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ABSTRACT
Genomic projections of (mal)adaptation under future climate change, known as genomic offset, faces limited application due to 
challenges in validating model predictions. Individuals inhabiting regions with high genomic offset are expected to experience 
increased levels of physiological stress as a result of climate change, but documenting such stress can be challenging in systems 
where experimental manipulations are not possible. One increasingly common method for documenting physiological costs 
associated with stress in individuals is to measure the relative length of telomeres—the repetitive regions on the caps of chro-
mosomes that are known to shorten at faster rates in more adverse conditions. Here we combine models of genomic offsets with 
measures of telomere shortening in a migratory bird, the yellow warbler (Setophaga petechia), and find a strong correlation be-
tween genomic offset, telomere length and population decline. While further research is needed to fully understand these links, 
our results support the idea that birds in regions where climate change is happening faster are experiencing more stress and that 
such negative effects may help explain the observed population declines.

1   |   Introduction

The ability of populations to persist when threatened by cli-
mate change depends on their capacity for range shift (Tingley 
et al. 2009) or adaptation to climate in place (Beever et al. 2016; 
Nicotra et  al.  2015; Nogués- Bravo et  al.  2018). In the past, as-
sessments of vulnerability to climate change mostly focused on 
forecasting distributional changes using ecological niche model-
ling approaches (e.g., Cianfrani et al. 2018; Saunders et al. 2020; 
Thuiller, Lavorel, and Araújo 2005), but such approaches do not 
consider the capacity for organisms to adapt (Beever et al. 2016; 
Nicotra et  al.  2015; Rellstab  2021). In contrast, landscape 

genomic approaches like genomic offset use the difference be-
tween current gene–environment relationships and those mod-
elled under future climate change scenarios to identify which 
populations will have the most difficulty adapting to chang-
ing climate conditions (Bay et al. 2018; Capblancq et al. 2020; 
Ruegg et al. 2018). These approaches use associations between 
genomic variation and climate variables measured where indi-
viduals are sampled to determine the genomic variation needed 
to adapt to current climate conditions. These associations are 
then projected across future- predicted climate scenarios to de-
termine the genetic shift that would be needed by populations to 
adapt to future conditions. The amount of genetic shift needed 
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is the genomic offset measure, where regions with the highest 
genomic offset are predicted to experience the most climate- 
induced stress in the future and, in some cases, may have al-
ready experienced population decline (Bay et  al.  2018). While 
genomic offset methods are becoming increasingly popular for 
predicting climate change responses, their broadscale utility is 
often limited by the inability to validate model predictions.

One of the biggest challenges with genomic offset approaches is 
the difficulty with validating the predicted costs associated with 
maladaptation. In plant systems, past genomic offset studies have 
validated fitness effects by using phenotypic data in common 
garden or reciprocal transplant studies (e.g., Borrell et  al.  2020; 
Fitzpatrick et  al.  2021). For example, Borrell et  al. (2020) mea-
sured fitness- related phenotypic traits in a common garden and 
found a significant negative relationship between genomic offset 
and reproductive output in Betula nana. Similarly, Fitzpatrick 
et al. (2021) showed a negative association between genomic offset 
and performance in two common garden experiments. They also 
found that genomic offset was ultimately a better predictor of per-
formance than differences in climate alone. Despite their value for 
validating genomic offset predictions, common garden studies are 
infeasible for many wild non- model organisms. Thus, a method for 
validating the predicted negative effects of genomic offset in non- 
model organisms would help increase its broadscale utility.

An increasingly common method for assessing the relative in-
fluence of stress on individuals across taxa that has not yet been 
applied to test predictions from genomic offset models is telomere 
length. Telomeres are nuclear protein structures made of non- 
coding tandem repeats of base pairs at the end of linear chromo-
somes (Blackburn 1991, 2005). Telomeres shorten with each DNA 
replication cycle (Blackburn  2005) and telomere shortening can 
be accelerated due to stress experienced by the individual, also 
known as allostatic load (McEwen and Wingfield  2003). Many 
environmental factors can be labelled as stressors in that they 
cause a physiological and behavioural change that prioritises 
survival at the expense of a physiological cost (Romero  2004). 
Acute and chronic stress is associated with increased metabolic 
rate, which in turn is associated with increased mitotic and mi-
tochondrial activity (Silverin 1986; McEwen and Wingfield 2003; 
Boonstra 2004; Haase, Long, and Gillooly 2016). This increased 
mitochondrial activity is responsible for increased oxidative stress 
(Cadenas and Davies 2000), which has been labelled as one of the 
main drivers of telomere shortening (von Zglinicki  2000, 2002; 
Sozou and Kirkwood 2001; Houben et al. 2008). For example, fac-
tors such as intra and interspecies competition, pollutant exposure 
and severe weather events are a few examples of adverse envi-
ronmental factors that trigger an environmentally induced stress 
response (Casagrande and Hau  2019; Chatelain, Drobniak, and 
Szulkin 2020; Reichert and Stier 2017; Von Zglinicki 2002).

Telomere length measurements are increasingly being used as a 
biomarker for important life- history traits such as lifespan (Bichet 
et  al.  2020; Heidinger et  al.  2012), lifetime reproductive success 
(Eastwood et al. 2019) and individual quality (Angelier et al. 2019; 
Cheron et al. 2021; Rollings et al. 2017) across a variety of taxa 
from humans, to birds, to small mammals. Telomeres seem to 
be particularly sensitive to environmental variation at early life 
stages, including prior to birth/hatching (Casagrande et al. 2020; 
Haussmann et al. 2012; Noguera, da Silva, and Velando 2022) via 

maternal effects and parental life histories (Haussmann et al. 2012; 
McLennan et al. 2018). Consequently, in wild populations, envi-
ronmental conditions experienced during early life can generate 
long- lasting cohort effects on telomere length and may even have 
a larger impact on telomere length than current conditions (Debes 
et al. 2016). Thus, telomere length may represent both generational 
and contemporary effects of the stress induced by maladaptation 
to the changing climate and can serve as a method for validating 
predictions from genomic offset models.

