% re-
spectively from the baseline (Table 6).

The 10 hurricanes we modeled have a wide distribution in their
extent and damage (Table 2), with the Great New England Hurricane
(1938) and Hurricane Carol (1954) being the most damaging hurri-
canes of the 20th century (Figure 5—upper right points; Figure S1).
For example, the 1938 hurricane affected 69, 91, and 109 thou-
sand km? of New England land area and resulted in 280, 389, and
472MMTCO,e of DFC respectively across the three hurricane sce-
narios (Table 2; Figure S1). Alternatively, the weakest hurricane we
included in our analysis, which occurred in 1962, impacted 7, 13, and
23 thousand km? of New England land area and resulted in only 9,
20, and 41 MMTCO,e of DFC, respectively, across the three hurri-
cane scenarios (Table 2; Figure S1).

3.3 | Emissions pathways of downed forest carbon
We estimated the emissions pathways from downed wood in the
forest following a hurricane disturbance. This included modeling
estimates of the decay of DFC remaining in the forest, as well as
using the HWP to model the storage and emissions from the sal-
vaged wood (estimated to be 25% of the total DFC pool). The sal-
vaged wood is initially separated into various carbon pools, based
on timber product ratios, and those pools are reconfigured through
time based on the lifespans of timber products. Across scenarios, the
fraction of DFC in the various pools are similar, given that the same
timber product ratios are applied to the model, whereas differences
in the pools are due to the composition of DFC (hardwood/softwood
and tree height) and the overall magnitude of DFC (Figure S3).
Table 7 and Figure 6 show the carbon pools for key years follow-
ing the disturbance (0, 30, 50, 100), while Figure S4 shows the con-
tinuous trajectory of the carbon pools for 100years following the
disturbance. Figure 7 displays the net emissions and the total stored
and emitted DFC across the three scenarios. Immediately following a
hurricane (year 0), most of the DFC is remaining in the forest (DFC)),
with 4% of the DFC being emitted without energy capture (EWoEC),
and 20% becoming timber PIU (Table 7, Figure 6; Figure S4). After
19 years, the DFC goes from a net store of carbon to a net emission
of carbon across all three scenarios (Figure 7), as the DFC, remaining
in the woods starts to decay and becomes emitted (DFC), and the
PIU carbon begins to be stored as solid waste (SWDS) or is emitted
with or without energy capture (EEC & EWO0oEC; Figure 6; Figure S4).
After 30years, 64% of the total DFC has been emitted (Figure 4) and
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TABLE 6 Average impacted area (km?)
by hurricane scenario across Enhanced
Fujita (EF) class for New England states.
Connecticut (12,933)?
Baseline
Projected
Max severity
Maine (84,903)
Baseline
Projected

Max severity

Massachusetts (21,256)

Baseline
Projected

Max severity

New Hampshire (24,039)

Baseline

Projected

Max severity
Rhode Island (2846)

Baseline

Projected

Max severity
Vermont (24,903)

Baseline

Projected

Max severity

New England (170,880)

Baseline
Projected

Max severity

110f21
% Global Change Biology ga%YA § B =A%

Total impacted area  Damaged area by EF class (km?)

km? % EFO EF1 EF2 EF3
8548 66% 3971 3548 935 94

10,057 78% 3969 4061 1556 471

10,969 85% 3444 3953 2666 905
7513 9% 6787 726 0

14,611 17% 12,970 1513 128

23,300 27% 19,850 3130 320

15,048 71% 6474 6705 1870 0

17,230 81% 5841 7692 3370 327

18,390 87% 4908 7582 4825 1075
7453 31% 5524 1915 14

10,709 45% 7451 2915 342

13,398 56% 8047 4437 913
2575 90% 630 1432 505 7
2738 96% 536 1203 713 285
2772 97% 328 893 1018 533
2263 9% 1985 278 0 0
4369 18% 3721 639 8
6999 28% 5837 1061 101

43,399 25% 25,371 14,603 3324 102

59,713 35% 34,488 18,024 6118 1083

75,827 44% 42,415 21,056 9843 2514

#Value in parentheses reflects the total area (km?) for each state/region.

only the longest-lived wood products remain as PIU. After 50years,
77% of the initial DFC is emitted (Figure 4), with only a small fraction
of the DFC remaining in the forest or in SWDS. After 100years, 88%
of the DFC is emitted (Figure 4), with ~9% of the DFC in SWDS.

4 | DISCUSSION
4.1 | Asingle hurricane can emit decades worth of
carbon sequestration by New England's forests

Across the hurricane scenarios, a single storm downs 121-
250MMTCO, e (4.6%-9.4% of total aboveground forest carbon), the
impact of which is much greater than the carbon sequestered an-
nually across all of New England forests (15.8 MMTCO,e; Figure 4,
Table 5). Across the continental United States from 1980 to 1990,
the CO, released by hurricane-damaged trees is equivalent to

9%-18% of the forest carbon sink for that period (Zeng et al., 2009).
The majority of the impacts occur from a handful of large infrequent
disturbances that have the capacity to alter landscapes and affect
the net carbon flux (Foster et al., 1998; Zscheischler et al., 2014).
For example, Hurricane Katrina in 2005 led to the mortality and
damage of ~320 million trees totaling 385MMTCO,e, the equiva-
lent of 50%-140% of the net annual US forest tree carbon sink
(Chambers et al., 2007). In our study, 2 out of the 10 most impact-
ful hurricanes of the 20th century in New England (The Great New
England Hurricane of 1938 and Carol in 1954) accounted for 50%
of the total aboveground forest carbon downed by hurricanes
(Table 2, Figure 5). Under the baseline scenario, without increased
wind speeds, the impact of each of those two storms to the region
is equivalent to roughly 18years of the carbon sequestered by New
England's forests. The predicted warming of Atlantic basin SST as
a result of climate change could strengthen hurricanes (Knutson
et al., 2009), leading those two previous hurricanes to each negate
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4.2 | Risksto New England forests as a
nature-based climate solution

Sequestering carbon in live forest biomass is widely considered as
a premier NCS. With New England being one of the most heavily
forested regions in the United States, 75% forested by area (Table 4),
containing 2660MMTCO,e of AFC, while also serving as an active
carbon sink (Table 5), these forests are critical toward reaching our
national and regional climate mitigation goals (Thompson et al., 2020;
US Climate Change Science Program, 2014; Wayburn, 2009; Wikle
et al., 2021). For example, Massachusetts is relying on the car-
bon sequestered in its natural and working lands (including for-
ests) to sequester and “offset” up to 15% of its emissions as part
of the Commonwealth's Clean Energy and Climate Plan for 2050
(EEA, 2022). New England forest landowners are also participating
in the voluntary and compliance carbon markets, albeit only 6.7%
of the forest carbon credits sold in California's compliance market
are in New England as of 2020 (Kaarakka et al., 2023), but partici-
pation in forest carbon offset projects in the region is expected to
increase, due to regulatory incentives and reduced participation bar-
riers (Kerchner & Keeton, 2015; Meyer et al., 2022; Pan et al., 2022).
However, public perception regarding controversies surrounding the
manner in which carbon offsets are calculated and market pressures,
such as the current low and fluctuating prices of carbon offsets, may
discourage and disincentivize participation in carbon offset markets
(Calel et al., 2021; Gifford, 2020; Groom & Venmans, 2023; Haya
et al., 2020; Watt, 2021; Zhu et al., 2023). Furthermore, current
policies and carbon markets that rely on the land sector do not ad-
equately account for the risks posed by hurricanes.

FIGURE 5 Extent of damage and
downed forest carbon for the ten
hurricanes we modeled across each of the
three hurricane intensity scenarios. The

Great New England
Hurricane of 1938 points represent a single hurricane under
each scenario: baseline (light blue circles),
projected 8% wind speed increase (steel
blue triangles), and the maximum severity
Scenario scenario with a 16% wind speed increase
O Baseline (purple squares). The large black points

A\ Projected (8%)
[ Max Severity (16%)

represent the mean values for the 10
hurricanes under each scenario. The 1938
hurricane reconstructions are labeled to
show the impact of increased wind speeds
on an individual hurricane.

