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ABSTRACT
Speech-Language Pathologists (SLPs) are professionals who work
with children and adults in the prevention, assessment, diagnosis,
and intervention for speech, language, and communication diffi-
culties. This research investigates the experiences and perceptions
of SLPs regarding the potential for Artificial Intelligence (AI) tech-
nologies to support their work. Through a series of three studies,
including an online survey, an Asynchronous Remote Commu-
nity (ARC), and an observation of online communities, we com-
prehensively explored the challenges faced by SLPs and identified
areas where AI-based technologies can offer support. This paper
addresses four key areas: 1) the reported needs, constraints, and
challenges faced by SLPs in their work, 2) the current perspectives
of SLPs on AI and technology, 3) the adoption of AI-based tools
by SLPs since the release of advanced generative AI technologies,
and 4) the aspects of SLPs’ work that can be supported by AI-based
tools to increase capacity and improve job satisfaction. Findings
from this research contribute to a deeper understanding of SLPs’
professional environment and offer insights into the potential ben-
efits and considerations of and design directions for integrating AI
into Speech-Language Pathology practice.

CCS CONCEPTS
• Human-centered computing → Interaction design; • Social
and professional topics → User characteristics; • Computing
methodologies → Artificial intelligence.

KEYWORDS
Speech and language difficulties, AI prototyping, Natural language
processing, Human-centered design

This work is licensed under a Creative Commons Attribution International
4.0 License.

CHIWORK ’24, June 25–27, 2024, Newcastle upon Tyne, United Kingdom
© 2024 Copyright held by the owner/author(s).
ACM ISBN 979-8-4007-1017-9/24/06
https://doi.org/10.1145/3663384.3663387

ACM Reference Format:
Hyewon Suh, Aayushi Dangol, Hedda Meadan-Kaplansky, Carol A. Miller,
and Julie A. Kientz. 2024. Opportunities and Challenges for AI-Based Sup-
port for Speech-Language Pathologists. In Proceedings of the 3rd Annual
Meeting of the Symposium on Human-Computer Interaction for Work (CHI-
WORK ’24), June 25–27, 2024, Newcastle upon Tyne, United Kingdom. ACM,
New York, NY, USA, 14 pages. https://doi.org/10.1145/3663384.3663387

1 INTRODUCTION
In the United States, there are 3.4 million children served under
the Individuals with Disabilities Act [1]. More than half of those
require the support of speech-language services provided by speech-
language pathologists (SLPs) [3, 54]. SLPs work with both children
and adults in the areas of prevention, assessment, diagnosis, and
interventions for speech, language, and communication difficulties
[9]. They often work in private practice as well as school-based
settings and are a critical part of supporting children with spe-
cific learning disabilities and people with language difficulties [9].
However, the demand for these services typically exceeds the ca-
pacity of the existing SLP workforce [2, 15, 66]. Moreover, access to
support from SLPs is limited in rural areas or for those from under-
served communities [30], which has only been exacerbated since
the COVID-19 pandemic. SLPs often have incredibly high caseloads
and spend a large amount of time on administrative tasks such as
preparing materials for therapy sessions, matching evidence-based
interventions to their client’s needs, writing reports after each ses-
sion, and preparing for Individualized Education Program meetings
[15]. Because of this, despite SLPs in general having a high level
of job satisfaction, there are still high rates of burnout [28, 44]. If
parts of the job of SLPs could be made easier, they may be able to
have more manageable caseloads, expand their access, and spend
more of their time doing the work they find most meaningful, such
as working directly with their clients.

Since late 2022, the world has seen an explosion of capability and
access to Artificial Intelligence based tools and the introduction of
accessible tools for Generative AI, including that of large language
models like GPT 4 and image generation tools like DALL·E 2. There
is a huge opportunity for AI-based tools to transformmany different
types of careers, and the application of AI holds great promise in the
field of Speech-Language Pathology. AI demonstrates strengths in
language comprehension [61], automation of routine tasks [68], and
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creation of personalized materials [22]. While no AI could replace
the crucial human-to-human contact that SLPs provide in their
services, the work of SLPs may be particularly amenable to support
by these AI-based tools, given how much of their work is reliant
on speech, language, and communication. Moreover, SLPs spend a
significant amount of time tailoring experiences for the individual
client and then documenting their sessions in a structured format.
These activities could take advantage of the strengths of AI language
tools like large language models (LLMs) and automatic speech
recognition (ASR).

In a typical session with an SLP, a child may need to practice
speaking different words and matching them with pictures as part
of articulation exercises and language comprehension activities.
The SLPmay start by presenting the child with a set of word-picture
pairs related to the target sounds or phonemes they are working on.
The child is then encouraged to say the word out loud, paying at-
tention to the specific sounds and articulation. If the child struggles
to produce a particular sound, the SLP may demonstrate the correct
tongue placement or provide verbal instructions on how to position
their tongue. As the session progresses, an SLP may introduce addi-
tional challenges or variations. For instance, they may increase the
complexity of the words or incorporate game-like elements to keep
the session engaging and challenging for the child. Throughout the
sessions, an SLP monitors the child’s progress and adjusts the level
of support or difficulty as needed to optimize learning outcomes.
Following such sessions, SLPs generate "SOAP notes," a structured
documentation used in healthcare settings, including speech ther-
apy. SOAP stands for Subjective, Objective, Assessment, and Plan.
In these notes, the SLP records subjective information about the
session, such as the child’s demeanor, followed by objective data,
such as specific exercises practiced and the child’s performance. In
the assessment section, SLPs document their professional analysis
of the session outcomes and the child’s progress towards therapy
goals. Finally, the plan outlines future steps, including recommen-
dations for further therapy sessions or adjustments to the treatment
plan. AI might be used to help SLPs prepare materials for these ses-
sions, provide fine-grained data on the child’s speech, or automate
the creation of SOAP notes, reducing the documentation burden so
that SLPs can focus more on providing care for their clients.

Motivated by a desire to support the work of SLPs and their adult
and child clients and recognizing the potential for AI to transform
their working lives, we took a human-centered design approach to
identify the opportunities, challenges, and design directions for the
use of AI in enhancing the practice of SLPs. Our research questions
include:

RQ1. What are the needs, constraints, and challenges SLPs cur-
rently face in their work that could be addressed with AI?
What aspects do they enjoy most about their job that should
not be negatively impacted by AI?

RQ2. What are the current perspectives and concerns of SLPs on
AI?

RQ3. How are early SLP adopters using AI-based tools in their
practice since the release of ChatGPT and DALL·E 2?

RQ4. What aspects of SLPs’ work can be supported by AI-based
tools to increase capacity and improve job satisfaction?

We conducted a mixed methods study with SLPs, which included
a survey with 105 SLPs and observations of SLP social media com-
munities on Reddit and Facebook to understand their use of publicly
available AI-based tools. We also conducted 5-weeks of co-design
activities with 12 SLPs using an Asynchronous Remote Communi-
ties approach [42], including a diary study and review of AI-based
tools. Each of these studies triangulate across different aspects of
SLPs’ jobs to identify opportunities and challenges for AI-based
support for their careers. Through these investigations, we iden-
tified SLPs needs, constraints, and challenges in their daily work;
their attitudes, expectations, and potential reservations towards AI
technology; their current adoption patterns and emerging trends in
the integration of AI technologies into SLPs; and opportunities and
areas AI-based tools can enhance capacity and improve job satis-
faction for SLPs. The findings showed diverse needs and challenges
SLPs have in their work and aspirations they have in harnessing
the power of AI-based tools to streamline various aspects of SLPs
practice.