The objective of this study is to expand the application of genomic 
offset as a tool for predicting the impacts of climate change by de-
veloping methods that can be used to test key model predictions. To 
achieve this, we will investigate the relationship between genomic 
offset, telomere length and population decline in the yellow war-
bler (Setophaga petechia). The yellow warbler is a migratory song-
bird that breeds in various habitats throughout North America and 
is an excellent system for this study because earlier work by Bay 
et al. (2018) identified patterns of genomic offset across the species 
range. The researchers then used the correlation between genomic 
offset and past population declines (1970s to present) to suggest 
that climate change is negatively affecting populations. However, 
as noted by Fitzpatrick, Keller, and Lotterhos (2018), a key assump-
tion of this work is that past population declines resulted from past 
climate change- induced stress. The authors, however, failed to 
provide a metric for documenting such stress and did not establish 
the necessary correlation between past and future climate change.

In this study, we aim to test the hypothesis that genomic offset 
can help identify regions where climate change is negatively im-
pacting wild populations using telomere length as a biomarker 
for the impacts of climate induced stress. To test this hypothesis, 
we measure telomere length and approximate past population 
trends in yellow warbler populations across regions of high and 
low genomic offset. If telomere length, genomic offset and pop-
ulation declines are strongly correlated even after accounting 
for other important variables that can influence telomere short-
ening (such as age, sex, body size and population- level effects), 
then we can conclude that genomic offset results in increases in 
adverse conditions. Additionally, we will investigate the specific 
climate factors contributing to shorter telomeres and population 
declines in the yellow warbler system and test the relationship 
between past and future climate change. We focus on precipita-
tion because previous research indicates that precipitation was 
highly weighted in genomic offset predictions (Bay et al. 2018). 
If precipitation is a main driver climate- induced stress, both 
population trends and telomere length should also be correlated 
with past precipitation. Overall, this study will help test assump-
tions at the core of many genomic offset predictions, thereby in-
creasing their utility for predicting climate change impacts in 
wild populations.

2   |   Methods

2.1   |   Study Design and Sampling

We used genotypes derived from restriction- site associated DNA 
sequencing (RAD- Seq) data from Bay et  al.  (2018) on 229 in-
dividuals from 21 locations across the yellow warbler breeding 
range. To estimate genomic offset, we then ran gradient forest 
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(Fitzpatrick et  al.  2021), a machine- learning regression tree- 
based approach implemented in the R package gradientforest 
(Ellis, Smith, and Pitcher  2012) on a subset of 1,694 unlinked 
candidate single- nucleotide polymorphisms (SNPs) that were 
significantly associated with climatic variables based on LFMM 
analysis from Bay et al. (2018). We built a gradient forest model 
with average monthly precipitation, temperature maximum, 
temperature minimum, latitude and longitude values for the 
months of May through July (breeding months for the yellow 
warbler) as environmental response variables and the candi-
date SNPs as predictors. Precipitation data was obtained from 
the CRU- TS 4.06 dataset (Harris et al. 2020) downscaled with 
WorldClim 2.1 (Fick and Hijmans 2017). We then used the pre-
dict function within gradient forest to weight the environmen-
tal response variables for both current (2021–2040) and future 
(2041–2060) predicted climates at 10,000 random locations 
across the yellow warbler breeding range. We then interpolated 
across the entire breeding range to form a continuous map of 
genomic offset (Figure 1).

We selected sample sites for telomere measurements by using 
the continuous map of genomic offset and choosing areas across 
a gradient of genomic offset in addition to precipitation and el-
evation. Estimates of genomic offset were then calculated for 
each specific sample site. We collected blood samples for telo-
mere measurements from each sample location spanning the 
breeding range of the yellow warbler once over the course of 
2020 and 2021 breeding seasons. Birds were captured via mist- 
nets, and once in hand, individuals were banded, morphologi-
cal measurements were taken, and age and sex were recorded. 
Age was determined using plumage characteristics outlined 
in Pyle (1997). Due to rapid telomere shortening and variation 
in telomere length during early life, hatch year birds were not 
included in the study. Between 10 and 30 µL of blood was col-
lected using brachial venipuncture and stored in Queen's lysis 
buffer on ice until reaching the lab where they were stored in 
−20°C until extraction, which occurred within 6 months of col-
lection (Criscuolo et al. 2009). Birds that could not be sexed in 

the field were sexed using polymerase chain reaction (PCR) with 
the primer set CHD1F and CHD1R (Çakmak, Akın Pekşen, and 
Bilgin 2017). Our sampling resulted in blood samples from 416 
yellow warblers spanning 39 sample sites across the breeding 
range of the species (Figure 1).

2.2   |   Telomere Measurement

DNA was extracted from blood using DNeasy Blood and Tissue 
kit (Qiagen, Valencia, California) following the manufacturer's 
protocol. Telomere analysis was conducted within three months 
following DNA extraction. We used a NanoDrop 8000 spectro-
photometer (Thermo Scientific) to measure DNA concentra-
tion and quality on the same day as the telomere analysis took 
place. The average ratio of absorbance at 260 nm over 280 nm 
was used to check for protein contamination and the average 
ratio of absorbance at 260 nm over 230 nm was used to check 
for salt contamination. If either ratio of absorbance was < 1.8, 
the extract was excluded from further analysis (Morinha et al. 
2020). DNA integrity was visually assessed on an agarose gel as 
recommended by Seeker et al. (2016). Following the protocol of 
Criscuolo et al. (2009), we quantified telomere length by quan-
titative real- time PCR (qPCR). Telomere length is calculated as 
the ratio (T/S) of telomere repeat copy number (T) to a control 
single gene copy number (S), which is standardised to a refer-
ence sample and expressed as relative telomere length.