Using forest carbon as an offset for actualized emissions requires
an adequate accounting of risks, to ensure that the forest carbon
is additional, verifiable, and permanent (Badgley, Chay, et al., 2022;
Roopsind et al., 2019). While there are considerable concerns re-
garding the actualized additionality and verifiability of forest offset
credits, permanence is an exceptionally vulnerable aspect with re-
gard to the viability of using temporary forest carbon pools to offset
realized emissions (Haya et al., 2023; Pan et al., 2022). This is partly
because a change in forest land ownership could result in altered
management practices that remove the “offsetted” carbon, but also
because forests are vulnerable to ecological disturbances, such as
fires, droughts, biological agents, and catastrophic risks (including
severe wind and precipitation), which could result in carbon losses
(Hurteau et al., 2009; Ruseva et al., 2017). This is why many reg-
ulatory programs have created self-insurance programs to account
for natural risks. For example, California's cap-and-trade program,
one of the largest regulatory markets for carbon offset credits, has
created a buffer pool consisting of 8%-12% of the credit to account
for losses from natural risks (California Air Resources Board, 2015).
However, 95% of California's buffer pool set aside to mitigate fire
risk (2%-4% of all credits) has been depleted in less than 10% of the
credits' 100-year commitment (Badgley, Chay, et al., 2022).

The California buffer pool also includes a 3% discount for cat-
astrophic risks like hurricanes, as well as other disturbance agents.
Our results suggest that a single hurricane can down 4.6%-9.4%
of all AFC in New England, with southern New England forests ex-
pected to lose 13.6%-37.6% of AFC, and northern New England for-
ests 1.3%-10.4% of AFC from any given storm (Table 5). Therefore,
any single hurricane will likely deplete the buffer pool. With New
England experiencing roughly 10 major storms per century, the
catastrophic risk buffer pool would need to be increased by 10-
30x at a minimum to adequately account for this single disturbance
type. This demonstrates that the risk to forest offsets from natural
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Downed Forest Carbon Storage & Emissions Pools
Storm Averages Across Hurricane Intensity Scenarios (hues), reported by Key Years (panels)
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DFC Storage and Emissions Pools

FIGURE 6 Storage and emissions pools of downed forest carbon (DFC) based on the harvested wood products model across scenarios
and through time. The y-axis is the average hurricane DFC for all of New England in MMTCO,e. Each panel represents certain years post-
hurricane disturbance. The bars represent the hurricane wind-intensity scenarios, with the baseline first in the lightest shade, followed by
the projected scenario, and the maximum severity scenario in the darkest shade (see callout text in the last panel for example). The bars are
cumulative (i.e., the Projected value is the overall height of both the baseline and projected bars). The storage and emissions pools are as
follows: EEC—emitted with energy capture (fuelwood or burned onsite at mills for energy), EWoEC—emitted without energy capture (e.g.,
decay from SWDS), DFC_—decay/emissions from downed wood left in the forest. DFC.—downed wood remaining in the forest, SWDS—solid
waste disposal sites such as dumps and landfills, and PIU—products in use. Figure S4 displays the continuous trajectory of DFC across the

various storage and emissions pools for 100years post-disturbance.

disturbances is significantly underestimated, thus undermining the
permanence and feasibility of using forest carbon to offset carbon

emissions.

4.3 | Stronger storms may lead to unprecedented
impacts to northern and interior forests

Increases in hurricane wind speeds will likely lead to stronger
and farther-reaching impacts. We found that the greatest in-
crease in hurricane-induced forest carbon losses occurs due to
the greater spatial extent of higher damage classes (EF2 and EF3).
Meteorological predictions estimate that the frequency of category
4 and 5 hurricanes will double by the end of the 21st century, sug-
gesting that these higher impact storms could happen more fre-
quently (Bender et al., 2010). Our hurricane reconstructions and
projections found that, respectively, an 8% and 16% increase in wind
speeds correspond to a 1066% and 2475% increase in the extent
of EF3 level damage (where most trees are likely to succumb from

wind-induced mortality). While most of the EF2 & EF3 damage is
relegated to southern and coastal New England under the baseline
scenario, stronger storms, as projected, will lead to unprecedented
northward and inland shifts in high damage classes, affecting heav-
ily forested regions in western Massachusetts and northern New
England. Extended land coverage from hurricanes has already been
documented, as from the 1990s to 2000s there was a 63% increase
in the length of hurricane-related storm tracks over US land areas
(Kasischke et al., 2013).

4.4 | Disturbance agents differ in their forest
carbon emissions consequences

Emissions from hurricane-induced downed forest carbon are not
instantaneous, as it takes roughly 19 years for the carbon to tran-
sition from a net storage to a net emission, based on the decay
rates of unsalvaged biomass and the lifespan of harvested timber
products (Figure 7; Figure S4). Two-thirds of the downed carbon is
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Net Emissions from Downed Forest Carbon Across 6 New England States
Average Emissions Pathways by Hurricane Intensity
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FIGURE 7 Netemissions from downed forest carbon (DFC) across the baseline (light blue, solid), projected (steel blue, long dash), and
maximum severity (purple, short dash) scenarios following a hurricane according to the harvested wood products model. The gray region
shows the total DFC pool, with the size of the pool in parentheses (MMTCO,e). The white region shows the trajectory of DFC as either
storage (negative) or emissions (positive) pools across the scenarios through time. The bars are cumulative. The lines depict the net emissions

(storage +emissions).

emitted after 30years, 77% after 50 years, and 88% after 100 years
(Table 7). Hurricanes differ substantially in their carbon conse-
quences when compared to other disturbance types. For example,
most previous research has focused on pyrogenic emissions from
wildfires that are emitted relatively instantaneously, and impact
not just the live AFC, but can also combust necromass, litter, and
soil carbon (Campbell et al., 2007; Chen et al., 2017). In contrast,
trees damaged by biotic agents and storms can either decompose
in place over longer periods of time or potentially be stored in
HWP, all of which would uniquely affect the permanency of the
forest carbon and may alter the balance between forests serv-
ing as a carbon source or sink (Fisk et al., 2013; Seidl et al., 2017
Zscheischler et al., 2014). The residence time of hurricane-induced
DFC left to decompose in the forest can be several decades, with
an estimated necromass decay of 90% after 40years across vari-
ous temperate forests (Khanina et al., 2023; Vrska et al., 2015).
The half-life of downed woody debris in eastern US forests is es-
timated to be 10years for hardwoods and 20years for softwoods
(Russell et al., 2014). Additionally, windthrown trees can often
survive for a few years, demonstrated by the results of a simu-
lated hurricane, where 90% of windthrown trees survive the first
season, with 80% mortality within 6 years, with some trees even
resprouting or regrowing after windthrow (Foster & Orwig, 2006).

Windthrow events also increase landscape heterogeneity by cre-
ating forest clearings and opportunities for the establishment of
new species and by creating microsites through pit-and-mound to-
pography from uprooting (Carlton & Bazzaz, 1998; Ulanova, 2000).
Furthermore, the influx of necromass following windthrow can in-
crease biodiversity and soil carbon (Franklin et al., 1987; Peterson
& Pickett, 1995).

Insect disturbances, similarly to hurricanes, are relevant yet
largely neglected in carbon policy discussions in New England.
Insect and disease outbreaks can greatly alter the forest carbon bal-
ance directly and indirectly, differing substantially from hurricanes
and wildfires, which are acute disturbances occurring over brief pe-
riods of time (Goetz et al., 2012; Kasischke et al., 2013). Insects/
disease affect forests in various and complex ways such as growth
and productivity reduction (i.e., defoliation, herbivory, and disease),
or they can directly lead to widespread mortality (i.e., bark bee-
tles and pathogens) and reductions in forest carbon stocks (Hicke
et al.,, 2012). These disturbances are difficult to estimate, because a
variety of factors determine their impact: number of trees affected,
density of targeted trees (insects/disease often impact specific spe-
cies or groups), type of disturbance agent, the duration of attack,
and interactions with biotic and abiotic factors (Hicke et al., 2012).
In New England, forests have been impacted by numerous biotic
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disturbance agents in recent decades, such as hemlock wooly adel-
gid which has decimated hemlock stands in southern New England,
and emerald ash borer which has rapidly spread leading to mortal-
ity within a few years of infestation (D'Amato et al., 2023; Ignace
et al., 2018; Orwig et al., 2008). Many of the biotic agents in New
England target specific species, leading to legacy shifts in forest
composition; whereas windthrow indiscriminately impacts large and
exposed trees, uprooting roughly 70% of trees (compared with stem
breakage), especially trees with unstable soils or root systems, or
breaking trees that are more vulnerable to stem failure (Foster &
Orwig, 2006).

