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Abstract
1.	 Plant ecological strategies are shaped by numerous functional traits and their 

trade-offs. Trait network analysis enables testing hypotheses for the shift-
ing of trait correlation architecture across communities differing in climate and 
productivity.

2.	 We built plant trait networks (PTNs) for 118 species within six communities across 
an aridity gradient, from forest to semi-desert across the California Floristic 
Province, based on 34 leaf and wood functional traits, representing hydrau-
lic and photosynthetic function, structure, economics and size. We developed 
hypotheses for the association of PTN parameters with climate and ecosystem 
properties, based on theory for the adaptation of species to low resource/stress-
ful environments versus higher resource availability environments with greater 
potential niche differentiation. Thus, we hypothesized that across community 
PTNs, trait network connectivity (i.e., the degree that traits are intercorrelated) 
and network complexity (i.e., the number of trait modules, and the degree of trait 
integration among modules) would be lower for communities adapted to arid cli-
mates and higher for communities adapted to greater water availability, similarly 
to trends expected for phylogenetic diversity, functional richness and productiv-
ity. Further, within given PTNs, we hypothesized that traits would vary strongly 
in their network connectivity and that the traits most centrally connected within 
PTNs would be those with the least across-species variation.

3.	 Across communities from more arid to wetter climates, PTN architecture var-
ied from less to more interconnected and complex, in association with functional 
richness, but PTN architecture was independent of phylogenetic diversity and 
ecosystem productivity. Within the community PTNs, traits with lower species 
variation were more interconnected.

4.	 Synthesis. The responsiveness of PTN architecture to climate highlights how a 
wide range of traits contributes to physiological and ecological strategies with an 
architecture that varies among plant communities. Communities in more arid en-
vironments show a lower degree of phenotypic integration, consistent with lesser 
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1  |  INTRODUC TION

Functional traits are characteristics that influence organism vital 
rates and thereby fitness (Lavorel & Garnier,  2002; Medeiros 
et  al.,  2019; Poorter et  al.,  2008; Violle et  al.,  2007), and they 
have long been used to predict species distributions (Engelbrecht 
et al., 2007; Stahl et al., 2014; Thuiller et al., 2004), community com-
position (Cavender-Bares et  al.,  2004) and responses to changing 
climates (Tordoni et al., 2022; Trugman et al., 2019, 2020), with appli-
cations in species and ecosystem management (Carlucci et al., 2020; 
Foden et al., 2013; Loiseau et al., 2020). Much research has focused 
on using small sets of traits to estimate plant ‘strategies’, ‘axes’ or 
‘dimensions’ of function (Díaz et al., 2004, 2016; Funk et al., 2017; 
Grime,  1979; Lavorel & Garnier,  2002; Maynard et  al.,  2022; 
Westoby,  1998; Wright et  al.,  2004). Yet, recent work highlights 
the enormous promise of considering extensive sets of traits and 
their associations across species (Belluau & Shipley, 2018; Fletcher 
et  al.,  2018; Grubb,  2016; He et  al.,  2020; Medeiros et  al.,  2019; 
Messier et al., 2017; Poorter et al., 2014; Sack et al., 2013; Sack & 
Buckley, 2020). New approaches have emerged to quantify ‘pheno-
typic integration’ within and among species, in terms of the network 
connectivity (i.e. the degree the traits that are correlated to each 
other) and network complexity (i.e. the number of structure–func-
tion modules) of the overall web formed by trait–trait relationships 
(He et al., 2020; Li et al., 2022; Messier et al., 2017).

The analysis of plant trait networks, henceforth PTNs, enables 
quantification of the overall architecture of the interconnected web 
of traits that underlie functional strategies of populations, species or 
communities, providing a means of integrating trait function at higher 
scales (Fontana et al., 2021; He et al., 2020; Li et al., 2022; Messier 
et al., 2017; Rao et al., 2023). Networks built with nodes and edges 
are based in graph theory with applications across fields of science 
(Brooks et al., 2020; Markett et al., 2018; Salt et al., 2008; Tompson 
et al., 2018), including, recently, trait ecology (Boisseaux et al., 2025; 
Flores-Moreno et al., 2019; He et al., 2020; Kleyer et al., 2019; Li 
et al., 2021, 2022; Messier et al., 2017; Rao et al., 2023). In these 
networks, traits are visualized as ‘nodes’ and statistical correlations 
between traits as connections (‘edges’; Flores-Moreno et al., 2019; 
He et al., 2020). This approach enables the calculation of parame-
ters that describe the connectivity and complexity of the network, 
including the designation of trait functional modules (Flores-Moreno 

et al., 2019; He et al., 2020; Li et al., 2021, 2022; Rao et al., 2023). 
These parameters are expected to encapsulate information on the 
functional strategies or syndromes that contribute to the success of 
species or communities under particular environmental conditions 
(Sanchez-Martinez et al., 2024). Further, besides parameters quanti-
fying whole-network pattern, we can quantify within-network pat-
tern, such as the contribution of each trait to the overall topology 
of the network, highlighting ‘hub’ and ‘mediator’ traits with, respec-
tively, a disproportionally large number or centrality of connections 
with other traits, which may be of particular importance in the orga-
nization of the integrated phenotype (He et al., 2020).

Importantly, PTNs can be used to test hypotheses for how trait 
correlations may shift across communities that differ in climate, 
species, functional richness and/or productivity (He et al., 2020; Li 
et al., 2022; Medeiros et al., 2019; Sack & Buckley, 2020). According 
to the ‘environmental filtering hypothesis’ and the complementary 
‘physiological tolerance hypothesis’, in communities of lower re-
source or stressful environments that fewer species can tolerate, 
individual traits would be more likely to specialize to a narrower 
number of niches; conversely, in communities of environments with 
higher resource availability and primary productivity more function-
ally diverse sets of species can be supported (Currie et  al.,  2004; 
Kraft et al., 2015; Le Bagousse-Pinguet et al., 2017). Notably, each 
trait can have several functions (Table 1), and traits may be associ-
ated across species due to developmental or structural coordination, 
contribution to a common functions and/or co-selection by environ-
ment (Ahrens et al., 2020; Li et al., 2022; Sack et al., 2003, 2012). 
According to theory, both trait variation and trait associations would 
tend to arise from trait divergence along a gradient of resource avail-
ability (e.g., low vs. high water supply or irradiance). Consequently, 
in communities accessing lower resources or experiencing greater 
environmental stress and thus providing fewer niches, traits would 
tend to optimize separately for stress adaptation, along fewer com-
mon spectra (He et al., 2020). Thus, given that plants can adapt to 
stress with alternative designs (Corrêa Dias et  al.,  2019; Marks & 
Lechowicz, 2006)—for example, plants can adapt to drought accord-
ing to multiple strategies (e.g., ‘avoidance’ or ‘resistance’; Fletcher 
et  al.,  2022; Laughlin,  2023)—adaptation to lower resources or 
stress would tend to result in a greater independence of traits, 
and fewer trait correlations (He et al., 2020). Thus, we expect that 
in environments with lower resources, or more stress, community 

niche differentiation. Our study extends the usefulness of PTNs as an approach 
to quantify tradeoffs among multiple traits, providing connectivity and complex-
ity parameters as tools that clarify plant environmental adaptation and patterns 
of trait associations that would influence species distributions, community as-
sembly, and ecosystem resilience in response to climate change.

K E Y W O R D S
drought tolerance, ecophysiology, functional modules, functional traits, leaf economics, plant 
trait networks, trait multifunctionality

 13652745, 2025, 4, D
ow

nloaded from
 https://besjournals.onlinelibrary.w

iley.com
/doi/10.1111/1365-2745.70010 by Law

ren Sack - U
niversity O

f C
alifornia, Los A

ngeles , W
iley O

nline Library on [22/09/2025]. See the Term
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline Library for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons License



898  |    MEDEIROS et al.

TA B L E  1  Network parameters that characterize the architecture of plant trait networks (PTNs) and the centrality and connectivity 
of the included traits, applied for dominant and common species of sites across a climatic gradient in the California Floristic Province. 
Network connectivity increases with higher values of edge density, which reflect more interdependence of traits within the network, and 
lower values of density and average path length, which reflect less independence of traits within the network; PTN complexity increases 
with higher values of average clustering coefficient, which reflect a network that is less divided into subcomponents, and lower values of 
modularity, which reflect lower clustering of traits. Trait centrality increases with higher values of betweenness and connectedness, and 
trait connectivity increases with higher values of closeness and degree of connectedness. For each PTN parameter, we provide a visual 
guide of what networks with low versus high values for each parameter would look like (modified from He et al., 2020).

Parameters Definition

Hypotheses for parameter shifts with

Climatic 
aridity

Functional 
richness 
and/or 
phylogenetic 
diversity

Net primary 
productivity

Trait 
variation Rationale

Whole-network parameters

Network connectivity

Edge density The proportion of 
connections out of all 
possible connections

Decrease Increase Increase - In more arid climates, with lower 
functional richness, multiple traits 
may independently optimize for 
stress adaptation, leading to greater 
independence of traits; this may 
correspond to a lower productivity 
(Ahrens et al., 2020; He et al., 2020; Li 
et al., 2022)

Average path length The network-averaged 
shortest distance between 
traits

Increase Decrease Decrease -

Diameter The maximum shortest 
distances between traits in 
the network

Increase Decrease Decrease -

Network complexity

Average clustering 
coefficient

The network-averaged 
clustering coefficient of 
all traits

Decrease Increase Increase - Traits may be divided into more modules 
in the moister sites, consistent with the 
diversification of overall phenotype 
and function for the occupation of 
more niches (Currie et al., 2004; He 
et al., 2020)

Modularity Measures the degree of 
separation of trait clusters 
within the network

Increase Decrease Decrease - Traits within each module may be 
more independent of traits in separate 
modules in the more arid sites, 
consistent with adaptation to drought 
stress and lower resource availability 
(Currie et al., 2004; He et al., 2020)

Within-network parameters

Trait centrality

Betweenness The number of shortest 
paths going through a 
focal trait

- - - Decrease Traits more central and connected 
within a PTN would be those involved 
in mediating and compromising among 
multiple functions (He et al., 2020), and 
thus would have a lower variation across 
species

Clustering coefficient The proportion of 
connections between 
a focal trait and its 
neighbouring traits out of 
all possible connections

- - - Decrease

Trait connectedness

Closeness The mean shortest path 
between a focal trait 
and all other traits in the 
network

- - - Decrease

Degree of connectedness The number of 
connections of a focal trait

- - - Decrease
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trait networks would show lower connectivity parameters (such as 
lower edge density and larger average path length and diameter; 
Table 1). By contrast, for communities accessing higher resources, 
with less stress, trait network connectivity may be higher, indicat-
ing the greater potential for multiple traits within the network to 
adapt collectively for optimization in specific niches, thus increasing 
‘phenotypic integration’ (Vasseur et  al.,  2022). Beyond connectiv-
ity, measures of greater network complexity (such as a larger aver-
age clustering coefficient and lower modularity; Table 1) indicate a 
greater diversity of types of trait inter-correlations. Network com-
plexity would also be expected to be lower in lower resource, stress-
ful environments in which traits would adapt to stresses according to 
alternative designs, whereas network complexity would be greater 
in high resource environments with greater niche differentiation, as 
more semi-independent trait modules would be associated with the 
adaptation of different processes to a greater number of different 
niche axes within the ecosystem (He et  al.,  2020; Li et  al.,  2021). 
Thus, we hypothesized that PTNs will be less connected and com-
plex in communities in more arid environments, which also tend to 
have lower phylogenetic diversity and functional richness and pro-
ductivity, and, by contrast, PTNs will be more connected and com-
plex in cooler, moister environments, which tend to be associated 
with higher phylogenetic diversity, functional richness and produc-
tivity (Table 1; Currie et al., 2004; Li et al., 2022).