We used the glyceraldehyde- 3- phosphate dehydrogenase 
(GAPDH) as the single control gene. The primers we used to 
amplify the telomere region were as follows: Tel1b (5′- CGGTT
TGTTTGGGTTTGGGTTTGGGTTTGGGTTTGGGTT- 3′) and 
Tel2b (5′- GGCTTGCCTTACCCTTACCCTTACCCTTACCCTT
ACCCT- 3′), and for the amplification of the GAPDH we used 
specific GADPH- F (5′- GGTAGATGGGAGTTCAGTTGTG- 3′) 
and GAPDH- R (5′- AGAAACAAAGCACTGTCAGGG- 3′). We 
used a multiplexed qPCR using 3 µL of sample DNA at 3 ng/
µL, Tel1b/Tel2b primers at a concentration of 900 nM, and 

FIGURE 1    |    Map of the yellow warbler breeding distribution showing estimates of genomic offset based on 2050 SSP 885 projections, where cool 
colours indicate low genomic offset and warm colours indicate high genomic offset. Black dots are yellow warbler sampling locations.
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GAPDH- F/GAPDH- R primers at a concentration of 400 nM in 
a final volume of 25 µL containing 10 µL of GoTaq qPCR Master 
Mix (Promega, Madison, Wisconsin, USA). qPCR was ran on 
a CFX96 touch real- time PCR detection system machine (Bio- 
Rad) and the conditions under which we ran the telomere qPCR 
were 10 min at 95°C followed by 30 cycles of 15 s at 95°C, 30 s at 
54.5°C and 30 s at 72°C. For the GAPDH amplification, we used 
10 min at 95°C followed by 40 cycles of 15 s at 95°C, 30 s at 60.5°C 
and 30 s at 72°C. DNA samples were run in triplicate and a ref-
erence sample was run on every plate to compare measurements 
between plates. qPCR plates included serial dilutions (0.2, 0.4, 2, 
10, 30 and 50 ng) of DNA from the same reference bird to create a 
reference curve to control for amplifying efficiency of the qPCR. 
All plates had standard curves within acceptable ranges. We 
used a Yellow Warbler sample from our study site (not included 
in our study) as the reference sample. Overall, we included 416 
samples across 22 qPCR plates. Samples were randomly distrib-
uted across plates, though sample triplicates were all run on the 
same plate. Coefficient of determination was > 0.99 and efficien-
cies within 100 ± 10% (Telomere standard curve: mean = 1.99, 
standard deviation = 0.02; GAPDH standard curve: mean = 1.99, 
standard deviation = 0.02). Within sample triplicates, if the co-
efficient of variation was > 0.14 for a sample, one triplicate was 
dropped. Samples were excluded if the remaining sample dupli-
cate coefficient of variation was still > 0.14 (Nettle et al. 2019). 
Average repeatability (standard deviation) of T/S values was 
0.067 across all samples and was 0.045 for reference samples 
across plates. Interplate repeatability based on samples mea-
sured across plates was 1.02 (95% CI [1.0026, 1.0334]).

Following the methods used in Kärkkäinen et al. (2022), we val-
idated the use of our qPCR approach at the between- population 
level by evaluating whether populations varied in control single 
gene Cq, in addition to qPCR efficiencies for both control sin-
gle gene and telomere assays (Table  S1). Control gene Cq val-
ues differed across populations (F38,337 = 8.137, p < 0.001), as 
did both control gene and telomere assay efficiencies (Control 
gene: F38,377 = 9.95, p < 0.001; Telomere: F38,377 = 7.527, p < 0.001). 
Thus, we added qPCR plate as a random effect in all downstream 
telomere analyses. In addition, relative telomere length (T/S) 
was calculated based on plate- specific efficiencies (Table  S2) 
using the mathematical model presented in Pfaffl (2001).

2.3   |   Statistical Analysis

Statistical analyses were carried out using R 4.1.2 (R Core 
Team, 2021). The findings in the Bay et al.'s (2018) study imply 
a connection between genomic offset and the decline in yellow 
warbler populations. To validate this assertion, it is crucial to 
investigate the correlation between past and future climate 
changes. To test this assumption, we analyse the correlation be-
tween historic and future changes in climate for the top three 
uncorrelated climate variables found to be associated with yel-
low warbler genomic variation according to Bay et  al.  (2018). 
These climate variables were bio18 (mean monthly precipitation 
amount of the warmest quarter), bio15 (precipitation seasonal-
ity) and bio13 (precipitation amount of the wettest month).

The distribution of relative telomere length was right- skewed, 
so log relative telomere length was used in subsequent analyses. 

Log relative telomere length was then standardised with z- 
transformation using the scale()- function in R to facilitate com-
parison to future studies (Verhulst  2020). We first tested for 
variation in telomere length across sample populations by fit-
ting a linear mixed model with telomere length as the depen-
dent variable, sample population as the independent variable 
and qPCR plate as a random effect. We then examined whether 
potential population differences in telomere length could be 
explained by genomic offset, by using an information- theoretic 
framework in R. We used estimates of genomic offset calculated 
for each sample location. For this analysis, we constructed a 
global model consisting of variables that could be influencing 
telomere length within and across populations of yellow war-
blers on their breeding range. These predictor variables included 
genomic offset, age class, sex, elevation, latitude, tarsus length 
and date. Our candidate model set consisted of linear mixed ef-
fects models (lmer in lme4; Bates et al. 2015) where we included 
study site and qPCR plate as random effects in each model.

As all our predictor variables have potential for additive ef-
fects, all combinations of the predictor variables included in the 
global model were compared and ranked based on AICc using 
the package MUMIN (Bartoń  2009). Two- way interactions 
were only included in the global model if such relationships 
were considered plausible a priori. A null model was included 
in the candidate model set. Akaike weights were used to assess 
the support for each model. All continuous predictors were cen-
tered and scaled but were back- transformed for plotting. Prior to 
model comparison, to determine independence of predictor vari-
ables, correlations between all predictor variables were checked 
and variance inflation factors (VIF) of the global model were 
checked to assess multicollinearity: all VIFs were less than 3 
(Fox and Weisberg 2011). Model residuals of the global models 
were assessed to confirm compliance with model assumptions. 
The top model was estimated using maximum likelihood and 
the Kenward–Roger method was used to calculate degrees of 
freedom of fixed factors and to assess parameter estimates and 
their standard errors.

To test the assumption that historical changes in precipitation 
are associated with population trends and telomere lengths we 
again used an information–theoretic framework. We constructed 
a global model consisting of variables that could be influencing 
yellow warbler abundance trends and telomere lengths across 
populations on their breeding range. These variables included 
the top three uncorrelated BIOCLIM variables found to be im-
portant to yellow warbler local adaptation in Bay et al. (2018). 
BIOCLIM measures are a collection of monthly climate vari-
ables made to capture environmentally important climate vari-
ation (Fick and Hijmans  2017). The predictor variables were 
historic changes of precipitation amount of the wettest month 
(bio13), precipitation seasonality (bio15) and mean monthly pre-
cipitation amount of the warmest quarter (bio18), in addition to 
elevation and latitude variables. In analysing telomere length, 
our candidate model set consisted of linear mixed effects mod-
els (lmer in lme4; Bates et al. 2015) where we included sample 
site as a random effect in each model. In analysing abundance 
trends, our candidate model set consisted of linear models. Each 
candidate model set included a null model. Global model con-
struction and model selection were conducted using the same 
methods described earlier. Yellow warbler abundance trend 
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values for each sample location were extracted from Breeding 
Bird Survey data (Ziolkowski et al. 2023).