This work can help to ensure that AI-based speech therapy tools
accurately reflect and respond to the needs of SLPs, such as creat-
ing personalized plans and monitoring progress, and have greater
success in enhancing the overall effectiveness and accessibility of
speech therapy and alleviating the stress and burnout SLPs face.

2 BACKGROUND & RELATEDWORK
To gain insights into how SLPs approach and perceive the use of
AI-based speech therapy tools, we first offer an overview of their
roles, working environment, and the factors that influence their
work. This is followed by a review of prior research on AI-based
speech therapy tools.

2.1 Speech-Language Pathologists
The American Speech-Language-Hearing Association (ASHA) de-
fine a speech-language pathologist (SLP) as ”the professional who
engages in professional practice in the areas of communication and
swallowing across the life span” [10, p.2]. Here, communication refers
to facets of “speech production and fluency, language, cognition,
voice, resonance, and hearing” [10, p.2], while swallowing includes
related feeding behaviors [10]. Within the United States, the major-
ity of SLPs currently hold a master’s degree in speech pathology
or a clinical doctorate in audiology [6], have clinical experience,
and maintain an ASHA certification for school employment [31].
However, across the nation, there exists a diverse spectrum of ser-
vice providers with different levels of training and certification [31].
Additionally, it is important to note that standards for providing
speech and language therapy services differ across the globe, with
these services being sparse in low and middle-income countries
[11, 64]. Furthermore, in many regions of the world, the profession
of SLP does not exist [19] or there is an inadequate number of SLPs
to meet the needs of individuals [11].

The roles and responsibilities of SLPs are diverse and varied as
they not only provide assessment, diagnosis, and treatment services,
but they also engage in counseling, prevention, wellness activities,
and collaborative efforts. Despite the importance of their work,
SLPs face considerable challenges that impact their job satisfac-
tion and well-being. Numerous studies have examined the factors



Opportunities and Challenges for AI-Based Support for Speech-Language Pathologists CHIWORK ’24, June 25–27, 2024, Newcastle upon Tyne, United Kingdom

associated with job satisfaction, stress, and burnout among SLPs
[15, 25, 32, 43]. A primary contributor to stress and burnout is the
demanding nature of their workload that is compounded by their
overwhelming caseload sizes [15, 32]. Across the United States,
as SLPs are being increasingly tasked with managing larger and
more culturally diverse caseloads, they have reported that nav-
igating time constraints to deliver “optimal service has become
an ethical challenge” [43, p.2]. Additionally, significant adminis-
trative responsibilities such as paperwork, insurance claims, lack
of co-worker support, and limited access to resources and fiscal
constraints, especially in public school settings, also emerge as sig-
nificant stressors leading to burnout [15, 25, 32, 43]. Furthermore,
members of underrepresented communities, including Black, in-
digenous, people of color (BIPOC), and the LGBTQIA+ community,
may face heightened stress in their work environment due to chal-
lenges such as social differences and biases and discrimination in
the workplace [5, 26, 43]. According to a 2021 survey conducted by
ASHA, 3.6% of speech-language pathologists and audiologists iden-
tify as Black/African-American, 3.1% as Asian, 1.5% as multiracial,
and less than 1% each as American Indian/Alaska Native or Pacific
Islander [7]. This disparity poses various challenges for BIPOC SLPs,
such as reported higher caseloads and workloads [16, 27], often
stemming from translation requests for documentation and client
services, with little recognition of the extra workload involved [43].

To address challenges faced by SLPs in providing optimal care, re-
searchers have proposed AI-based automated speech therapy tools
using AI techniques such as machine learning and deep learning for
individuals with speech and language difficulties [21, 24, 55, 59, 63].
Not only can AI-driven technology alleviate SLPs’ burden of deliv-
ering and executing interventions, but its scalability may also have
the potential to help reach out to broader populations who have
been underserved [46, 52, 58]. The following section provides an
overview of related work on automated speech therapy tools using
various AI techniques, highlighting their contributions to improv-
ing the efficacy and accessibility of speech therapy interventions.

2.2 AI-based Automated Speech Therapy Tools
Researchers have employed various AI and machine learning tech-
niques to enhance the efficacy of speech therapy interventions,
ranging from personalized treatment plans to real-time feedback
systems that monitor the progress of clients. These methodolo-
gies include the integration of quantitative data like facial expres-
sions and intonations to automate various aspects of care, such
as analyzing learning patterns, identifying speech difficulties, and
dynamically adjusting instructional strategies [23, 38]. For exam-
ple, to provide insights for SLPs into client’s articulation patterns,
Bilkova et al. [14] trained a Convolutional Neural Network (CNN)
and utilized Augmented Reality (AR) to capture lip, tongue, and
teeth movements during speech therapy exercises. In another study,
to mimic the work of SLPs, Robles-Bykbaev et al. [59, 60] proposed
a robotic assistant to motivate children during therapy activities
while providing real-time feedback. Similarly, Ng et al. [49] and
Sztaho et al. [67] developed a fully automated speech therapy tool
by displaying visual feedback on intensity, intonation, and rhythm
to children with hearing impairments.

Building on Human Computer Interaction (HCI) principles, Des-
olda et al. [21] took a participatory approach to designing auto-
mated speech therapy tools by emphasizing the role of caregivers,
children, and SLPs in the design of a remote therapy tool that eval-
uates the correctness of the speech exercises and gives real-time
feedback. Similarly, another study used a co-design technique with
SLPs to include their perspectives throughout the design process of
a goal setting tool that aimed to support the dialogue between SLPs
and parents and enhance shared decision-making about children’s
communicative participation goals [65]. Many studies have also
incorporated “serious games” as an intervention tool for children
[20] as AI-driven speech therapy tools might evoke excitement and
foster companionship [20]. For example, Hernandez et al. designed
a serious game that provided real time feedback for children who
were hard of hearing [17]. In another similar study, Ramamurthy
et al. introduced a therapeutic robot named “Buddy” for children
with cleft lip/palate [55]. Buddy, a companion robot, allowed chil-
dren to practice speech exercises at home while facilitating remote
monitoring by SLPs [55]. This set of work serves as early examples
of the potential for AI in directly supporting children in speech
therapy. Our work considers more broadly how these types of tools
might play into the overall job satisfaction of SLPs.

2.2.1 Generative AI for Speech Therapy. The recent surge in the
popularity of generative AI and Large Language Models (LLMs)
has led to a growing recognition among both researchers and care
providers of the potential benefits of leveraging Generative AI for
speech therapy. In an effort to explore the clinical utility of Chat-
GPT, a study by Du et al. [22], explored the potential adoption of
ChatGPT in speech-language therapy. By having an ASHA-certified
speech-language pathologist evaluate the responses generated by
ChatGPT for language intervention activities, the study identified
the LLM’s potential in translating and generating therapy materi-
als, which includes areas such as vocabulary development, narra-
tive skills, language comprehension, literacy, and bilingual therapy
[22]. Furthermore, ChatGPT also showed capabilities in simulating
human-like communication related to grammar, syntax, pragmatics,
and cultural competence [22]. Moreover, Du et al. also highlighted
the potential of integrating ChatGPT with other generative AI tools
like DALL·E 2 for replacing traditional “worksheets and flashcards
[22].” Additionally, because the generated images do not contain
any confidential information about actual clients, these visuals can
aid in the therapy process to demonstrate both fictional and non-
fictional scenarios [22]. Our research is interested in exploring the
potential for these types of approaches more broadly across all
aspects of an SLP’s working life.