Previous studies have provided partial support for these hypoth-
eses across continental or global latitudinal gradients. One previ-
ous study tested variation in PTNs based on 35 leaf structure and 
composition traits across communities, considering forests across 
latitudes in China from cold boreal sites to warm, moist tropical 
sites. That study found that PTN connectivity and complexity in-
creased from colder climate forests to wetter and warmer tropical 
forests with greater species richness (Li et al., 2021, 2022). Another 
previous study utilized a compiled global database for 10 traits to 
consider shifts in parameters across biomes from boreal to tropical 
regions and found that for woody plants, trait network connectivity 
and network complexity were lower in polar than in other global re-
gions (Flores-Moreno et al., 2019).

Notably, both those previous studies investigated the relation-
ship of PTN connectivity and complexity with the greater warmth 
and moisture at lower latitudes, and thus neither focused on climatic 
aridity, that is, whether soil or atmospheric drought (as opposed to 
cold climates) could be a driver of PTN shifts. In this study, we fo-
cused on communities across an aridity gradient in the California 
bioregion, from forests in cool, moist climates to semi-desert in hot, 
dry climates. Here, we provide a first test of trait network shifts for 
communities across a marked aridity gradient, from cool, moist to 
hot, dry sites, providing insights into drought adaptation of species 
and communities, a topic of increasing urgency given global change 
increases the frequency and intensity of high-temperature drought 
conditions in many regions. We also introduce tests of the rela-
tionship of network complexity to primary productivity (gross and 
net primary productivity [GPP and NPP]), and functional richness, 
which tend to be associated with environments with higher resource 

availability and lower stress (Currie et al., 2004; Kraft et al., 2015; Le 
Bagousse-Pinguet et al., 2017; Li et al., 2022).

In addition to our novel focus on the shifts in plant community 
trait networks across an aridity gradient, we also tested a new hy-
pothesis for the patterning of variation among traits within a net-
work, that is, that traits that are more connected and ‘hub-like’ in 
PTNs tend to be those with low variation across species means (i.e., 
with a low coefficient of variation). We thus tested how the con-
nectedness and centrality of the traits within the networks relate 
to trait variability (Table  1). Certain traits, such as, by hypothesis, 
the leaf mass per area, may be involved in multiple axes of function 
(including, e.g., resource retentiveness and drought tolerance, John 
et al., 2017; Wright et al., 2004). A previous study of forests across 
a continental latitudinal gradient found that trait connectivity within 
networks was conserved, with certain traits playing a stronger in-
tegrating role in the phenotype regardless of the species set (He 
et al., 2020), implying potential involvement in multiple functions (cf. 
Marks, 2007). We hypothesized that traits with greatest connectiv-
ity within the PTN, being involved in mediating multiple functions, 
would tend to show lower variation across species relative to other 
traits less connected in the PTN (Table 1).

To test these hypotheses, we built a novel database of high res-
olution, standard mechanistic functional traits, including hydrau-
lic, anatomical, composition, economic and structural, for diverse 
communities across a bioregion in the California Floristic Province 
(CAFP), an endemism-rich biodiversity hotspot (Baldwin, 2014). We 
quantified 34 functional traits (listed with functions, symbols and 
units in Table 2) in 118 unique species (Table S1) sampled from six 
key plant communities that represent approximately 70% of the 
CAFP land area (Thorne et al., 2017), including desert, coastal sage 
scrub, chaparral, montane wet forest, mixed riparian woodland and 
mixed conifer-broad-leaf-forest sites (Table 3). A previous study fo-
cused on 10 key traits that were strongly associated with aridity in 
species' native ranges along this gradient (Medeiros et al., 2023). In 
this study, we consider an expanded, three times larger trait dataset 
representing multiple levels of plant function, including hydraulics, 
nutrient composition, plant size, and leaf and wood economics and 
structure (Table  2). We built PTNs for each plant community and 
tested the hypothesized relationships of trait connectivity (through 
the PTN parameters edge density, average path length and diame-
ter) and network complexity (through the PTN parameters average 
clustering coefficient and modularity) with site aridity, functional 
richness and primary productivity.

2  |  MATERIAL S AND METHODS

2.1  |  Study sites

We sampled 3–5 individuals per species, resulting in a total of 
683 individuals from 118 unique species in six plant communities 
(Figure 1; Figure S1) distributed across a gradient of climatic aridity 
in the CAFP, from northern California to northern Mexico, differing 
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by 10°C in mean annual temperature (MAT) and sixfold in mean an-
nual precipitation (MAP). The sites also varied strongly in plant com-
munity composition (Figure S1; Table 3). Permits were obtained for 

work in the University of California Natural Reserve System (UCNRS) 
sites (desert, chaparral, mixed riparian woodland and mixed conifer-
broadleaf forest) and the Centro de Investigación Científica y de 

TA B L E  2  List of traits, their functions and completeness (the percent of species with observations). We present symbols and units for the 
34 traits quantified for 118 species from six plant communities across a climatic gradient in the California Floristic Province. The traits relate 
to six measurement categories: Epidermal morphology, leaf economics and structure, wood economics and structure, leaf composition, 
hydraulics and plant size. Functions: 1. Gas exchange (photosynthesis and transpiration); 2. Light relations; 3. Herbivory defence; 4. 
Metabolism; 5. Organ structure; 6. Water transport; 7. Seed dispersal.

Trait Symbol Unit Function(s) Trait completeness (%)

Epidermal morphology

Stomatal density d n μm−2 1 82

Stomatal area s μm2 1 88

Epidermal pavement cell area e μm2 4, 5 94

Trichome density t n μm−2 1, 2, 3 90

Leaf economics and structure

Leaf area LA cm2 1, 2, 5, 6 98

Leaf mass per area LMA g m−2 1, 2, 3, 4, 5 98

Leaf thickness LT mm 1, 2, 3, 4, 5 98

Leaf dry matter content LDMC g g−1 1, 3, 4, 5 98

Percentage loss area (dry) PLAdry % 5, 6 91

Wood economics and structure

Wood density WD g cm−3 3, 5, 6 100

Leaf composition

Carbon per leaf mass C mg g−1 1, 3, 4, 5 94

Nitrogen per leaf mass N mg g−1 1, 2, 3, 4 94

Phosphorus per leaf mass P mg g−1 1, 2, 4 88

Potassium per leaf mass K mg g−1 1, 4, 6 88

Calcium per leaf mass Ca mg g−1 1, 4, 5, 6 88

Magnesium per leaf mass Mg mg g−1 1, 2, 4 88

Iron per leaf mass Fe ppm 1, 2, 4 88

Boron per leaf mass B ppm 4, 5 88

Manganese per leaf mass Mn mg g−1 1, 2, 4 88

Sodium per leaf mass Na mg g−1 4, 6 88

Zinc per leaf mass Zn mg g−1 1, 2, 4 88

Copper per leaf mass Cu mg g−1 1, 2, 4, 5 88

Molybdenum per leaf mass Mo mg g−1 1, 2, 4 88

Cobalt per leaf mass Co mg g−1 4 88

Aluminium per leaf mass Al mg g−1 4 88

Arsenic per leaf mass As mg g−1 4 88

Cadmium per leaf mass Cd mg g−1 4 88

Rubidium per leaf mass Rb mg g−1 4 88

Strontium per leaf mass Sr mg g−1 4 88

Chlorophyll per mass Chl SPAD g−1 m2 1, 2, 4 86

Carbon isotope discrimination Δ13C ‰ 1 94

Hydraulics

Water potential at turgor loss point πtlp MPa 1, 6 98

Plant size

Maximum height Hmax m 1, 2, 5, 6 100

Seed mass SM mg 7 78
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Educación Superior de Ensenada (CICESE) site through direct com-
munication with the reserve directors and for the Yosemite Forest 
Dynamics Plot through the United States Department of the Interior 
National Park Service (Permit #YOSE-2017-SCI-0009).

To test the drivers of connectivity in PTNs across forests along 
a gradient of aridity, we followed previous studies of PTNs that 
focused on one ecosystem per type; sampling one location per 
ecosystem type provides limited information about the drivers of 
connectivity in traits across ecosystem categories, but is robust for 
relating PTN parameters to climate variables (Li et al., 2021, 2022; 
Messier et al., 2017; Rao et al., 2023).

2.2  |  Sampling for leaf trait measurements

Given the infeasibility of sampling all species in each site for func-
tional traits due to the large number of species, we targeted the most 
abundant tree and shrub species at each site, including those most 
biomass-dominant and most representative of overall ecosystem 
structure and functioning and the largest contributors to ecosystem 
productivity, based on information from reserve managers and forest 
inventories. The sampling spanned 37 families, with the greatest spe-
cies representation in Asteraceae (17), Rosaceae (12), Rhamnaceae (9), 
Ericaceae (8) and Pinaceae (8). At each site, we sampled 3–5 individu-
als from 19 to 28 species, collecting a mature, sun-exposed and non-
epicormic branch, with minimal signs of damage or herbivory using 
pole pruners or a slingshot. Branches were transported to the labora-
tory in dark plastic bags with moist paper and rehydrated overnight in 
a dark saturated atmosphere before harvesting current-year grown, 
fully expanded leaves for subsequent analyses. For compound-leafed 
species, whole leaves, not leaflets, were used.

In selecting traits for the PTNs, we excluded traits that would 
be mathematically determined from other traits. Thus, for example, 
as we included leaf mass per area (LMA) and leaf thickness (LT), we 
did not include leaf density (which would typically be calculated as 
LMA/LT), and we did not include foliar nutrient concentrations per 
unit leaf area (LA), as these would be calculated as the concentra-
tions per unit leaf dry mass multiplied by LMA.