Finally, we test the association between telomere length and 
abundance trends across yellow warbler populations to find 
if populations in decline also have shorter average telomere 
length. To do this, we analysed the correlation between abun-
dance trends and average telomere length across sample sites.

3   |   Results

Because genomic offset is based on future climate, and Bay 
et al. (2018) used future climate in their model, but current stress 
and past population decline are a result of past climate, we tested 
the assumption that past and future climates are correlated. To 
test this assumption, we compared changes in each of the top 
climate variables in Bay et al. (2018) and found significant cor-
relations among two of the three primary bioclimatic variables 
(bio13, R2 0.76; bio15, R2 0.76) as well as a positive trend in the 
third bioclimatic variable (bio18, R2 0.08; Figure 2).

3.1   |   Telomere Length, Genomic Offset 
and Population Trends

We found significant variation in telomere length across sam-
pled populations of breeding yellow warblers (F38,331 = 0.996, 
p < 0.001, Figure S1). We then found that significant population 
differences in telomere length could be explained by genomic 
offset. Using an information theoretic approach, we found that 
the top ranked model, which also carried a majority of the model 
weight, included interactive effects of genomic offset and el-
evation along with an additive effect of tarsus length (Akaike; 
wi = 0.46; Table  S3). Conducting a standard linear regression 
on telomere length versus genomic offset revealed evidence of 

a significant decline in telomere length with increasing genomic 
offset estimates (p ≤ 0.018, Figure  3). The interaction between 
genomic offset and elevation (p = 0.002) provides evidence that 
in high elevation areas with high genomic offset, telomere 
length is shorter than in low elevation areas (Figure  S2). The 
additive effect of tarsus length is likely related to body size dif-
ferences, supporting the idea that larger birds with longer tarsi 
have shorter telomeres relative to smaller birds with shorter tarsi 
(Figure S3). Despite the influence of body size and elevation on 
telomere length, results support the idea that genomic offset is 
significantly linked to telomere length. Overall, while factors 
such as population, elevation and body size influence telomere 
length, there remains a strong correlation between telomere 
length and genomic offset in the direction predicted, indicating 
that birds in locations with high genomic offset may be experi-
encing more climate- induced stress.

3.2   |   Association Between Precipitation, 
Population Trends and Telomere Length

To test the assumption that changes in climate are associated 
with abundance trends we conducted AIC model selection. The 
top ranked model was an interactive model between bio15 (pre-
cipitation seasonality) and latitude (Akaike; wi = 0.33; Table S4), 
suggesting a significant decline in abundance trends with in-
creasing precipitation seasonality (between the years 1960–
2021) and latitude (R2 = 0.38, p- value = 0.044; Figure 4a). We also 
performed AIC model selection to find the most important cli-
mate variables associated with telomere length and found that, 
similar to the analysis on abundance, the top- ranking model 
was an interactive model between bio15 (precipitation season-
ality) and latitude (Akaike; wi = 0.14; Table  S5), suggesting a 
significant decline in telomere length with increasing precipi-
tation seasonality (years 1960–2021) and latitude (R2 = 0.41, p- 
value = 0.03; Figure 4b). Finally, we test the association between 

FIGURE 2    |    Correlation between historic and future changes in climate at 39 yellow warbler sample sites for bioclimatic variables associated with 
yellow warbler genomic variation of the breeding grounds. Historical climate change were calculated by subtracting historic bioclimatic variables 
(1970–2000) from those bioclimatic variables calculated for 2021–2040. Similarly, future changes were calculated by subtracting bioclimatic vari-
ables from 2021 to 2040 from future bioclimatic variables (2041–2060). We show that (A) changes in historical precipitation amounts of the wettest 
month are associated with future projected changes (R2 = 0.76, p- values ≤ 0.001), (B) changes in historical precipitation seasonality are associated 
with future projected changes (R2 = 0.76, p- value ≤ 0.001), and (C) changes in precipitation of the warmest quarter have an insignificant but positive 
trending association with future projected changes (R2 = 0.08, p- value = 0.078).
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telomere length and abundance trends across yellow warbler 
populations and find a significant positive correlation, with 
abundance trends increasing with increasing telomere length 
(p = 0.005; Figure S4).

4   |   Discussion

The integration of adaptation into models of vulnerability to cli-
mate change, known as genomic offset (e.g., Hoffmann, Weeks, 
and Sgrò 2021; Layton et al. 2021; Ruegg et al. 2018), faces lim-
itations in its widespread application due to challenges associ-
ated with validating model predictions. Specifically, organisms 
inhabiting regions predicted to experience high genomic offset 
are also projected to encounter increased climate- induced stress 
and decreased fitness due to climate change, but estimating such 
responses is challenging in most systems. Our findings suggest 
that the yellow warblers in regions predicted to undergo signif-
icant climate change are situated in areas that have historically 
encountered substantial climate change. Furthermore, birds in 

these regions have experienced the most significant declines in 
abundance and have the shortest telomeres, which may be a sign 
of increased stress. Overall, this work provides a framework for 
validating assumptions at the core of genomic offset models in 
cases where reciprocal transplants are not possible. The work 
supports the idea that while genomic offset models predict how 
organisms will fare under future climate change, they can also 
be used to identify regions where populations may already be 
experiencing climate change- induced stress in cases where past 
and future climate changes are correlated.

Previous studies that have used telomere shortening to assess the 
impacts of climate change often concentrated on single popula-
tions or lacked essential information about environmental vari-
ables crucial for local adaptation. Our approach is an advance 
because it deliberately considers specific variables recognised 
as important for climate adaptation. For instance, studies by 
Zhang et al. (2023) and Eastwood et al. (2022) identified asso-
ciations between temperature and telomere length within spe-
cific populations, but did not establish whether temperature 

FIGURE 3    |    Yellow warblers (n = 416) sampled in areas with high genomic vulnerability had lower standardised relative telomere length com-
pared to those in areas of low genomic vulnerability (R2 = 0.35).