4.5 | Emissions from downed forest
carbon are influenced by salvage efficiency and
timber product decisions

The emissions pathways and carbon consequences of hurricane-
induced DFC is governed by three processes: (1) the decay rate of
biomass left in the forest, (2) the salvage harvest efficiency, and (3)
the half-lives of timber products from salvaged biomass. For our
study, we assumed a 25% salvage rate based on historical trends
and policy goals regarding disturbance responses, and limitations
on timber processing, transportation, and storage capacity (Foster
et al., 1997; Sanginés de Carcer et al., 2021; Stanturf et al., 2007).
In southern New England, the region most impacted by hurri-
canes, salvage capacity is incredibly low, as forestry has been de-
clining steadily over the past several centuries. In the late 1930s,
Connecticut, Massachusetts, New Hampshire, and Vermont annu-
ally harvested about 500 million board feet of timber. The Great
New England Hurricane of 1938 downed over 3 billion board feet,
or about 70% of the merchantable timber in Central New England;
therefore, the hurricane downed 5 years of timber harvests in just
5h (Long, 2016). This spurred a massive response from the federal
government and a previously declining forestry sector, as dem-
onstrated by the rapidly increased number of active sawmills and
storage sites for logs salvaged from the hurricane in the region,
salvaging more than 1.5 billion board feet of lumber (Foster &
Orwig, 2006; Long, 2016).

Would the forestry sector in New England respond at the scale
necessary to salvage and process great quantities of timber fol-
lowing a disturbance? Northern New England has a larger forestry
sector, but the largest impacts occur in Southern New England.
The carbon emissions from salvaged wood products are depen-
dent on the efficiency and products that the wood goes into.
DFC used for biomass energy would be emitted rapidly, whereas
salvaging timber for use in longer-lived wood products would in-
crease the length of time that the DFC is stored. Therefore, the
ability to salvage greater quantities of DFC following a disturbance
and to store that carbon in longer-lived goods could decrease the
carbon footprint of the disturbance. However, salvage harvests
can also drastically alter biogeochemical cycles, leading to abrupt
environmental and structural changes due to the disturbance

caused by harvesting, whereas forests left to regenerate post-
disturbance have been capable of recovering rapidly with low to
modest disruptions (Bowden et al., 1993; Foster & Orwig, 2006;
Houlton et al., 2003; Patric, 1974).

4.6 | Forestrecovery following hurricanes and
study limitations

We focused on the fate of New England forest carbon downed by
a hurricane. Future research will examine the role of post-hurricane
forest recovery on the carbon balance in the region. The impact
that tropical cyclones have on the forest carbon balance in the
United States is hotly debated. A synthesis of the forest carbon im-
pacts from tropical cyclones across the continental United States
from 1851 to 2000 found that tropical cyclones affect roughly
97 million trees per year, leading to an average carbon release of
92 MMTCOZeyear'1 from DFC (Zeng et al., 2009). However, forest
recovery following tropical cyclones has the potential of exceeding
the carbon losses from downed trees, with the net annual flux of re-
covery potentially accounting for 17%-36% of the US forest carbon
sink (Fisk et al., 2013). The net carbon consequences of catastrophic
wind events, such as hurricanes, on forest carbon remain unclear
due to the difficulty of isolating the source-sink dynamics of the
storms from other processes, and the impact that harvest and land-
use decisions have on the carbon consequences of disturbances
(Goetz et al., 2012; Williams et al., 2012). Future modeling will iso-
late the impacts that disturbances have on the net carbon balance of
forests both immediately following the disturbance and throughout
the recovery period.

Additionally, the scope of our study is limited to understanding
the impact that any given singular hurricane can have on the cur-
rent standing aboveground forest carbon stocks of New England.
Therefore, there are several factors that could both positively and
negatively impact our estimations. One of these factors being that
we applied the same initial forest conditions, representing New
England aboveground forest carbon stocks circa 2020, to all the
storms, and we acknowledge that the amount of forest carbon
present can vary temporally. For example, frequent and subse-
quent disturbances with overlapping geographic extents may have
a limited impact if forest carbon stocks are already diminished by
previous disturbances. There are several temporal dynamics, such
as the frequency of disturbances, that could affect the long-term
carbon consequences. However, there are various indications that
the carbon consequences of hurricanes we estimated could be rel-
atively conservative for the following reasons: (1) we only consider
forest tree carbon stocks, (2) we do not account for belowground
carbon stocks, and (3) we only account for damage from wind-
throw and not from storm surge or precipitation. Regarding the
forest-centric approach, forests make-up 75% of New England's
land cover, with the remaining 25% being concentrated in the
southern and coastal regions where hurricane impacts (espe-
cially from storm surge, precipitation, and flooding) are more
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pronounced (Gori et al., 2022). Tree carbon in non-forested areas
is not included in our analyses, neither is non-tree carbon under
any land cover type. Second, 20%-50% of temperate forest bio-
mass is belowground (Mokany et al., 2006); however, we are only
estimating aboveground forest carbon impacts. Finally, windthrow
is only one of the three primary damaging features of hurricanes
(rainfall, storm surge, and winds; Stanturf et al., 2007). Storm
surge and rainfall can cause tree mortality directly, or compound-
ing effects such as soil erosion, soil saturation, and mass move-
ment, may make trees more susceptible to windthrow (Knutson
et al., 2020). While there are various factors deserving of further
research consideration with regard to the impacts of hurricanes on
forest carbon stocks, such as temporal dynamics, impacts to be-
lowground and non-forest tree carbon stocks, and the effects of
storm surge and precipitation, we provide a conservative baseline
estimate for the risk to New England aboveground forest carbon
stocks from hurricane-force winds.

5 | CONCLUSIONS

Large infrequent disturbances, such as hurricanes, pose a major
risk to the permanence of forest carbon stores. Our study of New
England, one of the most forested regions of the United States
and a significant carbon sink, demonstrates the impacts that hur-
ricanes can have on forest carbon stocks and the risk of forests
as NCS. Future research will investigate the recovery dynamics
of post-disturbance forests and the long-term carbon balance
of forested ecosystems. Here, we show that a single hurricane
can emit decades worth of carbon sequestered by forests, with
New England hurricanes downing between 4.6% and 9.4% of all
aboveground forest carbon in the region across our scenarios.
Furthermore, we find that increases in hurricane wind speeds due
to the projected warming of Atlantic basin SST could lead to un-
precedented impacts both inland and northward into the heavily
forested regions of New England.

AUTHOR CONTRIBUTIONS

Shersingh Joseph Tumber-Davila: Conceptualization; data curation;
formal analysis; investigation; methodology; validation; visualiza-
tion; writing - original draft; writing - review and editing. Taylor
Lucey: Data curation; formal analysis; methodology; software; visu-
alization; writing - original draft; writing - review and editing. Emery
R. Boose: Conceptualization; data curation; methodology; software;
writing - review and editing. Danelle Laflower: Conceptualization;
formal analysis; methodology; visualization; writing - review and
editing. Agustin Ledn-Saenz: Conceptualization; data curation;
formal analysis; methodology; writing - review and editing. Barry
T Wilson: Data curation; resources; software; writing - review
and editing. Meghan Graham MacLean: Conceptualization; formal
analysis; methodology; software; supervision; writing - review and

editing. Jonathan Robert Thompson: Conceptualization; funding

17 of 21
% Global Change Biology ga%YA § B =A%

acquisition; project administration; resources; supervision; writing -

original draft; writing - review and editing.

ACKNOWLEDGMENTS

We would like to acknowledge everyone in the Thompson Lab at
Harvard Forest who helped with the design and analysis of the
study, especially Josh Plisinsiki and Lucy Lee. Thank you also to
David Foster for providing additional expertise and guidance. We
would also like to thank the Harvard Forest LTER REU Program
(NSF-DBI 1950364), and more broadly Harvard Forest and the NSF
Funded LTER Program (NSF-DEB-LTER 1832210) for supporting this
research.

CONFLICT OF INTEREST STATEMENT

The authors declare no conflicts of interest.

DATA AVAILABILITY STATEMENT

The data and scripts that support the findings of this study are
openly available in the Environmental Data Initiative and Harvard
Forest Archives at https://doi.org/10.6073/pasta/424e9fd380
718bc53a46e17c47b24fb4 reference number knb-lter-hfr.444.2
([Data set] Tumber-Davila et al., 2024). The knb-Iter-hfr.444.2 data-
set includes the data tables and scripts for the analyses in addition
to the 30-meter resolution New England aboveground forest carbon
rasters. The historical hurricane track and windspeed data that sup-
port the findings of this study are available from the US National
Hurricane Center's HURDAT2 database (Landsea et al., 2015) at
https://www.nhc.noaa.gov/data/#hurdat.

ORCID
Shersingh Joseph Tumber-Ddvila
org/0000-0001-7336-3943
https://orcid.org/0000-0002-8880-9343
https://orcid.org/0000-0003-4820-0231
Agustin Ledn-Sdenz "= https://orcid.org/0009-0008-9459-2065
https://orcid.org/0000-0002-1940-7682
https://orcid.

https://orcid.