3 METHODS
To comprehensively understand the experiences and perceptions
of SLPs, we conducted a series of three studies. These studies, col-
lectively, enabled us to triangulate to explore the challenges SLPs
currently face in their work, their current perspective of SLPs on AI,
how early adopters are using AI-based tools in their practice, and
which aspects of SLPs’ work can be supported by AI-based tools.
Each method brought unique insights, enriching our understanding.
All studies were reviewed by the Institutional Review Board (IRB)
at the University of Washington and classified as exempt research.
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3.1 Survey with SLPs
We first conducted an online survey to gather insights and learn
about the experiences from SLPs. The online format of the survey
provided convenience for participants, while ensuring a broader
reach within the SLP community.

3.1.1 Recruitment. Wedisseminated a brief description of the study,
along with a QR code and a link to the online survey, through the
American Speech-Language-Hearing Association (ASHA) mailing
list and the Division for Early Childhood (DEC) newsletter. To ex-
tend our reach, researchers created and shared posts containing a
link to the survey on relevant online communities (e.g., Facebook
groups). We also distributed business cards featuring the QR code to
the survey at a booth at the November 2023 ASHA convention. We
then used snowball sampling to encourage participants to share the
survey within their professional networks. The survey was open
for completion from June 29, 2023 to present day. We report on the
responses collected up to Jan 5, 2024.

3.1.2 Instrument. The survey consisted of three sections: demo-
graphics, experiences as an SLP, and perceptions of AI and current
technology use at work, collecting both qualitative and quantita-
tive data. In the demographics section, participants were asked to
provide information about their age, gender, years of experience,
primary work setting, and age group they primarily work with.
The "Experiences as an SLP" section delved into the nuances of the
profession, prompting participants to reflect on three open-ended
questions: 1) the three things they enjoy the most about being an
SLP, 2) the three biggest challenges they face, and 3) the things
they do at work that they feel are the least impactful use of their
time. Lastly, the survey included a section on the perceptions of
AI and current technology use, which included questions about
participants’ familiarity with AI technologies and their current use
of technology in their practice.

3.1.3 Spam Filtering Process. During the survey administration
period, the survey was targeted by spammers, resulting in a sud-
den surge of fraudulent participant responses, which is becoming
increasingly common in human-computer interaction research. As
online surveys become more common with the COVID-19 pan-
demic, the risk of fraud has increased [41]. To mitigate the impact
of these spammers, we implemented a multiple stage filtering pro-
cess.

• Web Search: Because many SLPs have public-facing websites
for their school or home practices, we conducted web searches
using combinations of survey respondents’ names and the term
“SLP” to verify the authenticity of participants’ identities. This
step aimed to identify any discrepancies or inconsistencies in the
information provided by respondents.

• ReviewofResponses: Researchersmanually reviewed responses
to open-ended questions to assess the genuineness and relevance
of the answers provided. Responses that appeared suspicious
or inconsistent were flagged for further investigation. Three
researchers independently reviewed the dataset and assigned
scores of 1, 0, or -1 to each response (1 indicating the researcher
is certain that the respondent was a genuine SLP, 0 indicating
the researcher is not certain, and -1 indicating the researcher is

Table 1: Reported Participant Demographics

Social Category Participant Demographics (𝑛=105)

Gender 92.4% Woman, 6.7% Man, 1% Non-binary
Race 3.2% Asian, 3.2% Black, 88.4% White, 1.1%

Prefer Not to Say
Ethnicity 91.4% Not Hispanic or Latino, 8.6% Hispanic

or Latino,
Age Range 30.5% 25-34, 23.8% 35-44, 29.5% 45-54, 13.3%

55-64, 2.9% 65+
Years of Experience 4.2% 1-3, 6.3% 3-5, 24% 5-10, 65.5% 10+
Age of Clients* 26.7% 0-3, 58.1% 3-5, 71.4% K-5, 29.5% Mid-

dle School, 23.8% High school, 11.4% Adult
Learners

Community Setting 32.4% Urban, 12.4% Rural, 55.2% Suburban
Work Setting* 66.7% Public school, 14.3% Private practice,

15.2% Early Intervention, 23.8% Other
*some participants were counted twice based on their answers

certain that the respondent was fraudulent). Subsequently, the
researchers convened to reconcile any discrepancies in coding.

We acknowledge that this stringent filtering process may have
led to the exclusion of genuine SLP respondents who lacked pub-
lic profiles or provided brief responses, however, it was deemed
necessary to ensure the integrity of the dataset.

3.1.4 Participants. Through the combination of web searches and
manual review, a total of 18 responses from fraudulent participants
were identified and excluded from the dataset. Additionally, one
response from a graduate student, whose status did not align with
the target participant criteria (professional SLP with experience),
was also removed. After filtering, a total of 105 responses from
authentic SLPs were retained for analysis. Table 1 provides descrip-
tive statistics regarding the demographics of the study participants,
presenting a diverse cross-section of professionals in the field. The
majority of the participants in our study identify as women (92.4%)
and White (88.4%), which is similar to the SLP demographics data
reported by ASHA in 2022 (96.4% Female and 91.2% White) [8]. The
age distribution showcases a spread, with the largest group falling
within the 45-54 age range (29.5%). The study participants also have
considerable professional experience, with 65.5% having over 10
years of experience in the field. Additionally, they represent diverse
age groups and work in varied settings, with 66.7% in public schools
and 14.3% in private practice.

3.1.5 Data Analysis. We analyzed qualitative data from the open-
ended questions using thematic analysis. Two researchers indepen-
dently coded responses to identify recurring themes related to the
three aspects of participants’ experiences as an SLP. We resolved
discrepancies in coding through discussion until we reached con-
sensus. Quantitative data was analyzed using descriptive statistics.

3.2 Asynchronous Remote Communities (ARC)
The Asynchronous Remote Communities (ARC) method is a flexible
research method that leverages digital platforms, such as Slack or
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online forums (e.g., private Facebook groups), to facilitate asynchro-
nous discussions and connect participants in a private, internet-
based setting [42]. Researchers can deliver research tasks periodi-
cally and gather information about their perceptions in a format
that is lightweight, accessible, usable, and low burden [13]. Because
the ARC method allows participants to engage at their own pace
and convenience, it increases flexibility for participants. In addition,
ARCs can accommodate people from diverse geographic locations,
making it particularly suitable where synchronous interaction may
be challenging or impractical [45]. In this research, we used the
ARC method to connect SLPs from different locations across the
United States.

3.2.1 Participants & ARC platform. From a larger pool of respon-
dents from a prior survey study in section 3.1, we employed a
purposive sampling strategy to select participants for the ARC ac-
tivities based on their expressed interest in further engagement and
their diverse professional backgrounds. We chose participants to
represent a range of experiences and perspectives within the field
of speech-language pathology, including different practice settings
and levels of expertise. We sent an email invitation containing a
study overview and a link to an online information sheet that resem-
bles an informed consent form to eighteen selected SLPs. Thirteen
signed the information sheet and were introduced to the private
Slack group we set up for the study and provided with instructions
on how to post messages and share documents on Slack. Twelve
joined the group and participated in the study. All participants
were holders of the Certificate of Clinical Competence in Speech-
Language Pathology (CCC-SLP). See Table 2 for ARC participant
details.

We chose the Slack platform 1 for the ARC study because 1) it
can easily facilitate asynchronous discussions, 2) it supports the use
of pseudonyms and allows participants to preserve anonymity, if
they want to, 3) it supports rich document and media sharing, and
4) it can be accessed across multiple devices (e.g., via computers,
tablets, or mobile devices).