FIGURE 4    |    Yellow warbler abundance trends and telomere lengths in response to historical climate change using bioclimatic variables associ-
ated with genomic variation on the breeding grounds. (A) a significant negative association between abundance trends and historical changes in 
precipitation seasonality across 39 sample sites (R2 = 0.38, p- value = 0.044). (B) a significant negative association between historic changes in precip-
itation seasonality and telomere length in 451 yellow warbler samples across 39 sample sites (R2 = 0.41, p- value = 0.03).
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is a significant factor in local adaptation, nor did they investi-
gate how local adaptation across the landscape is predicted to 
change in the future. In contrast, our method links telomere 
length to precipitation which we know from our analyses is the 
environmental variable that is most strongly associated with 
genomic variation across space in yellow warbler. As such, we 
have a strong reason to expect that variation in precipitation 
across the landscape helps shape patterns of local adaptation in 
the yellow warbler and, correspondingly, changes in precipita-
tion over the last 30 years may result in stress if populations are 
unable to evolve fast enough to keep pace with such changes. 
Further, unlike past research, we show that telomere length is 
not only associated with changes in precipitation—the envi-
ronmental variable most likely important to local adaptation in 
yellow warblers—but also with past population declines. While 
further work is needed, the result that populations which have 
been declining also have shorter telomeres supports the idea 
that climate- induced stress may have long- term fitness effects 
in the yellow warbler. Overall, we demonstrate that measur-
ing telomere length alongside genomic offset provides a robust 
framework for evaluating the impacts of climate change across 
diverse populations.

In birds, changes in precipitation have frequently been linked 
to population declines (e.g., Cruz- McDonnell and Wolf  2016; 
Iknayan and Beissinger  2018; Senapathi et  al.  2011), but rea-
sons for these association remain unclear. Precipitation plays a 
vital role in determining the availability of food resources for 
birds (e.g., Ferger et al. 2014; Wagner 2020; Zhu et al. 2014) and 
when precipitation patterns deviate from optimal conditions, 
populations may experience reduced reproductive success and 
subsequent population declines (Anctil, Franke, and Bêty 2014; 
Coe et al. 2015; Conrey et al. 2016). Building upon findings in 
other bird species of the relationship between precipitation, re-
source availability and fitness, one hypothesis to explain our re-
sults is that climate change induced increases in aridity across 
the yellow warbler breeding grounds have led to shifts in the 
insect and plant communities upon which yellow warblers de-
pend for survival. While further work is necessary, such shifts 
in food availability may be placing increased selective pressure 
on bill morphology which previous work suggests is correlated 
with precipitation across the breeding range in this species 
(Bay et  al.  2021). To further investigate these linkages, future 
research will focus on identifying recent changes in the food re-
sources crucial for yellow warblers during the breeding season 
and determining whether such changes may be placing selective 
pressure on bill size.

In addition to illustrating a negative association between telo-
mere length and genomic offset, our results provide evidence 
for an effect of elevation, where high elevation populations in 
high genomic offset regions have the shortest telomeres. While 
the negative relationship between telomere length and elevation 
has been found in prior research (Stier et al. 2016), the interac-
tion between genomic offset and elevation could be explained 
by mountainous areas being considered as climate ‘hotspots’, 
where effects of climate change can be amplified or acceler-
ated (Pepin et al. 2022). Therefore, yellow warbler populations 
that are unable to adapt to climate change may be facing even 
higher fitness consequences at high elevation where changes in 
climate are occurring more rapidly. Further, we demonstrate 

that genomic offset may be used to identify current regions of 
climate- induced stress, in cases where past and future climate 
change are correlated, as is the case with the yellow warbler. 
In addition to validating the genomic offset concept, these re-
sults support the use of genomic offset as an important tool for 
understanding impacts of climate change on current and future 
populations and informing conservation efforts.

Climate change has been observed to impact the fitness of var-
ious wild species (e.g., Benito Garzón et  al.  2018; Huang and 
Pike 2011; Lane et al. 2012), but identifying specific ecological 
drivers of fitness loss can be challenging. Overall, our work 
supports the idea that combining telomere length measure-
ments with data on past population trends and changes in en-
vironmental variables important to local adaptation provides a 
framework for assessing the impacts of climate change on wild 
populations. Future work will aim to clarify the relationships 
between genotype, phenotype and natural selection by iden-
tifying the genes underlying bill morphology and assessing 
whether genetic variation within these genes has shifted due to 
recent climate change.

Author Contributions
M.D.R. and K.C.R. conceived of the idea. M.D.R. collected the data. 
M.D.R. did the laboratory work. M.D.R. and R.A.B. conducted the anal-
ysis with guidance from K.C.R. M.D.R. wrote the paper and K.C.R. and 
R.A.B. reviewed the manuscript.

Acknowledgements
The authors thank many people who assisted in sample collection, 
especially Tim Kita, Rich and Brenda Keith, Clifford Berek, Andrea 
Patterson, John Loegering, Chuck Hathcock, Heidi Carlisle, Robert 
Thobaben, Lauren diBiccari, Meredith McBurney, Shannon Mendia, 
Simon Duval and the many volunteers from the Institute for Bird 
Populations, MAPS and Bird Conservancy of the Rockies for pro-
viding or assisting with the collection of samples. The authors also 
thank Christine Rayne for her assistance with the sexing of individual 
birds using PCR. This work was made possible by an NSF Graduate 
Research Fellowship (006784) to M. R., an NSF CAREER grant 
(1942313) to K.R. and a National Geographic Grant (62591- 443863) 
to K.R.

Conflicts of Interest
The authors declare no conflicts of interest.

Data Availability Statement
The data that support the findings of this study are openly available via 
Dryad at https:// datad ryad. org/ stash/  share/  koV-  2biWS CDV5U jFjK7 
xdO9Z 6HS16 uw6QZ f3gCh R22c.

References

Anctil, A., A. Franke, and J. Bêty. 2014. “Heavy Rainfall Increases 
Nestling Mortality of an Arctic Top Predator: Experimental Evidence 
and Long- Term Trend in Peregrine Falcons.” Oecologia 174: 1033–1043.

Angelier, F., H. Weimerskirch, C. Barbraud, and O. Chastel. 2019. “Is 
Telomere Length a Molecular Marker of Individual Quality? Insights 
From a Long- Lived Bird.” Functional Ecology 33: 1076–1087.