2.3  |  Epidermal morphology

We measured epidermal traits on one leaf from each of 3–5 individu-
als per species. After rehydration, we fixed the leaves in FAA (48% 
ethanol: 10% formalin: 5% glacial acetic acid: 37% water). Epidermal 
measurements were obtained from microscopy images taken from 
nail varnish impressions of both leaf surfaces, from which we meas-
ured stomatal density (d), stomatal area (s), epidermal pavement cell 
area (e) and trichome density (t). To determine leaf-level epidermal 
trait values for cell dimensions, we calculated an average value as the 
arithmetic mean of the abaxial and adaxial surfaces. For leaf-level 
cell densities, we calculated a total trait value as the sum of abaxial 
and adaxial values. All images were analysed, and anatomical traits TA
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were measured using the software ImageJ (http://​imagej.​nih.​gov/​ij/​
; Schneider et al., 2012).

2.4  |  Leaf economics and structure

Leaf saturated mass was measured using an analytical balance 
(0.01 mg; XS205; Mettler-Toledo, OH, USA) and LT using digital cal-
lipers (0.01 mm; Fowler, Chicago, IL, USA). The LA was measured 
using a flatbed scanner and analysed using the software ImageJ 
(http://​imagej.​nih.​gov/​ij/​). After scanning, leaves were oven-dried at 
70° for 72 h, and their dry mass and area were measured again. LMA 
was calculated as lamina dry mass divided by saturated area; leaf 
dry matter content (LDMC) as dry mass divided by saturated mass; 
percentage loss in area after drying (PLAdry) as the per cent decline in 
area from saturated to dry leaves (Ogburn & Edwards, 2012; Pérez-
Harguindeguy et al., 2013; Witkowski & Lamont, 1991).

2.5  |  Wood economics and structure

We measured wood density (WD) as fresh volume over dry mass 
from one 5 cm branch segment of each of the studied individuals 
after bark removal by water displacement (Pérez-Harguindeguy 
et al., 2013; Swenson & Enquist, 2008). We measured the density 
of the branch stem, and not a core of the main stem, to minimize 
the disturbance of our sampling methods on the tree function and 
survival (Tsen et al., 2015).

2.6  |  Leaf nutrient and isotope composition and 
wilting point

The concentrations of four macronutrients (potassium, calcium, 
phosphorus and magnesium) and 13 micronutrients (iron, boron, 
manganese, sodium, zinc, copper, molybdenum, cobalt, alumin-
ium, arsenic, cadmium, rubidium and strontium) were determined 
from ground oven-dried leaves using high-throughput elemental 
profiling (ionomics; Salt et  al.,  2008) by the USDA-ARS/Danforth 
Center Ionomics facility at the Donald Danforth Plant Science 
Center.  Additionally, elemental carbon and nitrogen concentra-
tions and their isotope ratios were measured by the University of 
California, Berkeley, Center for Stable Isotope Biogeochemistry, by 
continuous flow dual isotope analysis using a CHNOS Elemental 
Analyzer interfaced to an IsoPrime100 mass spectrometer (Fry 
et al., 1996; Pérez-Harguindeguy et al., 2013). The carbon isotope 
discrimination (Δ13C; in parts per thousand, ‰) was calculated fol-
lowing Farquhar et  al.,  1989. The chlorophyll concentration was 
measured using a SPAD meter, which provides a correlate of total 
chlorophyll a + b concentration per area in SPAD units (Brown 
et  al.,  2022; Monje & Bugbee,  1992; SPAD-502, Konica Minolta, 
Japan) and the chlorophyll concentration per mass (Chl) was deter-
mined by dividing by LMA.

We measured the turgor loss (i.e. wilting) point (πtlp) in two leaves 
for each studied individual, for the five individuals per species. We 
used a vapour-pressure osmometer (Vapro 5520 and 5600, Wescor, 
United States) to obtain the osmotic concentration of the leaves at 
full turgor and used calibration equations to estimate πtlp (Bartlett 
et al., 2012).

2.7  |  Plant size

Species maximum height (Hmax) and seed dry mass values (SM) were 
compiled from the Ecological Flora of California database (Jepson 
Flora Project, 2021). Whenever Hmax was not available for a species 
in the database, it was recorded as the maximum value reported on 
the Jepson eFlora website (https://​ucjeps.​berke​ley.​edu/​efc/​).

2.8  |  Ecosystem climate and structure

We extracted the historical aridity index, calculated as the ratio of 
precipitation and potential evapotranspiration (CGIAR-CSI, NCAR-
UCAR; Zomer et  al.,  2008), and the MAT and MAP (WorldClim; 
Hijmans et  al.,  2005) from a 100-ha area around the centroid of 
each sampling location (Table  3; Table  S3). The site productivity 
was quantified using the GPP and NPP derived from MODIS/Terra 
(Running & Zhao, 2019, 2023). The data were downloaded using the 
Application for Extracting and Exploring Analysis Ready Samples 
(AppEEARS, 2023) for the centroid of the sites and calculated as the 
annual mean during the sampling period, 2016–2018 (Table S3).

2.9  |  Plant trait networks

Across all traits, we had observations for 91% of the species on 
average (Table  2). The trait with the least observations was seed 
mass due to the sparseness of measurements for CAFP species in 
the literature (78%; Table  2). To build weighted PTNs, we calcu-
lated trait–trait correlation matrices using ordinary least squares 
regressions from species mean values for each plant community 
and for all communities together. Trait–trait relationships were 
considered as edges if the Pearson correlation was significant at 
p < 0.05, corresponding to absolute Pearson coefficient thresholds 
of |r| > 0.39–0.46 for the individual sites, corresponding to species 
n values of 19–28, and |r| > 0.18 for the all-species network (spe-
cies n = 136). The matrices were then converted into adjacency 
matrices A = [ai,j], where we assigned the correlation coefficient to 
relationships that were above the significance threshold and 0 to 
those below the threshold. Additionally, we built PTNs considering 
as edges relationships where the Pearson and Spearman correlation 
coefficients of log-transformed and ranked data, respectively, had 
p < 0.05 (Table S2). The PTNs showed similar trends of variation with 
climate, so we show PTNs built from raw data in the main text. These 
networks were visualized using the ‘qgraph’ package (version 1.9.8) 
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and all network parameters were calculated using functions avail-
able in the ‘igraph’ package (version 1.3.4) in the R Software (R Core 
Team, 2022).

We calculated five parameters to describe PTN topology, three 
that quantify the ‘connectivity’ of the PTN: the edge density, the av-
erage path length, and the diameter; and two parameters to quantify 

the ‘network complexity’ of the PTN: the average clustering coeffi-
cient and the modularity (Table 1; He et al., 2020). Networks with 
higher values of edge density and lower values of average path 
length and diameter have higher connectivity; networks with higher 
values of average clustering coefficient and lower values of modular-
ity have higher network complexity (Table 1; He et al., 2020).

F I G U R E  1  Shifts in the architecture of plant trait networks (PTNs) of six plant communities across the California Floristic Province. The 
map shows the centroid of the sampling location of each of the six plant communities in a landscape of aridity. Symbols represent different 
plant communities, with darker shades of blue representing greater water availability: mixed conifer-broadleaf forest (dark blue circles), 
mixed riparian woodland (triangles), montane wet forest (inverted triangles), chaparral (diamonds), coastal sage scrub (squares) and desert 
(light blue circles). In brackets, we provide the proportion of connections out of all possible connections among traits, the edge density, 
of each PTN. PTNs built from species sampled in each of the six sites. Blue edges represent positive and red edges represent negative 
relationships between traits; edge thickness and distance represent the correlation strength (p < 0.05). Nodes with the same colours are 
grouped into the same modules by the clustering algorithm (Table S7).
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We also calculated four parameters to describe the importance 
of traits within PTNs (Table 1). To quantify the ‘centrality’ of each 
trait, we determined the betweenness and the clustering coefficient. 
The betweenness is defined as the number of shortest paths going 
through a focal trait, with high values reflecting a central ‘mediator’ 
trait within the network. The clustering coefficient is the proportion 
of connections between a focal trait and its neighbouring traits out 
of all possible connections, and traits with high values are those at 
the centre of different trait clusters. To quantify the ‘connectedness’ 
of each trait, we determined the degrees of connectedness and the 
closeness. The degree of connectedness is a measure of the num-
ber of connections for a given trait, and traits with high values are 
considered ‘hubs’ within the network. The closeness represents the 
mean shortest path between a focal trait and all other traits in the 
network, and traits with high values are traits closely connected to 
many other traits.

2.10  |  Statistical analyses

All statistical analyses were performed and plots created using R 
software (version 4.2.1; R Core Team,  2022) and packages avail-
able from the CRAN platform. Prior to testing correlations among 
traits and constructing PTNs, we tested for the overall variation in 
traits across species and sites. We performed nested ANOVAs to 
test for differences in functional traits among plant communities 
and species, with functional traits coded as the dependent variable, 
communities as the independent variable and species nested within 
communities (Sokal & Rohlf, 2012).

We calculated the phylogenetic diversity index for each site 
(PDI; Faith, 1992), as the sum of the lengths of all the branches in 
a phylogenetic tree weighted by species richness to test if the PTN 
parameter differences across sites were driven by differences in 
phylogenetic diversity. PDI was calculated using the ‘PhyloMeasures’ 
package (Tsirogiannis & Sandel, 2015).

We calculated the functional richness index, FRic, for species in 
each community (Cornwell et al., 2006), using the ‘fundiversity’ pack-
age (Grenié & Gruson, 2023). This functional richness index does not 
require abundances (which are not available for most of our sam-
pled sites) and performs better than the other equivalent indices 
(Mouchet et al., 2010). For the calculation of FRic, we selected five 
of the functional traits from different measurement categories with 
the most complete observations and that were involved in many 
functions (Table 2), leaf mass per area, wood density, water potential 
at turgor loss point, leaf nitrogen concentration and maximum plant 
height.

We calculated the coefficient of variation, CV (%), of each trait in 
each site (CV =

�

�
× 100, where σ is the standard deviation and μ is 

the mean of a given trait across the species sampled in a given site), 
and then calculated the mean CV of each trait across all sites.

To test the relationships between the PTN parameters and 
site climate variables, primary productivity, PDI and FRic, we per-
formed ordinary least squares regression analyses (OLS) using the 

‘stats’ package. Analyses were performed for untransformed and 
log-transformed data, to test for either approximately linear or non-
linear relationships, respectively, and the higher correlation value is 
reported in the text; we present the results of both untransformed 
and log-transformed data in supplemental Table S6. Given the use 
of multiple significance tests applied when testing relationships be-
tween PTN parameters and environmental variables, we assessed 
the significance of the overall correlative pattern by applying pro-
portion tests (Baird et al., 2021; Medeiros et al., 2023). We calcu-
lated the proportion of significant correlations for the correlations 
we hypothesized among, on one hand, the site climate variables 
(aridity index, MAP and MAT), primary productivity, PDI, and FRic, 
and on the other hand, the five PTN parameters (edge density, aver-
age path length, diameter, average clustering coefficient and modu-
larity) for each of the six sites. We used the ‘stats’ package to test if 
the proportion of significant correlations was greater than that ex-
pected from chance (0.05).