Taylor Lucey
Emery R. Boose

Barry T. Wilson
Meghan Graham MacLean
org/0000-0002-5700-2168

Jonathan R. Thompson " https://orcid.org/0000-0003-0512-1226

REFERENCES

Albani, M., Medvigy, D., Hurtt, G. C., & Moorcroft, P. R. (2006). The con-
tributions of land-use change, CO, fertilization, and climate vari-
ability to the eastern US carbon sink. Global Change Biology, 12,
2370-2390. https://doi.org/10.1111/j.1365-2486.2006.01254.x

Alexander, M. A., Scott, J. D., Friedland, K. D., Mills, K. E., Nye, J. A.,
Pershing, A. J., & Thomas, A. C. (2018). Projected sea surface tem-
peratures over the 21st century: Changes in the mean, variabil-
ity and extremes for large marine ecosystem regions of northern
oceans. Elementa: Science of the Anthropocene, 6, 9. https://doi.org/
10.1525/elementa.191

Anderegg, W. R. L., Chegwidden, O. S., Badgley, G., Trugman, A. T.,
Cullenward, D., Abatzoglou, J. T., Hicke, J. A., Freeman, J., &
Hamman, J. J. (2022). Future climate risks from stress, insects and


https://doi.org/10.6073/pasta/424e9fd380718bc53a46e17c47b24fb4
https://doi.org/10.6073/pasta/424e9fd380718bc53a46e17c47b24fb4
https://www.nhc.noaa.gov/data/#hurdat
https://orcid.org/0000-0001-7336-3943
https://orcid.org/0000-0001-7336-3943
https://orcid.org/0000-0001-7336-3943
https://orcid.org/0000-0002-8880-9343
https://orcid.org/0000-0002-8880-9343
https://orcid.org/0000-0003-4820-0231
https://orcid.org/0000-0003-4820-0231
https://orcid.org/0009-0008-9459-2065
https://orcid.org/0009-0008-9459-2065
https://orcid.org/0000-0002-1940-7682
https://orcid.org/0000-0002-1940-7682
https://orcid.org/0000-0002-5700-2168
https://orcid.org/0000-0002-5700-2168
https://orcid.org/0000-0002-5700-2168
https://orcid.org/0000-0003-0512-1226
https://orcid.org/0000-0003-0512-1226
https://doi.org/10.1111/j.1365-2486.2006.01254.x
https://doi.org/10.1525/elementa.191
https://doi.org/10.1525/elementa.191

TUMBER-DAVILA ET AL.

18 of 21
—I—Wl [B2A% Clobal Change Biology

fire across US forests. Ecology Letters, 25, 1510-1520. https://doi.
org/10.1111/ele.14018

Anderegg, W.R. L., Trugman, A.T., Badgley, G., Anderson, C. M., Bartuska,
A., Ciais, P., Cullenward, D., Field, C. B., Freeman, J., Goetz, S. J.,
Hicke, J. A., Huntzinger, D., Jackson, R. B., Nickerson, J., Pacala, S.,
& Randerson, J. T. (2020). Climate-driven risks to the climate miti-
gation potential of forests. Science, 368, eaaz7005. https://doi.org/
10.1126/science.aaz7005

Anderson, N., Young, J., Stockmann, K., Skog, K., Healey, S., Loeffler, D.,
Jones, J. G., & Morrison, J. (2013). Regional and forest-level estimates
of carbon stored in harvested wood products from the United States
forest service Northern Region, 1906-2010. USDA for Serv - Gen
Tech Rep RMRS-GTR 1-114.

Anderson-Teixeira, K. J., Miller, A. D., Mohan, J. E., Hudiburg, T. W.,
Duval, B. D., & Delucia, E. H. (2013). Altered dynamics of forest
recovery under a changing climate. Global Change Biology, 19, 2001~
2021. https://doi.org/10.1111/gcb.12194

Badgley, G., Chay, F., Chegwidden, O. S., Hamman, J. J., Freeman, J., &
Cullenward, D. (2022). California's forest carbon offsets buffer pool
is severely undercapitalized. Frontiers in Forests and Global Change,
5,930426. https://doi.org/10.3389/ffgc.2022.930426

Badgley, G., Freeman, J., Hamman, J. J., Haya, B., Trugman, A. T., Anderegg,
W. R. L, & Cullenward, D. (2022). Systematic over-crediting in
California's forest carbon offsets program. Global Change Biology, 28,
1433-1445. https://doi.org/10.1111/gcb.15943

Bender, M. A., Knutson, T. R., Tuleya, R. E., Sirutis, J. J., Vecchi, G. A.,
Garner, S. T., & Held, I. M. (2010). Modeled impact of anthropogenic
warming on the frequency of intense Atlantic hurricanes. Science,
327,454-458. https://doi.org/10.1126/science. 1180568

Birdsey, R., Pregitzer, K., & Lucier, A. (2006). Forest carbon management
in the United States. Journal of Environmental Quality, 35, 1461-
1469. https://doi.org/10.2134/jeq2005.0162

Bonan, G. B. (2008). Forests and climate change: Forcings, feedbacks,
and the climate benefits of forests. Science, 320, 1444-1449.
https://doi.org/10.1126/science.1155121

Boose, E. R. (2023a). HurreconR: Models Hurricane Wind Speed, Wind
Direction, and Wind Damage.

Boose, E. R. (2023b). ExposR: Models Topographic Exposure to Hurricane
Winds.

Boose, E. R., Chamberlin, K. E., & Foster, D. R. (2001). Landscape and re-
gional impacts of hurricanes in New England. Ecological Monographs,
71, 27-48. https://doi.org/10.1890/0012-9615(2001)071[0027:
LARIOH]2.0.CO;2

Boose, E. R., Foster, D. R., & Fluet, M. (1994). Hurricane impacts to trop-
ical and temperate forest landscapes. Ecological Monographs, 64,
369-400. https://doi.org/10.2307/2937142

Boose, E. R., Serrano, M. |, & Foster, D. R. (2004). Landscape and re-
gional impacts of hurricanes in Puerto Rico. Ecological Monographs,
74, 335-352. https://doi.org/10.1890/02-4057

Bowden, R. D., Castro, M. S., Melillo, J. M., Steudler, P. A., & Aber, J. D.
(1993). Fluxes of greenhouse gases between soils and the atmosphere
in a temperate forest following a simulated hurricane blowdown.
Biogeochemistry, 21, 61-71. https://doi.org/10.1007/BFO0000871

Brodribb, T. J., Powers, J., Cochard, H., & Choat, B. (2020). Hanging by
a thread? Forests and drought. Science, 368, 261-266. https://doi.
org/10.1126/science.aat7631

Busing, R. T., White, R. D., Harmon, M. E., & White, P.S.(2009). Hurricane
disturbance in a temperate deciduous forest: Patch dynamics, tree
mortality, and coarse woody detritus. In A. G. Van der Valk (Ed.),
Forest ecology: Recent advances in plant ecology (Vol. 201, pp. 351-
363). Springer.

Calel,R., Colmer, J., Dechezleprétre, A., & Glachant, M. (2021). Do Carbon
Offsets Offset Carbon? (SSRN Scholarly Paper 3950103). https://
doi.org/10.2139/ss5rn.3950103

California Air Resources Board. (2015). Compliance Offset Protocol U.S.
Forest Projects. California Air Resources Board, Sacramento, CA.

Campbell, J., Donato, D., Azuma, D., & Law, B. (2007). Pyrogenic carbon
emission from a large wildfire in Oregon, United States. Journal of
Geophysical Research - Biogeosciences, 112, G404014. https://doi.
org/10.1029/2007JG000451

Canham, C. D., Papaik, M. J., & Latty, E. F. (2001). Interspecific variation
in susceptibility to windthrow as a function of tree size and storm
severity for northern temperate tree species. Canadian Journal of
Forest Research, 31, 1-10. https://doi.org/10.1139/x00-124

Carlton, G. C., & Bazzaz, F. A. (1998). Regeneration of three sympatric
birch species on experimental hurricane blowdown microsites.
Ecological Monographs, 68, 99-120. https://doi.org/10.1890/0012-
9615(1998)068[0099:ROTSBS]2.0.CO;2

Carmean, W. H., Hahn, J. T., & Jacobs, R. D. (1989). Site index curves for
forest tree species in the eastern United States. Gen Tech Rep - North
Cent For Exp Stn USDA For Serv.