Bartoń, K. 2009. “MuMIn: Multi- Model Inference (R Package Version 
0.12.2).”

 1365294x, 0, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1111/m

ec.17642, W
iley O

nline Library on [27/06/2025]. See the Term
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline Library for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons License

https://datadryad.org/stash/share/koV-2biWSCDV5UjFjK7xdO9Z6HS16uw6QZf3gChR22c
https://datadryad.org/stash/share/koV-2biWSCDV5UjFjK7xdO9Z6HS16uw6QZf3gChR22c


8 of 9 Molecular Ecology, 2025

Bates, D., M. Mächler, B. Bolker, and S. Walker. 2015. “Fitting Linear 
Mixed- Effects Models Using lme4.” Journal of Statistical Software 67: 
1–48.

Bay, R. A., R. J. Harrigan, V. L. Underwood, H. L. Gibbs, T. B. Smith, 
and K. Ruegg. 2018. “Genomic Signals of Selection Predict Climate- 
Driven Population Declines in a Migratory Bird.” Science 359: 83–86.

Bay, R. A., D. S. Karp, J. F. Saracco, et  al. 2021. “Genetic Variation 
Reveals Individual- Level Climate Tracking Across the Annual Cycle of 
a Migratory Bird.” Ecology Letters 24: 819–828.

Beever, E. A., J. O'leary, C. Mengelt, et al. 2016. “Improving Conservation 
Outcomes With a New Paradigm for Understanding Species' Fundamental 
and Realized Adaptive Capacity.” Conservation Letters 9: 131–137.

Benito Garzón, M., N. González Muñoz, J. P. Wigneron, C. Moisy, J. 
Fernández- Manjarrés, and S. Delzon. 2018. “The Legacy of Water 
Deficit on Populations Having Experienced Negative Hydraulic Safety 
Margin.” Global Ecology and Biogeography 27: 346–356.

Bichet, C., S. Bouwhuis, C. Bauch, S. Verhulst, P. H. Becker, and O. 
Vedder. 2020. “Telomere Length Is Repeatable, Shortens With Age and 
Reproductive Success, and Predicts Remaining Lifespan in a Long- 
Lived Seabird.” Molecular Ecology 29: 429–441.

Blackburn, E. H. 1991. “Structure and Function of Telomeres.” Nature 
350: 569–573.

Blackburn, E. H. 2005. “Telomeres and Telomerase: Their Mechanisms 
of Action and the Effects of Altering Their Functions.” FEBS Letters 
579: 859–862.

Boonstra, R. 2004. “Coping With Changing Northern Environments: 
The Role of the Stress Axis in Birds and Mammals.” Integrative and 
Comparative Biology 44: 95–108.

Borrell, J. S., J. Zohren, R. A. Nichols, and R. J. Buggs. 2020. “Genomic 
Assessment of Local Adaptation in Dwarf Birch to Inform Assisted 
Gene Flow.” Evolutionary Applications 13: 161–175.

Cadenas, E., and K. J. Davies. 2000. “Mitochondrial Free Radical 
Generation, Oxidative Stress, and Aging.” Free Radical Biology & 
Medicine 29: 222–230.

Çakmak, E., Ç. Akın Pekşen, and C. C. Bilgin. 2017. “Comparison of 
Three Different Primer Sets for Sexing Birds.” Journal of Veterinary 
Diagnostic Investigation 29: 59–63.

Capblancq, T., M. C. Fitzpatrick, R. A. Bay, M. Exposito- Alonso, and 
S. R. Keller. 2020. “Genomic Prediction of (Mal) Adaptation Across 
Current and Future Climatic Landscapes.” Annual Review of Ecology, 
Evolution, and Systematics 51: 245–269.

Casagrande, S., and M. Hau. 2019. “Telomere Attrition: Metabolic 
Regulation and Signalling Function?” Biology Letters 15: 20180885.

Casagrande, S., A. Stier, P. Monaghan, et  al. 2020. “Increased 
Glucocorticoid Concentrations in Early Life Cause Mitochondrial 
Inefficiency and Short Telomeres.” Journal of Experimental Biology 223: 
jeb222513.

Chatelain, M., S. M. Drobniak, and M. Szulkin. 2020. “The Association 
Between Stressors and Telomeres in Non- Human Vertebrates: A Meta- 
Analysis.” Ecology Letters 23: 381–398.

Cheron, M., F. Angelier, C. Ribout, and F. Brischoux. 2021. “Clutch 
Quality Is Related to Embryonic Development Duration, Hatchling 
Body Size and Telomere Length in the Spined Toad (Bufo spinosus).” 
Biological Journal of the Linnean Society 133: 135–142.

Cianfrani, C., O. Broennimann, A. Loy, and A. Guisan. 2018. “More 
Than Range Exposure: Global Otter Vulnerability to Climate Change.” 
Biological Conservation 221: 103–113.

Coe, B. H., M. L. Beck, S. Y. Chin, C. M. Jachowski, and W. A. Hopkins. 
2015. “Local Variation in Weather Conditions Influences Incubation 
Behavior and Temperature in a Passerine Bird.” Journal of Avian 
Biology 46: 385–394.

Conrey, R. Y., S. K. Skagen, A. A. Yackel Adams, and A. O. Panjabi. 2016. 
“Extremes of Heat, Drought and Precipitation Depress Reproductive 
Performance in Shortgrass Prairie Passerines.” Ibis 158: 614–629.

Criscuolo, F., P. Bize, L. Nasir, et al. 2009. “Real- Time Quantitative PCR 
Assay for Measurement of Avian Telomeres.” Journal of Avian Biology 
40: 342–347.

Cruz- McDonnell, K. K., and B. O. Wolf. 2016. “Rapid Warming and 
Drought Negatively Impact Population Size and Reproductive Dynamics 
of an Avian Predator in the Arid Southwest.” Global Change Biology 22: 
237–253.

Debes, P. V., M. Visse, B. Panda, P. Ilmonen, and A. Vasemägi. 2016. “Is 
Telomere Length a Molecular Marker of Past Thermal Stress in Wild 
Fish?” Molecular Ecology 25: 5412–5424.