We also performed OLS regression analyses and calculated the 
Pearson's correlation coefficient to test the relationships between 
the CV of individual traits and trait-level PTN parameters follow-
ing the same procedures described above for the relationships be-
tween the PTN parameters and environmental variables. Further, 
we calculated the proportion of significant correlations for the 24 
correlations we hypothesized across traits (n = 34 traits) among, on 
one hand, the trait CVs and on the other hand, the four trait-level 
PTN parameters (betweenness, closeness, clustering coefficient and 
degree of connectivity) for each of the six sites.

The PTNs were built using traits that are intrinsically related 
within measurement categories, which differed in the numbers of 
traits included (Table 2). Thus, we tested for a relationship between 
trait-level parameters of connectedness and centrality, averaged per 
measurement category with the number of traits within each cate-
gory using OLS. For example, the ‘Wood economics and structure’ 
measurement category included one trait, while the ‘Leaf composi-
tion’ measurement category included 21 traits.

3  |  RESULTS

3.1  |  Variation in traits across plant communities

Prior to constructing PTNs, we tested for variation in functional 
traits across species and communities. Of the 34 traits, 32 differed 
across species and 29 across communities (nested ANOVAs; p < 0.05; 
Table  S4). Most of the total trait variance (65%) was explained by 
species differences, whereas community and intraspecific variation 
explained 17% each (Table S4). Many individual traits varied across 
communities in association with their climate. For example, on av-
erage, species in the more arid sites had smaller and thicker leaves 
with higher trichome density, a smaller reduction in leaf area when 
dry, denser wood and more negative turgor loss points than species 
from the more mesic sites (p < 0.05; Table S4). Species from more 
arid sites also had lower concentrations of mass-based nutrients, 

 13652745, 2025, 4, D
ow

nloaded from
 https://besjournals.onlinelibrary.w

iley.com
/doi/10.1111/1365-2745.70010 by Law

ren Sack - U
niversity O

f C
alifornia, Los A

ngeles , W
iley O

nline Library on [22/09/2025]. See the Term
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline Library for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons License



    |  905MEDEIROS et al.

including carbon, nitrogen, potassium, and phosphorus and low car-
bon isotope discrimination (nested ANOVAs; p < 0.05; Table S4).

3.2  |  Variation in PTNs across plant 
communities and relationships with ecosystem 
climate and structure

The architecture and properties of the PTNs varied significantly 
across the six sites (Figure  1). The PTNs of the drier sites were 
‘looser’, that is, less connected (with lower edge density and higher 
average path lengths) and less complex (with lower average cluster-
ing coefficient and higher modularity) than those for the more mesic 
sites (Figure 1; Table S6). Thus, the PTNs of the higher aridity sites 
had traits that were overall less interconnected and grouped into a 
smaller number of clusters. That is, these networks had lower values 
of edge density and average clustering coefficient and higher val-
ues of average path length and modularity than the networks of the 
more mesic sites (Figure 1; Table S6). The network diameter did not 
differ across sites (Table S6).

Thus, the connectedness and complexity of the community 
PTNs tended to decrease across sites with increasing climatic arid-
ity (lower values of aridity index, AI, and MAP and higher values 
of MAT) and yalso with lower functional richness, FRic (Figure  2; 
Figure S5; Table S6). Both network edge density and average clus-
tering coefficient decreased for communities at lower AI and MAP 
and higher MAT (|r| ranged from 0.85 to 0.97; p < 0.05; Figure 2a,d; 
Figure  S5; Table  S6). The network average path length increased 
for communities at lower AI and MAP (r = 0.84 and 0.85, respec-
tively; p < 0.05; Figure 2c; Table S6) and was independent of MAT 
(Figure S5; Table S6). The network modularity increased for commu-
nities at higher MAT (r = 0.94; p = 0.005; Figure S5; Table S6) and was 
independent of AI and MAP, and the network diameter was indepen-
dent of AI, MAP and MAT (p > 0.05; Figure 2d; Figure S5; Table S6). 
Both edge density and average clustering coefficient increased, and 
modularity decreased for communities with greater values of FRic 
(|r| = 0.91–0.96; p < 0.05; Figure 2b,e,k; Table S6), while average path 
length was not correlated with FRic (p = 0.32; Figure 3h; Table S6).

3.3  |  Trait connectedness and centrality within 
trait networks and relationship with trait variation

From the PTNs, we identified traits central to the networks; that 
is, traits with high betweenness and closeness (mediator traits) and 
traits with high clustering coefficient and degree of connectedness 
(hub traits). Across the PTNs for the six plant communities, K con-
centration, N concentration, leaf dry matter content, Fe concentra-
tion and the leaf mass per area were resolved as mediator traits with 
highest betweenness values averaged across communities, 32–49 
(Figure S3; Table S7), and Ca concentration, Sr concentration, maxi-
mum tree height, seed mass, and stomatal area with highest close-
ness values, 0.02–0.21 (Figure S3; Table S7). The leaf mass per area, 

K concentration, leaf dry matter content, chlorophyll concentration, 
and N concentration were resolved as hub traits with the highest 
clustering coefficient and degree of connectedness values, with 
averages across communities of 0.72–0.85 and 11–14, respectively 
(Figure S3; Table S7). Notably, the traits with highest betweenness, 
closeness, clustering coefficient and degree of connectedness val-
ues varied across sites (Figure S4; Table S7).

We found no relationship between the number of traits con-
sidered in each of the eight trait categories (i.e. ‘Leaf composition’ 
(21), ‘Leaf economics and structure’ (5), ‘Epidermal morphology’ (4), 
‘Plant size’ (2), ‘Wood economics and structure’ (1) and ‘Hydraulics’ 
(1)) and the trait-level PTN parameters (Figure S6). Further, all PTN 
parameters were independent of the phylogenetic diversity index, 
PDI (p > 0.05; Table S6).

Across the traits, trait centrality and connectedness in the 
plant trait networks were strongly related to trait variation within 
and across sites. Thus, across species within each site and across 
all species, we found strong negative relationships of the trait CVs 
with parameters describing PTN connectedness and centrality, i.e., 
with betweenness, closeness, clustering coefficient and degree of 
connectedness (r ranging from −0.53 to −0.34; p < 0.05; Figure  3; 
Figure S7; Table S8). Indeed, across the tested relationships of trait 
CVs with the four PTN trait-level parameters, 12 of the 24 tested 
relationships (50%) were statistically significant (p < 0.05; Figure 3; 
Table S8), a proportion significantly higher than our null hypothesis 
of chance (0.05; χ2 = 93.06; p < 2.2 × 10−16; proportion test).

4  |  DISCUSSION

In our study of communities across a bioregional aridity gradient, from 
forests to semi-desert, the PTN approach resolved shifts in the inte-
grated relationships among multiple traits with ecosystem climate and 
structure, enabled the identification of trait clusters, and indicated the 
relative importance of traits within the network. Across plant com-
munities, the PTNs were less connected (i.e. the traits that make up 
the network were less interconnected) and complex (i.e. divided into 
fewer subcomponents or clusters) with increasing climatic aridity and 
decreasing functional richness across communities (Figures 1 and 2; 
Table S6). This pattern is consistent with the hypothesis that under 
lower resource or stressful environments which fewer species can 
tolerate, individual traits would be more likely to specialize similarly, 
to a narrower number of niches. The fewer correlations among traits 
overall, in combination with a lower modularity, would signify less di-
versification of trait complexes, and thus of functions, across the spe-
cies of the community (see elaboration in Introduction). By contrast, 
the moister sites would support a higher species and functional rich-
ness, with divergence in specializations for the optimal use of specific 
resources (Harrison et al., 2020; Spasojevic et al., 2014). We did not 
find support for the hypotheses that PTN connectivity and complexity 
would be associated with phylogenetic diversity or NPP.

Our study provides new insights important to expand theories 
about species community assembly, adaptation to aridity, and the 
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organization of traits in the integrated phenotype within and across 
communities. We found that warmer/drier communities had simpler 
networks than cooler/moister communities, from semi-desert to 
forests across a bioregional aridity gradient. This pattern is distinct, 
yet aligned with those shown in two previous studies across a lat-
itudinal continental gradient in which the cold boreal sites, which 
have more stressful conditions, had simpler networks than warm 
moist tropical forests (Flores-Moreno et al., 2019; He et al., 2020; 
Li et al., 2022). Our results overall supported the association of PTN 
interconnectedness and complexity with resource availability and 
species richness across plant assemblages, as indicated by the stud-
ies across biomes globally and across the latitudinal gradient in China 
and extend this finding across a strong aridity gradient within a key 
bioregion, and including traits relating to multiple functional axes, 

from cells to the whole plant (Table 2), with important novel insights 
for specific network-level architecture parameters in community 
ecology (Table 1). Thus, our paper indicates the centrality of abiotic 
stress in driving the simplification of trait networks, an explanation 
that would be applicable in the context of both the bioregional and 
continental latitudinal gradients. Further, our study showed that 
among traits within a PTN the trait connectedness within the net-
work is higher for traits with relatively low variation across species, 
providing a new hypothesis for the reason some traits are more 
‘hub-like’, across diverse species assembled in communities across 
an aridity gradient.

Beyond cold climate, our study showed that meteorologi-
cal drought would be a driver of PTN shifts. The climate variables 
were strongly associated with the topology of PTNs, and functional 

F I G U R E  2  Relationships of plant trait network (PTN) parameters with increasing climatic aridity and ecosystem structure and 
independence from primary productivity across an aridity gradient. Relationships across plant communities (each shape point is a 
community, with darkness of blue representing site moisture) of the aridity index, AI, of the site's climate (left column), with the site's 
functional richness, FRic (middle column) and the site net primary productivity, NPP (right column), plant network parameters edge density 
(a–c), average clustering coefficient (d–f), average path length (g–i) and modularity Q (j–l). The network diameter did not vary across sites and 
none of the PTN parameters varied with site phylogenetic diversity (Table S6). Symbols represent different plant communities, with darker 
shades of blue representing greater water availability: Mixed conifer-broadleaf forest (dark blue circles), mixed riparian woodland (triangles), 
montane wet forest (inverted triangles), chaparral (diamonds), coastal sage scrub (squares) and desert (light blue circles). Solid lines describe 
the fit of ordinary least squares regression analyses (Table S6). *p < 0.05; **p < 0.01.
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richness was a strong community structure driver of PTN topology. 
In communities of the more arid sites, with warmer temperatures, 
the PTNs were looser, with lower edge density and average clus-
tering coefficient, and higher average path lengths and modularity 
(Figure  S5). Since the species were sampled from natural ecosys-
tems, the sites differed not only in climate, NPP and soil composition 
but also in many other factors, including disturbance history (such as 
fire and logging) that may also have a role in driving differences in 
PTN architecture. On one hand, the variation in PTNs across com-
munities may therefore be driven to an unknown degree by other 
factors correlated with climate; on the other hand, the resolution 
of strong relationships of PTN parameters with climate despite con-
founding variables suggests their robustness (Medeiros et al., 2023). 
Further studies are needed to fully disentangle the influences of in-
dividual environmental factors on community PTNs.