Chambers, J. Q. Fisher, J. ., Zeng, H., Chapman, E. L., Baker, D. B., & Hurtt,
G. C. (2007). Hurricane Katrina's carbon footprint on U.S. Gulf Coast
Forests. Science, 318, 1107. https:/doi.org/10.1126/science.1148913

Chen, G., Hayes, D. J., & David McGuire, A. (2017). Contributions of
wildland fire to terrestrial ecosystem carbon dynamics in North
America from 1990 to 2012. Global Biogeochemical Cycles, 31, 878-
900. https://doi.org/10.1002/2016GB005548

Cooper-Ellis, S., Foster, D. R., Carlton, G., & Lezberg, A. (1999). Forest
response to catastrophic wind: Results from an experimental hur-
ricane. Ecology, 80, 2683-2696. https://doi.org/10.1890/0012-
9658(1999)080[2683:FRTCWR]2.0.CO;2

D'Amato, A. W., Orwig, D. A., Siegert, N. W., Mahaffey, A., Benedict,
L., Everett, T., Daigle, J., Johnson, L., Catanzaro, P., & Cusack, C.
(2023). Towards tree species preservation: Protecting ash amidst
the emerald ash borer invasion in the northeast. Journal of Forestry,
121, 480-487. https://doi.org/10.1093/jofore/fvad025

Edwards, R., LaDue, J. G, Ferree, J. T., Scharfenberg, K., Maier, C., &
Coulbourne, W. L. (2013). Tornado intensity estimation: Past, pres-
ent, and future. Bulletin of the American Meteorological Society, 94,
641-653. https://doi.org/10.1175/BAMS-D-11-00006.1

EEA. (2022). Clean Energy and Climate Plan for 2050. Excecutive Office of
Energy and Environmental Affairs, Boston, MA.

Ellerman, A. D., Marcantonini, C., & Zaklan, A. (2016). The European
Union emissions trading system: Ten years and counting. Review of
Environmental Economics and Policy, 10, 89-107. https://doi.org/10.
1093/reep/rev014

Emanuel, K. A. (1987). The dependence of hurricane intensity on climate.
Nature, 326(6112), 483-485. https://doi.org/10.1038/326483a0

Emanuel, K. A. (2005). Increasing destructiveness of tropical cyclones
over the past 30years. Nature, 436, 686-688. https://doi.org/10.
1038/nature03906

Emanuel, K. A. (2007). Environmental factors affecting tropical cyclone
power dissipation. Journal of Climate, 20(22), 5497-5509. https://
doi.org/10.1175/2007JCLI1571.1

FIA USDA Forest Service. (2018). Timber Product Output Report.
Washington, DC, USA.

FIA USDA Forest Service. (2022). Forest Inventory and Analysis Fiscal Year
2020 Business Report. USDA Forest Service, Washington, DC, USA.

FIA USDA Forest Service. (2024). The Forest Inventory & Analysis
Geospatial Showcase. BIGMAP Layer Showcase. https://fia-usfs.
hub.arcgis.com/

Fisk, J. P, Hurtt, G. C., Chambers, J. Q., Zeng, H., Dolan, K. A., & Negron-
Judrez, R. I. (2013). The impacts of tropical cyclones on the net carbon
balance of eastern US forests (1851-2000). Environmental Research
Letters, 8, 045017. https://doi.org/10.1088/1748-9326/8/4/045017

Foster, D. R. (1988). Species and stand response to catastrophic wind
in Central New England, U.S.A. Journal of Ecology, 76, 135-151.
https://doi.org/10.2307/2260458

Foster, D. R., Aber, J. D., Melillo, J. M., Bowden, R. D., & Bazzaz, F. A.
(1997). Forest response to disturbance and anthropogenic stress.
Bioscience, 47, 437-445. https://doi.org/10.2307/1313059


https://doi.org/10.1111/ele.14018
https://doi.org/10.1111/ele.14018
https://doi.org/10.1126/science.aaz7005
https://doi.org/10.1126/science.aaz7005
https://doi.org/10.1111/gcb.12194
https://doi.org/10.3389/ffgc.2022.930426
https://doi.org/10.1111/gcb.15943
https://doi.org/10.1126/science.1180568
https://doi.org/10.2134/jeq2005.0162
https://doi.org/10.1126/science.1155121
https://doi.org/10.1890/0012-9615(2001)071%5B0027:LARIOH%5D2.0.CO;2
https://doi.org/10.1890/0012-9615(2001)071%5B0027:LARIOH%5D2.0.CO;2
https://doi.org/10.2307/2937142
https://doi.org/10.1890/02-4057
https://doi.org/10.1007/BF00000871
https://doi.org/10.1126/science.aat7631
https://doi.org/10.1126/science.aat7631
https://doi.org/10.2139/ssrn.3950103
https://doi.org/10.2139/ssrn.3950103
https://doi.org/10.1029/2007JG000451
https://doi.org/10.1029/2007JG000451
https://doi.org/10.1139/x00-124
https://doi.org/10.1890/0012-9615(1998)068%5B0099:ROTSBS%5D2.0.CO;2
https://doi.org/10.1890/0012-9615(1998)068%5B0099:ROTSBS%5D2.0.CO;2
https://doi.org/10.1126/science.1148913
https://doi.org/10.1002/2016GB005548
https://doi.org/10.1890/0012-9658(1999)080%5B2683:FRTCWR%5D2.0.CO;2
https://doi.org/10.1890/0012-9658(1999)080%5B2683:FRTCWR%5D2.0.CO;2
https://doi.org/10.1093/jofore/fvad025
https://doi.org/10.1175/BAMS-D-11-00006.1
https://doi.org/10.1093/reep/rev014
https://doi.org/10.1093/reep/rev014
https://doi.org/10.1038/326483a0
https://doi.org/10.1038/nature03906
https://doi.org/10.1038/nature03906
https://doi.org/10.1175/2007JCLI1571.1
https://doi.org/10.1175/2007JCLI1571.1
https://fia-usfs.hub.arcgis.com/
https://fia-usfs.hub.arcgis.com/
https://doi.org/10.1088/1748-9326/8/4/045017
https://doi.org/10.2307/2260458
https://doi.org/10.2307/1313059

TUMBER-DAVILA ET AL.

Foster, D. R., & Boose, E. R. (1992). Patterns of forest damage resulting
from catastrophic wind in Central New England, USA. Journal of
Ecology, 80, 79-98. https://doi.org/10.2307/2261065

Foster, D. R., Knight, D. H., & Franklin, J. F. (1998). Landscape pat-
terns and legacies resulting from large, infrequent forest distur-
bances. Ecosystems, 1, 497-510. https://doi.org/10.1007/s1002
19900046

Foster, D. R., & Orwig, D. A. (2006). Preemptive and salvage harvesting
of New England forests: When doing nothing is a viable alternative.
Conservation Biology, 20, 959-970. https://doi.org/10.1111/j.1523-
1739.2006.00495.x

Franklin, J. F.,, Shugart, H. H., & Harmon, M. E. (1987). Tree death as an
ecological process. Bioscience, 37, 550-556. https://doi.org/10.
2307/1310665

Fujita, T. T. (1971). Proposed characterization of tornadoes and hurricanes
by area and intensity.

Galik, C. S., & Jackson, R. B. (2009). Risks to forest carbon offset projects
in a changing climate. Forest Ecology and Management, 257, 2209-
2216. https://doi.org/10.1016/j.foreco.2009.03.017

Gifford, L. (2020). “You can't value what you can't measure”: A critical
look at forest carbon accounting. Climatic Change, 161, 291-306.
https://doi.org/10.1007/s10584-020-02653-1

Godfrey, C. M., & Peterson, C. J. (2017). Estimating enhanced Fujita scale
levels based on Forest damage severity. Weather and Forecasting,
32, 243-252. https://doi.org/10.1175/WAF-D-16-0104.1

Goetz, S. J., Bond-Lamberty, B., Law, B. E., Hicke, J. A., Huang, C., Houghton,
R. A., McNulty, S., O'Halloran, T., Harmon, M., Meddens, A. J. H.,
Pfeifer, E. M., Mildrexler, D., & Kasischke, E. S. (2012). Observations
and assessment of forest carbon dynamics following disturbance in
North America. Journal of Geophysical Research - Biogeosciences, 117,
G02022. https:/doi.org/10.1029/2011JG001733

Gori, A, Lin, N., Xi, D., & Emanuel, K. A. (2022). Tropical cyclone climatol-
ogy change greatly exacerbates US extreme rainfall-surge hazard.
Nature Climate Change, 12(2), 171-178. https://doi.org/10.1038/
s41558-021-01272-7

Griscom, B. W., Adams, J., Ellis, P. W., Houghton, R. A., Lomax, G., Miteva,
D. A., Schlesinger, W. H., Shoch, D., Siikamaki, J. V., Smith, P,
Woodbury, P., Zganjar, C., Blackman, A., Campari, J., Conant, R. T.,
Delgado, C,, Elias, P., Gopalakrishna, T., Hamsik, M. R., ... Fargione,
J. (2017). Natural climate solutions. Proceedings of the National
Academy of Sciences of the United States of America, 114, 11645-
11650. https://doi.org/10.1073/pnas.1710465114

Groom, B., & Venmans, F. (2023). The social value of offsets. Nature,
619(7971), 768-773. https:/doi.org/10.1038/s41586-023-06153-x

Groom, J. D., & Tase, N. A. (2022). Harvested wood products carbon model,
version R documentation.