Eastwood, J. R., T. Connallon, K. Delhey, et  al. 2022. “Hot and Dry 
Conditions Predict Shorter Nestling Telomeres in an Endangered 
Songbird: Implications for Population Persistence.” Proceedings. 
National Academy of Sciences. United States of America 119: 
e2122944119.

Eastwood, J. R., M. L. Hall, N. Teunissen, et  al. 2019. “Early- Life 
Telomere Length Predicts Lifespan and Lifetime Reproductive Success 
in a Wild Bird.” Molecular Ecology 28: 1127–1137.

Ellis, N., S. J. Smith, and C. R. Pitcher. 2012. “Gradient Forests: 
Calculating Importance Gradients on Physical Predictors.” Ecology 93: 
156–168.

Ferger, S. W., M. Schleuning, A. Hemp, K. M. Howell, and K. Böhning- 
Gaese. 2014. “Food Resources and Vegetation Structure Mediate 
Climatic Effects on Species Richness of Birds.” Global Ecology and 
Biogeography 23: 541–549.

Fick, S. E., and R. J. Hijmans. 2017. “WorldClim 2: New 1km Spatial 
Resolution Climate Surfaces for Global Land Areas.” International 
Journal of Climatology 37: 4302–4315.

Fitzpatrick, M. C., V. E. Chhatre, R. Y. Soolanayakanahally, and S. R. 
Keller. 2021. “Experimental Support for Genomic Prediction of Climate 
Maladaptation Using the Machine Learning Approach Gradient 
Forests.” Molecular Ecology Resources 21: 2749–2765.

Fitzpatrick, M. C., S. R. Keller, and K. E. Lotterhos. 2018. “Comment 
on “Genomic Signals of Selection Predict Climate- Driven Population 
Declines in a Migratory Bird”.” Science 361: eaat7279.

Fox, J., and S. Weisberg. 2011. An R Companion to Applied Regression. 
Thousand Oaks, CA: Sage Publications.

Haase, C. G., A. K. Long, and J. F. Gillooly. 2016. “Energetics of Stress: 
Linking Plasma Cortisol Levels to Metabolic Rate in Mammals.” Biology 
Letters 12: 20150867.

Harris, I., T. J. Osborn, P. D. Jones, and D. H. Lister. 2020. “Data From: 
Version 4 of the CRUTS Monthly High- Resolution Gridded Multivariate 
Climate Dataset.” Scientific Data 7: 109. https:// cruda ta. uea. ac. uk/ cru/ 
data/ hrg/ .

Haussmann, M. F., A. S. Longenecker, N. M. Marchetto, S. A. Juliano, 
and R. M. Bowden. 2012. “Embryonic Exposure to Corticosterone 
Modifies the Juvenile Stress Response, Oxidative Stress and Telomere 
Length.” Proceedings of the Royal Society B: Biological Sciences 279: 
1447–1456.

Heidinger, B. J., J. D. Blount, W. Boner, K. Griffiths, N. B. Metcalfe, and 
P. Monaghan. 2012. “Telomere Length in Early Life Predicts Lifespan.” 
Proceedings of the National Academy of Sciences 109: 1743–1748.

Hoffmann, A. A., A. R. Weeks, and C. M. Sgrò. 2021. “Opportunities 
and Challenges in Assessing Climate Change Vulnerability Through 
Genomics.” Cell 184: 1420–1425.

Houben, J. M., H. J. Moonen, F. J. van Schooten, and G. J. Hageman. 
2008. “Telomere Length Assessment: Biomarker of Chronic Oxidative 
Stress?” Free Radical Biology and Medicine 44: 235–246.

 1365294x, 0, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1111/m

ec.17642, W
iley O

nline Library on [27/06/2025]. See the Term
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline Library for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons License

https://crudata.uea.ac.uk/cru/data/hrg/
https://crudata.uea.ac.uk/cru/data/hrg/


9 of 9

Huang, W. S., and D. A. Pike. 2011. “Climate Change Impacts on 
Fitness Depend on Nesting Habitat in Lizards.” Functional Ecology 25: 
1125–1136.

Iknayan, K. J., and S. R. Beissinger. 2018. “Collapse of a Desert Bird 
Community Over the Past Century Driven by Climate Change.” 
Proceedings of the National Academy of Sciences 115: 8597–8602.

Kärkkäinen, T., T. Laaksonen, M. Burgess, et  al. 2022. “Population 
Differences in the Length and Early- Life Dynamics of Telomeres 
Among European Pied Flycatchers.” Molecular Ecology 31: 5966–5978.

Lane, J. E., L. E. Kruuk, A. Charmantier, J. O. Murie, and F. S. Dobson. 
2012. “Delayed Phenology and Reduced Fitness Associated With 
Climate Change in a Wild Hibernator.” Nature 489: 554–557.

Layton, K. K. S., P. V. R. Snelgrove, J. B. Dempson, et al. 2021. “Genomic 
Evidence of Past and Future Climate- Linked Loss in a Migratory Arctic 
Fish.” Nature Climate Change 11: 158–165.

McEwen, B. S., and J. C. Wingfield. 2003. “The Concept of Allostasis in 
Biology and Biomedicine.” Hormones and Behavior 43: 2–15.

McLennan, D., J. D. Armstrong, D. C. Stewart, et  al. 2018. “Links 
Between Parental Life Histories of Wild Salmon and the Telomere 
Lengths of Their Offspring.” Molecular Ecology 27: 804–814.

Morinha, F., P. Magalhães, and G. Blanco. 2020. “Standard Guidelines 
for the Publication of Telomere qPCR Results in Evolutionary Ecology.” 
Molecular Ecology Resources 20, no. 3: 635–648.

Nettle, D., L. Seeker, D. Nussey, H. Froy, and M. Bateson. 2019. 
“Consequences of Measurement Error in qPCR Telomere Data: A 
Simulation Study.” PLoS One 14: e0216118.

Nicotra, A. B., E. A. Beever, A. L. Robertson, G. E. Hofmann, and J. 
O'Leary. 2015. “Assessing the Components of Adaptive Capacity to 
Improve Conservation and Management Efforts Under Global Change.” 
Conservation Biology 29: 1268–1278.

Noguera, J. C., A. da Silva, and A. Velando. 2022. “Egg Corticosterone 
Can Stimulate Telomerase Activity and Promote Longer Telomeres 
During Embryo Development.” Molecular Ecology 31: 6252–6260.