Our study did not support the hypotheses that PTN connectivity 
and complexity would be associated with phylogenetic diversity or 
NPP. We propose that the lack of a relationship of PTN architec-
ture with phylogenetic structure and NPP would have been due to 
our consideration of diverse ecosystems (from desert to forests), for 
which numbers of niches may not correspond strongly to phyloge-
netic diversity or productivity. Future studies testing PTN parame-
ter shifts across communities of a given type (e.g. forests, deserts 
or grasslands) may thus highlight relationships of PTN structure 
to productivity and phylogenetic diversity that were not resolved 
here. Additionally, this study focused on the woody species, as 

these were biomass-dominant and most representative of overall 
ecosystem structure and functioning and the largest contributors 
to ecosystem productivity. However, our findings for the shifts in 
PTNs with climate and with diversity may differ for nonwoody spe-
cies, or when considering the entire species pool, combining woody 
and nonwoody species, as this would expand the diversity of niches 
within ecosystems. The higher stratification of the forests may also 
result in a greater diversity of light niches relative to desert. Our 
study points to a number of important avenues for future research. 
First, our study suggests the need for comparison of PTNs for dif-
ferent life forms within and across communities, beyond only woody 
species. Second, the association of PTN parameters with functional 
diversity in our study may be further disentangled given studies de-
signed to separate the role of variation in species richness from that 
of functional diversity independently of species richness, especially 
given our finding that PTN parameters were not associated with our 
phylogenetic diversity index across communities. Notably, both FRic 
and the phylogenetic diversity index used in this study would be re-
lated to species richness (Mouchet et al., 2010; Sandel, 2018). Thus, 
the relationships of additional metrics of diversity beyond the FRic 
index used here could potentially provide additional resolution of 
these associations, especially if applied in studies of communities 
with species presence/absence and biomass census data beyond 
those available for our sites. Notably, the linkage of PTN parameters 
with functional diversity may be indirect, for example, via climate, or 
potentially may involve bidirectional causality. For example, the trait 
relationships represented in PTNs include trade-offs that may con-
strain phylogenetic and functional diversification during evolution, 
or, alternatively or additionally, these trait relationships might them-
selves arise from constraints on phylogenetic and functional diversi-
fication driven by other factors (Mouchet et al., 2010; Sandel, 2018). 
Indeed, the disentangling of the causal basis for trait diversity and 
trait–trait relationships in terms of phylogeny and independently of 
phylogeny is a topic of strong current interest, with new approaches 
in development (cf. De Bello et  al.,  2021, pp. 170–173), (Sanchez-
Martinez et al., 2024).

Beyond comparisons across ecosystems, the PTNs allowed us to 
identify the traits within each PTN with larger betweenness, close-
ness, clustering coefficient and degree of connectiveness in each 
of the six sites, indicating special importance for the functional sta-
bility of the phenotype due to the dependence of other traits on 
these traits (Figure 1) (Flores-Moreno et al., 2019; He et al., 2020; 
Li et al., 2022). We found that despite the relative consistency of 
trait-level PTN parameters across sites (Figures S8–S11; Table S8), 
the importance of individual traits within the PTNs changes accord-
ing to the sampling location (Figure S4). The traits that emerged as 
hub and mediator traits included those typically associated with leaf 
structural support, photosynthesis and fluxes (Figures S3 and S4). 
Overall, the traits that are involved in multiple key functions or me-
diating the specific functions of multiple traits, such as LDMC, leaf 
carbon concentrations and leaf mass per area, were more conserved 
and serve as hubs and mediators of the PTNs. For example, the leaf 
concentration of carbon, which is widely recognized as one of the 

F I G U R E  3  Relationships of trait-level parameters of the all-
species plant trait network with the trait variability, assessed as 
the trait coefficient of variation across all species. Relationships of 
the trait coefficient of variation, CV, with the trait betweenness 
(a), closeness (b), clustering coefficient (c) and the degree of 
connectedness (d). Each point represents the mean CV of one trait 
across all 118 unique species sampled across six plant communities 
in a gradient of aridity. Solid lines describe the fit of ordinary least 
squares regression analyses (Table S9). **p < 0.01. Relationships for 
individual plant communities are shown in Figures S8–S11.
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most stable and conserved traits across plants and involved in the 
protection of leaves against herbivory (Ma et al., 2018), had one of 
the lowest CVs in all six communities and emerged as one of the 
traits with the highest degree of connectiveness and betweenness 
(Figures S3 and S4). The LDMC and leaf mass per area, also among 
the least variable traits within the community, are mechanistically 
involved in many aspects of physiology, such as photosynthesis and 
tolerance of low resources (de la Riva et al., 2016; John et al., 2017; 
Sack et al., 2013; Sack & Buckley, 2020). Additionally, the leaf mass 
per area is also a component of many other traits since it mediates 
the conversion of trait values from mass to area-based (Wright 
et al., 2004). Notably, we did not find support for an effect of the 
number of traits within a measurement category and their between-
ness, closeness, clustering coefficient and degree of connectiveness 
values (Figure S6), consistent with hub traits being key connectors 
of traits across measurement categories. The predominance of traits 
related to plant economics, including whole plant and wood traits, 
such as maximum height and WD, and of traits related to drought 
tolerance, among the most central and interconnected in the PTNs 
of all sites point to an optimization of drought adaptation across the 
CAFP (Bohnert et al., 1995; Harrison et al., 2020).

Whereas single trait-climate relationship analyses provide an at-
omistic view of the adaptation of whole phenotypes, PTNs enable 
a broader view of the trait–trait correlations in ensemble, leading 
to a clearer resolution of trait organization within the integrated 
phenotype. Our study points to new conclusions about community 
assembly and adaptation to aridity and the organization of traits in 
the integrated phenotype for species within and across communi-
ties. While a previous study found that cool/dry sites had simpler 
networks across a latitudinal continental gradient, we found that 
warmer/drier sites had simpler networks across a bioregional aridity 
gradient (Li et al., 2022). Thus, our paper supports a role for stress 
and especially drought in simplifying trait networks, an explanation 
that would be applicable in both the bioregional and continental 
contexts. Our study also introduced new tests of the relationship 
of network complexity to phylogenetic diversity, functional richness 
and productivity. Further, our study tested the association between 
the relative connectedness of traits within a PTN and their variation 
(using the coefficient of variation) across species. We found a new 
pattern of variation among traits within the network, testing for why 
some traits are more ‘hub-like’, and finding that those traits that vary 
less across species tend to be highly connected centrally in trait net-
works and provide a new hypothesis to explain this.

5  |  CONCLUSION

Our results, indicating the responsiveness of PTN architecture to cli-
mate and its reflection of functional richness, reinforce the idea that 
a wide range of traits is organized into multiple modules representing 
physiological and ecological strategies that vary among plant com-
munities. Our study extends the usefulness of PTN approaches for 
quantifying functional trait patterns at ecosystem and bioregional 

scales. We show that PTN parameters representing connectivity and 
modularity, like key single or sets of multiple functional traits, or axes 
of trait variation representing ‘trait spectra’ or ‘trait strategies’ or 
‘syndromes’ (Díaz et al., 2004, 2016; Funk et al., 2017; Grime, 1979; 
Lavorel & Garnier, 2002; Maynard et al., 2022; Westoby, 1998; Wright 
et al., 2004), relate to functional richness and productivity. Indeed, 
PTN parameters such as edge density and modularity have poten-
tial applications as alternative or complementary indices of func-
tional diversity to hypervolumes (cf. Cornwell et al., 2006; Lamanna 
et al., 2014), where PTN parameters would encapsulate information 
about the inter-correlative pattern of trait variation, complementing 
the range indicated by hypervolumes. PTNs thus provide various av-
enues to clarify plant environmental adaptation and trait associations 
that would influence current and future species distributions and 
ecosystem resilience in response to climate change.

AUTHOR CONTRIBUTIONS
Camila D. Medeiros and Lawren Sack conceived the ideas and ex-
perimental design; Camila D. Medeiros, Santiago Trueba, Christian 
Henry, Leila R. Fletcher, James A. Lutz, Rodrigo Méndez Alonzo and 
Lawren Sack sampled species in the field; Camila D. Medeiros and 
Santiago Trueba collected trait data; Camila D. Medeiros analysed 
the data with contributions from Lawren Sack and Nathan J. B. 
Kraft; and Camila D. Medeiros and Lawren Sack wrote the first draft 
of the manuscript. All authors contributed substantially to revisions.

ACKNOWLEDG EMENTS
We acknowledge the indigenous peoples that for millennia stew-
arded the land studied in this project, including the Newe/Kawaiisu/
Chemehuevi (Granites), Kumiai-Kumeyaay (Ensenada), Kizh/Tongva/
Chumash/Micqanaqa'n (Stunt Ranch and UCLA), Me-Wuk (Yosemite), 
Washoe/Nisenan (Onion Creek) and Cahto (Angelo) peoples, and the 
University of California Natural Reserve System (UCNRS) for main-
taining the field sites and providing support for the field campaigns. 
We thank Alec Baird for discussion and comments, and Jim Andre, 
Samantha Dannet Diaz de Leon Guerrero, Sarah Germain, Grace 
John, Justine Laoué and Alexandria Pivovaroff for field assistance and 
Jessica Smith, Star Kent, Saba Ebrahimi, Hana Lee, Anasik Yadegarian, 
Kevin Zhang and Glenn Grewal for assistance in the lab. This work 
was funded by La Kretz Center Graduate Research Grants, UCNRS 
Stunt Ranch Reserve Research Grants, ESA Forrest Shreve Award, 
the National Science Foundation (Grants 1951244 and 2017949) 
and UCLA EEB Vavra Research Grants. C.M. was supported by the 
Brazilian National Research Council (CNPq) through the Brazilian 
Science Without Borders Program (grant number: 202813/2014-2).

CONFLIC T OF INTERE S T S TATEMENT
The authors have no conflicts of interest to declare.

PEER RE VIE W
The peer review history for this article is available at https://​www.​
webof​scien​ce.​com/​api/​gatew​ay/​wos/​peer-​review/​10.​1111/​1365-​
2745.​70010​.