3.2.2 Activity Prompts and Procedures. Participants participated
in Slack activities, such as sharing their answers to the prompts
and responding to others’ posts, asynchronously. A summary of
these activities is provided in Table 3. We designed the prompts to
include both recall (e.g., A2. Diary Study) and generative activities
(e.g., A5. Envisioning AI in Speech- Language Pathology & Explor-
ing ChatGPT ) to offer variety and different modes of engagement,
as encouraged by previous ARC studies [42]. We also designed
prompts to accommodate the often busy, multitasking lives of SLPs
and to typically take 20-30 minutes to complete. To ensure partici-
pant privacy, we offered an option to share responses to activity
prompts privately via direct messages on Slack or email to research
team members and it was a preferred mode of sharing for some
participants. Within the Slack channel, four research teammembers
were present to moderate the discussion, answer questions from
participants, and respond to participant posts with emoji reactions
and replies to encourage engagement. We hoped that discussions
and interactions would naturally occur among participants in Slack,
but participant interactions were limited to emoji reactions on each

1https://slack.com/

other’s posts. One team member was in charge of providing ac-
tivity prompts and sending reminders to complete the activity. In
appreciation for participation, we provided a gift card of $10-$50
for each online activity, commensurate with the time investment.

3.2.3 Data Analysis. Our data analysis involved a comprehensive
review of participant contributions, including posts, comments, re-
sponses within Slack channel, as well as data from activities such as
diary entry prompts, stakeholder circle drawings, ideas and reflec-
tions after exploring AI in Speech-Language Pathology. Researchers
reviewed and identified recurring themes, patterns, and insights
emerging from participant inputs. Through this process, the re-
search team discerned commonalities and variations in participant
experiences and perspectives.

3.3 Observation of Online Communities
Lastly, we conducted observation studies across relevant online
communities in a social listening approach [53]. Observation of on-
line communities involves systematically observing and analyzing
interactions, discussions, and activities within virtual communities
or online platforms [50]. Two researchers immersed themselves in
relevant online spaces to gain insights into the attitudes of SLPs
toward use of AI in speech-language pathology practices. We specif-
ically designed this approach to capture qualitative discussions
occurring organically within the SLP community around the use of
AI-based tools.

3.3.1 Data Collection. Data collection involved observation of mul-
tiple online communities, including both public and private plat-
forms. The primary sources comprised a Reddit community of
Speech-Language Pathologists (r/slp) and a private Facebook group
dedicated to discussions on AI in the field of Speech-Language
Pathology. (Speech Pathology AI: Tech for SLP/SLT and SLP-A
Therapy). We chose these two communities because they comple-
mented each other, providing a comprehensive dataset for analysis.
The SLP subreddit had a broad spectrum of SLPs, however, discus-
sions primarily revolved around general topics of speech language
pathology rather than being centered around AI. In contrast, the
private Facebook group comprised a smaller subset of SLPs en-
gaging in more concentrated and in-depth discussions around AI
within the field of Speech-Language Pathology. Additionally, we
conducted searches and reviews of articles about AI for speech
language therapy that were publicly available online, such as news
articles and blog posts authored by SLPs. Table 4 summarizes the
sources we used for online observation.

It was important to maintain the integrity and privacy of private
online group members, and we were committed to ensuring that
our research did not disrupt the normal activities within the group.
Therefore, researchers adopted the role of “complete observer,” as
defined by Nørskov [50]. With this approach, we refrained from
active participation and passively observed interactions from the
sidelines. We did not create posts, ask questions, respond, or en-
gage with group members and respected established guidelines
and adhered to group rules during our observation. This allowed
researchers to maintain objectivity and minimize potential biases
in data collection.
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Table 2: ARC Participant Information

PID Age Gender Race/Ethnicity Years of Experience Practice Location

ARC1 25-34 Woman White 7 Suburban
ARC2 25-34 Woman White 9 Urban
ARC3 25-34 Woman Asian, White 8 Urban
ARC4 25-34 Woman White 5 Rural
ARC5 25-34 Woman White 8 Suburban
ARC6 35-44 Woman White 20 Rural
ARC7 35-44 Woman Hispanic or Latino, White 9 Suburban
ARC8 45-54 Man White 20 Rural
ARC9 45-54 Woman White 15 Urban
ARC10 65+ Woman White 50 Urban
ARC11 55-64 Woman White 35 Urban
ARC12 25-34 Woman Asian 9 Urban

Table 3: Summary of activities on the private Slack group

# Name Activity Shared* G/R**

A1 Introduction &
Ice breaker

Get to know each other by creating a post about yourself
• Name / pseudonym
• A picture and brief description of an interest fuels your passions.
• One aspect you love about being an SLP
• What you would like to get from this research

D G & R

A2 Diary study Reflect on your work day and submit a diary via Google Form including:
• Key tasks and sessions
• Achievements and successes
• Challenges faced
• Communication and collaboration
• Magic wand

N R

A3 Capturing Work
Environment

Share photos/videos of a workspace capturing:
• Spaces (e.g., therapy rooms, classrooms, virtual meeting setups)
• Tools (e.g., speech therapy materials, assessments)
• Work preparations (e.g., how and where you prepare materials and resources for
sessions, creative setups you have, organizational tips)

• Digital technologies (e.g., programs, apps, assistive technologies)

D/P G & R

A4 Stakeholder Cir-
cles

Think of the people involved in working with children with speech and language difficulties
and visually represent them in circles.

• Identify the Stakeholders
• Draw circles of *perceived* closeness to other stakeholders
• Draw circles of *expected* closeness to other stakeholders

D/P G

A5 Envisioning
AI in Speech-
Language
Pathology &
Exploring Chat-
GPT

Part 1. Watch two videos on AI and SLP and think about the potential impact of generative
AI on speech-language pathology. How could AI support children with speech and language
difficulties? How do you want AI to support your practice?
Part 2. Generate at least three prompts centered around speech and language difficulties
on ChatGPT. Interact with ChatGPT by tweaking the prompt and see how it changes the
responses.

D/P G

*Shared: D = Responses were shared Directly to the group | N = Responses were Not shared with the group | D/P = Responses were shared directly to the group or privately with
the researchers, depending on participant’s preference
**Generative/Recall (G/R): G = Activity involved Generating new material | R=Activity involved Recalling past experience
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Table 4: Source of Observations

Source Access # of
members

# of posts
reviewed

SLP Subreddit Public 44.3k 40
Private Facebook
Group for SLP and AI

Private 2.7k 37

Online Articles about
AI for SLP

Public N/A 16

For the private Facebook group observation, we followed the
digital research ethics guideline outlined by Kozinets [12, 37]. We
first clearly communicated our affiliation and intentions to the
community moderators and obtained their permission to observe
and collect data within the group. Two researchers conducted ob-
servations, documenting their findings. In the SLP subreddit, to
center our observation around AI and SLPs, we searched for terms
related to AI (e.g., AI, ChatGPT, Bard, DALL·E 2). Meanwhile, in the
Facebook group observation, we reviewed all posts in the group
because all discussions were on topic and the number of posts were
manageable as the group was created in November 2023.

3.3.2 Data Processing & Analysis. Because the primary objective of
our observation was gaining insights from SLPs, rather than scruti-
nizing their group dynamic, we refrained from documenting user
names in our notes. As a result, we opted to use generic descriptors
such as "Reddit user” and "Facebook group member” when quoting
from these sources. When we incorporate direct quotes from online
communities, we paraphrased them to safeguard the privacy and
anonymity of the original contributors and prevent search engines
from identifying the individuals who posted the content [35]. We
first reviewed discussions on the online communities and familiar-
ized ourselves with the data. Upon completion of the observation,
researchers compiled and organized the collected data for subse-
quent analysis. We then reviewed and identified recurring themes,
patterns, and insights emerging from the community discussions.
Through this process, the research team was able to understand
how SLPs currently use AI-based tools in their practices.