Nogués- Bravo, D., F. Rodríguez- Sánchez, L. Orsini, et  al. 2018. 
“Cracking the Code of Biodiversity Responses to Past Climate Change.” 
Trends in Ecology & Evolution 33: 765–776.

Pepin, N. C., E. Arnone, A. Gobiet, et al. 2022. “Climate Changes and 
Their Elevational Patterns in the Mountains of the World.” Reviews of 
Geophysics 60: e2020RG000730.

Pfaffl, M. W. 2001. “A New Mathematical Model for Relative 
Quantification in Real- Time RT–PCR.” Nucleic Acids Research 29: e45.

Pyle, P. 1997. “Molt Limits in North American Passerines.” North 
American Bird Bander 22: 1.

R Core Team. 2021. “The R Project for Statistical Computing With R 
Version 3.5.3.” https:// www.R- proje ct. org.

Reichert, S., and A. Stier. 2017. “Does Oxidative Stress Shorten Telomeres 
In Vivo? A Review.” Biology Letters 13: 20170463.

Rellstab, C. 2021. “Genomics Helps to Predict Maladaptation to Climate 
Change.” Nature Climate Change 11: 85–86.

Rollings, N., E. J. Uhrig, R. W. Krohmer, et al. 2017. “Age- Related Sex 
Differences in Body Condition and Telomere Dynamics of Red- Sided 
Garter Snakes.” Proceedings of the Royal Society B: Biological Sciences 
284: 20162146.

Romero, L. M. 2004. “Physiological Stress in Ecology: Lessons From 
Biomedical Research.” Trends in Ecology & Evolution 19: 249–255.

Ruegg, K., R. A. Bay, E. C. Anderson, et al. 2018. “Ecological Genomics 
Predicts Climate Vulnerability in an Endangered Southwestern 
Songbird.” Ecology Letters 21: 1085–1096.

Saunders, S. P., N. L. Michel, B. L. Bateman, et al. 2020. “Community 
Science Validates Climate Suitability Projections From Ecological 
Niche Modeling.” Ecological Applications 30: e02128.
Seeker, L. A., R. Holland, S. Underwood, et al. 2016. “Method Specific 
Calibration Corrects for DNA Extraction Method Effects on Relative 
Telomere Length Measurements by Quantitative PCR.” PLoS One 11, 
no. 10: e0164046.
Senapathi, D., M. A. Nicoll, C. Teplitsky, C. G. Jones, and K. Norris. 2011. 
“Climate Change and the Risks Associated With Delayed Breeding in 
a Tropical Wild Bird Population.” Proceedings of the Royal Society B: 
Biological Sciences 278: 3184–3190.
Silverin, B. 1986. “Corticosterone- Binding Proteins and Behavioral 
Effects of High Plasma Levels of Corticosterone During the Breeding 
Period in the Pied Flycatcher.” General and Comparative Endocrinology 
64, no. 1: 67–74.
Sozou, P. D., and T. B. Kirkwood. 2001. “A Stochastic Model of Cell 
Replicative Senescence Based on Telomere Shortening, Oxidative 
Stress, and Somatic Mutations in Nuclear and Mitochondrial DNA.” 
Journal of Theoretical Biology 213: 573–586.
Stier, A., A. Delestrade, P. Bize, S. Zahn, F. Criscuolo, and S. Massemin. 
2016. “Investigating How Telomere Dynamics, Growth and Life History 
Covary Along an Elevation Gradient in Two Passerine Species.” Journal 
of Avian Biology 47: 134–140.
Thuiller, W., S. Lavorel, and M. B. Araújo. 2005. “Niche Properties and 
Geographical Extent as Predictors of Species Sensitivity to Climate 
Change.” Global Ecology and Biogeography 14: 347–357.
Tingley, M. W., W. B. Monahan, S. R. Beissinger, and C. Moritz. 2009. 
“Birds Track Their Grinnellian Niche Through a Century of Climate 
Change.” Proceedings. National Academy of Sciences. United States of 
America 106: 19637–19643.
Verhulst, S. 2020. “Improving Comparability Between qPCR- Based 
Telomere Studies.” Molecular Ecology Resources 20: 11–13.
Von Zglinicki, T. 2000. “Role of Oxidative Stress in Telomere Length 
Regulation and Replicative Senescence.” Annals of the New York 
Academy of Sciences 908: 99–110.
Von Zglinicki, T. 2002. “Oxidative Stress Shortens Telomeres.” Trends 
in Biochemical Sciences 27: 339–344.
Wagner, D. L. 2020. “Insect Declines in the Anthropocene.” Annual 
Review of Entomology 65: 457–480.
Zhang, Q., X. Z. Han, P. Burraco, et  al. 2023. “Telomere Length, 
Oxidative Stress and Their Links With Growth and Survival in a Lizard 
Facing Climate Warming.” Science of the Total Environment 891: 164424.
Zhu, H., D. Wang, L. Wang, J. Fang, W. Sun, and B. Ren. 2014. “Effects of 
Altered Precipitation on Insect Community Composition and Structure 
in a Meadow Steppe.” Ecological Entomology 39: 453–461.
Ziolkowski, D. J., M. Lutmerding, W. B. English, V. I. Aponte, and M.- A. 
R. Hudson. 2023. “Data From: North American Breeding Bird Survey 
Dataset 1966–2022: U.S. Geological Survey Data Release.” https:// doi. 
org/ 10. 5066/ P9GS9K64.

Supporting Information
Additional supporting information can be found online in the 
Supporting Information section.

 1365294x, 0, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1111/m

ec.17642, W
iley O

nline Library on [27/06/2025]. See the Term
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline Library for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons License

https://www.r-project.org
https://doi.org/10.5066/P9GS9K64
https://doi.org/10.5066/P9GS9K64

	Telomere Length Differences Indicate Climate Change-Induced Stress and Population Decline in a Migratory Bird
	ABSTRACT
	1   |   Introduction
	2   |   Methods
	2.1   |   Study Design and Sampling
	2.2   |   Telomere Measurement
	2.3   |   Statistical Analysis

	3   |   Results
	3.1   |   Telomere Length, Genomic Offset and Population Trends
	3.2   |   Association Between Precipitation, Population Trends and Telomere Length

	4   |   Discussion
	Author Contributions
	Acknowledgements
	Conflicts of Interest
	Data Availability Statement
	References