 13652745, 2025, 4, D
ow

nloaded from
 https://besjournals.onlinelibrary.w

iley.com
/doi/10.1111/1365-2745.70010 by Law

ren Sack - U
niversity O

f C
alifornia, Los A

ngeles , W
iley O

nline Library on [22/09/2025]. See the Term
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline Library for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons License

https://www.webofscience.com/api/gateway/wos/peer-review/10.1111/1365-2745.70010
https://www.webofscience.com/api/gateway/wos/peer-review/10.1111/1365-2745.70010
https://www.webofscience.com/api/gateway/wos/peer-review/10.1111/1365-2745.70010


    |  909MEDEIROS et al.

DATA AVAIL ABILIT Y S TATEMENT
All trait and climate data collected for this paper are available from 
the Dryad Digital Repository: http://​datad​ryad.​org/​stash/​​share/​​
1Tbci​25p7P​7TnTd​y4ZwX​zF-​zliNM​fY8eX​Puvmx​VWtC0​ (Medeiros 
et al., 2025). Relevant code is available on Zenodo: https://​doi.​org/​
10.​5281/​zenodo.​13922148 (Medeiros, 2024).

ORCID
Camila D. Medeiros   https://orcid.org/0000-0002-5822-5603 
James A. Lutz   https://orcid.org/0000-0002-2560-0710 
Rodrigo Méndez Alonzo   https://orcid.org/0000-0002-0282-2329 
Nathan J. B. Kraft   https://orcid.org/0000-0001-8867-7806 

R E FE R E N C E S
Ahrens, C. W., Andrew, M. E., Mazanec, R. A., Ruthrof, K. X., Challis, 

A., Hardy, G., Byrne, M., Tissue, D. T., & Rymer, P. D. (2020). Plant 
functional traits differ in adaptability and are predicted to be dif-
ferentially affected by climate change. Ecology and Evolution, 10, 
232–248.

AppEEARS. (2023). Application for extracting and exploring analysis ready 
samples (AppEEARS).

Baird, A. S., Taylor, S. H., Pasquet-Kok, J., Vuong, C., Zhang, Y., 
Watcharamongkol, T., Scoffoni, C., Edwards, E. J., Christin, P. A., 
Osborne, C. P., & Sack, L. (2021). Developmental and biophysical 
determinants of grass leaf size worldwide. Nature, 592, 242–247.

Baldwin, B. G. (2014). Origins of plant diversity in the California Floristic 
Province. Annual Review of Ecology, Evolution, and Systematics, 45, 
347–369.

Bartlett, M. K., Scoffoni, C., Ardy, R., Zhang, Y., Sun, S., Cao, K., & Sack, 
L. (2012). Rapid determination of comparative drought tolerance 
traits: using an osmometer to predict turgor loss point. Methods in 
Ecology and Evolution, 3, 880–888.

Belluau, M., & Shipley, B. (2018). Linking hard and soft traits: Physiology, 
morphology and anatomy interact to determine habitat affinities to 
soil water availability in herbaceous dicots. PLoS One, 13, e0193130.

Bohnert, H. J., Nelson, D. E., & Jensen, R. G. (1995). Adaptations to envi-
ronmental stresses. Plant Cell, 7, 1099–1111.

Boisseaux, M., Nemetschek, D., Baraloto, C., Burban, B., Casado-Garcia, 
A., Cazal, J., Clément, J., Derroire, G., Fortunel, C., Goret, J. Y., 
Heras, J., Jaouen, G., Maréchaux, I., Scoffoni, C., Vieilledent, G., 
Vleminckx, J., Coste, S., Schimann, H., & Stahl, C. (2025). Shifting 
trait coordination along a soil-moisture-nutrient gradient in tropical 
forests. Functional Ecology, 39, 21–37.

Brooks, D., Hulst, H. E., de Bruin, L., Glas, G., Geurts, J. J. G., & Douw, L. 
(2020). The multilayer network approach in the study of personal-
ity neuroscience. Brain Sciences, 10, 915.

Brown, L. A., Williams, O., & Dash, J. (2022). Calibration and characteri-
sation of four chlorophyll meters and transmittance spectroscopy 
for non-destructive estimation of forest leaf chlorophyll concentra-
tion. Agricultural and Forest Meteorology, 323, 109059.

Carlucci, M. B., Brancalion, P. H. S., Rodrigues, R. R., Loyola, R., & 
Cianciaruso, M. V. (2020). Functional traits and ecosystem services 
in ecological restoration. Restoration Ecology, 28, 1372–1383.

Cavender-Bares, J., Kitajima, K., & Bazzaz, F. A. (2004). Multiple trait as-
sociations in relation to habitat differentiation among 17 floridian 
oak species. Ecological Monographs, 74, 635–662.

Cornwell, W. K., Schwilk, D. W., & Ackerly, D. D. (2006). A trait-based test 
for habitat filtering: convex hull volume. Ecology, 87, 1465–1471.

Corrêa Dias, A. T., Rosado, B. H. P., Bello, F. D., Pistón, N., & Mattos, 
E. A. D. (2019). Alternative plant designs: consequences for com-
munity assembly and ecosystem functioning. Annals of Botany, 125, 
mcz180.

Currie, D. J., Mittelbach, G. G., Cornell, H. V., Field, R., Guegan, J.-F., 
Hawkins, B. A., Kaufman, D. M., Kerr, J. T., Oberdorff, T., O'Brien, 
E., & Turner, J. R. G. (2004). Predictions and tests of climate-based 
hypotheses of broad-scale variation in taxonomic richness. Ecology 
Letters, 7, 1121–1134.

De Bello, F., Carmona, C. P., Dias, A. T. C., Götzenberger, L., Moretti, M., 
& Berg, M. P. (2021). Handbook of trait-based ecology: From theory to 
R tools (1st ed.). Cambridge University Press.

de la Riva, E. G., Olmo, M., Poorter, H., Ubera, J. L., & Villar, R. (2016). Leaf 
mass per area (LMA) and its relationship with leaf structure and 
anatomy in 34 Mediterranean woody species along a water avail-
ability gradient. PLoS One, 11, e0148788.

Díaz, S., Hodgson, J. G., Thompson, K., Cabido, M., Cornelissen, J. H. C., 
Jalili, A., Montserrat-Martí, G., Grime, J. P., Zarrinkamar, F., Asri, Y., 
Band, S. R., Basconcelo, S., Castro-Díez, P., Funes, G., Hamzehee, 
B., Khoshnevi, M., Pérez-Harguindeguy, N., Pérez-Rontomé, M. 
C., Shirvany, F. A., … Zak, M. R. (2004). The plant traits that drive 
ecosystems: Evidence from three continents. Journal of Vegetation 
Science, 15, 295–304.

Díaz, S., Kattge, J., Cornelissen, J. H. C., Wright, I. J., Lavorel, S., Dray, S., 
Reu, B., Kleyer, M., Wirth, C., Colin Prentice, I., Garnier, E., Bönisch, 
G., Westoby, M., Poorter, H., Reich, P. B., Moles, A. T., Dickie, J., 
Gillison, A. N., Zanne, A. E., … Gorné, L. D. (2016). The global spec-
trum of plant form and function. Nature, 529, 167–171.

Engelbrecht, B. M. J., Comita, L. S., Condit, R., Kursar, T. A., Tyree, M. 
T., Turner, B. L., & Hubbell, S. P. (2007). Drought sensitivity shapes 
species distribution patterns in tropical forests. Nature, 447, 80–82.

Faith, D. P. (1992). Conservation evaluation and phylogenetic diversity. 
Biological Conservation, 61, 1–10.

Farquhar, G. D., Ehleringer, J. R., & Hubick, K. T. (1989). Carbon iso-
tope discrimination and photosynthesis. Annual Review of Plant 
Physiology and Plant Molecular Biology, 40, 503–537.

Fletcher, L. R., Cui, H., Callahan, H., Scoffoni, C., John, G. P., Bartlett, M. 
K., Burge, D. O., & Sack, L. (2018). Evolution of leaf structure and 
drought tolerance in species of Californian Ceanothus. American 
Journal of Botany, 105, 1672–1687.

Fletcher, L. R., Scoffoni, C., Farrell, C., Buckley, T. N., Pellegrini, M., & 
Sack, L. (2022). Testing the association of relative growth rate and 
adaptation to climate across natural ecotypes of Arabidopsis. New 
Phytologist, 236, 413–432.

Flores-Moreno, H., Fazayeli, F., Banerjee, A., Datta, A., Kattge, J., Butler, 
E. E., Atkin, O. K., Wythers, K., Chen, M., Anand, M., Bahn, M., Byun, 
C., Cornelissen, J. H. C., Craine, J., Gonzalez-Melo, A., Hattingh, 
W. N., Jansen, S., Kraft, N. J. B., Kramer, K., … Reich, P. B. (2019). 
Robustness of trait connections across environmental gradients 
and growth forms. Global Ecology and Biogeography, 28, 1806–1826.

Foden, W. B., Butchart, S. H. M., Stuart, S. N., Vié, J.-. C., Akçakaya, H. 
R., Angulo, A., DeVantier, L. M., Gutsche, A., Turak, E., Cao, L., 
Donner, S. D., Katariya, V., Bernard, R., Holland, R. A., Hughes, A. 
F., O'Hanlon, S. E., Garnett, S. T., Şekercioğlu, Ç. H., & Mace, G. M. 
(2013). Identifying the world's most climate change vulnerable spe-
cies: A systematic trait-based assessment of all birds, amphibians 
and corals. PLoS One, 8, e65427.

Fontana, S., Rasmann, S., De Bello, F., Pomati, F., & Moretti, M. (2021). 
Reconciling trait based perspectives along a trait-integration con-
tinuum. Ecology, 102, e03472.

Fry, B., Ganitt, R., Tholke, K., Neill, C., Michener, R. H., Mersch, F. J., & 
Brand, W. (1996). Cryoflow: Cryofocusing nanomole amounts of 
CO2, N2, and SO2 from an elemental analyzer for stable isotopic 
analysis. Rapid Communications in Mass Spectrometry, 10, 953–958.

Funk, J. L., Larson, J. E., Ames, G. M., Butterfield, B. J., Cavender-Bares, J., 
Firn, J., Laughlin, D. C., Sutton-Grier, A. E., Williams, L., & Wright, J. 
(2017). Revisiting the Holy Grail: Using plant functional traits to un-
derstand ecological processes. Biological Reviews, 92, 1156–1173.

Grenié, M., & Gruson, H. (2023). fundiversity: A modular R package to 
compute functional diversity indices. Ecography, 2023, e06585.