4 RESULTS
4.1 RQ1: What are the needs, constraints, and

challenges SLPs currently face in their
work?

RQ1 aimed to delve into the landscape of SLPs’ professional environ-
ment, with a specific focus on identifying their needs, constraints,
and challenges. By exploring these aspects, we sought to gain an
understanding of the factors that influence SLPs’ work dynamics
and effectiveness, ultimately informing strategies and interventions
aimed at enhancing their practice and addressing existing gaps or
barriers.

In our survey with 105 SLPs, we asked them to share the three
biggest challenges in their job when working with children with
speech/language difficulties. Time management and availability
emerged as the most prevalent issue, with more than half of re-
spondents citing it as a challenge. SLPs expressed frustration over

the lack of time for preparation, planning, and direct intervention
with children and families. This sentiment was echoed in responses
such as"Lack of time to properly prepare therapy (S27)” and "short
amount of time with EI (Early Intervention) families (S30)” highlight-
ing the need for more resources and support in managing their time
effectively. Another major challenge identified was caseload size
and workload. Many SLPs reported feeling overwhelmed by the
sheer volume and variety of needs across their caseloads, making it
difficult to provide individualized attention to each client. Quotes
like “High caseloads (S32, S35, S36, S51, S60, S69)” and “Caseload
too large to give each student the time and individual attention that
they need (S16)” underscored the strain imposed by excessive work-
loads. Administrative and paperwork challenges were also men-
tioned frequently, respondents stating excessive paperwork and
inefficient documentation systems as significant obstacles of their
work. SLPs expressed frustration over spending more time on pa-
perwork than on actual therapy with children, highlighting the
need for streamlined processes and administrative support. One
SLP stated, “The amount of paperwork is never-ending. (I have) lim-
ited time for direct intervention due to the amount of paperwork
(S82)” and other SLPs shared similar experiences “More time pa-
perworking/IEP(Individualized Education Program) than providing
treatment (S15)” and “Inefficient systems for paperwork (S10).” This
underscores the need for solutions that help SLPs with administra-
tive tasks, allowing them to focus more on providing quality care
to their clients.

Another hurdle identified was the engagement of parents and
caregivers in the therapy process. This included encouraging parent
involvement and ensuring consistent follow-through with home
programs between sessions. SLPs often encountered difficulties in
“getting buy-in from families (S45)” and providing adequate caregiver
education and support, especially in the home setting (S19). The
issues around scheduling also came up frequently, as SLPs struggle
to find sufficient time in their busy schedules to work with clients
without conflicts. This includes coordinating schedules around
geographic locations (S45), family commitments, and ensuring that
therapy sessions do not interfere with important class information
or learning (S79, S83).

4.2 RQ2: What is the current perspective of
SLPs on AI and technology?

RQ2 sought to uncover insights into the attitudes, expectations,
and potential reservations of SLPs towards AI technology. This
investigation provides insights for the integration of AI into speech-
language pathology practice and the development of supportive
frameworks that align with SLPs’ needs and aspirations. The sur-
vey data revealed how SLPs view the integration of AI into their
field, as shown in Figure 1. Participants expressed a keen interest
in exploring the potential applications of AI tools and technolo-
gies to enhance their work and improve outcomes for their clients
and students but some also expressed their concern around the
technology.

4.2.1 Interest in Technology and AI. SLPs demonstrated a high level
of curiosity and enthusiasm for AI, particularly regarding its po-
tential applications in speech-language pathology in the survey. A
central motivation for SLPs in AI technology is the desire to better
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Figure 1: SLPs’ perception of AI Technologies

serve their clients and students. Survey respondents expressed their
interest in learningmore about AI as they consider it a potential tool
that can facilitate progress, improve communication abilities, and
support students’ needs. S36 said, “I would like to better understand
AI and how it can support my work with students to improve their
communication abilities.” Efficiency and time-saving was another
major factor driving interest in AI among SLPs. Many participants
expressed a desire to explore new tools, strategies, and technologies
to reduce administrative burdens. AI tools were perceived as valu-
able potential resources for automating paperwork and non-therapy
tasks, thereby allowing SLPs to allocate more time and energy to
client-centered activities. In addition, some expressed interest in
staying informed about cutting-edge technologies and collaborat-
ing with colleagues and researchers to leverage AI effectively. S85
noted, “I am interested in learning cutting edge technology tools
that would save time and money for SLPs” and S26 said, “I would
love to be part of a shift in our field to hopefully automate some of
the paperwork that is time-consuming.”

4.2.2 Concerns and Considerations. While many participants ex-
pressed enthusiasm and interest in the potential applications of
AI within speech-language pathology, some raised concerns and
considerations. A subset of SLPs expressed they struggled with
technology and keeping up with it in a rapidly evolving world. For
example, S17 listed “Keeping up with technology” as one of their top
three challenges. Also, when asked about their current approach to
technology tool use in SLP practice, 32.4% chose “I am interested
in trying new technology tools but I do not have time,” reflecting
time constraints SLPs face in adapting a new technology and two
respondents chose “I try to avoid technology as much as possible
(S27, S41)”, showing some populations may not be ready to embrace
new technology. Furthermore, privacy concerns around AI emerged

among participants who expressed their reservations. S10 noted, “(I
am concerned that) new technologies such as automated transcription
of language samples require use of software that doesn’t meet FERPA
2or HIPAA3 and/or companies collect data in a way that compromises
privacy.” Some expressed apprehension about the ethical implica-
tions of AI, cautioning against the potential misuse of technology
in place of hiring human professionals (“I see the potential for its use
in our field but also fear some places may misuse it in place of trying
to actively hire SLPs” – S60). Additionally, a few respondents raised
ethical considerations surrounding use of AI in general, about its
impact on artistic expression and intellectual property rights, re-
flecting broader societal concerns about the responsible use of AI
technology [40].

4.2.3 Potential for Perspective Change. The ARC Activity 5 pro-
vided participants with an opportunity to interact with ChatGPT
and explore its potential applications in speech language pathology.
ChatGPT was chosen for this activity because it allows one to expe-
rience the capabilities of Generative AI in a conversational context,
providing insights into its language understanding and generation
abilities. Following the interaction, we encouraged participants
to articulate their insights on the prospective usefulness of AI as
well as feedback on desired features or modifications they would
like to make on ChatGPT or similar AI tools. To facilitate their
engagement, we provided some ideas to inspire explorations as
follows “You can explore areas like word generation (e.g., “generate
20 words that use the ‘ph’ sound”), creating stories (e.g., “write a
story for a 6 year old child to read that uses all of the phonemes”).
You can also ask ChatGPT about therapy techniques, strategies,
recommendations on assessment tools and resources, and/or to
compose a letter to someone, etc. Tweak the prompt and see how it
changes the responses. Try writing more complicated prompts, and
challenge ChatGPT.” Participants identified specific areas where
ChatGPT could offer tangible benefits, particularly in administra-
tive tasks. Participants shared how their perspectives of AI changed
after this exercise. For instance, ARC3 shared "I have been hesitant
about using ChatGPT for my personal use, but this exercise opened
my eyes to a lot of ways that it could be used in clinical practice and
training. I can see this being used as a great way to generate relevant
materials/probes for therapy. In addition, it could be used to develop
case examples for clinical training. In both cases, this takes away some
of the ‘grunt work’ and allows for more focus on the teaching/training
rather than generating materials." And the other participant (ARC2)
noted “After exploring more and using ChatGPT for the first time, (...)
I think AI could be really beneficial in making initial contact with out-
side agencies for referrals, getting IEPs, and previous medical records.
I usually type each email individually, but if there was an easy way
to (create) a template/initial letter quickly, it’d shave a bunch of time
on administrative duties.” These responses underscore the potential
of greater acceptance of AI-based tools that optimize workflow
processes and improve productivity within the speech-language
pathology field.