Haya, B. K. (2010). Carbon Offsetting: An Efficient Way to Reduce Emissions
or to Avoid Reducing Emissions? An Investigation and Analysis of
Offsetting Design and Practice in India and China. Ph.D., University
of California, Berkeley.

Haya, B. K., Cullenward, D., Strong, A. L., Grubert, E., Heilmayr, R., Sivas,
D. A., & Wara, M. (2020). Managing uncertainty in carbon offsets:
Insights from California's standardized approach. Climate Policy, 20(9),
1112-1126. https://doi.org/10.1080/14693062.2020.1781035

Haya, B. K., Evans, S., Brown, L., Bukoski, J., Butsic, V., Cabiyo,
B., Jacobson, R., Kerr, A., Potts, M., & Sanchez, D. L. (2023).
Comprehensive review of carbon quantification by improved for-
est management offset protocols. Frontiers in Forests and Global
Change, 6, 958879. https://doi.org/10.3389/ffgc.2023.958879

Hicke, J. A., Allen, C. D., Desai, A. R., Dietze, M. C., Hall, R. J., (Ted) Hogg,
E. H., Kashian, D. M., Moore, D., Raffa, K. F., Sturrock, R. N., &
Vogelmann, J. (2012). Effects of biotic disturbances on forest car-
bon cycling in the United States and Canada. Global Change Biology,
18, 7-34. https://doi.org/10.1111/j.1365-2486.2011.02543.x

Houlton, B. Z., Driscoll, C. T, Fahey, T. J,, Likens, G. E., Groffman, P. M.,
Bernhardt, E. S., & Buso, D. C. (2003). Nitrogen dynamics in ice

19 of 21
= [Global Change Biology \\YA § B DA%

storm-damaged Forest ecosystems: Implications for nitrogen lim-
itation theory. Ecosystems, 6, 431-443. https://doi.org/10.1007/
s10021-002-0198-1

Hurteau, M. D., Hungate, B. A, & Koch, G. W. (2009). Accounting for risk
in valuing forest carbon offsets. Carbon Balance and Management, 4,
1. https://doi.org/10.1186/1750-0680-4-1

Ignace, D. D., Fassler, A., & Bellemare, J. (2018). Decline of a founda-
tion tree species due to invasive insects will trigger net release of
soil organic carbon. Ecosphere, 9, e02391. https://doi.org/10.1002/
ecs2.2391

Kaarakka, L., Rothey, J., & Dee, L. E. (2023). Managing forests for car-
bon-status of the forest carbon offset markets in the United
States. PLOS Climate, 2, e0000158. https://doi.org/10.1371/journ
al.pclm.0000158

Kasischke, E. S., Amiro, B. D., Barger, N. N., French, N. H. F,, Goetz, S.
J., Grosse, G., Harmon, M. E., Hicke, J. A,, Liu, S., & Masek, J. G.
(2013). Impacts of disturbance on the terrestrial carbon budget of
North America. Journal of Geophysical Research - Biogeosciences,
118, 303-316. https://doi.org/10.1002/jgrg.20027

Kerchner, C. D., & Keeton, W. S. (2015). California's regulatory forest
carbon market: Viability for northeast landowners. Forest Policy
and Economics, 50, 70-81. https://doi.org/10.1016/j.forpol.2014.
09.005

Khanina, L., Bobrovsky, M., Smirnov, V., & Romanov, M. (2023). Wood
decomposition, carbon, nitrogen, and pH values in logs of 8 tree
species 14 and 15years after a catastrophic windthrow in a mesic
broad-leaved forest in the east European plain. Forest Ecology and
Management, 545, 121275. https://doi.org/10.1016/j.foreco.2023.
121275

Knutson, T. R., Camargo, S. J., Chan, J. C. L., Emanuel, K. A., Ho, C.-H.,
Kossin, J., Mohapatra, M., Satoh, M., Sugi, M., Walsh, K., & Wu,
L. (2020). Tropical cyclones and climate change assessment: Part
Il: Projected response to anthropogenic warming. Bulletin of the
American Meteorological Society, 101(3), E303-E322. https://doi.
org/10.1175/BAMS-D-18-0194.1

Knutson, T. R., Landsea, C., & Emanuel, K. (2009). Tropical cyclones and
climate change: A review. Glob Perspect Trop Cyclones Sci Mitig
World Sci Publ Co Singap.

Knutson, T. R., & Tuleya, R. E. (2004). Impact of CO,-induced warming on
simulated hurricane intensity and precipitation: Sensitivity to the
choice of climate model and convective parameterization. Journal
of Climate, 17(18), 3477-3495. https://doi.org/10.1175/1520-
0442(2004)017<3477:10CW0S>2.0.C0O;2

Landsea, C., Franklin, J., & Beven, J. (2015). The revised Atlantic hurri-
cane database (HURDAT2). United States National Oceanic and
Atmospheric Administration's National Weather Service National
Hurricane Center.

Landsea, C. W., Harper, B. A,, Hoarau, K., & Knaff, J. A. (2006). Can we
detect trends in extreme tropical cyclones? Science, 313(5786),
452-454, https://doi.org/10.1126/science.1128448

Long, S. (2016). Thirty-eight: The hurricane that transformed New England.
Yale University Press.

Lucey, T. K., Tase, N., Nepal, P,, Bergman, R. D., Nicholls, D. L., Khatri, P.,
Sahoo, K., & Gray, A. N. (2024). A Synthesis of Harvested Wood Product
Carbon Models. General Technical Report PNW-GTR-1020. (pp. 1-73).
U.S. Department of Agriculture, Forest Service, Pacific Northwest
Research Station. https://doi.org/10.2737/pnw-gtr-1020

Mann, M. E., & Emanuel, K. A. (2006). Atlantic hurricane trends linked to
climate change. EOS. Transactions of the American Geophysical Union,
87, 233-241. https://doi.org/10.1029/2006EO0240001

Massachusetts Office of Coastal Zone Management. (2002). Hurricanes.
Coastlines.

McKeever, D. B. (2009). Estimated annual timber products consumption in
major end uses in the United States, 1950-2006. US Department of
Agriculture, Forest Service, Forest Products Laboratory, Madison,
WI.


https://doi.org/10.2307/2261065
https://doi.org/10.1007/s100219900046
https://doi.org/10.1007/s100219900046
https://doi.org/10.1111/j.1523-1739.2006.00495.x
https://doi.org/10.1111/j.1523-1739.2006.00495.x
https://doi.org/10.2307/1310665
https://doi.org/10.2307/1310665
https://doi.org/10.1016/j.foreco.2009.03.017
https://doi.org/10.1007/s10584-020-02653-1
https://doi.org/10.1175/WAF-D-16-0104.1
https://doi.org/10.1029/2011JG001733
https://doi.org/10.1038/s41558-021-01272-7
https://doi.org/10.1038/s41558-021-01272-7
https://doi.org/10.1073/pnas.1710465114
https://doi.org/10.1038/s41586-023-06153-x
https://doi.org/10.1080/14693062.2020.1781035
https://doi.org/10.3389/ffgc.2023.958879
https://doi.org/10.1111/j.1365-2486.2011.02543.x
https://doi.org/10.1007/s10021-002-0198-1
https://doi.org/10.1007/s10021-002-0198-1
https://doi.org/10.1186/1750-0680-4-1
https://doi.org/10.1002/ecs2.2391
https://doi.org/10.1002/ecs2.2391
https://doi.org/10.1371/journal.pclm.0000158
https://doi.org/10.1371/journal.pclm.0000158
https://doi.org/10.1002/jgrg.20027
https://doi.org/10.1016/j.forpol.2014.09.005
https://doi.org/10.1016/j.forpol.2014.09.005
https://doi.org/10.1016/j.foreco.2023.121275
https://doi.org/10.1016/j.foreco.2023.121275
https://doi.org/10.1175/BAMS-D-18-0194.1
https://doi.org/10.1175/BAMS-D-18-0194.1
https://doi.org/10.1175/1520-0442(2004)017%3C3477:IOCWOS%3E2.0.CO;2
https://doi.org/10.1175/1520-0442(2004)017%3C3477:IOCWOS%3E2.0.CO;2
https://doi.org/10.1126/science.1128448
https://doi.org/10.2737/pnw-gtr-1020
https://doi.org/10.1029/2006EO240001

TUMBER-DAVILA ET AL.