 13652745, 2025, 4, D
ow

nloaded from
 https://besjournals.onlinelibrary.w

iley.com
/doi/10.1111/1365-2745.70010 by Law

ren Sack - U
niversity O

f C
alifornia, Los A

ngeles , W
iley O

nline Library on [22/09/2025]. See the Term
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline Library for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons License

http://datadryad.org/stash/share/1Tbci25p7P7TnTdy4ZwXzF-zliNMfY8eXPuvmxVWtC0
http://datadryad.org/stash/share/1Tbci25p7P7TnTdy4ZwXzF-zliNMfY8eXPuvmxVWtC0
https://doi.org/10.5281/zenodo.13922148
https://doi.org/10.5281/zenodo.13922148
https://orcid.org/0000-0002-5822-5603
https://orcid.org/0000-0002-5822-5603
https://orcid.org/0000-0002-2560-0710
https://orcid.org/0000-0002-2560-0710
https://orcid.org/0000-0002-0282-2329
https://orcid.org/0000-0002-0282-2329
https://orcid.org/0000-0001-8867-7806
https://orcid.org/0000-0001-8867-7806


910  |    MEDEIROS et al.

Grime, J. P. (1979). Plant strategies and vegetation processes (1st ed.). 
Wiley.

Grubb, P. J. (2016). Trade-offs in interspecific comparisons in plant ecol-
ogy and how plants overcome proposed constraints. Plant Ecology 
and Diversity, 9, 3–33.

Harrison, S., Spasojevic, M. J., & Li, D. (2020). Climate and plant commu-
nity diversity in space and time. Proceedings of the National Academy 
of Sciences of the United States of America, 117, 4464–4470.

He, N., Li, Y., Liu, C., Xu, L., Li, M., Zhang, J., He, J., Tang, Z., Han, X., Ye, 
Q., Xiao, C., Yu, Q., Liu, S., Sun, W., Niu, S., Li, S., Sack, L., & Yu, G. 
(2020). Plant trait networks: Improved resolution of the dimension-
ality of adaptation. Trends in Ecology & Evolution, 35, 908–918.

Hijmans, R. J., Cameron, S. E., Parra, J. L., Jones, P. G., & Jarvis, A. (2005). 
Very high resolution interpolated climate surfaces for global land 
areas. International Journal of Climatology, 25, 1965–1978.

Jepson Flora Project. (2021). Jepson eFlora. Jepson eFlora. https://​uc-
jeps.​berke​ley.​edu/​eflora/​

John, G. P., Scoffoni, C., Buckley, T. N., Villar, R., Poorter, H., & Sack, 
L.(2017). The anatomical and compositional basis of leaf mass per 
area. Ecology Letters, 20, 412–425.

Kleyer, M., Trinogga, J., Cebrián-Piqueras, M. A., Trenkamp, A., Fløjgaard, 
C., Ejrnaes, R., Bouma, T. J., Minden, V., Maier, M., Mantilla-
Contreras, J., Albach, D. C., & Blasius, B. (2019). Trait correlation 
network analysis identifies biomass allocation traits and stem spe-
cific length as hub traits in herbaceous perennial plants. Journal of 
Ecology, 107, 829–842.

Kraft, N. J. B., Adler, P. B., Godoy, O., James, E. C., Fuller, S., & Levine, J. 
M. (2015). Community assembly, coexistence and the environmen-
tal filtering metaphor. Functional Ecology, 29, 592–599.

Lamanna, C., Blonder, B., Violle, C., Kraft, N. J. B., Sandel, B., Šímová, I., 
Donoghue, J. C., II, Svenning, J. C., McGill, B. J., Boyle, B., Buzzard, 
V., Dolins, S., Jørgensen, P. M., Marcuse-Kubitza, A., Morueta-
Holme, N., Peet, R. K., Piel, W. H., Regetz, J., Schildhauer, M., … 
Enquist, B. J. (2014). Functional trait space and the latitudinal di-
versity gradient. Proceedings. National Academy of Sciences. United 
States of America, 111, 13745–13750.

Laughlin, D. C. (2023). Plant strategies: The demographic consequences of 
functional traits in changing environments. Oxford University Press.

Lavorel, S., & Garnier, E. (2002). Predicting changes in community com-
position and ecosystem functioning from plant traits: revisiting the 
Holy Grail. Functional Ecology, 16, 545–556.

Le Bagousse-Pinguet, Y., Gross, N., Maestre, F. T., Maire, V., De Bello, 
F., Fonseca, C. R., Kattge, J., Valencia, E., Leps, J., & Liancourt, P. 
(2017). Testing the environmental filtering concept in global dry-
lands. Journal of Ecology, 105, 1058–1069.

Li, Y., Liu, C., Sack, L., Xu, L., Li, M., Zhang, J., & He, N. (2022). Leaf trait 
network architecture shifts with species-richness and climate 
across forests at continental scale. Ecology Letters, 25, 1442–1457.

Li, Y., Liu, C., Xu, L., Li, M., Zhang, J., & He, N. (2021). Leaf Trait net-
works based on global data: Representing variation and adaptation 
in plants. Frontiers in Plant Science, 12, 710530.

Loiseau, N., Mouquet, N., Casajus, N., Grenié, M., Guéguen, M., Maitner, 
B., Mouillot, D., Ostling, A., Renaud, J., Tucker, C., Velez, L., 
Thuiller, W., & Violle, C. (2020). Global distribution and conserva-
tion status of ecologically rare mammal and bird species. Nature 
Communications, 11, 5071.

Ma, S., He, F., Tian, D., Zou, D., Yan, Z., Yang, Y., Zhou, T., Huang, K., Shen, 
H., & Fang, J. (2018). Variations and determinants of carbon content 
in plants: a global synthesis. Biogeosciences, 15, 693–702.

Markett, S., Montag, C., & Reuter, M. (2018). Network neuroscience and 
personality. Personality Neuroscience, 1, e14.

Marks, C. O. (2007). The causes of variation in tree seedling traits: the 
roles of environmental selection versus chance: causes of trait vari-
ation. Evolution, 61, 455–469.

Marks, C. O., & Lechowicz, M. J. (2006). Alternative designs and the evo-
lution of functional diversity. The American Naturalist, 167, 55–66.

Maynard, D. S., Bialic-Murphy, L., Zohner, C. M., Averill, C., Van Den 
Hoogen, J., Ma, H., Mo, L., Smith, G. R., Acosta, A. T. R., Aubin, I., 
Berenguer, E., Boonman, C. C. F., Catford, J. A., Cerabolini, B. E. 
L., Dias, A. S., González-Melo, A., Hietz, P., Lusk, C. H., Mori, A. S., 
… Crowther, T. W. (2022). Global relationships in tree functional 
traits. Nature Communications, 13, 3185.

Medeiros, C. (2024). Simplification of woody plant trait networks among 
communities along a climatic aridity gradient. Code hosted on 
Zenodo. https://doi.org/10.5281/zenodo.13922148

Medeiros, C. D., Henry, C., Trueba, S., Anghel, I., Guerrero, S. D., 
Pivovaroff, A., Fletcher, L. R., John, G. P., Lutz, J. A., Méndez Alonzo, 
R., & Sack, L. (2023). Predicting plant species climate preferences on 
the basis of mechanistic traits. Functional Ecology, 37, 2786–2808.

Medeiros, C. D., Scoffoni, C., John, G. P., Bartlett, M. K., Inman-Narahari, 
F., Ostertag, R., Cordell, S., Giardina, C., & Sack, L. (2019). An ex-
tensive suite of functional traits distinguishes Hawaiian wet and 
dry forests and enables prediction of species vital rates. Functional 
Ecology, 33, 712–734.

Medeiros, C. D., Trueba, S., Henry, C., Fletcher, L. R., Lutz, J. A., Méndez 
Alonzo, R., Kraft, N. J. B., & Sack, L. (2025). Simplification of woody 
plant trait networks among communities along a climatic aridity 
gradient. [Data set]. https://​doi.​org/​10.​5061/​dryad.​83bk3​j9zt

Messier, J., Lechowicz, M. J., McGill, B. J., Violle, C., Enquist, B. J., & 
Cornelissen, H. (2017). Interspecific integration of trait dimen-
sions at local scales: the plant phenotype as an integrated network. 
Journal of Ecology, 105(6), 1775–1790. https://​doi.​org/​10.​1111/​
1365-​2745.​12755​

Monje, O. A., & Bugbee, B. (1992). Inherent limitations of nondestruc-
tive chlorophyll meters: A comparison of two types of meters. 
HortScience, 27(1), 69–71. https://​doi.​org/​10.​21273/​​HORTS​CI.​
27.1.​69

Mouchet, M. A., Villéger, S., Mason, N. W. H., & Mouillot, D. (2010). 
Functional diversity measures: an overview of their redundancy and 
their ability to discriminate community assembly rules: Functional 
diversity measures. Functional Ecology, 24, 867–876.

Ogburn, R. M., & Edwards, E. J. (2012). Quantifying succulence: a rapid, 
physiologically meaningful metric of plant water storage. Plant, Cell 
& Environment, 35, 1533–1542.

Pérez-Harguindeguy, N., Díaz, S., Garnier, E., Lavorel, S., Poorter, H., 
Jaureguiberry, P., Bret-Harte, M. S., Cornwell, W. K., Craine, J. M., 
Gurvich, D. E., Urcelay, C., Veneklaas, E. J., Reich, P. B., Poorter, 
L., Wright, I. J., Ray, P., Enrico, L., Pausas, J. G., de Vos, A. C., … 
Cornelissen, J. H. C. (2013). New handbook for standardised mea-
surement of plant functional traits worldwide. Australian Journal of 
Botany, 61, 167.

Poorter, H., Lambers, H., & Evans, J. R. (2014). Trait correlation networks: 
A whole-plant perspective on the recently criticized leaf economic 
spectrum. New Phytologist, 201, 378–382.

Poorter, L., Wright, S. J., Paz, H., Ackerly, D. D., Condit, R., Ibarra-
Manríquez, G., Harms, K. E., Licona, J. C., Martínez-Ramos, M., 
Mazer, S. J., Muller-Landau, H. C., Peña-Claros, M., Webb, C. O., & 
Wright, I. J. (2008). Are functional traits good predictors of demo-
graphic rates? Evidence from five neotropical forests. Ecology, 89, 
1908–1920.

R Core Team. (2022). R: A language and environment for statistical comput-
ing. R Foundation for Statistical Computing.

Rao, Q., Chen, J., Chou, Q., Ren, W., Cao, T., Zhang, M., Xiao, H., Liu, Z., 
Chen, J., Su, H., & Xie, P. (2023). Linking trait network parameters 
with plant growth across light gradients and seasons. Functional 
Ecology, 37, 1732–1746.

Running, S., & Zhao, M. (2019). MOD17A3HGF MODIS/Terra net primary 
production gap-filled yearly L4 global 500 m SIN grid V006. NASA 
EOSDIS Land Processes DAAC.

Running, S., & Zhao, M. (2023). MODIS/Terra gross primary productivity 
gap-filled 8-day L4 global 500m SIN grid V061. NASA EOSDIS Land 
Processes DAAC.