2Family Educational Rights and Privacy Act
3Health Insurance Portability and Accountability Act
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4.3 RQ3: How are SLPs adopting AI-based tools
in their practice since the release of
ChatGPT and DALL·E 2?

For RQ3, we examined the adoption of AI-based tools by SLPs,
using data from discussions within SLP online communities like
private Facebook groups and the SLP subreddit. By analyzing the
tips, anecdotes, and firsthand experiences shared by SLPs in these
online forums, we aimed to identify early adoption patterns and
emerging trends in the integration of AI technologies into SLPs
daily clinical workflows. While we recognize that early adopters
may not be representative of a broader set of SLPs, these early uses
can be indicators of the potential for AI’s application in the field.

4.3.1 Preparing Therapy Materials with Personalized Learning and
Instruction. SLPs use AI tools like ChatGPT to prepare personal-
ized therapy materials such as flashcards, worksheets, or interac-
tive games tailored to the specific needs and goals of each client.
These materials can be designed to target language, articulation,
fluency, or other areas of speech and language disorders. A Red-
dit user noted, “I’ve been using it to generate evaluation templates,
goals, classroom support strategies for various disorders, and sen-
tences/paragraphs/stories that contain a ton of the targeted sounds.”
AI-powered tools are also being used to create multilingual hand-
outs for effective communicationwith caregivers who are not native
English speakers. “I’ve used it to translate handouts into Spanish,
asked it ‘translate this into 8th grade reading level Spanish, using the
ud. form’ and it did a great job! (Reddit_user)” SLPs also leverage
text-to-image AI models to create images. “starting to use DALL·E
2 and bing.com/create to generate custom treatment stimuli/images.
(Reddit_user).” Apart from the mainstream generative AI such as
ChatGPT and DALL·E 2, the Facebook group members also rec-
ommended other AI tools such as Ambiki 4 , which has some
“AI/generative language features, especially for notes.” SLPs in the
Facebook group also shared that they have used an AI tool for
lesson planning called magicschool.ai when one group member
asked for recommendations for lesson planning with groups of 3-4
students.

4.3.2 Writing Documentation. SLPs need to create numerous docu-
ments in their work such as therapy goals, progress reports, therapy
notes, and reports summarizing test results. In online SLP communi-
ties, SLPs frequently share how they use AI-based tools to optimize
their documentation processes. For instance, in response to a post
asking for a program that can automate the incorporation of parent
responses from a speech/language intake report in Word document,
a fellow Facebook groupmember shared, “In response to your inquiry
about optimizing evaluation reports, I’m in the process of creating a
Google Form for speech/language intake. After collecting responses
(ensuring privacy by removing personal details), you can efficiently
transfer this data into ChatGPT alongside a preset prompt template
and your evaluation notes. This approach can greatly expedite the
report writing process, using AI to structure and incorporate infor-
mation seamlessly into a Word document!” Beyond typical clinical
documentation, SLPs also have used AI applications in writing other
types of documents, such as a maternity leave letter or resignation
letters.
4https://ambiki.com/

4.3.3 Create Resources or Tweak Resources. SLPs shared helpful
resources on how they can use AI to increase the efficiency of their
practice. For example, one Facebook group member posted about
a book published on January 18, 2024 with a title of, “Maximiz-
ing Speech Therapy with Artificial Intelligence: Tools and Tech
for SLPs, SLTs, and SLP-As 1 [4].” Similarly, with the launch of
GPT Store, some of the Facebook group members have also devel-
oped their own custom version of the GPT (Generative Pre-trained
Transformer) model tailored to support SLPs in their work. For
example, one group member shared “Speech-Language Pathologist
Helper”, a custom resource for creating customized therapy materi-
als that enables personalized and effective therapy material creation.
Other group members shared another custom GPT titled, “SLP Goal
Writer” that can help in writing SMART goals for speech-language
pathology and streamlines the goal-setting process, ensuring clarity
and precision. SLPs were also getting creative and effectively using
resources not originally intended for speech-language pathology
in their practice. For example, they use YARN 5, where you can
enter a snippet of dialogue and get video clips that feature that
dialogue, to find the source of the script and get a better idea of
what it might mean for Gestalt Language Processing (GLP) clients.
Also, one Facebook user recommended Recast AI6, which turns
articles into mini podcasts. They added, “perfect for us SLPs always
on the move. I’ll be sharing some neat SLP articles here in audio form.
Great for listening while you’re commuting or just chilling.

4.3.4 Share Tips with Other SLPs. SLPs actively shared tips and
insights with their peers to enhance their practice within these
online forums. One common topic of discussion is what prompt to
use to elicit better responses, also known as prompt engineering.
They exchanged ideas on the prompts they used and strategies to
refine them. For example, a Facebook group member shared “pro
tip: you can upload previous goals you’ve written (with identifying
info removed of course) and ask it to write in a similar style.” Often-
times, for those new to generative AI tools, the more experienced
ones shared the prompt they used such as “create a goal for a kid
with the following: Lateral lisping for the /s/ and /z/ phonemes (e.g.,
house, puzzle), Vocalic /r/ distortion (e.g., door, spider, guitar, tiger),
Distortion of the /t/ phoneme).” Tips on ways to address privacy con-
cerns were also discussed within SLP communities, emphasizing
the importance of removing all identifiers before using AI tools
to ensure client confidentiality and ethical practice. One Facebook
group member shared,“When utilizing ChatGPT, it’s advisable to
remove all identifiers before inputting the information.” and the other
echoed the same messages saying “remove all identifiers. Any name.
School name , kid name, teacher name. Any name.” SLPs also ac-
knowledged the limitations of AI and shared that ChatGPT should
be used as a starting point and not an end point, highlighting the
importance of human review and refinement of AI produced work,
stating, “Your expertise is invaluable in the final quality check.”

5https://getyarn.io/
6https://letsrecast.ai/
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4.4 RQ4: What aspects of SLPs work can be
supported by AI-based tools to support
increased capacity and improve job
satisfaction?

SLPs handle numerous tasks in their daily work, ranging from doc-
umentation to care coordination to billing. With RQ4 in mind, we
explored the landscape of SLPs’ professional environment by fo-
cusing on identifying areas where AI-based tools can offer support.
Through survey data and diary studies (ARC Activity 2), we ex-
plored SLPs’ perspectives on the least impactful use of their time, as
well as their desires for streamlining tasks through the metaphor-
ical “magic wand" (e.g., "If you had a magic wand, what would
you have used it for to make your job easier today?") We aimed to
uncover opportunities where AI-based tools can enhance capacity
and improve job satisfaction for SLPs.