22 Ly o Y

McKeever, D. B., & Howard, J. L. (2011). Solid Wood Timber Products
Consumption in Major End Uses in the United States, 1950-2009:
A Technical Document Supporting the Forest Service 2010 RPA
Assessment. US Department of Agriculture, Forest Service, Forest
Products Laboratory, Madison, WI.

Meyer, S. R., Macleod, K. K., Thompson, J. R., Foster, D. R., Perschel,
R., St. Clair Knobloch, N., Leibowitz, J., Donahue, B., Giffen, A.,
Vaughn, T., Whalen, T., Labich, B., Colnes, H. A., & Ammermuller,
J. (2022). New England's climate imperative: Our forests as a natural
climate solution. Highstead Redd CT USA.

Mokany, K., Raison, R. J., & Prokushkin, A. S. (2006). Critical analysis of
root: Shoot ratios in terrestrial biomes. Global Change Biology, 12(1),
84-96. https://doi.org/10.1111/j.1365-2486.2005.001043.x

Ohmann, J. L., & Gregory, M. J. (2002). Predictive mapping of forest com-
position and structure with direct gradient analysis and nearest-
neighbor imputation in coastal Oregon, U.S.A. Canadian Journal of
Forest Research, 32, 725-741. https://doi.org/10.1139/x02-011

Orwig, D. A., Cobb, R. C., D'Amato, A. W., Kizlinski, M. L., & Foster, D. R.
(2008). Multi-year ecosystem response to hemlock woolly adelgid
infestation in southern New England forests. Canadian Journal of
Forest Research, 38, 834-843. https://doi.org/10.1139/X07-196

Pan, C., Shrestha, A,, Innes, J. L., Zhou, G., Li, N, Li, J., He, Y., Sheng,
C., Niles, J. O., & Wang, G. (2022). Key challenges and approaches
to addressing barriers in forest carbon offset projects. Journal of
Forest Research, 33, 1109-1122. https://doi.org/10.1007/s11676-
022-01488-z

Pan, Y., Birdsey, R. A, Fang, J., Houghton, R., Kauppi, P. E., Kurz, W. A.,
Phillips, O. L., Shvidenko, A., Lewis, S. L., Canadell, J. G,, Ciais, P.,
Jackson, R. B., Pacala, S. W., McGuire, A. D., Piao, S., Rautiainen,
A., Sitch, S., & Hayes, D. (2011). A large and persistent carbon sink
in the world's forests. Science, 333, 988-993. https://doi.org/10.
1126/science.1201609

Patric, J. H. (1974). River flow increases in Central New England after the
hurricane of 1938. Journal of Forestry, 72, 21-25. https://doi.org/
10.1093/jof/72.1.21

Peterson, C. J., & Pickett, S. T. A. (1995). Forest reorganization: A case
study in an old-growth forest catastrophic blowdown. Ecology, 76,
763-774. https://doi.org/10.2307/1939342

Raymer, W. (1962). Wind resistance of conifers. National Physical
Laboratory Aerodynamics Division, UK.

Roe, S., Streck, C., Obersteiner, M., Frank, S., Griscom, B., Drouet, L.,
Fricko, O., Gusti, M., Harris, N., Hasegawa, T., Hausfather, Z., Havlik,
P., House, J., Nabuurs, G. J., Popp, A., Sanchez, M. J. S., Sanderman,
J., Smith, P., Stehfest, E., & Lawrence, D. (2019). Contribution of the
land sector to a 1.5°C world. Nature Climate Change, 9, 817-828.
https://doi.org/10.1038/s41558-019-0591-9

Roopsind, A., Sohngen, B., & Brandt, J. (2019). Evidence that a national
REDD+ program reduces tree cover loss and carbon emissions in
a high forest cover, low deforestation country. Proceedings of the
National Academy of Sciences of the United States of America, 116,
24492-24499. https://doi.org/10.1073/pnas.1904027116

Ruseva, T., Marland, E., Szymanski, C., Hoyle, J., Marland, G., &
Kowalczyk, T. (2017). Additionality and permanence standards in
California's Forest Offset Protocol: A review of project and pro-
gram level implications. Journal of Environmental Management, 198,
277-288. https://doi.org/10.1016/j.jenvman.2017.04.082

Russell, M. B., Woodall, C. W., Fraver, S., D'Amato, A. W., Domke, G. M.,
& Skog, K. E. (2014). Residence times and decay rates of downed
woody debris biomass/carbon in eastern US forests. Ecosystems, 17,
765-777. https://doi.org/10.1007/s10021-014-9757-5

Sanginés de Carcer, P., Mederski, P. S., Magagnotti, N., Spinelli, R., Engler,
B., Seidl, R., Eriksson, A., Eggers, J., Bont, L. G., & Schweier, J. (2021).
The management response to wind disturbances in European for-
ests. Current Forestry Reports, 7, 167-180. https://doi.org/10.1007/
s40725-021-00144-9

Seidl, R., Thom, D., Kautz, M., Martin-Benito, D., Peltoniemi, M.,
Vacchiano, G., Wild, J., Ascoli, D., Petr, M., Honkaniemi, J., Lexer,
M. J,, Trotsiuk, V., Mairota, P., Svoboda, M., Fabrika, M., Nagel, T. A.,
& Reyer, C. P. 0. (2017). Forest disturbances under climate change.
Nature Climate Change, 7, 395-402. https://doi.org/10.1038/nclim
ate3303

Stanturf, J. A., Goodrick, S. L., & Outcalt, K. W. (2007). Disturbance and
coastal forests: A strategic approach to forest management in hur-
ricane impact zones. Forest Ecology and Management, 250, 119-135.
https://doi.org/10.1016/j.foreco.2007.03.015

Thompson, J., Laflower, D., Plisinski, J., & MacLean, M. (2020). Land
sector report: A technical report of the Massachusetts 2050 decar-
bonization roadmap study. Commonw Mass Exec Off Energy &
Environment.  https://www.mass.gov/doc/land-sector-technical-
report/download

Thompson, J. R., Carpenter, D. N., Cogbill, C. V., & Foster, D. R. (2013).
Four centuries of change in northeastern United States forests.
PLoS One, 8, €72540. https://doi.org/10.1371/journal.pone.
0072540

Trenberth, K. (2005). Uncertainty in hurricanes and global warming.
Science, 308(5729), 1753-1754. https://doi.org/10.1126/science.
1112551

Tumber-Davila, S. J., Thompson, J., Lucey, T., Boose, E., Laflower, D.,
Leén-Saenz, A., Wilson, B. T., & MaclLean, M. (2024). Modeling
Impacts of Hurricanes on Current Aboveground Forest Carbon in New
England 2020-2120 ver 2 [Data set]. Environmental Data Initiative.
https://doi.org/10.6073/pasta/424e9fd380718bc53a46e17c4
7b24fb4

Ulanova, N. G. (2000). The effects of windthrow on forests at differ-
ent spatial scales: A review. Forest Ecology and Management, 135,
155-167. https://doi.org/10.1016/5S0378-1127(00)00307-8

US Climate Change Science Program. (2014). Climate change impacts in
the United States. Third National Climate Assesment. Washington,
DC, USA.

US EPA. (2022). Inventory of U.S. Greenhouse Gas Emissions and Sinks:
1990-2020. https://www.epa.gov/ghgemissions/inventory-us-
greenhouse-gas-emissions-and-sinks-1990-2020

USGS EROS. (2018). Digital Elevation - Shuttle Radar Topography Mission
(SRTM) Void Filled.

Vickery, P. J., Wadhera, D., Twisdale, L. A., & Lavelle, F. M. (2009). U.S.
hurricane wind speed risk and uncertainty. Journal of Structural
Engineering, 135(3), 301-320. https://doi.org/10.1061/(ASCE)
0733-9445(2009)135:3(301)

Vrika, T., Piivétivy, T., Janik, D., Unar, P., Samonil, P., & Kral, K. (2015).
Deadwood residence time in alluvial hardwood temperate forests
- A key aspect of biodiversity conservation. Forest Ecology and
Management, 357, 33-41. https://doi.org/10.1016/j.foreco.2015.
08.006

Walters, B. F., Domke, G. M., Greenfield, E. J., Smith, J. E., Nowak, D. J., &
Ogle, S. M. (2022). Greenhouse gas emissions and removals from for-
est land, woodlands, and urban trees in the United States, 1990-2020:
Estimates and quantitative uncertainty for individual states, regional
ownership groups, and National Forest System regions. Forest Service
Research Data Archive. https://doi.org/10.2737/RDS-2022-0052

Watt, R. (2021). The fantasy of carbon offsetting. Environmental Politics,
30(7), 1069-1088. https://doi.org/10.1080/09644016.2021.
1877063

Wayburn, L. A.(2009). The role of forests in US climate policy. Land Lines,
21, 2-7.