 13652745, 2025, 4, D
ow

nloaded from
 https://besjournals.onlinelibrary.w

iley.com
/doi/10.1111/1365-2745.70010 by Law

ren Sack - U
niversity O

f C
alifornia, Los A

ngeles , W
iley O

nline Library on [22/09/2025]. See the Term
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline Library for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons License

https://ucjeps.berkeley.edu/eflora/
https://ucjeps.berkeley.edu/eflora/
https://doi.org/10.5281/zenodo.13922148
https://doi.org/10.5061/dryad.83bk3j9zt
https://doi.org/10.1111/1365-2745.12755
https://doi.org/10.1111/1365-2745.12755
https://doi.org/10.21273/HORTSCI.27.1.69
https://doi.org/10.21273/HORTSCI.27.1.69


    |  911MEDEIROS et al.

Sack, L., & Buckley, T. N. (2020). Trait multi-functionality in plant stress 
response. Integrative and Comparative Biology, 60, 98–112.

Sack, L., Cowan, P. D., Jaikumar, N., & Holbrook, N. M. (2003). The ‘hy-
drology’ of leaves: co-ordination of structure and function in tem-
perate woody species. Plant, Cell & Environment, 26, 1343–1356.

Sack, L., Scoffoni, C., John, G. P., Poorter, H., Mason, C. M., Mendez-
Alonzo, R., & Donovan, L. A. (2013). How do leaf veins influence the 
worldwide leaf economic spectrum? Review and synthesis. Journal 
of Experimental Botany, 64, 4053–4080.

Sack, L., Scoffoni, C., McKown, A. D., Frole, K., Rawls, M., Havran, J. C., 
Tran, H., & Tran, T. (2012). Developmentally based scaling of leaf 
venation architecture explains global ecological patterns. Nature 
Communications, 3, 837.

Salt, D. E., Baxter, I., & Lahner, B. (2008). Ionomics and the study of the 
plant ionome. Annual Review of Plant Biology, 59, 709–733.

Sanchez-Martinez, P., Ackerly, D. D., Martínez-Vilalta, J., Mencuccini, M., 
Dexter, K. G., & Dawson, T. E. (2024). A framework to study and 
predict functional trait syndromes using phylogenetic and environ-
mental data. Methods in Ecology and Evolution, 15, 666–681.

Sandel, B. (2018). Richness-dependence of phylogenetic diversity indi-
ces. Ecography, 41, 837–844.

Schneider, C. A., Rasband, W. S., & Eliceiri, K. W. (2012). NIH Image to 
ImageJ: 25 years of image analysis. Nature Methods, 9, 671–675.

Sokal, R. R., & Rohlf, F. J. (2012). Biometry: The principles and practice of 
statistics in biological research. W. H. Freeman and Company.

Spasojevic, M. J., Grace, J. B., Harrison, S., & Damschen, E. I. (2014). 
Functional diversity supports the physiological tolerance hypoth-
esis for plant species richness along climatic gradients. Journal of 
Ecology, 102, 447–455.

Stahl, U., Reu, B., & Wirth, C. (2014). Predicting species' range limits from 
functional traits for the tree flora of North America. Proceedings of 
the National Academy of Sciences of the United States of America, 111, 
13739–13744.

Swenson, N. G., & Enquist, B. J. (2008). The relationship between stem 
and branch wood specific gravity and the ability of each measure to 
predict leaf area. American Journal of Botany, 95, 516–519.

Thorne, J. H., Choe, H., Boynton, R. M., Bjorkman, J., Albright, W., 
Nydick, K., Flint, A. L., Flint, L. E., & Schwartz, M. W. (2017). The 
impact of climate change uncertainty on California's vegetation and 
adaptation management. Ecosphere, 8, e02021.

Thuiller, W., Lavorel, S., Midgley, G., Lavergne, S., & Rebelo, T. (2004). 
Relating plant traits and species distributions along bioclimatic gra-
dients for 88 Leucadendron taxa. Ecology, 85, 1688–1699.

Tompson, S. H., Falk, E. B., Vettel, J. M., & Bassett, D. S. (2018). Network 
approaches to understand individual differences in brain connec-
tivity: Opportunities for personality neuroscience. Personality 
Neuroscience, 1, e5.

Tordoni, E., Petruzzellis, F., Di Bonaventura, A., Pavanetto, N., Tomasella, 
M., Nardini, A., Boscutti, F., Martini, F., & Bacaro, G. (2022). 
Projections of leaf turgor loss point shifts under future climate 
change scenarios. Global Change Biology, 28, 6640–6652.

Trugman, A. T., Anderegg, L. D. L., Shaw, J. D., & Anderegg, W. R. L. 
(2020). Trait velocities reveal that mortality has driven widespread 
coordinated shifts in forest hydraulic trait composition. Proceedings 
of the National Academy of Sciences of the United States of America, 
117, 8532–8538.

Trugman, A. T., Anderegg, L. D. L., Wolfe, B. T., Birami, B., Ruehr, N. K., 
Detto, M., Bartlett, M. K., & Anderegg, W. R. L. (2019). Climate and 
plant trait strategies determine tree carbon allocation to leaves 
and mediate future forest productivity. Global Change Biology, 25, 
3395–3405.

Tsen, E. W. J., Sitzia, T., & Webber, B. L. (2015). To core, or not to core: 
the impact of coring on tree health and a best-practice framework 
for collecting dendrochronological information from living trees. 
Biological Reviews, 91, 899–924.

Tsirogiannis, C., & Sandel, B. (2015). PhyloMeasures: A package for com-
puting phylogenetic biodiversity measures and their statistical mo-
ments. Ecography, 39, 709–714.

Vasseur, F., Westgeest, A. J., Vile, D., & Violle, C. (2022). Solving the 
grand challenge of phenotypic integration: allometry across scales. 
Genetica, 150, 161–169.

Violle, C., Navas, M.-L., Vile, D., Kazakou, E., Fortunel, C., Hummel, I., 
& Garnier, E. (2007). Let the concept of trait be functional! Oikos, 
116, 882–892.

Westoby, M. (1998). A leaf-height-seed (LHS) plant ecology strategy 
scheme. Plant and Soil, 199, 213–227.

Witkowski, E. T. F., & Lamont, B. B. (1991). Leaf specific mass confounds 
leaf density and thickness. Oecologia, 88, 486–493.

Wright, I. J., Reich, P. B., Westoby, M., Ackerly, D. D., Baruch, Z., Bongers, 
F., Cavender-Bares, J., Chapin, T., Cornelissen, J. H. C., Diemer, M., 
Flexas, J., Garnier, E., Groom, P. K., Gulias, J., Hikosaka, K., Lamont, 
B. B., Lee, T., Lee, W., Lusk, C., … Villar, R. (2004). The worldwide 
leaf economics spectrum. Nature, 428, 821–827.

Zomer, R. J., Trabucco, A., Bossio, D. A., & Verchot, L. V. (2008). Climate 
change mitigation: A spatial analysis of global land suitability for 
clean development mechanism afforestation and reforestation. 
Agriculture, Ecosystems and Environment, 126, 67–80.

SUPPORTING INFORMATION
Additional supporting information can be found online in the 
Supporting Information section at the end of this article.
Figure S1. Diversity in traits across species.
Figure S2. Weighted plant trait networks.
Figure S3. Variation in trait-level parameters of the plant trait 
networks.
Figure S4. Variation in trait-level parameters describing the centrality 
and the connectedness of traits within networks.
Figure S5. Association of plant trait network parameters with site 
climate.
Figure S6. (a) Association among trait-level plant trait network (PTN) 
parameters and the number of traits in each measurement category. 
(b) Relationships among the number of traits per category and the 
network-level PTN parameters.
Figure S7. Relationships across traits of the coefficient of variation 
with trait parameters within plant trait networks.
Figure S8. Relationships among the betweenness of traits across the 
PTNs of each of the sampled communities.
Figure S9. Relationships among the closeness of traits across the 
PTNs of each of the sampled communities.
Figure S10. Relationships among the clustering coefficient of traits 
across the PTNs of each of the sampled communities.
Figure S11. Relationships among the degree of connectedness of 
traits across the PTNs of each of the sampled communities.
Table S1. List of species.
Table S2. Network parameters and attributes.
Table  S3. List of environmental variables, their calculations and 
sources.
Table S4. Differences in functional traits among species and plant 
communities.
Table S5. Associations of traits for the complete set of 136 species 
and for species sampled in each of the sampled communities.

 13652745, 2025, 4, D
ow

nloaded from
 https://besjournals.onlinelibrary.w

iley.com
/doi/10.1111/1365-2745.70010 by Law

ren Sack - U
niversity O

f C
alifornia, Los A

ngeles , W
iley O

nline Library on [22/09/2025]. See the Term
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline Library for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons License



912  |    MEDEIROS et al.

Table S6. Associations of plant trait network parameters from the 
PTNs and environmental variables of the sampling locations.
Table  S7. The coefficient of variation of each trait and trait-level 
plant network parameters for all species together and for species 
sampled in each community.
Table S8. Associations of the trait coefficient of variation with trait-
level plant network parameters for all species together and for 
species sampled in each community.

How to cite this article: Medeiros, C. D., Trueba, S., Henry, C., 
Fletcher, L. R., Lutz, J. A., Méndez Alonzo, R., Kraft, N. J. B., & 
Sack, L. (2025). Simplification of woody plant trait networks 
among communities along a climatic aridity gradient. Journal of 
Ecology, 113, 896–912. https://doi.org/10.1111/1365-
2745.70010

 13652745, 2025, 4, D
ow

nloaded from
 https://besjournals.onlinelibrary.w

iley.com
/doi/10.1111/1365-2745.70010 by Law

ren Sack - U
niversity O

f C
alifornia, Los A

ngeles , W
iley O

nline Library on [22/09/2025]. See the Term
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline Library for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons License

https://doi.org/10.1111/1365-2745.70010
https://doi.org/10.1111/1365-2745.70010

	Simplification of woody plant trait networks among communities along a climatic aridity gradient
	Abstract
	1  |  INTRODUCTION
	2  |  MATERIALS AND METHODS
	2.1  |  Study sites
	2.2  |  Sampling for leaf trait measurements
	2.3  |  Epidermal morphology
	2.4  |  Leaf economics and structure
	2.5  |  Wood economics and structure
	2.6  |  Leaf nutrient and isotope composition and wilting point
	2.7  |  Plant size
	2.8  |  Ecosystem climate and structure
	2.9  |  Plant trait networks
	2.10  |  Statistical analyses

	3  |  RESULTS
	3.1  |  Variation in traits across plant communities
	3.2  |  Variation in PTNs across plant communities and relationships with ecosystem climate and structure
	3.3  |  Trait connectedness and centrality within trait networks and relationship with trait variation

	4  |  DISCUSSION
	5  |  CONCLUSION
	AUTHOR CONTRIBUTIONS
	ACKNOWLEDGEMENTS
	CONFLICT OF INTEREST STATEMENT
	PEER REVIEW
	DATA AVAILABILITY STATEMENT
	ORCID
	REFERENCES