4.4.1 Documentation. The survey data revealed that SLPs consid-
ered tasks such as documenting therapy sessions, writing progress
reports, and handling ineffective meetings as least impactful uses of
their time. As one respondent lamented, “Making copies, uploading
paperwork, electronic systems that have the capability of automating
some of the tasks, but management that hasn’t provided access to
those capabilities. (S10)” The responses to the Magic Wand question
further underscore the desire for solutions to streamline workflows
and alleviate administrative burdens. Many ARC participants ex-
pressed a wish for automation and efficiency in documentation
processes, with one stating, “My magic wand would take away the
need for session notes. (ARC5),” echoing the frustration of repetitive
and time-consuming paperwork. SLPs expressed a desire for effi-
ciency and automation to alleviate this burden, as seen in requests
for “an automated tool to help me classify ’urgent vs. not-urgent’
email (ARC12)” and “Documentation! Wave it away! (ARC3)”

4.4.2 Care Coordination. Care coordination tasks–such as provid-
ing access to specialist support, scheduling meetings, and com-
municating with other stakeholders such as parents and teachers–
resonated with many participants as areas of frustration. ARC3
shared, “Scheduling is always something I wish could be easier. We
have a lot of tools for communication and organizing our schedule
(e.g., Teams, texting, emails for communication; Outlook calendars
and our EMR for scheduling), and sometimes I feel that there is a lot of
redundant internal work to document our “admin” tasks. For instance,
when I schedule with a family, I have to reach out to the family via
their preferred communication method (phone call, email, text), then I
have to document this contact attempt on our EMR system, then I have
to block the held appointment time on our EMR system, and then I
have to export my EMR schedule to Outlook for my coworkers to view
so that I don’t get accidentally booked for a meeting time that I have
offered to a family. I think it is sometimes assumed that scheduling
should be pretty straightforward, but this little task for one family
easily turns into a 5 minute task to thoroughly complete our internal
documentation.” Also, ARC3 emphasized the need for better com-
munication tools to facilitate scheduling and coordination: “Every
parent is different. Our EMR already sends out automated texts, but
many families seem to ignore these and seem to need personalized
texts/reminders to remember appointments” Others longed for tech-
nology that works seamlessly, such as an app for scheduling or

automatic appointment reminders. These challenges contribute to
inefficiencies and detract from direct patient care, highlighting the
need for innovative solutions to support SLPs in their practice.

4.4.3 Billing. Billing and insurance-related tasks emerged as sig-
nificant burdens for SLPs, with respondents expressing frustration
with handling insurance claims and managing billing processes. S17
said, “Talking to Insurance companies (being on hold for hours, not
being able to understand the representatives),” highlighting the time-
consuming nature and complexity of interacting with insurance
providers. Additionally, other respondents (S8, S41, S47, S81, S92,
S102) cited Medicaid billing as a specific area of concern, indicat-
ing the challenges associated with navigating different insurance
systems and requirements. Moreover, respondents expressed dissat-
isfaction with the administrative burden associated with logging
contact time with students for third-party billing purposes, as one
participant stated, “Logging my contact time with students in ways
that are necessary only for the purposes of third party billing, rather
than only in ways that would serve my practice and document that I
was meeting IEP minutes. (S79)” These challenges underscore the
need for streamlined billing processes and efficient management
of insurance-related tasks to minimize administrative burdens and
allow SLPs to focus more on patient care.

5 DISCUSSION
5.1 Design Recommendations
Overall, the findings showed challenges SLPs have in their work
and aspirations they have in harnessing the power of AI-based tools
to streamline various aspects of SLPs practice. In this section, we
present how AI-based tools might be designed to alleviate the chal-
lenges encountered by SLPs, offering avenues for the automation
of repetitive tasks and the streamlining of workflows.

5.1.1 Administrative Work. AI-based tools can offer support to
SLPs with a few aspects of administrative burdens by automating
various aspects of the process [29, 56]. For example, AI-powered
speech-to-text technology can expedite the documentation of ther-
apy sessions by transcribing spoken words into written text, re-
ducing the time and effort required for manual note-taking. This
automation not only increases efficiency but also allows SLPs to
focus more on interacting with their clients during sessions. More-
over, AI-based tools can assist with writing progress reports by
analyzing data and generating summaries of insights based on the
information collected during therapy sessions [56]. By leveraging
natural language processing and machine learning algorithms, AI
tools can identify key trends, milestones, and areas of improvement,
helping SLPs produce comprehensive and informative progress re-
ports in less time [39, 56]. AI can also assist with categorizing and
prioritizing tasks, such as classifying emails or session notes as
urgent or non-urgent, based on predefined criteria. Furthermore,
AI-based documentation solutions can mitigate the administrative
burden associated with paperwork by automating repetitive tasks
and eliminating manual data entry. For example, AI algorithms can
identify and extract relevant information from documents, such
as patient records or assessment forms, and populate EMR (Elec-
tronic Medical Record) systems with accurate and up-to-date data
[29]. This not only reduces the risk of errors, but also enhances
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the overall accuracy and completeness of documentation, thereby
improving the quality of care provided by SLPs.

5.1.2 Session Preparation and Planning. AI could assist in prepar-
ing therapy materials and lesson planning by generating person-
alized therapy materials tailored to individual patient needs. For
example, AI algorithms can analyze patient data, such as speech
patterns, language samples and language proficiency to generate
customized therapy exercises and activities and recommend specific
evidence-based interventions that match the current needs of their
clients. AI-based tools can also assist with formulating specific and
measurable goals and creating lesson plans that may be tailored
to the client’s specific interests (e.g., like has been done for autism
interventions [47]) and/or tailor toward the client’s cultural back-
ground [51]. This not only can save time for SLPs but also ensures
that therapy materials are targeted, effective, and engaging.

5.1.3 Care Coordination. AI can play a significant role in helping
SLPs manage their time more effectively by automating various
aspects of appointment management and communication. For ex-
ample, AI-powered scheduling algorithms can automate appoint-
ment scheduling to optimize scheduling efficiency. AI-powered
scheduling systems can also assist with the process of coordinating
appointments by integrating with existing communication chan-
nels, such as email, text messaging, and phone calls. These systems
can automatically send personalized reminders and notifications
tailored to individual preferences, reducing the likelihood of missed
appointments and facilitating better attendance rates.

5.1.4 Billing and Insurance Management. AI-based tools have po-
tential to help SLPs through automating tasks like billing, han-
dling insurance claims to free up time for SLPs to focus on core
responsibilities [34]. For example, AI-powered chatbots or virtual
assistants can handle routine inquiries and administrative tasks,
such as verifying insurance eligibility, submitting claims, and re-
solving billing issues. Also, AI assistant tools designed to handle the
time-consuming task of waiting on hold during phone calls, such
as Hold for Me by Google Assistant, can alleviate the frustration of
being on hold for extended periods and struggling to understand in-
surance representatives [34]. Moreover, AI algorithms can analyze
billing data and identify patterns or discrepancies that may impact
reimbursement, helping SLPs ensure accuracy and compliance with
insurance requirements [34, 57]. By leveraging machine learning
techniques, these tools can flag potential errors or inconsistencies in
billing documentation, reducing the risk of claim denials or delays.