Webster, P. J., Holland, G. J., Curry, J. A., & Chang, H.-R. (2005). Changes
in tropical cyclone number, duration, and intensity in a warming
environment. Science, 309(5742), 1844-1846. https://doi.org/10.
1126/science.1116448

Wikle, J., Higgins, H., Clark, P., Cook, D., Dutton, D., Garton, J., Kosiba, A.,
& Schadler, E. (2021). Climate change in forests. In G. L. Galford & J.


https://doi.org/10.1111/j.1365-2486.2005.001043.x
https://doi.org/10.1139/x02-011
https://doi.org/10.1139/X07-196
https://doi.org/10.1007/s11676-022-01488-z
https://doi.org/10.1007/s11676-022-01488-z
https://doi.org/10.1126/science.1201609
https://doi.org/10.1126/science.1201609
https://doi.org/10.1093/jof/72.1.21
https://doi.org/10.1093/jof/72.1.21
https://doi.org/10.2307/1939342
https://doi.org/10.1038/s41558-019-0591-9
https://doi.org/10.1073/pnas.1904027116
https://doi.org/10.1016/j.jenvman.2017.04.082
https://doi.org/10.1007/s10021-014-9757-5
https://doi.org/10.1007/s40725-021-00144-9
https://doi.org/10.1007/s40725-021-00144-9
https://doi.org/10.1038/nclimate3303
https://doi.org/10.1038/nclimate3303
https://doi.org/10.1016/j.foreco.2007.03.015
https://www.mass.gov/doc/land-sector-technical-report/download
https://www.mass.gov/doc/land-sector-technical-report/download
https://doi.org/10.1371/journal.pone.0072540
https://doi.org/10.1371/journal.pone.0072540
https://doi.org/10.1126/science.1112551
https://doi.org/10.1126/science.1112551
https://doi.org/10.6073/pasta/424e9fd380718bc53a46e17c47b24fb4
https://doi.org/10.6073/pasta/424e9fd380718bc53a46e17c47b24fb4
https://doi.org/10.1016/S0378-1127(00)00307-8
https://www.epa.gov/ghgemissions/inventory-us-greenhouse-gas-emissions-and-sinks-1990-2020
https://www.epa.gov/ghgemissions/inventory-us-greenhouse-gas-emissions-and-sinks-1990-2020
https://doi.org/10.1061/(ASCE)0733-9445(2009)135:3(301)
https://doi.org/10.1061/(ASCE)0733-9445(2009)135:3(301)
https://doi.org/10.1016/j.foreco.2015.08.006
https://doi.org/10.1016/j.foreco.2015.08.006
https://doi.org/10.2737/RDS-2022-0052
https://doi.org/10.1080/09644016.2021.1877063
https://doi.org/10.1080/09644016.2021.1877063
https://doi.org/10.1126/science.1116448
https://doi.org/10.1126/science.1116448

TUMBER-DAVILA ET AL.

Faulkner (Eds.), The Vermont climate assessment 2021 (pp. 45-122).
Gund Institute for Environment at the University of Vermont.
Williams, C. A., Collatz, G. J., Masek, J., & Goward, S. N. (2012). Carbon
consequences of forest disturbance and recovery across the con-
terminous United States. Global Biogeochemical Cycles, 26, GB1005.
https://doi.org/10.1029/2010GB003947

Wilson, B. T., Knight, J. F., & McRoberts, R. E. (2018). Harmonic regression
of Landsat time series for modeling attributes from national forest
inventory data. ISPRS Journal of Photogrammetry and Remote Sensing,
137, 29-46. https://doi.org/10.1016/].isprsjprs.2018.01.006

Wilson, B. T, Lister, A. J., & Riemann, R. I. (2012). A nearest-neighbor imputation
approach to mapping tree species over large areas using forest inventory
plots and moderate resolution raster data. Forest Ecology and Management,
271, 182-198. https:/doi.org/10.1016/j.foreco.2012.02.002

Wilson, B. T., Woodall, C. W., & Griffith, D. M. (2013). Imputing forest
carbon stock estimates from inventory plots to a nationally contin-
uous coverage. Carbon Balance and Management, 8, 1. https://doi.
org/10.1186/1750-0680-8-1

Wau, C., Coffield, S. R., Goulden, M. L., Randerson, J. T., Trugman, A. T.,
& Anderegg, W. R. L. (2023). Uncertainty in US forest carbon stor-
age potential due to climate risks. Nature Geoscience, 16, 422-429.
https://doi.org/10.1038/s41561-023-01166-7

Zeng, H., Chambers, J. Q., Negron-Juérez, R. |, Hurtt, G. C., Baker, D. B.,
& Powell, M. D. (2009). Impacts of tropical cyclones on U.S. forest
tree mortality and carbon flux from 1851 to 2000. Proceedings of
the National Academy of Sciences of the United States of America, 106,
7888-7892. https://doi.org/10.1073/pnas.0808914106

21 0f 21
= [Global Change Biology \\YA § B DA%

Zhu, B., Wan, C., Wang, P., & Chevallier, J. (2023). Forecasting carbon
market volatility with big data. Annals of Operations Research.
https://doi.org/10.1007/s10479-023-05401-7

Zscheischler, J., Mahecha, M. D., von Buttlar, J., Harmeling, S., Jung,
M., Rammig, A., Randerson, J. T., Scholkopf, B., Seneviratne, S. 1.,
Tomelleri, E., Zaehle, S., & Reichstein, M. (2014). A few extreme
events dominate global interannual variability in gross primary pro-
duction. Environmental Research Letters, 9, 035001. https://doi.org/
10.1088/1748-9326/9/3/035001

SUPPORTING INFORMATION
Additional supporting information can be found online in the
Supporting Information section at the end of this article.

How to cite this article: Tumber-Davila, S. J., Lucey, T., Boose,
E. R., Laflower, D., Leon-Saenz, A., Wilson, B. T., MacLean, M.
G., & Thompson, J. R. (2024). Hurricanes pose a substantial
risk to New England forest carbon stocks. Global Change
Biology, 30, e17259. https://doi.org/10.1111/gcb.17259



https://doi.org/10.1029/2010GB003947
https://doi.org/10.1016/j.isprsjprs.2018.01.006
https://doi.org/10.1016/j.foreco.2012.02.002
https://doi.org/10.1186/1750-0680-8-1
https://doi.org/10.1186/1750-0680-8-1
https://doi.org/10.1038/s41561-023-01166-7
https://doi.org/10.1073/pnas.0808914106
https://doi.org/10.1007/s10479-023-05401-7
https://doi.org/10.1088/1748-9326/9/3/035001
https://doi.org/10.1088/1748-9326/9/3/035001
https://doi.org/10.1111/gcb.17259

	Hurricanes pose a substantial risk to New England forest carbon stocks
	Abstract
	1|INTRODUCTION
	2|MATERIALS AND METHODS
	2.1|Estimating hurricane impacts on aboveground forest carbon
	2.2|Hurricane reconstructions and scenarios
	2.3|Forest tree vulnerability to hurricane-­force winds
	2.4|Mapping New England's forested landscape
	2.5|Harvested wood products carbon storage and emissions estimates

	3|RESULTS
	3.1|Current status of New England forest carbon
	3.2|Extent of hurricane damage across hurricane wind intensity scenarios
	3.3|Emissions pathways of downed forest carbon

	4|DISCUSSION
	4.1|A single hurricane can emit decades worth of carbon sequestration by New England's forests
	4.2|Risks to New England forests as a nature-­based climate solution
	4.3|Stronger storms may lead to unprecedented impacts to northern and interior forests
	4.4|Disturbance agents differ in their forest carbon emissions consequences
	4.5|Emissions from downed forest carbon are influenced by salvage efficiency and timber product decisions
	4.6|Forest recovery following hurricanes and study limitations

	5|CONCLUSIONS
	AUTHOR CONTRIBUTIONS
	ACKNOWLEDGMENTS
	CONFLICT OF INTEREST STATEMENT
	DATA AVAILABILITY STATEMENT

	REFERENCES