5.1.5 Ethical Considerations. The findings suggest a growing ac-
ceptance of AI among SLPs, driven by a recognition of its potential
to enhance their workflows. However, it is imperative to address
ethical concerns around the integration of AI into clinical practice.
These concerns arise at all stages of creation and implementation
of AI solutions. First, the data and algorithms on which AI systems
are built may be biased. For example, speech recognition bias is
evident in automated speech recognition systems, which show less
proficiency for Black adult speakers of African American English
(AAE) compared to white speakers of General American English
(GAE) [36]. These disparities are often more pronounced in chil-
dren, who may have limited exposure to speakers outside their
community and consequently display more features of their dialect

[69, 70]. Equity concerns are not unique to the work of SLPs, but
are heightened because SLPs serve vulnerable populations. The
use of AI to generate culturally specific material could potentially
undermine efforts to increase BIPOC representation in the field of
speech therapy if it perpetuates stereotypes, biases, or inaccuracies
about BIPOC cultures and languages. Hence, techniques for bias
mitigation, such as incorporating fairness constraints during train-
ing and using diverse datasets, are imperative. They will serve to
minimize under-representation and the perpetuation of biases in
AI-generated content, thereby increasing accurate representation
and fostering inclusivity.

Second, it is essential to prioritize responsible AI deployment
practices such as promoting transparency, accountability, and ad-
dressing privacy concerns in AI-based tools. This may include, but is
not limited to, implementing robust measures to safeguard sensitive
data and ensure compliance with regulations such as FERPA and
HIPAA. Conducting privacy assessments of AI tools and platforms
to verify their adherence to data protection standards is also crucial.
Additionally, transparency regarding data collection practices and
user consent mechanisms can help build trust among stakeholders.
Recent research in healthcare suggests that concerns regarding
the use of AI can be addressed through a combination of regula-
tory measures, ethical guidelines, and technological advancements.
[18, 33, 48, 62]. These research can be valuable guidelines.

Finally, we need to assure that AI tools are not replacing the
aspects of SLPs’ jobs they find most enjoyable and meaningful, such
as working with children and families, feeling a sense of growth
and purpose through student success, and making meaningful con-
nection with stakeholders. Future research is needed to foster in-
terdisciplinary dialogue and collaboration and provide SLPs with
the necessary knowledge and resources around AI. That way, we
could gain a holistic understanding of the ethical implications of
AI around speech-language pathology and how to leverage AI ef-
fectively while mitigating potential risks and challenges. Finally,
improving the explainability and interpretability of AI-generated
outputs is another important aspect. This can help SLPs understand
how how outputs were generated, assess their reliability, and avoid
AI hallucination.

Overall, AI-based tools have the potential to assist the field of
speech-language pathology by optimizing work processes and re-
ducing the burden of non-therapy work. By leveraging AI technolo-
gies across various aspects of their practice, SLPs might be able
to optimize their workflows and increase their capacity while also
improving job satisfaction and professional fulfillment.

5.2 Design Vignettes
In our study, participants distinguished between AI technologies
used for automating administrative tasks, such as documentation
and scheduling, and those employed for automating interpersonal
processes that foster deeper connections with clients. Participants
embraced technologies that encouraged significant reductions in
paperwork, streamlining their workload, and allowing them to fo-
cus more on meaningful interactions and client-centered care. On
the other hand, participants voiced apprehensions about AI tech-
nologies potentially taking over their job roles. This worry centered
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around the fear that increased automation, particularly in empa-
thetic processes and interpersonal aspects of their profession, might
lead to a reduced need for their unique human skills and expertise,
raising concerns about the future dynamics of their roles within the
field. Taking these findings into consideration, we present several
design vignettes to illustrate how AI technologies might serve as
a supportive tool rather than a replacement and to initiate future
thinking about design in this space. We imagine:

• An AI system that analyzes session recording to create customiz-
able reports for internal use, such as visit notes and progress re-
ports. For example, to generate progress reports, SLPs can input
baseline assessment data for each client. By analyzing the au-
dio recordings during therapy sessions, the system distinguishes
between client’s speech components, such as articulation and
fluency, and assigns scores to parameters defined by the SLP. The
system visualizes trends and compares current performance with
baseline data, continuously updating patient progress into the
system. Client data is securely stored with adherence to HIPAA
and FERPA protocols (related to 5.1.1 Administrative Work.)

• An AI system that is culturally competent and interest-driven to
make speech therapy exercises engaging and personally relevant
for clients. For example, if the SLP is using a story or a game that
involves a meal, the system substitutes culturally relevant items
based on the client’s background. Instead of mentioning pasta,
the story might feature rice or noodles, aligning with the client’s
input on cultural preferences. To make the activity more engag-
ing, the AI system collaborates with the SLP, allowing clients to
choose topics that align with their interests. Clients can select
from a list of prompts related to their hobbies, favorite books,
movies, or games. For instance, recognizing the client’s love for
Pokémon, the AI system and the SLP work together to tailor
speech exercises, incorporating Pokémon characters and scenar-
ios. Vocabulary drills could involve describing Pikachu’s actions
or narrating a short story involving the client’s favorite Pokémon
to promote engagement in exercises that may otherwise be rote
and tedious (related to 5.1.2 Session Preparation and Planning.)

• AnAI system thatmanages therapy scheduling andminimizes the
back-and-forth communication typically involved in (re)scheduling
appointments by accessing the calendars of both the SLP and the
client. It considers their availability, preferred time slots, and any
specific requirements for certain types of sessions. Automated
reminders are sent to clients prior to their scheduled sessions
to reduce the likelihood of missed appointments. Additionally,
the system prompts the SLPs with reminders, ensuring they are
well-prepared for each upcoming session. In the event that a
client or SLP needs to reschedule, the AI system provides real-
time availability updates and suggests alternative slots based on
both the SLP’s and the client’s calendars (related to 5.1.3. Care
Coordination.)

• An AI system that automatically verifies insurance information
for each client, ensuring that billing processes align with the
latest coverage details and reduces the risk of claim rejections
or time spent calling insurance agencies. For example, when an

SLP completes a session, the AI system generates billing codes
based on the documented services. During sessions, the system
facilitates quick and accurate note-taking of the services provided
and then generates a claim based on documented sessions and
cross-references this information with the patient’s insurance
policy to optimize claims for maximum reimbursement. If the
system detects possible errors or denial of insurance claims, it
guides SLPs through the resolution steps (related to 5.1.4 Billing
and Insurance Management.)

• An AI system that assists SLPs in maintaining culturally and
linguistically responsive approaches during therapy sessions. For
example, the AI system supports parental involvement in their
child’s speech therapy by translating at-home speech exercises
and therapy resources into the parent’s native language. This
includes translations of the therapy plan, progress reports, and
other educational materials. The translated materials must be
reviewed by a human familiar with the language and culture (such
as a cultural broker), to insure that the translation is accurate
and appropriate. Corrections could be provided to help the AI
system’s translations improve over time (related to 5.1.5 Ethical
Considerations.)

6 CONCLUSION
In this work, we explored challenges faced by Speech-Language
Pathologists and their perspectives on the integration of AI tech-
nologies into their practice. This helped to identify areas where
AI-based tools can offer support. Through a comprehensive and
triangulated exploration of survey data, an asynchronous remote
community study, and observations of online communities, we have
gained insights into the challenges faced by SLPs and the potential
role of AI-based tools in addressing these challenges. However, the
study’s focus on primarily US-based context may have limited the
extrapolation of results to a larger and more diverse group. Future
work could aim to address this by expanding the participant pool to
include a more global perspective, especially when conducting sur-
veys and remote ARC sessions. Our findings highlight the diverse
needs and constraints of SLPs, underscoring the importance of tai-
lored solutions to support their work. Furthermore, we identify
opportunities where AI-based tools can enhance capacity and im-
prove job satisfaction for SLPs, such as streamlining documentation,
scheduling, and care coordination tasks. Future work could build
on this by involving co-design efforts with SLPs to develop and
refine AI prototypes tailored to their specific needs. By designing,
developing, and leveraging AI technologies effectively, SLPs can
optimize their workflows and enhance care quality.
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